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Tax evasion is a serious issue that influences governmental revenues, IRS enforcement 

strategies, and tax policy decisions. While audits are the most effective method of enforcing 

compliance, they are expensive to conduct and the IRS is only able to audit a fraction of the 

returns filed each year. This suggests that audits alone are not sufficient to curb the billions of 

dollars of tax evaded by taxpayers each year and that a better understanding of factors 

influencing compliance decisions is needed to enable policymakers to craft tax policies that 

maximize voluntary compliance. Prior research tends to model compliance as economic, 

environmental, or personal decisions; however, this study models it as a multifaceted decision 

where these three perspective individually and interactively influence compliance. It is the first 

to decompose perceived detection risk into two dimensions (selection risk and enforcement risk) 

and investigates how these two dimensions of risk, decision domains (refund or tax due 

positions), and three personal factors (mental accounting, narcissism, and proactivity) influence 

taxpayers’ compliance decisions. I conducted a 2x2 fully crossed experiment involving 331 self-

employed taxpayers. These taxpayers have opportunities to evade that employed taxpayers do 

not. For example, they can earn cash income that is not reported to the IRS by third parties. For 

self-employed taxpayers (especially those wanting to evade), perceived selection and 

enforcement risks may be distinctly different depending on a taxpayer’s situation, what they 

believe they can control, and what risk they are willing to accept. For example, selection risk 

may be perceived as the greatest risk for those with unreported items on their return, while 

enforcement risk may be more prominent for those perceiving certain levels of selection risk. 



Thus, I believe self-employed taxpayers are the most appropriate population to sample from and 

are likely have reasonable variation in the three personal factors of interest. I find that taxpayers 

do differentiate between selection and enforcement risks but the difference only manifests for 

taxpayers in certain decision domains. Taxpayers in a refund position (i.e. conservative mindset) 

had a greater sensitivity to the form of payment (cash vs. check) and appeared to use this 

information to make inferences about enforcement risk which was significantly different from 

their perceptions of selection risk. Conversely, tax due taxpayers (i.e. aggressive mindset) 

appeared to overlook the form of payment and did not assess these two risks as significantly 

different. Evaluating the full sample suggests that both selection risk and enforcement risk have a 

positive influence on compliance. Further, these risks interact to influence compliance. 

Specifically, compliance is greatest when taxpayers perceive a high likelihood of being selected 

for an audit and enforcement risk only matters when selection risk is low. This finding is 

interesting and suggests that avoiding interaction with the IRS is a primary objective of 

taxpayers. In line with my findings of taxpayers perceiving different risks in refund and tax due 

positions, the influence of risk perceptions on compliance differed for taxpayers in these 

positions. Refund taxpayers were influenced by both selection and enforcement risk, similar to 

the full model; however, tax due taxpayers were only influenced by selection risk and appeared 

to completely overlook enforcement risk when making their reporting decision. Lastly, the study 

shows that personal characteristics can also influence compliance in the presence of economic 

and environmental determinants, but some characteristics only manifest in specific decision 

domains. Of the three personal characteristics investigated, only mental accounting orientation 

was a significant predictor for the full sample. When the sample was split by decision domain, 

only proactivity was a predictor of compliance for refund taxpayers, while only mental 



accounting orientation was a predictor of compliance for due taxpayers. While I did not find 

results for narcissism and compliance, my subsequent analysis suggests that individual 

dimensions of narcissism may be better predictors of compliance than the full measure. 

Specifically, the exploitation dimension was a significant predictor of compliance for those in a 

tax due position. This study make several contributions to the accounting and tax literatures. 

First, this study provides support for a two-construct conceptualization for perceived detection 

risk that includes both selection and enforcement risks. Second, it answers calls to investigate 

more comprehensive compliance models and finds economic, environmental, and personal 

characteristics individually and interactively influence compliance. Third, this study investigates 

three personal factors that have not been investigated in the tax compliance literature. Finally, 

this study answers calls for research on self-employed taxpayers and suggests that the IRS will 

be more successful in increasing compliance by playing on taxpayers’ aversion to being selected 

for an examination than communicating information on the IRS’ ability to detect noncompliance 

during an examination. 
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CHAPTER 1

INTRODUCTION

Tax evasion is a serious issue that influences governmental revenues, tax authority 

enforcement strategies, and tax policy decisions. The Government Accountability Office (GAO) 

estimates that income underreporting resulted in $197 billon of lost tax revenue in 2001 (GAO 

2007) and $235 billion in 2006 (GAO 2012). While audits are the most effective method of 

enforcing compliance, they are expensive to conduct and in an era of shrinking IRS budgets, it is 

unfeasible to audit 100% of tax returns or even 10% of returns. For example, the IRS was only 

able to audit 0.9% of individual tax returns for the 2014 tax year (IRS 2014). Thus, enforcement 

actions alone do not appear sufficient to curb the billions of dollars evaded by taxpayers each 

year. A better understanding of factors that influence taxpayer reporting may enable 

policymakers to craft tax policies that maximize voluntary tax compliance. 

The objective of this study is to investigate how economic, environmental, and personal 

factors individually and interactively influence taxpayers’ compliance decisions. Specifically, the 

paper considers how two levels of risk (selection risk and enforcement risk), decision domains 

(refund or tax due positions) and three personal factors (income level, taxpayer narcissism, and 

taxpayer proactivity) impact taxpayer compliance. Unlike most prior studies that model 

compliance as either economic, environmental or personal decisions, this study models 

compliance as a multifaceted decision where determinants from these three research perspectives 

(economic, environmental, and personal) individually and interactively influence compliance. 

Detection risk represents a traditional economic determinant of compliance (e.g. 

Allingham and Sandmo 1972) and is often equated to a taxpayers’ risk of being audited. This 

conceptualization of detection risk does not appear to be fully representative of the risks 
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taxpayers face when evading taxes. First, the institutional reality facing U.S. taxpayers when 

they evade is that their return must first be selected for an examination and then the IRS must 

detect any evasion that has occurred through their enforcement actions. Second, taxpayers are 

generally unaware of their actual risk of detection. Prior research suggests that it’s not the actual 

detection risk taxpayers face that is important, but their perceptions of risk (Fischer, Wartick, and 

Mark 1992). This study decomposes perceived detection risk into two dimensions and is the first 

study to examine it as two distinct constructs: perceived selection risk and perceived 

enforcement risk. Perceived selection risk reflects taxpayers’ perceptions regarding the 

probability that the IRS will select a taxpayers’ return for an examination1. Perceived 

enforcement risk reflects the probability that the IRS will uncover evasion after a taxpayers’ 

return has been selected for further review. 

Most prior research does not distinguish between selection and enforcement risks but 

suggests that taxpayers are less likely to evade when they perceive a high probability of detection 

(e.g. Carnes and Englebrecht 1995); however, the distinction between risks may be more salient 

for taxpayers with greater opportunities to evade. For taxpayers that have little or no opportunity 

to evade, it is difficult to make a distinction between selection and enforcement risk. For 

example, consider a taxpayer who receives a Form W-2 for wages or Form 1099 for income. If a 

taxpayer fails to report this type of income, the IRS will likely send the taxpayer a bill for the 

amount of tax due. The selection of the return for further review and detection of the undisclosed 

amount is virtually guaranteed since the IRS electronically matches the amounts reported on 

taxpayers’ returns with amounts reported by third parties (e.g. employers, banks, etc.). 

1 Common methods the IRS uses to examine taxpayers returns are correspondence examinations where the 

examination is conducted by mail and field audits where the examination is conducted face-to-face. 
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For many other taxpayers, especially self-employed taxpayers, there may be a clear 

distinction between selection and enforcement risks. These taxpayers are more likely to receive 

income that is not reported to the IRS by third parties and may also have opportunities to pad 

deductions. For example, the IRS (2012) estimates that most underreported income is from 

amounts subject to little or no third party information reporting such as self-employment income, 

rent and royalties, farm income, and sales of business property. These types of income are often 

associated with no documentation, are cash payments, and have little or no paper trail for the IRS 

to substantiate. For taxpayers earning undocumented income, detecting evasion becomes much 

more difficult for the IRS, and consequently these taxpayers have greater opportunity to evade. 

Unlike W-2 or 1099 taxpayers, whose reported amounts can be verified with other third party 

reports, the IRS cannot simply match self-employment income to amounts reported by third 

parties. 

Obviously, it is not possible to select every self-employment return for audit; the 

selection is based on “red flags.” The red flag algorithm is most likely to select returns that have 

the highest likelihood of evasion. For example, the IRS may choose to examine returns with 

multiple audit red flags and significant potential for evasion rather than waste IRS resources 

pursuing those with a single red flag or low levels of evasion. Yet, this is only the first step. As 

the second step, once a return is selected, the IRS must prove that evasion occurred2. They can 

do so by uncovering evidence that a taxpayers’ return is incorrect, a task that becomes rather 

difficult in the absence of documentation and paper trails. 

2 The IRS Restructuring and Reform Act of 1998 shifted the burden of proof to the IRS in civil tax matters (Knight 

and Knight 1999). The burden of proof still falls on taxpayers to substantiate business expenses and deductions. For 

taxpayers who omit more than 25% of gross income or commit fraud, the initial burden of proof is on the IRS to 

invoke the appropriate statute of limitations. Further, when the IRS uses statistical methods to reconstruct income 

based on unrelated taxpayers, such as basing income on similar taxpayers, the burden of proof shifts to the IRS. 
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Consequently, for self-employed individuals (especially for those wanting to evade), 

perceived selection and enforcement risks may be distinctly different depending on a taxpayers’ 

situation, what taxpayers believe they can control, and what risk they are willing to accept. For 

some taxpayers, selection risk may be the most critical risk. This is important since the IRS is not 

limited to detecting just the evasion they suspect. During the course of their examination, the IRS 

may identify other amounts that were not properly reported such as unreported income, 

overstated deductions, or foreign bank accounts. These taxpayers are worried about the audit 

process opening up a “can of worms” and, although not worried about detection of amounts 

under dispute, may be concerned about other issues identified during an examination. 

Consequently, selection risk is likely to be perceived as the greater risk as compared to 

enforcement risk and therefore is likely to play a greater role in their compliance decision. 

For other self-employed taxpayers, enforcement risk may be more salient than selection 

risk. That is, they may feel that as a self-employed taxpayer they are at a greater risk of being 

audited than non-self-employed individuals3. They may also perceive this as an environmental 

factor beyond their control. Consequently, rather than focusing on trying to reduce their chances 

of being selected for an audit, they may focus on reducing IRS’s chances of uncovering evasion 

(viz. cash transactions, minimizing documentation, etc.). For these taxpayers, perceptions of 

enforcement risk (IRS detecting their evasion during an examination) is more salient than 

selection risk (being selected for audit) and is therefore, more likely to impact their compliance 

decisions. 

3 Self-employed taxpayers reporting gross receipts greater than $25,000 are more than six times more likely to be 

examined than non-self employed individuals (IRS 2014). The IRS uses a Discriminant Function System (DIF) 

score to rate the potential that evasion has occurred; however, the formula is a closely held secret based on the IRS’ 

prior experience (IRS.gov 2012). 
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Prior research suggests that environmental context in which a reporting decision occurs 

influences the outcome of the decision. Specifically, taxpayer perceptions of decisions domains 

(i.e. whether taxpayers are in a refund or tax due position) have a psychological impact on 

reporting choices (e.g. Dusenbury 1994; Jackson and Hatfield 2005). Generally speaking, 

taxpayers in a tax due position tend to report more aggressively than those in a refund position; 

however, the interactive influence of decision domain on the impact of other determinants of tax 

compliance has not been sufficiently investigated. Consequently, one objective of this study is to 

determine whether the impact of selection and enforcement risks on compliance is identical 

regardless of the decision domain; or whether taxpayers’ perceptions of selection and 

enforcement risk and consequently their compliance, depends upon the specific decision domain. 

Recently, there is a growing body of literature that shows that, besides economic and 

environmental factors, personal characteristics play a very important role in compliance 

decisions (Torgler 2003; Braithwaite and Ahmed 2005; Schnellenbach 2006; Torgler 2006; 

Bobek, Hageman, and Kelliher 2013). This paper examines how three personal factors (viz. 

mental accounting method, taxpayer narcissism and taxpayer proactivity), independently and 

interactively with selection and enforcement risks and decision domains, influence taxpayer 

compliance. 

This study focuses on self-employed taxpayers as the population of interest. As 

mentioned earlier, self-employed taxpayers are more likely perceive a difference between 

selection and enforcement risk and consequently, they are the most appropriate population to 

sample from. Additionally, self-employed taxpayers are also likely to have a reasonable variation 

in the three personal factors being considered in the study. Beyond that, self-employed taxpayers 

are of special interest to the IRS and policymakers. Underreporting income is a significant source 
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of the tax gap (GAO 2007) and the IRS estimates the majority of sole proprietors underreport 

business income4.  

This study extends prior tax literature in at least three ways and may contribute to the 

GAO’s (2007) call for strategies to combat sole proprietor noncompliance. First, this study 

provides empirical evidence on whether taxpayers perceive selection risk and enforcement risk 

as distinct risks and how perceptions of these risks influence compliance decisions. Second, prior 

research has issued calls to investigate interactions between determinants of tax evasion in order 

to better understand compliance decisions (Jackson and Milliron 1986; Richardson and Sawyer 

2001). This study investigates how economic, environmental and personal factors interact to 

influence compliance decisions. Third, this study investigates three personal factors that have not 

been investigated in the tax compliance literature (i.e. mental accounting orientation, narcissism, 

and proactivity). Finally, rather than focusing on general taxpayers, this study focuses on self-

employed taxpayers, a group of taxpayers of particular interest to governmental officials because 

they are a major contributor to the tax gap. 

