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Executive Summary 
 
Overview  

There is growing interest in policies, programs and tariffs that encourage customer loads 
to provide demand response (DR) to help discipline wholesale electricity markets. 
Proposals at the retail level range from eliminating fixed rate tariffs as the default service 
for some or all customer groups to reinstituting utility-sponsored load management 
programs with market-based inducements to curtail. Alternative rate designs include 
time-of-use (TOU), day-ahead real-time pricing (RTP), critical peak pricing, and even 
pricing usage at real-time market balancing prices. Some Independent System Operators 
(ISOs) have implemented their own DR programs whereby load curtailment capabilities 
are treated as a system resource and are paid an equivalent value. The resulting load 
reductions from these tariffs and programs provide a variety of benefits, including 
limiting the ability of suppliers to increase spot and long-term market-clearing prices 
above competitive levels (Neenan et al, 2002; Borenstein, 2002; Ruff, 2002).  
 
Unfortunately, there is little information in the public domain to characterize and quantify 
how customers actually respond to these alternative dynamic pricing schemes. A few 
empirical studies of large customer RTP response have shown modest results for most 
customers, with a few very price-responsive customers providing most of the aggregate 
response (Herriges et al, 1993; Schwarz et al, 2002). However, these studies examined 
response to voluntary, two-part RTP programs implemented by utilities in states without 
retail competition.1 Furthermore, the researchers had limited information on customer 
characteristics so they were unable to identify the drivers to price response. In the 
absence of a compelling characterization of why customers join RTP programs and how 
they respond to prices, many initiatives to modernize retail electricity rates seem to be 
stymied.  
 
Study Objectives  

This study attempts to address some of these information gaps through an in-depth case 
study of 149 large commercial and industrial customer accounts served by Niagara 
Mohawk Power Corporation (NMPC). In October 1998, with the commencement of retail 
access in New York, NMPC replaced the existing time-of-use (TOU) tariff for large 
customers with peak demand in excess of two megawatts with a day-ahead, market-based 
RTP rate design. This new default SC-3A service, called “Option 1”, recovers fixed costs 
(e.g., transmission and distribution) largely through demand charges and prices electric 
commodity at hourly-varying prices indexed to the NYISO day-ahead market. Hourly 
prices for the next day are transmitted to customers by 4pm. 
 
The NMPC customer choice restructuring plan included an additional option for 
commodity service, called “Option 2”, whereby customers could sign up for a TOU-

                                                 
1 A two-part RTP tariff consists of a customer baseline load (CBL) billed at the customer’s otherwise 
applicable time-of-use tariff rate (the hedge) with only marginal usage (deviations in actual usage from the 
CBL) subject to hourly-varying prices.  
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based, fixed-rate contract offered by NMPC for up to five years on a take-or-pay basis. 
This alternative was offered only on a one-time basis in the fall of 1998, just prior to the 
opening of the retail market, and required that customers nominate monthly peak and off-
peak demand blocks (at 100% load factor) for a five-year period.2 SC-3A customers can 
also purchase their electric commodity service from competitive retail suppliers (referred 
to as ESCos in New York) providing access to indexed or hedged supply contracts and/or 
financial hedging products. The various supply options chosen by these customers, as of 
December 2002 (the most recent period for which completed data are available), are 
shown in Figure ES-1. 
 
Figure ES-1. Supply Choices of SC-3A Customers: December 2002 

NMPC 
Option 1 
(default)

58%

Competitive 
Supplier

31%

NMPC   
Option 2

11%

N=142

  Residual Power:
- 31% NMPC Option 1
- 69% Competitive Supplier

 
 
Since 2001, the New York Independent System Operator (NYISO) has offered customers 
throughout New York state the opportunity to participate in its DR programs, which 
provide direct incentives to curtail load in certain hours above and beyond the SC-3A 
Option 1 (day-ahead) or Option 2 (TOU) prices. As a result, SC-3A customers have faced 
hourly prices, complemented by inducements from the NYISO that offer additional 
incentives to curtail load.3
 
The experience of these NMPC customers is unique and provides a rich source of 
information about how large customers respond to hourly electricity market prices under 
long-term market conditions. The overall objectives of this study are to: 
 
• characterize customer response to and satisfaction with RTP based on day-ahead 

wholesale market prices in a retail competition environment;  

                                                 
2 If desired, Option 2 customers could choose to nominate no load in certain periods. Option 2 customers 
could purchase their residual energy requirements from a retail energy service provider. Otherwise, it was 
priced at SC-3A Option 1 rates. 
3 NYISO offers three DR programs. The Emergency Demand Response Program (EDRP) is a voluntary 
program that pays a floor price of $0.50/kWh for load curtailments. The Installed Capacity/ Special Case 
Resource (ICAP/SCR) Program allows customers to participate in capacity markets as demand-side 
resources. The Day-Ahead Demand Response Program (DADRP) is an economic program in which 
customers bid curtailments into the NYISO Day-Ahead Market. Both ICAP/SCR and DADRP impose 
penalties for customers that fail to meet their curtailment obligations. 
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• quantify price responsiveness of various groups of customers; 
• characterize drivers to customers’ hedging decisions and supply choices; and  
• differentiate between customer response to SC-3A prices (RTP) and to NYISO DR 

program incentives. 
 
The California Energy Commission’s Public Interest Energy Research (PIER) program 
provided funding for this study. The PIER program supports research that evaluates and 
assesses effective DR strategies (e.g., technologies, tariffs, programs) and facilitates the 
creation and distribution of DR-related information that can help California policymakers 
make informed decisions on the design and implementation of dynamic pricing tariffs 
and DR programs. Lawrence Berkeley National Laboratory (LBNL), with technical 
support from Neenan Associates, designed and administered the study. NMPC was an 
active and essential partner, providing customer load, price and account data, contributing 
to the study design, and supplying substantial in-kind support by encouraging customers 
to participate in the study. NYISO, the New York State Energy Research Authority, and 
the New York Public Service Commission also provided valuable assistance to the design 
and execution of this study.4  
 
Key Findings 

1. Customers are generally satisfied with RTP as the default tariff, despite the views 
expressed by some that hedging options are not attractively priced relative to perceived 
risks.  

• As of summer 2003, at least 65% of survey respondents were exposed to market price 
volatility, either through the default RTP tariff or indexed supply contracts. However, 
many SC-3A customers indicate through their actions and statements that they would 
prefer to hedge – either through flat-rate supply contracts or financial hedges – rather 
than being exposed to potentially volatile SC-3A prices.  

• Repeating this policy of subjecting customers to default RTP without ensuring the 
availability of diverse and fairly priced alternatives would likely be a harder sell 
today. 

 
2. Price response is modest overall but individual customer response is extremely 
variable. 

• Over 30% of survey respondents say they can respond by foregoing discretionary 
usage; 15% say they can shift (and forego) usage from peak to off-peak periods when 
prices get high. 

• The average substitution elasticity is 0.14 for all customers.  
• There is substantial variation in substitution elasticity within and between customer 

groups. Average elasticities by customer group are: 0.11 for industrial customers (this 
is comparable to other RTP studies), 0.30 for government/education customers, and 
0.00 for commercial customers. 

                                                 
4 The authors of this report nonetheless accept all responsibility for its contents and any errors or omissions 
therein.  
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• Extrapolating from the modeling results, aggregate demand response that could be 
expected from 141 SC-3A customers at a price of $0.50/kWh is ~100 MW, about 
18% of these customers’ maximum demand. 

 
3. ISO-DR programs complement RTP, providing measurable increases in DR when 
events are called, particularly for industrial customers.  

• DR-program events increase the overall amount of load curtailed by SC-3A 
customers by about 15%. 

• Industrial DR-program participants are substantially more responsive to program 
events than to SC-3A prices, while for government/education customers the marginal 
contribution of DR programs to overall price response is modest. 

 
4.  Adoption of DR-enabling technology among SC-3A customers is modest – only 45% 
of customers have made investments in the five years since RTP was implemented.  

 
Data Sources and Customer Characteristics 

A self-administered customer survey and follow-up telephone interviews with a subset of 
survey respondents were undertaken to provide primary data. Additionally, NMPC 
provided basic customer characteristics, customers’ hourly billing data and SC-3A 
commodity prices over 3-4 years. 
 
Figure ES-2. SC-3A Population 
 

6 Customers 
(6 Accounts)

Unable to 
Survey 

71 Customers 
(79 Accounts) 

Did not respond 
to Survey 

53 Customers 
(64 Accounts) 
Responded to 

Survey 

Study Population
130 Customers  
(149 Accounts) 

 
 
Of the 130 customers in the study population, 124 were sent surveys in August 2003 and 
53 customers, representing 64 accounts, responded (see Figure ES-2). Overall, the 
survey respondents represent the study population quite well on the basis of usage 
characteristics and customer supply choices (see Table ES-1). Almost half of SC-3A 
customers are government/education facilities; industrial customers represent a third of 
the population and the rest are commercial operations.5 Industrial customers are slightly 

                                                 
5 The government/education category includes local, state, and federal government facilities, universities, 
schools, and other like organizations that share an institutional decision-making structure. Commercial 
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over-represented in the sample and government/education customers are slightly under-
represented. Survey respondents were 30-40% more likely to enroll in NYISO DR 
programs than the study population. 
 
Table ES-1. Characteristics of Survey Respondents vs. Study Population 

Characteristic Survey 
Respondents 
(N=53) 

Study 
Population 
(N=149) 

Industrial 40% 32% 
Commercial 21% 23% 

Business Type 

Government/education 40% 46% 
Load 
Characteristics 

Average Monthly Peak 
Demand 

3.0 MW 3.4 MW 

Option 2 Nominees 9% 18% Basic Supply 
Choices Competitive Supplier* 52% 53% 

EDRP 38% 28% 
ICAP/SCR 13% 9% 

DR Program 
Enrollment 

DADRP 4% 1% 
*at any time since 1998 
 
Trends in SC-3A Prices 

Two important trends in SC-3A prices during the 2000-2003 study period are 
noteworthy: average on-peak commodity prices increased significantly, while the 
volatility of on-peak prices decreased (see Table ES-2). These general trends hold true 
for all five NYISO pricing zones in which SC-3A customers are located. Zonal prices 
reflect differences in generation bid prices and transmission constraints.6 

 
Table ES-2. SC-3A Commodity Prices (2000-2003) 

2000 2001 2002 2003 Region 
on-peak off-peak on-peak off-peak on-peak off-peak on-peak off-peak 

 Average Price ($/MWh) 
Capital 68.44 33.26 65.22 34.83 63.03 35.40 77.65 47.74 
Central 54.98 30.39 58.89 32.50 54.84 32.24 71.93 44.07 
 Annualized 30-Day Rolling Volatility 
Capital 111% 79% 43% 20% 34% 27% 17% 23% 
Central 68% 54% 38% 20% 26% 20% 16% 22% 

Note: On-peak is defined as the period from 7am – 11pm and off-peak is defined as the period from 11pm 
to 7am. All prices are for weekdays only. 
 
 

                                                                                                                                                 
facilities include retail space, office buildings, hospitals, health care facilities, and large, multi-family 
housing complexes.  
6 Of the NYISO zones covered by the NMPC territory, the Capital region has the highest and most volatile 
prices due to transmission capacity constraints. Price trends in the other four zones are similar to those 
shown for the Central zone in Table ES-2.  
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Customer Acceptance and Education 

Survey respondents reported that they are relatively satisfied with the RTP tariff, despite 
the fact that many customers indicated that they were unprepared in 1998 to respond to 
dynamic prices or make decisions about procuring hedges. Only 15% of survey 
respondents said they would have preferred a two-part RTP tariff design, an alternative 
often advocated for default RTP in competitive retail markets.  
 
How did Customers Adapt to RTP as Default Service? 

The propensity of RTP customers to purchase hedges may impact their demand 
responsiveness and is also of interest to policymakers concerned with ensuring that 
adequate options exist in implementing RTP as a default service tariff. As of summer 
2003, about 35% of survey respondents were hedged in some manner against commodity 
price risk, predominantly through physical supply contracts with flat or TOU pricing 
provisions. Customers report that over the past five years competitive supply offers have 
moved away from flat-priced hedges toward indexed deals.  
 
About 18% of SC-3A customers selected NMPC’s hedged offering (Option 2) in 1998, 
but these contracts expired in August 2003. On average, Option 2 customers hedged 
about 60% of their on-peak usage at the predetermined price schedule, with the remaining 
on-peak usage priced either at the day-ahead market price (Option 1) or purchased 
through a supply contract with a competitive retailer. 
 
According to survey respondents, hedging product choices available during the study 
period were somewhat limited.7 To characterize customers’ preferences for products not 
necessarily available, we asked survey recipients to choose among conjoint-type choice 
sets of hypothetical hedge products (with a none-of-the-above option representing the 
default SC-3A tariff). We constructed a best possible hedge based on statistical analysis 
of customers’ responses. This “most preferred” product would hedge 75% of customers’ 
load during summer afternoons only, consist of a price cap of $0.06/kWh, and have a cost 
equivalent to 15% of the customer’s annual electric bill. While this hedge was preferred 
over other possible hedges, it was not, however, preferred to SC-3A. Survey respondents 
were three times more likely to elect to face SC-3A prices than purchase this hedge. This 
finding suggests that in the current market context, most SC-3A customers prefer a tariff 
that passes through day-ahead market hourly prices to paying the implied risk premiums 
that were tested.  
 

                                                 
7 Most survey respondents indicated that, particularly during the last two years, the most attractive offering 
from ESCos has been an index similar to the SC-3A Option 1 rate. A two mill “shopping credit” was built 
into the SC-3A rate; receiving this discount may have been the primary motivation to switch to an ESCO 
for a contract with essentially the same service and price risks. 

 xvi



 

Role of Enabling Technologies 

Customers were asked if they had invested in load-management and energy-efficiency 
technologies at their facilities prior to and since the introduction of default RTP in 1998.8 
About 85% of survey respondents reported making largely energy-efficiency oriented 
technology investments prior to 1998. Since 1998, about 45% of survey respondents had 
made technology investments directed toward demand response (such as energy 
management control systems, peak-load management controls, or energy information 
systems). Survey respondents indicated that their price response strategies relied mainly 
on relatively “low-tech” curtailment solutions such as turning off lights, asking 
employees to reduce usage, abating HVAC operation, and shutting down discretionary 
equipment. Our in-depth interviews suggest that many customers are not fully aware of 
the potential applications and demand reduction potential of DR-enabling technologies 
they have adopted. 
 
Price Responsiveness 

A major focus of this study was to assess the price responsiveness of SC-3A customers. 
We did this qualitatively through survey questions that probed customers’ perceived 
response capability, and quantitatively through the estimation of price elasticity using 
demand models.  
 
Over half (54%) of survey respondents reported that they were unable to curtail load; 
31% said they could curtail by forgoing electricity usage in certain periods (without 
making it up at another time), 5% said they could shift load from one time period to 
another, and 10% said they could both shift and forego usage (see Figure ES-3). Overall, 
government/education customers were considerably more likely to indicate some type of 
response capability than other business types (62% vs. 40% for industrials and 30% for 
commercial customers).  
 
Interestingly, almost 30% of the 28 customers that indicated that they were unable to 
curtail load were enrolled in NYISO DR programs, and two-thirds of them received 
payments for load curtailments during events. This suggests that some customers make 
an important distinction. To them, price response is defined by adjusting hourly usage to 
SC-3A prices, while curtailing load during a NYISO program event is associated with 
keeping the electric system secure. The former is considered a business decision 
undertaken explicitly to avoid high prices, while the latter imparts an intangible but 
important public service benefit in addition to the payment received. Thus, customers 
may respond to incentives to curtail on very short notice (two hours for EDRP), but may 
not exhibit the same response, even to a similar price incentive, when it is posted as the 
day-ahead SC-3A commodity rate. Our empirical price response results (below) support 
this distinction, at least for some industrial customers. 

                                                 
8 Technologies such as EMCS, peak load management control devices, near real-time access to usage data, 
and energy information systems can help customers develop automated demand response strategies, reduce 
transaction costs to implement load curtailments, and minimize service or amenity losses. 
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Figure ES-3. Price Response Capability by Business Sector 
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Estimating Price Response 

Most studies of large customer RTP employ a demand model to estimate the substitution 
elasticity (Herriges et al. 1993; Schwarz et al. 2002) or have modeled peak and off-peak 
electricity as substitutes (Patrick, 1990; Caves et al, 1984; Herriges et al, 1993; 
Braithwait, 2000). The substitution elasticity describes how the relative use of inputs that 
are substitutes in a production process changes in response to the relative prices of the 
two inputs. In our context, it is defined as the change in the ratio of peak/off-peak 
electricity consumption that results from a one percent change in off-peak/peak prices 
(the “inverse price ratio”).9 For large commercial and industrial electric customers, the 
substitution elasticity is an appropriate measure of demand response, where electricity is 
modeled as two substitutable commodities – peak and off-peak power – that are inputs in 
the production of goods or the provision of services. 
  
The average substitution elasticity, computed over all 32 customers for whom we had 
adequate survey data for modeling, is a modest 0.14. This means that a 100% change in 
the inverse price ratio (off-peak price/peak price) results in a 14% change in the ratio of 
peak/off-peak electricity consumption.10 However, computing elasticities for each 
customer group reveals substantial variation, both within and between business categories 
(Figure ES-4). Average industrial customer elasticities, estimated at 0.11, are 
comparable to results of other RTP studies (Herriges et al, 1993; Schwarz et al, 2002). 
Government/educational customers are more highly elastic (0.30), which refutes the 

                                                 
9 The computed substitution elasticity is a measure of how willing the customer is to shift usage given the 
relative prices of peak and off-peak electricity. A value close to zero indicates that even if peak electricity 
costs become substantially greater than off-peak electricity, the customer is unwilling or unable to shift 
usage. Higher, positive values indicate greater ability or willingness to shift production or service provision 
to off-peak hours. 
10 Assuming that typical SC-3A off-peak and peak prices are $0.04/kWh and $0.06/kWh, the associated 
off-peak to peak price ratio is 1:1.5. A 100% change in that ratio (to 1:3) would result if the peak price rose 
to $0.12/kWh.  
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common perception that only industrial customers are good candidates for price response. 
Commercial customers were not price responsive (0.00).  
 
Figure ES-4. Substitution Elasticities for 32 SC-3A Customers by Business Type 
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The average elasticities mask important differences in price response associated with 
customer circumstances. To illustrate these effects, we estimated substitution elasticities 
in a disaggregated fashion, first by business sector and EDRP participation, to establish a 
base price response, and then we estimated the marginal impact of customer 
circumstances and other influences on elasticities (see Figure ES-5). 
 
The first table in Figure ES-5 displays base elasticities for cohorts of SC-3A customers 
disaggregated by business type and EDRP participation, without adjustment for any other 
customer-specific factors. For EDRP participants (rightmost two columns in the table) 
base elasticities are computed for both event days and non-event days.11  
 
Under most circumstances, government/educational customers are significantly more 
price responsive than other customer groups; this is consistent with the average elasticity 
values reported in Figure ES-4. However, on EDRP event days, government/education 
EDRP participants are ~30% less price elastic than non-participant government/education 
customers. This may indicate that these customers have already curtailed or shifted load 
in response to SC-3A day-ahead prices when the NYISO calls an EDRP event, leaving 
limited opportunities to shed additional load, even at the higher EDRP inducement price. 
This explanation is based on the notion that some customers have a maximum amount of 
curtailable load.12

                                                 
11 During the study period, there were five days when the NYISO activated the EDRP program. On such 
days, during event hours, EDRP participants were assumed to face the $0.50/kWh curtailment incentive 
paid by the program as their SC-3A “price.” 
12 Typically, EDRP events are preceded by high day-ahead market prices, which are the basis for SC-3A 
prices. The model we employed assumes that elasticity is constant at all prices; thus computed elasticities 
may be lower if prices continue to increase after customers have reached their maximum load-shedding 
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Figure ES-5. Impact of Characteristics and Circumstances on SC-3A Customers’ 
Substitution Elasticities 
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Industrial customers enrolled in EDRP, on the other hand, show dramatically higher price 
response during EDRP events compared to industrial customer response to SC-3A prices 
alone. For these customers, the EDRP program appears to entice price response that SC-
3A prices do not.  
 
The second set of results in Figure ES-5 shows the impact of additional factors on SC-3A 
customers’ responsiveness that are additive to the base elasticities in the first table.13 
These results indicate that participation in other NYISO DR programs (DADRP and 
ICAP/SCR) enhances price response (the base elasticities are increased by 0.33 and 0.16 
respectively). This is not surprising, since both programs provide financial incentives to 
curtail and assess penalties for non-compliance. 
 
Customers that report peak usage between noon and 5pm and those with high electricity 
intensity are less responsive than other customers, all else equal. This is consistent with 

                                                                                                                                                 
capability than they would be for the same load response at lower prices. Further research using demand 
models that do not impose this constant-elasticity constraint, augmented by customer interviews on their 
curtailment potential, may help resolve this apparent paradox. 
13 For example, if a particular industrial customer were not enrolled in EDRP, its base elasticity would be 
0.24. If that customer were a participant in the NYISO ICAP/SCR program, its elasticity would be 
augmented by 0.16 to 0.40. If that same customer experienced its peak load in the afternoons (-0.19) and 
had made technology investments since 1998 (-0.04), the resulting elasticity for that customer would be 
0.17. 
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the notion that it is harder for customers to curtail when critical business activity and 
electric use coincide with times of high prices.14

 
However, the technology investment results are counter-intuitive. The negative marginal 
elasticities indicate that investing in enabling technologies actually decreases price 
responsiveness. This effect is much more pronounced for the energy-efficiency-type 
investments made before 1998. For investments made after 1998, the negative impact on 
elasticity is small, but we would expect these DR-oriented investments to facilitate price 
response. It may be that customers have received peak load management devices or 
information systems from NMPC or through NYSERDA programs, but have not taken 
full advantage of their capabilities. Another possibility is that the equipment was installed 
relatively recently so that it was not available during the period covered by our demand 
modeling.15 Finally, investments in DR-enabling technologies may be correlated with 
other factors that reduce price response but are not accounted for in the model. Further 
research is needed to more clearly specify the impact of technology on price response. 
  
In summary, the average estimated business class elasticities belie the diversity of 
response among customers within the same business classifications. Some customers are 
very responsive, while many do not appear to adjust their usage to prevailing SC-3A 
prices. Participation in the NYISO EDRP program has a positive influence on the 
response of some industrial customers that display little response to SC-3A prices alone. 
Other NYISO DR programs also appear to increase response, lending support to the 
notion that RTP and DR programs are complementary. 
 
Load Response Characterization (LRC) Model  

The elasticity model we used assumes that customers shift electricity-consuming 
activities from the peak period to the same day’s off-peak period. However, many 
customers reported curtailing or foregoing discretionary usage during high-priced periods 
without making it up later (see Figure ES-3). For example, they may shut off plug loads, 
dim lights, and raise the thermostat setting. In such cases, the estimated elasticity of 
substitution underestimates the nominal level of the reduction in peak usage because it 
measures load shifts.  
 
To adjust our characterization of price response to recognize these behaviors, we 
employed a Load Response Characterization (LRC) Model, adapting a model introduced 
by Patrick (1990), which distinguishes load shifting from foregoing discretionary 
consumption, which Patrick defines as conservation. A conservation behavior parameter 
is estimated from customers’ hourly electricity usage data to express the degree of 
foregone consumption relative to a customer baseline (CBL). This parameter ranges in 

                                                 
14 However, other studies of industrial response to RTP have found the opposite result: that customers with 
more electricity-intensive production tend to be more, not less, responsive (Christensen Associates, 2000).  
15 NYSERDA implemented programs beginning in 2001 that provided incentives to customers to install 
technologies that would assist them in responding to the NYISO demand response programs. However, 
many projects were not operational until the summer of 2002 so the cumulative impact is not reflected in 
the modeled data. 
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value from zero (complete shifting) to one (complete conservation). Values between 
these extremes indicate combinations of shifting and discretionary peak reductions. 
 
Table ES-3 displays the estimated conservation parameters for SC-3A customers by 
business category. Average sector-specific values range from 0.85 (industrial) to 0.91 
(commercial), confirming survey results indicating that customers primarily curtail 
discretionary usage rather than shift load. The estimate ranges in Table ES-3 bound the 
results within each business classification.16  
 
Table ES-3. Conservation Parameter Estimates 
Business Type Number of 

Customers 
Average 
Conservation 
Coefficient 

Estimate 
Range 

Industrial 10 0.82 0.50 – 0.92 
Commercial 9 0.91 0.64 – 1.00 
Gov't/education 11 0.85 0.64 – 1.09 

 
Aggregate Demand Response Potential of SC-3A Customers 

We used substitution elasticity and conservation parameter estimates to predict the level 
of demand response that can be expected from high-price events. This provides a 
comprehensive estimate of the aggregate response of SC-3A customers that accounts for 
both types of curtailment behavior.  
 
Figure ES-6. Aggregate SC-3A Peak Period Demand Response: Shifting Only and 
Conservation Adjusted 
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To estimate the peak-period price response of SC-3A customers as a group, the 
elasticities for the four business sectors were extrapolated to the population of SC-3A 

                                                 
16 Parameter estimates greater than 1.0 indicate that the customer reduces load by a greater proportion in the 
off-peak period than is curtailed (foregone) in the peak period.  
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customer accounts, using sector load weights.17 Figure ES-6 illustrates the resulting peak 
period curtailment curves, first using the estimated substitution elasticities alone (shifting 
behavior), and then incorporating the estimated conservation effect. At a reference price 
of $0.50/kWh, almost 30 MW of additional demand response is attributable to curtailing 
or foregoing discretionary usage. Over 90% of the curtailment potential is achieved at a 
price of $0.50/kWh. The maximum curtailment amounts to about 18% of the non-
coincident peak demand of the SC-3A customer class.18  
 
Figure ES-7 illustrates the interrelationship between the SC-3A tariff rate and EDRP in 
providing demand response. The declaration of an EDRP event by the NYISO provides 
about 12-15 MW of the estimated curtailments by SC-3A customers. 
 
Figure ES-7. Estimated Impact of EDRP Events on SC-3A Customers’ Peak Period 
Demand Response 
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Implications for Policymakers in California and Other States Considering RTP 
Adoption  

The findings of this study provide important insights for policymakers interested in 
facilitating the development of price-responsive load through RTP and/or DR programs.  
 
Which will better achieve socially optimal levels of demand response – imposing default 
RTP or implementing emergency DR programs?  

The NMPC experience shows that large customers are likely to provide a moderate 
amount of demand response when RTP is their default service tariff, even if some 
customers hedge against price volatility. However, subjecting customers to wholesale 
market variability is not sufficient to realize their full demand response potential. DR 

                                                 
17 The elasticities were estimated using 32 customers with complete survey data; elasticity results were 
matched and extrapolated to the 141 SC-3A accounts with a maximum peak demand of 562 MW. 
18 Customers’ peak demand was established individually from their usage during the weekday hours of 7am 
– 5pm.  
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programs that target payments to specific market conditions that arise after day-ahead 
prices have been posted provide supplemental load curtailments that produce significant 
benefits. The debate should not be focused on the choice between these designs, but on 
how to use both to best advantage. 
 
Are industrial customers the most likely source of price response? 

The NMPC results challenge conventional wisdom, indicating that the ability and 
inclination of customers to respond varies widely:  
• Government/educational customers are most responsive to SC-3A prices, not 

industrial customers. Since these entities are common in virtually every jurisdiction, 
the potential for RTP is perhaps greater than previously envisioned. 

• Estimated industrial customer elasticities are comparable to studies of two-part RTP 
programs, but NYISO DR program participation doubles their responsiveness. 

• A key challenge is in enhancing the price responsiveness of commercial sector 
customers. Because certain commercial customers (e.g., office buildings) have similar 
physical characteristics and end use loads (e.g., space conditioning and lighting) to 
government/education facilities, response from this sector is at least technically 
feasible. If institutional and other barriers can be overcome, the commercial sector 
may provide a rich source of price response.  

 
What are appropriate transition strategies to default RTP? 

The NMPC experience indicates that there is a gap between what customers consider to 
be a fair hedge cost and what the market offers. Future market-based RTP initiatives 
should consider providing utility-supplied hedging options initially, especially if smaller, 
less experienced customers are involved, so that customers can choose the level of risk 
exposure they are comfortable with. Such offerings should entail shorter contract terms 
than NMPC’s Option 2, provide more flexibility, and be implemented only for a well-
specified transition period.  
  
Are enabling technologies a necessary condition for price response?  

No – a wide range of NMPC customers demonstrated that they can and will adjust loads 
manually if the incentive is sufficient (e.g., high prices, perceived emergency conditions). 
However, over the long term, without automated response, the amount of load shifted or 
foregone is likely to be limited and is probably not sustainable. The NMPC experience 
demonstrates that many customers are not aware of available price response technologies 
and strategies. Targeted customer education and assistance to invest in DR-enabling 
technologies and develop response strategies are necessary to realize customers’ inherent 
price response potential. 
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1. Introduction 

The experience of the past few years has demonstrated the propensity for extreme price 
volatility in restructured electricity markets. Thus, there is increasing interest in policies, 
programs and tariffs that encourage customer loads to provide demand response (DR) to 
help discipline wholesale electricity markets. Conceptual studies and market simulations 
suggest that if a sufficient number of consumers are exposed to and adjust their demand 
in response to wholesale electricity market prices, the resulting load reductions will limit 
the ability of suppliers to increase spot and long-term market-clearing prices above 
competitive levels (Borenstein, 2002; Ruff, 2002). In California, in the aftermath of the 
2000-2001 electricity crisis, state policymakers have made a strong commitment to 
promoting demand-side resources as part of a strategy to prevent extreme price spikes 
and mitigate market power. 
 
While in theory these benefits are enticing, in practice there is substantial debate about 
how to create sufficient price-responsive load to enhance the efficiency and 
competitiveness of wholesale electricity markets. There is not even consensus on what 
constitutes enough demand response. Historically, a significant number of commercial, 
industrial and residential customers have been exposed to time-of-use (TOU) rates.19 
However, TOU rates, because they are preset for pre-determined hours and days months 
to years in advance, mask the actual hourly variability of wholesale market prices and are 
consequently not very effective at easing tight wholesale market supply conditions 
(Borenstein, 2002). Historically, many utilities have offered interruptible rates to their 
large industrial customers that typically provided a discount or bill credit toward their 
applicable tariff rate in return for the agreement to reduce load on short notice, or face a 
significant financial penalty. However, interruptible tariffs provide limited insight into 
how customers respond in terms of price elasticity, because of how they were utilized (as 
a last recourse), their design features, and because few programs have been evaluated.20

 
Dynamic pricing tariffs allow retail prices to be adjusted frequently and on short notice to 
reflect changes in wholesale market prices (prices may vary over different hours of the 
day and for different days). A number of analysts have argued that real-time pricing 
(RTP) represents the most direct and efficient approach to inducing demand response and 
that, therefore, this should be the emphasis of policymakers’ efforts (e.g., Borenstein, 
2002). About 40 utilities have experimented with RTP tariffs over the last two decades 
(Barbose et al, 2004). A few programs have persisted over multiple years, managed to 
achieve and/or maintain substantial customer participation, and have reported elasticity 
estimates and aggregate demand response under various pricing conditions, most notably 
Niagara Mohawk (Herriges et al, 1993), Georgia Power (O’Sheasy, 2002) and Duke 
Energy (Schwarz et al, 2002). However, most other utilities with RTP tariffs currently 

                                                 
19 Conventional wisdom is that a well-designed TOU rate can induce customers over the long-term to alter 
the pattern of their daily and/or seasonal demands through a combination of behavioral changes and 
equipment investments, although few TOU programs have been subject to formal evaluations and 
econometric analysis (see Christensen Associates, 2000; Neenan Associates, 2003). 
20 The terms of most interruptible tariffs make it difficult to observe actual price changes in relation to 
changes in usage. This makes it difficult to estimate price elasticities applicable to other tariffs. 
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have no more than a handful of customers enrolled.21 Overall, less than one percent of 
electricity customers in the U.S. have faced retail rates that pass through hourly prices 
observed in wholesale markets.  
 
It is also worth noting that the market context for nearly all of these RTP programs is 
quite different than the situation California and many other states today face. For 
example, nearly all have been voluntary programs implemented by vertically integrated, 
regulated utilities that operate in states without retail competition. By contrast, in many 
states that are now considering RTP, retail electricity markets have been opened to non-
utility service providers and RTP adoption is often framed in terms of the appropriate 
tariff design and structure for default utility service for customers. Moreover, nearly all 
RTP experience thus far has utilized a two-part, revenue-neutral tariff design, in which a 
customer’s typical usage level and load shape pattern define a customer baseline load 
(CBL), which is priced at the regulated tariff rate, and any incremental usage above or 
below the CBL is charged the hourly-varying price. Thus, this RTP structure amounts to 
a hedge; the customer’s overall financial exposure to price variability is typically much 
lower than for a one-part RTP tariff in which the customer is billed for all usage at 
hourly-varying prices.  
 
