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A vigorous debate persists in the literature about the efficacy of clinical judgment 

and actuarial models of risk assessment. This study was designed to augment those 

commonly used methods by integrating a variety of factors that produce risk and 

protective effects among 101 youthful offenders. Adolescents and young adults in a 

maximum-security facility were interviewed with the Psychopathy Checklist: Youth 

Version (PCL:YV), and completed self-reports of psychopathy, impulsivity, and 

perceived parental care and protection. This selection of empirically-supported 

predictors was enhanced by criminal history and family information obtained through 

extensive file review. Markedly different prediction models emerged based on age. 

ADHD and PCL Factor 2 predicted adolescents’ institutional maladjustment. In contrast, 

young adults’ institutional behavior was influenced by impulsivity, family substance 

abuse, and gang membership. Treatment progress also differed depending on age; the 

absence of certain risk factors predicted success for adolescents, while academic 

achievement and intelligence facilitated young adults’ advancement. Importantly, 

support was demonstrated for the moderating effects of protective factors on violence. 

Finally, the predictive validity of newly-developed psychopathy self-reports was 

examined in relation to the PCL:YV. Both the SALE PS-24 and the APSD were modestly 

effective at differentiating between high and low levels of psychopathy. 
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CHAPTER 1 

INTRODUCTION 

Clinical evaluations of juveniles charged with crimes often begin with an 

assessment of their risk potential. In practice, social scientists and mental health 

professionals approach risk assessment in terms of estimating an individual�s risk of 

future harm and deciding upon appropriate treatment options to manage or reduce that 

risk. Wiebush, Baird, Krisberg, and Onek (1998) emphasized the importance of 

estimating the likelihood of an adolescent offender�s continued delinquent behavior in 

light of available interventions. They asserted that risk assessment and classification 

must be applied to all adolescent offenders in order to ensure consistent treatment 

decisions and more effective resource allocation. In their risk-need-responsivity theory 

of criminal conduct, Andrews and Bonta (1994) stated that in order to be effective, 

treatment must be matched with the individual offender�s risk of reoffending. They 

argued that intensive services should be provided for high-risk offenders with only 

minimal services for low risk offenders. 

Risk is defined in various ways according to context and the specific outcome of 

interest. Gendreau, Little, and Goggin (1996) broadly defined a risk factor as anything 

about an individual�s past or present circumstances and behavior that is predictive of 

any negative outcome. For offenders, Monahan and Steadman (1996) defined risk as 

the likelihood of future serious harm, while Gottfredson, Gottfredson, and Conly (1989) 

conceptualized risk as the likelihood of any harm with graduated levels depending upon 

the seriousness of the harm. The process of estimating the likelihood of harm among 
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offenders has been referred to as �estimating dangerousness� or �predicting violence,� 

although Hart (1998) has criticized these terms for their ambiguity and the implication 

that professionals are merely disinvolved evaluators, not responsible for subsequent 

clinical interventions.  

Models of Risk Assessment 

Bonta (1996) has categorized risk assessment measures within a developmental 

framework as three successive generations: unstructured, structured clinical judgment, 

and actuarial. Unstructured methods rely on the evaluator�s unstandardized decision-

making skills to accurately predict level of risk. Structured clinical judgment improved 

on this approach by providing empirical guidance for the systematic inclusion of 

important risk factors. Finally, actuarial risk assessment depends upon statistical 

techniques for the prediction of risk. The advantages and disadvantages of each 

approach are reviewed below. 

Unstructured Clinical Judgment 

First-generation risk assessment of offenders typically has involved unstructured 

clinical judgment. Individual decision-makers base their determination of the level of 

risk via their clinical training and expertise. By employing unstandardized procedures, 

decision-makers are able to apply idiosyncratic decision rules on a case-by-case basis. 

This lack of structure imparts flexibility on the part of the evaluator and allows for the 

inclusion of case-specific factors. 

