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Weisberger, Andrea Godwin. Empirical Benchmarks for Interpreting Effect Sizes in 

Child Counseling Research. Doctor of Philosophy (Counseling), May 2017, 130 pp., 5 tables, 

references, 92 titles.   

The goal of this study was to establish empirical benchmarks for Cohen’s d in child 

counseling research. After initial review of over 1,200 child intervention research studies 

published from 1990 to 2016, 41 randomized clinical trials were identified in which intervention 

and control groups were compared with children 3-12 years old (N = 3,586). Upon identification 

or calculation of a Cohen’s d for each study, I calculated a weighted mean d by multiplying the 

effect size of each study by the number of participants in that study then dividing by total 

number of effect sizes. The weighted mean accounted for study sample size and served as the 

suggested medium effect size benchmark. Results indicated effect size is impacted in large part 

by type of reporter, with parents apparently most sensitive to improvement and yielding higher 

effect sizes overall; teachers relatively less sensitive, perhaps due to difficulty observing change 

in a classroom setting; and children self-reporting lowest levels of improvement, perhaps 

reflecting a lack of sufficient measures of child development. Suggested medium benchmarks 

for Cohen’s d in child counseling literature are .70.    



 
 

 
 

 Weisberger, Andrea Godwin. Empirical Benchmarks for Interpreting Effect Sizes in 

Child Counseling Research. Doctor of Philosophy (Counseling), December 2016, 133 pp., 14 

tables, references, 91 titles. 

Practical significance helps applied researchers and practitioners understand the “so 

what” of research (Ellis, 2010). Effect sizes are an important part of reporting and interpreting 

practical significance (Thompson, 2002). When Jacob Cohen (1969) developed Cohen’s d, he 

tentatively provided “reasonable” guidelines for interpreting effect sizes: small (.2), medium (.5), 

and large (.8). He recommended, however, that researchers instead base their empirical 

benchmarks on past research in their particular fields (Cohen, 1988). Unfortunately, researchers 

have tended to use his original guidelines rather than follow his recommendation. The goal of 

this study was to establish empirical benchmarks for Cohen’s d in child counseling research. 

After initial review of over 1,200 child intervention research studies published from 1990 to 

2016, 41 randomized clinical trials were identified in which intervention and control groups were 

compared with children 3-12 years old (N = 3,586). Upon identification or calculation of a 

Cohen’s d for each study, I calculated a weighted mean d by multiplying the effect size of each 

study by the number of participants in that study then dividing by total number of effect sizes. 

The weighted mean accounted for study sample size and served as the suggested medium effect 

size benchmark. Results indicated effect size is impacted in large part by type of reporter, with 

parents apparently most sensitive to improvement and yielding higher effect sizes overall; 

teachers relatively less sensitive, perhaps due to difficulty observing change in a classroom 

setting; and children self-reporting lowest levels of improvement, perhaps reflecting a lack of 

sufficient measures of child development. Suggested medium benchmarks for Cohen’s d in child 

counseling literature are .70 



 
 

for parent report, .50 for teacher report, and .36 for child self-report. Small and large benchmarks 

are suggested based on the use of standard deviations of the mean Cohen’s d for each reporter. 
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EMPIRICAL BENCHMARKS FOR INTERPRETING EFFECT SIZES IN CHILD 

COUNSELING RESEARCH 

Introduction 

The practical significance of a study implies real world application of the results (Ellis, 

2010). Effect sizes are an important piece when determining practical significance of a study 

(Grissom & Kim, 2005; Thompson, 2002). However, despite their importance, researchers often 

fail to report them within studies, choosing to focus on null hypothesis statistical testing (NHST) 

(Thompson, 2002). Additionally, if effect sizes are reported, researchers often neglect to interpret 

them for the reader (Ellis, 2010). Interpretation is important for two reasons. First, understanding 

effect sizes is important for practitioners who will be using the data to inform their practices 

(Ellis, 2010). Because most practitioners are concerned with practical and observable change 

resulting from treatment, statistical significance fails to be a meaningful metric for everyday 

clinical work. Effect sizes inform the “so what” of the research question, the practical and 

meaningful results that can be applied to practice (Ellis, 2010). Second, properly reporting and 

interpreting effect sizes through the use of appropriate benchmarks allow future researchers to 

compare individual studies with one another (Ellis, 2010; Kazdin, 1990; Morgan et al., 2002; 

Sink, 2006; Sun, Pan, & Wang, 2010). Researchers must be able to explore results within the 

context of one another and in comparison to empirical benchmarks. Therefore, it is important not 

only to report and interpret the proper effect sizes, but use the appropriate benchmarks when 

determining what constitutes a small, medium, and large effect size. 

Significance 

Three types of significance are of interest to current researchers: statistical significance, 

practical significance, and clinical significance (Thompson, 2002). Statistical significance is an 

estimation of the probability one’s results from a given sample are different from the actual 
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sample in a given population and is generally found through the use of NHST (Cohen, 1994; 

Thompson, 2002). Practical significance, on the other hand, is a concept that followed the 

popularity of statistical significance testing and was described by Daniel (1977) as “the scientific 

or practical importance of conditions that exist in populations” (p. 425). Practical significance is 

typically associated with the use of effect sizes. Last, clinical significance is the “applied value… 

of the effect of an intervention; whether the intervention makes a real difference in everyday life 

of clients” (Kazdin, 1990, p. 332). In other words, clinical significance in intervention research is 

demonstrated if participants who participate in treatment are helped in some way that is clinically 

meaningful as compared to participants who do not participate in treatment. Although all three 

types of significance are important, many researchers choose to focus on statistical significance. 

Even though statistical significance is an effective way to conclude an effect within a population, 

there exist inherent disadvantages associated with using it in isolation. A large drawback 

proposed by many researchers such as Cohen (1994) and Thompson (2002) is the fact that NHST 

is dependent on a large sample size (N) to find statistical significance in addition to providing no 

evidence regarding if  “results are important” (Thompson, 2002, p. 65). Because of limitations in 

NHST, researchers are encouraged to also give attention to the other two areas of significance, 

particularly practical significance interpreted through effect sizes (Thompson, 2002). 

Effect Sizes 

Effect sizes, statistical coefficients representing practical significance, are used to 

determine, report, and interpret practical significance (Grissom & Kim, 2005; Thompson, 2002). 

Effect sizes indicate if there was meaningful impact of an intervention (Morgan, Reichert, & 

Harrison, 2002) and are “an index of the magnitude and direction of treatment impact” (Weisz & 

Gray, 2008, p. 54). Effect sizes were introduced over a century ago and to date over 70 exist 
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(Ellis, 2010; Huberty, 2002). Although multiple categories of effect sizes exist, researchers 

generally group effect sizes into two main categories: the differences between groups and the 

strength of relationships (Ellis, 2010).  

The first category assesses the differences between groups (Ellis, 2010). This group has 

been called the d family (Ellis, 2010), standardized mean difference (Kline, 2004), and group 

differences indices (Huberty, 2002). This group includes many popular effect sizes including 

Cohen’s d, Glass’s d, or Glass’s ∆ (delta), Hedge’s g, and Cohen’s f (Huberty, 2002). This group 

is then further categorized into either dichotomous variables or continuous groups. The 

dichotomous variables help determine a difference between two probabilities or proportions, or 

the probability a group member will be in one category or the other (Ellis, 2010). The second 

category measures the strength of relationships (Ellis, 2010). This group has been called the r 

family (Ellis, 2010), strength of association (Kline, 2004), and relationship indices (Huberty, 

2002). This group is characterized by an association of two or more variables and include eta 

squared (ƞ
2
), Cohen’s f, Pearson r, Spearman’s rho, and Cramer’s V (Ellis, 2010; Huberty, 

2002).  

In the pursuit of determining what constitutes a meaningful effect size, Cohen introduced 

Cohen’s d as an effect size that can be interpreted through benchmarks to determine small or 

large differences between groups. After conducting very general observations in the field, he 

determined .2, .5, and .8 should be considered small, medium, and large effect sizes. Cohen 

further interpreted other metrics of effect size such as r and η
2 

into the same small, medium, and 

large categories.  

Researchers such as Thompson (1993) and Rosenthal (Rosnow & Rosenthal, 1996), in 

addition to the American Psychological Association (APA, 2010; Wilkinson & The APA Task 
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Force on Statistical Inference, 1999) have made a concerted effort to increase effect size 

reporting. Their efforts, in addition to journal editors requiring the reporting of effect sizes, have 

increased effect size use over the years (Bangert & Baumberger, 2005; Wester, Borders, Boul, & 

Horton, 2013). Reporting effect sizes allows for studies to be compared to one another, 

specifically in meta-analytic reviews (Kazdin, 1990; Morgan et al., 2002; Sink, 2006; Sun et al., 

2010). Additionally, the proper reporting and interpretation of effect sizes allows non-specialists 

such as practitioners to easily understand the effects of a study and determine the most 

appropriate evidence-based treatments to use (Ellis, 2010; Thompson, 2002). However, despite 

recommendations/requirements of scholarly journals and the inherent need to report/interpret 

effect sizes, researchers continue to either fail to report effect sizes or report them incorrectly 

(Thompson, 2002). One of the biggest mistakes made in regard to the improper interpretation of 

effect sizes is the traditional interpretation of benchmarks originally set by Cohen (1988). Cohen 

was clear that researchers should develop their own benchmarks based on research outcomes 

within their individual fields. However, this is rarely done and unfortunately, child counseling 

research is no exception. 

Child Counseling Research 

 Many meta-analytic studies exist exploring the effectiveness of child counseling 

treatment interventions. In general, the reviews show, regardless of the intervention, treatment 

shows higher effects than no treatment (Bratton, Ray, Rhine, & Jones, 2005; Casey & Berman, 

1985; Kazdin, Bass, Ayers, & Rodgers, 1990; LeBlanc & Ritchie, 2001; Lin & Bratton, 2005; 

Ray, Armstrong, Balkin, & Jayne, 2015; Weisz & Jensen, 2001; Weisz, Weiss, Alicke, & Klotz, 

1987; Weisz, Weiss, Han, Granger, & Morton, 1995; Weisz, Jensen-Doss, & Hawley, 2006). 

Table 1 provides a full summary of the history of meta-analyses in child counseling research.  
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Table 1 

Meta-Analyses on the Effects of Child Counseling 

Study N 

No. of 

Effect 

Sizes 

ES Formula 
Treatment 

Model 
Age range; Mean 

Average 

Effect 

Size 

Casey & Berman (1985)p 75 64 m1 - m2/spooled 
Behavioral and 

nonbehavioral 
3-15; 8.9 .71 

Weisz, Weiss, Alicke, & Klotz 

(1987)p 108 163 
mposttreament- mcontrolgroup/ 

scontrolgroup 

Predominately 

behavioral 
4-18; 10.23 .79 

Kazdin, Bass, Ayers, & 

Rodgers (1990)p 223  m1 - m2/spooled 
Predominately 

behavioral 
Majority 6-11; 10.2 .84* 

Weisz, Weiss, Han, Grander, & 

Morton (1995)p 150 150 
mposttreament- mcontrolgroup/ 

scontrolgroup 

Predominately 

behavioral 
1.5-17.6; 10.5 

.54 

(WLS) 

LeBlanc & Ritchie (2001)u 42 166 m1 - m2/spooled 

Predominately 

nondirective 

play therapy 

0-12; 7.81 .66 

Bratton, Ray, Rhine, & Jones 

(2005)u 93 93 me – (mc/sp) Play therapy ;7 .80 

Lin & Bratton (2015)u 52 239 (Δe – Δc)/Sppre 
Child-centered 

play therapy 
;6.7 .47 

Ray, Armstrong, Balkin, & 

Jayne (2015)u 23  m1 - m2/spooled 
Child-centered 

play therapy 
4-13 .21-.38 

*Weisz et al. estimate of Kazdin. 
1
Lin & Bratton (2015) 

p
 indicates the use of published studies only; 

u
 indicated the use of published and unpublished studies 

 

Unfortunately, a common problem with conducting meta-analyses arises when studies 

provide multiple effect sizes, resulting in violating the assumption of independent data (Lin & 

Bratton, 2015). In the past, researchers have averaged these numbers together to get one single 

effect size, disregarding the dependence between effect sizes within the same study (LeBlanc & 

Ritchie, 2001). Over time, meta-analysis methods have improved by using methods such as 

hierarchical linear modeling to correct for multiple effect sizes within the same study as well as 

sample size. Although this change has improved the accuracy of meta-analyses, it has also led to 

varying results in meta-analyses, typically lowering reported effect sizes. Lin (2011) discovered 

differences in various studies conducted in the field of child counseling including effect size 

calculation formula and statistical analysis methods which account for this perceived “decrease” 

in effectiveness. 
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One substantial problem with the meta-analyses within child counseling is the tendency 

to avoid discussion of effect sizes typically reported. Although meta-analyses results are reported 

through aggregated effect sizes, there is little discussion of range and interpretation of those 

effect sizes beyond the typical comparison to Cohen’s historical interpretation of small, medium, 

and large categories. This lack of discussion regarding contextual interpretation, unfortunately, is 

typical of research done in most fields (Ellis, 2010). 

Purpose of the Study 

Cohen (1998) developed Cohen’s d as a way to detect when a phenomenon in a 

population is present. His intention was for researchers to discover their own parameters to 

interpret effect sizes based on research in the field of study (Thompson, 2002). Instead, 

researchers across most disciplines including child counseling have continued to use his original 

benchmarks of .2, .5, and .8 for small, medium, and large respectively. Thompson (2002) 

ascertained this is a foolish act and relates this adherence to the determination of statistical 

significance at p less than .05, which is also a flawed measure considering one’s data is 

significant at .05 but not .051. Thompson believed researchers are being “stupid in a new metric” 

(Thompson, 2002, p. 68). The purpose of the current study was to explore various effect sizes in 

child counseling and determine the appropriate empirical benchmarks child counseling 

researchers should be using when interpreting Cohen’s d.  

Methods 

 In this study, the research questions were: (a) What are the descriptive characteristics of 

child counseling research in the past 25 years? and (b) Based on child counseling intervention 

research conducted in the past 25 years, what are suggested empirical benchmarks for 

interpreting effect sizes in child counseling research?  
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Codebook 

I developed a codebook to synthesize the data from the studies at hand including 

descriptive statistics for each study and effect sizes found. The research team consisted of the 

author, a doctoral student in counseling, and a faculty member experienced in meta-analytic 

techniques and interpretation. For the purposes of this study, procedures closely followed 

Chorpita et al.’s (2011) approach in his team’s review. The codebook included the following 

items to be recorded for each individual study: title, year, N, gender, age, ethnicity, training, 

reporter, frequency, duration, treatment, waitlist/placebo, setting, target variable, instrument, 

inclusion of effect size, Cohen’s d of .5 or higher report, and effect size statistic.  

Procedures  

 To identify appropriate studies for inclusion, I conducted a search for child counseling 

research through databases and previous child counseling reviews. Reviewed databases included 

PsycINFO and Academic Search Complete. I additionally reviewed websites that regularly 

review child counseling research including effectivechildtherapy.org, 

evidencebasedchildtherapy.com, and 

http://c.ymcdn.com/sites/www.a4pt.org/resource/resmgr/publications/APT_Evidence_Based_Sta

tement.pdf. I conducted a hard copy search of all issues from 2007 to 2015 of Journal of Clinical 

Child and Adolescent Psychology to include all studies that had been categorized as evidence-

based research in their recent efforts to identify evidence-based treatments. Finally, I reviewed 

all studies included in two recent meta-analyses and reviews from 1990 to the present (Chorpita 

et al., 2011; Lin & Bratton, 2015).  

This identification procedure yielded approximately 1200 studies for review. To be 

included in the study, each research publication met the following criteria: a) published between 
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1990 and 2016; b) peer-reviewed; c) tested at least one active treatment group to a control group 

or placebo group (studies which had a comparison group were not included as this would 

confound results); d) the tested child treatment intervention must be primarily an intervention 

provided directly to children by mental health professionals (i.e. no parent component); e) used 

random assignment to treatment groups; f) used reliable, credible measures of outcome; and g) 

included participants between ages of 3 and 12 years old. When inclusion criteria were applied, 

41 studies met all criteria and were included in the current review. The greatest number of 

studies were excluded based on two criteria including the age limit and the direct delivery of 

intervention.  

Each criterion was carefully selected to allow inclusion of studies that were considered 

relevant, credible, and sufficient to determine intervention treatment effect.  All studies were 

conducted within the most recent 25 year time period (1990-2016) in order to explore effects 

most relevant to today’s mental health field. The peer-reviewed criterion was selected to ensure 

that all studies had been blindly reviewed and deemed credible by a professional journal entity. 

All included studies compared a mental health treatment to a control or placebo group. Although 

many studies included a comparison treatment group design, I included studies that were similar 

in design to interpret the effect size results more accurately.  I decided it was important to use 

evidence-based research to obtain the most accurate effect sizes represented in the field, hence 

the inclusion of only randomized controlled trials (RCTs) published in peer-reviewed journals. I 

also decided it was important to use studies which used reliable, credible measures of outcome. 

This was defined as those assessments with the highest reliability scores, when information was 

available by a search of each assessment manual. Additionally, I used only interventions 

provided directly to children by mental health professionals. This excluded studies in which the 
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parents/teachers were either a part of the intervention (i.e. consultations or family therapy) or 

conducted the intervention (social skills training done by teachers or filial therapy). The 

inclusion of child-directed interventions and exclusion of parent-directed/parent-involved 

treatments was applied to ensure homogeneity of studies, thereby clarifying effect size 

interpretation. I chose to do this to control for the trend that including authority figures such as 

parents in interventions often results in greater change and higher effect sizes (Bratton et al., 

2005). Last, I chose studies which only included children aged 3 to 12. Previous researchers 

chose to include children up to age 18 (Weisz et al., 1987). Although the authors provided 

justification to this, children and adolescents differ developmentally and appropriate therapeutic 

interventions change over the lifespan (Kazdin, 1988; Weisz et al., 1987) indicating that children 

are a population differing from adolescents, and hence, effect sizes from studies involving 

adolescents would possibly be inapplicable to children. 

Because the current study was conducted to review and identify appropriate effect size 

benchmarks for child counseling, review procedures were streamlined to determine best practices 

for comparison. Procedures from Chorpita et al.’s (2011) review in which a single measure of a 

target outcome was selected for each study appeared most appropriate for the current review. 

Chorpita et al. (2011) defined this measurement as “a measure that was deemed the primary 

outcome measure for the expected target of the intervention” (p. 157). I selected and reported the 

Cohen’s d from this single measure as the reported effect size in the codebook. If a study did not 

report a Cohen’s d, I calculated it with the information provided. In studies which provided 

means and standard deviations of the post treatment control and intervention groups, I calculated 

Cohen’s d using the formula: 

Cohen’s d = 
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If a study provided an effect size different from Cohen’s d, I converted the effect size from 

statistical formulas and calculating programs (Cohen, 1988; DeCoster, 2012). Several studies did 

not provide any of this information and, thus, I calculated Cohen’s d from the given F statistic 

(DeFife, 2009). For studies which provided a t statistic, I used the following formula: 

Cohen’s d =
  

   
 

 If a study included multiple reporters for one measurement, I included all effect sizes for 

that measurement. For example, Antsel and Remer (2003) used both the parent and self-report 

version of the Social Skills Rating System (SSRS). In cases such as this, I calculated Cohen’s d 

for both the child and parent form. Additionally, many studies reported measurements 

immediately after treatment and at follow up. In those cases, I used the scores reported 

immediately after treatment. I converted all effect sizes to Cohen’s d for purposes of comparison. 

Of the codebook categories, Cohen’s d .5 or higher was a dichotomous variable reporting the 

improvement or non-improvement of outcome based on meaningful effect size of .5 or above 

from the single measure, as traditionally interpreted by Cohen’s d categories. This was added to 

compare the use of new benchmarks to traditional benchmarks. In addition to this, I coded to 

compare studies which showed a medium or large effect size (practical significance) but did not 

obtain a significant p-value (statistical significance). Coding procedures were designed to ensure 

the comparability of studies and their results to report effect sizes that were interpretable.  

The second research team member independently coded each study including 

identification and calculation of Cohen’s d. Although a third research team member was 

identified to moderate any discrepancies between the two reviewers, there were no discrepancies. 
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Data Analysis 

I ran descriptive statistics on all variables using SPSS for study characteristics including 

graphical representation in addition. In review of the effect sizes included in the study, it became 

apparent that parent, teacher, child, and rater data were different and therefore could not be 

calculated into a single Cohen’s d that would be interpretable. Based on conceptual 

understanding that different types of raters might report differently and precursory scan of the 

data appeared to support that understanding, I decided to report a summative Cohen’s d based on 

reporter type.  

In order to interpret an overall rater Cohen’s d credibly, I calculated a weighted mean d 

by multiplying the effect size of each study by the number of participants in that study. This was 

then divided by the total N. This weighted mean helped to account for studies with larger sample 

sizes. The weighted mean was then used as the average effect size for each reporter, and thus 

termed “medium effect size” (Kirk, 1996, p. 749). I then calculated the standard deviation of all 

the effect sizes for each reporter. To determine “small,” I subtracted the standard deviation. To 

determine “large,” I added the standard deviation (Cohen, 1962, 1988; Ellis, 2010; Hill, Bloom, 

Black, & Lipsey, 2008; Kirk, 1996). 

Results 

In order to address the first research question, I present descriptive information on 

characteristics of child counseling research. To address the second research question, I present 

results regarding the calculation and interpretation of Cohen’s d for child counseling research. 

Table 5 provides detailed descriptions of each study based on coding categories.  
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Characteristics of Child Counseling Research 

Sample size, age, and gender. Within the 41 studies, a total of 3,586 children between the 

ages of 3 and 12 were included in this review. The mean sample size for each study was 87.46 

with a standard deviation of 119.96 indicating a wide range of sample number with the smallest 

study having only 8 participants while the largest study had 533. For children within studies, the 

mean age was 8.6 years with a standard deviation of 1.6 indicating a homogeneity of sample 

regarding age. Twelve studies did not report a mean age but instead reported an age or grade 

range. Males represented 61.5% of the total sample, females represented 39.9%. One study did 

not report gender. See Table 2.  