Finally, other analysts have suggested that implementing ISO- and utility-sponsored 
demand response programs that offer customers occasional opportunities to be paid 
market prices for load curtailments could have a large and possibly more immediate 
impact on reducing wholesale price volatility (Neenan et al, 2003). In this approach, 
customers (alone or working with load serving entities) either bid curtailments directly 
into day-ahead markets or agree to curtail when asked by an ISO or utility during 
emergencies and receive compensation based on a prevailing market price.  
  
On what basis should policymakers select from among the various rate and program 
alternatives to achieve the objective of increased demand response? Which of these 
approaches makes the most sense for various customer groups? All approaches rely upon 
assumptions regarding customers’ price elasticity, the level of price response by different 
customer groups, factors that affect customers’ ability to respond, identification of 
barriers to RTP, and customer preferences for physical and financial hedging products. 
Yet, to date, relatively little information exists in the public domain about how customers 
actually respond to RTP in the context of current prices and emerging competitive market 
and institutional structures. 
 
This study attempts to fill some of these information gaps through an in-depth case study 
of approximately 130 large industrial, commercial and institutional customers served by 
Niagara Mohawk Power Corporation (NMPC). With the introduction of retail customer 
choice in November 1998, NMPC’s largest (over 2 MW) customers were given the 

                                                 
21 Participation levels are modest for several reasons: (1) the base of eligible customers is small (e.g., pilot 
programs with capped participation or programs limited to very large customers), (2) limited marketing 
efforts by the utility, (3) significant customer attrition at some utilities, driven primarily by rises in 
marginal electricity prices and/or price volatility, and (4) limited savings opportunities because of small 
price differentials. 
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choice of a default service tariff in which their hourly prices for electric commodity are 
derived from the NYISO’s day-ahead market (DAM) prices or a tariff with fixed 
commodity prices for up to a five-year period.22 Under the former, customers are exposed 
to day-ahead wholesale market volatility. The latter provided a hedge against that price 
volatility. Alternatively, customers also had the option of procuring commodity service 
from a competitive retail supplier (referred to as an ESCo in New York) and/or of 
purchasing various types of financial hedging products.  
 
This study was funded by the California Energy Commission’s Public Interest Energy 
Research (PIER) program. The CEC PIER program is supporting research that evaluates 
and assesses effective demand response (DR) strategies (e.g., technologies, tariffs, 
programs) and facilitates the creation, location, and distribution of DR-related 
information that can help California policymakers make informed decisions on the design 
and implementation of dynamic pricing tariffs and DR programs. The overall objectives 
of this study are to: 
 
• characterize customer response to and satisfaction with RTP based on day-ahead 

wholesale market prices in a retail competition environment;  
• quantify price responsiveness of various groups of customers; 
• characterize drivers to customers’ hedging decisions and supply choices; and  
• differentiate between customer response to SC-3A prices (RTP) and to NYISO DR 

program incentives. 
 
The experience of NMPC customers is unique and provides a rich source of information 
about how customers respond to day-ahead electricity market prices over a relatively long 
time period. As part of the study, Lawrence Berkeley National Laboratory (LBNL) with 
Neenan Associates23 developed and administered a written survey, conducted telephone 
interviews with a sub-set of survey respondents, and analyzed ~3.5 years of hourly billing 
data for individual customers to develop estimates of customer price responsiveness. 
Distinctive features of this study include: 
 
• significant representation from commercial and institutional sector customers as well 

as large industrial firms,  
• a rich multi-year dataset of hourly prices and customer consumption data during 

which customers saw occasional high prices due to extremely hot weather and system 
emergencies, 

• survey information on customer characteristics, rate and contract history, 
organizational decision-making, customer satisfaction, awareness and preparedness, 
and adaptation and coping strategies that addresses key policy questions that arise in 
implementing large RTP programs, and  

                                                 
22 NMPC’s RTP offering is most accurately characterized as a one-part RTP tariff based on hourly day-
ahead market prices. Under this tariff, NMPC incurs balancing risk that is effectively born by non-RTP 
customers through a commodity adjustment charge (CAC). 
23 Neenan Associates was a subcontractor to LBNL on this project. 
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• efforts to understand customer choices with respect to supply and hedging options 
and participation and performance in ISO demand response programs.  

 
While this report is tailored to RTP-related policy questions currently being explored in 
California, its implications are relevant for any state or agency considering RTP 
implementation in a competitive market context or for demand response goals. 
 
This report is organized as follows. Our approach, data sources, methods used to analyze 
customer preference and choices and to model customer electricity demand are outlined 
in Chapter 2. In Chapter 3, we describe the historical evolution and market context for 
adoption of RTP as the default service tariff at NMPC, summarize key features of the 
RTP tariff design, and describe other supply and service options available to large 
industrial and commercial customers in the NMPC service territory. Results from the 
customer survey and in-depth interviews are presented in Chapter 4, and customers’ 
revealed preferences and choices with respect to choice of supplier, extent of hedging to 
mitigate price volatility, and decisions to participate in NYISO DR programs are 
explored. In Chapter 5, we summarize survey research on customers’ stated preferences 
for hedging products. Chapter 6 reports customer demand modeling results, including 
elasticity estimates, load response characterization and aggregate demand response 
estimates. In Chapter 7, we summarize key findings and discuss implications for 
policymakers and program designers in California and other states in the following areas: 
RTP tariff design and retail market structure, implementation issues and customer 
acceptance, customer coping and response strategies, role of enabling technologies, 
interactions between RTP and DR programs, and demand response potential of RTP.
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2. Approach 

The NMPC SC-3A tariff represents the first large-scale application of real-time pricing 
(RTP) in a competitive retail market in the U.S. The program has attracted the interest of 
policymakers in both California and elsewhere interested in assessing alternate 
approaches to pricing default service as it provides a unique opportunity to measure 
customer acceptance of RTP tariffs, characterize and evaluate customer strategies to 
adapt to RTP, and quantify customers’ response to market prices over an extended 
period. In this chapter, we describe the methodologies used in this study, including: 
collection and analysis of customer billing and survey data, interviews with regulatory 
staff and other key stakeholders, customer market research, and models of customer 
preferences and price response.  
 
2.1 The Role of Niagara Mohawk Power Company 

NMPC provided substantial in-kind support that was essential to the execution of this 
study, providing customer account, contact information, billing and usage data for SC-3A 
customers from its Customer Service System (CSS), and encouraging customers to 
participate in the study and respond to the survey. The customer billing and usage data 
provided by NMPC included a comprehensive set of SC-3A customers’ hourly interval 
meter and price data from spring of 2000 through early summer of 2003. Additionally, 
NMPC provided summary information on all large customers in its service territory, 
including those not served under the SC-3A class (e.g., number, peak demand and SIC 
code of customers on each tariff). NMPC and LBNL negotiated and signed a Non-
Disclosure Agreement (NDA) that deals with treatment and disclosure of confidential 
customer information as well as a Memorandum of Understanding (MOU) that describes 
the goals, objectives, roles and responsibilities of each party. 
 
2.2 Access to NMPC Customer Billing and Survey Data 

Based on the provisions of the NDA, LBNL agreed not to disclose confidential 
information on any individual customers (such as name, contact information, account 
number or information) or portray results that might compromise an individual 
customer’s identity or circumstances. In conducting customer surveys and in-depth 
interviews, customers were given assurances that their answers and comments would be 
confidential. The NDA allows LBNL to report and publish results in a manner that 
protects the identity of the individual customers and still effectively convey their 
experiences.  
 
2.3 Interviews with Regulators and Industrial Customer Representatives 

To understand the context for the adoption of real-time pricing as the default service tariff 
for NMPC’s largest customers, we conducted interviews with staff of the New York 
Public Service Commission (NYPSC) and industrial customer representatives. The 
interviews were conducted in November 2002 and included questions on the regulatory 
process and key policy issues pertaining to the RTP tariff, major tariff design issues, the 
relative importance of various criteria and policy objectives, implementation costs, and 
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the relationship between RTP and NYISO DR programs. The protocol used to guide 
regulator interviews is included in Appendix A. Much of the discussion in Chapter 3 is 
drawn from these interviews.  
 
2.4 Analysis Framework 

To guide survey development and subsequent analyses, we developed the framework 
shown in Figure 2-1, in which we identified a number of customer-specific factors that 
we hypothesized were potential drivers for customer choices and performance under the 
SC-3A pricing regime. We examined the following choices that customers faced: (1) 
whether to nominate load under the flat rate alternative to RTP offered by Niagara 
Mohawk, (2) whether to switch to a competitive electric commodity supplier, and if so, 
what type of product to choose (e.g., hedged vs. indexed), (3) whether to purchase 
financial hedging products, and (4) whether to participate in NYISO DR programs. 
Performance, in this context, refers to the change in consumption in response to varying 
hourly prices. Drawing from this conceptual framework, we developed a series of formal 
hypotheses that were tested using several analysis methods (see Appendix C). 
 
Figure 2-1. Factors Affecting Choice and DR Performance 
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Figure 2-2 provides an overview of how we analyzed the interaction of customer-specific 
factors, choices and performance. Customer choices were examined in a “top-end” 
analysis in which we examined relationships between customer characteristics, 
circumstances and perspectives and the choices they made using simple statistical tests 
(ANOVA). We also utilized more structured behavioral models that characterize revealed 
and stated preferences (see section 2.6). Customer performance (price responsiveness) 
was assessed through estimation of demand models and characterized by deriving price 
elasticities (see section 2.7).  
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Figure 2-2. Analysis of Customer Choice and Response 
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Christensen Associates (2000) identify three drivers for price responsive behavior: (1) 
incentives (e.g., relative peak and off-peak prices), (2) ability to shift load (e.g., 
installation of enabling technologies), and (3) willingness to do so (e.g., organization and 
business practices). Most of the customer factors in Figure 2-1 may be viewed in terms of 
these three categories. However, we add two additional drivers to this list. First, we 
separate informational factors affecting load-shifting ability from physical ones, and we 
group these with customer experience/exposure to time-varying rates in a fourth driver: 
prior experience/knowledge.24 Second, we include customer alternatives as an explicit, 
fifth driver that corresponds to the choices in Figure 2-1. Customer response to time-
varying electric rates should not be viewed in isolation from the overall structure of the 
electricity market. Depending on market structure and design, customers will have a 
variety of alternatives to choose from that may impact their response to RTP. This is 
especially true in the context of retail competition where customers have more choices. 
For example, the availability and attractiveness of hedged supply contracts offered by 
competitive suppliers and DR programs offered by ISOs and tied directly to wholesale 
markets may play an important role in determining customer response to RTP.  
 
We explored these five drivers with customer survey questions and customer 
characteristics and billing data from NMPC, as outlined in Table 2-1. 
 
 

                                                 
24 While it would be tempting to attribute information and experience to willingness, (for example, we may 
hypothesize that a customer with prior experience on time-varying electric rates will be more willing to 
respond) the one does not necessarily follow the other. 
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Table 2-1. Drivers for Price Responsive Behavior and Associated Customer Factors 
Response Driver Customer Factors 

Electricity expenditures relative to total operating expenses 
Cost of modifying demand to support different levels of DR action 
Minimum price required by customer to initiate curtailment 

Incentives 

Customer location (regional differences in the level and volatility of prices) 
Load Shape (daily, weekly and annual) 
Weather sensitivity of loads 
Production or firm activity attributes – batch processes, number of shifts per day 
Demand flexibility – specification and size of loads, onsite generation capacity 
Type of response capability – shifting, foregoing or both 
Types of actions taken in response to high prices 
Recovery time after DR actions 

Ability to shift load 

Investments in load-management and energy-efficiency technologies 
Energy procurement decision-making Willingness 
Satisfaction with RTP programs 
Prior experience with time-varying rate structures Prior Experience/ 

Knowledge Exposure to information on energy procurement, hedging, enabling technologies 
and response strategies 
Decision to nominate load on Option 2 (the NMPC fixed rate alternative to RTP) 
History of purchasing electric commodity from a competitive supplier 
Types of competitive supply arrangements taken (flat rate vs. indexed) 
Types of financial hedging products purchased 
NYISO DR program participation 

Customer 
Alternatives 

Preferences for hypothetical hedging products (conjoint survey) 
 
2.5 Customer Market Research 

A distinguishing feature of this study is our attempt to augment customers’ billing data 
with comprehensive market research of the target customer population. This market 
research provides conditioning variables that improve the performance of customer 
demand models, as well as providing insights into customer awareness, acceptance, and 
willingness to respond and/or adapt to hourly prices through various coping strategies. 
 
Our market research consists of two elements: (1) a self-administered written survey and 
(2) in-depth telephone interviews with a subset of customers that answered the written 
survey and agreed to a follow-up interview. Both the survey and interviews were 
administered between August 4 and September 18, 2003.25 To encourage participation, 
customers that filled out the written survey were entered into a drawing for several 
prizes.26 

 

                                                 
25 The survey period was extended due to low response rates following a major internet worm in early 
August and the Northeast blackout of August 14-15.  
26 LBNL sponsored the survey and prizes. Four winners were selected in the drawing among the 53 
customers that responded and filled out the written survey. Winners could choose between two prizes (a 
home theatre system or a digital camera) each valued at around $450. Customers that volunteered for a 
follow-up telephone interview were also entered into a second prize pool for a weekend trip for two to 
Niagara Falls (of comparable value to the other prizes). 
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2.5.1 Customer Survey 

The written survey consisted of 55 direct survey questions as well as a conjoint survey of 
19 hedging choice sets (the full survey is included in Appendix B). The survey 
instrument was primarily administered as an Internet-based form, but customers could 
also complete a hard-copy survey and return it by fax or post. Over 75% of respondents 
used the web-based version.  
 
The first portion of the survey included questions about firm characteristics and 
equipment, experience with dynamic pricing tariffs prior to 1998, satisfaction with the 
SC-3A tariff, customer access to various types of information, investments in enabling 
technologies, price response strategies, choices made for competitive supply options and 
financial hedging products, and experience with NYISO DR programs. The conjoint 
section of the survey presented customers with 19 choice sets that asked them to trade off 
among attributes of a series of hypothetical hedging products.27

 

In-depth Interviews as Complement to Customer Demand and Choice Models 
 
As part of this study, we also conducted in-depth interviews with 29 survey respondents, which served 
multiple functions: (1) supplied additional supporting information that enabled us to better interpret 
survey responses, (2) provided a quality control mechanism for the written survey which helped us assess 
how well customers understood the survey questions, and (3) provided a framework to explore 
customers’ responses and choices with respect to RTP, framed in their own terms. The assumptions 
regarding customers’ decision-making framework (and trade-offs) that are the drivers in demand models 
are not always easy to combine or reconcile with the ethnological approach, as embodied in in-depth 
interviews.1  
 
Our in-depth interviews focused primarily on understanding why particular customers responded, 
performed and chose as indicated. We tried to elicit a set of customer-centered stories. The strength of 
such story-centered descriptions is their ability to highlight path dependencies and causal or at least 
functional relationships. However, there are several challenges in implementing this approach. First, 
interesting stories are often closely linked to particular characteristics of a customer (e.g., load response 
capability may be influenced by the specific industrial processes, load shapes, or labor inputs). Because 
of the need to protect customer confidentiality, however, such details cannot be revealed. Under these 
conditions, many stories lose the essential drivers to their plots. In sum, almost every customer has a 
special situation; we just can’t say what it is. Even so, stories are included in generic form. Second, in 
interpreting customer responses, it is important to recognize that customers may provide answers that are 
“strategic” in the sense that they support their perceived interests or concerns in the regulatory process. 
For example customers may say that they can’t shift load if they believe that regulators may institute a 
tariff that mandates them to do so. However, these strategic comments are an essential part of 
understanding customer response as well.  

 
 
1 See Asad (1994) for a discussion of the challenges and potential benefits of combining quantitative and 
ethnographic approaches for policy questions. 

 

                                                 
27 See section 2.6.2 for a more detailed discussion of the conjoint survey.  
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2.5.2 Follow-up, In-Depth Interviews  

LBNL staff interviewed customers that volunteered for follow-up telephone interviews. 
The in-depth interviews were typically about 20-25 minutes in length (though some 
extended up to 60 minutes) and gathered additional information on several specific 
topics: (1) understanding factors underlying customers’ choice of supplier and tariff 
options (2) chronology of market interactions and customer experience with retail 
suppliers, (3) customer attitudes, views and perceived price response capability, (4) 
coping strategies and barriers, and (5) organizational decision-making structure and 
process.28 These questions were synthesized into a semi-structured interview protocol 
customized for each customer based on initial survey responses, but customers were 
encouraged to discuss other issues of importance to them as well. We highlight results of 
in-depth interviews in text boxes. 
 
2.5.3 Customer Response 

Customer response to the survey is summarized in Table 2-2. Fifty-three customers 
(representing 64 different premises) responded, out of a population of 130 customers.29 
Most (68%) of the written survey respondents volunteered for follow-up telephone 
interviews. We ultimately conducted follow-up interviews with 29 respondents; some 
customers could not be reached or scheduled within our survey window.  
 
Table 2-2. Response to Customer Survey 

Survey Phase Number of Respondents 
Base Survey 53 
Conjoint Survey 45 
Volunteers for follow-up interviews 36 
Completed follow-up interviews 29 

 
2.6 Modeling Customer Preferences and Choices 

In recent years, the focus of econometric analysis has shifted from aggregate models that 
describe markets as a whole to disaggregate models of the individual decision-making 
units that underlie market demand and supply (Train, 1985). Two approaches are 
typically employed to analyze customers’ decision-making processes. The revealed 
preference approach focuses on the observed choices actually made by consumers – in 
this case electricity-purchasing decision-makers. Stated preference analysis involves 
characterizing customer preferences for hypothetical or representative choice sets. Both 
of these models were used to characterize customers’ decision processes using survey 
responses and other customer information garnered from billing records. 
 

                                                 
28 We selected topics that were high priority areas of the study and also where “open-ended” questions and 
interactions with an interviewer allowed us to focus on various “why” questions – e.g., Why did you 
choose a competitive supplier? Why do you say that you can’t curtail? 
29 See section 4.1.1 for a detailed discussion of the population of SC-3A customers and their associated 
accounts. 
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2.6.1 Revealed Preferences  

 We developed and estimated a choice model using survey responses and other customer 
data in order to identify the key drivers to, and their relative influence on, customer’s 
observed decisions regarding (1) their choice of supplier (see section 4.3.2.1) and (2) 
whether to fully hedge against price and volatility risk (see section 4.3.5.1).  
 
Following economic theory, we posit that these choices are driven by customers’ 
calculations of the marginal benefit of each choice.30 Customers are assumed to act 
rationally, choosing options that provide the greatest benefit. For example, if the net 
benefit of choosing a competitive supplier over staying with the utility is positive, then 
we assume that the consumer would choose to switch to a competitive supplier. Thus, 
modeling choice involves ascertaining the expected benefit (or utility) of the 
consequences of that choice. However, the marginal benefit of choices cannot be 
observed or quantified easily. 
 
As described by Neenan (2002), the net benefit, or the difference between the marginal 
cost and marginal benefit of a choice, can be represented statistically as: 
 

(1)  Y* = β′ X + ε 
 
where Y* is the expected net benefit of the choice, the vector X contains the factors that 
determine the net benefit of the decision, β′ is a vector of parameters that quantifies the 
influence of each element of X on Y*, and ε is the error term that has a logistic 
distribution with zero mean and unit variance.  
 
Since we can only observe the actual decision Y, we assume that if Y* > 0 then Y = 1 
and if Y* < 0 then Y = 0. This describes the decision in a discrete representation based on 
observed behavior. For example, the customer either signed a hedged contract or tariff, or 
did not.  
 
Since Y can take only two values, 0 and 1, two of the five underlying assumptions of the 
standard regression model are violated. Hence, we use the Logit formulation described in 
Neenan et al (2003) to model the probability of Y = 1. In the Logit formulation, the 
probability, a number bounded by 0 and 1, is converted to an odds ratio that is non-
negative and not bounded, and therefore takes on continuous, positive and negative 
values. Using this logarithmic transformation of the odds ratio, we can model customers’ 
choices with the standard regression model, using the maximum likelihood technique 
described in detail by Allison (1999).31  

 
2.6.2 Stated Preferences 

The focus of revealed preference modeling is limited to decisions made by customers 
from the alternatives available to them. The customer survey and follow-up interviews 

                                                 
30 See Train (1985) for a complete description of the economic foundation for modeling customer choices. 
31 The regression was performed using the “PROC LOGISTIC” procedure in SAS. 
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indicate that a limited set of hedging options were available to SC-3A customers during 
the study period. However, policy makers are interested in customer’s preferences for a 
wide range of possible hedging products. To extend our understanding of customers’ 
hedging preferences, we conducted a stated preference analysis, administering a 
structured (conjoint) survey instrument to induce customers to reveal their preferences for 
product features, and then applying choice theory to estimate the contribution of product 
features to customer preferences.  
 
Conjoint surveys make use of a branch of marketing and economic research known as 
discrete choice analysis, and have the goal of understanding the motivations behind 
choices for hypothetical products or services (Allison, 1999). The conjoint survey 
administered to SC-3A customers (shown in Appendix B) contained 19 different choice 
sets.32 Respondents were asked to choose from four different hedge products or a “none 
of the above” option representing the default SC-3A RTP rate.  
 
The products in a choice set are purposefully varied combinations of a fixed set of basic 
product features. In this case, the features tested are the basic building blocks of 
electricity hedges: (1) the amount of load hedged (as % of total customer load), (2) the 
commodity price and hedge premium (price level in $/kWh and hedging premium 
expressed as a percentage of the monthly electricity bill), (3) the pricing method used in 
the hedge contract (capped or average price), (4) hours of the day covered by the hedge 
(noon to 10pm, 6am to noon, noon to 6pm), and (5) the months of the year covered by the 
hedge (summer only, winter only, summer and winter, all year). The limited number of 
feature values represents a compromise between granularity and the corresponding 
number of choice sets required in the conjoint survey.  
 
Each question, or choice set, presents the survey respondent with several alternative 
products, configured from a common set of features but differing in the level of those 
features. From each set, the respondent selects the product he or she most prefers.33 The 
respondent’s choice in each set constitutes an observation on his or her stated preferences 
for the specific product and features tested by the set, and the full set of choices 
collectively provide the basis for estimating preferences for individual product features. 
We compiled the answers to the 19 questions and calculated utility levels for each of the 
different feature levels. See Appendix D for a detailed discussion of our methodology. 
 
As described by Neenan (2002) the utility for each choice can be represented 
mathematically as Uj as follows: 
 

(2) Uj = β′Zj + εj

 
where Zj is vector of feature levels, β′ is a vector of the parameters to be estimated and εj 
is an error term that has a conditional logit distribution. If the customer chooses product j 

                                                 
32 All respondents faced the same set of choices.  
33 The number of choice sets is determined by what is needed to ensure that the range of product features 
being explored is sufficient to achieve a valid statistical representation of the entire universe of products 
containing all permutations of product feature levels. 
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in a given choice set, then that product is assumed to provide the most utility among all 
the j alternatives.  
 
The Logit formulation is transformed from a number bounded by 0 and 1 into a log odds 
ratio that is unbounded, making it more suitable for statistical estimation. The survey 
responses are tied together over the entire 19 choice sets seen by each respondent. This 
results in a slightly different method for estimating utility levels than in the revealed 
preference analysis discussed above.34  
 
2.7 Modeling Customer Electricity Demand 

2.7.1 Conceptual Overview 

Understanding and characterizing customer price response is critical to creating more 
robust competitive electricity markets and integrating DR into resource portfolios. In 
order to accurately estimate the value of DR, it is important to identify how many and 
which types of customers are responsive and to quantify that response relative to prices 
and other driving influences.35 But it is equally important to identify customers that are 
not responsive, as they are most impacted by price volatility and most concerned with the 
availability of applicable and reasonably priced hedging products. 
 
SC-3A customers are large commercial or industrial enterprises engaged in industrial 
activities (e.g., extraction, manufacturing, fabrication, assembly, transportation and 
distribution), public services (water, sewer and power), educational or government 
services, or commercial services (e.g., wholesale hubs, retail stores and restaurants). 
These firms are engaged in economic activity to which electricity is an input. 
Consequently, we model electricity use as the derived demand of an input into their 
productive and business processes as these firms seek to minimize the overall cost of 
these processes. Given their exposure to hourly prices that exhibit distinct temporal and 
diurnal price variations, we postulate that SC-3A customers consider electricity as two 
distinct commodity inputs, peak and off-peak usage, that may be substituted for one 
another. The appropriate measure of price response is the substitution elasticity, which 
measures how inputs can be substituted for one another to meet a firm’s output 
obligations.  
 
Figure 2-3 illustrates the data and analytical models used to characterize the price 
response of SC-3A customers. In the following sections, we describe the data collected, 
the variables constructed to support this analysis, and the models estimated.  
 

                                                 
34 Although the maximum likelihood technique is still retained, the SAS procedure PROC PHREG is 
uniquely capable of handling discrete choice models and as such was used to estimate the model herein 
(Allison, 1999). 
35 The benefits of price response go beyond the bill savings that customers realize, and include lowered 
price risk for all consumers. See Neenan et al (2003) for a detailed discussion of the benefits of price 
response.  
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2.7.2 Primary Data 

NMPC provided hourly usage data for 141 SC-3A customer accounts from the spring of 
2000 through mid 2003. We used billing records and other information to determine if 
customers had elected the SC-3A Option 1 or 2 rates, switched to a competitive supplier, 
or had participated in a NYISO demand response program. Historical SC-3A prices by 
region and voltage zone were downloaded from NMPC’s website. Climatic data for 
representative locations throughout the NMPC service territory was collected for use in 
constructing a weather index.  
 
Figure 2-3. Modeling Electricity Demand and Simulating Price Response 
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2.7.3 Constructed Variables 

We constructed a number of variables to support the model estimation. Load and price 
data were analyzed to define appropriate peak and off-peak periods. The data supported 
defining the peak during the afternoon hours, between noon and early evening (see 
Appendix E). Three different peak-period definitions of varying length were tested in the 
model specification to determine which provided the best fit: noon to 5pm, 1pm to 5pm, 
and 2pm to 5pm.36

 
Climatic data were used to construct a weather index that included both ambient 
temperature and relative humidity.37 These data were also used to sort days into low 
temperature/low price and high temperature/high price categories, which were used in 
developing customer baselines in the Load Response Characterization (LRC) model. We 
                                                 
36 This is a tactic that has proved useful in other similar analyses (Boisvert et al, 2004, forthcoming)  
37 Generally, the humidity factor becomes significant only at temperatures above 70 degrees (F), and its 
impact is modest (see Appendix E; Attachment C). 

 14



 

also constructed a number of customer-specific categorical variables based on survey 
responses. 
 
2.7.4 The Constant Elasticity of Substitution (CES) Model  

Following well-established conventions, we employed a Constant Elasticity of 
Substitution model to characterize SC-3A customers’ electricity consumption. Most 
studies of large customer RTP have used this metric (Herriges et al. 1993; Schwarz et al. 
2002) or have modeled peak and off-peak electricity as substitutes (Patrick, 1990; Caves 
et al, 1984; Herriges et al, 1993; Braithwait, 2000). 
 
The CES model is a highly structured and theoretically consistent representation of the 
trade-offs made by firms that shift production or other business operations from peak to 
off-peak hours, adjusting electricity usage accordingly, to accommodate the rescheduling 
of activity in response to peak price changes.38 We selected the CES model specification 
because it provides a tractable means for estimating substitution elasticities given time, 
resource, and data availability constraints. 39 But the CES model approach does impose 
certain rigidities on assumed customer behavior; most notably that shifting opportunities 
are limited to the day’s peak and off-peak periods and that the elasticity of substitution is 
constant.  
 
The key characteristics and assumptions of the CES model are as follows: 
 
• The basic assumption is that of cost minimization in producing an established level of 

product or service for which electricity is an input. Thus, we measure input 
substitution, or the substitution of less expensive off-peak power for more expensive 
peak power. This is in contrast to the more commonly used own-price elasticity, 
which represents the change in consumption of a good (or service) given a change in 
its price.40 

                                                 
38 For example, a municipal treatment plant may shut off pumps during high priced hours by either 
accelerating pumping earlier in the day, making up the water processing later on, or both. Paper plants 
report building up stocks of storable, intermediate inputs such as wood chips or refined pulp, so that during 
high priced periods the paper machines can continue to run but total electricity usage is reduced. Cement 
plants accomplish the same flexibility by storing clinker. 
39 This economic problem involves a three-level profit or cost function, because the underlying production 
function is assumed to be separable in electricity usage. At the first level of cost minimization, we allocate 
weekday electricity usage between time periods during the day in which electricity prices differ. The 
second level involves allocating monthly usage between weekdays and weekends, and the third determines 
overall electricity expenditures as a proportion of total costs, reflecting the relative demand for electricity in 
relation to all other inputs in the firm’s production process. Given data limitations (lack of data on firm 
output), we focused only on the first of the three stages of the model: how customers use peak and of-peak 
electricity to minimize the cost of producing goods and providing services. Doing this requires making the 
assumption that firm output is constant, but this is unavoidable in the absence of company operating data. 
(see Appendix E). 
40 The own-price elasticity specification is appropriate for final consumption goods, such as shoes or 
restaurant meals. Electricity, on the other hand, is an input into a transformation process that produces 
product that then is sold, or a service that provides comfort, safety or convenience. This is especially true in 
the context of the operation of a firm or institution. 
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• The resulting measure of elasticity is defined as the percent change in the ratio of 
peak to off-peak electricity usage resulting from a one percent change in the ratio of 
off-peak to peak prices (the “inverse price ratio”). This is referred to as the (input) 
substitution elasticity, to distinguish it from the own-price elasticity of demand. 

• Peak and off-peak electricity are assumed to be substitutes, with the level of use of 
each determined by their relative prices.41 The total amount of electricity required is 
determined by the output of the firm, and firm output is assumed to be fixed. 
However, the total amount of electricity consumed is not assumed to be fixed. This is 
possible because trading off peak and off-peak usage may involve altering production 
processes, using equipment less (or more) efficiently, requiring more labor, etc., 
which may result in more or less overall electricity consumption. So long as the net 
result is to minimize cost, the tradeoff makes sense.  

• The substitution elasticity is positive, ranging between zero and infinity.42  
 
These assumptions may not fully reflect how some customers actually respond in 
practice. Alternative, more complex model specifications of customer demand allow 
shifting of usage to the subsequent day or allow the substitution elasticity to vary with the 
nominal level of the price change (see Appendix E).  
 
2.7.4.1  Estimating the CES Model 

The CES model’s general estimating form is as follows: 
 

Log (Ratio peak to off-peak usage) = intercept + B*Log (ratio of off-peak to peak price) +  
Ci* (general effects) + Di*(firm effects) + error term  

 
The estimated parameter, B, is the substitution elasticity. The Ci coefficients represent 
general effects (such as weather and general market circumstances) that are modeled as 
dummy variables. The Di coefficients, also included as dummy variables, quantify “firm” 
effects, or differences in elasticity among customers based on their characteristics. The 
firm effects variables are typically constructed from customer survey responses and allow 
for a more detailed specification of how and why customers respond. To isolate the 
impact of participation in NYISO DR programs, two dummy variables were constructed: 
one to represent program participation and a second to indicate the days on which 
program events were called. The full model derivation and its statistical specification are 
provided in Appendix E.  
 
One of the goals of this project was to explore the reliability and accuracy of price 
response estimates based on utility billing and customer information system data, 
compared to estimates that include additional customer circumstances. If accounting for 
customer-specific factors did indeed produce better price response estimates, our goal 

                                                 
41 By contrast, own-price elasticities view peak and off-peak electricity as complementary goods. 
42 By contrast, own-price elasticities are negative. 
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was to specify what data must be collected to support ongoing evaluations of price 
responsiveness.43

 
We did this by estimating the CES model in two ways. The Initial CES model 
incorporated all customer information that was available without surveying customers. In 
addition to hourly usage and corresponding SC-3A price data, we used information about 
each customer’s business classification, supply choices (Option 1, Option 2 and 
competitive supply), and participation in NYISO DR programs as variables. The Initial 
CES model was estimated using 141 customers’ usage behavior and characteristics.  
 
The Final specification includes variables that were obtained from the customer survey, 
allowing a more comprehensive picture of the drivers behind customer price response. 
The tradeoff is that the sample size is much smaller (32 customers), owing to the number 
of survey respondents (53 customers) and the extent of non-response to various 
questions. Some variables that turned out to be very important in the final CES model 
were answered by only a subset of customers.  
 