The remainder of the proposal proceeds as follows. Chapter two reviews relevant 

literature and develops the hypotheses. Chapter three discusses the methodology used to test the 

hypotheses. 

4 The tax gap is defined as the annual amount of tax liability that is not paid on time (IRS 2012) 
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CHAPTER 2 

LITERATURE REVIEW AND HYPOTHESES DEVELOPMENT 

This chapter develops hypotheses based on relevant academic literature. First, general tax 

compliance literature is reviewed in order to define tax compliance related concepts and identify 

the tax compliance model being used as the foundation for this study. Next, the tax compliance 

determinants of interest are explained and hypotheses will be generated. 

2.1 General Tax Compliance Literature 

The U.S. tax system relies on citizens to voluntarily comply with tax laws (Kaplan, 

Newberry, and Reckers 1997). Tax compliance is defined as “reporting all income and paying all 

taxes in accordance with the applicable laws, regulations, and court decisions” (Alm 1991, p. 

577). Tax evasion is defined as illegally not reporting income from labor or capital that is subject 

to tax (Sandmo 2005). Bolstering compliance is a major concern for the IRS, especially 

considering the tax gap (i.e. the amount of tax liability not paid on time) continues to increase5. 

The GAO (2012) has recently called for reducing noncompliance and the tax gap through 

building an increased understanding of the causes of taxpayer noncompliance. This call seems 

especially relevant for taxpayers who receive undocumented income because these taxpayers 

account for over half of the annual tax gap (IRS 2012). 

Early economic compliance models suggested that taxpayers are rational actors with the 

ability to consider the economic risks and expected returns of underreporting income; however, 

observed behavior doesn’t conform to these models’ predictions and is often found to be 

opposite of what these models predict. For example, Allingham and Sandmo’s  (1972) financial 

5 In 2001 the estimated tax gap was $345 billion (IRS 2009) and in 2006 the tax gap was estimated to be $450 

billion (GAO 2012). 
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self-interest model is one of the first such models and contains three variables (tax rate, audit 

probability, and penalty structure) that determine the cost of compliance, which in turn, 

influences compliance behavior6. Given that the probability of an audit is low, the Allingham and 

Sandmo (1972) model predicts much lower compliance than is actually observed (Alm 1991). 

One noted limitation of these models is that they fail to incorporate many institutional realities 

associated with tax filing (Fischer et al.1992). For example, these models equate audit 

probability with detection risk, they do not consider attitudes or other nonfinancial factors nor do 

they capture the ongoing relationship between taxpayers and the IRS because they are one-period 

models. 

Jackson and Milliron’s (1986) comprehensive review of the tax compliance literature 

identified 14 key variables commonly discussed. Fischer et al. (1992) categorized these 14 

variables into four types: demographics, proxies for noncompliance opportunities, attitudes and 

perceptions, and tax system structure. Fischer (1991) organized these four categories into the 

expanded model of taxpayer compliance (hereafter the Fischer model). The Fischer (1991) 

model, as depicted in Figure 1, includes the economic determinants of the financial self-interest 

model as part of the structure of tax system, but also includes psychological and sociological 

determinants (i.e. attitudes and perceptions), as well as noncompliance opportunities. 

The present study uses the Fischer (1991) model as a foundation to investigate the 

compliance decisions of self-employed taxpayers with the underlying theme of the study being 

6 This model assumes that individuals maximize their expected utility (net wealth) and that opportunities for 

noncompliance exist. Expected utility is maximized by weighing the uncertain benefits of successful noncompliance 

against the risk of detection and punishment. 
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that compliance decisions represent multifaceted decisions where economic, environmental, and 

personal factors individually and interactively influence compliance. The Fischer (1991) model 

suggests that perceptions of detection risk (economic factor) and decisions domains 

(environmental factor) influence compliance individually and interactively with taxpayers’ 

attitudes (personal factors). This study decomposes detection risk into two dimensions: selection 

risk and enforcement risk. Further, it investigates the influence taxpayers’ perceptions of 

decision domains and personal factors (mental accounting, taxpayer narcissism, and taxpayer 

proactivity) on compliance. The study assumes that opportunities to evade exist within the U.S. 

(e.g. cash income) and that personality types and personal beliefs can be attitudinal in nature. 

2.2 Perceptions of Selection Risk and Enforcement Risk 

Tax research investigating detection risk is based on the idea of deterrence theory, which 

posits that tax compliance increases as the probability of detection and penalties increase (Carnes 

and Englebrecht 1995). According to early economic models, tax evasion varies inversely with 

the probability of detection (e.g. Allingham and Sandmo 1972; Srinivasan 1973; Reinganum and 

Wilde 1985). Researchers, such as Kinsey (1990) and Alm (1991), concluded that detection 

probability and compliance were positively related; however, many early reviews of the 

detection probability literature concluded that few firm conclusions could be made regarding the 

influence of detection probability on compliance decisions (Roth, Scholz, and Witte 1989; 

Webley, Robben, Elffers, and Hessing 1991; Fischer et al. 1992). 

Fischer et al.’s (1992) review of the detection risk literature evaluated research using 

different methodologies (i.e. regression modeling, surveys, and experiments) and noted the 

measurement of detection risk needed to be improved. First, they discussed the need to 

operationalize detection risk as perceived detection risk rather than using true or objective audit 
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probabilities. Over time, numerous researchers have recognized that it is not the actual 

probability of detection that has the potential to influence compliance decisions, but taxpayers’ 

perceptions of detection risk (e.g. Becker, Buchner, and Sleeking 1987; Fischer et al. 1992; 

Carnes and Englebrecht 1995). Second, they noted that perceived detection risk is likely 

comprised of two dimensions: selection risk and enforcement risk. Selection risk refers to the 

probability that the IRS will select a taxpayer’s return for an examination. Enforcement risk 

refers to the probability that the IRS’ enforcement actions will detect evasion during the course 

of an examination. 

Despite Fischer et al.’s (1992) recommendation to investigate the separate dimensions of 

detection risk, research has largely ignored this distinction. Some studies simply ask participants 

about the likelihood they would be caught for tax evasion if they underreport income or overstate 

deductions. For example, Klepper and Nagin (1989a) framed their discussion around perceptions 

of audit risk related to specific line items but simply asked participants about the likelihood of 

the IRS catching at least half of any unreported income or overstated deductions. Similarly, 

Sheffrin and Treist (1992, pg 199) assessed perceptions of detection probability by asking the 

“chance of being caught cheating by small” and “large” amounts and found a significantly 

negative association between perceived detection probability and noncompliance. While these 

studies support the general consensus that increases in perceived detection risk reduce 

noncompliance, they fail to increase our understanding of how taxpayers actually assess their 

probability of detection. In other words, simply asking participants about their perceptions of 

being caught does not disentangle whether the general finding that tax evasion is inversely 

related to perceived detection risk is due to taxpayers’ perceptions of selection risk, enforcement 

risk, or some function of both. 
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Other research has used instruments where selection and enforcement risk are a single 

construct, which prohibits measuring these risks as separately. For example, Carnes and 

Englebrecht (1995) manipulated income visibility (i.e. whether income was reported to the IRS 

using Form 1099) and measured perceived detection probability by asking participants to assess 

the likelihood that any noncompliance would be detected if they chose not to report the income. 

Similar to the studies mentioned above, they found compliance was high when perceived 

detection probability was high. Using Form 1099 creates a situation where selection risk and 

enforcement risk are one in the same because the IRS’ matching technology would likely 

identify any discrepancy between what was reported as income by the taxpayer and the total 

reported on Form 1099 by a third party. Further, the Form 1099 provides evidence that the 

taxpayer failed to report income. 

Research showing that perceived detection risk is comprised of two dimensions is sparse; 

however, there does appear to be some validity for this conceptualization. Vogel (1974) provided 

the first evidence when he asked a sample of Swedish taxpayers about the likelihood that 

authorities would detect their noncompliance if they chose to evade taxes7. Although there are no 

statistical analyses (e.g. t-tests to assess significant differences between groups), the results 

showed little difference between employed (28.3%) and self-employed taxpayers (27.0%) with 

respect to whether they believe that they would be detected if they chose to evade taxes8. In 

contrast, Self-employed taxpayers (41.0%) appeared to be much more likely to believe that they 

7 Similar to the U.S., the Swedish tax system relies on voluntary compliance; however, at the time of this study, tax 

rates in the country exceeded 60%. Although it is useful for limited insights, differences between taxpayers in these 

two countries may exist for the actual probabilities of detection as well as political and /or social differences that 

influence attitudes and perceptions towards compliance. 
8 The sample included a disproportionately high percentage of self-employed taxpayers because the author felt this 

was the group with the most opportunity to evade. 
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had a better chance than average taxpayers to evade without detection when compared to 

employed taxpayers (25.6%). Fischer et al. (1992) interpreted the results as indicating that self-

employed taxpayers have similar perceptions of selection risk but lower perceptions of 

enforcement risk than employed taxpayers. 

Only two studies I am aware of investigate perceived selection risk and enforcement risk 

as separate constructs. Hite (1988) investigated the effect of peer reporting behavior and other 

variables cited in prior research on taxpayer compliance. Her questionnaire had participants 

indicate the amount of income they would report from a side job and in the following questions 

asked them about the likelihood their return would be selected for an audit and, if they did not 

report all the income, the likelihood that the IRS would be able to detect the underreported 

income. Her results showed no correlation between selection risk and compliance but a 

significantly positive relationship between enforcement risk and compliance. Her results for 

selection risk may be explained by the fact that participants were rating their own reporting 

decisions rather the likelihood their return would be selected for an audit if they chose to 

underreport income. 

 Christensen and Hite (1997) assessed whether taxpayers’ perceptions of selection risk 

and enforcement risk differed for income and deductions. Using paired t-tests, they found that 

taxpayers perceived both risks to be greater for underreporting income than overstating 

deductions; however, their analysis did not investigate the effects of these perceptions on 

compliance decisions. 

More recent research appears to be building on the idea that both selection and 

enforcement risks are important dimensions of taxpayers’ perceptions of detection risk. Iyer, 

Reckers, and Sanders (2010) performed a field study in the state of Washington to improve 
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compliance with the use tax. They found a heightened level of perceived scrutiny and visibility 

of the Washington state use tax, along with increasing sanction awareness, strongly influenced 

the reporting behavior of firms. Although they did not assess taxpayers’ perceptions, their 

manipulation included a paragraph discussing how the state would be examining more tax 

returns to assess underpayments as well as required taxpayers to submit a detailed report of asset 

purchases consistent with their Federal Depreciation Schedule, Form 4562. In other words, their 

manipulation was aimed at taxpayers’ perceptions of both selection (i.e. increased examinations) 

and enforcement risks (i.e. report of asset purchases). While it seems likely that taxpayers 

perceive a difference between selection and enforcement risk, due to the dearth of research on 

this aspect of compliance, I pose this distinction as a research question. 

RQ1: Do taxpayers perceive selection risk and enforcement risk as two distinct risks. 

2.2.1 Perceived Selection Risk, Perceived Enforcement Risk, and Tax Compliance 

As mentioned previously, early economic models were predicated on the assumption that 

audit rates are directly related to compliance (Allingham and Sandmo 1972). Many studies that 

followed showed an association between audit rates and compliance. For example, Dubin, 

Graetz, and Wilde (1990) found that reported tax liability increases as audit rates increase. Alm, 

Jackson, and McKee (1992) showed that an increase in the audit rate of 10 percent will increase 

compliance by 2 percent. Alm and McKee (2006) found that audit rates and knowing an audit 

will occur beforehand are significant predictors of income reporting. While these studies didn’t 

assess taxpayers’ perceptions of selection risk, they do suggest that taxpayers’ compliance 

decisions are impacted by taxpayers’ perceptions of being selected for an examination. Thus, my 

first hypothesis is as follows: 
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H1: Perceived selection risk is significantly and positively associated taxpayers’ 

compliance decisions. 

While much of the compliance literature has focused on selection risk, a few studies have 

investigated tax-reporting decisions using instruments that appear more relevant to enforcement 

risk. For example, Klepper and Nagin (1989b) showed that compliance is related to the 

traceability, deniability, and ambiguity of specific line items on the tax return. In a related study, 

they found evidence that greater noncompliance on one line item may lower noncompliance on 

other items because of increased perceptions of the IRS detecting evasion (Klepper and Nagin 

1989a). Carnes and Englebrecht (1995) found that that income visibility (i.e. whether income is 

reported to the IRS) is a significant predictor of income reporting. Roth et al. (1989) suggest that 

income visibility is related to the ability of the IRS to detect unreported amounts and Kagan 

(1989) concludes, based on IRS data, that income visibility may be the most important factor 

influencing compliance rates. These studies suggest that taxpayers are actively aware of whether 

their reported amounts are likely to be detected during an examination. Thus, my second 

hypothesis is as follows: 

H2: Perceived enforcement risk is significantly and positively associated with taxpayers’ 

compliance decisions. 