Ethnicity. Of the 41 studies, six studies did not report ethnicity of sample. Many of these 

studies were from international samples or the ethnicity was inferred from the title or description 

of the procedures. For example, Rosenbaum, McMurray, and Campbell (1991) conducted a study 

in Australia. Although they did not report an ethnicity, the children in this study were coded as 

Australian. Due to various labels used for race/ethnicity among studies, I chose to group similar 

labels together to ease the coding process. For example, Caucasian, white, Anglo American, 

Anglo Saxon, and EuroAmerican were coded as White/Caucasian. White/Caucasian was the 

most frequently represented ethnicity (included in 25 studies) with 1071 children (29.9%) 

identified as Caucasian/White. The second most frequently represented race/ethnicity was 

African American/Black, totaling 355 children (9.9%) across 21 studies. Hispanic/Latino 

children were represented in 17 studies with a total of 204 children (5.7%). Twenty-two (22) 

children were identified as Asian American (0.6%) and were represented in 7 studies. One study 

included Hawaiian American children which represented 0.3% of the total sample (10 children). 
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Five studies also included an other or minority category with a total of 66 children, or 1.8% of 

the total sample. Further break down of ethnicity can be seen in Table 2. 

Table 2 

Characteristics of Studies (N = 41) and Participants (N = 3, 586) 

 # Studies n % Range M SD 

Total Sample 41 3,586  8-533 87.46 119.96 

Age 29 reported    3-12 8.6 1.6 

Gender 40 reported      

Male  2,207  61.5    

Female  1432 39.9    

Ethnicity 35 reported  85.4    

Caucasian/White  1071 29.9    

African 

American/Black 

 355 9.9    

Hispanic/Latino  204 5.7    

Asian American  22 .6    

Hawaiian 

American 

 10 .3    

Other  66 1.8    

International  685     

 

Study Descriptives 

Of the 41 studies reviewed, almost half (48.8%) were published from 2000 to 2010. The 

other half were published in the 1990s (19.5%) and 2010-2015 (31.7%) indicating a strong 

increase in number of studies published over time. Seventeen (41.5%) of the studies used a form 

of play therapy as a treatment type while 16 (39%) represented some form of cognitive 

behavioral therapy. Eight (19.5%) of the studies were labeled “other” and represented a variety 

of different treatments such as eye movement desensitization and reprocessing (EMDR), 

biofeedback, and behavioral interventions. Almost half of the studies (41.5%) specifically 

mentioned a waitlist control group design for their participants as differentiated from studies 

with a non-treatment control group. Fifteen (36.6%) did not mention a waitlist as a part of the 

control group. Nine studies (22%) used a placebo or an active control group. The majority of the 

studies (n = 29, 70.7%) were performed in a school setting. An even larger percentage of studies 
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were performed in the “real world” such as a school or a clinic as opposed to a laboratory (90.2% 

and 7.3% respectively). Parent report scores were coded from 11 studies, teacher report from 14 

studies, child report from 22 studies, and rater report from 5 studies. 

The most common target variable explored was Anxiety/Phobia which was represented in 

12 studies (29.3%) followed by Behavioral Issues which was represented in 9 studies (22%). 

Social Issues were represented in 5 studies (12.2%) while ADHD and PTSD/Trauma were 

represented by 4 (9.8%) and 3 (7.3%) studies, respectively. Achievement and Self-

Esteem/Efficacy were represented by 2 studies each (4.9%). Depression, Impairment, Speech 

Difficulties, and Autistic Functionality were represented by 1 study each (2.4%). 

 A little over half of the studies (58.5%) reported an effect size. Of those studies, only one 

neglected to interpret said the stated effect size. In the studies that reported an effect size, the 

most frequently reported effect size was Cohen’s d which was calculated in 9 studies (22%) with 

partial eta squared at close second in 8 studies (19.5%). Eta squared was reported in 6 studies 

(14.6%) and Glass’s d in one study (2.4%). One study calculated an effect size, however, did not 

specify which effect size calculation was used and did not provide enough information to infer 

which effect size was calculated. Based on the effect sizes reported and calculated for this study, 

63.4% of studies showed a Cohen’s d .5 or higher for treatment groups based on coding criteria 

of traditional interpretation of Cohen’s d (.5 medium, .8 large). Almost 81% of the studies 

reported finding statistical significance for the target variable chosen indicating a discrepancy 

between interpretation of statistical and practical significance (81% vs. 63.4%). Table 3 provides 

a summary of study characteristics.  
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Table 3 

Characteristics of Studies (N = 41) 

 N % 

Total Studies 41  

Year Published
 

  

1990-1994 3 7.3 

1995-1999 5 12.2 

2000-2004 13 31.7 

2005-2009 7 17 

2010-present 13 31.7 

Treatment Type   

CCPT 17 41.5 

CBT 16 39 

Other 8 19.5 

Control Group   

Waitlist 17 41.5 

Control 15 36.6 

Placebo/Active Control 9 22 

Setting   

School 30 73.2 

Other 8 19.5 

Laboratory 3 7.3 

Real World/Laboratory 38/ 3 92.7/7.3 

Target Variable   

Achievement 2 4.9 

ADHD 4 9.8 

Anxiety/Phobia 12 29.3 

Autistic Functionality 1 2.4 

Behavioral Issues 9 22 

Depression 1 2.4 

Impairment 1 2.4 

PTSD/Trauma 3 7.3 

Self-Esteem/Efficacy 2 4.9 

Social Issues 5 12.2 

Speech Difficulties 1 2.4 

Reported an Effect Size?   

Yes 25 61 

No 16 39 

Interpreted Effect Size?   

Yes 24 96 

No 1 4 

Type of Effect Size   

Cohen’s d 8 19.5 

Partial eta squared 8 19.5 

Eta squared 6 14.6 

Glass’s d 1 2.4 

Not specified 2 4.9 

PS >.5   

Yes 26 63.4 

No 15 36.6 

Statistical Significance   

Yes 33 80.5 

No 8 19.5 
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Note: Percentage values may not add up to 100% due to rounding. PS = practical significance.  

 

Cohen’s d 

 Based on the conceptual understanding that reporter types (i.e., parent, teacher, child, and 

objective) perceive change differently and in calculating the initial overall unweighted mean d as 

.63 with a standard deviation of .39, rater appeared to be a factor in understanding results and 

also appeared to contribute to non-normal distribution. I chose to report Cohen’s d according to 

rater categories to ensure clear interpretation of results.  

Parent report. Parents were identified as the reporter in 11 studies of the sample 

representing 707 children. In exploring normal distribution of data, one outlier was identified by 

SPSS as a statistical outlier and was removed from further analysis, resulting in the inclusion of 

10 effect sizes. Effect sizes ranged from .26 to 1.36 with an unweighted mean of .74 and 

standard deviation of .37. I calculated the weighted overall mean as previously discussed by 

multiplying each Cohen’s d by the number of participants in the study then dividing the sum by 

the total number of participants. The calculation of the weighted effect size resulted in a mean 

Cohen’s d of .70. Nine of the 10 studies reported statistically significant differences between 

treatment and control group while seven (70%) of 10 calculated effect sizes were in the 

improved category for practical significance (.5 or above).  

Teacher report. Teachers were identified as the reporter in 14 studies of the sample 

representing 992 children. In exploring normal distribution of data, effect sizes appeared 

normally distributed with no outliers. Effect sizes ranged from .07 to 1.42 with an unweighted 

mean of .65 and standard deviation of .37. The calculation of the weighted effect size resulted in 

a mean Cohen’s d of .50. Ten (71.4%) of the 14 studies reported statistically significant 
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differences between treatment and control group while nine (64.3%) of 14 calculated effect sizes 

were in the improved category for practical significance (.5 or above).  

Child report. Children were identified as the reporter in 22 studies of the sample 

representing 2,312 children. In exploring normal distribution of data, 2 outliers were identified 

by SPSS as statistical outliers and were removed from further analysis, resulting in the inclusion 

of 20 effect sizes. Effect sizes ranged from -.06 to 1.48 with an unweighted mean of .59 and 

standard deviation of .43. The calculation of the weighted effect size resulted in a mean Cohen’s 

d of .36. Seventeen (85%) of the 20 studies reported statistically significant differences between 

treatment and control group while 11 (55%) of 20 calculated effect sizes were in the improved 

category for practical significance (.5 or above).  

Objective rater report. Objective raters were identified as the reporter in 5 studies of the 

sample representing 223 children. Because only 5 effect sizes were reported based on objective 

rater outcome, the data was non-normally distributed. Effect sizes ranged from .34 to 1.14 with 

an unweighted mean of .76 and standard deviation of .33. Although lack of data prevents 

interpretation of results, the calculation of the weighted effect size resulted in a mean Cohen’s d 

of .81. Three (60%) of the 5 studies reported statistically significant differences between 

treatment and control group while 4 (80%) of 5 calculated effect sizes were in the improved 

category of practical significance (.5 or above).  

Suggested empirical benchmarks. In reviewing procedures applied by Cohen (1988; 

1962), Hill et al. (2008), Kirk (1996), and Ellis (2008), I calculated the standard deviation of 

unweighted mean of Cohen’s d for each reporter minus identified outliers to determine suggested 

empirical benchmarks of small, medium, and large. Medium was determined by the weighted 

mean while large was determined by adding the unweighted standard deviation and small was 
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determined by subtracting the unweighted standard deviation. See Table 4 for the suggested 

empirical benchmarks. 

Table 4 

Suggested Empirical Benchmarks for Cohen’s d in Child Counseling Research 

 M SD Small Medium Large 

Overall
a 

.63 .39    

Parent .70 .37 .33 .70 1.07 

Teacher .50 .37 .13 .50 .87 

Child .36 .43 -.07
b
 .36 .79 

a
Overall Cohen’s d is unweighted and non-normally distributed, thereby should not be interpreted.  

b
Subtracted standard deviation from mean Cohen’s d based on child report results in a negative number, thereby 

should not be considered as a marker for measuring improvement.   

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 



 
 

19 
 

Table 5 

Detailed Characteristics of Studies Used for Analysis 

Randomized Controlled Trials in Child Counseling Research 

Author (year) N 
Gender 

(m/f) 
Age Age Range 

Abikoff, Gallagher, Wells, Murray, Huang, Lu Petkova 

(2013) 
97 60/37 9.1 8-11 

Antshel & Remer (2003) 120 90/30 9.61 8-12 

Aydin & Yerin (1994) 20 10/10 N/R 11-12 

Barrett & Turner (2001) 489 297/291 10.75 10-12 

Beidel, Turner, Morris (2000) 50 20/30 10.5 8-12 

Blanco, Muro, Holliman, Stickley, & Carter (2015) 59 31/28 N/R 6-7 

Blanco & Ray (2011) 41 26/15 N/R 6-7 

Bratton, Ceballos, Sheely-Moore, Meany-Walen, Pronchenko, 

& Jones (2012) 
54 36/18 N/R 3-4 

Chemtob, Nakashima, & Carlson (2002) 32 10/22 8.4 6-12 

Cheng & Ray (2015) 43 30/13 5.14 5-6 

Cornwall, Spence, & Schotte (1996) 24 N/R 8.25 7-10 

Danger & Landreth (2005) 21 18/3 N/R 4-6 

DeRosier (2004) 381 194/187 8.6 7.8-10.9 

Fall (1999) 62 31/31 7.5 5-9 

Fall, Navelski, & Welch (2002) 66 42/24 8.35 6-10 

Flahive & Ray (2007) 56 29/27 N/R 9-12 

Gallagher, Rabian, & McCloskey (2004) 23 11/12 N/R 8-11 

Ison (2001) 315 315/0 N/R 8-12 

Kaduson & Finnerty (1995) 63 58/5 9.74 8-12 

Kasari, Freeman, & Paparella (2006) 58 46/12 N/R 3-4 

Kemp, Drummond, & McDermott (2009) 27 15/12 8.93 6-12 

Klingberg, Fernell, Olesen, Johnson,  

Per Gustafsson, Dahlstrom,… Westerberg (2005) 
44 36/8 9.8 7-12 

Larkin & Thyer (1999) 52 40/12 7.45 1
st
-3

rd
 grade 

Lochman, Coie, Underwood, & Terry (1993) 52 27/25 N/R 4
th

 grade 

Meany-Walen, Bratton, & Kottman (2014) 58 26/12 6.4 5-9 

Mifsud & Rapee (2005) 91 37/54 9.5 9-10 

Miller, Laye-Gindhu, Bennett, Liu, Gold, March,… Waechtler 

(2011) 
533 266/267 9.77 10-12 

Muris, Meesters, van Melick (2002) 20 7/13 10 9-12 

Murphy Jones & Landreth (2002) 30 17/13 9.43 7-11 

Ojiambo & Bratton (2014) 60 30/30 11.2 10-12 

Packman & Bratton (2003) 24 18/6 N/R 10-12 

Ray, Schottelkorb, & Tsai (2007) 60 48/12 7.42 5-11 

Ray, Stulmaker, Lee, & Silverman (2013) 37 29/8 6.27 5-8 

Ritzi, Ray, & Schumann (2016) 24 18/6 7 6-9 

Rosenbaum, McMurray, & Campbell (1991) 36 0/36 9 N/R 

Shen (2002) 30 14/16 N/R 8-12 

Stein, Jaycox, Kataoka, Wong, Tu, Elliott, & Fink (2003) 126 81/45 10.95 N/R 

Stulmaker & Ray (2015) 53 34/17 6.3 6-8 

Su & Tsai (2016) 8 4/4 8.5 8-9 

Webster-Stratton, Reid, & Hammond (2001) 99 80/19 5.9 4-8 

Weisz, Thurber, Sweeney, Proffitt, & LaGagnoux (1997) 48 26/22 9.6 N/R 

PS >.5: Cohen’s d of .05 or above 

SS: Statistical Significance 
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Randomized Controlled Trials in Child Counseling Research 
Ethnicity Therapist 

African American, White, Hispanic, Other Therapists 

Caucasian, African American, Asian Graduate degrees in psychology 

Turkish Counsellor 

Predominately Anglo-Saxon Psychologists/ Teachers 

Caucasian, African American, Hispanic, Biracial N/R 

African American, Asian American, Caucasian, Hispanic Masters level counseling students 

African American, Hispanic, Caucasian, Asian American Masters and doctoral therapists 

African American, Hispanic, Caucasian Counselors with masters degrees 

Filipino, Hawaiian/Part Hawaiian, Japanese, Mixed ethnic 

origins 
Doctoral-level clinicians 

Hispanic, Caucasian, African American Doctoral students 

N/R Master level psychologist 

Caucasian, Hispanic Licensed school counselor 

Caucasian, Hispanic, African American, Asian American School counselor and trained 

Anglo American, African American, Asian American Elementary school counselors 

Caucasian, unidentified School counselors 

Caucasian, Hispanic, African American Doctoral students, LPC, LSW 

Caucasian, African American Doctoral level graduate students 

Argentinean N/R 

White, Black Doctoral fellows in psychology department 

Caucasian, Minority 
Graduate students trained in educational 

psychology 

N/R EMDR trained psychologist 

N/R Psychologists 

White, Black, Hispanic Therapists and students 

Black 
Graduate students and doctoral level 

psychologist 

Latino, Euro American, African American Doctoral students 

N/R School counselors and mental health worker 

Aboriginal Trained teacher with a school counselor 

Caucasian, Indonesian-Dutch Clinical psychology students 

Caucasian, African American, Indian, Hispanic Doctoral students, school counselor 

Ugandan Counselor 

Caucasian, African American, Hispanic Therapist 

African American, Hispanic, Caucasian, Biracial Doctoral and masters students 

Latino, African American, Caucasian Doctoral student 

Australian Caucasian, English UK Caucasian, Asian, 

Hispanic/Latino, Biracial 
Doctoral student 

Australian School principal and special education teacher 

Taiwanese School counselor 

N/R Mental health clinicians 

African American, Caucasian, Hispanic/Latino, Asian, Biracial Doctoral level clinicians and faculty members 

Taiwanese 4
th

 year graduate counseling student 

Caucasian Masters or doctoral degree students 

Caucasian, minority 
Doctoral level clinical psychology students, 

faculty member 

PS >.5: Cohen’s d of .05 or above 

SS: Statistical Significance 
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Randomized Controlled Trials in Child Counseling Research 
Frequency Duration Treatment Type Setting 

2x per week 10-12 weeks Organizational Skills Training (CBT) Medical Center/ Lab 

1x per week 8weeks Social Skills Training (CBT) 
Outpatient clinic 

setting 

4x per week 2 weeks Story-Based CBT School 

Weekly with two 

booster 

10 weekly 

sessions 

Friends for Children  

(CBT) 
School 

2x per week 12 weeks Social Effectiveness Therapy for Children 
Outpatient clinic 

setting 

2x per week 8 weeks CCPT School 

2x per week 8 weeks CCPT School 

2x per week 10 weeks CCPT School 

1x per week 4 weeks EMDR School 

2x per week 8 weeks CCPT School 

1x per week 6 weeks Emotive Imagery University Clinic 

1x per week 6 months Group CCPT School 

1x per week 8 weeks Social Skills Intervention (CBT) School 

1x per week 6 weeks CCPT School 

1x per week 6 weeks CCPT School 

1x per week 10 weeks Group Sandtray Therapy N/R 

1x per week 3 weeks CBT School 

2x per week 14 units Social Skills Training Clinic 

1x per week 10 weeks Biofeedback Game Approach 
Early intervention 

program 

1x daily 5-6 weeks Applied Behavioral analysis & Development University Clinic 

1x per week 4 sessions EMDR Testing site 

Daily 5-6 weeks Computer Working Memory Tasks School 

1x per week 8 weeks CBT School 

2x per week 7 months Social Relations Training Program School 

2x per week 8 weeks Adlerian Play Therapy School 

1x per week 8 weeks Cool Kids Program School Version (CBT) School 

Weekly 9 weeks FRIENDS for Life (CBT) School 

2x per week 6 weeks Coping Koala CBT Program & Emotional Disclosure Children’s camp 

4x per week 3 weeks CCPT School 

2x per week 10 weeks Group Activity Play Therapy School 

1x per week 12 weeks Humanistic play/Activity therapy School 

1x per week 16 weeks CCPT School 

2x per week 8 weeks CCPT School 

2x per day 10 days CCPT School 

  REBT School 

2-3 per week 4 weeks Short Term Group Play Therapy School 

1x per week 10 sessions 
Cognitive-Behavioral Interventions for Trauma in 

Schools 
School 

1x per week 8 weeks CCPT School 

1x per week 12 weeks Group CCPT School 

1x per week 18-22 weeks 
The Incredible Years Dinosaur Social Skills and 

Problem Solving Curriculum 
Clinic 

8 sessions  
Primary and Secondary Control Enhancement Training 

(PASCET) CBT 
School 

PS >.5: Cohen’s d of .05 or above 

SS: Statistical Significance 
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Randomized Controlled Trials in Child Counseling Research 
Target Variable Parent d Teacher d Child d Rater d PS>.5 SS 

ADHD 2.02 1.05   Y Y 

Behavioral Issues .77  .6  Y Y 

Anxiety/ Phobia   1.28  Y Y 

Social Issues   .32  N Y 

PTSD/ Trauma   .91  Y Y 

PTSD/ Trauma    .54 Y N 

Behavioral Issues    .75 Y Y 

Impairment  1.42   Y Y 

Social Issues   .36  N Y 

Behavioral Issues .45 .3   N Y 

Anxiety/ Phobia   .53  Y Y 

ADHD    .34 N N 

Anxiety/ Phobia   .1  N N 

Achievement  .82   Y Y 

Self-Esteem/ Efficacy  .13   N N 

Anxiety/ Phobia .55 .52 .18  Y N 

ADHD   .09  N Y 

Anxiety/ Phobia  .07   N Y 

Anxiety/ Phobia .65  .8  Y Y 

Behavioral Issues    1.14 Y Y 

Anxiety/ Phobia   1.09  Y Y 

Self-Esteem/ Efficacy    1.02 Y Y 

Behavioral Issues   2.93  Y Y 

Social Issues  .72   Y Y 

Anxiety/ Phobia  .45   N Y 

Social Issues .69  .35  N Y 

Behavioral Issues   .12  N N 

Behavioral Issues   1.48  Y Y 

Behavioral Issues 1.36  -.06  Y Y 

Anxiety/ Phobia 1.1 .91   Y Y 

Autistic Functionality .26    N Y 

Anxiety/ Phobia  .58   Y N 

Behavioral Issues  .49   N N 

Anxiety/ Phobia 1.22 .79   Y Y 

ADHD   .88  Y Y 

Anxiety/ Phobia   .42  N Y 

PTSD/ Trauma   1.08  Y Y 

Social Issues   .66  Y Y 

Depression  .88 4.03  Y Y 

Speech Difficulties .36    N Y 

Achievement   .57  Y Y 

PS >.5: Cohen’s d of .05 or above 

SS: Statistical Significance 

 

 

 

 



 
 

23 
 

Discussion 

 Although over 1,200 studies were identified as child counseling research upon initial 

review, only 41 studies met criteria for the current study. Specifically, two criteria were most 

crucial in limiting inclusion for review; interventions must have been delivered directly to 

children and children must have been under the age of 12. When reviewing the large number of 

studies available, it was apparent the majority of child counseling intervention studies involved 

some aspect of parent involvement. Although logical from a clinical standpoint (Bratton et al., 

2005; LeBlanc & Ritchie, 2001; Miedel & Reynolds, 1999; Webster-Stratton & Hammond, 

1997), the purpose of the current review was to assess magnitude of effect for interventions that 

focused solely on those interventions given to children directly. This was done to control for 

possible bias resulting from the tendency of studies that use intervention directed to or through 

parents then use a parent measure for assessment of change. In addition to a substantial number 

of studies involving parents, a large number also used children above the age of 12. Children and 

adolescents are different developmentally and, therefore, generally receive different types of 

counseling (Kazdin, 1990). In the current study, it was more theoretically sound to only include 

studies for children ages 3-12. A great number of child counseling research studies included 

parent-directed intervention and/or the inclusion of adolescents; hence, there were a limited 

number of studies that met criteria for the current review. 