Unstructured risk assessment has been criticized on many levels, particularly in 

forensic evaluations (Hart, 1998; Litwack & Schlesinger, 1999; Monahan, 1981; 
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Monahan & Steadman, 1994; Quinsey, Harris, Rice, & Cormier, 1998; Webster, Harris, 

Rice, Quinsey, & Cormier, 1994). Because of unstandardized procedures, different 

evaluators base their conclusions on various factors: (a) the seriousness of the offense, 

(b) the presence of certain risk factors, or (c) the offender�s need for services. The 

types of information and their use vary across individual decision makers according to 

their assumptions about what factors are most relevant. On this point, Bonta (1996) 

concluded that unstructured approaches are plagued with inconsistent methods and 

unsubstantiated decisions. Furthermore, unstructured judgment does not address 

Syndeham�s criteria (Murphy, Woodruff, Herjanic, & Fischer, 1974). Specifically, 

unstructured approaches do not offer explicit inclusion or exclusion criteria, nor do they 

systematically evaluate the outcome criteria. 

Clinical researchers concur with Bonta�s (1996) critique of unstructured clinical 

judgment. In their meta-analytic review, Gendreau et al. (1996) found little evidence to 

support the validity of unstructured risk assessments. In the Oklahoma juvenile justice 

system, Wiebush, Wagner, Prestine, and VanGheem (1993) found that unstructured 

methods resulted in a significant underestimation of risk levels. In summary, 

unstandardized procedures have been criticized (Baird, 1984; Glaser, 1987) as resulting 

in decisions that are potentially erroneous, inconsistent, inequitable, and lacking 

accountability because of the �invisible� rationale and criteria used by the decision 

maker. 

Hart (2002) offered an alternative to traditional unstructured risk assessment by 

providing a framework for an �anchored narrative approach.� He provided a process-
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guided (versus statistically-informed) procedure for determining risk, which he asserted 

offers several advantages. Hart�s anchored narrative approach proposes an inclusion of 

case-specific and dynamic risk factors, an analysis of the relationships between 

variables, and professional communication of the specific predicted outcome. The self-

identified shortcomings of this assessment approach include subjectivity, a lack of 

empiricism, and an inability to quantify. These limitations call into question the ability of 

an evaluator to defend such an approach in a forensic context. 

Structured Clinical Judgment  

Hart (1998) and Hanson (2000) have both proposed the use of structured or 

empirically-guided clinical judgment as an alternative to the unstructured clinical 

approach. With structured clinical judgment, decision-making is aided by clinical 

guidelines that reflect the �state of the discipline� with respect to empirical knowledge 

and professional practice (Borum, 1996). For each comprehensive assessment, clinical 

guidelines are applied to (a) define risk according to a core set of risk factors supported 

in scientific and professional literature, and (b) provide decision points to estimate risk.  

Structured clinical judgment improves over unstructured methods in several 

ways. A structured approach allows for individualized risk assessment, flexibility and 

responsibility on the part of the evaluator, and a structured consideration of ethical and 

legal ramifications involved in assessing risk. According to Hart (1998), the individual 

offender�s rights are better protected through empirically-guided clinical judgment that 

considers the �totality of the circumstances.� Hanson (2000) tempered his 

recommendation by advising evaluators to use empirically-guided clinical judgment 
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wherever assessment measures are unavailable for identifying treatment needs, 

evaluating change, or predicting the timing of reoffense. Furthermore, Hanson warned 

against complete reliance on this individualized risk estimation because of its 

complexities in translating the observed risk factors into recidivism probabilities for each 

offender. 

Despite the potential benefits, empirically-guided clinical judgments are likely to 

be criticized by many researchers and practitioners, especially adherents to the actuarial 

approach. For example, Grove and Meehl (1996) categorized non-actuarial forensic 

decision making, such as empirically-guided judgments, as �not only unscientific and 

irrational,� but also �unethical� (p. 320). Importantly, empirically-guided clinical 

judgment fails to provide a continuous classification of risk; it typically categorizes 

individuals into either high- or low-risk groups. Moreover, no studies have demonstrated 

that clinicians� unstructured judgments are more accurate than those of laypersons, and 

at least one study (Quinsey & Ambtman, 1979) concluded that they are not. 