As mentioned previously, the IRS must select a return to examine before enforcement 

actions can detect evasion. Perceptions of these risks may occur in a sequential manner where 

taxpayers first assess the likelihood of being selected before considering the likelihood that 

evasion will be detected. The distinction between these risks may be that perceptions of 

enforcement risk depend on perceptions of enforcement risk. That is, perceived enforcement risk 

may become more of a factor in compliance decision as taxpayers selection risk increase. Alm 

and McKee (2006) found that when taxpayers are aware they will be audited beforehand, 
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enforcement risk only matters when they expect to be audited. This finding suggests that the 

level of perceived selection risk will influence the role of perceived enforcement risk. This may 

have important implications for some self-employed taxpayers. Many of these taxpayers will 

know that they are more likely than employed taxpayers to be selected for an audit simply 

because they file certain forms as part of their tax return (e.g. Schedule C for business profits and 

losses or Schedule E for home office deductions). In other words, enforcement risk isn’t 

expected to influence compliance decisions when selection risk is low; however, enforcement 

risk will have a more prominent role on compliance decisions when selection risk is high. The 

expected influence of selection risk and enforcement risk on compliance is depicted in Figure 2. 

My third hypothesis is as follows: 

H3: Perceived selection risk moderates the effect of perceived enforcement risk on 

compliance decisions. When perceived selection risk is low, perceived enforcement 

risk will not significantly influence taxpayer compliance; however, when perceived 

selection risk is high, perceived enforcement risk will significantly and positively 

influence taxpayers’ compliance. 

2.3 Taxpayer Decision Domains and Prospect Theory 

Taxpayer decision domains refer to whether taxpayers perceive that they are in either a 

gain (i.e. tax refund) or loss (i.e. tax due) domain when making compliance decisions. Prior 

research suggests that decision domains influence taxpayers’ reporting decisions. For example, 

Dusenbury (1994) found that taxpayers are more willing to make risky reporting choices when 

they owe taxes compared to when they will receive a refund. Cox and Plumley (1988) found 

voluntary compliance rates increase consistently with the amount of refund and decrease 

consistently with the amount of tax due. Similarly, Jackson and Hatfield (2005) found that 
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taxpayers are more willing to take aggressive deductions when they expect to owe additional 

taxes, but tended to take conservative deductions when they expected to receive a refund. 

These findings are consistent with Kahneman and Tversky’s (1979) prospect theory. 

Prospect theory suggests that, in general, people react differently to gains and losses. 

Specifically, they posited people have a value function that is convex for loss domains and 

concave for gain domains, which causes them to be more sensitive to losses than gains of a 

similar magnitude. People’s sensitivity to losses is referred to as loss aversion and causes people 

to react in a more extreme manner when in a loss domain than when in a gain domain (Tversky 

and Kahneman 1986). In an income tax context, taxpayers are in a loss domain when they expect 

to owe additional tax and a gain domain when they expect to receive a refund. 

Prospect theory decomposes the choice process into the framing and editing phases. 

During the framing process, people engage in a preliminary analysis of the decision problem and 

internalize the context in which the choice will be made (Tversky and Kahneman 1986). In a tax 

compliance context, the framing stage includes taxpayers’ analysis of their current tax position 

(i.e. refund vs. tax due), which provides the context for their next reporting decision. Taxpayers 

assess potential outcomes (i.e. prospects) in the context of their current tax position and personal 

perceptions of what that tax position means (Tversky and Kahneman 1986). In other words, 

taxpayers’ norms, habits, and expectations interact with the reporting decision to influence the 

frame of the reporting choice. 

According to prospect theory, the second phase of the choice process is the editing phase. 

During this phase taxpayers choose between prospects and select the one that dominates the 

others or by comparing the prospects’ values (Tverskey and Kahneman 1986). In a tax reporting 

context, one prospect may dominate another if it can shift a taxpayer from a tax due position to a 
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refund position. Alternatively, comparing prospects may show that one choice minimizes a 

taxpayer’s tax burden. For example, a taxpayer may find that they can minimize their tax burden 

by choosing not to report cash income. 

2.3.1 Decision Domains, Perceptions of Selection and Enforcement Risks, and Compliance 

Taxpayer decision domains will likely alter the influence of perceived selection and 

enforcement risks on compliance decisions. Figure 3 shows the expected relationship between 

selection and enforcement risks with taxpayer decision domains. Prior research suggests that 

taxpayers in a refund position report income in the absence of information pertaining to selection 

or enforcement risks (Dusenbury 1994; Jackson and Hatfield 2005). It is unlikely that 

perceptions of these risks will reduce compliance for taxpayers who are already willing to report 

their income. Further, the influence of decision domains on peoples’ choices appears to be 

unconscious and leads to more conservative behavior when people perceive themselves to be in a 

gain domain. Thus, a refund tax position may exert a greater influence on compliance decision 

than perceptions of selection and enforcement risks. 

Conversely, prior research shows taxpayers in a tax due position have a tendency to 

report aggressively in the absence of information pertaining to detection probability (e.g. 

Dusenbury; Jackson and Hatfield 2005). When taxpayers consider selection and enforcement 

risks, their desire to reduce their loss position through aggressive reporting may compete with 

their desire to avoid detection for any noncompliance. For example, when perceptions of 

selection and enforcement risk are low, taxpayers in a tax due position will likely report 

aggressively as found in prior research. That is, they may perceive that they can reduce their tax 

burden successfully. As perceptions of these risks increase, taxpayers’ desire to reduce their tax 
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burden will begin to compete with their desire not to get “caught”. When perceptions of selection 

and enforcement risks are high, the influence of the tax due position may be less influential on 

compliance decisions than previously found. My next two hypotheses are as follows: 

H4a: For taxpayers in a tax refund position, perceived selection and enforcement risks 

will not be significantly associated with taxpayers’ compliance decisions. 

H4b: For taxpayers in a tax due position, perceived selection and enforcement risks will 

be positively and significantly associated with taxpayers’ compliance decisions. 

2.4 Personal Characteristics Influencing Compliance Decisions 

Recently, there is a growing body of literature that suggests personal characteristics are 

important determinants of compliance decisions. For example, Bobek et al. (2013) found that 

personal and social beliefs about taxation influence decisions to take aggressive deductions. 

Further, Wenzel (2004) suggests that taxpayers must internalize the beliefs of their friends and 

family, as well as societal expectations about taxes, in order for these external factors to 

influence compliance decisions. Research investigating tax morale (i.e. the intrinsic motivation 

to pay taxes) finds that religiosity (Torgler 2006), personal values (Braithwaite and Ahmed 

2005), and attitudes towards public officials and policies (Torgler 2003; Schnellenbach 2006) 

have positive effects on compliance behavior. This study investigates three personal 

characteristics that may be important determinants of tax compliance for self-employed 

taxpayers: mental accounting orientation, taxpayer narcissism, and taxpayer proactivity. 

2.4.1 Mental Accounting Orientation and Tax Compliance 

Thaler (1999) defined mental accounting as the set of cognitive operations individuals 

use to code financial activities as gains and losses, assign these gains and losses into various 

accounts, and then evaluate the mental accounts they have created. The way self-employed 

taxpayers view their earnings may have important implications for their compliance decisions. 
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Those that mentally segregate the tax component (i.e. segregationist) from their gross earnings 

may be more likely to consider the segregated portion as belonging to the government rather than 

their own. Conversely, taxpayers that do not mentally segregate the tax component (i.e. 

integrationists) may be more likely to consider the payment of taxes as a reduction of their 

personal earnings. 

When people code financial activities as gain and losses, the mental accounting value 

function, based on Kahneman and Tversky’s (1979) prospect theory, is focused on changes in 

wealth (i.e. gains and losses) based upon some subjective reference point (Thaler 1999). Having 

a separate mental account for taxes likely changes the reference point taxpayers use when 

assessing the impact that taxes have on their personal wealth and may minimize the feeling that 

paying taxes is reducing their wealth. For example, segregationists have already carved out their 

taxes from their gross earnings and the payment of tax may not be viewed as decreasing their 

personal wealth. Integrationists, on the other hand, do not view the tax portion of their gross 

earnings as separate from their personal earnings and may be more likely to view the payment of 

tax as loss against their personal wealth. Thus, the reference point segregationists use when 

assessing gains and losses against their wealth is after-tax earnings while integrationists use pre-

tax earnings. Further, integrationists may be more susceptible to perceiving taxes as a loss, 

thereby increasing their likelihood to evade. Hypothesis five is as follows: 

H5: A segregationist mental accounting orientation is significantly and positively 

associated with taxpayer compliance. 

2.4.2 Personality Types and Tax Compliance 

Another personal characteristic that may influence taxpayers’ perceptions and 

compliance decisions is personality traits. Individual differences research suggests that different 
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types of personalities can influence perceptions of risk and behavior. Thus, ceteris paribus, 

taxpayers with certain personality types may perceive risks associated with evading taxes 

differently than other taxpayers. Research suggests that self-employed taxpayers may be more 

likely to have higher levels of narcissism and proactivity than society in general (Crant 1996; 

Hmieleski and Lerner 2013). This section will examine the relevant literature regarding these 

personality types and discuss how each may be relevant to taxpayers’ compliance decisions. 

2.4.2.1 Taxpayer Narcissism and Tax Compliance 

The idea of narcissism has its roots in Greek mythology. The story of Narcissus and Echo 

personify loving oneself in an unhealthy manner and lacking self-esteem (Jørstad 1996). 

Narcissus harbors ideas of grandiosity (i.e. an unrealistic view of oneself being better than 

others) that led the gods to curse him and make him fall in love with his own image. Echo’s 

excessive chattiness is an expression of inner emptiness and a need to seek confirmation of one’s 

own worth. While narcissism has had several definitions since Ellis (1898) introduced the term, 

the construct has stayed relatively true to its mythological roots (e.g. Freud 1950; Lasch 1979). 

The current conceptualization of narcissism is characterized by grandiosity, a focus on the self, a 

need for attention and admiration, and fragile self-esteem (APA 2000; Zeigler-Hill, Myers, and 

Clark 2010) which can result in narcissists being preoccupied with success and power, having 

entitlement attitudes, having a lack of empathy as well as requiring constant attention and 

admiration (Kets de Vries and Miller 1985). These tendencies occur with different degrees of 

intensity and range from pathological to functional9. For example, pathological narcissists may 

9 Although subclinical narcissism shares similar characteristics with the clinical narcissistic personality disorder, it is 

far less extreme. The clinical variant can hinder a person’s daily functioning and may require psychotherapy 

treatment whereas the subclinical variant does not. This paper is concerned with subclinical narcissism only. 
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pursue their own advancement regardless of whether they hurt or exploit others (Cain, Pincus, 

and Ansell 2008). In contrast, functional narcissists may possess a high degree of confidence in 

their abilities and come off as lacking warmth or consideration. 

Prior research finds narcissism has both socially adaptive and maladaptive outcomes. For 

example, higher levels of authority, self-sufficiency, and superiority are viewed as having 

beneficial effects on workplace behavior (Young, Du, Dworkis, and Olsen 2014). Socially 

maladaptive outcomes of narcissism are thought to stem from exploitativeness, entitlement, 

exhibitionism, and vanity. These aspects of narcissism are considered to be more self-serving 

and destructive leading to adverse consequences (Young et al. 2014). For example, Rijsenbilt 

and Commandeur (2012) found that narcissistic CEOs may be more likely to engage in fraud as 

they pursue actions to garner attention, praise, or acclaim. 

Prior research suggests narcissists have a tendency to focus on short-term monetary 

rewards despite the risk of punishment (e.g. Raskin and Hall 1979; Foster, Misra, and Reidy 

2009). This is likely due to their attitudes towards money being characterized by strong approach 

motivation and weak avoidance motivation (Foster, Misra, and Reidy 2009). Approach 

motivation refers to situations when a positive or desirable outcome instigates behavior (Elliot 

1999). For narcissists, behavior is often instigated by rewards, such as material rewards, self-

enhancement, or public recognition (Young et al. 2014). Avoidance motivation refers to 

situations when a negative or undesirable outcome directs behavior (Elliot 1999). For example, a 

taxpayer may be compliant because they do not want to be selected for an examination or 

detected for evasion. Strong approach and weak avoidance motivations suggest narcissists have a 

heightened sensitivity to rewards coupled with a muted sensitivity towards punishment (Foster 
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and Trimm 2008). These findings suggest that narcissists’ may be willing to evade taxes because 

of their focus on short-term increases in personal wealth. Thus, hypothesis six is as follows: 

H6: Taxpayer narcissism will be significantly and negatively associated with taxpayers’ 

compliance decisions. 

2.4.2.2 Taxpayer Proactivity and Tax Compliance 

Bateman and Crant (1993) introduced a proactive personality as a personal disposition 

construct to assess differences in the extent to which people take action to influence their 

environment. It is predicated on the idea that individuals create their environments (Crant 1996). 

Bandura (1977) suggests that there are interdependent and reciprocal causal links between 

people, environments, and behavior, which can result in individuals acting in ways that directly 

change their current circumstances for the better (Crant 1996). In general, proactive people work 

towards impacting positive environmental change by showing initiative, identifying 

opportunities and acting on them, as well as persevering until they bring about meaningful 

change (Crant 1996). Proactivity also embodies a future-oriented focus that considers the 

consequences of actions taken (Frese and Fay 2001). My final hypothesis is as follows: 

H7: Taxpayer proactivity will be significantly and positively associated with taxpayers’ 

compliance decisions. 
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CHAPTER 3 

METHODOLOGY 

This chapter describes the methodology used in this dissertation. I developed an 

experimental instrument for self-employed taxpayers to test my proposed hypotheses. In the 

following sections, I discuss the experimental design, participant selection, and the variables 

used in the study. Lastly, I discuss how the hypotheses are to be tested. 