2.7.5 Load Response Characterization (LRC) Model  

The CES model assumes that customers shift electricity-consuming activities from the 
peak period to the same day’s off-peak period. However, many customers reported 
curtailing or foregoing discretionary usage during high-priced periods without making it 
up later (see section 4.2.3). For example, they may shut off plug loads, dim lights, and 
raise the thermostat setting. The company or institution maintains its output (i.e., the 
operation of the building to support its occupants’ economic activity) by trading off 
electricity consumption for comfort. In this situation, the estimated elasticity of 
substitution correctly characterizes the shifting effect, but under-estimates the nominal 
level of the reduction in peak usage. This occurs because the underlying assumption of 
the CES model about the relationship between inputs and outputs does not apply in this 
situation (see Appendix E).  
 
To adjust our characterization of price response to recognize these behaviors, we 
employed a Load Response Characterization (LRC) Model, adapting a model introduced 
by Patrick (1990), which distinguishes load shifting from foregoing consumption. The 
LRC model specifies an empirical relationship between the total daily load change and 
the change in peak load as follows: 
 

Percentage change in total daily usage = a + Firm effects + βq {percentage change in daily  
peak usage}+ error term 

 
A conservation behavior parameter (βq in the equation) is estimated from customer’s 
hourly electricity usage data to express the degree of foregone consumption relative to a 

                                                 
43 Gathering customer data through surveys is difficult, particularly in a competitive environment where 
customers may not be served by the default utility, so it is useful to identify what type of data is necessary 
to streamline data collection efforts. 
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customer baseline (CBL).44 This parameter ranges in value from zero (complete shifting) 
to one (complete “conservation”), or greater. Values between these extremes indicate 
combinations of shifting and discretionary peak reductions. 
 
The conservation parameter separates out behaviors that are not fully characterized by the 
substitution elasticity and allows a more complete picture of aggregate load response than 
substitution elasticities alone can provide. Most previous analyses of RTP tariffs have not 
accounted for this phenomenon.45  
 
To illustrate, consider the three hypothetical customers in Table 2-3. To facilitate 
comparison, each customer is assumed to have the same baseline usage (40 kWh peak 
usage and 50 kWh off-peak usage), and each customer reduces peak usage by 50%, or 20 
kWh in response to prices. To fully characterize their load response, we examine the 
relative changes in usage during the off-peak period. In Case 1, the customer shifts usage, 
kWh for kWh, from peak to off-peak periods. This is characterized as complete load 
shifting in the LRC model. In Case 2, the customer reduces load in equal proportions 
during peak and off-peak periods; such behavior is characterized as “conservation” in 
Patrick’s model. In Case 3, the customer reduces peak usage by 50% with no change in 
off-peak usage. This last case represents a discretionary load curtailment during the peak 
period only; it is characterized as partial load shifting and partial conservation in the LRC 
model. Case 3 corresponds most closely to the “foregoing” response that customers could 
indicate in our survey (see Chapter 4).  
 
We estimated the LRC model for the 32 customers included in the Final CES model. 
 
Table 2-3. Treatment of Customer Response Behavior in the LRC Model 

Actual Usage (kWh) Percent Change from 
CBL 

Behavior According to 
Model 

Case 

Peak Off-
Peak  

Entire 
Day 

Peak Off-
Peak 

Entire 
Day 

Amount 
Conserved 
(kWh) 

Amount 
Shifted 
(kWh) 

1. Shifting 20 70 90 -50% 40% 0% 0 20 
2. “Conservation” 20 25 45 -50% -50% -50% 20 0 
3. Discretionary 
 Curtailment 

20 50 70 -50% 0% -22% 8.9 11.1 

All cases are assigned a CBL of:  
- 40 kWh peak usage 
- 50 kWh off-peak usage 
- 90 kWh total over the course of the CBL day 

                                                 
44 Patrick labeled this behavior conservation because it involves changing usage in a way more typical of 
energy-efficiency measures. An alternative interpretation is that peak and off-peak usage are complements, 
not substitutes as assumed in the CES model, as they are the result of a conservation ethic.  
45 An own-price elasticity specification would address this complementarity, but would still require an 
adjustment to fully account for how customers respond because it would not capture the substitution effect. 
In other words peak and off-peak usage cannot be both complements and substitutes in the same demand 
specifications. Some means of sorting customers a priori according to how they respond is needed so that 
the correct specification can be applied in the correct circumstance. Developing such a mechanism should 
be a high priority for further research. 
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2.7.6  Estimating Aggregate DR Potential of SC-3A Customers 

Policymakers, load serving entities and ISOs are also interested in estimating the actual 
amount of peak load that will be reduced, not just the percentage change in peak to off-
peak usage. Policymakers need to know the nominal load changes in peak and off-peak 
periods to evaluate the benefits of implementing price response programs. Load serving 
entities will want to adjust their market position to account for such load changes, and 
system schedulers and dispatchers need to know by how much peak demand will decline 
at various prices so they can adjust unit commitments accordingly.  
 
Once the substitution elasticity is estimated for the CES demand model, it is possible to 
simulate different levels of demand response over a wide range of price changes. By 
rearranging the demand equation, it is possible to derive the ratio of peak to off-peak load 
that would result from the estimated elasticity given a set of expected price and load 
levels (derived from the CBL calculations for the LRC model) as well as a set of 
hypothetical prices. The resulting equation is as follows: 
 

kp/ko = (k*
p/k*o) σ P* + (k*

p/k*o)  
 
where k*

p and k*
o represent the peak and off-peak CBL, σ is the estimated elasticity of 

substitution, and P* is the percentage change in the inverse price ratio. However, without 
any further assumptions, it is very difficult to derive the actual nominal changes in peak 
or off-peak load; all that can be known is the ratio of the two.  
 
One way to deal with this would be to hold total load constant across the day. Under this 
assumption, electricity could be shifted from one period to another, but firms would be 
restricted from foregoing consumption altogether. This would provide the following 
estimate for peak load: 
 

kp = (k*
p + k*o) {(k*

p/k*o) σ P* } + (k*
p/k*o)} / [ { (k*

p/k*o) σ P* + (k*
p/k*o)} + 1 ] 

 
However, our survey and LRC results demonstrate that customers do indeed curtail load. 
By using the results of the LRC model, it is possible to understand how total load in the 
day would change when prices are higher than normal. The CBL is shifted downwards to 
reflect the inherent short-term “conservation behavior” that some firms undertake in 
response to high prices. If the adjusted daily load is then held constant, the shifting 
associated with the elasticity of substitution model can be simulated relative to this new 
adjusted CBL (k**

p and k**
o below), thus arriving at a final estimate of peak load (see 

Appendix E for more detailed explanation).  
 

kp = (k**
p + k**

o) {(k**
p/k**

o) σ P* } + (k**
p/k**

o)} / [ { (k**
p/k**

o) σ P* + (k**
p/k**

o)} + 1 ] 
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3. Historical Evolution and Market Context for RTP at Niagara Mohawk 

It is important to understand the context in which NMPC implemented RTP as the default 
service tariff for large customers, particularly if one is to draw conclusions about the 
relevance of findings to other jurisdictions.46 Factors such as customer characteristics, the 
availability and attractiveness of alternative service and supply options, and the level and 
volatility of wholesale day-ahead market prices play important roles in shaping how RTP 
tariffs are implemented and how much demand response can be expected from 
customers.  
 
In this chapter, we describe the evolution of rate designs for large customers in the 
Niagara Mohawk service territory prior to and after restructuring, summarize the key 
component elements of the SC-3A tariff design and other service and supply alternatives 
open to customers, and discuss interactions between RTP and the NYISO’s Demand 
Response programs. Information presented in this chapter is drawn from several sources: 
interviews with NYPSC regulatory staff and customer representatives, review of relevant 
NYPSC filings and NMPC tariff sheets, and information on tariff subscription provided 
by NMPC. 
 
3.1 The SC-3A Customer Class 

NMPC is located in upstate New York and its service territory includes many of the 
State’s large manufacturing facilities. Since November 1998, NMPC’s RTP tariff, known 
as “SC-3A Retail Choice” (Option 1), is the utility’s standard tariff offering to its largest 
industrial, commercial and institutional sector customers: those customers with metered 
demand greater than 2 MW, regardless of their business type (referred to as the SC-3A 
“parent class”). From the early 1980s to November 1998, the default SC-3A tariff was a 
time-of-use rate. In addition, several alternative rate offerings were also available to 
customers in the SC-3A parent class. For example, some large customers negotiated 
individual, long-term contracts with NMPC (SC-11) or were eligible for special 
economic development rates (SC-12). NMPC also offered two small pilot programs 
(HIPP and VIPP) during the 1980s and early 1990s that involved variable hourly pricing.  
 
3.2 NMPC’s Early Experimentation with RTP and Demand Response 

NMPC offered its SC-3A parent class customers two opportunities to participate in 
voluntary dynamic pricing and DR programs during the 10 years preceding the 
introduction of retail choice in 1998. The Hourly Integrated Pricing Program (HIPP) was 
introduced in April 1988 and was the first in the U.S. to subject large customers to 
hourly-varying prices using two-part RTP (Neenan, 1992). The two-part design hedged 
each participant’s typical hourly energy usage, as defined by the customer baseline load 
(CBL), at the regular SC-3A time-of-use tariff rates. Deviations in usage from the CBL 
level were priced at an administratively determined hourly price that reflected the then 
                                                 
46 NMPC’s current SC-3A Option 1 offering is an hourly day-ahead market pricing tariff. Under this tariff, 
NMPC incurs balancing risk that is effectively born by non-RTP customers through a commodity 
adjustment charge. 
 

 21



 

vertically integrated utility’s marginal supply costs. Fifteen SC-3A customers signed up 
for the voluntary RTP experiment, about 10% of eligible customers at the time.47 After 
the initial pilot phase, a second recruitment resulted in over 40 participants during the 
period from 1992 to 1994. 
  
NMPC implemented the Variable Interruptible Pricing Program (VIPP) in 1990 to 
provide utility system operators with resources that could be dispatched on short notice in 
response to reserve shortfalls. NMPC purchased demand call options from participants at 
prices that reflected marginal capacity acquisition costs. When NMPC called the option, 
customers had the choice of curtailing the prescribed load and receiving a performance-
based incentive payment, or purchasing their non-curtailed electricity at the day-ahead 
“market” price.48 VIPP replaced earlier interruptible rates that provided reduced demand 
charges in return for the right to interrupt customers in emergencies. In effect, VIPP was 
HIPP service but restricted to times when system conditions warranted, regardless of the 
prevailing day-ahead prices. 
  
Customers’ experiences with the HIPP and VIPP pilots facilitated the subsequent 
adoption of RTP as the default service tariff in three ways. First, customer experience 
with these programs was largely positive. Customers who had experienced RTP at a time 
when prices were quite low thought that the RTP tariff would be a way to save money 
compared to the otherwise applicable tariff. Second, HIPP and VIPP developed 
familiarity among customers with the notion that electricity costs vary on an hourly time 
scale and with how to monitor and respond to price signals. Third, these experiences 
provided a framework for developing individually negotiated contracts with customers 
during the period 1995-98, providing a vehicle for customizing the service to customers’ 
specific needs and hedging preferences.49 This direct experience, in which almost a third 
of the SC-3A customers participated in some manner, raised awareness among all 
customers and was likely an important factor in customer acceptance of RTP during the 
regulatory proceedings in 1998. 
 
3.3 Retail Access and Adoption of RTP as the Default Service Tariff for SC-3A 
Customers 

The current SC-3A tariff design fully unbundles commodity and wires services and was 
adopted as part of Niagara Mohawk’s general rate case, known as “Power Choice” and a 
NYPSC decision that approved a restructuring settlement agreement between NMPC and 
various parties in 1998. In New York, restructuring was implemented separately for each 
utility (not statewide, as was the case in California). An earlier proceeding had 
established class-level revenue and stranded cost allocations – it remained to design rates 
to allocate these costs among customers.  
                                                 
47 Of the 15 volunteers, nine were placed on RTP in April 1988 – the rest were assigned to a control group 
and were retained on the default SC-3A time-of-use tariff until April 1989, at which time they began RTP 
service. 
48 The VIPP pilot was eventually abandoned when marginal prices became so low that the necessary 
curtailment incentive was not achieved. 
49 During that period, although the HIPP SC-8 service was not available, NMPC used the RTP framework 
for negotiating contracts to forestall uneconomic bypass from on-site cogeneration.  
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RTP was proposed by Niagara Mohawk and was largely uncontested. The position of 
various parties involved in Niagara Mohawk’s rate case – the utility, customer 
representatives, and regulatory staff – was shaped by their expectations about future 
wholesale and retail markets (see Table 3-1). Just prior to restructuring, Niagara Mohawk 
had excess generating capacity so competitive market commodity prices were expected 
by most to be low for a number of years. Many parties believed that a vibrant retail 
energy services market would develop in New York to provide customers with a wide 
range of product and service offerings, including fixed rate products and financial 
hedging services that would shield customers that did not wish to be exposed to day-
ahead or real-time spot market price volatility. Facilitating demand response was not an 
explicit policy goal of regulatory staff in 1998, in part because the need for it was not yet 
realized. 
 
Table 3-1. Expectations and Goals for RTP in 1998 

Stakeholder Expectations RTP Goals 
Niagara Mohawk • Continued excess generating capacity 

and high reserve margins 
• Pass through wholesale market 

commodity prices (and price risk) 
to large customers  

• Divest generation 
Large Customer 
Representatives 

• Low prices 
• Vibrant retail energy services market 

• Access transparent market prices 
• Lower electricity costs 

NYPSC Staff • Continued excess generating capacity 
• Customers are “big boys” 
• Vibrant retail energy services market 

• Encourage retail market 
development 

• Promote economically efficient 
rate designs 

 
Niagara Mohawk was primarily interested in promoting RTP for large customers as a 
way to manage its wholesale market price risk. The company was also divesting many of 
its generation assets as part of the transition to a competitive wholesale market. The 
amount of load left un-served after these planned divestitures roughly matched the 
combined load of the SC-3A class. Consequently, the utility saw RTP as a convenient 
way to alleviate much of its wholesale price risk by passing that risk on to its customers. 
By pricing unbundled commodity service at the NYISO’s day-ahead price, its risk is 
limited to the day-ahead/real-time market spread.50 Moreover, if customers reduce usage 
in response to high day-ahead prices, NMPC’s risk is further abated.51 Niagara Mohawk 
also did not believe that RTP tariffs for SC-3A customers would impose significant 
incremental costs to the utility, because customers already had hourly interval meters, a 
major overhaul of the billing system was already underway in order to accommodate 
retail competition, and marketing and customer education costs were expected to be 
relatively low because of the default nature of the tariff. 
 

                                                 
50 This difference flows through to other customers through the CAC and is therefore not a risk borne by 
the company 
51 Because NMPC quotes all-use hourly prices indexed to NYISO day-ahead prices, the utility holds price 
risk on variations in usage from the level it procures in the day-ahead market. This difference flows through 
to other non-SC-3A customers through the CAC and is therefore not a risk borne by the company 
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Multiple Interveners, representing large industrial and commercial electric customers, 
supported RTP because they expected that wholesale market prices would be low for 
those customers that remained on the tariff and because many of their member companies 
planned to switch and contract with competitive ESCos for retail commodity service. At 
the time, the large industrial customer group in New York was convinced by the 
arguments of restructuring proponents that competitive markets would provide electricity 
at lower cost than regulated utilities had done; thus they supported retail competition and 
thought that day-ahead market prices would remain low.  
 
Staff at the NYPSC were receptive to RTP as the default service tariff for SC-3A 
customers because the rates reflected the marginal costs of providing power (it was an 
economically efficient rate design) and because they believed that these large customers 
were sophisticated enough to make informed energy supply decisions in a competitive 
retail market environment. Furthermore, NYPSC staff expected competitive marketers 
would offer alternatives to RTP and as such did not consider this implementation to be 
truly “mandatory”. The SC-3A tariff design issues were also relatively easy for the 
NYPSC to ratify because the parties had reached a settlement agreement on this issue. 
 
3.4 SC-3A Tariff Design 

The SC-3A rate schedule adopted with retail access in 1998 is unbundled; electric 
commodity is separated from the recovery of other costs, such as transmission, 
distribution and competitive transition charges (CTC). The non-commodity portions of 
the tariff apply to all customers in the SC-3A class, whether they take commodity service 
from Niagara Mohawk or from a competitive supplier.  
 
Customers taking commodity service from Niagara Mohawk had two options in the fall 
of 1998. Option 1 was and remains the default service applicable to customers that do not 
find an alternative commodity provider. Option 2 was an alternative, hedged standard 
offer that was made available to customers on a one-time election basis just prior to the 
implementation of retail competition in 1998. Customers that elected this option received 
a fixed commodity rate on a take-or-pay contract quantity that they nominated for a five-
year period. Table 3-2 and the following sections provide additional details on the tariff 
components for SC-3A Options 1 and 2.  
 
3.4.1 Option 1 

Under Option 1, a customer’s electric commodity charges are derived from NYISO DAM 
prices. NMPC posts, by mid-afternoon the day prior to their going into effect, prices 
indexed to the NYISO day-ahead market (DAM) prices (which are posted at noon).52 
This means that the customer’s actual metered hourly load served under Option 1 is 
subjected to the corresponding hourly price – there is no customer baseline load (CBL) or 
other provision that would protect customers from price variability. Customers receive 
prices by consulting a web site that displays the next day’s hourly prices by 4pm each 

                                                 
52 Customers that eschewed the Option 2 alternative and did not contract with another entity for commodity 
service when the retail market opened in 1998 were placed on Option 1 by NMPC. 
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day.53 The final SC-3A prices also include a markup to the NYISO posted prices to cover 
real-time market settlement costs that apply to all retail loads. For the purposes of this 
tariff, these day-ahead market prices are final, and apply to all usage. The NYISO 
employs locational-based marginal pricing (LBMP)54, so the RTP prices paid by 
individual SC-3A customers depend on the load zone in which they are located as well as 
their delivery voltage level. Niagara Mohawk applies an adder to the NYISO prices that 
recovers NYISO ancillary service costs and line losses. 
 
Table 3-2. Comparison of Option 1 & 2 Tariff Components 

Basis for Charge Determination Unbundled Tariff 
Components Option 1 Option 2 

Electric Commodity NYISO day ahead hourly market 
indexed prices – depend on 
delivery voltage and load zone 

Fixed rates for on-peak and off-
peak nominated loads – depend 
on delivery voltage and load zone 

Non-Commodity Charges:  
 Distribution Delivery • Flat Customer fee 

• $/kW*  
• ¢/kWh charges for primary 

voltage customers only 
(since 2/1/02) 

• Flat Customer fee 
• $/kW* applied to nominated 

loads  
 

 CTC  • $/kW** demand charges 
• variable-block pricing 
 
charges depend on delivery 
voltage, load zone 
 

• $/kW** applied to nominated 
loads 

 
charges depend on delivery 
voltage and load zone fixed in 
contract 

 Reactive Power $/ billed rkVA  
*Customer peak demand (kW) is defined by customers’ highest metered 15-minute demand during each 
billing period. There is no demand ratchet. 
** Customer peak demand (kW) is defined by customers’ highest on-peak metered 15-minute demand 
during each billing period. There is no demand ratchet 
 
3.4.2 Option 2 

NMPC also offered customers a fixed price, standard offer service in which they could 
elect to nominate all or a portion of their load for up to a five-year period.55 Customers 
choosing this option had to so indicate prior to October 1, 1998 for the five-year period 
beginning November 1 of that year. Representatives of large customer groups supported 
the concept of a fixed-rate tariff alternative. In designing Option 2 rates, NMPC forecast 
electricity market prices for the next five years, including a risk premium; the rate was 
designed to be neither more nor less attractive than Option 1.  
 
                                                 
53 The website, with historical RTP prices by load zone and delivery voltage level, is available at: 
http://www.niagaramohawk.com/youracct/priceenrg/essapps/price_select.asp
54 LBMP is a system of pricing in which transmission capacity constraints are internalized into market 
prices by defining load zones with distinct market clearing prices. Niagara Mohawk’s service territory 
spans six NYISO load zones: West, Genesee, Central, North, Mohawk Valley and Capital.  
55 Option 2 was designed to be in effect only during the transition period, which was set equal to the five-
year period of the Power Choice Settlement Agreement. 

 25



 

Customers that elected Option 2 were required to nominate monthly peak and off-peak 
demand blocks (at 100% load factor) for up to five years when they signed the contract. 
If desired, they could nominate no load in certain periods. Indeed, several customers 
chose to nominate some or all of their loads for only the first few years. These 
nominations could not be changed once the contract was signed – if the customer used 
less than its contracted demand, take-or-pay provisions required purchase of all 
subscribed power and prohibited its resale. However, the customer could elect initially to 
sign up for a somewhat higher rate under Option 2, which gave them the option to 
terminate the Option 2 contract with six months’ notice.56

 
About 18% of SC-3A customers ultimately elected to nominate all or a portion of their 
load for the Option 2 tariff service. In our interviews with NYPSC staff and industrial 
customer representatives, we asked them about their expectations for participation levels 
in Option 2 vs. Option 1. They acknowledged that subscription rates for Option 2 were 
relatively low, though not surprisingly so, given the relatively restrictive terms and 
conditions of the Option 2 service contract and customers’ uncertainties about the types 
of offers they would receive from competitive retail suppliers. The Option 2 contracts 
expired in August 2003 and they are not being renewed by NMPC. Thus, as contracts 
ended, customers that were on SC-3A Option 2 were placed on the default service option 
(Option 1) until such time as they make competitive supply arrangements. 
 
3.4.3 Non-Commodity Tariff Components 

A key design feature of the SC-3A rate is the unbundling of the tariff components. The 
non-commodity portions of the SC-3A rate (see Table 3-2) apply to all SC-3A customers, 
whether they take service on Option 1, Option 2, or from a competitive supplier. The 
unbundled RTP tariff design provides a mechanism for NMPC to recover its non-
commodity costs (e.g., transmission, distribution, and customer costs) from retail access 
customers. From the utility’s perspective, it also addresses concerns about potential 
under-recovery of non-commodity fixed costs in one-part RTP tariffs (see, for example, 
O’Sheasy, 2002). These costs are recovered in a blended rate that is dependent not only 
on the customer’s volumetric usage (kWh), but also on its monthly peak demand (kW). 
From the customer’s perspective, the unbundled RTP tariff means that the commodity 
portion of bills varies with market prices, while the non-commodity rates are known in 
advance and depend primarily on their peak demand and usage levels. 
 
The CTC portion of the rate is meant to recover SC-3A customers’ share of Niagara 
Mohawk’s “stranded debts”, which were negotiated and agreed to as part of the NYPSC 
decisions on restructuring. This rate component will eventually be retired when the 
established revenue target has been met. Option 1 and 2 customers were expected to bear 
equal burden for the CTC.  
 

                                                 
56 Potential reasons customers may have wanted the option to terminate their Option 2 contracts include the 
possibility of finding a better deal from a competitive supplier or customer uncertainty about their own 
future production levels.  
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3.5 Other Supply and Service Options 

3.5.1 Competitive Market  

Since the introduction of retail choice in 1998, SC-3A customers also have had the option 
of purchasing electric commodity service from a competitive retail supplier. This option 
is available to customers regardless of whether they chose to nominate some of their load 
under Option 2. If the customer did make Option 2 nominations, the balance of their 
power could be taken from a competitive retail supplier – termed an ESCo (energy 
service company). The unbundling of SC-3A service, described in the previous section, 
was intended to facilitate customer switching for the commodity portion of their electric 
bills.  
 
In order to encourage the development of a competitive retail electricity market, the 
NYPSC approved a “customer service back-out credit” which allows retailers to offer 
commodity to customers at a discount of approximately two mils/kWh relative to utility 
service. In theory, this discount reflects commodity-related procurement and customer 
service costs that are avoided by NMPC.57 In addition, customers taking service from an 
ESCo receive some additional benefits by avoiding taxes on electric commodity delivery 
service, which provide a discount that can be shared with customers that switch 
(McDonough, 2004). 
 
Based on interviews with NYPSC staff, representatives of industrial customers, and 
results of our customer survey, it appears that the initial expectations of a vibrant and 
robust retail electricity market have not (yet) been realized in Niagara Mohawk’s service 
territory. There has been a substantial shakeout in the number of active ESCos and many 
customers are not particularly satisfied with the range (or pricing) of retailer service 
offerings, particularly the implicit premiums quoted by ESCos for hedged products. It 
appears that the most common product now offered by ESCos is a contract that offers 
prices that are discounted and indexed to SC-3A Option 1 prices, whereby customer 
savings come primarily from the customer service back-out credit and avoided taxes. The 
implication is that the majority of customers that have switched to ESCos are still 
exposed to RTP for their commodity service. 
 
NMPC customers also had the option of taking the standard offer service (Option 1) and 
entering into a financial hedge with a financial services provider or ESCo that would 
eliminate or reduce NYISO day-ahead market price volatility. Such products may include 
financial swaps, price collars or caps, or other customized hedging products. Based on 
results from our customer survey, it appears that about 10-20% of SC-3A customers have 
sought out and signed agreements for financial hedging products during the last five 
years. 
 

                                                 
57 The customer service back-out credit was a negotiated amount set in 1998 at the estimated level of 
avoided costs, with provisions for subsequent adjustment to account for actual avoided costs. A regulatory 
proceeding is currently examining this issue for all of New York’s utilities. 
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3.5.2 Individually Negotiated and Special Contracts 

About 25% of customers with peak demand greater than 2 MW (and who thus meet the 
SC-3A parent class definition) take service on other rates or individually negotiated or 
special contracts offered by Niagara Mohawk. Table 3-3 summarizes the number of 
customers on each tariff or contract option and their aggregate summer peak demand 
(McDonough, 2003). Customers on SC-4 tariffs and individually negotiated or special 
contracts (SC-11 and SC-12 respectively) have not been included in this study for various 
reasons.58 For the purposes of this study, we consider them a separate population from 
SC-3A customers. It is worth noting that these customers tend to be among the largest 
customers served by the utility, as evidenced by the fact that the 68 customers on 
alternate rates have an aggregate summer peak demand of about ~723 MW. In this 
section we describe these various rates and provide an overview of their associated 
populations for background purposes only. 
  
Table 3-3. 2003 Rate Classification of Niagara Mohawk’s Large Customers (Peak 
Demand >2MW)  

Service 
Classification 

Description Number of 
Accounts 

Summer Peak 
Demand (MW) 

SC-3A Default classification – includes Option 1, 
Option 2 and competitive supply 

204* 721 

SC-4 Untransformed Service to Customers Taking 
Power from Projects of the New York Power 
Authority 

15 320 

SC-11 Individually Negotiated Contract Rates 
offered prior to 1998 

39 241 

SC-12 Standard Discount and Individually negotiated 
Contracts offered since September 1998  

10 89 

Total SC-3A 
Parent Class 

 268 1,371 

* Of these 204 accounts, 149 accounts did not have NYPA allocations and were thus included in the target 
population for this study, per the NDA negotiated with NMPC. Among this group of 149 accounts, some 
take commodity service from NMPC while the rest take commodity service from ESCos.  
 
SC-4 is a tariff offered to customers that qualify for New York Power Authority (NYPA) 
allocations59 in the Niagara area and that take supplemental power from Niagara Mohawk 
at transmission level voltage. Customers typically receive part of their energy 
requirements from NYPA at rates that are fixed, or that vary only periodically, rather than 
daily. If consumption exceeds the NYPA allocation, the customer pays SC-4 tariff rates 

                                                 
58 SC-11 service is for customers that, prior to 1998, signed an individually negotiated contract for service 
with NMPC, the purpose of which was to avoid uneconomic bypass. SC-12 serves that role under Power 
ChoiceSM, and for customers that receive economic development power allocations from the New York 
Power Authority. 
59 NYPA contracts provide low-cost hydropower to customers under economic development rationale. In 
addition to the Niagara area contracts, NYPA allocations may be granted in other regions under the 
Economic Development Power (EDP) and Power for Jobs (PFJ) programs. 
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for demand and energy allocated to NMPC.60 The SC-4 rates are equivalent to those for 
the customer’s parent class (i.e., SC-3A). Thus the 15 SC-4 customers are de facto 
partially hedged and pay SC-3A Option 1 (RTP) prices for their marginal power 
requirements. 
 
The SC-11 service classification includes customers that individually negotiated contracts 
with NMPC. Nearly all of these contracts were negotiated in the mid-1990s and involved 
rate discounts motivated by the threat of bypass and/or self-generation. As part of the 
restructuring agreement, the NYPSC allowed NMPC to extend these previously 
negotiated contracts for the five-year settlement period covered by the Power Choice rate 
case. SC-12 discount contracts are offered to customers that who demonstrate to NMPC’s 
satisfaction that they have a contestable alternative for their existing or prospective load. 
Many customers who take service under the SC-11 and SC-12 tariff contracts and who 
take commodity service from NMPC are billed for commodity at the NYISO DAM price. 
All of these contracts discount the delivery portion of the rate, while some older contracts 
contain fixed rate commodity provisions. 
 
3.6 Trends in SC-3A (Option 1) Prices 

To provide context for assessing customers’ reactions to the implementation of RTP as 
their default service tariff, it is useful to examine the SC-3A prices they have faced over 
the past four years since the NYISO day-ahead market was established.  
 
Figure 3-1. Trends in Average Capital Zone Peak RTP Prices (2000-2003) 
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60 The SC-4 tariff uses a load-factor sharing formula, which employs the ratio of the NYPA allocation (in 
kW) to the metered monthly maximum demand, to determine how much energy usage is billed to NYPA 
versus NMPC supplied energy.  
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Two important trends are noteworthy in this time period: average commodity prices have 
increased, while the volatility of prices has decreased. These trends are illustrated in 
Figure 3-1, which plots average peak period SC-3A prices for the Capital region, and 
Figure 3-2, which plots a standard measure of volatility – an annualized 30-day rolling 
average of the ratio of peak prices on subsequent days, also for the Capital zone.61 While 
there are some regional variations, these general trends hold true for prices in all load 
zones in which SC-3A Option 1 customers are located, and can be attributed in part to the 
NYISO’s efforts over this period to mitigate price spikes. Several major market rule 
changes have succeeded in reducing price volatility but may have contributed to an 
overall increase in average prices. So although high prices have become less frequent and 
price volatility has decreased, the average prices seen by SC-3A customers have 
increased over time. 
 
Figure 3-2. Trends in Volatility of Capital Zone Peak RTP Prices (2000-2003) 
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Regional variation in SC-3A prices is manifested in differences between the Capital load 
zone and the other five SC-3A load zones, which are located in western upstate New 
York and are sometimes referred to as the Western New York “super-zone”. Prices are 
frequently higher in the Capital region than in other parts of NMPC’s service territory 
due to transmission congestion along the Central East interface. When this interface is 
constrained, cheaper electricity from the western part of the state is not able to flow east 
along the transmission system; higher priced generators then are dispatched to produce 
power to meet the needs of consumers in the Capital zone. Wholesale market prices in the 
other five zones tend to move together and during congested periods can deviate 
significantly from those in the Capital zone.62 In Table 3-4, we illustrate these regional 
differences by comparing Capital zone average on-peak and off-peak weekday price and 
                                                 
61 In both figures, the peak period is defined as 7am to 11pm, and the prices are for primary voltage 
customers. 
62 The Capital zone is located in NYISO load zone F. The other NMPC load zones are located in NYISO 
load zones A through D. 
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volatility data against the Central region, which is representative of the Western NY 
super-zone. 63

 
Table 3-4. Trends in SC-3A Commodity Prices (2000-2003) 

2000 2001 2002 2003 Region 
on-peak off-peak on-peak off-peak on-peak off-peak on-peak off-peak 

 Average Price ($/MWh) 
Capital 68.44 33.26 65.22 34.83 63.03 35.40 77.65 47.74 
Central 54.98 30.39 58.89 32.50 54.84 32.24 71.93 44.07 
 Annualized 30-Day Rolling Volatility 
Capital 111% 79% 43% 20% 34% 27% 17% 23% 
Central 68% 54% 38% 20% 26% 20% 16% 22% 

Note: On-peak is defined as the period from 7am – 11pm and off-peak is defined as the period from 11pm 
to 7am. All prices are for weekdays only. 
 
In 2003, average on-peak prices in the two zones were in the range of $72-78/MWh, 
while off-peak prices averaged $44-47/MWh. Average prices during on-peak hours were 
about 8-20% higher in the Capital region than the Central region (depending on the year), 
while off-peak prices were about 10% higher. Average on-peak prices have increased by 
31% and 13% in the Central and Capital regions respectively over the last four years. 
These increases have been far from steady – average on-peak prices rose in 2001 and 
then fell back to 2000 levels or lower in 2002. Average off-peak prices rose about 2-5% 
per year between 2000-2002, followed by a dramatic 35% increase in 2003.  
 