Actuarial Risk Assessments 

Actuarial assessments are differentiated from clinical judgment by their 

incorporation of specific guidelines for formal classification. Meehl (1954) first 

advocated the use of these statistical methods for the prediction of behavior. Wiebush 

et al. (1998) described actuarial risk assessment instruments as scales that include a 

limited number of factors believed to be the most empirically relevant to the pending 

decision. These scales are incorporated into a simple, standardized format with explicit 

rules for translating risk factors into specific probability estimates. Offenders are 
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systematically assessed by the extent to which their estimated level of risk correlates 

with negative outcomes either in community or forensic settings. The results are then 

used to classify offenders according to predetermined decision rules.  

Early actuarial instruments were based almost entirely on static criminal history 

items. As such, they provided little direction for treatment decisions due to the lack of 

information about changes in offenders� behavior. Third-generation risk assessment 

measures (see Bonta, 1996) also include dynamic factors, which assess change in the 

offender.  

Empirical research (Grove & Meehl, 1996) indicates that second- and third-

generation risk assessment measures with actuarial estimates work as well or better 

than predictions based on unguided clinical judgment. Preliminary evidence in the 

literature (Hanson, 2000; Harris, Rice, & Quinsey, 1998; Wiebush et al., 1998) exists 

with respect to the benefits of using actuarial risk assessments: (a) high consistency in 

the assessment process; (b) ease of scoring and interpretation; and (c) well-informed 

classification decisions with an explicit rationale. In addition, Wiebush et al. (1998) 

asserted that these formal risk assessments provide more efficient allocation of limited 

resources by targeting intensive interventions on the most high-risk offenders.  

Actuarial risk assessment and classification. Many validated actuarial instruments 

are employed with adult offenders, such as the Violence Risk Appraisal Guide (VRAG; 

Harris, Rice, & Quincy, 1995; copyrighted by American Psychological Association, 

Washington, DC). These measures emphasize offenders� background characteristics as 

risk factors; their aggregate scores provide direct estimates of violence potential.  
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Structured decision making appears widespread, although no recent data are 

available to document the efficacy of actuarial risk assessments with adolescent 

offenders. Early research by Barton and Gorsuch (1989) indicated that actuarial 

measures predominate the instruments used for classification of juvenile offenders. 

They found that 47% of the agencies used formal actuarial risk assessment tools, 30% 

had other formal classification procedures, and 22% did not employ formal instruments 

to aid in their classification.  

Actuarial risk assessment instruments are often created by and implemented 

exclusively within individual state corrections agencies. For example, Wiebush et al. 

(1998) examined eight different empirically-validated actuarial instruments used with 

adolescent offenders, and found a core set of factors were consistently included: age at 

first referral, number of prior offenses, substance abuse, delinquent peers, and family 

functioning. However, marked divergences were observed in the number of site-specific 

factors and their application to decision models.  

Decision models also vary with processing through the justice system. At the 

level of arrest, the individual�s risk of self-harm and dangerousness to the community is 

evaluated. At trial and disposition, determination of risk is used to decide level of 

restriction in placement options (e.g., probation or incarceration). Following 

adjudication, assessments attempt to predict individuals� institutional behavior during a 

specified time period. In particular, incarcerated individuals are periodically reassessed 

for severity levels. 
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In summary, researchers (Grove & Meehl, 1996; Harris et al., 1998; Hart, 1998; 

Monahan, 1995; Wiebush et al., 1998) concur that the actuarial approach is preferred 

over unstructured clinical judgment when assessing risk for violence or recidivism. The 

cornerstone of actuarial risk assessment is the ability of evaluators to employ explicit 

decision rules, based on criteria selected because of their predictive validity. 

Limits of actuarial risk assessments. Two comprehensive reviews (Gottfredson & 

Gottfredson, 1986; Monahan, 1995) have addressed the shortcomings of actuarial risk 

assessment. First, actuarial measures exclude other factors that may be important case-

specific predictors. Second, certain risk factors may be empirically sound but 

discriminatory in legal contexts. For example, ethnicity or gender may add incremental 

validity to an actuarial measure, but would be difficult to justify in risk-assessment 

decisions. While intended to encompass the most empirically and contextually relevant 

variables, actuarial instruments are likely to rely on easily-accessed variables in 

determining risk factors for inclusion. 