3.1 Experimental Design 

An experiment was used to examine whether taxpayers perceive two separate dimensions 

of detection risk, how these perceptions influence tax compliance decisions, as well as, whether 

decision domains alter the influence of perceived detection risk and personal factors on 

compliance decisions. The experiment consisted of a 2x2 design in which the two manipulated 

factors were (1) income form (cash vs. check as a proxy for low and high enforcement risk) and 

(2) taxpayer tax position (tax due vs. refund). The manipulated factors were included in the 

scenarios participants considered before indicating their perceptions of selection and 

enforcement risks and making a compliance decision. Participants were randomly selected into 

the different experimental conditions. The four scenarios being used in the study can be seen in 

Panel A of Appendix A. 

Each participant was asked to imagine that during 2013, he/she loaned a significant 

amount to a colleague they trust to help them start a business. In the current period (2015), the 

colleague repays the loan along with an agreed upon amount of interest. There are two versions 

of the repayment form corresponding to the first manipulation: enforcement risk. The interest 

was paid in cash indicative of low enforcement risk due to a lack of paper trail; or the repayment 

was made with a check that was deposited into a bank account indicative of higher enforcement 
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risk because of the existence of a paper trail that the IRS may be able to find during an 

examination. Each participant was also assigned to one of two decision domains, refund or tax 

due position, corresponding to the second manipulation. Given two levels of each manipulation, 

a fully crossed experiment will have 2 x 2 = 4 scenarios. 

The scenarios were designed to meet several requirements. First, the scenario was simple 

so that participants would understand what they were being asked to do. For example, the 

reporting choice involved a single income amount that participants chose how much to report. 

Second, the scenario did not include monetary payouts based on participants’ reported amounts 

but instead paid them equally for their participation. Although many tax studies use payouts 

based on reported amounts, it requires participants be informed of audit rates, which would 

preclude measuring their perceptions of selection risk. Further, this study is interested in how 

different personal characteristics may influence reporting choices. Using a payout based on 

participants’ reporting choices may introduce competing information that skews what they would 

choose to report based on these factors and their perceptions of detection risk. 

After reading and carefully considering the given reporting scenario, each participant was 

required to indicate (a) the chance he/she perceived the return will be selected for an audit if the 

entire amount of interest was not reported, (b) the chance he/she perceived the IRS would be able 

to detect any non-reported amounts and enforce consequences if the return was selected for an 

audit, and (c) what dollar amount they intended to report on their return. Each participant was 

also required to complete three scales relating to: (a) mental accounting, (b) narcissism, and (c) 

proactivity. Standard demographics information was also collected. 
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3.2 Participants and Amazon Mechanical Turk 

I obtained self-employed taxpayers from the U.S. using Amazon Mechanical Turk 

(MTurk). MTurk is an online labor marketplace where researchers can access participants (i.e. 

workers in MTurk) for payment. Recent research suggests that MTurk is a valid source of 

participants for this study. Brandon, Long, Loraas, Mueller-Phillips, and Vansant (2013) suggest 

that MTurk is becoming more frequently used in behavioral accounting research and can be well 

suited for some accounting research applications. For example, Rennekamp (2012) recruited 

participants from MTurk for a study investigating disclosure readability on small investors. 

Further, prior research suggests the population of MTurk participants is as representative of the 

U.S. population as traditional participant pools (e.g. student samples; Paolacci, Chandler, 

Ipeirotis 2010; Buhrmester, Kwang, and Gosling 2011; Berinsky, Huber, and Lenz 2012; 

Brandon et al. 2013). Lastly, the quality of participants appears to be similar to that of traditional 

participant pools. For example, Berinsky et al. (2012) and Paolacci et al. (2010) used MTurk 

samples to replicate several classic judgment and decision-making studies (e.g. framing, outcome 

bias). They found MTurk workers pay at least as much attention to the experimental materials 

and exhibit qualitatively similar results to studies using traditional participant pools. 

MTurk allows researchers to select participants from many nations around the world. 

Amazon requires workers to go through a review process where they confirm users’ bank 

information and personal data. This provides assurance that workers are actual individuals with 

verified bank information. This study used a two-stage qualification process to access self-

employed taxpayers. First, in order to access this study on MTurk, participants had to be listed in 

Amazon’s system as being from the U.S. with a work approval rating of 75% or better. The work 

approval rating captures the percentage of work participants have completed in the past that was 
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accepted for payment. These requirements ensured participants were not from outside the U.S. 

and had a history of performing quality work on MTurk. 

Second, I used a qualification survey to access self-employed taxpayers with certain 

demographic characteristics within MTurk’s general population. MTurk workers had to be able 

to answer a series of seven questions in a specified manner. First, they had to show a basic 

understanding of tax laws by answering a question that indicated they understood all earned 

income is reportable for tax purposes. They also had to indicate they had earned self-

employment income and considered themselves to be a self-employed individual. Lastly, they 

had to indicate that they: (i) had not previously been audited, (ii) did not work in accounting or 

finance, (iii) were 25 years of age or older, and (iv) had not earned more than $400 per month 

using MTurk10.  

The questions regarding earning self-employment income and considering oneself a self-

employed individual were presented on separate screens so that participants had to be consistent 

in their answers and were not be able to go back to change their previous answers. Further, 

participants were only allowed to access the qualification questions only one time. These 

procedures were taken to increase the likelihood that participants who completed the instrument 

were self-employed individuals. Eligible workers then completed the experiment online. The 

qualification survey is included in Appendix B. 

10 Having previously been audited may alter perceptions of detection risk. Prior research suggests that simply being 

informed that your return will be closely examined results in an increase in income reported in subsequent periods 

for most taxpayers (Slemrod, Blumenthal, and Christian 2001). Thus, participants who had been audited were 

omitted from the study. Similarly, individuals working in accounting or finance were omitted from the study 

because their education or business duties may have had tax implications that altered their perceptions of detection 

risk. Individuals had to be 25 years of age or older because I am interested in self-employed taxpayers who have 

previously filed tax returns. Lastly, I excluded workers who earned more than $400 per month using MTurk because 

I am not interested in individuals who may consider MTurk a primary form of employment. 

26



Upon completion of the instrument, participants’ submissions were validated before they 

were paid. Validation procedures assessed that the instrument was completed in full using 

thoughtful answers. For example, submissions were checked to determine whether a single 

response was used on the various scales. Also, reverse coded questions were strategically placed 

within the instrument to facilitate identifying valid responses. For valid submissions, workers 

were paid $1.50. Pilot tests of a similarly sized instrument suggested that participants needed 

approximately 15 minutes to complete the study. Thus, my payment rate equated to 

approximately $6 per hour and is consistent with an emerging user consensus on reddit and other 

MTurk forums. 

3.3 Independent Variables 

The independent variables in the study are perceived selection risk, perceived 

enforcement risk, taxpayer decision frames, mental accounting, narcissism, and proactivity. 

Perceived selection risk (SELECT) and perceived enforcement risk (ENFORCE) are measured 

variables that participants completed after reading the scenario and before making their reporting 

decision. Participants indicated their level of perceived selection risk by responding to two 

questions regarding the likelihood their return would be selected for an audit if they chose not 

report some of the interest income. Participants indicated their level of perceived enforcement 

risk by responding to two questions regarding the likelihood that the IRS would detect any 

income not reported on their return if they were selected for an audit. Both perceptions were 

assessed using two questions with Likert scales ranging from 1 (Very Unlikely) to 7 (Very 

Likely). These four questions can be seen in Panel B of Appendix A. 

Taxpayer decision domains (DOMAIN) was a manipulated variable with two levels: 

REFUND and TAX DUE. This manipulation was included in the scenarios participants 
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considered before being asked about their perceptions of risk or making their reporting choice. 

According to prospect theory, the gain and loss domains triggers individuals’ value function that 

is convex for losses and concave for gains (Kahneman and Tversky 1979). That is, the domains 

have a tendency to make people in a tax due position more risk seeking and those in a refund 

position more risk adverse (e.g. Dusenbury 1994; Jackson and Hatfield 2005). Participants were 

informed of their tax position for reporting all of the interest income as well as none of the 

income. Participants were able reduce the magnitude of their tax due substantially by not 

reporting interest income or increase their refund substantially by not reporting interest income. 

Participants were precluded from changing a tax due into a refund and vice versa. 

The remaining independent variables were measured using previously developed scales 

found in the psychology literature. Mental accounting orientation (MENTAL) assesses the 

tendency of a person to be a segregationist (i.e. one who mentally segregates the tax portion of 

their gross earnings) or an integrationist (i.e. one who does not mentally segregate the tax portion 

of their gross earnings). The scale used to measure mental accounting orientation was an adapted 

version of Muehlbacker and Kirchler’s (2013) 10-item Mental Accounting Scale. First, the 

terminology was slightly altered to be more relevant to American taxpayers (e.g. tax office is 

changed to IRS, etc.). Second, this study used only the first eight items of the scale that assess 

peoples’ tendency to mentally and physically segregate the tax portion of their gross earnings11. 

Participants indicated their level of agreement with these eight items on a 7-point Likert scale 

ranging from 1 (strongly disagree) to 7 (strongly agree). Typically, the mean of the eight scores 

is used to arrive at a mental segregation score (Muehlbacher and Kirchler 2013). The higher this 

11 Muehlbacher and Kirchler’s (2013) instrument also assesses the extent to which taxpayers perceive the tax portion 

of their earnings as being owned by the government. 
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score, the more likely participants are to mentally segregate the tax portion of their gross 

earnings. The eight-item scale used in this study can be seen in Appendix C. 

Narcissism is a personality trait that has a distinct disposition of being focused on the 

self. The scale used to measure narcissism (NARC) was the short 16-item Narcissistic 

Personality Inventory (NPI-16) developed by Ames, Rose, and Anderson (2006)12. One 

statement represents a narcissism-consistent answer and the other a narcissism-inconsistent 

answer. Narcissistic answers are coded as one and non-narcissistic answers as zero. The sum of 

these 16 items creates a narcissism score where higher scores indicate greater narcissism.  

Lastly, proactivity is a personality trait that is associated with identifying and acting on 

opportunities, impacting positive environmental change, and persevering in order to accomplish 

goals (Crant 1996). The scale used to measure proactive personalities (PROACT) was Seibert, 

Crant, and Kraimer’s (1999) 10-item proactivity scale13. This scale assesses peoples’ belief 

concerning their abilities to identify opportunities for change, to enact change, and to follow their 

beliefs. Participants indicated their level of agreement with ten statements on a 7-point Likert 

scale ranging from 1 (strongly disagree) to 7 (strongly agree).  

12 Despite recent concerns about the factor structure of the NPI, Miller, Price, and Campbell (2011) recently 

demonstrated that the NPI explained significant incremental variance over more narrow grandiosity measures (i.e. 

the Narcissistic Grandiosity Scale, grandiosity subscales of the Pathological Narcissism Inventory, and the 

Psychological Entitlement scale). 
13 Seibert et al.’s. (1999) scale is a shortened version of Bateman and Crant’s (1993) 17-item scale that reflects items 

with the highest average factor loadings across Bateman and Crant’s three studies. The 10-item scale was highly 

correlated with the 17-item scale (.96) and has similar reliability (17-item =.88; 10-item =.86). 
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3.4 Dependent Variables 

The dependent variable in this study was the amount of interest income participants 

reported. Participants entered an amount of interest income (INCOME) ranging from $0 

(noncompliant) to $6,500 (fully compliant). While INCOME was the primary dependent variable 

of interest, some participants may not be willing to honestly indicate the degree to which they 

would underreport but may be more willing to indicate the likelihood they would not report all 

the income. Thus, participants also indicated the likelihood (LIKELI) they would report all the 

interest income using a 7-point Likert scale ranging from (1) not at all likely to (7) very likely. 

The measures used to capture the primary and secondary dependent variables can be seen in 

Appendix A with the reporting scenarios. 

3.5 Control Variables 

Randomizing participants into experimental conditions should create groups that are 

probabilistically similar on average (Shadish, Cook and Campbell 2002). That is, randomization 

should distribute personal characteristics of participant across the treatment groups equally so 

they don’t bias the results (Kirk 1982). I also collected demographic in the event there were 

significant differences in personal characteristics between the experimental groups to control for 

any differences found. 

3.6 Hypothesis Testing 

The following ANCOVA model represents the full model: 

INCOME = {SELECT x ENFORCE x DOMAIN} MENTAL NARC PROACT; 

where SELECT, ENFORCE, and DOMAIN are fully crossed factors with two levels each; and 

MENTAL, NARC, and PROACT are covariates. The same model will be repeated with LIKELI 

as the dependent variable. All hypotheses except 4a and 4b will be tested using the above 
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ANCOVA model. Subsample analysis and least square mean comparisons will be used to test 

hypotheses 4a and 4b. 

My research question regarding whether people perceive selection and enforcement risk 

as distinct risks will be tested using t-tests. If selection risk and enforcement risk are truly 

perceived a different risks, I expect the following result: (a) the means for perceived selection 

risk will not be significantly different between the participants receiving the “cash” and the 

“check” scenario; and (b) the means for perceived enforcement risk will be significantly different 

between the participants receiving the “cash” and the “check” scenarios (with the perceived 

enforcement risk for the “check” scenario being significantly higher than that of the “cash” 

scenario). 

3.7 Pilot Testing 

A number of pilot studies were run on MTurk to test various scenarios and to get an idea 

of how much time participants would need to complete a similar instrument; however, due to 

financial considerations, no pilot test of the actual scenario or instrument used in this study was 

conducted. The main takeaway from the various pilots was that too many amounts in the 

scenario tended to confuse participants, the placement of the personal characteristics scales in the 

instrument didn’t seem to change the associations with compliance, and the time for a similar 

sized instrument as used in this study was approximately 15 minutes. This information was used 

to create the actual instrument for this dissertation. 
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CHAPTER 4

RESULTS 

This section discusses the results of the study. Before testing the hypotheses, descriptive 

statistics and measures for the study were computed. Correlational analyses were then conducted 

to gain an initial insight into the directionality and significance of relations among the variables 

of interest. Next, I tested the hypotheses proposed in the study and conducted subsequent 

analyses. 