Reporter Differences 

 After analyzing the data in the studies which fit the inclusion criteria, it was evident one 

of the major differences in findings was based on reporter for the measurement. There were very 

large differences between parents, teachers, and children in regard to effect sizes. These 

differences in the present study showed parent report produced the highest mean effect size 
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(Cohen’s d = .70) with teacher report falling behind (Cohen’s d = .50). Studies that used child 

self-report produced the lowest mean effect size (Cohen’s d = .36). Due to these differences, it 

was evident there was a need to separate and analyze the effect sizes by reporter type. A very 

small number of studies (n=5) included objective rater as a reporter and hence the number of data 

points were too few to be interpreted. The low number of studies using objective raters may 

indicate challenges in design procedures in identifying settings or time periods for objective 

observations or possibly identifying reliable measures for observation. 

Parents as reporters. Previous research suggests parents tend to rate their children higher 

on certain measures due to being primary stakeholders in their children’s improvement. For 

example, Bratton et al. (2005) found parents tended to rate family functioning/relationships as 

higher than other outcome measures such as social adjustment and self-concept. Researchers 

noted these high scores were obtained from research studies in which there was a parent 

involvement component. Other researchers have found similar results: when parents are involved 

in their children’s treatment, parent scores tend to increase (LeBlanc & Ritchie, 2001; Miedel & 

Reynolds, 1999; Webster-Stratton & Hammond, 1997.) However, within the current study, 

parental involvement was controlled for, and, to certain degree, this may lend more credibility to 

the scores obtained by the parents. Although parents may report greater improvement when 

involved in therapy, present research supports the use of parental report in measurement. 

Waschbusch, Daleiden, and Drabman (2000) found parents tend to be reliable reporters when it 

comes to children’s cognitive abilities. Additionally, Loeber, Green, and Lahey (1990) found 

mothers in particular to be well-informed regarding many of their children’s problem behaviors. 

Results from the current study identified parents as more likely than other reporters to report 

greater effects of treatment. These results may be attributable to the role of parents as the most 
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intimate observers and most likely to notice small changes, or possibly attributable to their 

hopefulness in the process of treatment.  

 Teachers as reporters. Historically, teachers are identified as difficult raters in regard to 

reliability (Loeber et al., 1990). Teachers in general tend to notice externalizing behaviors (i.e. 

aggression) over internalizing behaviors such as anxiety (Loeber et al., 1990), thereby focusing 

their assessment on children’s overt behaviors that present problems in the classroom setting. 

Because teachers have many children to oversee, there may be a tendency to notice the 

troublemakers over shy and anxious children. In addition to being focused on perceived 

disruptive behaviors, teachers are less likely to change their perceptions of children once an 

initial impression is made (Howes, Phillipsen, & Peisner-Feinberg, 2000). An inability to change 

perception may lead to a cycle of problems rooted in the teacher-student relationship in which 

the teacher hypervigilantly responds to the child’s misbehavior resulting in a self-fulfilling 

prophecy of the child increasing misbehavior. In addition to this, some children tend to behave 

differently in a variety of settings (Loeber et al., 1990). For example, a child may behave 

appropriately at school because of the high amount of structure, however, act out inappropriately 

at home due to a lack of schedule and structure. Focus on disruptive behaviors, inability to 

change perception, and observation limited to school setting are all identified reasons that may 

suppress teachers’ ratings of improvement in measuring specific types of research outcomes 

related to treatment.  

 Children as reporters. Results of the current study indicated that child report lead to the 

lowest amount of reported change in measuring effects of treatment. In fact, proposed 

benchmarks could not include interpretation for the small category of change based on child 

report because the resulting benchmark fell below zero. One possible reason for low effects with 



 
 

26 
 

this rater type is the reliability and validity of self-report measurements for children (Scott, 

2008). Children think differently than adults; hence, standard testing protocol may be 

inappropriate with such a young age group. Scott (2008) emphasized the importance of using an 

approach which includes visual stimuli during questioning. In addition to the type of 

measurements used to test children, researchers must consider the context in which a child is 

being questioned. An environment that is uninviting or intimidating may cause a child to be less 

open. Loeber et al. (1990) suggested children with conduct problems have difficulty reporting 

their own problem behaviors for two reasons: the passage of time/forgetting the event took place 

and not being aware the behavior was negative. Young children in general are difficult to gain an 

accurate measurement from because it is difficult to get them to respond in an accurate way. 

Although this measurement issue improves as they get older, there do not appear to be current 

solutions for measurement in early childhood.  

Differences in mean effect size of change based on reporter was a notable finding in the 

current study. In designing, reporting, and interpreting research, researchers benefit from 

recognizing the impact of rater perspectives and available measurements to gather to those 

perspectives. Because of differences in reporters, Achenbach, McConaughy, and Howell (1987) 

suggested seeking a variety of scores from different reporters. When reviewing the accuracy of 

the Child Behavior Checklist (CBCL), Achenbach et al. proposed combining both child report 

with another reporter such as a parent, teacher, or mental health care worker to obtain a full 

understanding of a child. Using this combined method would be advantageous in all research 

studies due to the apparent advantages and disadvantages to using any one type of reporter 

(parent, teacher, or child). If multiple reporters are unavailable to the researcher, interpreting 

effects within the context of mean reporter effects is recommended.  
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Reporting in Child Counseling Research 

Lack of thorough statistical reporting was also a common trend in the studies included in 

the present study. Sixty-one percent of the studies in this review reported an effect size. Initially, 

this appears to be only slightly better when compared to previous research which found 55% of 

authors provided an effect size in Journal of Counseling and Development between the years of 

2009 and 2010 (Wester, Borders, Boul, & Horton, 2013). However, a closer analysis of trends 

over time in the current review indicated effect size reporting steadily improved. From 1990 to 

1995, none of the three studies reviewed included a report of effect size. In the next five years 

(1995-1999), only one out of five reported an effect size. In other words, for the entire decade of 

1990s of this particular review, only one study included report of effect size. However, these 

numbers steadily rose from 2000-2004 and 2005-2009, showing an increase of 54% and 71% 

respectively. In the articles from 2010 to 2016, 85% reported an effect size. The increase in 

effect size reporting suggests researchers are following the guidelines of APA (2010) and 

contemporary journal editors who more frequently require effect size reporting for consideration 

of publication. In regard to reporting of effect size, the present study found similar results to 

previous research regarding problems in report and specificity (Bangert & Baumberger, 2005; 

Kirk, 1996): of the studies that included an effect size, Cohen’s d, ƞ
2
, and partial ƞ accounted for 

92% of the effect sizes reported. Despite the increase of effect sizes reported, there was still a 

lack of effect size identification as well as a lack of confidence intervals reported. This directly 

counters recommendations made by Thompson (2002) and the APA task force which 

recommended naming the effect size reported (Wilkinson & The APA Task Force on Statistical 

Inference, 1999).  
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Another important result of the data showed an interesting trend in the types of treatment 

used with children. When reviewing studies for the current study’s inclusion criteria, there 

appeared to be a broad range of interventions that were excluded due to parent participation in 

treatment, including theraplay and a large number of family systems therapy studies. In the final 

sample of included studies, CCPT/humanistic play therapy and CBT were the two most common 

interventions identified as delivering intervention directly to children (41.5% and 39% 

respectively). The “other” category of treatment contained one study each of treatments such as 

EMDR, sandtray therapy, and biofeedback. In comparing the effect sizes of CCPT/humanistic 

play therapy and CBT outcome studies, CCPT/humanistic outcomes resulted in a stronger 

overall weighted mean Cohen’s d of .7 (n = 887) as compared to CBT outcome mean Cohen’s d 

of .37 (n=2600). The results of the current study suggest CCPT/humanistic play therapy and 

CBT as the two most frequently explored approaches that do not require parent involvement to 

show positive results, with notably robust findings for CCPT/humanistic play therapy (Axline, 

1969; Henderson & Thompson, 2011; Landreth, 2012; Ray, 2011). 

Proposed Benchmarks 

 The proposed benchmarks resulting from the current study are meant to be preliminary 

suggestions for interpreting outcomes in the field of child counseling research. For the purposes 

of the present study, new benchmarks were determined according to analysis of a homogenous 

set of research studies on child counseling treatment, thereby applying a process of reason. When 

determining the accuracy of these benchmarks, one must consider what each benchmark means. 

A small effect size is one in which there is in fact a difference; however, that difference cannot 

be seen by the naked eye (Cohen, 1988). Yet, a medium effect size can be seen with the naked 
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eye and generally reflects the average within the field (Cohen, 1988; Kirk, 1996). Last, a large 

effect size should be fairly obvious to anyone observing (Cohen, 1988). 

When applying the historical categories of Cohen to studies included in the present 

review, 61.4% of the effect sizes reported from studies resulted in an effect size of .5 or higher 

(moderate to large), indicating that over 61% of effect sizes signified an improved outcome 

based on treatment that is clearly observable. However, in application of the proposed 

benchmarks, a Cohen’s d of above .70 .50, and .36 (parent, teacher, and child respectively), 

resulted in observable improvement in just under 57% of effect sizes. This decrease in the 

number of effect sizes over .5 suggests the new benchmarks provide a slightly more stringent 

interpretation of child counseling outcomes when compared to Cohen’s historical interpretations. 

Additionally, interpretation is substantially different based on reporter.  

Limitations 

 Although detailed design and analysis served to provide outcomes that can be credibly 

used for future child counseling research, the process posed some limitations. A considerable 

limitation inherent in almost any review of the literature is the inability to search every single 

individual study known in child counseling literature to synthesize the benchmarks. Although a 

thorough search in previous reviews, academic journals, and electronic databases was performed, 

it is still possible that many studies were overlooked and not included despite containing the 

inclusion criteria.  

 Another limitation was the strict inclusion criteria. Although the inclusion criteria was 

theoretically supported, it greatly reduced the number of studies available by excluding both 

studies which included parents and those which included children over the age of 13. Hence, 

analysis included a smaller than expected number of effect sizes. I made efforts to ensure that 
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data was normally distributed prior to calculations yet the small number of data points for each 

reporter type may have impacted the resulting means.  

Additionally, the nature of child counseling research is such that there is what Cohen 

(1988) described as “noise” or “uncontrollable extraneous variables” (p. 25). Noise may be 

attributable to factors that interfere with treatment when treatment is provided in the field and not 

in controlled settings. Cohen (1988) believed this type of research contributes to smaller effect 

sizes. Within the 41 studies explored, only three were conducted in a laboratory; 30 were 

conducted in the school setting. The level at which noise may have affected or possibly 

suppressed outcomes is an unknown factor.  

Finally, the need to reduce each study to one single measurement point to create a 

homogeneous, and thereby comparable, sample was a limitation to this analysis. By using only 

one point of measurement, outcomes were narrowed and unrepresentative of the multiple 

outcomes present in several of the reviewed studies. Reducing findings to one single point takes 

out a plethora of information within the other data (Chorpita et al., 2011).  

Implications 

Exploration of effect sizes. This current study opens the door to a world generally 

unexplored by researchers. Cohen (1988) encouraged researchers to find small, medium, and 

large effect sizes according to the literature within their individual fields. Hill et al. (2008) 

suggested that it is rare for researchers to explore the empirical benchmarks within their own 

fields of behavioral sciences. However, this review provides a preliminary investigation into the 

determination of effect sizes. One goal of this study was to encourage researchers to continue to 

explore the identification of relevant empirical effect size benchmarks for individual fields of 

study. This study represents analysis of a narrow field of counseling interventions delivered 
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directly to children. Future research could focus on finding empirical benchmarks for child and 

parent intervention studies. This would include therapies such as theraplay, family systems 

therapy, parent-child interaction therapy, and filial therapy. Additionally, many studies could not 

be used due to the inclusion of children 13-years-old and older. Future research could focus on 

finding the appropriate empirical benchmarks for counseling with adolescents aged 13-18.  

Researchers in the field would also benefit from exploring more target variables. 

Although anxiety may be identified as a heavily prevalent disorder in childhood, children 

struggle with multiple mental health issues, emotional challenges, and behavioral disorders. By 

focusing on additional outcomes, researchers may be able to tease out the differences between 

disorders such as anxiety and depression. Furthermore, readers and practitioners can gain a better 

understanding of their clients, who are most likely suffering from a wide variety of disorders. 

Child counseling research. The current analysis provides a look into the last 25 years of 

child counseling research and, consequently, gives suggestions for future research in the field. 

First, there was a lack of available studies due to the exclusion of parents. As previously 

discussed, parents are often unavailable to participate in treatment for one reason or another. 

Because of this, it is important to find the most appropriate interventions for children without the 

condition of parental involvement. Furthermore, the inclusion of parents in the treatment process 

often results in inflated scores. To control for these two issues, the child counseling field would 

benefit from researchers focusing on child interventions that do not require parental involvement. 

This would result in a more accurate understanding of multiple ways to help children.  

The second issue to consider is the setting in which a majority of the studies took place. 

A large number of the studies took place in school settings. Conducting research in schools can 

be very advantageous. The children are generally in attendance and researchers do not rely on 
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parents bringing children to a testing site or a clinic. Additionally, schools provide access to 

exploration of real-world treatment by offering intervention to children with multiple and 

complex mental health and behavioral issues. Interestingly, there appeared to be a correlation 

between the number of studies that delivered services directly to children and inclusion of studies 

conducted in schools. It appears that researchers in schools recognize the limited availability of 

parents on site and develop treatments that directly serve children. Alternately, when inclusion 

criteria was applied, controlled laboratory research projects and research in agencies were 

excluded for not meeting criteria. Hence, more research of treatments directly delivered to 

children is warranted in the controlled laboratory setting, as well as agency settings.  

Another large concern was the lack of objective raters as reporters. Although 

inconvenient, objective raters may be the best source of information regarding an objective 

analysis of children’s behaviors. As previously mentioned, teachers have a difficult time 

changing their opinions of children regardless of behavioral improvements (Howes et al., 2000). 

Also, children may not always be the most reliable reporter regarding their own behavior 

(Loeber et al., 1990). The field would benefit from an increase in use of objective raters in 

addition to using multiple reporters when gathering data (Achenbach et al., 1987). 

Lastly, although there has been some improvement, researchers must improve their 

reporting habits. Many researchers in the reviewed studies failed to report participant 

characteristics, such as ethnicity, and statistical information, such as effect size. Furthermore, 

those that did report an effect size frequently did so improperly (by failing to label the effect size 

or provide confidence intervals) and did not interpret the results for the reader (i.e., provided a 

number but not interpretation of that number such as small, medium, or large). Ellis (2010) 

emphasized the importance of effect size reporting in regard to practical significance. Without 
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practical significance, practitioners are unable to generalize findings to their practice where they 

attempt to improve the lives of their clients. This, one could argue, is the original purpose of 

research: to improve the lives of others. 

Conclusion 

 Effect sizes are imperative when determining significance of a study (Grissom & Kim, 

2005; Thompson, 2002). Although researchers are starting to report effect sizes more, it is still 

important to continue doing so to further the field (Bangert & Baumberger, 2005; Erford, Miller, 

Schein, McDonald, Ludwig, & Leishear, 2011; Nilsson et al., 2007, Wester et al., 2013). In 

addition to this, researchers must also properly interpret effect sizes for readers who tend to be 

non-specialists, such as clinicians and mental health care workers (Ellis, 2010).  Using 

appropriate empirical benchmarks is an important aspect of properly interpreting effect sizes 

within the context of a field (Cohen, 1988; Hill et al., 2008; Thompson, 2002). The current 

review opens the door and invites researchers to conduct similar analyses to estimate their own 

benchmarks within their given field.  

Results from the current study indicate that effect size regarding child counseling 

outcomes is greatly impacted by the type of reporter used in measuring improvement. Parents 

appear to be the most sensitive to reporting improved outcomes; and thereby report higher effect 

sizes overall. Teachers report improved outcomes at a reduced level when compared to parents 

and may have more difficulty observing change in children who participate in counseling 

treatment. Finally, child self-report results in the lowest level of reported improvement which 

may be impacted by lack of sufficient measurements to address the development of children. 

Differences based on reporter suggest that researchers should interpret outcomes according to 

benchmarks designed for each reporter type. Child counseling research appeared to yield 
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observable improvement that can be interpreted through reasonable application of practical 

significance.  
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 The review of the literature includes four major areas of focus: (a) types of significance 

(b) effect size definitions and descriptions; (c) history of effect sizes; (d) significance of effect 

size reporting; and (d) child counseling intervention research and meta-analyses. 

Types of Significance 

Before addressing effect sizes, one must understand where they fit within the scope of 

study significance. “Significance” is a word that is often misused by researchers (Thompson & 

Snyder, 1998) and, only more recently, has had clear definitions. Three types of significance are 

of interest to current researchers: statistical significance, practical significance, and clinical 

significance. Authors such as Cohen (1994), Thompson (2002), and Kirk (1996) have made it 

their mission to educate the field on the differences between the types of significances and their 

proper uses. Additionally, they emphasized the need to address all types of significance as 

opposed to just one.  

Statistical significance is an estimation of the probability one’s results from a given 

sample are different from the actual sample in a given population (Cohen, 1994; Thompson, 

2002). Despite the first statistical significance testing appearing in the 1700s, the use of statistical 

significance testing as a deciding factor in null hypothesis statistical testing (NHST) gained 

traction with publication of Ronald Fisher’s books Statistical Methods for Research Workers and 

The Design of Experiments in 1925 and 1935, respectively (Thompson, 2002). Statistical 

significance is reported by a p-value, which signifies the probability the data is representative of 

the population (Rubin & Bellamy, 2012). This is compared to a predetermined alpha level, most 

commonly set by a researcher at .05 (Cohen, 1994; Rubin & Bellamy, 2012). If the p-value is 

smaller than the predetermined alpha level, the results are considered “statistically significant” 

(Thompson, 2002). Rejecting the null hypothesis based on statistical significance is historically 
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the most common procedure used in mental health intervention research to determine if an 

experimental treatment is effective. As a typical example of NHST using statistical significance, 

Rosenbaum, McMurry, and Campbell (1991) found statistical significance regarding the use of 

rational emotive education (REE) on children’s locus of control when compared to children who 

did not participate in REE. Researchers ran an analysis of covariance and found “a significant 

main effect for intervention”, p < .05, and then concluded that participation in REE was effective 

in improving a child’s internal locus of control.  

On the other hand, if the p-value of results from a given study is greater than the alpha 

level, the results are not statistically significant (Rubin & Bellamy, 2012). This alpha level 

determines the confidence the researcher has in accepting or rejecting the null hypothesis. For 

example, if a researcher, studying the effects of an intervention by comparing experimental and 

control groups, sets the alpha level of a given analysis at .05, results lower than .05 are 

interpreted as demonstrating there is 95% probability the difference between groups did not 

happen by “chance” (Rubin & Bellamy, 2012). The alpha level is determined before statistical 

analyses are run and results are interpreted dichotomously: either the results are statistically 

significant or they are not. Statistical tests can be categorized into two main areas: difference 

inferential statistics and associational inferential statistics. Difference inferential statistics are 

best described as those that “test for differences between groups” (Gliner, Morgan, & Leech, 

2017, p. 47). On the other hand, associational inferential statistics explore “relationships between 

variables” (Gliner, Morgan, & Leech, 2017, p. 47). 

Practical significance, on the other hand, is a concept that followed the popularity of 

statistical significance testing and was described by Daniel (1977) as “the scientific or practical 

importance of conditions that exist in populations” (p. 425). Practical significance is typically 
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associated with the use of effect sizes. Effect magnitude was popularized by Peters and 

VanVoorhis in 1940 as a way to “supplement” (Kirk, 1996, p. 748) NHST. As a typical example 

of using effect size for practical significance interpretation, Chemtob, Nakashima, and Carlson 

(2002) explored the possible benefits of eye movement desensitization and reprocessing 

(EMDR) treatment on children who had experienced a traumatic hurricane as compared to 

children who did not participate in EMDR. Researchers gave children experiencing post 

traumatic stress disorder (PTSD) three treatments of EMDR and found a large effect size of 

Cohen’s d= 1.07 on the total score of the Revised Children’s Manifest Anxiety Scale (RCMAS) 

between pretreatment and follow up. The effect size of 1.07 indicates that the children who 

participated in EMDR reduced anxiety by 1.07 standard deviations over children who did not 

receive EMDR. Unfortunately, the practical significance term is often misused. Many readers 

will encounter the word “practical relevance”, which is often more similar to clinical significance 

(Gliner, Morgan, Leech, 2017).  

Clinical significance is the “applied value… of the effect of an intervention; whether the 

intervention makes a real difference in everyday life of clients” (Kazdin, 1999, p. 332). In other 

words, clinical significance in intervention research is demonstrated if participants who 

participate in treatment are helped in some way that is clinically meaningful as compared to 

participants who do not participate in treatment. As previously mentioned, practical significance 

and clinical significance are often confused with one another. Thompson (2002) provided an 

example in which two groups of people are given different treatments and both groups have a 

similar mean decrease in test scores, resulting in a lack of statistical and practical significance. 

However, one group no longer requires hospitalization. This points towards clinical significance 

of a study. Fall (1999) reported clinical significance by providing a number of examples of how 
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a particular student improved after attending play therapy session: “one pre/post ratings by the 

classroom teacher, his self-efficacy score improved by 18 points, his classroom behaviors 

improved by 9 points on the Conners and by 6 points on the classroom observation, and his 

teacher described him as having an increase in confidence. He was also beginning to be more 

physical and interactive with his peers and was showing more emotional range” (Fall, 1999, 

para. 33). In addition to subjective methods for interpreting clinical significance, researchers 

have reported on multiple statistical approaches to finding clinically meaningful differences 

between experimental groups in intervention research (Atkins, Bedics, McGlinchy, & 

Beauchaine, 2005).  

Although all three types of significance are important, many researchers choose to focus 

on statistical significance. Even though statistical significance is an effective way to conclude an 

effect within a population, there exist inherent disadvantages associated with using it in isolation. 

A large drawback proposed by many researchers such as Cohen (1994) and Thompson (2002) is 

the fact that NHST is dependent on a large sample size (N) to find statistical significance. 

Unfortunately, obtaining a large sample size can be difficult in the counseling field due to 

practical reasons, particularly in child psychotherapy due to restrictions regarding experimental 

designs conducted with perceived vulnerable populations (LeBlanc & Ritchie, 2001). 