Circumscribed generalizability often exists because actuarial instruments typically 

tested predictors of highly specific outcomes. As Wang and Diamond (1999) noted, 

most actuarial research has limited applicability to institutional violence because of its 

focus on community release. Wiebush et al. (1998) found risk factors for violent 

recidivism and were not generalizable to general recidivism.  

Actuarial risk assessments also limit professional involvement. Hart (1998) 

suggested that their use detaches clinicians from the evaluation process. In addition, 

highly structured, predetermined decision rules may preclude professional judgment. 
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These provisions may completely exclude mental health professionals; with the ease of 

administration, laypersons often provide for a cost-efficient administration of actuarial 

instruments. 

Specific Components of Risk Assessment 

 Ideally, risk assessment measures are composed of specific, empirically-validated 

items, which independently or in combination, predict a specific outcome (Hanson, 

2000; Harris et al., 1998; Wiebush et al., 1998). These items may be categorical or 

continuous variables; they are often summed with cut points providing dichotomous 

classification of high and low risk. Nonetheless, a close examination of cut scores 

reveals a potential methodological problem. Specifically, statistical difficulties often 

emerge when high risk is defined by a cutting point on a continuous scale, caused by 

considerable heterogeneity among the group classified as high risk. Even the best risk 

assessment instruments result in substantial prediction errors, specifically false 

positives. That is, many of the offenders who are identified as �high-risk� never 

continue to commit crime or engage in delinquent behavior, while many �low-risk� 

offenders do. Because high-risk classifications often fail to predict the expected 

outcome, protective factors have been introduced in an effort to provide more balanced 

assessments of future behavior. Rogers (2000) asserted that risk-only assessments are 

inherently inaccurate, as they tend to emphasize risk factors to the absolute exclusion 

of protective factors that serve to ameliorate or lessen the effects of risk factors. An 

extensive description of these risk and protective factors is provided in the following 

sections. 
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Risk Factors 

 Across empirical studies and clinical settings, risk factors are defined and 

assessed differently for special populations. Among offenders, risk for delinquency, 

violence, or recidivism is most often assessed; however, the outcomes predicted by 

such risk vary depending on the specific context and purpose of the risk assessment. 

For adolescent offenders, Smith, Lizotte, Thornberry, and Krohn (1997) operationalized 

risk factors as those characteristics associated with a 300% increase in serious 

delinquency. In general, risk factors for adolescent offenders typically operationalized as 

recidivism, continued delinquency, violent behavior, and treatment failure. 

 It is important to consider the cumulative effects of risk factors, rather than 

limiting risk assessments to the inclusion of isolated variables. Luthar (1993) suggested 

that the best approach to identifying high-risk status may be through the use of 

composite indices, as used in actuarial risk instruments, which incorporate a range of 

potential equally-weighted risk factors. Single risk factors in isolation (e.g., below 

average IQ and affiliations with delinquent peers) contribute comparatively less to 

outcomes than the effects of such factors in combination (Fergusson & Lynskey, 1996). 

The effects of multiple risk factors (e.g., family adversity, substance abuse, oppositional 

defiant disorder) may be cumulative in the sense that the presence of more risk factors 

is presumably related to a higher probability of negative outcome. An overall index 

score is calculated through the summation of various risk factors, as a strong predictor 

of negative outcome.  
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Resilience 

Numerous studies (e.g., Fergusson & Lynskey, 1996; Hoge, Andrews, & 

Leschied, 1996; Luthar & Zigler, 1991; Rutter, 1987; Seifer, Sameroff, Baldwin, & 

Baldwin, 1992; Werner, 1987) have focused on factors that may protect against or 

mitigate the effects of risk factors. These so-called buffers provide resilience for 

individuals with many risk factors. Resilience refers to positive outcomes among 

individuals for whom negative outcomes are expected, given their level of risk. Masten 

and Coatsworth (1998) defined resilience as manifested competence to adapt in the 

context of significant challenges. Resilience is not a fixed attribute of an individual, but 

is rather a concept concerned with individual variations in response to risk factors.  