4.1 Descriptive Statistics 

A total of 1,024 unique workers attempted the study on MTurk. Four hundred and forty-

one of these workers did not qualify for the study based on the filter questions. Seventy-six 

workers did not identify themselves as self-employed, 107 were under the age of 25, 51 could 

not answer the basic tax question posed concerning income subject to tax, 89 had previously 

been audited, 39 worked in tax or accounting, and 79 did not complete the instrument. An 

additional 30 workers attempted the qualification questions more than one time and were 

excluded. 

Two manipulation check questions were used to assess whether workers were attending 

to the scenario presented in the instrument. These questions were placed several screens beyond 

the scenario to assist in identifying those workers who internalized the details of the scenario and 

could still recall them after completing the pertinent portion of the instrument. One question 

asked workers whether they were being paid interest in the form of cash or check. The second 

question asked workers whether they were in a tax due or tax refund position in the scenario. 

Seventy-six workers were excluded for failing to correctly answer the manipulation check 

question regarding the form of payment in the scenario. Another 141 workers were excluded for 
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failing the manipulation check question regarding whether the scenario depicted a tax due or 

refund position14.  

Lastly, one worker was omitted because their submission failed to include a dependent 

variable and four workers were excluded because they didn’t appear to understand the 

instrument. After these omissions, 331 usable responses were obtained. 

Descriptive statistics are presented in Table 2. Participant characteristics across the 

refund and tax due conditions appear very similar. Of the 331 responses, there were a total of 

152 participants in the tax refund condition and 179 in the tax due condition. The mean age for 

participants in the refund condition was 39 years while the mean age for participants in the tax 

due condition was 39.69 years. Participants had filed the majority of their own returns. 

Furthermore, a significant majority in each condition reported annual self-employment income 

less than $50,000. 

4.2 Measures 

This section discusses the calculation of each variable in the study. DOMAIN is an 

indicator variable coded as 1 for scenarios depicting a refund tax position and 2 for scenarios 

depicting a tax due position. NARC scores were calculated by summing the 16 items in the short 

narcissism scale (Foster and Campbell 2007). The scale provided participants with dichotomous 

answer choices. Narcissism-consistent answers were coded as 1 and narcissism-inconsistent 

answers coded as 0. A higher score signifies greater narcissism. 

14 It is unclear why such a high percentage of workers missed the manipulation check questions. It may have been 

that they did not understand the tax compliance setting; however, it could also have been workers trying to move 

through the questionnaire as fast a possible to get paid. Regardless, it is doubtful these workers satisfactorily 

internalized the scenarios in a manner that would allow them to contribute to the study in a meaningful way. 
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The measured independent variables in this study were obtained using multiple measures 

on Likert type scales. Exploratory and confirmatory factor analyses were performed to analyze 

the factor structure for each measured independent variable. Table 3 shows the factor loadings 

for SELECT (Cronbach alpha = 0.90) and ENFORCE (Cronbach alpha = 0.91). The initial factor 

analysis showed all four items loading on a single factor using eigenvalues and suggest these 

perceptions move together for many taxpayers. While the values for perceived selection and 

enforcement risks is highly correlated (see Table 4), t-tests showed that participants responses to 

both enforcement risk questions were significantly higher than answers to the first selection risk 

question (t=5.402, p=0.004; t=3.910, p=0.025; one-tailed). This suggests that while these risks 

are very similar for some taxpayers, these two risks were not perceived as equal for all 

participants. Thus, SPSS was instructed to fix the number of factors to two and used Promax 

rotation (an oblique rotation method that is appropriate when factors are correlated) (Abdi 2003). 

The resulting factor analysis (Table 3) clearly shows each risk loading on distinct factors. 

The factor scores produced by the factor analysis were used to create two-level indicator 

variables for the ANCOVA analyses. For each risk, participants were split into low- and high-

risk conditions using a median split of the factor scores. I chose to use factors scores rather than 

sums of the two measures for each risk in order to achieve better parity for the number of 

participants included in each group15. SELECT had 165 participants in the low-risk condition 

and 166 participants in the high-risk condition. ENFORCE had 171 participants in the low-risk 

condition and 160 participants in the high-risk condition. 

15 The results are qualitatively similar using a median split of the averages of the two items for each risk. 

34



Both MENTAL and PROACT loaded on single factors. MENTAL (Cronbach alpha = 

0.86) is the average of the eight items used to assess a segregationist mental accounting 

orientation (Muehlbacher and Kirchler 2013). PROACT (Cronbach alpha = 0.89) is the average 

of the 10 items used to assess proactivity (Seibert et al. 1999). 

4.3 Correlational Analysis 

Table 4 shows the correlational analysis results. Pearson correlations were tabulated to 

gain initial insight into the directionality and significance of relationships among the variables of 

interest. Taxpayers’ perceptions of both selection (SELECT) and enforcement (ENFORCE) risks 

were significantly and positively correlated with each other as well as the amount of income 

participants reported (INCOME) and the likelihood they would report all the interest income 

received (LIKELI). These correlations suggest that as taxpayers’ perceptions of selection risk 

and enforcement risk increase, compliance increases. Further, mental accounting orientation is 

significantly and positively correlated with both measures of compliance, such that a 

segregationist mental accounting orientation increases compliance. 

4.4 Research Question and Hypotheses Testing 

The research question and hypotheses in this study suggest that tax compliance is a 

product of economic, environmental, and personal determinants that operate individually and 

interactively to influence compliance. ANCOVA and tests of means were used to analyze the 

research question and hypotheses presented in this study. This study tests the ANCOVA model 

presented in section 3.6 using both the full sample as well as a split sample to analyze decision 

domains and risk perceptions. 
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4.4.1 Research Question: Selection and Enforcement Risks as Distinct Risks 

One of the guiding motivations for this study was to provide empirical evidence on 

whether perceived selection risk and enforcement risk are distinct risks in the mind of taxpayers 

(RQ1). Showing that these risks are distinct would indicate that taxpayers’ assessment of risk is 

more reflective of IRS procedures than operationalized in prior literature. Table 4 shows these 

risks are significantly and positively correlated (r=0.432, p<0.001). This correlation is not 

surprising considering the integrated nature of these risks. That is, a taxpayer’s perception of 

enforcement risk is likely to be strongly influenced by their perceptions of selection risk because 

enforcement actions only occur after a taxpayer has been selected for an audit. 

I tested whether taxpayers perceive selection and enforcement risks as distinct risks by 

determining whether perceived enforcement risk could be influenced independently of perceived 

selection risk. The idea behind this manipulation is that perceptions of selection and enforcement 

risks are likely triggered by specific contextual elements. In other words, if selection risk and 

enforcement risk are distinct in the minds of taxpayers, then individual stimuli (e.g. payment 

form) should influence these risks separately. As mentioned previously, the second manipulated 

factor in this study was whether participants received interest income in the form of cash or a 

check that was deposited in the bank. Payment form should influence taxpayers’ perceptions of 

enforcement risk but not selection risk. Amounts received in cash provide no paper trail for the 

IRS to follow during an audit or examination. Conversely, a check deposited in the bank does 

provide a paper trail for the IRS to follow during an audit or examination. Comparatively, it is 

unlikely that a payment in the form of cash or check that is significantly under $10,000 would 
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trigger further examination, devoid of any other audit red flags16. Thus, manipulating the form of 

a $6,500 interest payment (cash or check) should result in participants’ perceptions of 

enforcement risk being significantly higher for those in the check condition. No such difference 

should be observed for perceptions of selection risk. 

On the experimental instrument, participants were asked to indicate whether income 

received in the form of cash and checks was visible to the IRS on a scale from 1 (Strongly 

Disagree) to 7 (Strongly Agree). Table 5 shows mean visibility scores and statistics for mean 

differences for the full sample and by decision domain. Panel A shows participants viewed 

checks to be significantly more visible (t=57.136, p<.001) than cash and these results hold 

regardless of whether participants were in the refund (t=41.782, p<.001) or tax due (t=39.506, 

p<.001) conditions. Interestingly, Panel B shows taxpayers in the refund condition indicated the 

difference in visibility between cash and checks to be significantly greater (t=3.734, p=0.025) 

than taxpayers in the tax due condition. This difference suggests participants in a refund 

condition had a heightened sensitivity to the visibility of different forms of income compared to 

those in the ‘tax due’ condition. Further, this suggests that taxpayers in a refund position are 

attending more closely to the situational details associated with compliance decisions compared 

to those in a tax due position. 

In addition to examining the full sample for a distinction between perceptions of selection 

and enforcement risks, I also include an analysis by decision domain (DOMAIN). Prior research 

16 This assertion is likely true across many situations when the amount in question is under $10,000. Financial 

institutions are required to submit electronic reports for each deposit, withdrawal, exchange, or other payment or 

transfer over $10,000 and this additional scrutiny likely changes the dynamic of assessing both selection and 

enforcement risk when amounts exceed this threshold. 
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suggests taxpayers report more sensitive to risk in a refund position than in a tax due position. 

Compared to those in a more risk-seeking mindset whose focus is on minimizing their tax due, a 

risk adverse mindset may lead taxpayers to be more conscious of the risks associated with tax 

reporting decisions. In other words, a focus on minimizing adverse consequences (i.e. refund 

taxpayers) compared to minimizing one’s tax due (i.e. tax due taxpayers) may cause taxpayers to 

attend to compliance decisions differently. 

A heightened sensitivity to situational details may enable individuals to more directly 

think about specific risks. For example, taxpayers who attend more closely to the visibility of 

income may be more likely to consider the implications a form of payment may have on a 

reporting decision, such as the risk that a particular payment form will create a paper trail, which 

may influence their perceptions of selection and enforcement risks. The following analysis 

investigates the four measures comprising SELECT and ENFORCE separately in order to 

determine how the form of payment influenced participants choices pertaining to these two risks. 

I also include the factor scores for SELECT and ENFORCE in the analysis in order to examine 

whether a difference exists for the variables used to create my indicator variable for each risk. 

For each of the six items, Table 6 shows mean scores for the cash and check conditions and 

statistics for the differences between the means of these conditions for the full sample as well as 

the refund and tax due conditions separately. 

Panel A of Table 6 shows differences and test statistics for the full model. Interestingly, 

for all measures, participants in the check condition rated both types of risk higher than those in 

the cash condition. This suggests payment form does influence risk perceptions on some level 

and a paper trail appears to result in an increase in these perceptions. Comparing the two 
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enforcement risk questions with the two selection risk questions shows one moderately 

significant difference for the second enforcement risk question (E-2: t=3.008, p=0.067) but no 

significant differences for either selection risk question. The factor analysis scores show a 

moderately significant increase in risk perceptions for enforcement risk (t=2.686, p=0.090) but 

not selection risk (t=1.670, p=0.202). 

Panel B of Table 6 shows differences and test statistics for the refund and tax due 

conditions. For refund taxpayers, those in the check condition perceived the two enforcement 

risk questions significantly higher (E-1: t=2.928, p=0.075; E-2: t=4.218, p=0.019) than those in 

the cash condition. No such difference was recorded for either selection risk question. Further, 

the factor score analysis shows that those in the check condition perceived enforcement 

significantly higher (t=3.692, p=.034) than those in the cash condition. Moreover, for tax due 

taxpayers, no such differences exist for either the selection risk or enforcement risk questions or 

the factor analysis scores. 

These findings suggest, generally speaking, taxpayers may make a slight distinction 

between perceptions of selection and enforcement risks when assessing risk; however, the 

difference between these risks appears to manifest more definitively when taxpayers are in a 

refund position and more attuned to the situational details of a compliance decision. A greater 

sensitivity to situational details, like income visibility, appears to make them more aware of the 

implications of these details on their tax reporting decisions. Further, this awareness appears to 

enable taxpayers to more clearly distinguish between selection and enforcement as separate risks 

when relevant stimuli, like the existence of a paper trail, are present in a reporting decision. 

Conversely, taxpayers in a tax due position appear not to be as sensitive to the distinction 
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between selection risk and enforcement risk, which may be due to their focus on minimizing 

their tax due. 

4.4.2 Hypotheses H1 – H3: Perceptions of Selection and Enforcement Risk 

 This section analyzes the influence of perceived selection and enforcement risks on 

compliance decisions. Table 7 presents the results of the full sample ANCOVA analysis. My first 

(H1) and second (H2) hypotheses suggest that compliance increases as perceived selection and 

enforcement risks increase. As expected, both SELECT (F=31.706, p<.001) and ENFORCE 

(F=6.437, p=.012) were significant predictors of the amount of interest income participants 

reported17. An analysis of the means shows that both types of risk were significant in the 

hypothesized direction. On average for SELECT, those perceiving low risk reported $3,860 and 

those perceiving high risk reported $5,694. On average for ENFORCE, those perceiving low risk 

reported $4,368 and those perceiving high risk reported $5,185. Taxpayers’ perceiving a higher 

risk of interacting with the IRS for unreported amounts and perceiving a greater risk IRS 

enforcement actions detecting unreported amounts are more compliant. Consequently, I find 

support for both my first (H1) and second (H2) hypotheses that as risk perceptions increase, 

compliance increases. 