Additionally, studies that result in statistically significant differences do not necessarily provide 

evidence regarding if “results are important” (Thompson, 2002, p. 65). The purpose of NHST is 

“to determine if a difference exists; not to pass judgment on the importance of the difference” 

(Daniel, 1977, p. 425). Because of limitations in NHST, researchers are encouraged to also give 

attention to the other two areas of significance, particularly practical significance interpreted 

through effect sizes (Thompson, 2002).  
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Practical significance helps the common layperson understand the “so what” of research 

(Ellis, 2010, p. 3). Generally, researchers often define the definition of practical significance in 

the context of statistical significance. Ellis (2010) described the difference between practical and 

statistical significance as “the treatment seems to work” (i.e., practical significance) versus “the 

study results may be attributable to chance” (i.e., statistical significance; p. 5). Results can be 

statistically significant but lack practical significance. Grissom and Kim (2005) provided an 

example of statistical significance in studying the difference between boys and girls in their 

learning. They described the difference between boys and girls’ learning as statistically 

significant, but the difference in points is too small to completely alter the educational system 

(Grissom & Kim, 2005). Conversely, results indicating a drug that can increase the intelligence 

quotient (IQ) of patients with Alzheimer’s is not statistically significant; however, researchers 

found an average score increase of 13 points with the use of a specific medication. This suggests 

practical significance for the drug (Ellis, 2010; Kirk, 1996). Although researchers often discuss 

statistical significance and practical significance simultaneously, one cannot infer substance 

about practical significance from the results of a statistical test (Ellis, 2010). For example, 

Gallagher, Rabian, and McCloaskey (2004) found that children who participated in a cognitive-

behavioral group intervention reduced social phobia and anxiety statistically significantly over 

children who did not participate in the intervention as evidenced by completion of the Social 

Phobia and Anxiety Inventory for Children (SPAI-C). However, when calculating the Cohen’s d 

for this particular measure, one finds a negligible effect size of .09 indicating little to no practical 

significance of results.  

Sun, Pan, and Wang (2010) explained the commonality of this type of occurrence when 

they pointed out a statistically significant p-value does not necessarily point towards practical 
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significance. Because of the relationship between statistical variables, a large p-value may be due 

to a lack of statistical power (Sun et al., 2010). Rosenthal et al. (2000) further confirmed that 

statistically significant results may be unduly influenced by sample size with low sample sizes 

yielding lower probability of statistical significance. Ray, Stulmaker, Lee, and Silverman (2013) 

found an effect size of .49 when exploring the effects of child centered play therapy (CCPT) on 

children’s overall impairment indicating that children who received CCPT were reported to have 

improved one half of a standard deviation over children who did not participate. Although they 

were unable to find statistical significance at a .05 alpha level, their sample size of 37 may have 

contributed to this contradiction between the statistical and practical significance of the results. 

As previously mentioned, statistical tests can only provide a certain level of confidence that 

one’s group differs from the sample population. Statistical significance testing provides little 

information on the impact of this difference and is highly influenced by sample size. Effect sizes 

provide a more descriptive method of interpreting intervention impact while maintaining 

statistical credibility.  

Effect Sizes Definitions and Descriptions 

The rationale for use and importance of practical significance leads to the need for 

understanding the variations and interpretation of effect sizes. Effect sizes, statistical coefficients 

representing practical significance, are used to determine, report, and interpret practical 

significance (Grissom & Kim, 2005; Thompson, 2002). Effect sizes indicate if there was 

meaningful impact of a intervention (Morgan, Reichert, & Harrison, 2002). Effect sizes give 

practical significance and application as opposed to statistical significance (Sink, 2006). Effect 

sizes are well documented in the literature, appearing in statistical textbooks alongside a variety 

of concepts including statistical tests. Effect sizes were introduced over a century ago and to date 
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over 70 exist (Ellis, 2010; Huberty, 2002). Effect sizes are “an index of the magnitude and 

direction of treatment impact” (Weisz & Gray, 2008, p. 54) and represent a standardized 

interpretation of change associated with treatment (LeBlanc & Ritchie, 2001). In comparing 

effect sizes with NHST, Grissom and Kim (2005) put effect sizes in the context of a null 

hypothesis explaining that “effect size measures the degree to which such a null hypothesis is 

wrong” (p. 4). As previously mentioned, statistical significance is dichotomous and can only give 

an indication if a result is significant or not significant. However, practical significance is a 

continuous variable and can give more fluid representation of an effect.  

“Effect size” is a broad term and includes a variety of different types. Many effect sizes 

involve some sort of correlation, standardized difference between mean, degree of overlap of 

distributions, or other similar calculations (Grissom & Kim, 2005). Researchers have grouped 

effect sizes in different ways and developed a variety of names for categories. For example, 

Huberty (2002) identified four separate categories of effect sizes: relationship indices, group 

difference indices, group overlap indices, and multivariate indices. Although multiple categories 

of effect sizes exist, researchers generally group effect sizes into two main categories: the 

differences between groups and the strength of relationships (Ellis, 2010).  

The first category assesses the differences between groups (Ellis, 2010). This group has 

been called the d family (Ellis, 2010), standardized mean difference (Kline, 2004), and group 

differences indices (Huberty, 2002). This group includes many popular effect sizes including 

Cohen’s d, Glass’s d, or Glass’s ∆ (delta), Hedge’s g, and Cohen’s f (Huberty, 2002). This group 

is then further categorized into either dichotomous variables or continuous groups. (See Table 2 

for Measures of Group Differences –the d family.) The dichotomous variables help determine a 

difference between two probabilities or proportions, or the probability a group member will be in 
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one category or the other (Ellis, 2010). When comparing continuous groups, researchers are 

generally observing the group differences between average scores (Ellis, 2010). When 

calculating a member of the d family, one subtracts the mean of one group from the mean of the 

second group then divides by some form of standard deviation. For example, Cohen’s d uses 

SDpooled as opposed to Glass’s ∆ which uses the standard deviation of the control group (Ellis, 

2010). Hedge’s g on the other hand, uses SD
*

pooled is more appropriate for two groups of different 

sizes, as it pools weighted standard deviations (Ellis, 2010). (See Table A.1 for these common 

effect sizes and their equations.) 

Table 1 

Common Group Differences Equations 

Name 
Greek 

Notation 

Equation 

Cohen’s d d Cohen’s d = 
     

        
 

Glass’s delta or d Δ Glass’s ∆ = 
     

         
 

Hedges’ g g Cohen’s d = 
     

        
  

Ellis (2010) 
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Table 2 

Measures of Group Differences – the d family 

Name 
Greek 

Notation 

Year 

developed 
Definition 

Continuous 

Cohen’s d d 1962 

The difference between the uncorrected standardized 

means of two groups divided by the pooled standard 

deviation 

Glass’s delta or d Δ 1976 

The difference between the uncorrected standardized 

means of two groups divided by the control group’s 

standard deviation 

Hedges’ g g 1981 

The difference between the corrected standardized 

means of two groups divided by the pooled standard 

deviation 

Probability of superiority PS 1994 

The probability a member of one population will 

have a score higher than a member of a second 

population 

Dichotomous 

The risk difference in 

probabilities 
RD  

The difference between the likelihood of a particular 

event happening in two groups 

The risk or rate ratio or 

relative risk 
RR  

A comparison between the probability of an event 

happening in one treatment group and the probability 

of the same event happening in the second group 

The odds ratio OR  

A comparison between the odds of an event 

happening in one treatment group and the odds of the 

same event happening in the second group 

Ellis (2010); Grissom & Kim (2005); Huberty (2002) 

The second category measures the strength of relationships (Ellis, 2010). This group has 

been called the r family (Ellis, 2010), strength of association (Kline, 2004), and relationship 

indices (Huberty, 2002). This group is characterized by an association of two or more variables 

and include eta squared (ƞ
2
), Cohen’s f, Pearson r, Spearman’s rho, and Cramer’s V (Ellis, 2010; 

Huberty, 2002). Although often presented as the second “family”, the relationship indices 

appeared nearly 60 years before the group differences indices with the introduction of Yule’s Q 

(Huberty, 2002). In addition to being identified as the first type of effect size, this family 

contains almost double the number of effect sizes in comparison to the d family (Ellis, 2010; 

Huberty, 2002). The most common calculations in this family are some form of the correlation 

coefficient (r) (Ellis, 2010). Kirk (1996) found those effect sizes in the r-family such as variance-
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accounted-for, R
2
, r, and R, in that order, are most commonly found when reviewing the 

literature. However, authors have been quick to point out this could very likely be due to the fact 

that most computer methods automatically provide this effect size when studies employ 

regressions and correlation procedures (Bangert & Baumberger, 2005; Kirk, 1996). Additionally, 

writers will report these bivariate and multiple correlation coefficients (r) often without realizing 

these themselves are effect sizes (Keiffer, Reese, & Thompson, 2001). In fact, this “reporting” is 

so common, in a review of statistical techniques used in identified journals, Keiffer et al. (2001) 

were careful to point out this occurrence and called them “incidental reports” (p. 304) of effect 

sizes. Kirk (1996) found that after the r’s (r, r
2
, R, R

2
), the next most commonly used effect sizes 

are ƞ
2
 and Cohen’s d. In a review of the publishing trends of the Journal of Counseling & 

Development, Bangert and Baumberger (2005) found Cohen’s d and ƞ
2
 were reported in 19% of 

the articles “that used tests of significance to compare group means” (p. 483) while 81% of those 

articles reported R
2
. 

Table 3 

Measures of Association – the r family 

Name 
Greek 

Notation 

Year 

developed 
Definition 

Correlation Indexes 

The Pearson product moment 

correlation coefficient 
r 1910 

The strength of a relationship between two variables on 

either the interval or ratio scale 

Spearman’s rho or the rank 

correlation coefficient 
ρ (or rs)  

The strength of a relationship between two variables on 

either the ordinal or ranked scale 

Kendall’s tau τ  
The strength of a relationship between two variables on 

either the ordinal or ranked scale – an alternative to ρ 

The point-biserial correlation rpb  
The strength of a relationship if the independent variable 

is dichotomous and the dependent variable is continuous 

Yule Q 1900 
The strength of a relationship between two dichotomous 

variables 

The phi coefficient (Pearson 

coefficient of mean square 

contingency) 

φ  
The strength of a relationship between two dichotomous 

variables – a variation of Q 

Pearson’s contingency 

coefficient 
C 1946 

The strength of a relationship between two dichotomous 

variables – a variation of φ 

Cramér’s V V  
The strength of a relationship between two dichotomous 

variables on a larger scale than C – a variation of φ 



 
 

51 
 

Goodman and Kruskal’s 

lambda 
λ  

The strength of a relationship if both the independent and 

dependent variables are on the nominal or categorical 

scale 

Proportion of Variance Indexes 

The coefficient of 

determination 
r

2 
 

The square of the correlation of the independent and 

dependent variables - used in the context of a bivariate 

regression analysis 

R squared, or the 

(uncorrected) coefficient of 

multiple determination 

R
2
  

When a variable is dependent on a set of predictor 

variables - used in the context of a multiple regression 

analysis 

Adjusted R squared, or the 

coefficient of multiple 

determination adjusted for 

sample size and the number 

of predictor values 

adjR
2
  

When one adjusts for the sampling error (sample size and 

the number of predictor variables) when computing R
2
 

Cohen’s f f  

Measures the distribution of means in three or more 

groups  by dividing common population standard 

deviation from the standard deviation of the population 

means from the sample - used in an ANOVA 

Cohen’s f squared f
2 

1977 

Measures the impact of adding an additional predictor - 

used in multiple regression analysis and hierarchical 

regression analysis 

Eta squared or the 

(uncorrected) correlation ratio 
ƞ

2 
1940 

Measures the total amount of variance in the population 

that is accounted for by the variation in the independent 

variable - used in an ANOVA 

Partial eta squared ƞ
p
   

Takes into account the error present in the sum of squares 

- used in more complex ANOVAs 

Epsilon squared ε
2
 1935 An alternative to ɳ

2
 meant to correct estimation bias 

Omega squared ω
2
 1963 An alternative to ɳ

2
 meant to correct estimation bias 

The squared canonical 

correlation coefficient 
R

2
C  Used in canonical correlation analysis 

Ellis (2010); Huberty (2002); Levine & Hullett (2002) 

As previously mentioned, although most effect sizes fit neatly into the two previously 

defined groups, researchers have delineated additional categories for effect sizes that are 

subgroups within these two identified groups. Vacha-Haase and Thompson (2004) added a third 

category: corrected effect sizes. These effect sizes are characterized by an adjustment needed due 

to the tendency for an effect size of a sample to be an overestimation of an effect in the actual 

population. Adjusted R
2
 and omega squared would be a part of this category. However, Ellis 

(2010) puts both of these in the measures of association. Huberty (2002) added two categories: 

group overlap indices (univariate) and multivariable indices (multivariate). Group overlap 

indices are less commonly used and include indices which take the overlap between the two 

normal distributions of the groups into consideration before determining the difference between 
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means (Huberty, 2002). Kraemer and Andrew’s D and Huberty and Lowman’s I (which is used 

within the context of predictive discriminant analysis) are examples of these (Huberty, 2002). 

Multivariable indices include effect sizes used in multivariate analyses. Often when discussing 

effect sizes, one may assume they only pertain to univariate studies (studies with only one 

dependent variable). However, Huberty (2002) ascertains the use of effect sizes can be 

appropriate across many contexts including multivariate (two or more dependent variables), 

multiple regressions, and multiple correlations. The multivariable indices group takes the 

common univariate effect sizes and adjusts them to be appropriate for multivariate use. Examples 

of these would be τ
2
 and η

2
PB (Grissom & Kim, 2005).  

Eta-squared (η
2
) is a popular effect size within the r family (Ellis, 2010) meant to 

“indicate the proportion of total variance accounted for by any of the treatment effects” (Fern & 

Monroe, 1996, p. 91). It is often used within the context of an analysis of variance (ANOVA) 

and analysis of covariance (ANCOVA). Partial ƞ
2
, on the other hand, is an unstandardized effect 

size often used when running a multivariate analysis of variance (MANOVA; Ellis, 2010), and is 

the “sum of squared of the effect plus error” (Hu, 2010, p. 409). Partial ƞ
2 

is often difficult to 

interpret because it does not sum to one and represents a less conservative estimate of effect than 

η
2
 (Levine & Hullett, 2002). Additionally, it is often interpreted incorrectly, as many researchers 

assume the SPSS output is η
2
 when, in fact, it is actually partial η

2
 (Levine & Hullett, 2002). 

Interestingly, the scope of effect sizes has expanded into the qualitative research world. 

Qualitative research is characterized by a focus on the world of the participant within a natural 

environment (Heppner & Heppner, 2004). Researchers collect information from a variety of 

places including case studies, interviews, observation, and so forth. Using various analytic 

techniques, researchers obtain a sensed experience of the subject matter. In the early 2000s, 



 
 

53 
 

Onwuegbuzi & Teddlie (2003) developed effect sizes in qualitative research including manifest 

effect size, adjusted effect size, and latent effect size. These effect sizes are determined by 

percentages and frequencies. This was done in an attempt to further legitimize qualitative 

research (Onwuegbuzi & Teddlie, 2003).  

In addition to expanding the use of effect sizes to multivariate procedures and qualitative 

studies, variations of individual effect sizes have surfaced (Huberty, 2002). This is a common 

occurrence of many of the various effect sizes. Researchers have reflected upon and improved on 

these concepts resulting in a long and complicated history (Huberty, 2002). Unfortunately, 

despite this long history of effect sizes, their use in recent literature has been sporadic at best 

(Thompson, 2002). Additionally, there appears to be an overreliance on null hypothesis 

statistical testing (NHST), a concept that, despite problems of its own, is heavily used and 

blindly trusted among researchers (Cohen, 1994; Thompson, 2002). 

History of Effect Sizes 

Over half a century ago, Cohen (Rosnow & Rosenthal, 1996) noticed a flaw in the design 

of Type II errors and the high possibility of failing to reject a false null hypothesis. As a response 

to this flaw, he developed a way to determine statistical power within a study. The power of a 

statistical test, as defined by Cohen (1988) is “the probability that it will lead to the rejection of 

the null hypothesis” (p. 4). The larger the power, the higher chance a researcher has of finding 

that particular phenomenon within the sample of the population. Determining the power of a 

statistical test involves a careful calculation of effect size, alpha level, and sample number 

(Cohen, 1990, 1992).  

Although determining a study’s power is one of the main uses of effect sizes, finding 

practical significance is another function of effect sizes. Cohen (1988) described practical 
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significance as the “degree to which the phenomenon exists” (p. 4). Researchers, however, were 

still unclear of what constituted a “significant” effect size. In the pursuit of determining what 

constitutes a meaningful effect size, Cohen introduced Cohen’s d as a way to compare the 

difference between two group means (Cohen, 1990; Huberty, 1962). Cohen revealed an 

important step in the use of effect sizes: determining benchmarks for what constitutes a “small” 

or “large” (p. 12) effect size (Cohen, 1988). At the time, these guidelines were a new concept 

within the field of effect sizes (Kirk, 1996). Cohen (1988) described a small effect size (.2) as the 

height differences between 15-year-old girls and 16-year-old girls: an observer would not be able 

to see these differences as easily if one were to be standing in the room with them. He also used 

the example of the small effect size between men and women’s scores on the Information and 

Picture Completion Subtests of the Wechsler Adult Intelligence Scale. Cohen (1992b) was 

careful to point out that although something has a “small” effect size, this does not make it 

“trivial” (p. 99). For example, in the height differences and subscale scores illustrations, even 

though the effect size is small, there is still a difference between these groups that cannot go 

unnoticed. Chemtob, Nakashima, and Carlson (2002) found a small effect size of .36 when 

exploring the impact of Eye Movement Desensitization and Reprocessing (EMDR) therapy on 

children’s scores on the Children’s Reaction Inventory (CRI).  A medium effect size (.5) is easier 

to detect with the naked eye (Cohen, 1988). Cohen (1992) described a medium effect size as one 

that “approximates the average size of the observed effects in various fields” (p. 156). Kirk 

(1996) reiterated this by pointing out several surveys which discovered the medium effect size 

leans towards this trend. Cohen (1988) provided an example from a 1949 vocational fitness book 

which described the average differences in intelligence quotient (IQ) scores between those with 

administrative type jobs and semiskilled workers. Flahive and Ray (2007) found a medium effect 
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size of .55 when exploring the impact of group sandtray therapy on children’s Behavior 

Assessment System for Children-Parent Rating Scale (BASC-PRS) scores. Last, Cohen’s (1988) 

definition of a large effect size (.8) is described as the distinctive difference between the mean 

heights of 13-year-old girls and 18-year-old girls: an obvious observed difference. Klingberg et 

al. (2005) found a large effect size of 1.02 when exploring the impact of computer working 

memory tasks on children’s Span Board Working Memory scores. However, Cohen himself 

admitted these numbers were generally arbitrary, but he considered them reasonable (Cohen, 

1988). For example, if an effect is unable to be perceived by the “naked eye”, it would be 

unreasonable to consider it a “large” effect size. Cohen further interpreted other metrics of effect 

size such as r and η
2 

into the same small, medium, and large categories.  

Effect Size Reporting 

Despite the development of Cohen’s d and decades of criticizing NHST, researchers have 

continued the use of alpha level of .05 (Cohen, 1994). In his 1994 publication “The Earth Is 

Round (p < .05)”, Cohen (1994) again urged the research community to “report effect sizes in the 

form of confidence intervals” (p. 1002). Other notable authors such as Thompson (1993) and 

Rosenthal (Rosnow & Rosenthal, 1996) joined the campaign, noting the importance of shifting 

concentration from NHST to effect sizes. At the time, the APA manual “encouraged” (p. 18) 

researchers to report effect sizes, which provided researchers the opportunity to opt out and not 

report effect sizes (APA, 1994; Thompson, 1998).  In response to this pressure, the American 

Psychological Association (APA) created a task force of experts in the field of statistics to 

discuss the issues surrounding significance testing (Wilkinson, 1999). Beginning in the late 

1990s, the group met twice within the span of two years, with occasional correspondences 

between meetings. After the first meeting, they determined a change needed to be made to the 
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statistical section of the American Psychological Association Publication Manual and they 

disseminated an initial report regarding the task force’s goals. An additional report was released 

after the second meeting entitled Statistical Methods in Psychology Journals which was 

published in American Psychologist (Wilkinson & The APA Task Force on Statistical Inference, 

1999). In this second report, the task force outlined recommended language for the new manual 

in italics with a subsequent explanation. When discussing hypothesis tests and effect sizes, the 

task force stated “always provide some effect size estimate when reporting a p-value… Always 

present effect sizes for primary outcomes” (Wilkinson & The APA Task Force on Statistical 

Inference, 1999, p. 599). The use of the word “always” is very telling and an indication of the 

need to report effect sizes (Vacha-Haase, Nilsson, Reetz, Lance, Thompson, 2000).  

The task force stressed the importance of effect sizes for various reasons. First, it allows 

readers to “evaluate the stability of results across samples, designs, and analyses” (Wilkinson & 

The APA Task Force on Statistical Inference, 1999, p. 599). Second, it “informs power analyses 

and meta-analyses needed in future research” (Wilkinson & The APA Task Force on Statistical 

Inference, 1999, p. 599). The APA decided, in the sixth edition of the publication manual, to 

repeat almost verbatim the recommendation from the 5
th

 edition which stated “For the reader to 

appreciate the magnitude or importance of a study’s findings, it is almost always necessary to 

include some measure of effect size in the Results section” (APA, 2010, p. 34) It goes on to 

suggest reporting both the “original units but also in some standardized or units-free unit or a 

standardized regression weight” (APA, 2010, p. 34). Unfortunately, despite the continual 

pressure from those in the field, the manual used a phrase allowing for “wiggle room” and 

ignored the task force’s use of the word “always” (Thompson, 1998, 2002). Fortunately, despite 

the past “suggestions” by the APA manual and current language “almost always”, governing 
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boards on their own have started to insist on both the reporting and interpretation of effect sizes 

including individual journals (ACA, 2012; APA, 2010; Ellis, 2010). Huberty (2002) stated as of 

2002, 19 journals have started requiring researchers to report effect sizes. 

 As the APA embraced and formalized the use of effect size reporting, the counseling 

field followed suit. In response to the changes in the 1994 version of the APA manual, 

Thompson and Snyder (1998) conducted a review of 25 quantitative studies in the 1996 issues of 

the Journal of Counseling in Development (JCD) by the American Counseling Association 

(ACA). They determined only 2 of the 25 articles reported and interpreted an effect size. 