Researchers (e.g., Rutter, 1987; Werner, 1987) of resiliency attempt to further 

understand the mechanisms involved in risk, as well as to gain insight into prevention 

and intervention. In short, an individual�s resiliency results from the dynamic interaction 

of an indefinite number of factors that produces surprisingly positive outcomes. 

Protective Factors 

Important protective factors are often overlooked in assessments of risk. Their 

relationship with risk factors and importance to the prediction of the identified outcome 

may not be readily apparent. Authors have advocated for a two-step process for 

investigating and identifying protective factors. First, a researcher identifies one or 

several explicit risk factors (Garmezy, 1983). Second, potential protective factors are 

selected that are more than simply the absence of risk factors. The exact nature of 

protective factors is still debated in the literature. For example, although Stouthamer-
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Loeber et al. (1993) argued that protective and risk factors are merely opposite ends of 

the same variable, others (Garmezy, 1983; Luthar, 1993; Rutter, 1987) have asserted 

that the relationship between risk and protective factors is much more complex. 

According to Rogers (2000), whether protective factors are merely the absence of risk 

factors depends on how the risk assessment instrument was validated. 

Protective factors are the specific characteristics that promote resiliency among 

high-risk individuals. Rutter (1987) identified the defining feature of protective factors 

as the modification of an individual�s response to a risk situation. He described 

protective factors as those variables that reduce risk within a high-risk group; the same 

factors may play no role among other segments of the population.  

Looking Beyond Isolated Factors 

 Concerns about methodological problems and their potential for inaccuracies 

underscore the importance of increasing the accuracy of risk assessment methods. 

Several models have been proposed in an effort to increase predictive accuracy. 

Fergusson and Lynskey (1996) emphasized the need to consider all possible variables 

that produce a particular outcome. They advised researchers to base their definitions of 

risk on multiple measures that span a wide range of adjustment. However, other 

researchers (Guerra, 1998; Loeber & Farrington, 1998) suggested limiting the number 

of variables for inclusion, in an effort to establish the most important risk factors for 

serious violent offenders. They recommend that risk assessments be primarily targeted 

toward the prediction of recidivism. Finally, others (e.g., Loeber, Farrington, 

Stouthamer-Loeber, Moffitt, & Caspi, 1998; Rae-Grant, Thomas, Offord, & Boyle, 1988; 
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Rogers, 2000; Rutter, 1979; Stouthamer-Loeber et al., 1993; Witt & Dyer, 1997) have 

emphasized the need for examining factors that might serve to protect individuals at 

risk from exhibiting a negative outcome. 

Theoretical Models for Interactions Between Risk and Protective Factors 

Several researchers (Garmezy, Masten, & Tellegen, 1984; Luthar, 1993) 

semantically distinguish between main effect and interaction models. Luthar (1993) 

suggested that the term �compensatory factor� be used where a main effect occurs and 

the term �protective factor� (i.e., buffer) be used when an interaction occurs. In 

accordance with this distinction, Garmezy et al. (1984) proposed three models (i.e., 

compensatory, challenge1, and protective) that describe how interactions between 

protective and risk factors affect the outcome. As described below, the two primary 

models, compensatory and protective, are utilized most often in the literature.  

The compensatory model is an additive approach, in which risk factors 

cumulatively contribute to negative outcomes, while combined protective factors 

improve adjustment. An empirical example is offered by Hoge et al. (1996), who found 

that each of the following protective factors were correlated with lower levels of 

reoffending among delinquent youths: positive peer relations, good school 

achievement, positive response to authority, and effective use of leisure time. The key 

issue in the compensatory model is whether a particular protective factor has a direct 

effect on the criterion variable. Thus, a variable that is significantly correlated with the 

outcome of interest would be considered to exhibit �compensatory� effects.  
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The protective model assumes that protective factors moderate the effects of 

risk variables via an interactive relationship. Protective factors often interact with risk 

factors to ameliorate the effect of the risk variable. Likewise, risk factors interact with 

protective factors to produce the negative outcome. These results reflect a moderating 

effect. Barron and Kenny (1986) defined a moderator variable as one that affects the 

strength and relationship between the predictor and criterion variables. In their 

prospective study of criminal behavior among high-risk youth, Fergusson and Lynskey 

(1996) found multiple factors that served as moderators to reduce the risk of criminal 

behavior among high-risk youth, including: higher IQ, lower novelty seeking, and lower 

affiliations with delinquent peers. 