My third hypothesis (H3) considers whether selection risk moderates the effects of 

enforcement risk on compliance. I predicted that enforcement risk influences compliance when 

selection risk is high but not when selection risk is low. Table 7 shows the interaction of 

17 As mentioned in section 3.4, INCOME is the primary dependent variable of interest and LIKELI was a secondary 

dependent variable measure. The two dependent variable measures are highly correlated (r=.890, p<0.001) in Table 

3 and the results are qualitatively similar regardless of whether INCOME or LIKELI is used as the dependent 

variable. Thus, only the results for INCOME are shown. 
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perceived selection and enforcement risks is significant (F=4.633, p=.032) at traditional levels. 

Table 8 shows the pairwise comparison of the mean interest income reported by taxpayers 

perceiving low and high selection risk by their perceptions of enforcement risk. Interestingly, the 

majority of participants (nearly 72%) are in either the low SELECT / low ENFORCE (n=121 of 

331) or high SELECT / high ENFORCE groups (n=116 of 331) and suggests that these risks are 

closely aligned in the minds of many taxpayers. Taxpayers perceiving low SELECT / low 

ENFORCE reported $3,099 as compared to those perceiving low SELECT / high ENFORCE 

who reported $4,621. That is, for taxpayers perceiving low levels of selection risk, perceiving 

higher levels of enforcement risk significantly increased compliance (t=3.00, p=0.003). In 

contrast, taxpayers perceiving high selection risk didn’t report significantly different (t=0.27, 

p=0.789) based on perceived enforcement risk. A graphical representation of this interaction 

between perceptions of selection risk and enforcement risks is shown in Figure 4. In contrast to 

my expectations, enforcement risk influences compliance when perceived selection risk is low 

but not when it is high. Consequently, I conclude that my third hypothesis (H3) is not supported. 

While there is a moderating relationship between perceived selection and enforcement risks on 

compliance, the nature of this interaction differs from my expectation. 

Table 8 and Figure 4 suggest that a primary objective of taxpayers, with regards to 

compliance, is to avoid contact with the IRS. Taxpayers are more likely to be compliant when 

the risk of interaction with the IRS is high and their compliance decisions appear to include little 

or no consideration of the ability of the IRS to detect non-compliance during an examination. 

Conversely, when the risk of interaction with the IRS is low, taxpayer reporting is influenced by 
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a secondary consideration regarding the likelihood that IRS enforcement actions would detect 

noncompliance on the off chance they happened to be selected for an audit. 

4.4.3 Hypotheses 4a and 4b: Decision Domains and Risk Perceptions 

Hypotheses 4a and 4b consider whether decision domains (i.e. refund or tax due position) 

influence the role of perceived selection and enforcement risks differently. Table 7 shows 

decision domain (DOMAIN) was a significant predictor of the amount of interest income 

reported. Consistent with prior literature, taxpayers in a refund position reported significantly 

more income ($5,197) than taxpayers in a tax due position ($4,357). Table 4 also shows a 

moderately significant interaction (F=3.37, p=.067) between ENFORCE and DOMAIN, 

suggesting that perceptions of enforcement risk operate differently depending on whether 

taxpayers are in a refund or tax due position. Consequently, this section tests the ANCOVA 

model identified in section 3.6 for two subsamples based on whether participants received a 

scenario communicating a refund or tax due position. The refund condition consisted of 152 

taxpayers while the tax due condition consisted of 179 taxpayers. 

Table 9 shows the ANCOVA results for the relationship between perceived selection and 

enforcement risks with compliance by decision domain. Panel A shows the results for refund 

taxpayers and Panel B for tax due taxpayers. These results are also graphically displayed in 

Figure 5 with corresponding subsamples in each panel. Hypothesis 4a suggests a refund decision 

domain dominates the effects of risk perceptions on compliance. In contrast to my expectations, 

both perceived selection (F=11.295, p=0.001) and enforcement (F=8.299, p=0.005) risks are 
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significant predictors of compliance for taxpayers in a refund position. The mean interest 

reported shows a pattern consistent with my first (H1) and second (H2) hypotheses. On average, 

taxpayers perceiving low selection risk reported significantly lower interest ($4,342) than those 

perceiving high selection risk ($5,948). Similarly, taxpayers perceiving low enforcement risk 

reported significantly lower amounts of interest ($4,461) compared to those perceiving high 

enforcement risk ($5,830). Similar to the test of the full model, the interaction of perceived 

selection and enforcement risks is significant (F=5.311, p=.023). Panel A of Table10 and Figure 

5 show patterns similar to that found for the full sample. Both illustrate that for refund taxpayers, 

enforcement risk significantly influences compliance, but only for those perceiving selection risk 

as low. Consequently, hypothesis 4a is not supported because both perceptions of selection and 

enforcement risks are significant predictors of compliance for those in a refund position. 

Hypothesis 4b suggests perceived selection and enforcement risks influence the 

compliance decisions of taxpayers in a ‘tax due’ position. In contrast to refund taxpayers, tax due 

taxpayers are influenced by perceived selection risk (F=21.804, p<.001) but not perceptions of 

enforcement risk (F=0.280, p=0.597). Those perceiving low selection risk reported significantly 

less income ($3,365) than those perceiving high selection risk ($5,395). Further, the interaction 

between these risks was not a significant predictor (F=0.187, p=0.666) of compliance. Because 

only perceived selection risk influences tax due taxpayers, I conclude that hypothesis 4b is only 

partially supported. 

The results shown in Table 9, Table 10 and Figure 5 compliment the findings presented 

in sections 4.4.1 and 4.4.2. As previously mentioned, a primary consideration of taxpayers 

appears to be avoiding contact with the IRS. The results in this section support this contention 
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and suggest that decision domains determine to what extent avoiding interaction with the IRS 

dominates compliance decisions. In conjunction with the findings in section 4.3.1, it seems 

decision domains alter how taxpayers perceive risks by influencing the salience of situational 

details. In a refund position, taxpayers appear to have a more comprehensive awareness 

regarding the risks they face resulting in a two-stage risk assessment process. The first stage 

evaluates the risk of being selected for an audit and, if this is risk is found to be low, is followed 

by a consideration of the risks associated with IRS enforcement actions detecting 

noncompliance. Conversely, taxpayers in a tax due position appear to have a single stage risk 

assessment process that is dominated by the risk associate with being selected for an audit. 

4.4.4 Hypotheses H5 – H7: Personal Determinants of Compliance 

My final three hypotheses (H5-H7) consider whether personal determinants influence 

compliance in the presence of economic (detection risk) and environmental (decision domains) 

determinants. Of the three personal determinants included in the full sample ANCOVA model 

(mental accounting orientation, narcissism, and proactivity), Table 7 shows only mental 

accounting orientation (MENTAL) was a marginally significant predictor of compliance 

(F=3.093, p=0.080). In a regression using the same factors and covariates included in the full 

model (untabluated), a segregationist mental accounting orientation was positively related to 

compliance. Thus, H5 appears to be marginally supported but neither H6 (NARC) nor H7 

(PROACT) is supported. 

The prior analysis suggests taxpayers’ risk perceptions differ when in different decisions 

domains. It may also be true that some personal characteristics are more salient in different 

decision domains. Table 9, Panel A shows a marginally significant effect for PROACT 

(F=3.064, p=0.082) but no significance for MENTAL or narcissism (NARC) for taxpayers in the 
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refund condition. Panel B shows that MENTAL was significant for tax due taxpayers (F=4.699, 

p=0.032) but neither NARC nor PROACT was significant. These findings suggest MENTAL 

and PROACT only manifest for taxpayers in specific decision domains. In regressions 

(untabulated) using the same factors, interaction, and covariates included in the split sample 

analysis, both MENTAL and PROACT were positively related to compliance. Consequently, I 

conclude that my fifth (H5) and seventh (H7) hypotheses are partially supported because they 

tend to influence compliance only under certain psychological conditions. 

At first glance, it would appear that narcissism is not a significant predictor of 

compliance in the presence of economic and psychological factors. The remainder of this section 

discusses this variable in order to better understand the role of narcissism in the presence of these 

other factors. 

As mentioned previously, narcissism is a complex construct that is comprised of both 

socially adaptive and maladaptive underlying characteristics. With regards to tax compliance, the 

full narcissism measure may obscure the impact of individual maladaptive traits on tax reporting 

decisions. After considering the maladaptive aspects of narcissism, I believe strong arguments 

can be made for the influence of exploitation and entitlement on tax compliance. As will be 

discussed in the next paragraph, these characteristics of narcissism seem especially relevant to a 

compliance context and have been found to load together as a single factor (Zeigler-Hill, 

Bradley, and Randolph 2011). 

A prominent characteristic of narcissism is self-enhancement. Prior research suggests that 

narcissists are willing to engage in risky and unethical behaviors to enhance their status in the 

eyes of themselves and others (e.g. Kasser 2002; Rose 2006). Further, narcissists have a constant 

need to reinforce their self-image (Campbell, Wincent, Singh, and Drnovsek 2009). One way 
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narcissist reinforce their self-image is by manipulating or exploiting others to make themselves 

feel superior as well as to get what they feel they deserve. This reinforces their self-image by 

reinforcing feelings of being deserving of special and preferential treatment (e.g. Lee and Ashton 

2005). Depriving the government of taxes may lead self-employed taxpayers to feel they are 

‘sticking it to the man’ and thereby reinforcing feelings of superiority. Similarly, they may 

believe that their business is more deserving of any tax they owe the government and act on this 

belief by underreporting income. 

I factor analyzed the narcissism scores to determine if either exploitation or entitlement 

emerged as a standalone factor. Table 11 presents the factors analysis results of narcissism using 

Promax rotation and shows that exploitation loads relatively strongly on factor 3 and no other 

items load above 0.5 on this factor. Table 11 also shows that only one of the entitlement items 

loads strongly on factor 4 along with a self-sufficiency item. The results suggest that only 

exploitation appears to be usable as a standalone factor. Similar to the originally narcissism 

scores, an exploitation (EXPLOIT) score was created for participants by summing their non-

exploitative answers coded zero with their exploitative answers coded one. 

Similar to other variables in this study, EXPLOIT may not influence compliance equally 

across decision domains. As mentioned previously, those in a refund position tend to report 

compliantly and those in a tax due position tend to report more aggressively. This finding 

suggests that maladaptive characteristics are more likely to emerge in a tax due position where 

taxpayers are actively trying to minimize their tax due. Thus, to investigate the role of 

exploitativeness on compliance, I replace the narcissism measure (NARC) in the split sample 

analysis in section 4.3.2 with the created exploitation score (EXPLOIT) to determine whether 
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this characteristic of narcissism influences compliance in the presence of economic and 

psychology factors. 

Table 12 presents the results of the ANCOVA model with the exploitation scores. As can 

be seen in Panel A for the refund condition, exploitativeness was not a significant covariate 

(F=.0312, p=0.577). In contrast, Panel B shows exploitativeness was a highly significant 

covariate of participants reported amounts (F=8.256, p=0.005). In a regression performed with 

the same factors, interaction, and covariates (untabulated), exploitation was significantly and 

negatively associated with compliance. Thus, while this study was unable to support H6, that 

narcissism is significantly and negatively associated with compliance in the presence of 

economic and psychological variables, it does show that compliance is likely more related to the 

individual maladaptive characteristics of narcissism than composite narcissism scores. 

Table 13 presents a summary of the results by hypothesis for this dissertation. 
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CHAPTER 5 

SUMMARY, DISCUSSION, AND CONCLUSIONS

This chapter concludes my dissertation with a summary and discussion of the results, 

limitations, and opportunities for future research. Finally, contributions and conclusions from the 

study are presented. 

5.1 Summary and Discussion of the Results 

Voluntary compliance for taxpayers with an opportunity to evade is important for U.S. 

government revenues; however, the IRS suggests many self-employed taxpayers do not fully 

report income on their tax returns. Consequently, the GAO (2012) has issued calls for research to 

better understand the reporting behavior of self-employed taxpayers. This study reports the 

results of an experiment involving 331 U.S. self-employed taxpayers that investigates how 

economic, environmental, and personal determinants influence reporting decisions both 

individually and interactively. The results indicate that perceptions of detection risk are more 

nuanced then previously understood, decision domains play an important role in taxpayers’ 

perceptions of risk, and that personal determinants of compliance can have a significant 

influence on compliance in the presence of both economic and environmental determinants. 

5.1.1 Perceptions of Selection Risk and Enforcement Risk 

The research question and first three hypotheses investigate a decomposition of a classic 

economic determinant: perceived detection risk. Going back nearly three decades, prior research 

suggested that perceptions of detection risk where comprised of two dimensions: selection risk 

and enforcement risk. This study was the first to investigate detection risk as two constructs and 

provides empirical evidence that taxpayers likely perceive these risks separately when they are 

more attuned to the situational details present in a reporting decision. Further, I provided 
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evidence that perceptions of enforcement risk are directly related to the existence of a paper trail, 

as evidenced by a form of payment manipulation, and showed that taxpayers in a refund position 

included this information in their risk assessments while those in a tax due position did not. 

Based on prior detection risk literature, hypotheses one and two predicted that 

compliance increases as perceptions of selection (H1) and enforcement (H2) risks increase. The 

results show support for both of these hypotheses. While these findings are not surprising in light 

of past research having manipulated detection risk using characteristics associated with each type 

of risk, the findings provide novel support for the contention that detection risk is comprised of 

two conceptually similar but distinct risks. Moreover, these findings suggest that taxpayers can 

simultaneously consider both risks when making tax-reporting decisions. Hypothesis three 

predicted that perceived selection risk would moderate the role of perceived enforcement risk. In 

contrast to my expectations, compliance is greatest when taxpayers perceive a high likelihood of 

being selected for an audit and enforcement risk only matters when selection risk is low. This 

finding is interesting because it suggests that avoiding an audit is of paramount importance to 

taxpayers. In other words, taxpayers appear to have an aversion to interacting with the IRS, 

regardless of whether the IRS has the ability to detect any noncompliance during an examination. 