The standard measure of volatility presented in Figure 3-2 and Table 3-4 is calculated 
using a time series of daily average on-peak and off-peak prices (Clewlow and 
Strickland, 2000). The basis for the calculation is the “daily return”, which is defined as: 
 

Pavg(t) – Pavg(t-1) 

Pavg(t-1) 
 
where Pavg(t) is the average price on a given day, and Pavg(t-1) is the average price on the 
preceding day. A 30-day rolling volatility is computed for each day of the year by taking 
the standard deviation of the daily returns for the 30 consecutive days surrounding it, 
starting from the 15th weekday preceding the day in consideration.64 Finally, the resulting 
annualized volatility time series (elements of which are 30-day rolling annualized 
volatilities for each weekday) is averaged over the year – these are the values presented. 
We did this separately for on-peak and off-peak periods.  
 
In 2000, it is clear that prices (both on-peak and off-peak) were very volatile in the 
Capital region (111% and 79% respectively). Off-peak volatility in this region dropped to 
the 20% level in 2001 and stayed in that range, while on-peak volatility sank more 

                                                 
63 Weekends are not considered in this table. We used prices for primary power delivery; secondary 
delivery charges follow the same trends. 
64 These daily 30-day rolling volatilities are then annualized by multiplying them by the square root of 255 
(the number of weekdays in a year). 
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gradually to 17% in 2003. The Central region also experienced its highest price volatility 
in 2000, though not as high as the Capital Region (which, as noted, is transmission 
constrained). From 2001 to 2003, price volatility was similar in the two regions. 
 
3.7 Participation in NYISO Demand Response Programs 

As wholesale and retail markets in New York have been restructured, the NYISO and 
state regulators have increasingly recognized the importance of price-responsive load in 
mitigating shortfalls in system reserves and dampening price spikes in day-ahead and 
real-time markets. Beginning in 2000, the NYISO has implemented several pay-for-
performance demand response programs to facilitate customer load participation in 
wholesale markets: (1) the Emergency Demand Response Program (EDRP), (2) the Day-
Ahead Demand Response Program (DADRP), and (3) a capacity call option program, the 
Installed Capacity Special Case Resources (ICAP/SCR).  
 
EDRP and ICAP/SCR are emergency DR programs that provide mechanisms where 
demand can be reduced on short notice when reserve shortfalls are forecast. EDRP is a 
voluntary emergency program that pays customers the greater of $500/MWh or the 
prevailing real-time market price for curtailments of at least four hours long when called 
by the NYISO. There are no penalties for enrolled participants that fail to curtail. The 
ICAP/SCR program allows customers that meet certification requirements to offer 
unforced capacity (UCAP) to Load Serving Entities (LSEs) and to the six-month strip 
and the monthly reconfiguration auctions that are administered by the NYISO. 
Participants are obligated to curtail when called with two or more hours’ notice, provided 
that they were notified the day ahead of the possibility of such a call. Failure to curtail 
can result in penalties that exceed the amount of the initial ICAP payment received.  
 
DADRP is an economic program that allows customers to submit load curtailment bids 
into the day-ahead market (DAM). Bids are treated as generation resources. If scheduled, 
the participant is paid the DAM clearing price for curtailed load relative to a customer 
baseline. However, if the customer has a shortfall in its scheduled curtailment, it must 
buy it at the higher of the DAM price at which the curtailment was scheduled or the real-
time market price. When a customer’s bid is accepted, the NYISO adjusts downward, by 
a corresponding amount, the day-ahead obligation of the LSE that serves the customer, 
thereby ensuring that it does not lose or gain from the transaction.65  
 
Table 3-5 provides statewide information on the number of participating customers and 
enrolled curtailable load in the three NYISO DR Programs during 2003. For the two 
consecutive days on which EDRP and ICAP/SCR were called in 2003 (August 15 and 
16), load curtailments from the two programs combined were ~8-900 MW and ~4-500 
MW respectively. About 16,400 MWh of load was actually curtailed over the 28 hours 

                                                 
65 Opponents of DADRP refer to the customer payment as a double payment, arguing that it should be 
satisfied with the bill savings it realizes, and the LSE payment as a subsidy. The first assumes that 
customers incur no costs to curtail, and the latter ignores the fact that the curtailments can produce price 
reduction benefits that are larger than the subsidies, and inure to all stakeholders (Neenan et al, 2003; 
Boisvert and Neenan, 2003). 
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that the program events were called during these two days. The actual amount of load 
curtailed is far lower than enrollment levels would suggest in the DADRP program. For 
example, scheduled bids in the DADRP program totaled 1752 MWh in 2003, which 
amounts to approximately 10 MW on any particular day. This is much lower than the 
potential ~410 MW enrolled in the program. 
 
Table 3-5. Statewide Participation in NYISO Demand Response Programs: 2003 

 Program Number of 
Customers 

Enrolled 
Curtailable 
Load (MW) 

Actual Load 
Curtailed 
(MWh) 

EDRP 1,323 854 7,828 
ICAP/SCR 213 850 8,634 
DADRP 27 411 1,752 

Source: NYISO (2003) 
 
NMPC SC-3A customers are eligible to participate in NYISO DR programs, and about 
25% do.66 The interaction between RTP default service tariff and the NYISO DR 
programs raise important policy and program design issues as to optimal strategies to 
stimulate demand response. For example, given the relatively high participation rates and 
observed load curtailments in EDRP and ICAP/SCR, was there some aspect of the 
NYISO DR programs that made responding to market prices feasible or profitable? 
Should customers on Option 1 who are exposed to hourly day-ahead market prices, also 
be allowed to participate in economic ISO DR programs (DADRP)?  

                                                 
66 NYISO DR program participation by SC-3A customers is described in sections 4.1.1 and 4.3.6. 
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4. Customer Characteristics and Choices 

In this chapter, we summarize results of the customer survey and follow-up telephone 
interviews, examining correlations of factors in a “top-end” analysis.67 We begin by 
comparing the business and facility characteristics of survey respondents to the target 
population of SC-3A customers to address the issue of sampling bias. We then 
summarize customers’ attitudes towards the SC-3A RTP tariff design and implementation 
and how they respond to dynamic prices. A variety of choices that were available to 
customers are then examined: whether to choose an alternative supplier, whether to fully 
hedge against price and volume risk, whether to partially hedge using supply options or 
financial hedging products, and whether to participate in NYISO demand response 
programs.  
 
4.1 Who are SC-3A Customers?  

4.1.1 Target Population, Survey Respondents and Sampling Bias 

The SC-3A study population provided by NMPC consists of 149 billing accounts held by 
130 customers.68 Six of the 130 customers indicated to NMPC customer representatives 
that they wished to be excluded from the survey and were therefore not contacted – the 
remaining 124 customers were invited to participate. In all, 53 customers representing 64 
accounts responded (see Figure 4-1). The 53 responses comprise 42% of the population 
by account, and 40% of the customers. Geographically, the survey respondents are fairly 
evenly distributed across the six zones covered by NMPC’s service territory.  
 
Figure 4-1. Customers and Accounts in the SC-3A Study Population 
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The 2003 Northeast Blackout occurred ten days into the survey period. The blackout 
initially hampered survey response due to lost workdays. However, it may have 
ultimately enhanced customer response by bringing electric system reliability concerns to 
bear. We did not attempt to formally monitor or account for response bias in conducting 
                                                 
67 Wherever we indicate relationships between factors, we apply a “Chi-squared” test to determine if the 
dependence is statistically significant. 
68 Thirteen SC-3A customers hold more than one account: nine customers each have two accounts; two 
customers have three accounts each, and two customers each had four accounts.  
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the survey, but we do compare several observable characteristics of survey respondents to 
the study population: business type, load characteristics, basic supply choice, and 
enrollment in NYISO DR programs. The results are summarized in Table 4-1 and 
discussed below. 
 
Table 4-1. Characteristics of Survey Respondents Compared to the Study 
Population 

Characteristic Survey 
Respondents 
(N=53 customers, 
64 accounts) 

Study Population 
(N=130 
customers,  
149 accounts) 

Industrial 40% 32% 
Commercial 21% 23% 

Business Type 

Government/education 40% 46% 
Average Annual Load 17,312 MWh 19,377 MWh Load 

Characteristics Average Monthly Peak Demand 3.0 MW 3.4 MW 
Option 2 Nominees 9% 18% Basic Supply 

Choices* Competitive Supplier 52% 53% 
EDRP 38% 28% 
ICAP/SCR 13% 9% 

DR Program 
Enrollment 

DADRP 4% 1% 
*Tariff information on supply choices was not available for 5 customers, 3 of whom were survey 
respondents.  
 
Business type. We defined three business types that allow comparisons across sectors: 
industrial, commercial and government/education.69 Industrial customers include primary 
and secondary manufacturing industries. Commercial customers include facilities such as 
retail space, office buildings, hospitals, health care facilities, and large multi-family 
complexes. The government/education category includes local, state, and federal 
government facilities, universities, schools, and other like organizations that share an 
institutional decision-making structure. We use these categories throughout our study to 
compare various aspects of customer response to RTP.  
 
The proportion of commercial customers that responded to the survey is similar to their 
representation in the study population (Table 4-1). However, industrial customers are 
somewhat over-represented in the survey sample and government/education customers 
are under-represented. 
 
Load characteristics. On average, survey respondents use about 10% less electricity than 
the study population.70  
 
Basic Supply Choices. Survey respondents were less likely than non-respondents to have 
selected Option 2 (see Table 4-1). This could indicate that survey respondents were more 
willing to expose themselves to price variability.  
 

                                                 
69 Business type categories were determined using two-digit SIC codes. 
70 Averages were calculated using available hourly interval metered data for 2001-2002. 
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Demand response program enrollment. Of the three DR programs offered by NYISO, 
EDRP has the most significant enrollment by SC-3A customers (38%). Survey 
respondents were 30-40% more likely to enroll in EDRP and ICAP/SCR programs than 
the study population. Thus, survey respondents may be somewhat more interested in or 
willing to curtail load in response to ISO system emergencies than the study population 
as a whole.  
 
While the comparisons above do not rule out the possibility of response bias, overall, the 
differences between survey respondents and the study population do not appear to be 
dramatic. As a whole, the sample respondents match the population moderately well in 
terms of basic firm characteristics and customer choices.71  
 
4.1.2 Position of Survey Respondents 

NMPC provided us, from their account records, with the key account contact person for 
each customer facility or the individual responsible for making decisions about energy 
within each organization. We asked survey respondents to indicate their title or position 
in order to better understand the position and responsibilities of these individuals within 
their organization. As shown in Figure 4-2, 51% of the respondents were energy or 
facility managers (N=53), and another 34% indicated “other” positions, mainly plant- or 
energy-related engineering or directorship titles.  
 
Figure 4-2. Position of Individuals Answering Survey 
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71 Nevertheless, survey respondents are by definition “special”, having self-selected themselves into the 
respondent pool. There is no statistical resolution to these issues, which should be kept in mind when 
reflecting on the relevance of extrapolating results from the surveyed customers relative to the NMPC SC-
3A customer class as a whole (or to potential RTP customers in other states). 
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4.1.3 Characteristics of Firms and Organizations 

In this section, we look in greater detail at customers’ facility, business, and electric 
usage characteristics based on survey results. We identify a number of customer 
attributes that might influence their choices regarding commodity suppliers, interest in 
hedging against price volatility, and participation in DR programs.  
 
The delivery voltage levels of survey respondents are shown in Figure 4-3. The industrial 
customers in our survey tend to take power at higher voltage levels than 
government/education and commercial customers.  
 
Figure 4-3. Delivery Voltage Level of Survey Respondents by Type of Business  
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We asked survey participants to estimate the share of their facilities’ total annual 
operating costs made up of electricity expenses.72 The median response was 7-10%, 
although 18% of respondents indicated that electricity costs account for more than 20% 
of their facilities’ total annual operating costs (see Figure 4-4). Overall, the respondents 
report higher values than expected, although we observe the full range of responses 
among the three customer business types. Other research on large customers in New York 
State also reveals quite high answers to a similar question (Neenan et al, 2003).73 
Whether or not the question was answered or interpreted correctly, the observed 
responses do reveal that the perception of the individuals responsible for making 

                                                 
72 Respondents were asked to choose from the following options: less than 1%, 1-3%, 4-6%, 7-10%, 11-
20%, greater than 20%, and “don’t know”. 
73 Neenan et al (2003), in a survey of large customers in New York state, asked virtually the same question 
(though different responses were offered, the largest being >10%) and found a wide variation in electricity 
costs, with a median response of 5% and 25% of responses greater than 10%. It could be that some 
respondents answer relative to the facility energy bill with which they are familiar, rather than total 
operating costs. 
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decisions about electricity is that these costs are significant. It is reasonable to expect that 
this perception might impact their choices. 
 
Figure 4-4. Importance of Electricity Expenditures on Facility Operating Expenses 
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We asked customers to indicate how much their electricity usage fluctuates, due to hot 
weather, in percentage terms relative to an “average summer day”(see Figure 4-5). 
Commercial customers in particular appear to be quite temperature sensitive – 73% 
indicated fluctuations greater than 7%. This is not surprising as commercial facility loads 
tend to be dominated by space conditioning. Government/education sector respondents 
also indicated relatively high temperature sensitivity – 44% indicated fluctuations greater 
than 7%. Industrial facility respondents’ loads appear relatively insensitive to temperature 
changes (only 30% with fluctuations >7%), reflecting the predominance of process-
driven electric loads.74  
 
We also asked about customers’ load profiles. We asked them to rank electricity usage 
from highest to lowest during four time periods: morning (8am to 12pm), afternoon 
(12pm to 5pm), evening (5pm to 10pm), and night (10pm to 8am).75 Figure 4-6 plots the 
time of day assigned highest usage by each customer.76 Not surprisingly, we see that the 
majority of customers report peak usage during the day, and that morning and afternoon 
usage is of roughly equal importance. A few customers from each of the three business 
types also have high demand in the early evening hours. Interestingly, six customers, 

                                                 
74 These results match those of a recent survey conducted by the New England ISO (2003). 
75 Another way of looking at customer load profiles is to compute their load factor from the billing data 
available. We did this for the survey respondents, using 2002 yearly peak demand and total yearly 
volumetric usage, and found that 87% of the 53 survey respondents had load factors less than 70%. Of 
those with load factors higher than 70%, about two-thirds were industrial customers. 
76 Note that while 48 customers answered this question, five customers indicated more than one period as 
highest usage (morning and afternoon), and so appear more than once in the graph. 
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almost all industrial loads, report that their peak usage occurs at night (10pm to 8am). 
This may be a response to the TOU rate structure in effect for SC-3A customers from 
1982 to 1998. 
 
Figure 4-5. Temperature Sensitivity by Business Type 

N = 37

0

2

4

6

8

10

12

< 2% 3% - 6% 7% - 10% > 10% Don't Know
Perecent Change in Electricity Usage on a Hot Day

N
um

be
r o

f R
es

po
nd

en
ts

Commercial 
Government/Education 
Industrial 

 
 
Figure 4-6. Time of Day of Highest Electricity Use 
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We also asked about seasonal trends in electricity usage. About 54% of respondents 
reported higher usage in one or more of the summer months (June through September), 
and 35% of respondents have higher usage during the winter months (December through 
March). Almost one third of respondents (31%) indicated no seasonality to their electric 
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usage whatsoever. Of these, only half are industrial customers, whom we expect would 
be most likely to have limited seasonality to their loads.  
 
The number of daily work or production shifts operated by respondents’ facilities is 
summarized in Figure 4-7. Somewhat contrary to expectations, there are as many non-
industrial customers with two or three shifts as industrial customers, although there are 
proportionally more industrial facilities with multiple shifts (90% vs. 67% for 
commercial customers and 75% for government/education). Few industrial facilities 
operate just one shift. Not surprisingly, we observe a relationship between the number of 
production shifts and load profile. One- and two-shift facilities tend to indicate morning 
or afternoon peak usage, while virtually all facilities with evening or night peaks operate 
three shifts. Not all three-shift facilities do so, however – afternoon is the most common 
peak period for these facilities.77  
 
Figure 4-7. Number of Daily Work Shifts by Business Type 
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Finally, we asked customers whether their operations included batch production 
processes. Such customers may have more opportunities to re-schedule their production 
processes and shift the associated loads away from high-priced periods. Not surprisingly, 
virtually all of the non-industrial customers answered “no” for this question. In contrast, 
about 50% of the 19 industrial customers that responded indicated that their operations do 
include batch processes.  
 

                                                 
77 Examining production shifts and computed load factors, we find that the majority of customers with load 
factors greater than 70% have three-shift operations.  
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4.2 How Have Customers Responded to RTP as the Default Service Tariff? 

4.2.1 Customer Satisfaction with the SC-3A Tariff 

We asked two questions about customers’ satisfaction with the SC-3A tariff as it was 
redesigned in 1998. In the first, we asked them simply to rate their satisfaction on a scale 
of 1 to 5, with 1 meaning “completely dissatisfied” and 5 “completely satisfied”. 
Customers appear moderately satisfied with the redesigned tariff – the average response 
is 3.19 for the 48 customers that responded (see Figure 4-8 for the distribution of 
responses). 
 
Figure 4-8. Customer Satisfaction with the 1998 Redesign of the SC-3A Tariff 

N = 48

0

5

10

15

20

25

30

1 2 3 4 5

N
um

be
r o

f R
es

po
nd

en
ts

Completely
Dissatisfied

Completely
Satisfied

 
 
We also asked customers to indicate which aspect of the redesigned SC-3A tariff could 
have been improved. We provided them with a list of potential responses, including 
options to specify an attribute not on the list or to indicate that no aspects displeased 
them, and asked that they select only one answer to this question. Table 4-2 displays the 
options offered in this question along with customers’ responses.  
 
No one issue stands out among survey respondents as a major area of improvement. The 
most commonly cited issue was lack of information (16%), not an attribute of the tariff 
per se, but a criticism of the process. About a third of the respondents indicated that they 
had no major issues with the SC-3A tariff design at all. 
 
These results suggest that customers are satisfied with the tariff itself. Our in-depth 
interviews shed some light on the reasons for this response – customers tended to express 
greater disappointment with the lack of development of the retail market than with the 
tariff design. Thus, while customers may not be completely satisfied with the choices 
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available to them, they do not appear to explicitly identify major problems or issues with 
the SC-3A tariff or blame NMPC for shortcomings in the retail market. 
 
Table 4-2. Primary Issue with 1998 SC-3A Rate Redesign 

Issue Percent of Responses 
(N=51) 

Fixed-rate option should not have been a “take-or-pay” 
contract 

14% 

Fixed-rate option should have allowed for a proportion of 
demand to be nominated, not a fixed MW value 

6% 

More information should have been provided up front to 
assist my firm in making a better, more informed decision 

16% 

TOU-style demand charge should be removed 10% 
The variable rate option (Option 1) should have covered 
only changes in electricity usage relative to a baseline 
level of load 

14% 

Other (please explain) 6% 
None 35% 

 
4.2.2 Preparation and Information Availability 

In the survey, we asked six questions about customers’ preparedness and information 
availability prior to the 1998 transition. We hypothesized that customers’ perception of 
the amount of information received on retail service choices and forecasted prices, as 
well as their own level of experience, would influence the supply and hedging choices 
they made and their willingness to make these choices. Each question asked for a rating 
on a scale of 1 to 5, with 1 being the lowest (no information, totally unprepared, etc.), and 
5 being the highest (complete information, fully prepared, etc.). The questions and 
responses are summarized in Table 4-3.  
 
Table 4-3. Information Availability and Customer Preparation for Retail 
Competition in 1998 

Question Number of 
Responses 

Average Response  
(1-5) 

Preparedness to make the choice to nominate load for 
Option 2 

51 2.73 

Information on forecasted energy prices for the period 
1998-2003 

52 3.02 

Familiarity with commodity hedging methods and 
products 

52 2.42 

Information on opportunities for procuring hedging 
arrangements from an entity other than Niagara 
Mohawk 

52 2.48 

Experience shopping for alternative electric commodity 
suppliers 

51 2.02 

Information on opportunities for procuring electric 
commodity from alternative suppliers 

51 2.78 
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These results suggest that overall customers felt they had inadequate information, with 
the exception of information on price forecasts. Customers rated themselves as having 
particularly little experience shopping for competitive suppliers of electric commodity 
(average value of only 2.02). 
 
We also computed a “preparedness” metric by averaging each customer’s numeric 
responses across all six questions. Figure 4-9 shows the distribution of results. 
Approximately 69% of respondents rated themselves relatively unprepared, as defined by 
an average response less than three. These results suggest that customers would have 
regarded additional information and/or training on issues and opportunities associated 
with opening retail electric markets to competition (e.g., hedging methods and products, 
procuring power from non-utility providers, market price forecasts) as helpful.  
 
Figure 4-9. Customer Preparedness in 1998 for the Transition to Retail Competition 
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4.2.3 Price Response Capability 

A major focus of this study is to evaluate the price response of SC-3A customers so as to 
better understand the demand response potential of RTP. We asked questions in the 
customer survey and in-depth interviews that get at customers’ perceived willingness and 
capability to respond to varying and high prices. Through these questions, we explore 
factors that constrain customers’ ability to respond, customers’ assessment of their 
demand flexibility, and linkages between prior and recent investments in load 
management technologies and the ability of loads to be price responsive.78

 

                                                 
78 In Chapter 6, we estimate price response empirically using econometric models that incorporate customer 
billing data and various conditioning variables related to customer characteristics. 
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We first asked customers to characterize in general terms their current curtailment 
capability – whether they can shift load from one time period to another, forego 
electricity usage in certain periods (without making it up at another time), do both, or are 
unable to curtail at all. Over half (54%) of the 52 respondents claim that they are unable 
to curtail load (see Figure 4-10).79 Of the 24 customers that responded positively, about 
two-thirds indicate that they are only able to respond by foregoing electricity usage, 
rather than shifting usage to other times. Some industrial customers report that they can 
utilize both strategies. Overall, institutional customer respondents were far more likely to 
indicate some type of response capability compared to other business types (62% versus 
40% for industrials and 30% for commercial customers).  
 

Price Response: Why Not? 
 
In the customer survey, 54% of the customers indicated that they could not curtail or shift load in 
response to high prices. We probed this issue in our in-depth interviews in an attempt to identify and 
explore barriers to demand responsiveness, as stated by customers, and grouped their responses into four 
general categories. 
  
Schedules are not adjustable: 

• Our industrial processes cannot be adjusted on short order, either because of the nature of the 
processes or supply-chain considerations (e.g., industrial customers that utilize time-sensitive 
inputs or tightly scheduled delivery promises with little storage capability). 

• Providing reliable and consistent service to our customers is our utmost priority (e.g., utilities, 
landlords, and some commercial institutions).  

• We cannot adjust labor inputs without paying a penalty (e.g., union shops). 
 
Savings would be insufficient:  

• The adjustable portion of our load, and/or the importance of the commodity portion of our 
electric bill relative to total electricity costs, is too low to make the benefit worth the costs. 

• Worker complaints render regular exercise of curtailments of lighting, cooling, etc. loads 
unattractive.  

 
No time, no interest, skepticism, and frustration: 

• We don’t have staff available to attend to monitoring prices or to managing daily load when 
prices would dictate that we do so. 

• We want to focus on our core business, not on energy management.  
• Even if we figured out a way to reduce costs, a new charge or other change would erase these 

savings. We don’t trust this situation. 
• We’re frustrated by regulations that prevent us from making technically superior business 

decisions, such as using cogeneration or combining across accounts. 
 
Interest, but insufficiently prepared: 

• We would like to be responsive, but we have not figured out how. 

 
In a related question, we also asked survey respondents about specific actions undertaken 
at their facilities to reduce electricity usage in response to high prices over the past five 
years. We provided customers with a list of 11 potential responses, and also allowed them 
to specify actions not on the list, or no action at all. 

                                                 
79 However, many of these customers were participants in NYISO DR programs (see section 4.3.6). 
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Figure 4-10. Customers’ Appraisal of their Current Curtailment Capability 
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Table 4-4 summarizes the actions taken by the 24 customers who indicated they had 
some sort of response capability, and indicates which response capabilities and customer 
types are associated with each strategy. We find that the most common strategy (N=17) is 
relatively “low tech” – asking building occupants to voluntarily reduce usage. Other 
common strategies (cited by more than 10 customers) include reducing air conditioning 
or lighting energy use.  
 
Table 4-4. Actions Taken in Response to High Electricity Prices 

Response Capability Business Type Actions Taken by 24 Customers with 
Response Capability 

N 
Shift Forego Both Ind. Com. Gov/ 

Edu. 
None 3  ●  ○ ○ ○ 
Started onsite/backup generation 1  ○    ○ 
Asked employees to reduce usage 17 ● ● ● ● ○ ● 
Turned off or dimmed lights 10  ● ● ● ○ ● 
Reduced/halted air conditioning 15 ○ ● ○ ○ ○ ● 
Reduced/halted refrigeration/water 
heating 

2  ○    ○ 

Reduced plug loads (e.g., office 
equipment)  

3 ○ ○    ● 

Shut down plants or buildings 3  ○ ○ ○  ○ 
Halted major production processes 2  ○ ○ ○   
Altered major production processes 4 ○ ○ ○ ○  ○ 
Shut down equipment 12 ○ ● ● ● ○ ● 
Other 7  ● ● ○  ● 
○ action indicated by one or two respondents 
● action indicated by three or more respondents 
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These responses are consistent with the indication that these customers forego usage 
rather than shift to different time periods or days. Not surprisingly, industrial customers 
indicated halting or altering major production processes or shutting down equipment. 
Only one customer reported using onsite or backup generation to respond to high prices. 
Overall, government/education and industrial customers generally reported a greater 
number of actions per facility than commercial customers. 
 

Price Response for the Customers That Said They Did: How and Why? 
 
In response to probing questions about their ability and/or willingness to curtail or shift load in response 
to high prices, about 20% of the interviewees indicated that they are price-responsive and described their 
decision-making criteria and/or approach. Of these, two facilities were educational institutions and three 
were industrial customers.  
 
The facility managers at the educational institutions indicated that they had flexibility to control/manage 
usage, particularly during holiday and summer breaks or slow periods because many buildings were 
nearly unoccupied and were thus easy targets for shedding load through centrally coordinated measures. 
The willingness to experiment and try new approaches to managing energy use (a perspective consistent 
with the academic “culture” of their educational institution) combined with support from budget-
conscious senior management also was evident in the thinking of these energy managers. 
  
One of the industrial customers had a batch process type operation. This customer indicated that they 
were sensitive to prices over a 24 hour period (rather than just 1-2 hours) and that they would curtail 
and/or shift usage for a sustained period of time (several hours to days) if prices went over their price 
threshold. Another industrial customer reported adjusting office loads in response to RTP. They indicated 
that they also curtailed process loads in response to an ISO DR system event (e.g., EDRP), but that they 
were not interested in doing so in response to RTP, given the nature of their product and the fact that any 
curtailment resulted in foregone production. The third industrial customer was quite large, consciously 
operated their facility with hourly electricity prices as a very important consideration in their scheduling 
and operations, and indicated that often had some “storage” inventory capability for their product. This 
customer had significant flexibility as to the timing of production and could shift load to off-peak hours 
but noted that if demand for their product was high or they had a tight delivery deadline to meet, they 
would not reduce electricity consumption no matter what the price.  

 
Customers were also asked if they had invested in load-management and energy-
efficiency technologies at their facilities prior to and since the introduction of default 
RTP in 1998 (see Figure 4-11). About 85% of respondents reported making investments 
prior to 1998. Energy-efficiency measures dominated these earlier investments; 95% of 
customers that made investments included energy efficient lighting, HVAC or motors in 
their upgrades, while 73% included monitoring or control measures. This reflects the 
emphasis of New York utility demand-side management (DSM) programs on promoting 
energy efficiency technologies in the early 1990s. 
 
Only 45% of respondents reported making technology investments since 1998. All of 
them included energy management control systems (EMCS), peak load management 
controls or energy information systems in their investments – technologies targeted at 
demand response rather than energy efficiency.80 Nonetheless, energy efficiency still 
                                                 
80 Such technologies, if used to full advantage, can help customers develop automated demand response 
strategies, reduce transaction costs to implement load curtailments, and minimize service or amenity losses. 
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played a prominent role in these more recent investments; such measures were adopted 
by 74% of these customers. 
 
Figure 4-11. Investments in Demand-Side Management Technologies 
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The observed shift in emphasis toward DR-enabling technologies may be attributed to 
several influences: (1) NYISO DR program marketing, (2) customer-initiated strategies 
to respond to RTP, or (3) New York State Energy Research and Development Agency 
(NYSERDA) programs that offer incentives for DR-enabling technologies. The 
NYSERDA programs are intended to enhance demand response state-wide through the 
adoption of advanced meters, EMCS, peak load management devices and energy-
efficiency measures targeted at permanent load reductions. SC-3A customers may have 
received rebates for purchasing such equipment, or may have received the equipment 
through a load aggregator. Because these programs were not explicitly targeted to RTP, 
simply owning the equipment does not necessarily confer that customers actually use it to 
respond to RTP prices, although it improves the potential for response. Indeed, customer 
interviews suggest that many SC-3A customers are not fully aware of the potential 
applications and demand reduction potential of DR enabling technologies. 
 
Nonetheless, it appears that customers’ assessment of their demand response capability is 
well correlated with investments in enabling technology made since 1998. For example, 
78% of respondents who indicated an ability to curtail load also made investments in DR 
enabling technologies such as automation systems, energy management control systems, 
and peak load management control devices since 1998. In contrast, only 25% of the 
respondents that had not made technology investments since 1998 indicated they could 
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curtail. It appears that the deployment of DR-enabling technologies is an important driver 
that facilitates customers’ perception of their curtailment capability. 81

 

Energy Efficiency as a Hedge? 
 
As part of the in-depth interviews, we explored customers’ reasons for and the decision-making process 
behind their investments in energy efficiency and load management equipment and systems made since 
1998. About 50% of these customers indicated that they had made significant investments in energy 
efficient lighting, HVAC systems, or motors and about a third reported that they were working with 
NYSERDA on projects that leveraged public benefit funds. In response to probing questions about 
whether their energy efficiency investments were linked to real-time prices, most customers indicated 
that they were not. One respondent commented, “we have been quite successful in reducing overall load 
working with the State, but not to respond to real time prices.” Two customers, who recently reverted to 
default RTP service after extended periods on fixed rates, indicated that the combination of RTP and 
concerns about future electricity prices motivated them to look for ways to adjust load shape or reduce 
overall load. These customers described reviewing various plant practices in detail and found ways to 
reduce load through changes in system operations (e.g. pump operations) and energy efficiency 
investments in variable speed drives. 

 
4.3 What Choices Have Customers Made? 

A number of important policy questions arise when considering RTP as the default 
service option in a market environment with retail competition:  
 

• To what extent does offering RTP as the default service tariff encourage 
customers to switch to competitive suppliers?  

• To what extent do customers take steps to hedge themselves against price and 
volume risk?  

• Do customers fully insulate themselves from price volatility by hedging all of 
their usage or do they hedge some portion of their load, leaving themselves 
exposed to dynamic prices on the margin? 

• What types of hedging strategies (e.g., supply contracts, financial hedges) are 
employed by which types of customers?  

• To what extent will customers who have made varying supply and hedging 
choices participate in DR programs in which they agree to curtail load when 
called or scheduled by an ISO?  

 
In this section we address these questions by examining results from our customer 
survey, in-depth interviews, and information from NMPC’s customer billing system. 
Specifically, we examine choices that customers made with respect to: (1) Option 2 
nominations, (2) migration to competitive suppliers, (3) types of competitive supply 
contracts, (4) financial hedging arrangements, (5) propensity to fully hedge, and (6) 
participation in NYISO DR programs. 
 

                                                 
81 However, as discussed in Chapter 6, DR-enabling technology adoption does not improve empirical 
estimates of price response. 
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In analyzing these choices, we employed the framework outlined in Figure 2-1 (see 
section 2.4), which identifies a variety of factors that we hypothesized could serve as 
drivers for the choices under examination. We present results from those factors that 
exhibited the strongest correlations or provided the most interesting stories. 
 
4.3.1 Option 2 Nominations 

The first choice that SC-3A customers faced during the transition to retail access was 
whether or not to nominate some or all of their load under NMPC’s flat rate offering, 
Option 2. They had to make this choice in 1998 just prior to the opening of the 
competitive retail market. As described in Chapter 3, the Option 2 contract was relatively 
inflexible; it entailed take-or-pay provisions on power that was nominated in 100% load 
factor blocks separately for on-peak and off-peak periods, for up to five years. Customers 
could specify whatever amount of power they wished in each month, subject to these 
constraints. Because wholesale and retail power markets had not yet been established, 
customers had to rely on market price projections available at the time and their own 
judgment of what competitive retail suppliers might offer in the future to make this 
decision. They also had to predict how much electricity they would use in future years. 
As discussed earlier (see section 4.2.2), the majority of survey respondents said they did 
not feel they had adequate information to make this decision. 
 