Additionally, many articles stated results as “significant” as opposed to “statistically significant”, 

often ignoring practical significance all together. Although troubling, Thompson and Snyder 

(1998) admitted the manuscripts were written shortly after APA released the 1994 version of the 

publication manual and written long before the APA Task Force met. They suggested the JCD 

editorial board require authors to provide an effect size when reporting statistical significance 

(Thompson & Snyder, 1998). After a review of 256 JCD articles published between the years 

1990 and 2001, Bangert and Baumberger (2005) noted less than half of the articles reported an 

effect size. Bangert and Baumberger (2005) also stated within the year 2001, only 7 out of the 12 

quantitative articles published had any mention of an effect size. Readers will notice this would 

have been well after the change to the APA manual in 1994 and the creation of the APA task 

force. The Journal of Counseling and Development released a Guidelines for Authors in 2012 

which requested researchers report effect sizes according to the APA publication manual 

(American Counseling Association, 2012). In a more recent review of the JCD literature, Wester, 

Borders, Boul, & Horton (2013) reviewed 38 articles from 2009 and 2010. The authors found 

45% of authors failed to provide an effect size: about 13% less found by Bangert and 
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Baumberger (2005) eight years earlier. Although the number of studies reporting effect sizes is 

increasing, authors of both articles stressed the importance of continue to review the quality of 

counselor research. 

 Effect size reporting and evidence-based research. Effect sizes are an important element 

to the concept of evidence-based practice. Rubin and Bellamy (2012) defined evidence-based 

practice as “a process for making practice decisions in which practitioners integrate the best 

research evidence available with their practice expertise and with client attributes, values, 

preferences, and circumstances” (p. 7) When doing this, part of the clinician’s method is to 

evaluate evidence from research to guide them during clinical decisions (Rubin & Bellamy, 

2012). Logically, practitioners should value those practices which rate high in both evidence-

based practices and practical relevance to their work (Gliner et al., 2017). When attempting to 

determine which intervention to use, clinicians must turn to both statistical and practical 

significance (Thompson, 2002). Rubin and Bellamy (2012) developed a table to illustrate the 

hierarchy of studies in regard to their evidence-based practices and at the top is meta-analyses.  

Categorized as Level 1 in this hierarchy, Rubin and Bellamy (2012) defined the concept 

of meta-analysis as “statistically orientated type of review… aggregate the statistical findings of 

different studies that assess the statistical significance of the aggregated results” (p. 62). Glass 

coined the term meta-analyses, defining it as “the analysis of analyses” (Glass, 1976, p. 3; Lin, 

2011). He went on to describe it as a gathering a large amount of results from studies then 

analyzing them to summarize their results (Glass, 1976). Before meta-analyses, researchers 

previously used “voting method” (p. 752) to determine the effectiveness of psychotherapy. In 

these kinds of reviews, researchers counted the number of studies with statistically significant 

results (Smith & Glass, 1977). Smith and Glass (1977) criticized this technique, claiming it was 
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“too weak” (p. 752) and, as previously mentioned. A large problem with statistical significance 

testing, was “biased in favor of large-sample studies” (p. 752). As a response to the many flaws 

previously used by researchers, Glass (1981) developed a meta-analytic technique, similar to the 

technique researchers use today. Since then, researchers have committed to refining the methods 

and procedures (Schulze, 2004). Today, researchers perform meta-analyses in one of two ways. 

The first involves complicated totaling of a statistical significance of the studies. The second 

involves a calculation of effect sizes (Rubin & Bellamy, 2012). 

Researchers agree a key purpose of reporting effect sizes is to aid in meta-analytic 

studies. Due to the ability to transform various effect sizes into any one common effect size, 

effect sizes allow for the findings of studies to be easily compared (Kazdin, 1990; Morgan, 

Reichert, & Harrison, 2002; Sink, 2006; Sun et al., 2010). In a meta-analysis, the effect size acts 

as the dependent variable, while the “characteristics of the investigation” (p. 26) such as gender, 

type of counseling, and length of treatment, act as the independent variables (Kazdin, 1988). 

Kazdin (1990) stated “[computing an effect size] provides a common metric across a variety of 

investigations” (p. 26). This ease of comparison leads to better quality meta-analyses 

(Thompson, 2002). Sun et al. (2010) brought attention to the importance of effect sizes to the 

larger good. Not reporting effect sizes not only detracts from the study at hand, but also the field 

as a whole by not allowing future researchers to compare interventions within a field through 

meta-analyses (Sun et al., 2010). Addition, reporting effect sizes allows future researchers to 

determine appropriate benchmarks for comparisons and to know what to expect from their 

outcomes (Thompson, 2002). Lastly, it eases the burden when determining how one’s results 

compare in the framework of existing research (Thompson, 2002). 
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Effect size reporting and power. Another important reason to report effect sizes is to 

assist in determining the necessary sample size of a study or power (Grissom & Kim, 2005; 

Morgan et al., 2002). The “power of a statistical test is defined as the probability that use of the 

test will lead to rejection of a false H0” (Grissom & Kim. 2005, p. 7). Power, effect size, alpha 

level, and sample number all form a symbiotic relationship in which one can be determined 

based on the other three (Heppner & Heppner, 2004). As one changes, so does the other 

(Grissom & Kim, 2005). 

Effect size reporting and practical significance. The last important use of effect sizes is 

they provide researchers information regarding the findings of their research and if these findings 

are “trivial” or “substantive” (Morgan et al., 2002, p. 15) which in turn provides meaningful 

application of results (Sink, 2006). Thompson (2002) pointed out a major limitation of statistical 

significance: it is unable to tell us how important results are. As previously mentioned, a piece of 

research can be statistically significant and trivial or, conversely, statistically non significant but 

meaningful (Ellis, 2010). The impact, or practical significance, of results can be attained without 

statistical significance and vice versa. This can lead to errors in interpretation. Ellis (2010) 

described the two groups impacted by social science research: researchers and “non-specialists” 

(p. 4). Researchers tend to rely more heavily on NHST (Thompson, 2002). Non-specialists, or 

practitioners, such as counselors, social workers, teachers, and other such members of society, 

are directly impacted by the results of research. This populace relies on a more practical 

application of research as opposed to statistical significance. Fortunately for practitioners, where 

statistical significance fails, practical significance fills in the gaps. As previously mentioned, 

effect sizes are an integral part of practical significance. It is important for this reason 

specifically for effect sizes to be reported properly so “non-specialists” can understand and use 
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the information. Glass (1976) made an observation “before what has been found can be used, 

before it can persuade skeptics, influence policy, affect practice, it must be known. Someone 

must organize it, integrate it, extract the message” (p. 4). Clinicians must be able to know the 

message before it can be used. This means not only must effect sizes be reported, they must also 

be correctly interpreted. Unfortunately, more often than not, even if researchers do go to the 

trouble of reporting effect sizes and confidence intervals, they often neglect to interpret them for 

the reader (Ellis, 2010).  

How to report effect sizes. Ellis (2010) offered three important lessons when reporting 

effect sizes. First, he insisted researchers state which effect size index they used. Second, Ellis 

(2010) asked researchers to use confidence intervals so readers understand how accurate the 

effect size is. Lastly, he urged researchers to report effect sizes in language the average person 

can understand (Ellis, 2010). As previously mentioned, non-specialists are one of the two groups 

reading and applying research in the field. It is imperative these non-researchers understand the 

interpretations of results so they are able to apply the results to their work. Morgan et al. (2002) 

provided two different ways to clearly and properly report the appropriate effect size. First, 

researchers can include the syntax immediately following the reported p value. An example 

being “Results indicated a non-significant relationship, F (1, 95) = 56.31, p < .05, d = .84, 

indicating the null hypothesis is false.” Second, they suggested researchers write a brief 

descriptive statement, again following the significance test. An example of this would be 

“Results indicate a large effect size between group therapy and child aggression (Cohen’s d = 

.84).” Morgan et al. (2002) also stressed the importance of using the correct Greek letter 

associated with the effect size when reporting one’s data. When writers published the book in 

2002, Greek letters may have been hard to come by, however, today’s researchers use more 
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sophisticated software and will generally not struggle to find Greek letters in most word 

processing programs. 

Cohen (1994) recommended “routinely reporting effect sizes in the form of confidence 

intervals” (p. 1001). Confidence intervals, like effect sizes, are rarely reported (Cohen, 1994; 

Thompson, 1994). Confidence intervals are a range, or interval, of parameters which estimate an 

occurrence in a population (Zientek, Ozel, Ozel, & Allen, 2012). They expose the variability of 

statistics within sampling error (Zientek et al., 2012). Confidence intervals of effect sizes provide 

information regarding the significance of an effect (Cohen, 1990). Zientek et al. (2012) pointed 

out this is more accurate than estimating an occurrence in a population from a single number, or 

point, such as with NHST. Although the common confidence interval sits at 95%, Cohen (1990) 

argued researchers should be “tolerant” of 80% confidence intervals. Although confidence 

intervals are fairly easy to calculate for statistics, they are much more difficult to find within the 

context of effect sizes and, thus, require the use of computer software to compute (Thompson, 

2007). In fact, standard statistical software often does not include confidence intervals for effect 

sizes and researchers often must use “special programming” (Zientek et al, 2012, p. 279). 

Effect Size Interpretation 

 Reporting is only half the battle when it comes to using effect sizes. Researchers must 

accurately interpret them as well. To guide researchers in the pursuit of interpretation, Ellis 

(2010) provided the 3 Cs of interpretation: context, contribution, and Cohen. The first, context, 

refers to the need to view effect sizes through the lens of the surrounding climate. Ellis pointed 

out even the smallest of effect sizes can make large waves. Second, Ellis described the need to 

evaluate results by their contribution to the field. Last, he believed using Cohen’s benchmarks as 

a general guide to interpreting effect sizes. However, like Thompson, Ellis admitted to the 
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limitations of these set guidelines and purposefully listed this as the last “C” of interpretation. 

This concern is evident in the constant use of the classic empirical benchmarks proposed by 

Cohen (1988) when interpreting Cohen’s d. As previously mentioned, Cohen (1988) described a 

small effect size (.2), a medium effect size (.5), and a large effect size (.8). Cohen (1988) was 

very intentional in saying these are guidelines as opposed to fixed benchmarks. Unfortunately, 

researchers use .2, .5, and .8 as set rules. Thompson (2002) ascertained this is a foolish act and 

relates this adherence to the determination of statistical significance of a p less than .05, which is 

also a flawed measure considering one’s data is significant at .05 but not .051. Kirk (1996) said 

“If the p value is equal to or less than, say, .05, we conclude that we have obtained a result for 

which chance or sampling variability is an unlikely explanation, and we reject the null 

hypothesis. Notice that the emphasis is on rejecting the null hypothesis and the size of the p 

value. The emphasis should be on the data and whether the data support the scientific 

hypothesis” (p. 748). Similarly, over-reliance on the .2, .5, and .8 for small, medium, and large 

respectively has led Thompson to believe researchers are now being “stupid in a new metric” 

(Thompson, 2002, p. 68). 

Hill, Bloom, Black, and Lipsey (2008) successfully combated this overreliance on the 

standard small, medium, and large by finding their own empirical benchmarks within the field of 

education by taking results from existing studies. To accomplish this, researchers first 

determined the appropriate parameters of the studies they decided to include such as ruling out 

any studies within special education or which included students with severe mental health issues. 

They only included studies in which the control group experiences “treatment as usual” as 

opposed to a comparison group (Hill et al., 2008). Researcher compiled the total number of 

effect sizes and determined a mean effect size (.20 to .30) for separate grade levels (i.e. 
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elementary, middle, and high school). Hill et al. (2008) pointed out that the intent of this research 

was to show what was “attainable” as opposed to “desirable” (p. 176). In other words, if one 

were to compare a .25 effect size from a study within this field with the existing benchmarks set 

by Cohen in 1988, one would determine a study to be a “small” effect. However, when compared 

with the results Hill et al. (2008) found, one could determine that within this specific field, .25 is 

actually more of a medium effect size. These results suggest a need for this to be completed in all 

fields so researchers can accurately interpret effect sizes within their specific field. 

Unfortunately, within the field of child counseling intervention research, this has yet to be done. 

Child Counseling Intervention Research and Meta-Analyses 

 As historical reference, Kazdin (1990) reported that 230 counseling treatments and 

techniques for children and adolescents existed. Although at first glance this number appears 

high, Kazdin (1990) was careful to point out that, when compared to adult psychotherapy, child 

counseling has been poorly documented and tracked over time. This lack of research in the area 

of child counseling has improved somewhat. As of now, multiple journals exist, specifically 

targeting research for child counseling such as the International Journal of Play Therapy by the 

Association for Play Therapy and the Journal of Child and Adolescent Counseling by the 

Association for Child and Adolescent Counseling. However, within journals that do not 

specifically focus on children, child studies continue to be sparse. In a 2011 review by Erford, 

Miller, Schein, McDonald, Ludwig, and Leishear (2011), adolescent research studies and child 

research studies accounted for 13.3% and 1.9% respectively in the JCD articles between 1994 

and 2009. Crockett, Byrd, and Erford (2012) found only 7.3% of the studies in the Journal of 

Mental Health Counseling focused on children and adolescents combined. 
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 The first general psychotherapy meta-analysis appeared in 1977 and many have followed 

since (Kazdin, 1990). Child counseling studies were included in this original study by Smith and 

Glass; however, they were not distinguished in any way from the adult counseling studies (Casey 

& Berman, 1985). As previously stated, Kazdin noted meta-analyses for child counseling 

research are pale in comparison to the adult meta-analyses (Kazdin, 1990). Within the 

aforementioned 230 treatments, few had been studied for efficacy in controlled outcome studies. 

Two small scale reviews by Levitt existed before the landmark Casey and Berman (1985) meta-

analysis. Both of these reviews showed little to no improvement for child in psychotherapy. 

However, Levitt received sharp criticism for his approach for both of his studies including his 

use of participants up to the age of 21 and several issues with control (Kazdin, 1990). 

Little happened within the scope of reviewing child psychotherapy studies as a whole 

within the next few decades. In fact, as of Kazdin’s 1988 book, researchers had only conducted 

two major meta-analyses exclusively in the field of child counseling: Casey & Berman (1985) 

and Weisz, Weiss, Alicke, & Klotz (1990). More than twenty years after Levitt’s second attempt 

to review child psychotherapy, Casey and Berman (1985) examined 75 studies of psychotherapy 

with children below the age of 13. Reviewing studies between 1952 and 1983, Casey and 

Berman (1985) calculated an effect size for each study. (For those studies that did not report the 

necessary information needed, researchers used other statistics reported to estimate an effect 

size.) Casey and Berman (1985) separated the studies into play and nonplay categories and found 

similar effect sizes for both, .65 and .69 respectively. They also discovered a large overall effect 

size (.71) suggesting psychotherapy is more effective than no treatment at all (Casey & Berman, 

1985).  
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Two years later, Weisz et al. (1987) conducted the second large scale review, this time 

choosing to include adolescents in their meta-analysis of the effectiveness of therapy with 

children ages 4 to 18. Researchers chose to include adolescents due to the perception that most 

clinicians who counsel children also counsel adolescents and vice versa. Due to this inclusion, 

researchers explored the main effects of age group (4-12 and 13-18) in addition to three other 

main effects: therapy type (behavioral versus nonbehavioral), problem area 

(overcontrolled/internalizing versus undercontrolled/externalizing), and the level of training the 

therapist had. By calculating effect sizes, Weisz et al. (1987) found similar results to Casey and 

Berman’s (1985) including an overall effect size of .79: children between the ages of 4 and 18 

who participated in counseling performed .79 standard deviation over those who had not 

received counseling. 

Kazdin, Bass, Ayers, and Rodgers (1990) reviewed the characteristics of 223 child and 

adolescent psychotherapy studies published between 1970 and 1988. Although they found 

positive results, researchers failed to calculate an overall effect size. They did, however, 

calculate mean effect sizes for treatment versus no-treatment, treatment versus active control, 

and treatment versus treatments (.88, .77, and .59, respectively) (Kazdin, Bass, Ayers, & 

Rodgers, 1990). In order to conduct comparisons, Weisz and Jensen (2001) estimated the overall 

effect size as .84 for Kazdin et al.’s meta-analysis.  

Five years later, Weisz et al. (1995) published a follow-up meta-analysis almost a decade 

after than their original review. In addition to using the unweighted least squares (ULS) general 

linear model method, researchers used the weighted least squares linear model to achieve the 

homogeneity assumption, an issue that comes about when studies in a meta-analysis have 

different sample sizes (Weisz et al., 1995). After reviewing 150 studies, researchers found an 
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overall weighted least squares effect size of d=.54 and an overall unweighted least squared effect 

size of d= .76 (Weisz et al., 1995). 

The above mentioned meta-analyses conducted before 2001 neglected to include multiple studies 

from common child therapies. Specifically, studies of play therapy, a common child counseling 

modality was underrepresented or excluded from historical meta-analyses.  Although Casey and 

Berman (1985) explored play therapy by separating a small number of play therapy studies from 

nonplay therapies in an attempt to compare the two, LeBlanc and Ritchie (2001) were the first to 

focus on play therapy alone. This lack of representation in the literature is surprising considering 

the long history of play therapy beginning in the early 20
th

 century (Landreth, 2012; Lin & 

Bratton, 2015) and it’s “widespread acceptance in the field of child counseling” (LeBlanc & 

Ritchie, 2001, p.150). Play therapy is defined as “the systemic use of a theoretical model to 

establish an interpersonal process wherein trained play therapists use the therapeutic powers of 

play to help clients prevent resolve psychosocial difficulties and achieve optimal growth and 

development” (APT, 2016). LeBlanc and Ritchie (2001) sought to compare the effectiveness of 

play therapy when treating children with emotional difficulties. They additionally researched 

various factors that may attributed to its effectiveness such as the modality of the treatment (such 

as behavioral, client-centered, filial), duration of treatment, and presenting problems. They chose 

42 studies of children from ages 0 to 12 and included the key phrases “play therapy”, “filial 

therapy”, “child relationship enhancement therapy”, “parent-child interaction therapy”, and 

“theraplay.” Using hierarchical linear modelling (HLM) application to meta-analysis, researchers 

found play therapy was effective in reducing children’s emotional and behavioral problems. See 

Table 4 for comparison of effect sizes.) 
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Table 4 

Meta-Analyses on the Effects of Child Counseling 

Study N 

No. of 

Effect 

Sizes 

ES Formula 
Treatment 

Model 
Age range; Mean 

Average 

Effect 

Size 

Casey & Berman (1985)p 75 64 m1 - m2/spooled 
Behavioral and 

nonbehavioral 
3-15; 8.9 .71 

Weisz, Weiss, Alicke, & Klotz 

(1987)p 108 163 
mposttreament- mcontrolgroup/ 

scontrolgroup 

Predominately 

behavioral 
4-18; 10.23 .79 

Kazdin, Bass, Ayers, & 

Rodgers (1990)p 223  m1 - m2/spooled 
Predominately 

behavioral 
Majority 6-11; 10.2 .84* 

Weisz, Weiss, Han, Grander, & 

Morton (1995)p 150 150 
mposttreament- mcontrolgroup/ 

scontrolgroup 

Predominately 

behavioral 
1.5-17.6; 10.5 

.54 

(WLS) 

LeBlanc & Ritchie (2001)u 42 166 m1 - m2/spooled 

Predominately 

nondirective 

play therapy 

0-12; 7.81 .66 

Bratton, Ray, Rhine, & Jones 

(2005)u 93 93 me – (mc/sp) Play therapy ;7 .80 

Lin & Bratton (2015)u 52 239 (Δe – Δc)/Sppre 
Child-centered 

play therapy 
;6.7 .47 

Ray, Armstrong, Balkin, & 

Jayne (2015)u 23  m1 - m2/spooled 
Child-centered 

play therapy 
4-13 .21-.38 

*Weisz et al. estimate of Kazdin. 
1
Lin & Bratton (2015) 

p
 indicates the use of published studies only; 

u
 indicated the use of published and unpublished studies 

 

Independent of LeBlanc and Ritchie’s (2001) meta-analysis, Bratton et al. (2005) 

conducted an expansive meta-analysis to explore the effectiveness of play therapy. Their 

exhaustive review of the play therapy literature included 93 studies, 50 more than the previous 

play therapy meta-analysis. Researchers were able to show an overall effect size of .80 (large) 

for play therapy. This is comparable to other child counseling meta-analyses, which ranged from 

an overall effect size of medium (.66) to large (.84) (LeBlanc & Ritchie, 2001; Kazdin, 1990). 

Following the chronological line of comprehensive child counseling reviews, Weisz, 

Jensen-Doss, & Hawley (2006) sought to compare studies in which evidence-based treatments 

(EBTs) were compared to “usual care” often provided to children and adolescents in clinical 

settings. This is in contrast to many of the meta-analyses which compare treatment with control 

groups. Weisz et al. (2006) found statistically significant results which indicated evidence-based 

practices produced more improvement than usual care. It is important to point out that this study 
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mainly reflected youths with issues with delinquency and conduct. Children with more 

internalizing symptoms such as depression were not well represented in the chosen studies.  

Chorpita et al. (2011) conducted a review of evidence-based treatments from studies 

carried out between 1965 and 2009. In order to be considered for the reviews, studies had to be 

randomized, controlled trials which reported outcome measures. Researchers rated one outcome 

result from each of 435 studies to help practitioners determine which treatment protocols are 

most effective when working with troubled children comparing effect sizes of studies 

categorized into treatment outcomes. Studies were categorized into different “levels” in 

accordance to their “strength of evidence.” These ranged from Level 1: Best Support to Level 5: 

No Support with a number of criteria for each level. Researchers then determined a therapy’s 

“feasibility, generalizability, and expected benefits” by exploring “indicators of effectiveness” 

(Higa-McMillan, Francis, Rith-Najarian, & Chorpita, 2016, p. 96). These indicators of 

effectiveness were then compared to one another. When a study “performed” more favorably 

than another study when comparing study conditions or the targeted outcome measure, 

researchers awarded the intervention a “win” (Higa-McMillan, Francis, Rith-Najarian, & 

Chorpita, 2016, p. 96). Researchers in this review found behavioral therapies to, in general, be 

the treatments with the best support for a majority of the mental health issues explored (Chorpita 

et al., 2011).  