Further, taxpayers in a conservative mindset (i.e. refund taxpayers) use a two stage risk 

assessment process where they assess selection risk first and, if this risk is found to be low, then 

consider the ability of the IRS to detection evasion during an examination. 

5.1.2 Decision Domains and Risk Perceptions 

While perceptions of risks associated with detection significantly influence compliance 

decisions, these risks comprise one of many simultaneous factors influencing these decisions. 

Hypotheses 4a and 4b predicted environmental factors would alter the role of risk perceptions on 
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compliance decisions. Specifically, hypothesis 4a predicted a refund tax position would 

dominate the effects of risk perceptions resulting in similar levels of compliance irrespective of 

these perceptions. In contrast to my expectations, perceived selection and enforcement risks were 

positively and significantly related to compliance for refund taxpayers. Similar to the full 

sample, perceived selection risk moderated the role of perceived enforcement risk where 

enforcement risk only operates when selection risk is low. Hypothesis 4b predicted that 

taxpayers perceptions of selection and enforcement risk would be predictive of compliance in a 

tax due position. Consistent with my prediction, perceived selection risk was significantly and 

positively related to compliance; however, perceived enforcement risk was not a significant 

predictor of compliance for these taxpayers. These findings suggest that the conservative and 

aggressive mindsets triggered by decision domains influence taxpayers perceptions of risk. 

The subsequent analysis delved deeper into the relationship between decision domains 

and risk perceptions to gain a better understanding of why a refund position triggers usage of 

perceived enforcement risk while a tax due position does not. This analysis suggests that 

taxpayers in a conservative mindset have a heighted sensitivity towards situational details. 

Specifically, the form of payment appears to have played a significantly role in triggering 

perceptions of enforcement risk for refund taxpayers yet had no such influence on those in a tax 

due position. In conjunction with prior research on taxpayer reporting and decision domains, the 

subsequent analysis suggests that a conservative reporting mindset with a focus on minimizing 

adverse consequences enhances taxpayers sensitivity to situational details, such as the form of 

payment, and the risks associated with these details. Conversely, tax due taxpayers focus on 

minimizing or eliminating their tax due may minimize the importance of some situational 

factors, like payment form, leading them to omit considerations concerning some types of risk. 
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5.1.3 Personal Determinants of Compliance 

Finally, the last three hypotheses predicted personal determinants would influence 

compliance in the presence of economic and environmental determinants. My fifth (H5) and 

seventh (H7) hypotheses predicted positive relationships for a segregationist mental accounting 

orientation and proactivity with compliance. My sixth hypothesis predicted a negative 

relationship for narcissism and compliance. Of the three personal determinants investigated, only 

a segregationist mental accounting orientation was significantly associated with participants 

reporting choice for the full sample. 

Split sample analysis shows the decision domain subsamples differed with regards to the 

significance of personal determinants. Proactivity was a significant predictor for only those in a 

refund position. Conversely, mental accounting and the exploitation sub-dimension of narcissism 

were significant predictors for tax due taxpayers but not refund taxpayers. These findings are 

interesting because they suggest that decision domains influence the role personal characteristics 

on compliance. For example, when taxpayers are in a more risk-averse mindset (i.e. refund 

position), personal characteristics that are generally positive in nature, such as proactivity, may 

be more influential because these taxpayers have a focus on avoiding risky behavior. More 

aggressive personal characteristics, such as the exploitation sub-dimension of narcissism, may 

become more influential when taxpayers are focused on minimizing their tax due and are more 

likely to engage in risky behavior. Other beliefs, such as a segregationist mental accounting 

orientation, may tend to be more inhibitive in nature and have a tendency to act as a restraining 

force when taxpayers find themselves in a tax due position. Overall, the results suggest that 

economic, environmental, and personal determinants influence compliance both individually and 

interactively. 
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5.2 Limitations and Future Research 

Despite many important insights gained from this study, there are some limitations to 

note. In contrast to some prior compliance research, no audit rates, checks of reported amounts, 

or payouts based on reported amounts were used in this study. While some researchers believe 

omitting these design characteristics lessens the meaningfulness of compliance research, the 

decision to omit them was conscious and reflects my desire not to influence participants’ 

perceptions in any way except as explicitly manipulated in the study. Additionally, all responses 

were self-reported and may reflect participants’ personal biases, beliefs, or perspectives that are 

not shared by other U.S. citizens. Further, efforts were made to obtain a wide variety of U.S. 

taxpayers. Amazon mechanical Turk has previously been found to be slightly skewed in its 

population demographics. For example, the population tends to include a greater number of 

females than the general population as well as includes individuals with a higher level of 

education than the general U.S. population (Ross, Irani, Silberman, Zaldivar, and Tomlinson 

2010). Despite these differences from the general U.S. population, the sample is likely more 

representative of U.S. self-employed taxpayers than many other sampling methods could have 

achieved. Lastly, this study focused specifically on self-employed taxpayers and may not be 

generalizable to the general U.S. population. 

This study highlights many opportunities for future research. For instance, most of the 

prior detection risk literature does not consider detection risk as being comprised of two distinct 

risks. Future research may find valuable insights by investigating how perceptions of selection 

and enforcement risk interact with other traditional determinants of compliance, such as 

sanctions and/or tax rates. Future research may also examine whether other determinants 

influence taxpayers risk perceptions. Lastly, future research can test more comprehensive 

52



compliance models, such as including more determinants from the various compliance 

perspectives, to gain additional insights from those gleaned from this study. 

5.3 Contributions and Conclusions 

This study makes several important contributions to the compliance literature. First, in 

contrast to prior compliance research, this study provides support for a two-construct 

conceptualization for detection risk that includes both selection and enforcement risks. While 

these perceptions are closely aligned for many taxpayers (e.g. see Table 5), the influence of these 

two risks appears to be triggered by different stimuli and depend on the situational awareness of 

taxpayers. 

Further, this study answers calls to use more comprehensive models when investigating 

compliance. The model used in this study considered compliance determinants from three 

perspectives: economic (detection risk), psychological (decision domains), and sociological 

(personal characteristics). This study illustrates that all three perspective operate individually and 

interactively to influence compliance. Further, it shows that some determinants (e.g. decision 

domains) can alter the influence of other determinants (e.g. risk perceptions). 

This study also investigates personal characteristics that have not previously been 

investigated in a compliance context. The results suggest that personal characteristics do not 

necessarily operate the same for all taxpayers. Psychological determinants appear to influence 

which personal characteristics will be salient for taxpayers. 

Lastly, this study answers governmental calls for research on self-employed taxpayers. In 

contrast to employed taxpayers, self-employed taxpayers have an opportunity to evade by 

operating on a cash basis where income amounts are not subject to third party reporting to the 

IRS. Prior research suggests that a small increase in risk perceptions can have a significant 
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impact on compliance (Carnes and Englebrecht 1995). The results contained herein my enable 

the service to create cost effective policies specifically targeting self-employed taxpayers. For 

example, these taxpayers are influenced by selection risk regardless of their tax position. Aiming 

communications at these taxpayers discussing how they have a higher probability of being 

selected for an audit will likely be more impactful than communications extolling the IRS’ 

ability to detect noncompliance during an examination. 
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TABLE 1: LIST OF RESEARTCH QUESTIONS AND HYPOTHESES PRESENTED 

Hypothesis Independent Variable Effect Dependent Variable 

RQ1 Perceived Selection Risk ≠ Perceived Enforcement Risk 

H1 Perceived Selection Risk + Compliance 

H2 Perceived Enforcement Risk + Compliance 

H3 Perceived Selection Risk Moderates Perceive Enforcement 
Risk 

Compliance 

H4a & H4b Taxpayer Decision Domains Moderates Perceived Selection and 
Enforcement Risks 

Compliance 

H5 Segregationists Orientation + Compliance 

H6 Narcissism - Compliance 

H7 Proactivity + Compliance 
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TABLE 2: DESCRIPTIVE STATISTICS 

Tax Refund Tax Due Total 

Number of participants 152 179 331 

Mean Number of tax returns filed 19.70 19.87 19.79 

Mean number of years filed own return 12.30 13.30 12.84 

Average number of tax classes 0.59 0.84 0.72 

Mean Age 39.00 39.69 39.38 

Percent male 40.10 38.50 39.30 

Mean Professional work experience 17.69 17.92 17.82 

Percent married 48.08 46.37 47.16 

Participants with zero self-employed earnings 0 0 0 

Participants with self-employed earnings $1-19,999 66 85 151 

Participants with self-employed earnings $20,0000-49,999 56 64 120 

Participants with self-employed earnings $50,000-99,999 21 25 46 

Participants with self-employed earnings greater than $100,000 9 5 14 
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TABLE 3: FACTOR ANALYSIS RESULTS FOR SELECTION AND ENFORCEMENT 

RISKS 

Statement Description Factor Loadings 

(Indicate the likelihood the IRS would:) SELECT ENFORCE 

1. Select you for an audit if you chose not to report

some of this interest income:
0.987 -0.046 

2. Select your return for further examination if you

chose not to report some of this interest income
0.892 0.090 

3. Uncover any unreported interest on your tax

return during an audit.
-0.011 0.965 

4. Detect any interest income not reported on your

tax return if you were selected for an audit.
-0.039 0.931 
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TABLE 4: PEARSON CORRELATIONS 

SELECT ENFORCE DOMAIN MENTAL NARC PROACT INCOME LIKELI Mean Range 

SELECT 1 1.502 0 - 1 

ENFORCE .432** 1 1.483 0 - 1 

DOMAIN .088 .079 1 1.54 0 - 1 

MENTAL .130* .038 .092 1 4.597 0 - 7 

NARC -.072 -.002 -.147** -.019 1 4.357 0 - 7 

PROACT .062 .037 -.069 .182** .370** 1 5.284 0 - 7 

INCOME .407** .268** -.046 .123* -.064 .053 1 $4,558 $0-6,500 

LIKELI .432** .301** -.002 .081 -.045 .078 .890** 1 5.13 0 - 7 

** Correlation is significant at the 0.01 level (2-tailed) 

* Correlation is significant at the 0.05 level (2-tailed) 
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TABLE 5: CASH AND CHECK VISIBILITY ANALYSIS BY DECISION DOMAIN 

PANEL A: CASH AND CHECK VISIBILITY MEANS AND TEST OF MEAHNS FOR 

THE FULL AND SPLIT SAMPLES 

Check less Cash Visibility 

Cash Visibility Check Visbility t p 

Full Sample (n=331) 2.81 5.53 57.136 <.001 

Refund Sample (n=152) 2.69 5.60 41.782 <.001 

Tax Due Sample (n=179) 2.91 5.46 39.506 <.001 
Cash and check visibility: (1) Strongly Disagree Visible to (7) Strongly Agree Visible 

Statistics shown are one-tailed 

PANEL B: TEST OF MEAN VISIBLITY DIFFERENCE BY DECISION DOMAIN 

Refund less Tax Due 

Refund Tax Due t p 

Check less Cash Visibility 2.91 2.55 3.734 0.025 

Statistics shown are one-tailed. 
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TABLE 6: MEANS AND MEAN DIFFERENCE FOR THE MEASURES COMPRISING 

SELECT AND ENFORCE BY CASH AND CHECK CONDITION  

PANEL A: FULL SAMPLE 
Full Sample (n=331) 

Means Cash less Check 

Statement Cash 

(n=170) 

Check 

(n=161) 

t p 

S-1 Select you for an audit if you 

chose not to report some of 

this interest income: 

2.99 3.22 1.144 0.127 

S-2 Select your return for further 

examination if you chose not 

to report some of this interest 

income 

3.26 3.35 0.864 0.333 

E-1 Uncover any unreported 

interest on your tax return 

during an audit. 

3.18 3.43 2.262 0.129 

E-2 Detect any interest income not 

reported on your tax return if 

you were selected for an audit. 

3.21 3.54 3.008 0.067 

SELECT Factor Analysis Score -0.04 0.05 1.670 0.202 

ENFORCE Factor Analysis Score -0.07 0.08 2.686 0.090 

PANEL B: ‘REFUND’ AND ‘TAX DUE’ CONDITIONS 
Refund (n=152) Tax Due (n=179) 

Means Check less 

Cash 
Means 

Check less 

Cash 

SELECT (S) / 

ENFORCE (E) Statement 

Cash 

(n=76) 

Check 

(n=76) t p 

Cash 

(n=94) 

Check 

(n=85) t p 

S-1 

Select you for an audit if 

you chose not to report 

some of this interest 

income: 

2.86 3.07 1.508 0.226 3.11 3.35 1.810 0.184 

S-2 

Select your return for 

further examination if you 

chose not to report some of 

this interest income 

3.03 3.18 0.537 0.296 3.45 3.49 0.330 0.435 

E-1 

Uncover any unreported 

interest on your tax return 

during an audit. 

2.82 3.26 2.928 0.075 3.47 3.58 0.682 0.367 

E-2 

Detect any interest income 

not reported on your tax 

return if you were selected 

for an audit. 