Based on information from NMPC’s customer billing database, 24 customers, or 18% of 
the target population, chose to make Option 2 nominations. This result is not surprising 
given the market uncertainties, the take-or-pay, fixed price terms of the Option 2 contract 
and the fact that customers had to “opt-in” for Option 2. NMPC provided usage data for 
23 of these 24 customers, which allows us to examine how their Option 2 nominations 
compared to their actual usage for the period between February 2000 and August 2003.82 
This approach allows us to address, with the benefit of hindsight, the actual outcome of 
customers’ decisions to nominate load on Option 2.83

 
We are particularly interested in exploring two issues for this group of customers:  
 
• To what extent did they insulate themselves from price volatility by hedging some or 

all of their usage on the Option 2 contract? 
• How successful were they in forecasting their on-peak electricity requirements over a 

multi-year period? Did they avoid paying for electricity that they did not use? 
 
To illustrate how we analyzed these issues, consider Figure 4-12, in which a hypothetical 
customer’s Option 2 nominations are contrasted against actual usage on a particular day. 
The area under the “Actual Load” curve is the total daily energy usage (in kWh) used by 
the customer. The area under the dashed line is the energy usage committed under the 
Option 2 contract. In this case, the customer nominated 1 MW in the off-peak period, and 
1.5 MW during peak hours.  
                                                 
82 Note that some Option 2 customers did not nominate load for the entire period. 
83 However, we cannot infer that these outcomes were exactly as intended by customers at the time the 
decision was made. 

 50



 

 
For this analysis, we examine peak usage only, as this is when we expect to see the 
greatest price variation. The customer’s actual usage is divided into two portions: that 
which is covered by the Option 2 contract (area X in Figure 4-12), and excess usage not 
covered by the Option 2 contract (Y). A third area (Z) indicates load that was nominated 
and must be paid for under the take-or-pay provisions of the Option 2 contract, but that 
the customer did not use.  
 
Figure 4-12. Option 2 Nominations and Actual Usage for a Hypothetical Customer 

0

500

1000

1500

2000

2500

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24
Time of Day

Lo
ad

 (k
W

)

Actual Load

Option 2 Contract Unused Energy
under Contract

Z

X

Y

 
 
We defined two metrics to analyze the issues introduced above. 
 
1. Percent of on-peak usage in excess of Option 2 on-peak nomination:  
 

= Y / (X + Y) 
 

This measure quantifies the proportion of the customer’s actual usage that was not 
covered by Option 2 nominations during the on-peak period.84 This excess usage could 
either be priced at the hourly day-ahead market price under Option 1 or customers could 
contract with competitive suppliers on terms that they negotiated.  

 
Figure 4-13 shows the distribution of customers according to this metric – the proportion 
of their on-peak usage in excess of their Option 2 nominations. The median value for the 
16 customers analyzed is 39% and the load-weighted mean value is 41%. These results 
suggest that most of these 23 customers did not try to fully hedge price risk. Instead, they 
hedged about 60% of their on-peak usage at the Option 2 fixed price, with about 40% of 
                                                 
84 We also compared customer’s actual usage during off-peak periods to their off-peak nominations. Of the 
24 customers, 6 customers did not nominate any load during the off-peak period, and thus faced day-ahead 
market prices during this period (or may have contracted with a competitive supplier for a flat-rate 
product), while 18 customers made nominations during the off-peak period. 
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the on-peak usage either priced at the day-ahead market price (Option 1) or covered by an 
alternative supply contract.  
 
Figure 4-13. On-Peak Usage Relative to Option 2 Nominations 
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2. Percent of nominated on-peak load actually used during the on-peak period: 
 

= X / (X + Z) 
 

This measure quantifies the amount of Option 2-nominated on-peak electricity that was 
unused but had to be paid for under the terms of the contract. If a customer used all of its 
Option 2 nominated load (if the actual load line were at or above the nomination line for 
all on-peak hours) then the value of this metric would be 100%. 
 
In aggregate, the 23 customers’ actual usage was about 94% of their total nominated on-
peak load over the time period examined. Only three customers’ actual usage was 
significantly less than their on-peak nominations (one customer used only 27% while the 
other two used 58% and 80%), and actual usage for 14 of the customers was 100% of 
their nominated load or greater. Thus, very few customers were penalized financially 
because of the take-or-pay provisions of the Option 2 contract, despite the economic 
slowdown of the last few years. Customers appear to have addressed this risk by being 
conservative in committing to their forecasted on-peak power needs. 
 
4.3.2 Supplier Choice 

The second major choice that SC-3A customers faced was whether or not to switch to a 
competitive supplier. When the retail market in New York opened in 1998, all major 
parties involved in the restructuring settlement agreements expected that retail suppliers 
would enter the market and offer large customers a broad array of products and services 
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that would be attractive alternatives to RTP. After five years, evidence from our study 
suggests that the market for retail electric supply in New York has been somewhat 
disappointing, both in terms of the number and types of active suppliers (termed ESCos 
in New York) and the limited range of products offered.  
 
In the next two sections, we explore two aspects of customers’ competitive supply 
choices: whether or not they switched to a competitive supplier and, for those that 
switched, what types of contractual arrangements were made (e.g., fixed rate contracts, 
contracts that indexed prices to wholesale markets). 
 

Retail Choice: The Market and its Evolution from the Perspective of Customers 
 
As part of our in-depth interviews with customers, we explored their decision-making process and 
experiences with retail suppliers since 1998, focusing on their preferred types of supply arrangements, 
the choices that they have been offered and their overall assessment and satisfaction with the competitive 
retail market. Based on responses, we grouped the comments from the 29 interviewees into six general 
categories: (1) satisfied with retail market experience and suppliers (or utility tariff that they selected), 
(2) ESCos have not actively marketed them or are not interested in serving their load, (3) dissatisfied 
with the types and pricing of supply offers, (4) haven’t really shopped for a competitive supplier and 
have stayed with NMPC, (5) institutional barriers to accessing retail market, and (6) don’t now or 
commodity supply decisions made elsewhere (e.g. headquarters).  
 
In some cases, we assigned customers’ responses to more than one category, typically in situations where 
there was a significant change in their experiences with suppliers (e.g., satisfied with contracts in first 
several years, but recent offers were not attractive) or because they expressed frustration with both the 
type and pricing of offers as well as the overall state and competitiveness of the retail market (e.g. few 
suppliers, not being marketed, few or no offers). 
 
Customer Assessment of Experiences with Retail Market and Suppliers 

Category Number of 
Responses 

(1) Satisfied with retail market experience (or utility tariff) 13 (+4) 
(2) Dissatisfied – few or no supply offers from ESCos 6 
(3) Dissatisfied – type and pricing of supply offers 9 
(4) Not active - haven’t shopped or just stayed with NMPC 2 
(5) Institutional barriers within their organization to accessing retail 
market 

2 

(6) Don’t know or decision made elsewhere 2 
 
Customers in category (1) are primarily large industrial customers with flat loads or institutional sector 
customers that have successfully aggregated their loads. Overall, these customers seemed happy with 
their deals and in some cases had moved easily from one supplier or hedge product to another. In 
addition to the 13 customers that were relatively satisfied with their retail market experience, another 
four customers indicated that they were satisfied with their supply choice of remaining on default RTP 
tariff (Option 1) or selecting Option 2.  
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Six customers expressed dissatisfaction with the competitiveness or robustness of the retail market. 
Several interviewees said that no supplier was interested in serving their load, attributing this lack of 
interest either to their relatively small load or the nature of their load shape. These customers tended to be 
smaller institutions, hospitality, or seasonal industrial loads. For example, one interviewee mentioned 
having posted their load data on the web but generated no supplier interest. A few interviewees said that 
soon after deregulation there was an abundance of competitive suppliers, a number of them making 
active offers. However, in recent years, few, if any, suppliers approached them. Several interviewees 
raised parallels between electricity market deregulation and “the breakup of AT&T.” For a commodity as 
important as electricity, some said, one wants a company one can trust, noting that this trust is not easily 
or quickly built. Two other interviewees said that they had been with a competitive supplier, but their 
supplier dropped them.  
 
Nine customers expressed dissatisfaction with the type of and/or pricing of supply contracts, particularly 
the price premiums proposed by ESCos for a fixed rate contract. Most of these customers wanted a 
supply contract that hedged their price and volume risk, but were unable to find attractively priced offers. 
One interviewee noted that suppliers had become skittish about offering long-term fixed rate contracts, 
and no longer offered low, enticing, rates like those that were available when the market opened. In 
general, the array of products available was not as diverse as some customers said they would have liked. 
Two commented that while they wanted a supplier who would offer them efficiency or load management 
services as well, they could find no convincing offers. A customer with a relatively small load 
commented that he had contacted about a dozen suppliers and had only received two “ridiculous” offers. 
 
There were also a few customers who really hadn’t tried to shop very much or who indicated that they 
were not that aware of the company’s experience with ESCos because of their job position or because 
issues related to commodity procurement were made at a central headquarters. Finally, two institutional 
customers indicated that they had received interesting, potentially attractive offers from ESCos but that 
there were significant procurement and/or contracting barriers within their organization. 
 

 
We first asked customers if they had taken service with a competitive supplier at any time 
since 1998. About 42% (of 52 survey respondents) said they had switched, 50% said they 
had stayed with NMPC, and 8% said they didn’t know. We cross-referenced these 
answers against the customer billing system information provided by NMPC and found 
that a number of customers had switched to an ESCo but did not answer the survey 
accordingly. This information reveals that 52% of survey respondents (out of 50 survey 
respondents for whom information was available) took service with an ESCo at some 
point since 1998, and 48% stayed exclusively with Niagara Mohawk. For the results that 
follow, we use this information, not the survey responses, in analyzing the characteristics 
of customers that switched to a competitive supplier versus those that stayed with NMPC 
default service.  
 
4.3.2.1 Customer Characteristics and Supplier Choice 

We find a significant relationship between customer geography and propensity to switch 
to competitive suppliers. Customers located in the Capital region were less likely to 
switch than those in other service areas (29% switched in the Capital zone vs. 61% in 
other zones) (see Figure 4-14). This result is significant at the 95% confidence level. As 
noted in Chapter 3, a transmission bottleneck between the Capital region and other 
NMPC load zones causes higher and more volatile Capital-zone prices when demand is 
high. The highest switching rates are found in the Central region, where 75% of 
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customers have taken ESCo service compared to 45% in other regions. This result is 
significant at the 90% confidence level.  
 
Figure 4-14. Supplier Choice by NMPC Load Zone 
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Survey respondents’ competitive-supply switching rates are presented by various 
customer characteristics in Table 4-5. Of the three business types, commercial customers 
were most likely to switch to a competitive supplier for electric commodity service. 
Industrial survey respondents were, surprisingly, less likely to leave NMPC than non-
industrial (commercial and government/educational) respondents – this result is 
statistically significant at a 99% level. 
 
The relative contribution of electricity costs to overall operating costs doesn’t seem to be 
a large driver for customer switching, although customers reporting electricity costs less 
than 3% of operating costs were somewhat more likely to switch. As discussed earlier, 
this may be more of an indication of the customers’ perception of these costs than their 
actual size relative to the facility’s total budget. 
 
Customers with temperature-sensitive loads tend to take supply from ESCos with higher 
frequency. Seasonality, which is covariate with temperature sensitivity, is also correlated 
with the likelihood of customer switching. Customers that reported peak electricity usage 
during the summer were more likely to choose a competitive supplier than non summer-
peaking customers (this result is significant at the 95% confidence level). 
 
Finally, we find that participants in the NYISO’s two emergency DR programs were less 
likely to switch than non-participants. This result is statistically significant at the 95% 
confidence level. 
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Table 4-5. Supplier Switching Rates by Customer Characteristics 
Customer Characteristic Number of 

Respondents 
Percent Taking 
Competitive 
Supply* 

Industrial 19 26% 
Government/education 20 60% 

Business Type 

Commercial 11 82% 
Less than 3% 11 64% 
Between 3% and 10% 12 42% 
Greater than 10% 17 59% 

Electricity 
Expenditures as 
Percent of Operating 
Costs Don’t know 8 50% 

6% or less 11 27% 
Greater than 6% 17 71% 

Percent Change in 
Electricity Usage on 
Hot Days Don’t know 7 57% 

One 8 63% 
Two 15 53% 

Number of Operating 
Shifts 

Three 19 47% 
Summer (May – September) 20 70% Season of Highest 

Electricity Use Other seasons 30 40% 
Enrolled at least once 22 32% EDRP and/or ICAP 

Enrollment  
(2001 – 2003) 

Never enrolled 28 68% 

*at any time since 1998 
 
4.3.2.2 Customers’ Revealed Preferences for ESCo vs. Utility Supply  

Having examined correlations of various factors with customer propensity to switch to a 
competitive supplier, we now estimate a revealed preference model that employs these 
factors in a statistical framework with greater predictive power. The results of this 
estimated logistic model are summarized in Table 4-6. The overall performance of this 
model is very good; three variables are globally significant at least at the 95% level and 
one at the 90% level. The very low p-value (<0.0001) for the likelihood ratio test also 
suggests an excellent fit overall.85

 
The estimated model coefficients86 (log-odds ratios) and related p-values are reported in 
the topmost table in Table 4-6. To facilitate interpretation of the results, we convert the 
log-odds ratios to odds ratios, or the relative likelihood of a customer switching to a 
competitive supplier, rather than staying with NMPC. If the odds ratio is greater than one, 
the probability of switching is greater than the probability of staying with the utility; if it 
is less than one, the customer is more likely to stay with the utility than switch. Key 
findings are as follows: 
 
• Customers located in the Capital region, a region with high transmission congestion, 

are four times less likely to switch to a competitive supplier than stay with the 
incumbent utility. This result may seem counter-intuitive in that we might expect 

                                                 
85 The very low p-value indicates that we must reject the null hypothesis that all model coefficients are 
equal to zero, meaning that at least one model coefficient is non-zero. 
86 These coefficients refer to the β′ vector described in section 2.6.1. 
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customers to switch in regions with higher, more volatile prices as a strategy to lower 
their costs. However, such conditions also make it riskier for ESCos to provide firm 
service. This, plus evidence from customer interviews about the scarcity of retail 
market offerings, suggests that this result is probably driven more by what ESCos 
offer in various regions than customer preferences per se.  

• Customers with peak electricity usage in the summer are 10.4 times more likely to 
switch to a competitive supplier than stay with utility commodity service. This 
suggests that customers with coincident loads are more inclined to seek opportunities 
to minimize their electricity costs than other customers.  

• Industrial customers are almost 9 times more likely to remain on utility commodity 
service than switch to competitive suppliers.87  

• Customers that have enrolled at least once in EDRP and/or ICAP/SCR are almost 4 
times more likely to remain on utility commodity service than switch to a competitive 
supplier.88 This may indicate complementarities between the factors that motivate 
customers to participate in these programs (e.g., good citizen factor, helping to avoid 
system emergencies) and a tendency to stay with the default utility service provider.  

 
Table 4-6. Predicting Customer Switching – Results of Revealed Preference Model 

Parameter Estimate  
(Log Odds 
Ratio) 

p-value Odds Ratio 
Point Estimate 

Intercept 1.02 0.07  
Summer Peaking 2.34 0.01 10.4 
Located in Capital region -1.38 0.12 0.25 
Industrial customers -2.22 0.01 0.11 
Enrolled at least once in EDRP and/or 
ICAP/SCR over the last three years 

-1.49 0.05 0.23 

 
Overall Model Fit 
(Likelihood Ratio Test) 
Chi-Squared 
Statistic 

24.04 

p-value <0.0001 
  
4.3.3 Types of Competitive Supply Contracts 

We are also interested in the types of supply arrangements that customers entered into 
with ESCos. In particular, an important policy question is the extent to which customers 
enter into supply contracts that hedge price risk. In the previous section, we treated 
customers as having switched if they did so for any period within the past five years.89 
However, the reality is that few arrangements have lasted the full five years; most 
competitive supply contracts have terms of one or two years. It is thus useful to obtain a 
                                                 
87 This is simply the reciprocal of 0.11, the odds of choosing a competitive supplier over staying with 
NMPC. 
88 Again, this is the reciprocal of 0.23, the odds of choosing a competitive supplier over staying with 
NMPC. 
89 We take this approach again when we examine customers’ propensity to fully hedge in section 4.3.5. 
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sense of the evolution in and popularity of various types of supply contracts between 
ESCos and customers since the retail market opened in 1998. 
 
We asked survey respondents that chose a competitive supplier to provide information on 
the types of contractual arrangement they had held in each winter and summer period 
since November 1998. Table 4-7 shows the evolution in commodity supply arrangements 
reported by these survey respondents (and those that we know remained on Option 1) 
over three illustrative time periods: winter 1998/99 (which corresponds to the opening of 
NYISO markets), summer 2001 (shortly after customers first saw day-ahead market 
prices spike to very high levels), and summer 2003 (the most recent period available).  
 
Table 4-7. Types of Electric Commodity Supply Arrangements 

Type of Supply 
Arrangement 

Winter 1998/99 Summer 2001 Summer 2003 

Flat Rate 7 3 4 
TOU Rate 6 6 6 
Volumetric Collar 2 3 1 
Price Index 2 5 9 
NMPC SC-3A (Option 1) 27 27 24 

Percent Hedged 34% 27% 25% 
Number of customers 
reporting 44 44 44 
 
Glossary of terms: 
FLAT RATE: a single rate applied to all metered kWh usage. 
TIME-OF-USE RATE: a fixed schedule that divides certain seasons and hours of the day into 
peak and off-peak periods with pre-specified rates applied to metered usage in each period. 
VOLUMETRIC COLLAR: a rate that is fixed for a specified range around a specified 
volume of electricity usage. If consumption is above or below the specified range, the excess 
or shortfall is typically settled in the real -time market. 
PRICE INDEX: a rate paid for metered usage that is derived from another price series 
(usually SC-3A Option 1 prices in this context) 
NMPC SC-3A (OPTION 1): the default RTP tariff offered by NMPC for commodity service 
 

 
The first three supply arrangements in Table 4-7 constitute fully hedged contracts – they 
completely hedge a customer against both price and volume risk (see Taxonomy of 
Supply and Financial Hedging Products below). It is clear that the proportion of these 
hedged commodity supply arrangements is declining – in 1999, 34% of the respondents 
held hedged supply contracts versus 25% by 2003. On the other hand, price indexes (in 
most cases indexed to SC-3A Option 1) appear to be increasing. In our follow-up 
interviews, many customers claimed that the only service offering now available is an 
index to SC-3A service with a small shopping credit. Initially, when the retail market 
opened, a number of ESCos offered flat or fixed-rate options that were attractively 
priced. Five years later, it appears that fewer ESCos offer such products, and those that 
still do have changed their pricing relative to products that are indexed to day-ahead 
market prices (i.e. increased risk premiums for fixed rate offers). 
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Taxonomy of Supply and Financial Hedging Products 
 
Utilities, ESCos, or other third parties may offer various products that provide hedging options to electric 
customers. These products may include utility electric service rates, alternative commodity supply 
contracts and financial hedges that are separate from the physical delivery of power.  
 
The following table summarizes the range of products and their risk profiles from a customer 
perspective. Commodity products that are indexed to wholesale electric market prices are highest risk, in 
terms of price volatility, as customers are exposed to market prices for their full load. Cap and swap type 
products provide partial hedging for price risk by limiting the portion of a customer’s load that is exposed 
to market prices. Customers can also insulate themselves from both price and volume risk with various 
products, which include traditional utility fixed-rate and time-of-use rates. 
 
We are interested in two types of hedging: (1) partial, cap and swap type hedges, which leaves customers 
exposed to market prices for their marginal usage above some pre-specified baseline, and (2) full price 
and volume risk hedges, which insulate customers completely from hourly price fluctuations and may 
dampen their incentive to respond to market prices. 
 

Risk Product 
Class 

Product Baseline or Part of 
Baseline 

Incremental 
Usage 

One-part RTP N/A Day-ahead prices HIGH Index Type 
Products Purchasing through ISO N/A Real-time prices 

Cap Day-ahead prices (risk limited) Day-ahead prices 
Collar Day-ahead prices (risk limited) Day-ahead prices 

Cap Type 
Products (for 
price risk) DR Technology Day-ahead prices (risk limited) Day-ahead prices 

Two-part RTP Hedged Day-ahead prices 
Swap Mostly hedged Day-ahead prices 
Long term supply contract Hedged Real-time prices 
Energy efficiency investments Hedged Day-ahead prices 

Swap Type 
Products (for 
price risk) 

Take-or-pay contract for part of usage Hedged Day-ahead prices 
Fixed rate contract Hedged Hedged 

 

 Time-of-use type tariff Hedged Hedged 
Volumetric collar Hedged Hedged LOW 

Hedges 
Covering 
Price and 
Volume Risk Take-or-pay contract for full usage Hedged Hedged  

 
4.3.4 Financial Hedging Options 

In addition to taking physical supply from an ESCo, SC-3A customers also had the 
opportunity to purchase financial hedging products from retailers. A major policy 
question centers on which entities should provide such products – regulated utilities, 
energy retailers, or financial services providers. In New York, the competitive retail 
market was relied upon to offer financial hedging products.  
 
We asked survey respondents to indicate what types of financial hedges they had bought, 
if any, and in what time periods (again, asking about each winter and summer period 
since the market opened). The results are presented for the 32 customers that answered 
this question in Table 4-8, for the same three time periods examined for physical supply 
contracts. It appears that market activity for financial hedging products is modest – only a 
few customers have taken financial hedges at any time since 1998, though activity is 
increasing. The number of customers exposed to RTP (those not covered by a hedged 
physical supply option) taking financial hedges has almost doubled, from 16% in winter 
1998/99 to 30% in summer 2003. This may be an indication that customers are 
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increasingly searching for alternative hedging opportunities in response to the decline in 
flat-rate ESCo supply offerings and the sunset of NMPC’s Option 2 offering.  
 
Table 4-8. Types of Financial Hedging Products 

Financial Hedge Product Type Winter 1998/99 Summer 2001 Summer 2003 
Price Collar 0 0 1 
Price Cap 0 1 2 
Financial Swaps 3 5 4 

Number of customers reporting 32 32 32 
Number of customers exposed to RTP (not 
taking hedged supply) 

19 
 

21 
 

23 
 

Percent of customers exposed to RTP that 
took a financial hedge 

16% 29% 30% 

 
Glossary of terms: 
PRICE COLLAR: The rate paid is determined by a price series that varies, but can be no higher than a 
specified cap price or lower than a specified floor price. 
PRICE CAP: The rate paid is determined by a price series that varies, but can be no higher than a 
specified cap price. 
FINANCIAL SWAP: the price is fixed for a given load profile (typically a demand block or series of 
blocks). The settlement is financial using typically day-ahead prices. Also known as a Contract for 
Differences. 
 

 
Survey respondents were asked whether they had various types of hedging products: 
price collars, price caps and financial swaps. Swaps appear to be slightly more common 
than caps or collars. Each of these product types constitute partial, price risk hedging. 
That is, customers with such products are still exposed to price risk on any marginal 
usage not covered by their hedge. This is an important feature of these products from the 
standpoint of demand response. 
 
4.3.5 Customer Propensity to Hedge Price and Volume Risk 

The previous sections have addressed trends in customer adoption of various types of 
hedging options. We examined physical supply hedging options – NMPC’s Option 2 and 
competitive supply options – as well as financial hedging products. In this section, we 
classify customers according to the degree to which they have hedged themselves and 
attempt to characterize the customers that opted to hedge according to the factors outlined 
in Figure 2-1.  
 
Three “degrees” of hedging may be assumed by customers on RTP (see Figure 4-15).90 
Customers may hedge both price and volume risk, fully insulating themselves against 
price volatility for all their electric consumption. We term this “strong” hedging and 
classify customers that took hedged supply options (flat rate, TOU and volumetric 
collars) to be “strongly hedged”. Alternatively, customers may opt for a partial hedge that 

                                                 
90 See Taxonomy of Supply and Financial Hedging Products earlier in this chapter for a discussion of the 
range of possible hedging products and their relative coverage of price and volume risk. 
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covers price risk for a bounded quantity of electricity, but that leaves them exposed to 
hourly-varying prices for any marginal usage in excess of that covered by the hedge – we 
term this “weak” hedging. The customers in our sample that chose financial hedging 
products (price caps, price collars or swaps) as well as four customers that nominated a 
portion of their usage on Option 2 fall into this category.91 Finally, customers may choose 
not to hedge at all, remaining fully exposed to hourly-varying prices for all their electric 
commodity usage.  
 
Figure 4-15. Hedging, Risk and DR Profiles of SC-3A Customers’ Supply and 
Product Options 
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We hypothesize that the degree to which customers hedge impacts the level of price 
response that can be expected (see Figure 4-15). By our definition, strongly hedged 
customers do not see RTP prices for marginal usage, because their hedging arrangements 
cover their entire loads. Because the incentive to respond is effectively removed, we 
expect these customers to be less price-responsive.92  
 
Weakly hedged customers, while protecting themselves from some of the volatility 
inherent in wholesale market-indexed prices, do see RTP signals on the margin (this is 
analogous to two-part RTP, which uses a CBL as a partial hedge). Economists argue that 
these marginal signals provide the same price-response incentives as would be seen by a 
fully un-hedged customer, because the same potential for savings exist from conservation 
during high-priced hours (see, for example, O’Sheasy, 1997; Borenstein, 2002). For our 
econometric analysis, we follow this theory and do not treat weakly hedged customers 
differently from those fully exposed to RTP. However, our interviews suggest that 
customers do not necessarily view RTP in terms of incentives – many are more 
accustomed to viewing it in terms of risk exposure. For these customers, subjecting their 
entire load to time-varying prices represents a much larger risk than would just marginal 
                                                 
91 All four customers purchased at least 10% of their usage at variable prices. 
92 We attempted to construct a “strong-hedging” variable for use in our demand models (Chapter 6), but the 
variable did not contribute to explaining variations in customers’ price response.  
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usage, which may lend these customers to pay greater attention to high prices. Thus, it is 
reasonable to consider that the actual level of price-responsiveness exhibited by weakly 
hedged customers may be lower than for those that are completely un-hedged. Further 
research is needed to determine if this is indeed the case. 
 

Customer Choice: On RTP, but not Responsive 
 
Why did some customers who reported having little interest in adjusting load in response to price choose 
to remain on RTP rates? We asked several questions in our interviews that explored customers’ survey 
responses in more depth for those customers that chose to remain on RTP who also indicated that they 
were unable to curtail load and/or hadn’t taken any actions to reduce electricity usage in response to high 
prices. A number of themes emerged in their responses. 
  

• First, several customers indicated that in October 1998 when they had to choose initially among 
the NMPC tariff options and/or switching to an ESCo, it was unclear to them how the market 
would unfold. Moreover, at the time, they didn’t have the time or resources to assess Option 2 
or search out ESCo offers and so were placed by NMPC on the default RTP tariff. In effect, 
they chose not to choose.  

• Second, other customers indicated that some or all of their load had been on Option 2 and/or an 
ESCo contract but these options had now expired, leaving them back on RTP default service 
tariff. Some of these customers stated that they didn’t expect to remain on the default RTP 
service indefinitely. Instead, they saw it as a transitional phase while they sought superior 
options (RTP as “holding ground”).  

• Third, a few customers commented that SC-3A Option 1 prices are “just the price of electricity.” 
These customers don’t interpret time-varying rates as an implicit call to adjust their usage. Such 
customers said that they review their bill only at the end of the month and don’t look at hourly 
prices.  

• Fourth, a few institutional sector energy managers noted that it was risky and/or difficult to take 
supply options other than the default RTP service, since doing so would require substantial 
effort and time on their part in order to get elected bodies to approve competitive solicitations or 
awards. 

 
All of these comments point to the possibility that the fact that RTP is the default service may explain 
why customers that are un-hedged also indicate that they are not capable of or interested in demand 
response. 

 
4.3.5.1 Characteristics of Customers that Chose to Strongly Hedge 

Policymakers are interested in knowing which types of customers are likely to adopt 
various levels of hedging. For the 44 survey respondents that provided sufficient 
information to be classified, we determined that 17 (39%) were strongly hedged at some 
time since 1998, according to our definition.93 Table 4-9 shows the distribution of 
strongly hedged customers (versus non-strongly hedged ones) according to several 
customer characteristics.  
 
We find that more than half of government/education customers were strongly hedged, 
compared to less than a quarter of industrial customers. 

                                                 
93 Our sample of weakly hedged customers was very small – thus we grouped them along with fully un-
hedged customers into a “not strongly hedged” category.  
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Table 4-9. Strong Hedging Propensity by Customer Characteristics 
Customer Characteristic Number of 

respondents 
Percent Taking a 
Strong Hedge* 

Industrial 18 22% 
Government/education 18 55% 

Business Type 

Commercial 8 38% 
Summer (May – September) 18 50% Season of Highest 

Electricity Use Other Seasons 26 31% 
Less than 3% 10 60% 
Between 3% and 10% 13 54% 
Greater than 10% 12 25% 

Electricity Expenditures 
as Percent of Operating 
Cost 

Don’t Know 7 14% 
Investments made 22 50% Technology 

Investments Since 1998 No Investment 22 27% 
Enrolled at least once 18 27% EDRP Enrollment  

(2001 – 2003) Never Enrolled 26 46% 
Enrolled at least once 6 0% ICAP/SCR Enrollment  

(2001 – 2003) Never Enrolled 38 45% 
*at any time since 1998 
 
Almost all of the strongly hedged customers (15 of 17) indicated that their peak 
electricity usage occurs in the daytime (morning, afternoon or both). Respondents that 
indicated summer-peaking loads were more likely to strongly hedge than customers with 
peak usage at other times of year.  
 
All but one of the strongly hedged customers operates more than one production shift per 
day. Approximately half (47%) of the customers with more than one daily production 
shift were strongly hedged, versus only one out of seven single-shift customers.  
 
Surprisingly, customers with lower electricity intensity were more likely to take a strong 
hedge than customers for whom electricity makes up a higher share of operating costs. Of 
the 17 strongly hedged respondents, 13 indicated electricity expenditures less than 10% 
of total operating costs. 
 
Customers that installed DR-enabling technologies after 1998 are more inclined to 
strongly hedge than those that didn’t. Finally, facilities that have participated in either 
EDRP or ICAP are less likely to fully hedge than those who did 
 
4.3.5.2 Customers’ Revealed Preferences for Strongly Hedging 

We estimated a revealed preference model to explore in greater depth the factors that 
contribute to customers’ propensity to strongly hedge. The results of the logistic model 
are summarized in Table 4-10. The overall performance of this model is good; all 
variables are globally significant at the 6% level. The low p-value (0.0041) for the 
likelihood ratio test also suggests a very good fit overall.  
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The estimated model coefficients94 (log-odds ratios) are reported in the topmost table in 
Table 4-10. As before, we convert the log-odds ratios to odds ratios to interpret results – 
an odds ratio greater than one indicates that the probability of strongly hedging is greater 
than the probability of not strongly hedging. Key findings include: 
 
• Government/education customers are six times more likely to strongly hedge than 

other customers. Our customer interviews reveal that in several cases this is due to 
several such customers pooling their loads to buy an aggregated, fully hedged electric 
commodity contract. 

• Customers that indicated electricity expenditures less than 10% of their total 
operating costs are 10 times more likely to strongly hedge than those indicating 
higher electricity costs.95  

• Customers that invested in DR-enabling technologies since 1998 are six times more 
likely to strongly hedge than those that didn’t. While somewhat counterintuitive, this 
result may imply that customers who received equipment did so for reasons other 
than responding to RTP (e.g., to assist in responding to NYISO DR programs, or to 
identify inefficiencies in building operations). 

 
Table 4-10. Predicting Strong Hedging – Results of Revealed Preference Model 

Parameter Estimate  
(Log Odds 
Ratio) 

p-value Odds Ratio 
Point 
Estimate 

Intercept -0.96 0.13  
Government/education customers 1.98 0.05 5.9 
Electricity expenditures >10% of total 
operating costs 

-1.95 0.06 0.1 

Invested in DR technologies after 1998 1.79 0.06 6.0 
 

Overall Model Fit (Likelihood 
Ratio Test) 
Chi-Squared 
Statistic 

13.26 

p-value >0.0041 
 
To conclude, we find that some of the factors that describe the SC-3A customers that 
chose to fully insulate themselves from price volatility are intuitive – they tend to be day-
peaking, largely institutional sector customers with multiple shifts that face somewhat 
higher costs than other survey respondents. A number of customer-specific characteristics 
likely interact to influence how a customer makes the complex decision to invest in a 
fully hedged product. However, one must also consider the context in which these 
decisions were made. Our in-depth interviews shed some light on this question. The 
majority of customers indicated that they would prefer to be fully hedged but that 
competitive retailers were not offering fully hedged products or the offers received were 

                                                 
94 These coefficients refer to the β′ vector described in section 2.6.1. 
95 This is simply the reciprocal of 0.1, which indicates the chances of customers with higher than 10% 
electricity expenditures of choosing a strong hedge. 