Lin and Bratton (2015) and Ray, Armstrong, Balkin, and Jayne (2015) both revisited play 

therapy in meta-analyses specifically addressing Child-centered play therapy (CCPT). 

Researchers defined CCPT as a form of play therapy based in “the steadfast belief in children’s 

inherent striving towards growth and maturity, in addition to their capacity for self-directed 

healing” (Lin & Bratton, 2015, p. 45). Ray et al. (2015) reviewed the use of CCPT specifically in 
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schools, on several levels including externalizing behaviors, internalizing behaviors, total 

problems, self-efficacy, academic performance, and other behaviors. Compiling 23 published 

and unpublished studies from 1970 to 2011, researchers found children receiving CCPT showed 

statistically significantly more improvement than children receiving no treatment at all. When 

reviewing the impact of CCPT on total problem behaviors, Ray et al. (2015) found an effect size 

of .34. In studies which reported self-efficacy as the dependent variable, researchers found a .29 

effect size (Ray et al., 2015). For “other outcome measures” which included teacher-child 

relationship, social skills, and a general attitude towards school, Ray et al. (2015) found a mean 

effect size of .38. Lin and Bratton (2015) did an overall review of the CCPT literature, which 

included a variety of locations such as clinics and schools in addition to various forms including 

individual, group, and filial. They also reviewed studies which explored the impact of CCPT 

among various multicultural groups. Researchers reviewed 52 studies from 1995-2010 with 239 

effect sizes and found an overall effect size of medium (.47) for CCPT (Lipsey & Wilson, 2011). 

Lin and Bratton (2015) chose to calculate d using both the pre-test and post-test scores to obtain 

a more precise effect size. Similar to LeBlanc and Ritchie (2001), Lin and Bratton (2015) used 

the HLM technique to control for multiple effect sizes in each study and avoid “violating the 

assumption of independent data” (Lin, 2011, p. 87). A problem with conducting meta-analyses is 

when studies provide multiple effect sizes, resulting in violating the assumption of independent 

data (Lin & Bratton, 2015). In the past, researchers have averaged these numbers together to get 

one single effect size, disregarding the dependence between effect sizes within the same study 

(LeBlanc & Ritchie, 2001). HLM corrects for this, allowing those conducting meta-analyses to 

include several effect sizes from individual studies without violating the assumption (Lin & 

Bratton, 2015). Lin (2011) weighted each effect size by using a correction formula to decrease 
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the biased estimation which occurs when studies with large samples are compared to those with 

smaller samples. Although this change has improved the accuracy of meta-analyses, it has also 

led to varying results in meta-analyses, typically lowering reported effect sizes. Lin (2011) 

discovered differences in various studies conducted in the field of child counseling including 

effect size calculation formula and statistical analysis methods which account for this perceived 

“decrease” in effectiveness. 

 In addition to the change in how meta-analyses are conducted, additional weaknesses are 

inherent with the meta-analytic process. First there exists the “file drawer problem” which results 

from the tendency to only publish studies with statistically significant results (Schulze, 2004). 

Therefore, if a researcher who is conducting a meta-analysis is only searching peer-reviewed 

journals, they are most likely going to find only those studies which provide desirable results. 

This can result in inflated effect sizes (Lin, 2011). To combat this, many researchers search 

unpublished, or “gray”, studies in addition to the traditional search of peer-reviewed journals. 

(See Table 4 for a review of which studies used published and unpublished studies). Another 

weakness of meta-analyses is the occasional occurrence of reviewers choosing studies of 

questionable quality in an attempt to either intentionally or unintentionally pad their results in a 

positive light (Rubin & Bellamy, 2012). 

 One substantial problem with the meta-analyses within child counseling is the tendency 

to avoid discussion of effect sizes typically reported. Although meta-analyses results are reported 

through aggregated effect sizes, there is little discussion of range and interpretation of those 

effect sizes beyond the typical comparison to Cohen’s historical interpretation of small, medium, 

and large categories. It is challenging to interpret the effect sizes from individual studies in 



 
 

72 
 

comparison to meta-analytic reports. This lack of discussion regarding contextual interpretation, 

unfortunately, is typical of research done in most fields (Ellis, 2010). 

Summary 

 The practical significance of a study implies real world application of the results (Ellis, 

2010). Effect sizes are an important piece to determining practical significance of a study 

(Grissom & Kim, 2005; Thompson, 2002). They contain a long history and researchers have 

been dedicated to categorizing and defining them (Huberty, 2002). However, despite their 

importance, researchers fail to report them within studies, choosing to focus on null hypothesis 

statistical testing (NHST) (Thompson, 2002). Additionally, if effect sizes are reported, 

researchers often neglect to interpret them for the reader (Ellis, 2010). Interpretation is important 

for two reasons. First, understanding effect sizes is important for practitioners who will be using 

the data to inform their practices (Ellis, 2010). Because most practitioners are concerned with 

practical and observable change resulting from treatment, statistical significance fails to be a 

meaningful metric for everyday clinical work. As previously stated, effect sizes inform the “so 

what” of the research question, the practical and meaningful results that can be applied to 

practice (Ellis, 2010). If counseling research is unable to be understood and used in practice, it 

has very little value. Second, properly reporting and interpreting effect sizes through the use of 

appropriate benchmarks allows future researchers to compare individual studies with one another 

(Ellis, 2010; Kazdin, 1990; Morgan et al., 2002; Sink, 2006; Sun et al., 2010). This is important 

when attempting to find which treatments are effective and which are not. Researchers must be 

able to explore results within the context of one another and in comparison to empirical 

benchmarks. Therefore, it is important not only to report and interpret the proper effect sizes, but 

use the appropriate benchmarks when determining what constitutes a small, medium, and large 
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effect size. Unfortunately, most researchers in the field neglect to follow recommendations and 

child counseling research is no exception. In order to properly interpret effect sizes, researchers 

within each field must define the appropriate benchmarks within their particular field (Cohen, 

1988). It is the intention of this project to determine the appropriate empirical benchmarks for 

effect sizes within child counseling based on the existing pool of literature to aid future child 

counseling researchers in interpreting practical significance. 
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 Cohen (1998) developed Cohen’s d as a way to detect when a phenomenon in a 

population is present. He was clear that researchers should discover their own parameters to 

interpret effect sizes based on research in the field of study (Thompson, 2002). Instead, 

researchers across most disciplines including child counseling have used his original benchmarks 

of .2, .5, and .8 for small, medium, and large respectively. Thompson (2002) ascertained this is a 

foolish act and relates this adherence to the determination of statistical significance of a p less 

than .05, which is also a flawed measure considering one’s data is significant at .05 but not .051. 

Thompson believed researchers are being “stupid in a new metric” (Thompson, 2002, p. 68). My 

goal in this dissertation was to explore various effect sizes in child counseling and determine the 

appropriate empirical benchmarks child counseling researchers should be using when 

interpreting Cohen’s d. Child counseling researchers have been using traditional Cohen’s d 

benchmarks to interpret small, medium, and large effect sizes. It is my contention; however, the 

benchmarks should reflect a collective review of the literature. 

Research Questions 

In this study, the research questions were: (a) What are the descriptive characteristics of 

child counseling research in the past 25 years? and (b) Based on child counseling intervention 

research conducted in the past 25 years, what are suggested empirical benchmarks for 

interpreting effect sizes in child counseling research?  

Operational Definitions 

Practical significance: Daniel (1977) defined practical significance as “The scientific or 

practical importance of conditions that exist in populations” (p. 425). For the purposes of this 

study, practical significance is reported as an effect size, specifically Cohen’s d. 
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Meta-analysis. Meta-analysis is a statistical synthesis of experimental analyses. Glass 

(1976) defined meta-analysis as “the statistical analysis of a large collection of analysis results 

from individual studies for the purpose of integrating the finding” (p. 3). 

Child counseling research. For the purposes of this study, research conducted exploring 

child mental health interventions was considered child counseling research. Specifically, child 

counseling research was defined as studies involving experimental designs testing counseling 

and therapies carried out with youth 3 to 12 years old. 

Effect sizes. An effect size (ES) “is some specific nonzero value in the population” 

(Cohen, 1988, p. 10) or “an index of the magnitude and direction of treatment impact” (Weisz & 

Gray, 2008, p. 54). It can also be defined as the percentage difference between the hypothesized 

effect and the actual effect (Cohen, 1988). 

Cohen’s d. Cohen’s d indicates the standardized difference between two means. Cohen’s 

d is an effect size used in a comparison of two means in conjunction with the reporting of t-test 

and ANOVA results in addition to meta-analyses. Traditional formula for calculating Cohen’s d 

is:  

Cohen’s d = 
     

        
 

Where M1 represents mean of treatment group and M2 represents mean of control/comparison 

group.  

  Cohen’s d can be transformed into r: 

r = 
 

     
 

Rosenthal, Rosnow, & Rubin (2000) 
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Cohen’s d can also be derived from r: 

   
  

     
 

Rosenthal (1994) 

Codebook 

I developed a codebook to synthesize the data from the studies at hand including 

descriptive statistics for each study and effect sizes found. The research team consisted of the 

author, a doctoral student in counseling, and a faculty member experienced in meta-analytic 

techniques and interpretation. For the purposes of this study, procedures closely followed 

Chorpita et al.’s (2011) approach in his review. The codebook included the following items to be 

recorded for each individual study: title, year, N, gender, age, ethnicity, training, reporter, 

frequency, duration, treatment, waitlist/placebo, setting, target variable, instrument, inclusion of 

effect size, Cohen’s d of .5 or higher report, and effect size statistic.  

 

Table B.1 

Codebook Categories and Descriptions 

Category Definition 

Title Title of study 

Year Publication Year 

N Number of participants 

Gender Number of each gender for participants 

Age Mean age & age range 

Ethnicity Ethnic make-up of participants 

Training Training background of therapists 

Reporter Who was the reporter on the instrument? 

Frequency How often treatment was delivered 

Duration How long was treatment 

Treatment Type of intervention 

Waitlist/placebo Type of control group 

Setting Place treatment was implemented 

Real world/Laboratory If setting was real world (i.e. school or clinic) or a laboratory 

Target Variable Variable being measured 
a
 

Instrument Title of instrument used to measure outcome 

PS >.5 Intervention showed improvement through a medium (.5)/large (.8) effect size 
b
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Effect size report Effect size reported 

Effect size Calculated effect size 
c 

a
 Target Variable being measured determined by the title of the each study and hypothesis/hypotheses being tested. 

b 

PS >.5 was based on traditional interpretation of Cohen’s d 
c
 Calculated effect size is the d calculated by researchers based on means/standard deviations provided in each study 

or a conversion of the given effect size into d 

 

Procedures  

 To identify appropriate studies for inclusion, I conducted a search for child counseling 

research through databases and previous child counseling reviews. Reviewed databases included 

PsycINFO and Academic Search Complete. I additionally reviewed websites that regularly 

review child counseling research including effectivechildtherapy.org, 

evidencebasedchildtherapy.com, and 

http://c.ymcdn.com/sites/www.a4pt.org/resource/resmgr/publications/APT_Evidence_Based_Sta

tement.pdf. I conducted a hard copy search of all issues from 2007 to 2015 of Journal of Clinical 

Child and Adolescent Psychology to include all studies that had been categorized as evidence-

based research in their recent efforts to identify evidence-based treatments. Finally, I reviewed 

all studies included in two recent meta-analyses and reviews from 1990 to the present (Chorpita 

et al., 2011; Lin & Bratton, 2015).  

This identification procedure yielded approximately 1200 studies for review. To be 

included in the study, each research publication met the following criteria: (a) published between 

1990 and 2016; (b) peer-reviewed; (c) tested at least one active treatment group to a control 

group or placebo group (studies which had a comparison group were not included as this would 

confound results); (d) the tested child treatment intervention must be primarily an intervention 

provided directly to children by mental health professionals (i.e. no parent component); (e) used 

random assignment to treatment groups; (f) used reliable, credible measures of outcome; and (g) 

included participants between ages of 3 and 12 years old. When inclusion criteria were applied, 
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41 studies met all criteria and were included in the current review. The greatest number of 

studies were excluded based on two criteria including the age limit and the direct delivery of 

intervention.  

Each criterion was carefully selected to allow inclusion of studies that were considered 

relevant, credible, and sufficient to determine intervention treatment effect.  All studies were 

conducted within the most recent 25 year time period (1990-2016) in order to explore effects 

most relevant to today’s mental health field. The peer-reviewed criterion was selected to ensure 

that all studies had been blindly reviewed and deemed credible by a professional journal entity. 

All included studies compared a mental health treatment to a control or placebo group. Although 

many studies included a comparison treatment group design, I included studies that were similar 

in design to interpret the effect size results more accurately.  I decided it was important to use 

evidence-based research to obtain the most accurate effect sizes represented in the field, hence 

the inclusion of only randomized controlled trials (RCTs) published in peer-reviewed journals. I 

also decided it was important to use studies which used reliable, credible measures of outcome. 

This was defined as those assessments with the highest reliability scores, when information was 

available by a search of each assessment manual. For example, in Barret and Turner (2001) used 

two different assessments to determine children’s levels of anxiety. To determine which measure 

to use in my study, I compared the Cronbach’s alpha of each. The Spence Children’s Anxiety 

Scale (SCAS) reported a Cronbach’s alpha of .93 in comparison to the Revised Children’s 

Manifest Anxiety Scale (RCMAS) which reported a Cronbach’s alpha of .80 so, therefore, I 

chose to use the SCAS to determine the outcome score. Additionally, I used only interventions 

provided directly to children by mental health professionals. This excluded studies in which the 

parents/teachers were either a part of the intervention (i.e. consultations or family therapy) or 
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conducted the intervention (social skills training done by teachers or filial therapy). The 

inclusion of child-directed interventions and exclusion of parent-directed/parent-involved 

treatments was applied to ensure homogeneity of studies, thereby clarifying effect size 

interpretation. I chose to do this to control for the trend that including authority figures such as 

parents in interventions often results in greater change and higher effect sizes (Bratton et al., 

2005). Last, I chose studies which only included children aged 3 to 12. Previous researchers 

chose to include children up to age 18 (Weisz et al., 1987). Although the authors provided 

justification to this, children and adolescents differ developmentally and appropriate therapeutic 

interventions change over the lifespan (Kazdin, 1988; Weisz et al., 1987) indicating that children 

are a population differing from adolescents, and hence, effect sizes from studies involving 

adolescents would possibly be inapplicable to children. 

Because the current study was conducted to review and identify appropriate effect size 

benchmarks for child counseling, review procedures were streamlined to determine best practices 

for comparison. Procedures from Chorpita et al.’s (2011) review in which a single measure of a 

target outcome was selected for each study appeared most appropriate for the current review. 

Chorpita et al. (2011) defined this measurement as “a measure that was deemed the primary 

outcome measure for the expected target of the intervention” (p. 157). I selected and reported the 

Cohen’s d from this single measure as the reported effect size in the codebook. If a study did not 

report a Cohen’s d, I calculated it with the information provided. In studies which provided 

means and standard deviations of the post treatment control and intervention groups, I calculated 

Cohen’s d using the formula: 

Cohen’s d = 
     

        
 



 
 

81 
 

If a study provided an effect size different from Cohen’s d, I converted them from statistical 

formulas and calculating programs (Cohen, 1988; DeCoster, 2012). Several studies did not 

provide any of this information and, thus, I calculated Cohen’s d from the given F statistic 

(DeFife, 2009). For studies which provided a t statistic, I used the following formula: 

Cohen’s d =
  

   
 

 If a study included multiple reporters for one  measurement, I included all effect sizes for 

that measurement. For example, Antsel and Remer (2003) used both the parent and self-report 

version of the Social Skills Rating System (SSRS). In cases such as this, I calculated Cohen’s d 

for both the child and parent form. Additionally, many studies reported measurements 

immediately after treatment and at follow up. In those cases, I used the scores reported 

immediately after treatment. I converted all effect sizes to Cohen’s d for purposes of comparison. 

Of the codebook categories, Cohen’s d .5 or higher was a dichotomous variable reporting the 

improvement or non-improvement of outcome based on meaningful effect size of .5 or above 

from the single measure, as traditionally interpreted by Cohen’s d categories. This was added to 

compare the use of new benchmarks to traditional benchmarks. In addition to this, I coded to 

compare studies which showed a medium or large effect size (practical significance) but did not 

obtain a significant p-value (statistical significance). Coding procedures were designed to ensure 

the comparability of studies and their results to report effect sizes that were interpretable.  

The second research team member independently coded each study including 

identification and calculation of Cohen’s d. Although a third research team member was 

identified to moderate any discrepancies between the two reviewers, there were no discrepancies. 

 

 



 
 

82 
 

Data Analysis 

I ran descriptive statistics on all variables using SPSS for study characteristics including 

graphical representation, with a skewness of 2.71 (SE = .37) and a kurtosis of 9.76 (SE = .73). In 

review of the effect sizes included in the study, it became apparent that parent, teacher, child, and 

rater data were different and therefore could not be calculated into a single Cohen’s d that would 

be interpretable. Based on conceptual understanding that different types of raters might report 

differently and precursory scan of the data appeared to support that understanding, I decided to 

report a summative Cohen’s d based on reporter type.  

In order to interpret an overall rater Cohen’s d credibly, I calculated a weighted mean d 

by multiplying the effect size of each study by the number of participants in that study. I then 

divided it by the total N. This weighted mean helped to account for studies with larger sample 

sizes. 

I used the weighted mean as the average effect size for each reporter, and thus termed 

“medium effect size” (Kirk, 1996, p. 749). I then calculated the standard deviation of all the 

effect sizes for each reporter. To determine “small”, I subtracted the standard deviation. To 

determine “large”, I added the standard deviation (Cohen, 1962, 1988; Hill et al., 2008; Kirk, 

1996). For example, Ellis (2010) described an average of 13 points increase IQ score for 

Alzheimer patients receiving a specific medication. He explained that due to the approximate 15 

point standard deviation in the general population, the difference would result in a d of .87, or 13 

divided by 15. This, according to Cohen (1988), would be above the large effect size cutoff of .8. 

Using this same logic, I applied similar procedures to the reported Cohen’s d for each rater 

category.   
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The following results are intended the answer the primary research questions including 

(a) What are the descriptive characteristics of child counseling research in the past 25 years? and 

(b) Based on child counseling intervention research conducted in the 25 years, what are 

suggested empirical benchmarks for interpreting effect size in child counseling research? First, I 

will present descriptive information regarding child counseling research. Secondly, I will present 

results regarding the calculation and interpretation of Cohen’s d for child counseling research. 

Table C.2 provides detailed descriptions of each study based on coding categories.  

Characteristics of Child Counseling Research 

Sample size, age, and gender. Within the 41 studies, a total of 3,586 children between the 

ages of 3 and 12 were included in this review. The mean sample size for each study was 87.46 

with a standard deviation of 119.96 indicating a wide range of sample number with the smallest 

study having only 8 participants while the largest study had 533. For children within studies, the 

mean age was 8.6 years with a standard deviation of 1.6 indicating a homogeneity of sample 

regarding age. Twelve studies did not report a mean age but instead reported an age or grade 

range. Males represented 61.5% of the total sample, females represented 39.9%. One study did 

not report gender. See Table C.1.  

Ethnicity. Of the 41 studies, six studies did not report ethnicity of sample. Many of these 

studies were from international samples or the ethnicity was inferred from the title or description 

of the procedures. For example, Rosenbaum, McMurray, and Campbell (1991) conducted a study 

in Australia. Although they did not report an ethnicity, the children in this study were coded as 

Australian. Due to various labels used for race/ethnicity among studies, I chose to group similar 

labels together to ease the coding process. For example, Caucasian, white, Anglo American, 

Anglo Saxon, and EuroAmerican were coded as White/Caucasian. White/Caucasian was the 
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most frequently represented ethnicity (included in 25 studies) with 1071 children (29.9%) 

identified as Caucasian/White. The second most frequently represented race/ethnicity was 

African American/Black, totaling 355 children (9.9%) across 21 studies. Hispanic/Latino 

children were represented in 17 studies with a total of 204 children (5.7%). Twenty-two (22) 

children were identified as Asian American (.6%) and were represented in 7 studies. One study 

included Hawaiian American children which represented .3% of the total sample (10 children). 

Five studies also included an other or minority category with a total of 66 children, or 1.8% of 

the total sample. Further break down of ethnicity can be seen in Table C.1. 

Table C.1 

Characteristics of Studies (N = 41) and Participants (N = 3, 586) 

 # Studies n % Range M SD 

Total Sample 41 3,586  8-533 87.46 119.96 

Age 29 reported    3-12 8.6 1.6 

Gender 40 reported      

Male  2,207  61.5    

Female  1432 39.9    

Ethnicity 35 reported  85.4    

Caucasian/White  1071 29.9    

African 

American/Black 

 355 9.9    

Hispanic/Latino  204 5.7    

Asian American  22 .6    

Hawaiian 

American 

 10 .3    

Other  66 1.8    

International  685     

 

Study Descriptives 

Of the 41 studies reviewed, almost half (48.8%) were published from 2000 to 2010. The 

other half were published in the 1990s (19.5%) and 2010-2015 (31.7%) indicating a strong 

increase in number of studies published over time. Seventeen (41.5%) of the studies used a form 

of play therapy as a treatment type while 16 (39%) represented some form of cognitive 

behavioral therapy. Eight (19.5%) of the studies were labeled “other” and represented a variety 
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of different treatments such as Eye Movement Desensitization and Reprocessing (EMDR), 

biofeedback, and behavioral interventions. Almost half of the studies (41.5%) specifically 

mentioned a waitlist control group design for their participants as differentiated from studies 

with a non-treatment control group. Fifteen (36.6%) did not mention a waitlist as a part of the 

control group. Nine studies (22%) used a placebo or an active control group. The majority of the 

studies (N=29, 70.7%) were performed in a school setting. An even larger percentage of studies 

were performed in the “real world” such as a school or a clinic as opposed to a laboratory (90.2% 

and 7.3% respectively). Parent report scores were coded from 11 studies, teacher report from 14 

studies, child report from 22 studies, and rater report from 5 studies. 