2.91 3.58 4.218 0.019 3.45 3.51 0.382 0.425 

SELECT Factor Analysis Score -0.15 -0.04 1.266 0.254 0.04 0.13 1.166 0.281 

ENFORCE Factor Analysis Score -0.24 0.43 3.692 0.034 0.07 0.11 0.498 0.402 

All statistics presented are one-tailed 
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TABLE 7: ANCOVA TEST OF FULL MODEL 

Dependent Variable: Reported Cash Income 

(n=331, squares in 000s) 
Sum of Squares df Mean Square F statistic p-value 

Model         583,098 10        58,309 8.781 .000 

SELECT         210,549 1      210,549 31.706 .000 

ENFORCE  42,743 1        42,743 6.437 .012 

DOMAIN  43,667 1        43,667 6.576 .011 

SELECT x ENFORCE  30,768 1        30,768 4.633 .032 

SELECT x DOMAIN   3,879 1    3,879,043 .584 .445 

ENFORCE x DOMAIN  22,373 1        22,373 3.369 .067 

SELECT x ENFORCE x DOMAIN   1,048 1        10,484 1.579 .210 

MENTAL  20,542 1        20,542 3.093 .080 

NARC   9,427 1          9,427 1.420 .234 

PROACT   3,588 1          3,588 .540 .463 

Error      2,125,032 320          6,640 

R-Squared = 0.215 

All statistics present are 2-tailed 

Legend: 

SELECT: Low = 1 and High = 2 

ENFORCE: Low = 1 and High = 2 

DOMAIN: Refund = 1 and High = 2 

MENTAL: Average of 8 items ranging from 1 – 7 

NARC: Sum of narcissistic consistent answers ranging from 0 – 16 

PROACT: Average of 10 items ranging from 1 - 7 
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TABLE 8: TEST OF MEANS – FULL SAMPLE 

Pairwise Comparison of Mean Interest Income Reported by Low and High Perceived Selection 

Risk by Low and High Perceived Enforcement Risks 

SELECT - LOW SELECT – HIGH 

ENFORCE-LOW 
(n=121) 

ENFORCE-HIGH 
(n=44) 

ENFORCE-LOW 
(n=50) 

ENFORCE-HIGH 
(n=116) 

Cash Income Reported $3,099 $4,621 $5,638 $5,750 

Difference $1,522 $188 

t-statistic 3.001 0.268 

p-value 0.0029 0.789 
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TABLE 9: ANCOVA TEST OF PERCEIVED SELECTION AND ENFORCEMENT 

RISKS ON COMPLIANCE BY DECISION DOMAIN 

PANEL A: Taxpayers in the refund condition 

Dependent Variable: Reported Interest Income 

(n=152, squares in 000s) 

Sum of Squares df Mean Square F statistic p-value 

Model      324,498 6    54,083 8.857 0.000 

SELECT  68,973 1    68,973 11.295 0.001 

ENFORCE  50,679 1    50,679 8.299 0.005 

SELECT x ENFORCE  32,433 1    32,433 5.311 0.023 

MENTAL       501 1   501 0.082 0.775 

NARC    2,893 1      2,893 0.474 0.492 

PROACT  18,708 1    18,708 3.064 0.082 

Error      885,446 145      6,107 

R Squared = .268 

All statistics presented are 2-tailed 

PANEL B: Taxpayers in the tax due condition 

Dependent Variable: Reported Interest Income 

(n=179, squares in 000s) 

Sum of Squares df Mean Square F statistic p-value 

Model      285,008 6  47,501  6.767  0.000 

SELECT      153,060 1         153,060 21.804 0.000 

ENFORCE    1,967 1    1,967 0.280 0.597 

SELECT x ENFORCE    1,310 1    1,310 0.187 0.666 

MENTAL  32,989 1  32,989  4.699  0.032 

NARC    8,947 1    8,947  1.274  0.261 

PROACT    1,380 1    1,380  0.197  0.658 

Error   1,207,417 172    7,020 

R Squared = .191  

All statistics presented are 2-tailed 

Legend: 

SELECT: Low = 1 and High = 2 

ENFORCE: Low = 1 and High = 2 

MENTAL: Average of 8 items ranging from 1 – 7 

NARC: Sum of narcissistic consistent answers ranging from 0 – 16 

PROACT: Average of 10 items ranging from 1 - 7 
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TABLE 10: TEST OF MEANS – SPLIT SAMPLE 

Pairwise Comparison of Mean Interest Income Reported by Low and High Perceived 

Selection Risk by Low and High Perceived Enforcement Risks 

Panel A: Refund Condition 

SELECT - LOW SELECT – HIGH 

ENFORCE-LOW 
(n=121) 

ENFORCE-HIGH 
(n=44) 

ENFORCE-LOW 
(n=50) 

ENFORCE-HIGH 
(n=116) 

Cash Income Reported $3,108 $5,577 $5,814 $6,082 

Difference $2,469 $268 

t-statistic 3.636 0.401 

p-value < 0.001 0.689 

Panel B: Tax Due Condition 

SELECT - LOW SELECT – HIGH 

ENFORCE-LOW 
(n=121) 

ENFORCE-HIGH 
(n=44) 

ENFORCE-LOW 
(n=50) 

ENFORCE-HIGH 
(n=116) 

Cash Income Reported $3,157 $3,573 $5,378 $5,411 

Difference $416 $33 

t-statistic 0.655 0.057 

p-value 0.513 0.955 
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TABLE 11: FACTOR ANALYSIS OF NARCISSISM ANSWERS 

Factor 1 Factor 2 Factor 3 Factor 4 

Narcissism Dimension and Narcissistic Answer Choice Loading Loading Loading Loading 

Entitlement 

I insist upon getting the respect that is due 

me. -.147 .275 .099 .491 

Entitlement I expect a great deal from other people. .131 -.114 -.107 .714 

Authority I like having authority over people -.025 .144 .137 .361 

Authority 

People always seem to recognize my 

authority. .052 .194 .461 .056 

Exhibitionism I really like to be the center of attention.  .886 .098 -.071 .052 

Exhibitionism I like to be the center of attention.  .613 -.102 .315 -.216 

Exhibitionism I am apt to show off if I get the chance. .876 .056 -.103 .099 

Exploitation I find it easy to manipulate people.  .130 -.307 .674 .297 

Exploitation Everybody likes to hear my stories.  .046 .237 .538 -.245 

Exploitation 

I can make anybody believe anything I want 

them to.   -.133 .028 .749 .097 

Self-sufficiency I always know what I am doing .010 .034 .373 .232 

Self-sufficiency I am going to be a great person -.172 .439 .269 -.057 

Self-sufficiency I am more capable than other people -.022 .086 .234 .564 

Superiority 

I know that I am good because everybody 

keeps telling me so   .227 .499 .181 -.135 

Superiority I think I am a special person .038 .780 -.090 .129 

Superiority I am an extraordinary person .081 .755 -.060 .163 
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TABLE 12: ANCOVA of SPLIT SAMPLE USING EXPLOITATION SCORES 

PANEL A: Taxpayers in the refund condition 

Dependent Variable: Reported Interest Income 

(n=152, squares in 000s) 

Sum of Squares df Mean Square F statistic p-value 

Model      323,515 6    53,919 8.820 0.000 

SELECT  68,824 1    68,824 11.258 0.001 

ENFORCE  49,861 1    49,861 8.156 0.005 

SELECT x ENFORCE  32,845 1    32,845 5.373 0.022 

MENTAL       646 1   646 0.106 0.746 

EXPLOIT    1,910 1      1,910 0.312 0.577 

PROACT  17,729 1    17,729 3.085 0.091 

Error      886,428 145      6,113 

R Squared = .267 

All statistics presented are 2-tailed 

PANEL B: Taxpayers in the tax due condition 

Dependent Variable: Reported Interest Income 

(n=179, squares in 000s) 

Sum of Squares df Mean Square F statistic p-value 

Model      331,772 6  55,295       8.194  0.000 

SELECT      153,522 1         153,522 12.999 0.000 

ENFORCE    3,052 1    3,052 0.456 0.502 

SELECT x ENFORCE       836 1      836 0.124 0.725 

MENTAL  34,756 1  34,756  5.151  0.024 

EXPLOIT   55,710 1  55,710  8.256  0.005 

PROACT  122 1    122  0.018  0.893 

Error   1,160,652 172    8,363 

R Squared = .222  

All statistics presented are 2-tailed 

Legend: 

SELECT: Low = 1 and High = 2 

ENFORCE: Low = 1 and High = 2 

MENTAL: Average of 8 items ranging from 1 – 7 

EXPLOIT: Sum of narcissistic consistent answers ranging from 0 – 

PROACT: Average of 10 items ranging from 1 - 7 
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TABLE 13: SUMMARY RESULTS FOR HYPOTHESES AND RESEARCH QUESTION 

Hypothesis 
Independent 

Variable Effect Dependent Variable Results 

RQ1 Perceived 
Selection Risk 

≠ Perceived Enforcement 
Risk 

Supported 

H1 Perceived 
Selection Risk 

+ Compliance Supported 

H2 Perceived 
Enforcement Risk 

+ Compliance Supported 

H3 Perceived 
Selection Risk 

Moderates Perceive 
Enforcement Risk 

Compliance Not Supported 

H4a Refund Decision 
Domain 

Dominate Perceived 
Detection Risk 

Compliance Not Supported 

H4b Tax Due Decision 
Domain 

Don't dominate Perceived 
Detection Risks 

Compliance Partially Supported 

H5 Segregationists 
Orientation 

+ Compliance Partially Supported 

H6 Narcissism - Compliance Not Supported 

H7 Proactivity + Compliance Partially Supported 
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FIGURE 1: FISCHER’s (1991) EXPANDED MODEL OF TAXPAYER COMPLIANCE 

Noncompliance 
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Structure of

Tax System
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Taxpayer
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Behavior
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FIGURE 2: THE EXPECTED RELATIONSHIP BETWEEN PERCEIVED SELECTION 
AND ENFORCEMENT RISKS ON TAXPAYER COMPLIANCE 
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FIGURE 3: THE EXPECTED RELATIONSHIP BETWEEN PERCEIVED DETECTION RISK 

WITH TAXPAYER DECISION DOMAINS ON COMPLIANCE 

70



FIGURE 4: MEAN INTEREST INCOME REPORTED BY LOW AND HIGH PERCEIVED 

SELECTION RISK BY LOW AND HIGH PERCEIVED ENFORCEMENT RISK 
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FIGURE 5: MEAN INTEREST INCOME REPORTED BY DECISION DOMAIN 

PANEL A: Taxpayers in the Refund Condition 

PANEL B: Taxpayers in the Tax Due Condition 
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APPENDIX A 

REPORTING SCENARIOS AND PERCEIVED SELECTION RISK, ENFORCEMENT, AND 

DEPENDENT VARIABLES INPUT 
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PANEL A: REPORTING SCENARIOS 

Imagine that during 2013 you loaned a colleague, Sasha, a significant amount of money to 

help launch a new business. Sasha is a person you trust and the agreement was reached over 

lunch and sealed with a handshake. As part of the agreement, Sasha agreed to pay interest in 

the amount of $6,500 when the loan was paid back. During 2015, Sasha completed paying 

off the loan and, as agreed, paid you interest of $6,500 in cash [with a check that you 

deposited into the bank]. 

You have completed your 2015 tax return for all relevant items and face a decision of how 

much of the $6,500 dollars to report on your taxes. You are aware that the $6,500 

represents taxable income and that the IRS has no record of this agreement. If you report 

the full amount of interest your tax due will increase from $127 to $1,752 {tax refund 

will decrease to $127 from $1,752}. 

PANEL B: PERCEIVED SELECTION RISK, ENFORCEMENT, and DEPENDENT 

VARIABLES INPUT 

On your 2015 tax return, what dollar amount of this $6,500 of interest would you? (Please enter a numeric 

dollar amount with no commas)

How likely is it that the IRS would: 

To what degree do you believe: 

Very 

Select you for an audit if you chose not to report 
some of this interest income? 

Select your return for further examination if you 
chose not to report some of this interest? 

Uncover any unreported interest income on 
your tax return during an audit? 

Detect any interest income not reported on your 
tax return if you were selected for an audit? 
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APPENDIX B 

MTURK QUALIFICATION SURVEY 
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What is your age? (Please enter a number) 

Which best describes income that is required to be reported for tax purposes? 

All wages, business income, and other earned income for the tax year 

Business income but not personal income 

Only wages 

Have you earned income as a self-employed individual? That is, have you owned and operated a 

business to earn a living? 

Yes No 

If you have earned income as a self-employed individual, what range did your yearly gross receipts fall 

within? 

$0  $1  $19,999   $20,000  $49,999  $50,000  $99,999 $100,000 or more  

Have you ever been audited by a state or the IRS? 

Yes No 

Do you consider yourself to be a self-employed individual? 

Yes No 

Do you work in accounting, tax, or finance? 

Yes No 

How much do you earn on MTurk per month? (Please enter a number) 
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APPENDIX C 

MENTAL ACCOUNTING ORIENTATION SCALE 
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1) When planning my sales at the beginning of a year, I already think about how much the fixed costs
and the tax liability will be.

2) When I earn some money I automatically think about
the incidental taxes.

3) I keep track of how much money I have to put aside for paying my income tax.

4) I keep track of how much money I have to put aside for paying my sales tax.

5) I always put some money aside in case the IRS claims additional payments

6) Instantly after a customer has paid me, I am mentally deducting roughly the amount I will have to
pay as taxes later on.

7) I think it is essential to set aside an appropriate amount of money to pay my income tax

8) It makes sense to have a separate bank account for the income tax I must pay.

** All items measured on a 7-point Likert scale ranging from “strongly disagree” to strongly agree”. 
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