 64



 

unattractive due to high risk premiums. Thus, to extend these results to other jurisdictions 
it is important to bear in mind that the observed rates of hedging in New York may be 
lower than would be the case in places with a wider, more attractive range of hedging 
product options. 
 
4.3.6 NYISO DR Program Participation 

During the last three years, NMPC SC-3A customers have had the option of participating 
in one or more of the NYISO DR programs. Statewide, participation in the two 
emergency programs, EDRP and ICAP/SCR, has been quite strong, while the economic 
program, DADRP, has seen limited enrollment (see section 3.7) and low bid activity. A 
similar trend is observed for NMPC SC-3A customers. Of the study population of 149 
accounts, only one is enrolled in DADRP, while ICAP/SCR and EDRP have seen modest 
to fairly sizeable enrollment (see section 4.1.1). In this section, we explore the 
characteristics of survey respondents that participated in the emergency type programs, 
EDRP and ICAP.  
 

Emergency DR Programs vs. RTP 
 
About 38% of survey respondents indicated that they were enrolled in the NYISO emergency DR 
programs – primarily EDRP but several enrolled in ICAP/SCR. As part of our in-depth interviews, we 
asked probing questions about participation in NYISO DR programs. A number of customers offered 
answers which provide insights into the issue of why firms that are willing to curtail load in response to 
declared EDRP events with two hours notice would not be willing to do so in response to day-ahead 
hourly pricing signals.  
 

• “We’ll respond when asked, otherwise we’re not watching.” 
• “We respond because it benefits the community, as well as having some advantage to our 

financial bottom line.” 
• “EDRP payments make it worth our while, so we do it when we can, but RTP prices are not 

high enough.” 
• “We can adjust our load from time to time, based on special arrangements between management 

and facilities, or between one plant and another, or based on the goodwill of workers who 
understand the short-term need to conserve in order to prevent blackouts, but we’re not 
interested in making a regular, profit-oriented, practice out of it.” 

 
These responses suggest that an additional share of the customer base is willing to curtail and/or shift 
load relatively infrequently in situations where they are reacting to an “emergency” situation that is 
defined by a grid operator or governmental entity and for which they are paid higher prices (e.g., 
$500/MWh floor payments). They also suggest that the differential willingness to respond is not solely a 
function of the difference in RTP prices observed by customers during high price periods (e.g., $150-
250/MWh) and EDRP payment levels ($500/MWh), but may also reflect “good citizen” motivations.  

 
Figure 4-16 shows the participation of NMPC survey respondents in EDRP and ICAP by 
business type. We considered each customer a program participant if they enrolled for at 
least one year. Accounting for multiple program participation, slightly more than half 
(57%) of industrial customers in our sample participated in at least one emergency DR 
program (EDRP or ICAP/SCR). In contrast, government/education customers showed 
slightly less program participation (48%) and this exclusively in EDRP. Participation by 
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commercial customers in any program is extremely low – only one customer in our 
sample was enrolled, in EDRP.  
 
Figure 4-16. Participation of Survey Respondents in NYISO Emergency Programs 
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There are some regional differences in NYISO emergency program participation among 
survey respondents. Participation rates in the Central and Frontier regions have been 
lower than other NYISO pricing zones (23% versus 58%) (see Figure 4-17). 
 
Figure 4-17. Regional Variations in NYISO Emergency Program Enrollment 

N = 53

0

2

4

6

8

10

12

14

16

18

Capital Central Frontier Mohawk
Valley

Northeast Northern Western 

NYISO Load Zone

N
um

be
r o

f R
es

po
nd

en
ts

Neither 
ICAP Only 
EDRP Only 
Both ICAP & EDRP 

 
 

 66



 

Not surprisingly, a rather strong correlation is observed between stated price response 
capability and program enrollment (see Figure 4-18). 58% of customers who reported an 
ability to curtail load were enrolled in emergency DR programs. Interestingly, almost 
30% of the 28 customers that indicated that they were unable to curtail load were enrolled 
in NYISO DR programs, and two-thirds of them received payments for load curtailments 
during events. This suggests that some customers make an important distinction. To 
them, price response is defined by adjusting hourly usage to SC-3A prices, while 
curtailing load during a NYISO program event is associated with keeping the electric 
system secure. The former is considered a business decision undertaken explicitly to 
avoid high prices, while the latter imparts an intangible but important public service 
benefit in addition to the payment received. Thus, customers may respond to incentives to 
curtail on very short notice (two hours for EDRP), but may not exhibit the same response, 
even to a similar price incentive, when it is posted as the day-ahead SC-3A commodity 
rate. Our empirical price response results also support this distinction, at least for some 
industrial customers.  
 
Figure 4-18. Emergency Program Enrollment by Stated Price Response Capability 
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We examined the relationship of DR-enabling technologies with EDRP and ICAP 
participation, and found that customers with such technologies installed were more likely 
to participate, but only slightly so (45% versus 35%). We also find that customers that 
chose a competitive supplier were more likely to be enrolled in a NYISO emergency 
program – 53% of ESCo customers have enrolled versus 39% of NMPC customers (see 
Figure 4-19). Many ESCos are active in enrolling customers into the NYISO programs, 
in part as a way to deliver greater savings over what they can offer for commodity 
service. 
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Figure 4-19. Emergency Program Participation by Choice of Supplier 
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In summary, we observe that the participants in NYISO emergency programs in our 
sample are almost exclusively non-commercial, with strong participation in EDRP by 
government/education and industrial customers. The ICAP/SCR participants were 
exclusively industrial customers.
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5. Customer Preferences for Hedging Products  

In this chapter, we explore customers’ stated preferences for hedging products that vary 
in how much price variation they are exposed to and the hedging premium that they must 
pay. To address this issue, customers were asked to complete a conjoint survey as part of 
the written survey. Respondents were offered a series of hypothetical hedging contracts 
from which they could indicate the ones most preferred.96 Customers were required to 
choose many times amongst products differentiated by the levels of their included 
features. The resulting range of responses makes it possible to derive a statistical 
representation of the tradeoffs between product features, as well as between levels within 
these features. This allows us to expand our understanding of customers’ preferences for 
hedging products beyond what was actually offered in the New York market – and may 
assist policymakers and retail suppliers in designing products with features that are 
attractive to customers. 
 
5.1 Empirical Specification 

In this portion of the survey, customers were given a characterization of their decision 
environment: a forecast of average day-ahead hourly electricity prices for the next year 
(~5.7 cents/kWh) and several plots that showed the expected hourly variation in prices. 
They were then asked to choose among hedge contracts that included a range of values 
for five different features (see Table 5-1) or the SC-3A unhedged alternative.  
 
Table 5-1. Hedging Product Features 

Feature Description Range 
Nominated Load The percentage of maximum peak 

demand covered by the hedge contract  
• 25% 
• 50% 
• 75% 
• 100% 

Covered Hours The hours of the weekday covered by 
hedge contract 

• 6AM-10PM 
• 6AM-Noon 
• Noon-6PM 
• Noon-10PM 

Covered Months The months of the year covered by 
hedge contract 

• Jun-Aug 
• Dec-Feb 
• Jun-Aug & Dec-Feb 
• All Year 

Hedge Method The type of pricing method used in 
hedge contract 

• Capped Price 
• Average Price 

Hedge Price The price at which the electric 
commodity is purchased (¢/kWh) and 
the total cost of the hedge in terms of 
the percent of the monthly SC-3A 
electricity bill (@ X%) 

• 6¢ @ 15%  
• 7¢ @ 10% 
• 8¢ @ 5% 
• 9¢ @ 3% 

 

                                                 
96 The conjoint survey questions are included in Appendix B, following Question 55. 
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The variable levels were chosen to reflect the range of likely values customers would 
encounter in the market.97 Respondents’ choices with respect to type of hedging contract 
was either a capped price (i.e., the price paid can go no higher than the specified cap) or 
an average price hedge (i.e., the average price paid over the month can go no higher than 
the specified level) To ensure that the choices forced customers to tradeoff risk and the 
risk premium, the fifth category of features was constructed as price and premium pairs. 
The lowest pair represents the average SC-3A commodity prices, which in turn reflects 
the average NYISO DAM price. This was assigned the highest risk premium, as such a 
hedge would leave the underwriter with virtually all of the price risk; prices can go much 
higher, but not much lower. The other pairs were constructed by raising the price by one 
cent/kWh and lowering the risk premium in a nonlinear fashion, to reflect the assumption 
that at higher prices the underwriter’s relative risk is lower. 
 
Each of the products in the choice sets was characterized exclusively by five separate 
features; customers could choose one of the four hedge contracts or not purchase the 
hedge in which case they would remain unhedged on the SC-3A RTP tariff (see Figure 
5-1).  
 
Figure 5-1. Example Conjoint Survey Choice Set 

Nominated 
Load

Covered 
Hours

Covered 
Months

Hedge 
Method

Hedge 
Price

Hedge 1 50% 12 Noon - 10 PM Jun - Aug and    
Dec - Feb Capped Price 7¢ @ 10%

Hedge 2 100% 6 AM - 12 Noon Dec - Feb Average Price 6¢ @ 15%

Hedge 3 75% 6 AM - 10 PM Jun - Aug Average Price 9¢ @ 3%

Hedge 4 25% 12 Noon - 6 PM All Year Capped Price 8¢ @ 5%

None I wouldn't purchase any of these hedges.

Check only one 
choice

Choice Set 1

Which of these 4 Hedge Contracts would you choose, if 
any?

Nominated 
Load

Covered 
Hours

Covered 
Months

Hedge 
Method

Hedge 
Price

Hedge 1 50% 12 Noon - 10 PM Jun - Aug and    
Dec - Feb Capped Price 7¢ @ 10%

Hedge 2 100% 6 AM - 12 Noon Dec - Feb Average Price 6¢ @ 15%

Hedge 3 75% 6 AM - 10 PM Jun - Aug Average Price 9¢ @ 3%

Hedge 4 25% 12 Noon - 6 PM All Year Capped Price 8¢ @ 5%

None I wouldn't purchase any of these hedges.

Check only one 
choice

Choice Set 1

Which of these 4 Hedge Contracts would you choose, if 
any?

 
 
5.2 Empirical Results 

As indicated in Table 5-2, 45 of the 53 respondents answered the conjoint survey. About 
58% of conjoint respondents (26) reported that they had actually signed up for or 
purchased a contract that hedged against price risk: NMPC’s Option 2 tariff, a physical 

                                                 
97 Finer granularity to the intervals for the first three variables would be useful in that it allows for a better 
representation of the shape of the utility functions. However, adding more levels increases the number of 
choice sets that have to be evaluated. 
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supply contract with an ESCo, or a financial hedge with a third-party. Thus, our 
respondents had a fair amount of experience with decisions involving hedging contracts. 
 
Table 5-2. Distribution of Survey Respondents Purchasing Hedges 

Option 2 Physical Hedge Financial Hedge Survey Conjoint 
Yes Yes Yes 0 0 
Yes Yes ––– 1 0 
Yes ––– Yes 1 1 
Yes ––– ––– 3 1 
––– Yes Yes 5 5 
––– Yes ––– 11 9 
––– ––– Yes 3 3 
––– ––– ––– 29 26 

Total 53 45 
 
The results of the estimated conditional logit model are contained in Table 5-3. The 
overall performance of the model is very good. The global test of the null hypothesis (i.e. 
all coefficients are zero) is soundly rejected as evidenced by the high Chi-Square values 
and low probability values for three alternative tests of fit, displayed in the lower left 
hand box of the table. Further, most of the coefficients are significant at the 10% level (a 
value below 0.10 in the column PR> Chi Sq.) indicating that the survey respondents 
valued most program features differently. 
 
In interpreting these results, the Utility function measures the marginal change in 
satisfaction from a change in the level of a single product feature. Utility measures are 
always relative, thus, the results and relative comparisons for features are independent of 
this reference point. It is also necessary to understand why only three of the four feature 
levels are included in the model.98 To estimate a statistical model in which dummy 
variables (variables that take on a value of either 1 or 0) are used to indicate different 
levels of program features, it is necessary to eliminate one level from each set of program 
features in order to allow the model to be solved.99 The set of excluded feature levels 
serves as the basis of comparison for the other levels in the feature and are normalized to 
have an average utility of zero. As other features levels are substituted, the model 
recalculates the implied utility, which can be compared to that of the normalized set of 
features, and the difference represent an improvement in or reduction of utility. Thus, for 
ease of interpretation, the level within each feature with the lowest estimated utility value 
was used to construct the normalized “base” feature level. As a result, all other levels 
within that feature range will produce positive utility improvements.100 Since all of the 
                                                 
98 The excluded feature levels are identified in the table with a 0.00 in the parameter estimate, and a 1.00 in 
the Odds Ratio column. 
99 To simplify, assume amongst three flavors of ice cream, you must chose one from the list of: chocolate, 
vanilla and strawberry. If a customer didn’t like chocolate or vanilla, they must chose strawberry since it is 
the only option left. If instead a customer liked vanilla the most, they would never chose chocolate or 
strawberry. Thus, it is possible to describe the entire set of options with only two of the available choices 
since the third can always be derived from the preferences for the other two. Models with such exact 
interdependence cannot be statistically estimated. 
100 Using the feature level with the lowest estimated utility value as the “base” level was done for 
convenience of explanation. Most find it difficult to interpret a negative utility value so by choosing the 
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estimated coefficients are positive, these feature levels, ceteris paribus, are preferred to 
the “base” program feature levels. 
 
Table 5-3. Multinomial Logit Model Results from Conjoint Survey 

Variable Description Parameter 
Estimate 

Standard 
Error 

Chi- 
Square 

PR > 
ChiSq 

Odds  
Ratio 

LOAD_1 25% Pk Demand Covered 0.00 - - - 1.00 
LOAD_2 50% Pk Demand Covered 0.40 0.22 3.21 0.07 1.49 
LOAD_3 75% Pk Demand Covered 0.55 0.22 6.01 0.01 1.73 
LOAD_4 100% Pk Demand Covered 0.21 0.23 0.80 0.37 1.23 
HR_1 6AM-10PM 0.50 0.22 4.96 0.03 1.64 
HR_2 6AM-Noon 0.00 - - - 1.00 
HR_3 Noon-6PM 0.40 0.23 3.08 0.08 1.50 
HR_4 Noon-10PM 0.51 0.22 5.27 0.02 1.66 
MON_1 Jun-Aug 0.99 0.23 18.86 0.00 2.69 
MON_2 Dec-Feb 0.00 - - - 1.00 
MON_3 Jun-Aug & Dec-Feb 0.45 0.24 3.40 0.07 1.56 
MON_4 All Year 0.46 0.25 3.48 0.06 1.59 
HDG_1 Capped Price 0.45 0.15 9.04 0.00 1.57 
HDG_2 Average Price 0.00 - - - 1.00 
PRC_1 6¢ @ 15% 0.65 0.22 8.63 0.00 1.91 
PRC_2 7¢ @ 10% 0.00 - - - 1.00 
PRC_3 8¢ @ 5% 0.53 0.23 5.46 0.02 1.69 
PRC_4 9¢ @ 3% 0.10 0.24 0.17 0.68 1.10 
NO_CHOICE  4.31 0.36 140.55 0.00 74.80 

 
Testing Global Null Hypothesis: BETA=0 
Test Chi Square PR >ChiSq 
Likelihood Ratio 1192 < 0.0001 
Score 1547 < 0.0001 
Wald 880 < 0.0001 

 
Several observations can be made from a comparison of the estimated values of each 
feature level shown in Figure 5-2 and Table 5-3: 
 
• Covered Load: Respondents preferred a hedge that covers 75% of their peak usage 

to the other three coverage levels. Interestingly, hedging everything was preferred 
less than hedging only half the load. Perhaps, these customers realized that to cover 
the entire peak demand, they would in effect be hedging energy they never use, and 
consequently prefer a balanced hedge. Accordingly, they found the most value in an 
option that hedged the bulk of their load (75%), and left the rest exposed to RTP. This 
may bode well for realizing price response. Since these were customers inclined to 
leave some peak load exposed, they have an incentive to respond to price increases to 
reduce the cost of that exposed load. 

                                                                                                                                                 
lowest estimated utility level to exclude in each feature, all of the other included feature levels are now 
guaranteed to have positive coefficient estimates. 
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Figure 5-2. Relative Utility of Selected Conjoint Survey Features 
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• Covered Hours: Hedge contracts that covered afternoon hours were preferred to 

ones that only covered morning hours. As illustrated by the approximately equal 
coefficient estimates, there is little difference in terms of preference for the three 
different time periods that included the afternoon hours. Customers recognized that 
high prices were rare in the morning and so shunned any contract that attempted to 
hedge against this infrequent occurrence.  

• Covered Months: Respondents greatly preferred summer-only coverage to any other 
option. However, the hedge that included every month of the year was preferred 
about as much as a hedge that included both summer and winter, but excluded the 
spring and fall. This suggests that respondents understood which period of the year 
high prices are most likely to fall in (summer), and were only interested in hedge 
contracts that protected them accordingly. 

• Hedge Method: A capped price hedge was strongly preferred to an average price 
hedge. Customers seemed far more interested in balancing the benefits of low prices 
while protecting themselves against price spikes, rather than taking a safer hedged 
position.  

• Hedge Price: Paradoxically, respondents assigned roughly the same utility to a 
7¢/kWh hedge costing 10% of their monthly bill as to a 9¢/kWh hedge costing 3% as 
evidenced by the low p-value for this coefficient estimate. The low probability values 
indicates that utility for the 9¢/kWh@ 3% option is not significantly different from 
zero, which is the base option level (i.e., 7¢/kWh hedge @10%). If respondents had 
difficulty in making tradeoffs over such small 1¢/kWh increments, they should have 
indicated strong preferences for the lowest and highest feature levels and shown 
ambivalence over the two interior values (i.e. 7¢/kWh @ 10% and 8¢/kWh @ 5%). 
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The fact that respondents chose a hedge costing 5% and capped at 8¢/kWh over a 
hedge costing only 3% but capped at 9¢/kWh, is an indication that respondents did 
not see the 2% lower cost as compensating sufficiently for the extra 1¢/kWh exposure 
to RTP. The same logic could hold for the observed preference for a very high cost 
hedge (6¢/kWh @ 15%) over a hedge that cost only 10%, but exposed the holder to 
7¢/kWh prices. The fact that customers can make such fine distinctions in balancing 
risks and the cost to abate them suggests that these customer are quite knowledgeable 
of the costs associated with price volatility and the nature of that volatility, at least as 
represented in the conjoint choice sets. Overall, the model estimates suggest that 
respondents are more willing to pay a substantial amount for a hedge that reduces 
price spikes altogether, but are relatively less enthusiastic for a hedge that covered 
only the highest of prices. 

 
5.3 Preferences for Alternative Hedging Products 

Using the results from the conditional logit model, we can now examine customers’ 
preferences for hedge products with different features taken from the range of feature 
levels examined.101 Substituting in one or more alternative feature levels, a new product 
utility value is generated, which can be compared to the base value, or any other 
simulated value. To facilitate comparing alternative hedge products, we introduce the 
notion of an odds ratio, which is an alternative expression of the underlying utility. The 
odds ratio indicates the likelihood that a specific product would be chosen compared to 
some other choice – the higher the odds ratio, the greater the likelihood. For example, an 
odds ratio of 0.50 means that there is a one in two chance of the outcome (i.e., the choice 
being made), while an odds ratio of 5 means that the odds are five to one in favor of that 
choice. As new products are constructed, we can indicate customer preference by setting 
the odds of that choice being taken given the base product. Alternatively, we can compare 
new product options to each other using the odds ratio.  
 
Table 5-4. Alternative Hedge Product Preferences Based on Conjoint Results 

Hedge Alternative 1 Hedge Alternative 2 Hedge Alternative 3 Program 
Features Feature 

Value 
Customer 
Utility 

Feature 
Value 

Customer 
Utility 

Feature 
Value 

Customer 
Utility  

Covered Load 75% 0.55 100% 0.21 50% 0.40 
Covered Hours Noon-10pm 0.51 Noon-10pm 0.51 6am – 10pm 0.50 
Covered Months Jun-Aug 0.99 All Year 0.46 Jun-Aug 0.99 
Hedge Method Price Cap 0.45 Avg. Price 0.00 Price Cap 0.45 
Hedge Price 6¢ @ 15% 0.65 9¢ @ 3% 0.10 6¢ @ 15% 0.65 
Total Utility  3.14  1.28  2.98 
Odds of Hedge 
vs. SC-3A 

 0.31  0.05  0.26 

 

                                                 
101 Extending the model to feature levels outside the range evaluated is not advisable, as the underlying 
utility function is calibrated to that set of circumstances defined within the feature range, and it may not 
apply to extended levels of the features.  
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A compelling hedging product to consider is one composed of the most preferred 
individual feature levels as described in Table 5-3. This option is shown as Hedge 
Alternative 1 in Table 5-4. 
 
Note that even this “best of feature” combination still fails to entice respondents off of 
their existing hourly-differentiated rate structure.102 Since this hypothetical hedge product 
contains the feature levels most preferred by our survey respondents, all other possible 
hedges will provide an even lower utility. This can be seen in the even lower odds ratios 
for each of the other hypothetical hedge products displayed in Table 5-4. Therefore, the 
conjoint analysis indicates that, from the features and levels considered, there is not a 
single hedge product that can be created which respondents would prefer over NMPC’s 
SC-3A rate. 

                                                 
102 The odds of a respondent choosing this hedge product is 0.31 to 1 – a clear indication that customers 
prefer to remain with the NMPC SC-3A rate for commodity than purchase this hedge. An odds ratio less 
than one can be interpreted as a preference for the alternative being considered. For example, in a horse 
race if the odds of the horse “My Lucky Lady” beating “Sacketts Darling” is 2 to 1, than “My Lucky Lady” 
is expected to win the race 2 out of 3 times. If, however, the odds of “My Lucky Lady” winning the same 
race is 0.5 to 1, then the horse “Sacketts Darling” is expected to win the race 2 our of three times. Using 
odds ratios to identify likely winners and losers is identical to saying that betters prefer one horse to 
another. In the context of our survey, the later representation of preferences is used.  
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6. Price Responsiveness 

6.1 Overview 

In this chapter, we summarize the results of our empirical analysis of SC-3A customers’ 
responsiveness to price changes. We estimated a Constant Elasticity of Substitution 
(CES) customer demand model, which provides a statistical representation of large 
customers’ response to RTP (see section 2.7.4). We present results of two alternative 
model specifications that we term Initial and Final models. The Initial CES model 
utilizes load and price data for 141 SC-3A accounts, supplemented with customer 
characteristics information from the NMPC billing system that were readily available. 
The Final CES model is estimated for a subset of 32 customers for whom additional firm 
characteristics data were available from the customer survey. The Final CES model also 
isolates the effects of important customer circumstances, specifically participation in 
NYISO DR programs during system emergency events.  
 
The average elasticity of substitution for the 32 customers included in the Final CES 
model is a modest 0.14. Average industrial customer elasticities, estimated at 0.11, are 
comparable to results of other RTP studies (Herriges et al, 1993; Schwarz et al, 2002). 
Government/education customers are more highly elastic (0.30) while commercial 
customers were not price responsive, with an estimated average elasticity of 0.00. We 
also find that some industrial customers are not very responsive to SC-3A prices 
(elasticity of 0.03) compared to industrial customers participating in the NYISO EDRP 
during system emergency events (elasticity of 0.40). 
 
Many customers reported curtailing or foregoing discretionary usage during high-priced 
periods, which the substitution elasticity does not fully capture. To recognize these 
behaviors, we employed a Load Response Characterization model (LRC), adapted from 
Patrick (1990), which provides empirical estimates of the degree to which SC-3A 
customers shift load from peak to off-peak periods versus conserving energy without 
increased consumption in off-peak periods. We then combined these results with 
substitution elasticity estimates to predict the level of DR that can be expected from SC-
3A customers during high-price events. At a price of $0.50/kWh, the estimated aggregate 
demand response from the 141 SC-3A customers is ~100 MW, about 18% of their 
maximum demand. We conclude by highlighting the implications of these results for the 
design of RTP programs and indicate areas worthy of further research. 
 
6.2 Initial CES Model Estimates 

6.2.1 Model Specification 

NMPC supplied load and price data for SC-3A customers for the period from spring of 
2000 through the first half of 2003, providing data for an analysis of three full 
summers.103 We restricted our analysis to weekdays, focusing on explaining load 

                                                 
103 There were a few high-priced hours in the winter months during this period, however, high prices 
typically occurred during summer months. Consequently, our analysis focused on the three summers for 
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variation during the most volatile periods.104 The hours that constitute the peak period 
depend on the nature of the hourly prices. Thus, we defined and tested three peak (and 
corresponding off-peak) periods: 2pm to 5pm (Short), 1pm to 5pm (Medium) and noon to 
5pm (Long). Within these peak-period definitions, we computed an average load for each 
customer and a corresponding average SC-3A price for each peak and off-peak period of 
each day – these were used as inputs in the model.  
 
NMPC customers are also eligible to participate in NYISO DR programs, which offer 
additional inducements to reduce their electricity bill. Under EDRP, the NYISO declares 
an emergency event (by giving two or more hours notice) and pays participants the 
greater of $0.50/kWh or the prevailing, real-time LBMP for curtailments (see section 
3.7). This amounts to a uni-directional price overcall: NMPC customers on Option 1 pay 
the prevailing, day-ahead SC-3A price to consume, but they are paid the NYISO 
emergency price to curtail.105 During the study period, the emergency price significantly 
exceeded the day-ahead market price in every event. Thus, for customers enrolled in 
EDRP, we replaced the day-ahead SC-3A price with the EDRP payment (typically 
$0.50/kWh) during event hours to reflect the EDRP inducement.106  
 
We also included several other explanatory variables in the Initial CES model that were 
readily available from NMPC and other secondary sources. We derived a weather-index 
variable from National Weather Bureau climatic data to account for altered customer 
response during periods of hot weather.107 Overall, we expect that as the weather gets 
hotter, price response will increase as customers have more load available to shift to other 
times, or do without. However, high temperatures impact customer response in 
conflicting ways. For example, certain means by which customers respond to high prices, 
such as reducing space cooling, might become more difficult to sustain on hot days due to 
increased discomfort.  
 

                                                                                                                                                 
which we had complete data: 2000, 2001 and 2002. Usage data was not available for the full period for 
some customers; where possible, they were included. 
104 Prices during weekends tended to be quite stable, thus, there is no price variability to explain load 
variations, which do, nonetheless, occur (e.g., economic necessity such as overtime, unusual weather, 
equipment testing). We found that including weekend days diluted the overall explanatory power of the 
CES model, and would introduce confounding effects that mask price effects.  
105 This situation is different than a two-part RTP rate, where the marginal price applies only to changes 
from the CBL. NMPC customers face the SC-3A price for use up to and over the CBL, but if they reduce 
their load below the CBL during NYISO emergency events, they are paid the emergency price. 
106 During the first two years of EDRP (2001 and 2002), customers could register for both SCR and EDRP 
in order to receive both a capacity payment for contracted load reductions and an energy payment for actual 
load reductions. We augmented the SC-3A prices during EDRP event hours for those customers that jointly 
subscribed to ICAP/SCR and EDRP.  
107 We constructed a categorical temperature heat index variable (THI), that specified whether the day was 
“hot” as a THI above 70, or not, and accounts for the impacts of relative humidity (see Appendix E, 
Attachment C).  
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Figure 6-1. Average Hourly Load of Capital Zone SC-3A Customers by Daily 
Maximum Price Range (2000) 
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Figure 6-2. Average Hourly Load of Capital Zone SC-3A Customers by Daily 
Maximum Price Range (2001) 
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A second explanatory variable was developed to account for yearly differences in price 
regimes. Average SC-3A prices have been increasing during the study period, while price 
volatility has been decreasing (see section 3.6). We examined the aggregate SC-3A 
customer load and price data to see if there were any measurable trends in load response. 
We observed that the response to high prices (>$0.25/kWh) in 2001 is much more 
pronounced than in 2000 and 2002, even though there were actually more acute price 
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spikes in 2000. This suggests that consumption patterns in response to prices were 
somehow altered in 2001 (see Figure 6-1, Figure 6-2, and Figure 6-3). Moreover, the 
NYISO introduced its DR programs in 2001, which provided SC-3A customers with 
additional inducements to curtail in real-time, and may have raised customers’ overall 
awareness of market conditions and prices. Thus, it appears that the combination of 
higher prices and price volatility, and perhaps customers’ experiences during 2001, 
distinguish this year from other years in the study. To capture this factor, we constructed 
a categorical variable.  
 
Figure 6-3. Average Hourly Load of Capital Zone SC-3A Customers by Daily 
Maximum Price Range (2002) 
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We also included type of business as a third categorical variable in the Initial CES model. 
We postulated that firms could differ in their price response because of different 
production practices that affect their ability to shift or curtail discretionary usage. We 
assigned customers to one of four market segments: industrial, commercial, 
government/education, and other.108  
 
A fourth explanatory factor was participation in NYISO DR programs. We hypothesized 
that customers enrolled in NYISO DR programs were more likely to respond to SC-3A 
prices due to the monetary inducements provided, a higher level of interest in and 
familiarity with demand response, and an increased likelihood of having installed DR 
enabling technologies through NYSERDA programs that targeted NYISO program 
participants. For ICAP/SCR and DADRP, significant non-compliance penalties would 
further enhance the incentive to respond. For all three programs (EDRP, ICAP/SCR and 
                                                 
108 SIC codes, available from NMPC billing records, supported only a classification at the 2-digit level, and 
in some cases, even that distinction was hard to substantiate. The Other category includes a few customers 
and was constructed to protect the identity of customers with unique circumstances, given data 
confidentiality requirements. 
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DADRP) we introduced categorical variables to establish the impact of participation on 
price-response. Additionally, recall that we substituted the day-ahead market prices with 
NYISO emergency prices ($0.50/kWh) during EDRP event hours.109 This normalizes 
customer response, treating EDRP payments simply as exaggerated RTP price signals. To 
the extent that EDRP response is induced by factors other than price, we expect to pick 
this effect up in the EDRP participation variable.  
 
A fifth factor influencing price response was the type of service customers elected in 
1998. We had information on those customers that nominated some portion of their load 
on Option 2. We created a categorical variable and included any customer that had at any 
time nominated any portion of their load under the Option 2 contract. We expected that 
customers on Option 2 would exhibit lowered price response, relative to other customers, 
because at least some portion of their load was hedged.110

  
Table 6-1. Initial CES Model: Customer Characteristics 

 
Key Attributes 
(customers may belong to more than 
one attribute category) 
Attribute Number of 

Customers 
Gov’t/education 64 
Commercial 32 
Industrial 43 
Other * 
Alt. Supplier 75 
Option 2 23 
EDRP 29 
DADRP * 
SCR 9  

 
Alternative Supplier & Option 2 
Alternative 
Supplier 

Option 2 Total 

No No 59 
No Yes 7 
Yes No 59 
Yes Yes 16 
Total 141 

 
 
 
 
 
* Indicates 3 or fewer customers 

 
NYISO Load Zone 
Zone Number of 

Customers 
West (A) 43 
Genesee (B) 9 
Central (C) 28 
Mohawk Valley (E) 14 
Capital (F) 47 
Total 141  

 
Delivery Voltage Level 
Voltage Level Number of 

Customers 
Secondary 20 
Primary 48 
Sub-Transmission 49 
Transmission 24 
Total 141  

 
Finally, some customers switched to a competitive supplier during the study period. A 
priori, we hypothesized that customers switched to hedge against the price risks of SC-
3A, and as a result were less price responsive. To test this hypothesis, we identified 
                                                 
109 This approach assumes that ISO DR program incentive payments are viewed equivalently by customers 
as avoided SC-3A prices, which result in bill savings. During EDRP events, customers that participate in 
EDRP also avoid paying the SC-3A rate applicable in those hours for their curtailed load. 
110 Option 2 customers faced the SC-3A price for their marginal usage above the Option II nomination if 
they did not secure a competitive supplier for that load (see Chapter 4). 
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customers who had ever taken alternative supply and categorized them with a dummy 
variable. However, NMPC billing records did not indicate what type of arrangement 
customers had entered into, so we do not know if they were indeed hedged. Many 
customers that switched did so to take advantage of the built-in shopping credit, taking 
contracts indexed to day-ahead market rates or the SC-3A tariff (see section 4.3.3).111

 
Table 6-1 describes the distribution of the 141 customer accounts by business activity, 
choices for Option 2 and alternative suppliers, location and delivery voltage level.112

 
6.2.2 Model Parameter Estimates 

Table 6-2 displays the results of the estimated Initial CES model specification for each of 
three different peak-period definitions. The “log Inverse Price ratio” estimates represent 
the “base case” substitution elasticity.113 The estimates for the other variables indicate 
how they influence customers’ elasticity, so their parameters are additive to the base 
elasticity estimate.  
 
Overall the model fit is good. The R-squared values for the three peak periods range from 
0.54 to 0.63, implying that the model specification accounts for a substantial amount of 
the load variation. The test for overall significance produces an F-statistic that is 
significant at the 1% level in all three peak-period models, indicating that the estimated 
regression coefficients are not all jointly equal to zero.  
 