The most common outcome explored was Anxiety/Phobia which was represented in 12 

studies (29.3%) followed by Behavioral Issues which was represented in 9 studies (22%). Social 

Issues were represented in 5 studies (12.2%) while ADHD and PTSD/Trauma were represented 

by 4 (9.8%) and 3 (7.3%) studies, respectively. Achievement and Self-Esteem/Efficacy were 

represented by 2 studies each (4.9%). Depression, Impairment, Speech Difficulties, and Autistic 

Functionality were represented by one study each (2.4%). 

 A little over half of the studies (58.5%) reported an effect size. Of those studies, only one 

neglected to interpret stated effect size. In the studies that reported an effect size, the most 

frequently reported effect size was Cohen’s d which was calculated in 9 studies (22%) with 

partial eta squared at close second in 8 studies (19.5%). Eta squared was reported in 6 studies 

(14.6%) and Glass’s d in one study (2.4%). One study calculated an effect size, however, did not 

specify which effect size calculation was used and did not provide enough information to infer 

which effect size was calculated. Based on the effect sizes reported and calculated for this study, 

63.4% of studies showed a Cohen’s d .5 or higher for treatment groups based on coding criteria 
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of traditional interpretation of Cohen’s d (.5 medium, .8 large). Almost 81% of the studies 

reported finding statistical significance for the target variable chosen indicating a discrepancy 

between interpretation of statistical and practical significance (81% vs. 63.4%). Table C.3 

provides a summary of study characteristics.  

Table C.3 

Characteristics of Studies (N = 41) 

 n % 

Total Studies 41  

Year Published
 

  

1990-1994 3 7.3 

1995-1999 5 12.2 

2000-2004 13 31.7 

2005-2009 7 17 

2010-present 13 31.7 

Treatment Type   

CCPT 17 41.5 

CBT 16 39 

Other 8 19.5 

Control Group   

Waitlist 17 41.5 

Control 15 36.6 

Placebo/Active Control 9 22 

Setting   

School 30 73.2 

Other 8 19.5 

Laboratory 3 7.3 

Real World/Laboratory 38/ 3 92.7/7.3 

Target Variable   

Achievement 2 4.9 

ADHD 4 9.8 

Anxiety/Phobia 12 29.3 

Autistic Functionality 1 2.4 

Behavioral Issues 9 22 

Depression 1 2.4 

Impairment 1 2.4 

PTSD/Trauma 3 7.3 

Self-Esteem/Efficacy 2 4.9 

Social Issues 5 12.2 

Speech Difficulties 1 2.4 

Reported an Effect Size?   

Yes 25 61 

No 16 39 

Interpreted Effect Size?   

Yes 24 96 

No 1 4 

Type of Effect Size   

Cohen’s d 8 19.5 
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Partial eta squared 8 19.5 

Eta squared 6 14.6 

Glass’s d 1 2.4 

Not specified 2 4.9 

PS >.5   

Yes 26 63.4 

No 15 36.6 

Statistical Significance   

Yes 33 80.5 

No 8 19.5 

Note: Percentage values may not add up to 100% due to rounding. PS = practical significance 

Cohen’s d 

 Based on the conceptual understanding that reporter types (i.e., parent, teacher, child, and 

objective) perceive change differently and in calculating the initial overall unweighted mean d as 

.63 with a standard deviation of .39, rater appeared to be a factor in understanding results and 

also appeared to contribute to non-normal distribution. I chose to report Cohen’s d according to 

rater categories to ensure clear interpretation of results.  

Parent report. Parents were identified as the reporter in 11 studies of the sample 

representing 707 children. In exploring normal distribution of data, one outlier was identified by 

SPSS as a statistical outlier and was removed from further analysis, resulting in the inclusion of 

10 effect sizes. Effect sizes ranged from .26 to 1.36 with an unweighted mean of .74 and 

standard deviation of .37. I calculated the weighted overall mean as previously discussed by 

multiplying each Cohen’s d by the number of participants in the study then dividing the sum by 

the total number of participants. The calculation of the weighted effect size resulted in a mean 

Cohen’s d of .70. Nine (90%) of the 10 studies reported statistically significant differences 

between treatment and control group while seven (70%) of 10 calculated effect sizes were in the 

improved category for practical significance (.5 or above).  

Teacher report. Teachers were identified as the reporter in 14 studies of the sample 

representing 992 children. In exploring normal distribution of data, effect sizes appeared 
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normally distributed with no outliers. Effect sizes ranged from .07 to 1.42 with an unweighted 

mean of .65 and standard deviation of .37. The calculation of the weighted effect size resulted in 

a mean Cohen’s d of .50. Ten (71.4%) of the 14 studies reported statistically significant 

differences between treatment and control group while nine (64.3%) of 14 calculated effect sizes 

were in the improved category for practical significance (.5 or above).  

Child report. Children were identified as the reporter in 22 studies of the sample 

representing 2,312 children. In exploring normal distribution of data, 2 outliers were identified 

by SPSS as statistical outliers and were removed from further analysis, resulting in the inclusion 

of 20 effect sizes. Effect sizes ranged from -.06 to 1.48 with an unweighted mean of .59 and 

standard deviation of .43. The calculation of the weighted effect size resulted in a mean Cohen’s 

d of .36. Seventeen (85%) of the 20 studies reported statistically significant differences between 

treatment and control group while 11 (55%) of 20 calculated effect sizes were in the improved 

category for practical significance (.5 or above).  

Objective rater report. Objective raters were identified as the reporter in 5 studies of the 

sample representing 223 children. Because only 5 effect sizes were reported based on objective 

rater outcome, the data was non-normally distributed. Effect sizes ranged from .34 to 1.14 with 

an unweighted mean of .76 and standard deviation of .33. Although lack of data prevents 

interpretation of results, the calculation of the weighted effect size resulted in a mean Cohen’s d 

of .81. Three (60%) of the 5 studies reported statistically significant differences between 

treatment and control group while 4 (80%) of 5 calculated effect sizes were in the improved 

category of practical significance (.5 or above). 

 Suggested empirical benchmarks. In reviewing procedures applied by Cohen (1988; 

1962), Hill et al. (2008), Kirk (1996), and Ellis (2008), I calculated the standard deviation of 



 
 

90 
 

unweighted mean of Cohen’s d for each reporter minus identified outliers to determine suggested 

empirical benchmarks of small, medium, and large. Medium was determined by the weighted 

mean while large was determined by adding the unweighted standard deviation and small was 

determined by subtracting the unweighted standard deviation. See Table C.4 for the suggested 

empirical benchmarks. 

Table C.4 

Suggested Empirical Benchmarks for Cohen’s d in Child Counseling Research 

 M SD Small Medium Large 

Overall
a 

.63 .39    

Parent .70 .37 .33 .70 1.07 

Teacher .50 .37 .13 .50 .87 

Child .36 .43 -.07
b
 .36 .79 

a
Overall Cohen’s d is unweighted and non-normally distributed, thereby should not be interpreted.  

b
Subtracted standard deviation from mean Cohen’s d based on child report results in a negative number, thereby 

should not be considered as a marker for measuring improvement.   
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Table C.2 

Detailed Characteristics of Studies Used for Analysis 

Randomized Controlled Trials in Child Counseling Research 

Author (year) N 
Gender 

(m/f) 
Age Age Range 

Abikoff, Gallagher, Wells, Murray, Huang, Lu Petkova 

(2013) 
97 60/37 9.1 8-11 

Antshel & Remer (2003) 120 90/30 9.61 8-12 

Aydin & Yerin (1994) 20 10/10 N/R 11-12 

Barrett & Turner (2001) 489 297/291 10.75 10-12 

Beidel, Turner, Morris (2000) 50 20/30 10.5 8-12 

Blanco, Muro, Holliman, Stickley, & Carter (2015) 59 31/28 N/R 6-7 

Blanco & Ray (2011) 41 26/15 N/R 6-7 

Bratton, Ceballos, Sheely-Moore, Meany-Walen, Pronchenko, 

& Jones (2012) 
54 36/18 N/R 3-4 

Chemtob, Nakashima, & Carlson (2002) 32 10/22 8.4 6-12 

Cheng & Ray (2015) 43 30/13 5.14 5-6 

Cornwall, Spence, & Schotte (1996) 24 N/R 8.25 7-10 

Danger & Landreth (2005) 21 18/3 N/R 4-6 

DeRosier (2004) 381 194/187 8.6 7.8-10.9 

Fall (1999) 62 31/31 7.5 5-9 

Fall, Navelski, & Welch (2002) 66 42/24 8.35 6-10 

Flahive & Ray (2007) 56 29/27 N/R 9-12 

Gallagher, Rabian, & McCloskey (2004) 23 11/12 N/R 8-11 

Ison (2001) 315 315/0 N/R 8-12 

Kaduson & Finnerty (1995) 63 58/5 9.74 8-12 

Kasari, Freeman, & Paparella (2006) 58 46/12 N/R 3-4 

Kemp, Drummond, & McDermott (2009) 27 15/12 8.93 6-12 

Klingberg, Fernell, Olesen, Johnson,  

Per Gustafsson, Dahlstrom,… Westerberg (2005) 
44 36/8 9.8 7-12 

Larkin & Thyer (1999) 52 40/12 7.45 1
st
-3

rd
 grade 

Lochman, Coie, Underwood, & Terry (1993) 52 27/25 N/R 4
th

 grade 

Meany-Walen, Bratton, & Kottman (2014) 58 26/12 6.4 5-9 

Mifsud & Rapee (2005) 91 37/54 9.5 9-10 

Miller, Laye-Gindhu, Bennett, Liu, Gold, March,… Waechtler 

(2011) 
533 266/267 9.77 10-12 

Muris, Meesters, van Melick (2002) 20 7/13 10 9-12 

Murphy Jones & Landreth (2002) 30 17/13 9.43 7-11 

Ojiambo & Bratton (2014) 60 30/30 11.2 10-12 

Packman & Bratton (2003) 24 18/6 N/R 10-12 

Ray, Schottelkorb, & Tsai (2007) 60 48/12 7.42 5-11 

Ray, Stulmaker, Lee, & Silverman (2013) 37 29/8 6.27 5-8 

Ritzi, Ray, & Schumann (2016) 24 18/6 7 6-9 

Rosenbaum, McMurray, & Campbell (1991) 36 0/36 9 N/R 

Shen (2002) 30 14/16 N/R 8-12 

Stein, Jaycox, Kataoka, Wong, Tu, Elliott, & Fink (2003) 126 81/45 10.95 N/R 

Stulmaker & Ray (2015) 53 34/17 6.3 6-8 

Su & Tsai (2016) 8 4/4 8.5 8-9 

Webster-Stratton, Reid, & Hammond (2001) 99 80/19 5.9 4-8 

Weisz, Thurber, Sweeney, Proffitt, & LaGagnoux (1997) 48 26/22 9.6 N/R 

PS >.5: Cohen’s d of .05 or above 

SS: Statistical Significance 
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Randomized Controlled Trials in Child Counseling Research 
Ethnicity Therapist 

African American, White, Hispanic, Other Therapists 

Caucasian, African American, Asian Graduate degrees in psychology 

Turkish Counsellor 

Predominately Anglo-Saxon Psychologists/ Teachers 

Caucasian, African American, Hispanic, Biracial N/R 

African American, Asian American, Caucasian, Hispanic Masters level counseling students 

African American, Hispanic, Caucasian, Asian American Masters and doctoral therapists 

African American, Hispanic, Caucasian Counselors with masters degrees 

Filipino, Hawaiian/Part Hawaiian, Japanese, Mixed ethnic 

origins 
Doctoral-level clinicians 

Hispanic, Caucasian, African American Doctoral students 

N/R Master level psychologist 

Caucasian, Hispanic Licensed school counselor 

Caucasian, Hispanic, African American, Asian American School counselor and trained 

Anglo American, African American, Asian American Elementary school counselors 

Caucasian, unidentified School counselors 

Caucasian, Hispanic, African American Doctoral students, LPC, LSW 

Caucasian, African American Doctoral level graduate students 

Argentinean N/R 

White, Black Doctoral fellows in psychology department 

Caucasian, Minority 
Graduate students trained in educational 

psychology 

N/R EMDR trained psychologist 

N/R Psychologists 

White, Black, Hispanic Therapists and students 

Black 
Graduate students and doctoral level 

psychologist 

Latino, Euro American, African American Doctoral students 

N/R School counselors and mental health worker 

Aboriginal Trained teacher with a school counselor 

Caucasian, Indonesian-Dutch Clinical psychology students 

Caucasian, African American, Indian, Hispanic Doctoral students, school counselor 

Ugandan Counselor 

Caucasian, African American, Hispanic Therapist 

African American, Hispanic, Caucasian, Biracial Doctoral and masters students 

Latino, African American, Caucasian Doctoral student 

Australian Caucasian, English UK Caucasian, Asian, 

Hispanic/Latino, Biracial 
Doctoral student 

Australian School principal and special education teacher 

Taiwanese School counselor 

N/R Mental health clinicians 

African American, Caucasian, Hispanic/Latino, Asian, Biracial Doctoral level clinicians and faculty members 

Taiwanese 4
th

 year graduate counseling student 

Caucasian Masters or doctoral degree students 

Caucasian, minority 
Doctoral level clinical psychology students, 

faculty member 

PS >.5: Cohen’s d of .05 or above 

SS: Statistical Significance 
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Randomized Controlled Trials in Child Counseling Research 
Frequency Duration Treatment Type Setting 

2x per week 10-12 weeks Organizational Skills Training (CBT) Medical Center/ Lab 

1x per week 8weeks Social Skills Training (CBT) 
Outpatient clinic 

setting 

4x per week 2 weeks Story-Based CBT School 

Weekly with two 

booster 

10 weekly 

sessions 

Friends for Children  

(CBT) 
School 

2x per week 12 weeks Social Effectiveness Therapy for Children 
Outpatient clinic 

setting 

2x per week 8 weeks CCPT School 

2x per week 8 weeks CCPT School 

2x per week 10 weeks CCPT School 

1x per week 4 weeks EMDR School 

2x per week 8 weeks CCPT School 

1x per week 6 weeks Emotive Imagery University Clinic 

1x per week 6 months Group CCPT School 

1x per week 8 weeks Social Skills Intervention (CBT) School 

1x per week 6 weeks CCPT School 

1x per week 6 weeks CCPT School 

1x per week 10 weeks Group Sandtray Therapy N/R 

1x per week 3 weeks CBT School 

2x per week 14 units Social Skills Training Clinic 

1x per week 10 weeks Biofeedback Game Approach 
Early intervention 

program 

1x daily 5-6 weeks Applied Behavioral analysis & Development University Clinic 

1x per week 4 sessions EMDR Testing site 

Daily 5-6 weeks Computer Working Memory Tasks School 

1x per week 8 weeks CBT School 

2x per week 7 months Social Relations Training Program School 

2x per week 8 weeks Adlerian Play Therapy School 

1x per week 8 weeks Cool Kids Program School Version (CBT) School 

Weekly 9 weeks FRIENDS for Life (CBT) School 

2x per week 6 weeks Coping Koala CBT Program & Emotional Disclosure Children’s camp 

4x per week 3 weeks CCPT School 

2x per week 10 weeks Group Activity Play Therapy School 

1x per week 12 weeks Humanistic play/Activity therapy School 

1x per week 16 weeks CCPT School 

2x per week 8 weeks CCPT School 

2x per day 10 days CCPT School 

  REBT School 

2-3 per week 4 weeks Short Term Group Play Therapy School 

1x per week 10 sessions 
Cognitive-Behavioral Interventions for Trauma in 

Schools 
School 

1x per week 8 weeks CCPT School 

1x per week 12 weeks Group CCPT School 

1x per week 18-22 weeks 
The Incredible Years Dinosaur Social Skills and 

Problem Solving Curriculum 
Clinic 

8 sessions  
Primary and Secondary Control Enhancement Training 

(PASCET) CBT 
School 

PS >.5: Cohen’s d of .05 or above 

SS: Statistical Significance 
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Randomized Controlled Trials in Child Counseling Research 
Target Variable Parent d Teacher d Child d Rater d PS>.5 SS 

ADHD 2.02 1.05   Y Y 

Behavioral Issues .77  .6  Y Y 

Anxiety/ Phobia   1.28  Y Y 

Social Issues   .32  N Y 

PTSD/ Trauma   .91  Y Y 

PTSD/ Trauma    .54 Y N 

Behavioral Issues    .75 Y Y 

Impairment  1.42   Y Y 

Social Issues   .36  N Y 

Behavioral Issues .45 .3   N Y 

Anxiety/ Phobia   .53  Y Y 

ADHD    .34 N N 

Anxiety/ Phobia   .1  N N 

Achievement  .82   Y Y 

Self-Esteem/ Efficacy  .13   N N 

Anxiety/ Phobia .55 .52 .18  Y N 

ADHD   .09  N Y 

Anxiety/ Phobia  .07   N Y 

Anxiety/ Phobia .65  .8  Y Y 

Behavioral Issues    1.14 Y Y 

Anxiety/ Phobia   1.09  Y Y 

Self-Esteem/ Efficacy    1.02 Y Y 

Behavioral Issues   2.93  Y Y 

Social Issues  .72   Y Y 

Anxiety/ Phobia  .45   N Y 

Social Issues .69  .35  N Y 

Behavioral Issues   .12  N N 

Behavioral Issues   1.48  Y Y 

Behavioral Issues 1.36  -.06  Y Y 

Anxiety/ Phobia 1.1 .91   Y Y 

Autistic Functionality .26    N Y 

Anxiety/ Phobia  .58   Y N 

Behavioral Issues  .49   N N 

Anxiety/ Phobia 1.22 .79   Y Y 

ADHD   .88  Y Y 

Anxiety/ Phobia   .42  N Y 

PTSD/ Trauma   1.08  Y Y 

Social Issues   .66  Y Y 

Depression  .88 4.03  Y Y 

Speech Difficulties .36    N Y 

Achievement   .57  Y Y 

PS >.5: Cohen’s d of .05 or above 

SS: Statistical Significance 
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 Effect sizes are an important factor when determining the practical significance of a 

given study (Grissom & Kim, 2005; Thompson, 2002). Unfortunately, the current benchmarks 

defined by Cohen (1988) are not used in the way Cohen originally intended. Researchers 

generally use the classic .2, .5, and .8 for small, medium, and large effect sizes as opposed to 

finding the appropriate empirical benchmarks within their specific fields (Cohen, 1988; 

Thompson, 2002). The goal of the current study was to estimate the appropriate benchmarks for 

the field of child counseling research by exploring the effect sizes through a review and 

synthetization of 25 years of research. The current study included an analysis of 44 effect sizes 

from 41 studies, determining the weighted means of each effect size, and then grouping the 

means by reporter (parent, teacher, and child). These means were labeled “medium” (Kirk, 

1996). Standard deviation for each reporter was used to determine small and large benchmarks 

(Cohen, 1962, 1988; Hill et al., 2008; Kirk, 1996). The presentation of suggested benchmarks 

serves to encourage further discussion surrounding the application of practical significance and 

effect sizes. Additionally, results of this study may inspire researchers to explore and utilize 

more accurate empirical benchmarks for effect sizes within their particular fields of study. 

Characteristics of Child Intervention Studies 

 Although over 1,200 studies were identified as child counseling research upon initial 

review, only 41 studies met criteria for the current study. Specifically, two criteria were most 

crucial in limiting inclusion for review; interventions must have been delivered directly to 

children and children must have been under the age of 12. When reviewing the large number of 

studies available, it was apparent the majority of child counseling intervention studies involved 

some aspect of parent involvement. Direct services to parents or parent-involvement for the 

treatment of childhood problems seems logical. It is well-documented in the research that 
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interventions involving parents show greater effects in regard to issues such as behavior, anxiety, 

and achievement than those that do not involve parents (Bratton et al., 2005; LeBlanc & Ritchie, 

2001; Miedel & Reynolds, 1999; Webster-Stratton & Hammond, 1997). This can stem from 

many different causes including parenting skills/behaviors (Webster-Stratton & Hammond, 

1997) or the co-occurrence of parents’ own mental health issues, such as anxiety (Spence, 

Donovan, & Brechman-Toussaint, 2000). However, the purpose of the current review was to 

assess magnitude of effect for interventions that focused solely on those interventions given to 

children directly. In addition, studies that use intervention directed to or through parents and then 

use a parent measure for assessment of change may be more heavily impacted by reporter bias. 

This meant focusing on those studies which primarily included individual and group therapies 

and excluded studies which used family and filial treatments.  

In addition to an overwhelming number of studies involving parents, a large number also 

used children above the age of 12. The inclusion of minors who demonstrate cognitive, 

emotional, and behavioral characteristics of adolescents is problematic in understanding effects 

of treatment for children. Children and adolescents are different developmentally and, therefore, 

generally receive different types of counseling (Kazdin, 1990). For example, play therapy 

focuses its effectiveness particularly with young children due to being developmentally 

appropriate (Landreth, 2012; Ray, 2011). However, it could be considered inappropriate to 

conduct traditional play therapy in a playroom with an average functioning 14-year-old due to 

the developmental differences between young children and adolescents. In the current study, it 

was more theoretically sound to only include studies for children ages 3-12. A great number of 

child counseling research studies included parent-directed intervention and/or the inclusion of 
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adolescents; hence, there were a limited number of studies that met criteria for the current 

review.  

Reporter Differences 

 After analyzing the data in the studies which fit the inclusion criteria, it was evident one 

of the major differences in findings was based on reporter for the measurement. From the initial 

coding process, it was clear there were very large differences between parents, teachers, and 

children in regard to effect sizes. Selection of reporter type is often a difficult decision for 

researchers, due to the common problem mental health clinicians encounter in deciphering the 

most accurate reporter for a variety of different problem behaviors (Loeber, Green, & Lahey, 

1990). These differences in the present study showed parent report produced the highest mean 

effect size (Cohen’s d = .70) with teacher report falling behind (Cohen’s d = .50). Studies that 

used child self-report produced the lowest mean effect size (Cohen’s d = .36). Due to these 

differences, it was evident there was a need to separate and analyze the effect sizes by reporter 

type.  

A very small number of studies (n=5) included objective rater as a reporter and hence the 

number of data points were too few to be interpreted. The low number of studies using objective 

raters may indicate challenges in design procedures in identifying settings or time periods for 

objective observations or possibly identifying reliable measures for observation. Those studies 

which used objective raters generally focused on achievement, speech, and joint attention 

problems. All three of which require objective assessments and someone trained in 

administration of assessment. Disseminating measurements to parents and teachers may be a 

more practical method than training objective and competent raters to conduct assessment and 
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observation to each child in a non-laboratory setting. Consequently, the use of parent, teacher, 

and self-report appears more practical and viable to completion of research projects.  

Parents as reporters. Previous research suggests parents tend to rate their children higher 

on certain measures due to being primary stakeholders in their children’s improvement. For 

example, Bratton et al. (2005) found parents tended to rate family functioning/relationships as 

higher than other outcome measures such as social adjustment and self-concept. Researchers 

noted these high scores were obtained from research studies in which there was a parent 

involvement component. Other researchers have found similar results: when parents are involved 

in their children’s treatment, parent scores tend to increase (LeBlanc & Ritchie, 2001; Miedel & 

Reynolds, 1999; Webster-Stratton & Hammond, 1997.) However, within the current study, 

parental involvement was controlled for, and, to certain degree, this may lend more credibility to 

the scores obtained by the parents. Although parents may report greater improvement when 

involved in therapy, present research supports the use of parental report in measurement. 

Waschbusch, Daleiden, and Drabman (2000) found parents tend to be reliable reporters when it 

comes to children’s cognitive abilities. Additionally, Loeber, Green, and Lahey (1990) found 

mothers in particular to be well-informed regarding many of their children’s problem behaviors. 

Results from the current study identified parents as more likely than other reporters to report 

greater effects of treatment. These results may be attributable to the role of parents as the most 

intimate observers and most likely to notice small changes, or possibly attributable their 

hopefulness in the process of treatment.  

 Teachers as reporters. Historically, teachers are identified as difficult raters in regard to 

reliability (Loeber et al., 1990). Teachers in general tend to notice externalizing behaviors (i.e. 

aggression) over internalizing behaviors such as anxiety (Loeber et al., 1990), thereby focusing 
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their assessment on children’s overt behaviors that present problems in the classroom setting. 

Because teachers have many children to oversee, there may be a tendency to notice the 

troublemakers over shy and anxious children. In addition to being focused on perceived 

disruptive behaviors, teachers are less likely to change their perceptions of children once an 

initial impression is made (Howes, Phillipsen, & Peisner-Feinberg, 2000). An inability to change 

perception may lead to a cycle of problems rooted in the teacher-student relationship in which 

the teacher hypervigilantly responds to the child’s misbehavior resulting in a self-fulfilling 

prophecy of the child increasing misbehavior. In addition to this, some children tend to behave 

differently in a variety of settings (Loeber et al., 1990). For example, a child may behave 

appropriately at school because of the high amount of structure, however, act out inappropriately 

at home due to a lack of schedule and structure. Teachers’ focus on disruptive behaviors, 

inability to change perception, and observation limited to school setting are all identified reasons 

that may suppress teachers’ ratings of improvement in measuring specific types of research 

outcomes related to treatment.  

 Children as reporters. Results of the current study indicated that child report lead to the 

lowest amount of reported change in measuring effects of treatment. In fact, proposed 

benchmarks could not include interpretation for the small category of change based on child 

report because the resulting benchmark fell below zero. One possible reason for low effects with 

this rater type is the reliability and validity of self-report measurements for children (Scott, 

2008). Children think differently than adults; hence, standard testing protocol may be 

inappropriate with such a young age group. Scott (2008) pointed out the importance of using an 

approach which includes visual stimuli during questioning. In addition to the type of 

measurements used to test children, researchers must consider the context in which a child is 
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being questioned. An environment that is uninviting or intimidating may cause a child to be less 

open. It is ideal to interview children at home, in an environment they feel most safe (Scott, 

2008). Unfortunately, both of these solutions are not always used, many times for practical 

reasons. Loeber et al. (1990) stated children with conduct problems have difficulty reporting 

their own problem behaviors for two reasons: the passage of time/forgetting the event took place 

and not being aware the behavior was negative. Young children in general are difficult to gain an 

accurate measurement from because it is difficult to get them to respond in an accurate way. 

Although this measurement issue improves as they get older, there do not appear to be current 

solutions for measurement in early childhood.  

Differences in mean effect size of change based on reporter was an important finding in 

the current study. In designing, reporting, and interpreting research, researchers benefit from 

recognizing the impact of rater perspectives and measurements available to gather to those 

perspectives. Because of these differences in reporters, Achenbach, McConaughy, and Howell 

(1987) suggested seeking a variety of scores from different reporters. When reviewing the 

accuracy of the Child Behavior Checklist (CBCL), Achenbach et al. proposed combining both 

child report with another reporter such as a parent, teacher, or mental health care worker to 

obtain a full understanding of a child. Using this combined method would be advantageous in all 

research studies due to the apparent advantages and disadvantages to using any one type of 

reporter (parent, teacher, or child). If multiple reporters are unavailable to the researcher, 

interpreting effects within the context of mean reporter effects is recommended.  

Outcomes in Child Counseling 

Child counseling research focuses on a wide array of treatment outcomes (Chorpita et al., 

2011). Results of the current study found 11 separate target variables for child counseling 
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research in which the prevalence of each disorder appears to be supported by the existing 

literature. Due to the similarity between the current review and previous literature, the current 

review appears to be a good representation of the prevalence of mental health issues in 

childhood. Anxiety/Phobia was the most commonly explored outcome in the present study. This 

is supported by the literature, which suggests anxiety disorders are the most prevalent disorders 

among children (Kendall, Furr, & Podell, 2010). Particularly in comparison to depressive 

disorders, which in this review was only represented by a single study (Cartwright-Hatton, 

McNicol, & Doubleday, 2006). A possible explanation to this large difference is that symptoms 

of childhood depression are often confused as symptoms of anxiety and may contribute to the 

focus on childhood anxiety as opposed to childhood depression (Lonigan, Carey, & Finch, 

1994).  

Behavioral issues was the next most common outcome represented in this analysis which 

is also supported by the literature. Cartwright-Hatton et al. (2006) found anxiety disorders are 

diagnosed more frequently than behavioral disorders by only a small margin. This could be due 

to the all-encompassing nature of the label “behavioral issues”. These issues can range from 

disruptive behaviors to conduct issues. The broad definition of behavioral issues allows for 

inclusion of multiple constructs related to behavior whereas specific disorder labels are typically 

defined more narrowly. As a result, well-defined diagnoses such as depression and autism are 

more limited in scope and hence were represented by only one study in this review. Behavioral 

issues have a broad reach which may even encompass some of the behaviors related to specific 

diagnoses. For example, in the current review, studies that explored disruptive behaviors may 

have included children who exhibited symptoms of ADHD and yet four studies specifically 

explored ADHD alone.  
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Types of Treatment 

CCPT/humanistic play therapy and CBT were the two most common interventions used 

with children and delivered through individual or group modalities (41.5% and 39%, 

respectively) and a overall weighted mean Cohen’s d of .7 (N = 887) and .37 (N = 2600) 

respectively. The “other” category of treatment contained one study each of treatments such as 

EMDR, sandtray therapy, and biofeedback. In initial review of studies, there appeared to be a 

broad range of interventions when parents participated in treatment, including theraplay and a 

large amount of family systems therapy. Additionally, many of the cognitive-behavioral 

approaches also involved parents and it was difficult to find studies which were directly 

delivered to children. Although participation of parents is ideal, sometimes parent involvement is 

not an option for one reason or another (Landreth, 2012). In CCPT, the focus is on the 

relationship between the counselor and child. CCPT also values the participation of the parent in 

treatment delivery, yet research on CCPT outcomes has repeatedly resulted in significant 

improvement when parents are not involved in treatment (Landreth, 2012; Ray, 2011). CCPT 

theorists have proposed that even though parent participation in therapy is most promising, 

children are capable of moving toward self-enhancing behaviors within the protocol of CCPT 

without parent involvement (Axline, 1969; Landreth, 2012; Ray, 2011). In a similar vein, CBT is 

based on the individual work of each child. Cognitive behavioral therapists believe in the 

reworking of distorted thoughts by allowing children “to identify, evaluate, and modify their 

thoughts” (Henderson & Thompson, 2011, p. 438). CBT with children helps them learn new 

skills and practice them in the counseling environment (Henderson & Thompson, 2011). Once 

again, although children tend to change more when parents are involved in treatment, Spence et 

al. (2000) found children in the treatment group still improved regardless of parental 
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involvement. Both CCPT and CBT focus on the individual child and, therefore, do not rely on 

parents to be effective. The results of the current study suggest CCPT/humanistic play therapy 

and CBT as two promising approaches that do not require parent involvement to show positive 

results. 

Reporting in Child Counseling Research 

In the process of exploring and proposing benchmark effect sizes, review of studies 

resulted in the observation of reporting trends for child counseling researchers. One common 

trend was lack of reporting of participant ethnicity. Within the 41 studies in this review, 25% of 

studies did not include a report on ethnicity of sample. The lack of specificity in ethnic 

description is especially troubling given that APA (2010) requires the reporting of participant 

characteristics as a guideline in research reporting. However, the 75% incidence of proper 

reporting in the present study is an improvement to an earlier review by Nilsson, Love, Taylor, 

and Slusher (2007) who found studies in the Journal of Counseling and Development (JCD) 

reported race or ethnicity only 60% of the time. In reviewing research for the current study, some 

researchers alluded to the ethnicity of their participants in their title but neglected to describe the 

sample adequately. For example Aydin and Yerin (1994) only described the setting of their study 

(Turkey), however, failed to mention the ethnic background of the participants. Perhaps because 

the article was published in an international journal, researchers decided it was only prudent to 

know that participants were of Turkish nationality. However, for the purposes of the current 

review, those studies in which ethnicity was inferred were coded as not reporting ethnicity.  

Lack of thorough statistical reporting was also a common trend in the studies included in 

the present study. Sixty-one percent of the studies in this review reported an effect size. Initially, 

this appears to be only slightly better when compared to previous research which found 55% of 
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authors provided an effect size in JCD between the years of 2009 and 2010 (Wester, Borders, 

Boul, & Horton, 2013). However, a closer analysis of trends over time in the current review 

indicated effect size reporting steadily improved. From 1990 to 1995, none of the three studies 

reviewed included a report of effect size. In the next five years (1995-1999), only one out of five 

reported an effect size. In other words, for the entire decade of 1990s of this particular review, 

only one study included report of effect size. However, these numbers steadily rose from 2000-

2004 and 2005-2009, showing an increase of 54% and 71% respectively. In the articles from 

2010 to 2016, 85% reported an effect size. The increase in effect size reporting suggests 

researchers are following the guidelines of APA (2010) and contemporary journal editors who 

more frequently require effect size reporting for consideration of publication. In regard to 

reporting of effect size, the present study found similar results to previous research regarding 

problems in report and specificity (Bangert & Baumberger, 2005; Kirk, 1996). Two studies for 

the current review listed a statistic for effect size but did not specify what effect size they were 

reporting.  One of these studies provided the formula used to find their effect size without 

naming the type of effect size. The second study only reported the statistic and labeled it “ES”. 

The lack of effect size identification directly counters recommendations made by Thompson 

(2002) and the APA task force which recommended naming the effect size reported (Wilkinson 

& The APA Task Force on Statistical Inference, 1999). Additionally, none of the studies 

reported confidence intervals for the reported effect size despite the recommendation by APA 

(2010) manual which stated “whenever possible, provide a confidence interval for each effect 

size reported to indicate the precision of estimation of the effect size” (p. 34). Of those studies 

that included an effect size, Cohen’s d, ƞ
2
, and partial ƞ accounted for 92% of the effect sizes 



 
 

113 
 

reported which is supported by the existing literature (Bangert & Baumberger, 2005; Kirk, 

1996).  

Statistical vs. Practical Significance 

Because statistical significance results limit interpretation of the effectiveness of 

treatment in intervention outcome studies, practical significance resulting from randomized 

controlled trials provides information on magnitude of difference that can be attributed to 

treatment. In the current study, I compared the number of studies resulting in statistical 

significance (studies which resulted in a p value smaller than the predetermined alpha level) 

versus the number of studies resulting in practical significance (studies which resulted in a 

Cohen’s d of .5 or more). Twenty-six studies (63.4%) resulted in an effect size of moderate to 

large effect based on interpretation using Cohen’s historical categories. In comparison, 33 

(80.5%) studies resulted in statistical significance. The greater number of studies demonstrating 

statistical significance over the number demonstrating meaningful practical significance 

complicates interpretation of outcomes. One possible interpretation is that practical significance 

may be more difficult to attain than statistical significance. Because the probability of reaching 

statistical significance is sometimes a matter of increasing sample size, researchers may increase 

number of participants to achieve statistical significance, manipulating outcomes through 

mathematics. However, increasing the sample size does not necessarily impact the practical 

significance of the intervention (Rosenthal et al., 2000; Sun et al., 2010). Additionally, outcome 

studies that demonstrate statistically significant results are more likely to be published 

(Rosenthal, 1979), hence studies that demonstrate only practical significance may languish in 

obscurity.  
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Proposed Benchmarks 

 The proposed benchmarks resulting from the current study are meant to be preliminary 

suggestions for interpreting outcomes in the field of child counseling research (See Table C.4 for 

a review of the benchmarks previously seen in Results). The use of the original .2, .5, and .8 

appears illogical when Cohen (1988) himself acknowledged that these numbers were relatively 

arbitrary and suggested researchers would need to determine their own benchmarks in their given 

fields. Although possibly arbitrary, Cohen (1988) further added that benchmarks must also be 

reasonable. For the purposes of the present study, new benchmarks were determined according to 

analysis of a homogenous set of research studies on child counseling treatment, thereby applying 

a process of reason. When determining the accuracy of these benchmarks, one must consider 

what each benchmark means. A small effect size is one in which there is in fact a difference; 

however, that difference cannot be seen by the naked eye (Cohen, 1988). Yet, a medium effect 

size can be seen with the naked eye and generally reflects the average within the field (Cohen, 

1988; Kirk, 1996). Last, a large effect size should be fairly obvious to anyone observing (Cohen, 

1988). 

When applying the historical categories of Cohen to studies included in the present 

review, 61.4% of the effect sizes reported from studies resulted in an effect size of .5 or higher 

(moderate to large), indicating that over 61% of effect sizes signified an improved outcome 

based on treatment that is clearly observable. However, in application of the proposed 

benchmarks, a Cohen’s d of above .70 .50, and .36 (parent, teacher, and child respectively), 

resulted in observable improvement in just under 57% of effect sizes. This decrease in the 

number of effect sizes over .5 suggests the new benchmarks provide a slightly more stringent 
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interpretation of child counseling outcomes when compared to Cohen’s historical interpretations. 

Additionally, interpretation is substantially different based on reporter.  

Limitations 

 Although detailed design and analysis served to provide outcomes that can be credibly 

used for future child counseling research, the process posed some limitations. A considerable 

limitation inherent in almost any review of the literature is the inability to search every single 

individual study known in child counseling literature to synthesize the benchmarks. Although a 

thorough search in previous reviews, academic journals, and electronic databases was performed, 

it is still possible that many studies were overlooked and not included despite containing the 

inclusion criteria.  

 Another limitation was the strict inclusion criteria. Although the inclusion criteria was 

theoretically supported, it greatly reduced the number of studies available by excluding both 

studies which included parents and those which included children over the age of 13. Hence, 

analysis included a smaller than expected number of effect sizes. I made efforts to ensure that 

data was normally distributed prior to calculations yet the small number of data points for each 

reporter type may have impacted the resulting means.  

Additionally, the nature of child counseling research is such that there is what Cohen 

(1988) described as “noise” or “uncontrollable extraneous variables” (p. 25). Noise may be 

attributable to factors that interfere with treatment when treatment is provided in the field and not 

in controlled settings. Cohen (1988) believed this type of research contributes to smaller effect 

sizes. Within the 41 studies explored, only three were conducted in a laboratory; 30 were 

conducted in the school setting. The level at which noise may have affected or possibly 

suppressed outcomes is an unknown factor.  
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Finally, the need to reduce each study to one single measurement point to create a 

homogeneous, and thereby comparable, sample was a limitation to this analysis. By using only 

one point of measurement, outcomes were narrowed and unrepresentative of the multiple 

outcomes present in several of the reviewed studies. Reducing findings to one single point takes 

out a plethora of information within the other data (Chorpita et al., 2011).  

Implications 

The following are implications of the current study’s results. This includes an overview 

improvements needed in the field surrounding various areas of reporting. Suggestions for further 

research are also explored. 

Exploration of effect sizes. This current study opens the door to a world generally 

unexplored by researchers. Cohen (1988) encouraged researchers to find small, medium, and 

large effect sizes based on research outcomes within their individual fields. Unfortunately, much 

to the field’s detriment, the majority of researchers continue to use the .2, .5, and .8 when 

interpreting Cohen’s d (Thompson, 2002). Hill et al. (2008) suggested it is rare for researchers to 

explore the empirical benchmarks within their own fields of behavioral sciences. However, this 

review provides a preliminary investigation into the determination of effect sizes. One goal of 

this study was to encourage researchers to continue to explore the identification of relevant 

empirical effect size benchmarks for individual fields of study. This study represents analysis of 

a narrow field of counseling interventions delivered directly to children. Future research could 

focus on finding empirical benchmarks for child and parent intervention studies. This would 

include therapies such as theraplay, family systems therapy, parent-child interaction therapy, and 

filial therapy. Additionally, many studies could not be used due to the inclusion of children 13-

years-old and older. Future research could focus on finding the appropriate empirical 
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benchmarks for counseling with adolescents aged 13-18. It is also recommended that researchers 

use multiple measures when looking for effect sizes to obtain a more well-rounded and thorough 

benchmarks. 

Child counseling research. The current analysis provides a look into the last 25 years of 

child counseling research and, consequently, gives suggestions for future research in the field. 

First, there was a lack of available studies due to the exclusion of parents. As previously 

discussed, parents are often times unavailable to participate in treatment for one reason or 

another. Because of this, it is important to find the most appropriate interventions for children 

without the condition of parental involvement. Furthermore, the inclusion of parents in the 

treatment process often results in inflated scores. To control for these two issues, the child 

counseling field would benefit from researchers focusing on child interventions that do not 

require parental involvement. This would result in a more accurate understanding of multiple 

ways to help children.  

The second issue to consider is the setting in which a majority of the studies took place. 

A large number of the studies took place in school settings. Conducting research in schools can 

be very advantageous. The children are generally in attendance and researchers do not rely on 

parents bringing children to a testing site or a clinic. Additionally, schools provide access to 

exploration of real-world treatment by offering intervention to children with multiple and 

complex mental health and behavioral issues. Interestingly, there appeared to be a correlation 

between the number of studies that delivered services directly to children and inclusion of studies 

conducted in schools. It appears that researchers in schools recognize the limited availability of 

parents on site and develop treatments that directly serve children. Alternately, when inclusion 

criteria was applied, controlled laboratory research projects and research in agencies were 
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excluded for not meeting criteria. Hence, more research of treatments directly delivered to 

children is warranted in the controlled laboratory setting, as well as agency settings.  

Another large concern was the lack of objective raters as reporters. Although 

inconvenient, objective raters may be the best source of information regarding an objective 

analysis of children’s behaviors. As previously mentioned, teachers have a difficult time 

changing their opinions of children regardless of behavioral improvements (Howes et al., 2000). 

Also, children may not always be the most reliable reporter regarding their own behavior 

(Loeber et al., 1990). The field would benefit from an increase in use of objective raters in 

addition to using multiple reporters when gathering data (Achenbach et al., 1987). 

In addition to an increase in reporters, researchers in the field would benefit from 

exploring more target variables. Although anxiety may be identified as a heavily prevalent 

disorder in childhood, children struggle with multiple mental health issues, emotional challenges, 

and behavioral disorders. By focusing on additional outcomes, researchers may be able to tease 

out the differences between disorders such as anxiety and depression. Furthermore, readers and 

practitioners can gain a better understanding of their clients, who are most likely suffering from a 

wide variety of disorders. 

Lastly, although there has been some improvement, researchers must improve their 

reporting habits. Properly reporting ethnicity allows readers to understand the generalizability of 

the results (Rubin & Bellamy, 2012). When researchers fail to report ethnicity, readers are 

unable to say with any certainty that the characteristics used in the given sample were 

representative of the characteristics of the population with whom they work. In addition to 

ethnicity, many researchers in the reviewed studies failed to report an effect size. Furthermore, 

those that did report an effect size frequently did so improperly (by failing to label the effect size 
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or provide confidence intervals) and did not interpret the results for the reader (i.e. provided a 

number but not interpretation of that number such as small, medium, or large). Ellis (2010) 

emphasized the importance of effect size reporting in regard to practical significance. Without 

practical significance, practitioners are unable to generalize findings to their practice where they 

are attempt to improve the lives of their clients. This, one could argue, is the original purpose of 

research: to improve the lives of others. 

Conclusion 

 Effect sizes are imperative when determining significance of a study (Grissom & Kim, 

2005; Thompson, 2002). Although researchers are starting to report effect sizes more, it is still 

important to continue doing so to further the field (Bangert & Baumberger, 2005; Erford et al., 

2011; Nilsson et al., 2007, Wester et al., 2013). In addition to this, researchers must also properly 

interpret effect sizes for readers who tend to be non-specialists, such as clinicians and mental 

health care workers (Ellis, 2010).  Using appropriate empirical benchmarks is an important 

aspect of properly interpreting effect sizes within the context of a field (Cohen, 1988; Hill et al., 

2008; Thompson, 2002). The current review opens the door and invites researchers to conduct 

similar analyses to estimate their own benchmarks within their given field.  

Results from the current study indicate that effect size regarding child counseling 

outcomes is greatly impacted by the type of reporter used in measuring improvement. Parents 

appear to be the most sensitive to reporting improved outcomes; and thereby report higher effect 

sizes overall. Teachers report improved outcomes at a reduced level when compared to parents 

and may have more difficulty observing change in children who participate in counseling 

treatment. Finally, child self-report results in the lowest level of reported improvement which 

may be impacted by lack of sufficient measurements to address the development of children. 
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Differences based on reporter suggest that researchers should interpret outcomes according to 

benchmarks designed for each reporter type. Child counseling research appeared to yield 

observable improvement that can be interpreted through reasonable application of practical 

significance.  
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