Temperature and the year 2001 (the highest priced year in the study period) were found 
to have a very small and in most cases insignificant effect on usage. This might be 
because these variables are highly correlated with other explanatory variables, and 
therefore no unique impact is quantifiable.  
 
The elasticity values for the three business sectors are the sum of the base-case elasticity 
and the specific sector parameter estimate.114 For example, using the 2-5 pm model 
estimates, the industrial sector elasticity is the sum of the Log Inverse Price Ratio 
variable coefficient (-0.05) and the industrial variable (0.14), resulting in an elasticity of 
0.09. Accordingly, the substitution elasticity estimate for commercial customers is 0.10 
and for government/education it is 0.18. Recall that the substitution elasticity is expected 
to have a positive value. 
 
                                                 
111Each explanatory variable included in the Initial CES Model is multiplied by the log of the inverse price 
ratio to produce a shift in the slope of the demand equation, which adjusts the estimated elasticity value 
(see Appendix E for more details). 
112 These last two factors do not require explicit recognition in the CES model because the SC-3A prices 
incorporate both directly. 
113 In a dummy-variable regression model, the coefficient on the Log Inverse Price Ratio represents 
observations that have a zero for all of the included categorical variables. For the initial CES model, this 
means that the “base case” is a customer classified as Other, who never took NMPC Option 2 or switched 
to a competitive supplier, and who never enrolled in NYISO DR programs. The “base case” also represents 
non-“hot” days in the summers of either 2000 or 2002, since these categorical variables are also included in 
the Initial CES model.  
114 The Other sector parameter is represented by the coefficient on the Log Inverse Price Ratio variable. 
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Table 6-2. Initial CES Demand Model Parameter Estimates 
Peak Period  N = 141 

2 pm – 5 pm 1 pm – 5 pm Noon – 5 pm 
Log Inverse Price Ratio 
(base-case estimate) 

-0.05 -0.08 -0.11*** 

Temp > 70 -0.02** -0.01 -0.01 
Year=2001 0.01** 0.01 0.01 
Industrial 0.14** 0.12** 0.13** 
Commercial 0.15** 0.14** 0.15** 
Government/education 0.23* 0.19* 0.18* 
Alternative Supplier -0.10* -0.06* -0.03** 
Option 2 Customer 0.07* 0.06* 0.07* 
NYISO EDRP Participant 0.03** 0.02 0.02 
NYISO DADRP 
Participant 

0.29* 0.31* 0.21* 

NYISO ICAP/SCR 
Participant 

0.20* 0.15* 0.14* 

    
R-Squared 0.54 0.59 0.63 
F-Test of Global 
Significance 

205* 254* 297* 

* = Significant at 1% level 
** = Significant at 5% level 
*** = Significant at 10% level 
Values less than 0.005 appear as 0.00 due to rounding 

 
The influences of the other variables are interpreted by adding their effect to the 
appropriate business sector effects. For example, again using the 2-5 pm estimates, an 
industrial customer that has switched to a competitive supplier would have an estimated 
elasticity of -0.01 (the 0.09 industrial customer elasticity is reduced by 0.10). In other 
words, customers that switched to competitive suppliers were markedly less price-
responsive than those who stayed with NMPC. This may be because these customers left 
SC-3A service to acquire a hedge against market prices, and having done so are no longer 
inclined to respond to prices. Alternatively, they may have switched explicitly to avoid 
worrying about price volatility. All other things equal, switching reduced price response.  
 
In contrast, customers that elected the Option 2 (take-or-pay hedge) contract were slightly 
more price-responsive; 0.07 is added to the business sector base value to arrive at the 
applicable substitution elasticity estimate for these customers. This result, which is highly 
significant, does not comport with our initial hypothesis that such customers sought a 
hedge to escape price volatility. However, Option 2 customers typically covered only 
about 60% of their peak load and many were on SC-3A Option 1 for their residual load 
(see section 4.3.1). Thus, many were exposed to SC-3A price volatility for their marginal 
usage and it appears that these customers were indeed price responsive. 
  
The coefficients for NYISO program participation are all positive and significant, 
although the effect for EDRP is a factor of ten lower than for ICAP/SCR and DADRP. 
We expected that customers in the capacity (SCR) and economic (DADRP) programs 
would be more elastic, since these programs impose penalties for noncompliance. But we 
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expected EDRP participants to be similarly elastic, as they are offered an extra 
inducement to curtail, albeit with only two hours notice. We employed alternative 
specifications in the Final CES model that differentiated price response during event and 
non-event days in order to explore this issue further.  
 
With regard to the alternative peak period specifications, the coefficient estimates are 
relatively stable across the three peak time periods with little change in significance 
levels (Table 6-2). The elasticity of substitution values generally decrease when the peak 
period is defined to include more hours. The Long peak-period specification has the most 
explanatory power (the highest R-square value); thus, we primarily present model results 
using this peak period definition (12-5 pm). 
 
6.2.3 Substitution Elasticities 

In Table 6-3, we present estimated elasticity values for different customer groups. The 
average elasticities (with all applicable influences included) are relatively modest for the 
noon-5pm peak period: industrial (0.04), commercial (0.04), government/education 
(0.08), and other (-0.11).115 The overall, load-weighted average elasticity for all 141 
customers is 0.06, which is somewhat lower than that found in other studies of RTP 
program response.116 Estimated elasticity values for individual customers range from a 
low of -0.13 (other customers; all peak definitions) to a high of 0.38 (industrial, 2pm-5pm 
peak).  
 
Table 6-3. Initial CES Model: Elasticity of Substitution by Business Classification 

Peak: 2PM - 5PM Peak: 1PM - 5PM Peak: 12 Noon - 5PMBusiness 
Classification 

N % of Total 
Maximum 
Demand 

Range Avg. Range Avg. Range Avg. 

Industrial 43 34% 0.01 – 0.38 0.09 -0.01 – 0.32 0.05 -0.01 – 0.23 0.04 
Commercial 32 21% 0.02 – 0.25 0.07 0.02 – 0.18 0.05 0.01 – 0.16 0.04 
Gov't/education 64 44% 0.1 – 0.28 0.16 0.07 – 0.19 0.10 0.05 – 0.16 0.08 
Other * 1% -0.13 – -0.02 -0.07 -0.13 – -0.06 -0.09 -0.13 – -0.09 -0.11 

* Indicates 3 or fewer customers 
 
In Table 6-4, we provide estimated substitution elasticity values for several categorical 
variables (participation in NYISO DR program, Option 2 and competitive supplier 
choices). These more detailed estimates provide greater insight into the parameter 
estimate effects shown in Table 6-2. For example, participation in a NYISO DR program 
results in larger substitution elasticity for industrial customers, by a factor of almost four. 
However the difference in substitution elasticities is very small for government/education 
customers. These results suggest that NYISO program participation is not the motivating 
factor that distinguishes firms within the government/education sector.  
 

                                                 
115 Overall, positive net values are consistent with the CES model specifications, while negative elasticity 
values indicate some sort of misspecification. 
116 For example Schwarz et al, 2002 reports an overall substitution elasticity of about 0.12. 
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Table 6-4. Initial CES Model: Elasticity of Substitution for Several Categorical 
Variables 

Elasticity of Substitution by Business Classification and NYISO DR Participation 
Peak: 12 Noon – 5PM Business 

Classification 
NYISO DR 
Participation 

N % of Total 
Maximum 
Demand 

Range Avg. 

Industrial No 31 17% -0.01 – 0.03 0.02 
Industrial Yes 12 18% 0.01 – 0.23 0.09 
Commercial No 28 18% 0.01 – 0.12 0.04 
Commercial Yes 4 3% 0.02 – 0.16 0.06 
Gov't/education No 50 37% 0.05 – 0.15 0.08 
Gov't/education Yes 14 7% 0.06 – 0.16 0.09 
Other No * 0% -0.13 – -0.13 -0.13 
Other Yes * 1% -0.09 – -0.09 -0.09 

 
Elasticity of Substitution by Business Classification and Option 2 Status 

Peak: 12 Noon – 5PM Business 
Classification 

Option 2 
Customer 

N % of Total 
Maximum 
Demand 

Range Avg. 

Industrial No 39 30% -0.01 – 0.23 0.03 
Industrial Yes 4 5% 0.07 – 0.15 0.11 
Commercial No 24 16% 0.01 – 0.05 0.03 
Commercial Yes 8 5% 0.08 – 0.16 0.10 
Gov't/education No 53 37% 0.05 – 0.14 0.07 
Gov't/education Yes 11 7% 0.12 – 0.16 0.13 
Other No * 1% -0.13 – -0.09 -0.11 

 
Elasticity of Substitution by Business Classification and Alternative Supplier Status 

Peak: 12 Noon – 5PM Business 
Classification 

Alternative 
Supplier 
Status 

N % of Total 
Maximum 
Demand 

Range Avg. 

Industrial No 27 24% 0.03 – 0.23 0.06 
Industrial Yes 16 11% -0.01 – 0.07 0.00 
Commercial No 11 7% 0.05 – 0.16 0.06 
Commercial Yes 21 14% 0.01 – 0.08 0.03 
Gov't/education No 27 21% 0.08 – 0.16 0.10 
Gov't/education Yes 37 23% 0.05 – 0.12 0.07 
Other No * 1% -0.09 – -0.09 -0.09 
Other Yes * 0% -0.13 – -0.13 -0.13 

* Indicates 3 or fewer customers 
 
The increase in average elasticity of substitution values due to Option 2 selection is 
pronounced for all three business types. Average elasticity values are lower for all types 
of customers that selected a competitive supplier over NMPC default service. 
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The Initial CES model provides an encouragingly good statistical fit in terms of its R-
Squared value and tests for significance of the parameters as a set. The model produced 
some surprising results, most notably that on average, government/education customers 
are the most price-responsive. We have concerns about several aspects of the Initial CES 
model specification: 1) that the alternate supplier status variable does not differentiate by 
type of contract (e.g. hedged vs. indexed) so that it is difficult to interpret the results, and 
2) that there are omitted variables related to firm-level circumstances that may account 
for important variations in usage but are not represented in the model, thereby masking 
differences among customers circumstances in price response.  
 
6.3 Final CES Model 

In the Final CES model, we tested a number of variables derived from customer survey 
responses. Our goal was to see if additional, in-depth information about customer 
circumstances would provide for a more robust characterization of electricity usage and 
better identify important drivers to price response that can be used for policy evaluation 
and subsequent program implementation. 
 
6.3.1 Model Specification 

Many of the survey-derived variables proved to be insignificant in explaining differences 
in groups and were omitted.117 However, the following variables provided important 
explanatory information and were included in the Final model: 
 
• Time of Peak Usage. Survey responses regarding the timing of customers’ peak loads 

were used to design an alternative indicator of shifting ability – whether a customer’s 
peak usage occurs between noon and 5 pm, or at some other time of day. We posited 
that afternoon-peaking customers were less able to respond to peak prices that 
occurred coincident with their most intense business and process constraints.  

• Relative importance of electricity costs. Survey respondents’ assessment of their 
electricity costs as a percent of annual operating costs was also assigned to a variable. 
Customers were sorted according to whether they reported electricity costs less than 
10% or 10% or more of operating costs. We postulated that customers that are more 
electricity intensive are less able to respond to peak prices. 

• Investments in DR-enabling technologies. We posited that customers that had 
invested in various DR-enabling technologies that could help them shift load would 
be more price responsive. A dummy variable was constructed to reflect whether the 
customer had made such investments after the start of the RTP-based SC-3A service 
in 1998 and another dummy variable for similar investments prior to 1998.118  

                                                 
117 In some cases the variables provided redundant measures to factors already included. In others, the 
hypothesized effect was not forthcoming in terms of a parameter estimate that was statistically significant. 
118 In creating the dummy variable for investments in DR enabling technologies, customers that invested in 
process/building automation systems, control devices on specific equipment or processes, or peak load 
management control devices were coded as “1”; other responses were coded as “0” (see question 31 in 
survey) 
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• Participation in NYISO EDRP: We also constructed an additional dummy variable to 
better sort out the influence of participation in the EDRP program (beyond just 
enrollment). To isolate the impact of these additional inducements to curtail, the 
dummy specification distinguished between EDRP event days and other “non-event” 
days, thereby allowing for the elasticity of EDRP participants to vary according to 
whether the customer faced SC-3A prices or was provided an additional inducement 
($.50/kWh) to curtail. Our hypothesis was that the extra inducement would increase 
price response over that induced by SC-3A prices alone. During the summers of 
2000-2002, there were five NYISO EDRP event days. 

 
In the Final CES model, we omitted two variables that were included in the Initial model: 
the “Option 2” and “Competitive Supplier” variables. The coefficients for Option 2 
customers were positive in the Initial model. This is somewhat counter-intuitive as we 
expect Option 2 to reduce customers’ responsiveness, not enhance it. However, as 
discussed in Chapter 4, there were wide variations in how much peak and off-peak load 
these customers actually hedged over time, but we found no way to convey this 
information in the CES model specification. Additional analyses, augmented with more 
customer-supplied information, might allow for the specification of a variable that would 
characterize how the Option 2 choice contributes to customers’ inclination, or aversion, 
to respond to prices. Similarly, the Competitive Supplier variable doesn’t distinguish 
between types of supply arrangements (flat versus indexed rates); we believe that a better 
specification of exactly what kind of service the alternative supplier offered during 
various time periods is required in order to measure the impact of competitive supply on 
price response. 
 
Table 6-5. Final CES Model: Customer Characteristics 
 

Attribute Number of 
Customers 

Government/education 11 
Commercial 9 
Industrial 10 
Other  * 
Peak Usage Noon-5pm 16 
Electricity Costs > 
10% Operating Costs 

15 

Investment made prior 
to RTP 

20 

Investment made while 
on RTP 

13 

EDRP 10 
DADRP * 
SCR * 

*indicates 3 or fewer customers 
 

 
Zone Number of 

Customers 
West (A) 8 
Central (C) 9 
Mohawk Valley (E) 5 
Capital (F) 10 
  
Delivery Voltage 
Level 

Number of 
Customers 

Secondary 5 
Primary 11 
Sub-Transmission 9 
Transmission 7 
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Hourly price and load from 32 customers were used to estimate the Final response 
models.119 This reduction in sample size resulted from the pattern of survey responses; 
only those customers that answered all the relevant questions could be analyzed.120 
Nonetheless, overall, the remaining customers appear to be fairly representative of the 
population from which they came. Table 6-5 displays the distribution of responses for the 
32 customers included in the Final CES model analysis. 
 
6.3.2 Model Results: Substitution Elasticity 

The average load-weighted substitution elasticity, computed over all 32 customers for 
whom we had adequate survey data for modeling, is a modest 0.14. This means that a 
100% change in the inverse price ratio (off-peak price/peak price) results in a 14% 
change in the ratio of peak/off-peak electricity consumption.121 This load-weighted 
average value includes all business categories, customer circumstances, and other 
influences and is about double the elasticity value estimated in the Initial CES Model. 
Overall the model explained about 25% (R2) of the variation in customers’ peak usage 
ratio over the three summer periods. Because there are only about 25% as many 
customers in the Final CES model as were used in the initial specification, a lower R2 is 
to be expected.  
 
Figure 6-4. Substitution Elasticities for 32 SC-3A Customers by Business Type 
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119 We used dummy variable slope shifters to distinguish differences in elasticity among the three business 
sectors (Government/education, industrial, Commercial) thereby allowing for an individual substitution 
elasticity estimate for each sector and to reflect enrollment in NYISO DR programs.  
120 In order to include answers to a survey question in the estimated demand equations, survey respondents 
had to provide a definitive answer: either a “Yes” or a “No”. A choice to not respond to the question, which 
was an option on every question, provides no information concerning classification of the explanatory 
variable and thus, that customer was omitted from the final CES model sample. 
121 Assuming that typical SC-3A off-peak and peak prices are $0.04/kWh and $0.06/kWh, the associated 
off-peak to peak price ratio is 1:1.5. A 100% change in that ratio (to 1:3) would result if the peak price rose 
to $0.12/kWh.  
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However, computing elasticities for each customer group reveals substantial variation, 
both within and between business categories (Figure 6-4). Average industrial customer 
elasticities, estimated at 0.11, are comparable to results of other RTP studies (Herriges et 
al, 1993; Schwarz et al, 2002). Government/education customers are more highly elastic 
(0.30), which refutes the common perception that only industrial customers are good 
candidates for price response. On average, commercial customers were not price 
responsive (0.00).122  
 
The average elasticities mask important differences in price response associated with 
customer circumstances. To illustrate these effects, we estimated substitution elasticities 
in a disaggregated fashion, first by business sector and EDRP participation, to establish a 
base price response, and then we estimated the marginal impact of customer 
circumstances and other influences on elasticities (see Figure 6-5).123

 
Figure 6-5. Impact of Characteristics and Circumstances on SC-3A Customers’ 
Substitution Elasticities 
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Does electricity account for >10% of operating costs? subtracting 0.08
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The first table in Figure 6-5 displays base elasticities for cohorts of SC-3A customers 
disaggregated by business type and EDRP participation, without adjustment for any other 
customer-specific circumstances or factors. For EDRP participants (rightmost two 

                                                 
122 Note that there is greater variation among the average elasticity values for the three customer groups 
compared to the Initial CES Model results, which we believe is attributable to the inclusion of customer-
specific factors. 
123 The model parameter estimates for the three peak periods are included in Appendix E. 
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columns in the table) base elasticities are computed for both event and non-event days.124 
On non-event days, EDRP participants face only SC-3A prices. 
 
Under most circumstances, government/education customers are significantly more price 
responsive than other customer groups; this is consistent with the average elasticity 
values reported in Figure 6-5. However, on EDRP event days, government/education 
EDRP participants are ~30% less price elastic than non-participant government/education 
customers. This may indicate that these customers have already curtailed or shifted load 
in response to SC-3A day-ahead prices when the NYISO calls an EDRP event, leaving 
limited opportunities to shed additional load, even at the higher EDRP inducement price. 
This explanation is based on the notion that some customers have a maximum amount of 
curtailable load.125  
 
Industrial customers enrolled in EDRP, on the other hand, show dramatically higher price 
response during EDRP events compared to industrial customer response to SC-3A prices 
alone: 0.40 substitution elasticity during EDRP events vs. 0.24 for customers not enrolled 
in EDRP and 0.03 for non-event days for industrial customers enrolled in EDRP. For 
these customers, the EDRP program appears to entice price response that SC-3A prices 
do not. 
 
The second set of results in Figure 6-5 shows the impact of additional factors on SC-3A 
customers’ responsiveness that are additive to the base elasticities in the first table.126 
These values are the model parameter estimates for the Final CES model. These results 
indicate that participation in other NYISO DR programs (DADRP and ICAP/SCR) 
enhances price response (the base elasticities are increased by 0.33 and 0.16 
respectively). This is not surprising, since both programs provide additional financial 
incentives to curtail and assess penalties for non-compliance.127 The DADRP estimate 
suggests that the prospect of getting paid to curtail boosts customer response over that 
which would be forthcoming from SC-3A prices alone.128

                                                 
124 During the study period, there were five days when the NYISO activated the EDRP program. On such 
days, during event hours, EDRP participants were assumed to face the $0.50/kWh curtailment incentive 
paid by the program as their SC-3A “price”. 
125 Typically, EDRP events are preceded by high day-ahead market prices, which are the basis for SC-3A 
prices. The model we employed assumes that elasticity is constant at all prices; thus computed elasticities 
may be lower if prices continue to increase after customers have reached their maximum load-shedding 
capability than they would be for the same load response at lower prices. Further research using demand 
models that do not impose this constant-elasticity constraint, augmented by customer interviews on their 
curtailment potential, may help resolve this apparent paradox. 
126 For example, if a particular industrial customer were not enrolled in EDRP, its base elasticity would be 
0.24. If that customer were a participant in the NYISO ICAP/SCR program, its elasticity would be 
augmented by 0.16 to 0.40. If that same customer experienced its peak load in the afternoons (-0.19) and 
had made technology investments since 1998 (-0.04), the resulting elasticity for that customer would be 
0.17. 
127 ICAP/SCR allows customers to sell their curtailment capability to a load-serving entity to meet its 
installed capacity requirement. Customers receive an energy payment for their load reduction if called. 
Failure to comply with curtailment events can result in financial penalties and a de-rating of the curtailable 
load the customer can sell in the future. 
128 DADRP allows customer to bid curtailments into the NYISO day-ahead market, and if scheduled, 
receive the day-ahead market price if they curtail as scheduled the next day. In effect, they get paid to 
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Customers that report peak usage between noon and 5pm and those with high electricity 
intensity are less responsive than other customers, all else equal (substitution elasticities 
are reduced by 0.19 and 0.08 respectively). This is consistent with the notion that it is 
harder for customers to curtail when critical business activity and electric use coincide 
with times of high prices.129 Note that subtracting these amounts from the base elasticities 
above for the three business sectors still leaves positive elasticity values overall. 
 
However, the technology investment results are counter-intuitive. The negative marginal 
elasticities indicate that investing in DR-enabling technologies actually decreases price 
responsiveness. This effect is much more pronounced for DR investments made before 
1998. For investments made after 1998, the negative impact on elasticity is small, but we 
would expect these DR-oriented investments to facilitate price response. It may be that 
customers have received peak load management devices or information systems from 
NMPC or through NYSERDA public benefit programs, but have not taken full advantage 
of their capabilities. Many customers reported that they made energy information system 
(EIS) investments in an attempt to better understand the overall load profile at their 
facility, not to expressly improve their ability to be price-responsive. Information from 
EIS and EMCS were often used to reduce overall electricity consumption as well as 
reduce usage during peak periods.130 Another possibility is that the equipment was 
installed relatively recently so that it was not available during the period covered by our 
demand modeling.131 Finally, investments in DR-enabling technologies may be correlated 
with other factors that reduce price response but are not accounted for in the model. 
Further research is needed to more clearly specify the impact of technology on price 
response.  
 
The last two factors, temperatures over 70 degrees Fahrenheit and the year 2001 
(characterized by much higher price volatility), have negligible incremental impacts on 
customers’ elasticity.132

                                                                                                                                                 
respond to prices that are themselves an inducement to respond, which some argue is a double payment. 
However, these results suggest that customers treat the two situations differently when it comes to adjusting 
usage.  
129 However, other studies of industrial response to RTP have found the opposite result: that customers with 
more electricity-intensive production tend to be more, not less, responsive (Christensen Associates, 2000).  
130 In addition, the decision to invest in enabling DR technologies is assumed to be exogenous (i.e., 
independent) of price-responsiveness in our model specification. Many believe that customers invest in 
technology because they already are savvy about their electricity demands. To mitigate the possible effects 
of this assumption, a choice model could be developed to predict investment in energy management 
equipment, the results of which would be included in the model as a truly exogenous explanatory variable. 
Time and resources did not permit such activities in this phase of the analysis, but is a subject for 
continuing research in this area.  
 
131 NYSERDA implemented programs beginning in 2001 that provided incentives to customers to install 
technologies that would assist them in responding to the NYISO demand response programs. However, 
many projects were not operational until the summer of 2002 so the cumulative impact is not reflected in 
the modeled data. 
132 Because hot days are often associated with high day-ahead prices and EDRP and ICAP/SCR events, 
isolating a separate heat effect is difficult.  
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In summary, the average estimated business class elasticities belie the diversity of 
response among customers within the same business classifications. Some customers are 
very responsive, while many do not appear to adjust their usage to prevailing SC-3A 
prices. Participation in the NYISO EDRP program has a positive influence on the 
response of some industrial customers that display little response to SC-3A prices alone. 
Other NYISO DR programs also appear to increase response, lending support to the 
notion that RTP and DR programs are complementary. 
 
6.3.3 Quantifying Load Shifting vs. Conservation/Curtailment Behavior 

The CES demand model assumes that customers shift electricity-consuming activities 
from the peak period to the same day’s off-peak period and measures response in terms 
of load shifting by comparing changes in the ratio of peak to off-peak consumption. 
However, many customers reported curtailing or foregoing discretionary usage during 
high-priced periods without making it up later. In such cases, the estimated elasticity of 
substitution underestimates the nominal level of the reduction in peak usage because the 
response of customers that curtail or conserve load is not fully captured. 
 
To adjust our characterization of price response to recognize these behaviors, we adapted 
a model introduced by Patrick (1990), which we call a Load Response Characterization 
(LRC) Model (see section 2.7.5). The LRC model distinguishes load shifting from 
foregoing discretionary consumption, which Patrick (1990) defines as conservation. A 
conservation behavior parameter is estimated from customers’ hourly electricity usage 
data to express the degree of foregone consumption relative to a customer baseline 
(CBL). This parameter ranges in value from zero (complete shifting) to one (complete 
conservation). Values between these extremes indicate combinations of shifting and 
discretionary peak reductions. The full specification for the LRC method of empirically 
characterizing customer price response behavior is described in Appendix E. 
 
The LRC model serves two purposes in this study. First, combined with survey data, it 
allows us to better understand the type of response undertaken on a high priced day by 
different types of customers – information that can help guide RTP and technology 
adoption program design. Second, it also allows us to apply the CES model results more 
accurately in predicting load response due to individual price events. In this section, we 
deal with the former – characterizing customer response behavior. In the next section, we 
predict SC-3A customers’ aggregate response to price events by combining CES and 
LRC model results.  
 
In order to estimate the LRC model, we had to define and compute a CBL using available 
load data from SC-3A customers.133 We hypothesized that SC-3A customers see the 
                                                 
133 In order to assess the extent to which customers shift load or forego usage, some estimate of “typical” or 
expected electricity consumption must be known to assess the effects of load responding to price. In two-
part RTP programs, utilities establish a customer baseline (CBL), which reflects a customer’s historic 
hourly consumption pattern. For NMPC SC-3A customers, we had to construct a CBL from recent load 
data, because we did not have access to usage data prior to 2000 and because NMPC did not calculate a 
CBL, given the one-part rate design. 
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prices they pay as belonging to two basic regimes: a low-priced, typical regime and an 
episodic, high-priced regime. We assumed that customers adopt relatively consistent 
usage patterns over time for the low-priced regime, and that the high-priced regime 
represents opportunities to reduce their electricity costs if some usage can be curtailed or 
shifted. For our purposes, we define “low-priced” days as days in which SC-3A peak 
period prices (from noon to 5pm) never reached $0.075/kWh; all other days (those with 
peak-period prices above $0.075/kWh), are deemed “high-priced” days.134 Usage on the 
low-priced days is averaged in each hour to define the CBL, which is then compared to 
the average hourly usage on high-priced days. 
 
We further refined the CBL by subdividing the low-priced days into “hot” and “cool” 
days, in an attempt to separate weather from price effects.135 This seemed appropriate 
given that many survey respondents indicated that their electricity usage is weather-
sensitive and because these customers do indeed exhibit systematically different 
consumption patterns on hot and cool days. We used the median of the average 
Temperature Heat Index (THI) derived by the National Weather Service during the hours 
of noon to 5pm to segment and distinguish hot from cool days. We also disaggregated the 
CBL days by year, thus allowing the CBL to differ across time and weather in order to 
represent changes in business activity that might take place from year to year and from 
hot days to cool days. Table 6-6 shows the number of CBL and high-priced days 
assigned to these categories.  
 
Table 6-6. Customer Baseline (CBL) and “High-Priced’ Days by Year and 
Temperature 

Number of CBL 
Days 

Number of High-
Priced Days 

Year 

Hot Cool Hot Cool 
2000 19 19 18 11 
2001 17 29 19 2 
2002 6 28 24 7 

 
We then derived individual customers’ CBL usage by taking the average consumption for 
each hour of the day over all days in each category. This allows us to compare each 
customer’s consumption on high-priced days with their consumption on similar CBL 
days and to estimate how they are responding (see Appendix E). To add explanatory 
power to the LRC model, we used the same set of exogenous variables and peak periods 
that were tested and/or included in the Final CES demand model.  
 
The estimated coefficients of the final LRC model are displayed in Table 6-7. The model 
is able to explain over 85% of the variation in daily electricity use from the constructed 

                                                 
134 Of course, our determination of high and low prices is subjective and may not exactly mirror how 
individual customers’ view them. 
135 By defining the CBL in this way, we are assuming that if all hourly prices during a particular “weather” 
day are below the threshold price of $0.75/kWh, there is no incentive for customers to alter usage in 
response to the relatively minor differences in hourly prices. In contrast, when the price differentials are 
somewhat higher, there is an incentive to alter electricity usage in response to price. 
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baseline. Globally, the parameters are statistically significant and the majority of the 
estimated parameters are individually significant at the 99% level. The results for the 
Long peak period are shown in Table 6-7; results were similar for the other peak-period 
definitions. 
 
Table 6-7. Load Response Characterization Model Parameter Estimates 
Parameter LRC Estimate 

(noon-5pm 
peak) 

% Change in Peak Use to CBL 0.83* 
Peak Usage Noon-5 PM -0.04*** 
Government/education -0.15* 
Commercial -0.12* 
Industrial -0.17* 
Electricity Cost > 10% Op Cost -0.02 
Investment made prior to RTP 0.26* 
Investment made while on RTP 0.06* 
NYISO EDRP Participant 0.29* 
NYISO DADRP Participant -0.51* 
NYISO SCR Participant -0.35* 
R-Squared 0.87 
F-Test of Global Significance 363.88* 
N=32 
* Significant at 1% level 
** Significant at 5% level 
*** Significant at 10% level 
 
To interpret the coefficients, it is convenient to look at the sign of the estimated 
parameters. A positive sign indicates customers with the given characteristic are more 
inclined to forego electricity throughout the day on high priced days, while a negative 
sign indicates customers with the given characteristic are more inclined to shift usage 
from peak to off-peak periods on high-priced days. For example, customers who made 
investments in DR equipment prior to seeing hourly prices on the SC-3A RTP rate tended 
to more universally reduce and curtail load in both periods. This type of response 
behavior is also exhibited by customers that made investments in DR enabling 
technologies after 1998, but to a lesser degree (coefficient values are 0.26 and 0.06 
respectively). Interestingly, EDRP participants tend to forego electricity in more equal 
proportions across the day while DADRP and SCR participants overwhelmingly appear 
inclined to consume disproportionately in the peak than they use throughout the day. 
 
Table 6-8 displays the estimated conservation parameters for SC-3A customers by 
business category for the noon to 5pm peak period. Average sector-specific values range 
from 0.85 (industrial) to 0.91 (commercial), confirming survey results indicating that 
customers primarily curtail discretionary usage rather than shift load. The estimate ranges 
in Table 6-8 bound the results within each business classification.136  
 
                                                 
136 Parameter estimates greater than 1.0 indicate that the customer reduces load by a greater proportion in 
the off-peak period than is curtailed (foregone) in the peak period.  
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Table 6-8. Final LRC Model: Conservation Parameter Estimates 
Business Type Number of 

Customers 
% of Total 
Maximum 
Demand 

Average 
Conservation 
Coefficient 

Estimate 
Range 

Industrial 10 52% 0.82 0.50 – 0.92 
Commercial 9 23% 0.91 0.64 – 1.00 
Gov’t/education 11 21% 0.85 0.64 – 1.09 

 
6.4 Aggregate Demand Response Potential of SC-3A Customers 

We used substitution elasticity and conservation parameter estimates to predict the level 
of demand response that can be expected from high-price events. This provides a 
comprehensive estimate of the aggregate response of SC-3A customers that accounts for 
both types of curtailment behavior.  
 
To estimate the peak-period price response of SC-3A customers as a group, the 
elasticities for the four business sectors were extrapolated to the population of SC-3A 
customer accounts, using sector load weights.137 Figure 6-6 illustrates the resulting peak 
period curtailment curves, first using the estimated substitution elasticities alone (shifting 
behavior), and then incorporating the estimated conservation effect. At a reference price 
of $0.50/kWh, almost 30 MW of additional demand response is attributable to curtailing 
or foregoing discretionary usage. Over 90% of the curtailment potential is achieved at a 
price of $0.50/kWh. The maximum curtailment amounts to about 18% of the non-
coincident peak demand of the SC-3A customer class.138  
 
Figure 6-6. Aggregate SC-3A Peak Period DR: Shifting Only and Conservation 
Adjusted 
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137 The elasticities were estimated using 32 customers with complete survey data; elasticity results were 
matched and extrapolated to the 141 SC-3A accounts with a maximum peak demand of 562 MW. 
138 Customers’ peak demand was established individually from their usage during the weekday hours of 
7am – 5pm.  

 94



 

Figure 6-7 illustrates the interrelationship between the SC-3A tariff rate and NYISO DR 
programs. The declaration of an EDRP event day by the NYISO adds an additional 12-15 
MW of the estimated curtailments by SC-3A customers that are enrolled in and respond 
to EDRP. 
 
Figure 6-7. Estimated Impact of EDRP Events on SC-3A Customers’ Peak Period 
Demand Response 
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6.5 Summary and Conclusions 

The merits and impacts of RTP tariffs (and ISO DR programs) have been debated at 
length in regulatory proceedings and industry forums. The results of the demand-
modeling portion of this case study contribute in important ways to the discussion of 
customers’ willingness and capacity to change consumption when they face high 
marginal prices for electricity as part of their default service.  
 
First, collecting information on customer circumstances and other influences deepened 
our understanding of the factors that affect SC-3A customers’ price responsiveness. We 
attempted to isolate and accurately portray how customer loads vary systematically with 
changes in prices, including important customer attributes that are not available from 
utility customer files. The survey effort produced a wide variety of information, from 
which we culled the most useful. Given the value of such customer characteristics, it 
behooves those conducting price response evaluations, whether they are to support a 
policy action or part of a private business venture, to make provisions to collect similar 
information.139 The Final CES model illustrates the potential value and insights that can 
be obtained from collecting such information.  
 
The second major contribution is the clear demonstration of the wide differences in 
customers’ inclination to respond to prices. While the overall estimate of SC-3A 

                                                 
139 We believe that it is not feasible to fully identify all factors that cause customers’ loads to vary because 
such an endeavor would require extensive data on the level of each firm’s output and prices of its inputs, 
which few if any firms would be willing to provide. 
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customers’ elasticity of substitution (0.14) is relatively modest, and comports with the 
findings of other studies of two-part RTP tariffs, our results demonstrate that firm and 
institution characteristics matter in determining price responsiveness. Thus, if one is 
concerned with recruiting customers for an RTP tariff (or DR program), the amount of 
load adjustment in response to price will clearly depend on the type of customers and 
their choices regarding hedging contracts, their facility and business characteristics (e.g., 
when their electricity usage peaks), and history of and willingness to invest in enabling 
technologies. Knowing the differential response capacity of firms assists in identifying 
which firms to target for participation in such programs.  
 
Third, the Final CES model illustrates the potential value of disaggregated analysis of 
customer market segments and characteristics, although the relatively small sample and 
survey response rate creates challenges in extrapolating the results to the SC-3A target 
population. The 32 customers exhibit a much wider range of elasticity estimates because 
the models include more detailed information. 
 
Fourth, we attempted to separate and estimate customer response to RTP and ISO DR 
programs. Government/education customers are the most responsive to SC-3A prices. 
Industrial customers that participated in EDRP appear to be quite unresponsive to SC-3A 
prices, but appear to be very responsive to EDRP curtailment incentives. These results 
suggest that some customers make distinctions: they are not inclined to respond to 
relative price changes on a routine basis, but for the same reward, do reduce usage when 
the action is associated with conditions that could lead to forced service outages. While 
this last result is encouraging, it clearly shows the need for further testing with models 
that allow the estimated response elasticity of all customers to vary with the size of the 
peak to off-peak price differential (see Appendix E).  
 
Another priority for additional research is estimating a demand model that allows one to 
look across days for signs of price responsiveness (see Appendix E). This is also an 
important way in which customers can respond to price and would provide insight into 
questions that surround the debate on RTP and ISO DR programs. Some believe that 
under these types of programs, utilities can suffer revenue losses as customers begin to 
respond to price signals. However, it is entirely possible that customers will instead 
reduce load on high priced days but actually make up this lost load on other days. This 
additional load may cause demand to increase in such a way that utilities may not suffer 
revenue losses.140

                                                 
140 Utilities could potentially see their revenue stream rise, particularly if this new demand profile affects 
customer demand charges. The extra energy consumed during times of shifting load could also generate 
more revenue for utilities if a customer consumes more to make up for lost production on peak days. 
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7. Discussion: Implications of NMPC RTP Experience for Policymakers in 
California (and other states)  

7.1 Overview  

In this chapter we summarize key findings of our case study of NMPC customers’ 
experience with RTP (i.e., an hourly day-ahead market pricing program). We believe that 
these results are useful for policymakers in California and other jurisdictions that are 
considering implementing RTP as the default service tariff for large customers or to 
achieve demand response goals in a more traditionally regulated market. Forging a 
sustainable policy on dynamic pricing is often stymied by debates over the design of such 
rates (e.g., which pricing structure induces the most response or is most cost-effective?). 
At the heart of this debate is the paucity of empirical information that can be used to 
characterize and quantify customers’ price response under RTP-type pricing.  
Quantifying the impacts of RTP pricing is important to policymakers, market designers 
and customers.141 A primary goal of this study is to contribute to improving the 
characterization of how customers respond and potentially benefit from participating in 
RTP service.  
 
Energy regulatory agencies in California are currently focused on developing a range of 
dynamic pricing pilots and tariffs for customers of all sizes. Utilities are implementing 
pilot one-part RTP programs for large customers (>200 kW) and two-part RTP tariffs are 
under development. Utilities are also implementing Critical Peak Pricing (CPP) pilots for 
residential and small to medium-size commercial customers (CPUC, 2002).142 The 
principal policy goal underlying this effort is increasing customer demand 
responsiveness. However, other objectives – such as improving economic efficiency 
through use of market-based price signals or providing customers with cost-saving 
opportunities to reduce peak load and/or shift load to off-peak, less expensive periods – 
are also important to stakeholders (Jaske and Kaneshiro, 2004). 
 
Because context is extremely important to interpreting results from case studies, we begin 
this section by comparing the regulatory environment and market circumstances in 
California with those in which RTP was adopted at NMPC. We then summarize key 
findings from the NMPC RTP case study and discuss implications for policymakers in 
California (and other states), focusing on the following issues:  
 
• customer acceptance of and response to RTP (in terms of choices made) 
• customer education and information 
• tariff design and retail competition 
• customer adaptation and coping strategies: hedging price volatility  

                                                 
141 Customers are keen to better understand the opportunities and consequences associated with RTP 
pricing. Absent a comprehensive and credible quantification of the benefits and risks of RTP, supplemented 
by the experiences of others that have been exposed to such pricing, most customers are excusably wary 
and can be expected to resist RTP. 
142 In this proceeding, stakeholder working groups facilitated by regulatory agency staff are developing 
tariffs and pilots for large and small customers, which are then ruled upon by the CPUC.  
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• role of enabling technologies 
• the interactions of ISO DR programs and NMPC RTP service 
• demand response potential, including both customers’ perceived capability and 

substitution elasticity 
 
7.2 California Market and Regulatory Context for RTP: How is California 
different from New York? 

7.2.1 Market Structure and Context 

Over the last 15 years, about 40 utilities have implemented RTP programs. Nearly all of 
these programs have been implemented initially on a pilot basis by vertically integrated 
utilities in states where retail competition was not allowed (Barbose et al, 2004). During 
the last few years, several states and utilities (e.g. New Jersey, Illinois, NMPC, Baltimore 
Gas & Electric) have considered and/or begun implementing RTP as the default service 
for large customers as part of a competitive retail market structure.143  
 
California’s current retail market structure is a product of the consequences of the 
electricity crisis of 2000-2001. Retail competition was suspended in 2001 in response to 
the crisis and as a result customers no longer have the option to switch suppliers (CPUC, 
2001). However, customers that already had direct access arrangements in place prior to 
the suspension have been allowed to continue those contracts. While the move to 
competition has been suspended, California policymakers have made no irreversible 
decisions about the longer-term structure of retail markets, and are considering several 
competing proposals or visions.144

  
California’s wholesale markets administered by the California ISO (CAISO) are being 
redesigned and are in transition (FERC, 2002). Currently, the CAISO does not have a 
functioning day-ahead market to which hourly RTP prices can be indexed and is not 
planning to implement a day-ahead market until Fall 2005 (Jaske and Kaneshiro, 2004). 
If RTP is to be implemented before this time, some other acceptable source of hourly 
price signals must be identified or developed.  
 
In contrast, the introduction of RTP at NMPC went hand in hand with the transition to 
competitive retail and wholesale markets. Initially, NMPC implemented RTP by 
estimating day-ahead market prices from system hourly marginal energy costs. This was 
a transition strategy that allowed NMPC to roll out its tariff along with retail choice. 
Within a year of the onset of customer choice, the NYISO established a day-ahead energy 

                                                 
143 In some cases, the intent seems to be to promote price response to improve the efficiency of wholesale 
and retail electricity markets; in other cases, simply inducing greater switching to competitive suppliers 
appears to be the desired outcome.  
 
144 The California legislature is considering bills that return to utility monopoly service or propose 
core/non-core models in which large customers have the opportunity to procure electric commodity from 
competitive retailers. 
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market (DAM) that provided hourly, locational marginal prices and NMPC then indexed 
its hourly prices to the DAM.  
 
Large customers saw RTP as a vehicle for accessing wholesale market prices and favored 
indexing to the DAM. NMPC saw the risk-mitigation benefits of allowing customers to 
purchase in the same markets it was procuring power in, and regulators saw RTP as an 
efficient rate design and believed that a competitive retail market would provide 
customers with attractive service offerings. This convergence of interests and beliefs 
helps explain why RTP for large customers was incorporated into the restructuring 
settlement and NYPSC Order. At this point, there does not seem to be such a 
convergence of interest and beliefs in California. Thus, the transitional and unresolved 
state of California’s wholesale and retail power markets shapes several key RTP program 
design and implementation issues and tempers the applicability of NMPC experience to 
California.  
 
7.2.2 Regulatory Context 

Interest in RTP in California is driven primarily by policymakers’ desire to encourage 
development of price-responsive load that can reduce market prices through more elastic 
demand and provide load reductions that will help ameliorate tight supply-demand 
conditions. In New York, policymakers were initially more focused on creating a market 
structure and tariffs that would stimulate retail competition. After the NYISO day-ahead 
market experienced price spikes in 2000-01, policymakers became increasingly 
concerned about the need for price-responsive load. In response, the NYISO developed 
emergency and economic DR programs and policymakers in New York have developed a 
renewed interest in RTP for its DR potential.145

 
Issues of concern to various stakeholders in California also differ from the situation at 
NMPC when default RTP service was adopted.  
 
Mandatory vs. Voluntary RTP. Currently, in California, virtually all stakeholders are 
opposed to RTP being mandatory or implemented as the default tariff for large 
customers. Mandatory RTP raises the issue of the appropriateness of placing wholesale 
market price risk on customers, particularly if alternatives are not available or costly 
and/or if wholesale prices faced by customers are not derived from a transparent 
wholesale market. However, designing voluntary RTP programs that are effective and 
achieve the desired DR policy objectives can also be quite challenging. For example, 
with a voluntary one-part RTP tariff, customers may self-select – those with load shapes 
“better” than the class-average (due to consuming disproportionately less peak-period 
energy) being more likely to enroll. Depending on the program design, some customers 
may not need to actually alter their loads in response to RTP price signals to save money. 
This result may be problematic from the standpoint of achieving DR objectives. A two-
part RTP tariff resolves the customer bias problem but creates other design challenges: 

                                                 
145 The NYPSC has been considering the potential for statewide RTP to achieve DR goals in a recent 
proceeding (NYPSC, 2003). 
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defining the CBL (the amount of energy the customer otherwise would have consumed) 
and tying RTP revenues to the rest of the cost-based rate base.  
  
At the time RTP was implemented at NMPC, these issues were not of great concern to 
large customers because the tariff was not regarded as truly “mandatory”, according to 
our interviews (see Chapter 3). ESCos were expected to provide customers with a variety 
of hedged alternatives and NMPC also offered a hedged tariff alternative for a transition 
period (Option 2).  
 
Revenue neutrality. Customer- and class-specific revenue neutrality are important issues 
to stakeholders in California.146 In New York, neither of these issues was controversial. 
Class-level revenue neutrality was not an issue because cost allocation for other rate 
components (e.g. distribution service) was resolved as part of the restructuring settlement 
and the entire SC-3A customer class was being migrated to RTP for commodity service. 
Customer-level revenue neutrality was not of concern because parties expected 
customers’ bills, overall, to go down. Moreover NYPSC staff was convinced that RTP 
provided a mechanism for allocating costs more efficiently among large customers than 
traditional ratemaking practices had done.  
 
Cost Effectiveness. Some California stakeholders have raised concerns about the cost-
effectiveness of implementing RTP – namely that the costs of program development and 
marketing, new billing systems, etc., could exceed the expected benefits (e.g., the 
potential for savings in wholesale market power purchases and possibly resource 
adequacy requirements). In New York, NMPC’s customer billing system was already 
undergoing significant changes as a result of the restructuring process, and thus 
incremental costs associated with RTP implementation were viewed as negligible.  
 
7.2.3 Challenges Implementing RTP in California 

Implementing RTP in California is challenging given the current market and regulatory 
environment. First, many industrial/commercial customers in California are dissatisfied 
with high electric rates and have raised significant concerns regarding current rate design 
and cost allocation. Representatives of industrial customers argue that they have borne 
the brunt of rate increases arising from the California energy crisis, far in excess of what 
could be justified by cost-of-service analysis (Barkovich & Yap, 2003). Because of the 
cost allocation issues, RTP tariff design is likely to be litigated and may be contentious.  
 
Second, large customers in California are frustrated with the frequent changes in DR 
program offerings and requirements during the last 3-4 years. Thus, customers are wary 

                                                 
146 In California, the customer-level revenue neutrality issue has already been largely determined by the 
CPUC’s direction to design two-part RTP tariffs that employ a customer baseline (CBL) to hedge usage at 
the customer’s otherwise applicable TOU tariff rate. Class-level revenue neutrality is more difficult to 
maintain because of differences in average electric rates (TOU tariffs) and marginal costs (RTP signals); 
this is exacerbated by the long-term DWR power contracts (WG2, 2002). 
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and hesitant to commit to new programs, particularly if they must make technology 
investments to respond effectively.147  
 
Third, given the experience during 2000-2001 with volatile and high wholesale prices, 
customers in California may be reluctant to voluntarily enroll in RTP programs.  
 
Fourth, the lack of transparent, market-based hourly prices that all parties trust presents a 
challenge. In states where PUCs have mandated RTP as the default service tariff, a pre-
condition appears to be the existence of well-established and transparent wholesale 
markets. Because California does not have an operational day-ahead market, some other 
source of hourly marginal prices must be utilized if RTP is to be implemented.148  
 
7.3 Summary of NMPC RTP Case Study: Key Findings  

In this section, we summarize the key findings from our case study of NMPC SC-3A 
customers that were exposed to RTP.  
 
7.3.1 Customer Acceptance 

Customer acceptance, particularly if RTP programs are voluntary, is intimately linked to 
overall satisfaction with the tariff. Our market research on customer acceptance of RTP at 
NMPC reveals the following: 
 
• The sky didn’t fall when RTP was made the default service option in 1998. Survey 

respondents are relatively satisfied with the SC-3A tariff today, despite the views 
expressed by some that hedging options and not attractively priced relative to 
perceived risks (see section 4.2). 

• NMPC’s pilot RTP programs, which began in the early 1990s, helped create a climate 
in which customers were comfortable with dynamic pricing tariffs, and ultimately 
helped pave the way for acceptance of RTP as the default service tariff. 

• As of summer 2003, at least 65%of survey respondents were exposed to hourly 
wholesale prices, either through the default RTP tariff or because they contracted 
with competitive suppliers for indexed products. 

• Customers are less satisfied with the offerings of the competitive retail market, yet 
they do not blame regulators or the utility for these limitations. 

• Because retail market competition has been somewhat disappointing for customers 
and because wholesale market prices have been higher than expected, industrial 

                                                 
147 Most RTP pilots in other states have been approved by PUCs for three or more years of operation under 
stable protocols in order to allow customers to justify investments in enabling technologies and realize the 
benefits from them. 
148 Parties have suggested using a third-party financial index or allowing the utilities to develop a 
“synthetic” price based on their cost of procurement. ICE, the Intercontinental Exchange, publishes a power 
price index, but it does not provide hourly prices (only peak and off-peak averages). Moreover, the utilities 
no longer calculate system lambdas to estimate their hourly system energy costs and are reluctant to 
provide such information because of market competitiveness concerns (Jaske and Kaneshiro, 2004).  
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customer representatives indicated that it would be a “tougher sell” today to mandate 
RTP as the default service for large customers at NMPC. With the benefit of 
hindsight, they would have spent more time focusing on the design of other tariff 
options offered by the utility that hedged price volatility risks (e.g., Option 2).  

 
7.3.2 Customer Education/Information 

The move to retail competition and RTP represented a major transition for large 
customers in New York as they were presented with an array of choices about electricity 
procurement and supplier choice. In the area of customer education and information, our 
market research reveals that: 
 
• About 70% of survey respondents rated themselves as relatively unprepared to 

respond initially to dynamic prices, make the decision to nominate load on Option 2, 
evaluate strategies to cope with price volatility, or procure electricity from 
competitive suppliers (see section 4.2.2). 

• Customers didn’t necessarily expect the utility to provide information on all of these 
choices and supply options; competitive suppliers, their own trade and industry 
associations, NYISO, NYPSC, and NYSERDA were also viewed as potential 
information sources. 

 
7.3.3 Tariff Design and Retail Competition 

In New York, the design of the RTP tariff (i.e., unbundling of commodity charges from 
other rate elements; pass through of day-ahead market prices) and retail market structure 
were closely linked. Based on our customer market research, we find that: 
 
• NMPC customers are generally satisfied with the unbundled RTP design: 35% 

offered no suggestions for improvement, although about 15% of survey respondents 
indicated that they would have preferred a two-part RTP design (see section 4.2.1). 

• About 53% of SC-3A customers have taken electric commodity from a competitive 
supplier at some point in the last five years (see Table 4-1). 

• Competitive supply offerings are evolving: initially several ESCos offered 
attractively priced fixed-rate contracts, while over the last year or two, customers are 
increasingly taking commodity contracts with prices indexed to the day-ahead 
market. 

• Many NMPC customers indicated in interviews that fixed rate contracts offered by 
ESCos are not attractively priced at present.  

 
7.3.4 Customer Adaptation and Coping Strategies: Hedging Price Volatility 

Under RTP, individual large customers must manage wholesale market price risks that 
were previously assumed by utilities under TOU tariffs. The appropriateness of 
transferring this price risk to individual customers is a major issue in RTP 
implementation. Proponents of RTP point out that risk-averse customers should be able 

 102



 

to hedge using a variety of financial products or supply contracts. However, this assumes 
that customers are fully aware of the risks, are familiar with hedging alternatives, and that 
such alternatives are readily available to them.  
 
With respect to NMPC SC-3A customers’ hedging choices and preferences, our case 
study reveals the following: 
 
• About 18% of SC-3A customers nominated load under the utility’s flat rate 

alternative to RTP (Option 2) – more probably would have done so if they’d had 
more information at the time and/or if the contract was less restrictive (e.g., without 
take-or-pay provisions). 

• As of summer 2003, about 35% of survey respondents are hedged in some manner 
against commodity price risk, predominantly through physical supply contracts with 
flat or TOU pricing. 

• Over the last five years, customers report that hedged supply contracts have become 
somewhat less common; at the same time there appears to be an increase in the 
number of financial hedges purchased by customers. 

• Many survey respondents report that they want to hedge but that opportunities don’t 
exist or are too expensive. 

• Stated preference models based on our conjoint survey suggest that the price premium 
for hedged products has to be relatively low – otherwise NMPC large customers are 
more likely to stay on pricing structures that pass through day-ahead market prices 
(e.g., Option 1 or indexed supply contracts) given the current market environment in 
New York (see Chapter 5). 

 
Possible explanations for why customers remained on RTP include:  
 
• Customers are sophisticated – they monitor day-ahead market prices and adjust usage 

patterns if necessary. In the face of declining price volatility in NYISO day-ahead 
markets, higher average DAM prices and unattractive retail market offers, customers 
make informed decisions not to hedge. 

• Customers are discouraged – retail market offers are scarce or unattractive;  
• Customers are not fully aware of the price volatility risks – our interviews provide 

some evidence for this; for example, some customers said they do not follow prices, 
rather they only see their bill at the end of the month. 

• Customers have chosen not to choose – because RTP is the default service, those who 
have been undecided or not actively sought out alternatives have remained on RTP. 
Some customers may be more comfortable with taking commodity service from a 
regulated utility. 

 
In reality, all of these explanations are probably true for at least some customers. Our 
interviews revealed that customers vary considerably in their attention to electricity 
usage, knowledge of the range of products and options available to them, and individual 
management structure and operating conditions. 
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7.3.5 Role of Enabling Technologies 

Customer exposure to high and volatile wholesale market prices, advances in 
communication, metering, and information technologies, and renewed interest in DR 
among policymakers has helped stimulate innovations in load management and 
information and control technologies. These technologies can help customers develop 
automated DR strategies, monitor load curtailments in near-real time, reduce transaction 
costs to implement load curtailments, and minimize service or amenity losses. Certain 
types of energy efficiency investments can also be quite cost-effective in reducing peak 
demand.  
 
Examining NMPC SC-3A customers’ technology investments and their impact on 
demand response, we find the following: 
 
• About 85% of survey respondents reported making technology investments (mostly 

energy efficiency-oriented) prior to the introduction of default RTP in 1998. These 
early investments were driven largely by the perceived need to reduce usage in 
response to TOU rates that had a lengthy on-peak period (8am-10pm) – thus energy-
efficiency investments dominated. Many large customers also developed a 
conservation ethic, which may explain why many survey respondents indicated 
foregoing usage in response to high prices or during system emergencies. 

• Customer adoption of demand response enabling technologies has increased since 
1998, aided in part by financial incentives offered by NYSERDA. About 45% of 
survey respondents indicated that they had invested in demand response technologies 
since 1998, with a noticeable shift towards EMCS, peak load management controls, 
and energy information systems.  

• For the sub-set of customers that indicate that they can and do respond to high 
electricity prices (or ISO system emergencies), most indicated that their DR strategies 
relied mainly on relatively “low-tech” curtailment solutions (e.g., turning off lights or 
equipment, asking employees to reduce usage). Our in-depth interviews suggest that 
many customers are not fully aware of the potential applications and demand 
reduction potential of DR-enabling technologies they have adopted. 

 
7.3.6 Interactions of ISO DR Programs and RTP Service 

In New York, NMPC SC-3A customers were eligible to participate in three DR programs 
offered by the NYISO. ISO-DR programs complement RTP, providing measurable 
increases in DR when events are called, particularly for industrial customers.  
 
• We estimate that the overall amount of load curtailed by SC-3A customers increases 

by about 15% during high price days from those customers that respond to ISO 
emergency events. 

• Industrial DR-program participants are substantially more responsive to ISO program 
events than to SC-3A prices, while for government/education customers the marginal 
contribution of ISO DR programs to overall price response is modest. 
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• About 28% of the study population was enrolled in the NYISO EDRP program, and 
9% in the ICAP/SCR program. Enrollment in ICAP/SCR is exclusively by industrial 
customers; EDRP is particularly popular among government/educational institutions. 

• Based on our customer interviews and other studies (Neenan et al, 2003), NYISO 
“emergency” DR programs are attractive to customers because: 

o they provide significant financial rewards (e.g. $500/MWh floor price and/or 
monthly reservation payments) 

o they allow customers to assist in “keeping the lights on” – there is a sense 
among customers that reliability is a public concern and that it is their 
corporate responsibility to participate (“good citizen” factor), 

o the NYISO calls events, so customers don’t need to monitor hourly 
commodity prices, and 

o participation and/or response may be voluntary, which is important for many 
customers. 

 
7.3.7 Demand Response Potential 

A major focus of this study was to assess the price responsiveness of SC-3A customers. 
We did this qualitatively through survey questions that probed customers’ perceived 
response capability, and quantitatively through the estimation of price elasticity using 
demand models.  
 
• About 54% of SC-3A survey respondents claimed they were unable to curtail at all, 

31% said they could curtail by forgoing usage only, and 15% said they could shift (or 
shift and forgo) usage;  

• Extrapolating from the modeling results, aggregate demand response that could be 
expected from 141 SC-3A customers at a price of $0.50/kWh is ~100 MW, about 
18% of these customers’ maximum demand. 

• While many of the NMPC SC-3A customers are not highly price-responsive, roughly 
one-third (10 of 32) of our Final CES model sample have an elasticity of substitution 
greater than 0.20. These highly elastic customers are distributed across the three main 
business sectors (Industrial, Commercial, Government and Education). Electricity 
intensive customers are less price-responsive on average as are customers who peak 
in the afternoon hours. Investments in energy management tools, in and of 
themselves, do not necessarily assist customers to be more price-responsive, but it 
does provide them with information to make better overall energy usage decisions.  

 
7.4 Implications for Policymakers in California (and Other States) 

In this section, we discuss the implications of our case study of customer experience with 
RTP at NMPC for policymakers in California and other states.  
 
7.4.1 Retail Market Structure and RTP Tariff Design 

• There is a fundamental policy trade-off between the “sink or swim” approach, in 
which a competitive retail market is facilitated by mandating RTP as the default tariff 
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(e.g., the NMPC model), and a “voluntary” approach, in which the utility offers RTP 
in addition to fixed rate tariffs and/or financial hedging products.  

• The voluntary approach protects customers if there is a paucity of hedging options, 
but ironically is likely to slow the rate of development of physical and financial 
hedging products. 

• In California, until wholesale (and retail) market structure issues are fully resolved 
and transparent prices are routine, the voluntary RTP participation approach may be 
more appropriate.  

• Based on the NMPC experience, should California policymakers decide to restore and 
encourage retail competition for large customers, making RTP the default service 
tariff for those customers appears to be consistent with this goal.  

o Our case study of NMPC RTP experience suggests that large customers 
can adapt to RTP under such conditions. However policymakers in 
California should determine whether retail markets are likely to provide 
customers with sufficient options to hedge initially, either through 
commodity or financial contracts offered by competitive retailers. 

o Even in well-established wholesale electricity markets, large customers 
may be disappointed with the pricing premiums and choices of hedging 
contracts offered by retailers. Thus, if hedging options are deemed to be 
deficient to meet customer needs, a NMPC Option 2 type hedge may be 
warranted, at least initially to prime the pump.  

• In a retail market structure that encourages direct access or a “hybrid” retail market 
structure such as currently exists in California (where some customers have 
grandfathered rights to direct access), designing a hedged service offered by utilities 
in addition to RTP raises a number of difficult policy issues: 

o Is it appropriate for regulated utilities to offer financial hedging products to 
customers, like Georgia Power does? If so, how is a fair, revenue neutral 
hedge computed? Who underwrites such hedges, utility shareholders or other 
ratepayers? 

o Should such hedged tariffs be available only during a defined transition period 
or indefinitely? 

o If part of a transition strategy, then what criteria should be used for sunset 
provisions of a hedged tariff? A fixed time period? Evidence of robust retail 
market? 

• If RTP is rolled out before retail market structure questions are resolved, or during a 
transition period, then a two-part RTP design may be the most practical way to 
introduce customers to dynamic pricing. Two-part RTP tariffs are potentially 
attractive options for customers as the CBL effectively hedges most of their exposure 
to price volatility. However, two-part RTP tariffs raise a number of program design 
and policy issues that must be addressed: 

o Is two-part RTP a desirable equilibrium result for large customers, or is it 
better used as a transition vehicle?  

o If the implicit benefits to customers are not sufficient to achieve the desired 
level of participation (and/or demand response), what additional inducements 
are justified and effective? 
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o What constitutes enough participation? How would such goals be set, and who 
would be responsible for achieving them? What inducements, such as cost 
recovery, are appropriate for regulated utilities? Should independent RTP 
service providers be authorized to recruit customers in anticipation of sharing 
benefits with customers, as is prominent in ISO DR programs?  

o Are there implications for utilities’ revenue requirements and allocation over 
time as RTP participants’ customers adjust usage to prices?  

o What constitutes the base rate to which the RTP tariff is made revenue 
neutral? Is that base rate adjusted over time to reflect changes in other rates, 
and if so how? 

o What rules should be promulgated for determining the CBL? Can the CBL be 
set once and for all without undesirable repercussions in later years? If not, 
how should it be adjusted over time?  

 
7.4.2 Implementation of RTP Tariffs and Customer Acceptance 

• In California, large customers have expressed concerns about high electric rates and 
price volatility, having witnessed extreme wholesale market price spikes during the 
crisis of 2000-2001. Thus, large customer representatives in California seem to be 
more skeptical that RTP tariffs will suit their needs than were their counterparts in 
New York when NMPC RTP offering was first introduced in 1998. These concerns 
must be made explicit and addressed in order to assure program success. 

• An important lesson from the NMPC experience is that customers are diverse, and 
therefore a range of inducements is needed to coax out the available price response. 
California and other states should consider establishing an overall strategy to 
facilitate DR through a combination of pilot RTP programs, staged RTP 
implementation, and utility or ISO DR programs. This approach provides customers 
with a “training ground” to gain experience and response capability and offer 
feedback.  

• It is critical to develop an education, marketing and information strategy that 
complements the roll-out of RTP tariffs and includes information about the range of 
service, hedging and supply options available (assuming retail access is revived). 
Utilities, regulatory agencies, and other market participants will need to undertake 
substantial efforts to educate, inform and train customers on their tariff and supply 
choices and potential response strategies. It is equally important to offer customers 
ongoing technical assistance to help assess their load curtailment capabilities and 
develop control strategies, particularly if demand response is a major rationale for 
implementing RTP. 

 
7.4.3 Customer Coping and Response Strategies: Hedging Products 

Our research shows that many NMPC customers are concerned about wholesale market 
price volatility and want access to products that hedge this risk. At the same time, 
products available in the retail market do not necessarily meet customer needs, either in 
terms of the types of products available or the embodied risk premium. Policymakers in 
California and other states should consider the following questions: 
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• What range of hedging choices is required to induce large customers to accept RTP-
type pricing services? Should customers have access to unlimited-quantity hedged 
supply options or take-or-pay type contracts? 

• If retailers do not provide the range of hedging products envisioned, is it because such 
products are truly uneconomical for competitive retailers to offer, or because market 
barriers or imperfections stand in the way?  

• If the former, should utilities or other entities be responsible for offering such 
products? If the latter, what policy interventions could address these market 
obstacles?  

• If the retail market is to be relied upon to provide hedged alternatives to RTP, it 
should not be assumed that all customers are fully aware of all the options available 
to them. Financial hedging products, for example, may be less well known to or 
understood by customers than hedged commodity supply options. Thus, policymakers 
should develop strategies to ensure that customers are well educated about their 
hedging options. 

 
7.4.4 Customer Coping and Response Strategies: Role of Enabling Technologies 

• Load management, energy information and control systems can facilitate load 
response, but because the benefits are uncertain, financial incentives and technical 
support may be necessary to encourage customer investment. This support may be 
required over an extended period because these technologies are relatively new and 
will likely continue to evolve and improve as their market penetration increases.  

• In designing DR programs that provide financial incentives to customers, 
administrators of public benefit funds should tie incentives for DR technologies to 
enrollment or participation in dynamic pricing tariffs or utility/ISO DR programs.149 

 
7.4.5 Interactions between RTP and Demand Response Programs 

• Our case study of NMPC customers underscores the notion that ISO-based 
emergency DR programs can complement RTP by providing the means for adjusting 
prices on short notice when power system conditions diverge radically from those that 
determined the day-ahead prices. 

• In New York, DR programs are well coordinated and harmonized among the ISO, 
utilities, and state agencies.150 An important result is that there is a common voice 
regarding the state of the market and the value of demand response that underwrites 
and authenticates program participation by otherwise skeptical customers. 

                                                 
149 Ideally, financial incentives to customers should be tied in some fashion to performance in DR 
programs, but this is quite difficult given the fact that “emergency” DR programs may be rarely called, or 
Critical Peak Pricing programs may not have triggering price events. As a substitute, ISO or public benefits 
program administrators often require periodic testing to ensure that DR capability is still available at 
facilities. 
150 The NYISO DR programs provide an overall framework for utilities and other LSE to market programs 
to customers. NYSERDA also offers several peak demand reduction programs that provide technical 
assistance and incentives to customers and load aggregators in order to overcome perceived market 
barriers. This DR program “infrastructure” helps train customers to become more price-responsive. 
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7.4.6 Demand Response Potential of RTP 

• The NMPC experience suggests that price response to RTP is modest overall among 
larger customers. A tripling or quadrupling of short-term hourly prices is likely to 
induce a 10-15% reduction in usage.  

• Price response in an RTP-type program varies substantially among individual 
customers. A few very responsive customers account for much of the overall 
response. Many customers appear to be very inelastic, and therefore subject to the 
adverse affects of high price volatility.  

• A surprising finding, at least given the conventional wisdom, is that education and 
government facilities typically exhibited the greatest price response among NMPC 
SC-3A customers.  

• Customers undertake a variety of actions in response to price changes. Some 
reschedule activities, some forego consumption, and some accomplish both. These 
differences are important as they affect the level of the customer’s bill savings, the 
utility or provider revenue impacts, and the impact on system load. These have 
implications for how participation is marketed, the value of enabling technologies, 
and the likely persistence of the response in periods of extended high prices. 
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