Risk and Protective Factors Among Offenders 

Risk and protective factors extend beyond the individual characteristics of 

offenders. In general, research (Garmezy, 1983; Hawkins, Catalano, & Miller, 1992; 

Mulvey, Arthuer, & Reppucci, 1993; Rutter, 1987; Werner & Smith, 1982; Wiebush et 

al., 1998) indicates that risk and protective factors fall into three major categories: 

individual, family, and community. 

For the purposes of this study, variables within these main categories were 

reviewed if they contributed to predictions of (a) overall delinquency or criminal  

behavior, (b) maladjusted institutional behavior, or (c) treatment progress, particularly 

among incarcerated offenders. Risk factors are those variables that predicted negative 

outcomes, while protective factors accounted for positive outcomes, such as treatment 

                                                                                                                                                                                           
1 The challenge model suggests a curvilinear relationship between variables and the 
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progress or prosocial adjustment (i.e., the lack of delinquency and/or criminal 

involvement).  

Empirically Supported Risk Factors 

Individual Risk Factors 

A review of the literature (Hann & Borek, 2002) revealed three categories of 

individual risk factors for delinquency and violent behavior: (a) behavioral, (b) 

personality/attitudinal, and (c) biological/cognitive. This section examines six individual 

risk factors for youthful offenders: previous criminality, hyperactivity, impulsivity, 

inattention, psychopathy, and intellectual functioning. 

Previous criminality. Common sense would dictate that previous delinquent or 

antisocial behavior is associated with negative outcomes, such as future criminal activity 

or recidivism. In their meta-analysis of actuarial risk instruments and empirical research, 

Wiebush et al. (1998) found a core set of risk factors related to prior criminality. They 

included the following: (a) the number of prior arrests, and (b) the frequency, variety, 

and breadth of antisocial behavior. Focusing on violent criminal behavior, Auffrey, Fritz, 

Lin, and Bistak (1999) found that the strongest risk factor for violent criminal behavior 

was past assaultive behavior. Those offenders with a known history of assaultive 

behavior were 54 times more likely than other offenders to have been subsequently 

arrested for a violent crime. 

The strength of these results may be moderated by a theoretical caveat. The 

ability of past delinquent behavior to predict future delinquency among adolescents may 

                                                                                                                                                                                           
outcome of interest. 
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be somewhat limited by high base rates. For example, Lynam (1997) cautioned the use 

of previous delinquency. He argued that general delinquency in adolescence is almost 

normative, potentially resulting in high rates of false positives. Thus, predictions of 

future antisocial behavior could be inflated by prior delinquency, with other important 

risk factors overlooked.  

Several researchers (Kazdin, 1990; Wiebush et al., 1998) argue that age of onset 

is especially important because individuals with early delinquency have a higher 

likelihood of continuing this behavior into their late teens and adulthood. The age of 

onset for delinquency alone predicts future delinquent behavior. Patterson, Reid, and 

Dishion (1992) characterized teens with an early onset, generally before age 15, of 

delinquent behavior as �aggressive early starters.� As a result of this distinction, 

researchers (e.g., Hoge et al., 1996; Loeber et al., 1998) have created separate 

prediction models for different age groups.  

Hyperactivity, impulsivity, and inattention. The current view (e.g., Lynam, 1996; 

Offord, Boyle, & Racine, 1991; Witt & Dyer, 1997) is that symptoms of conduct and 

oppositional defiant disorders likely arise from a broader, underlying construct of low 

behavioral inhibition. Support for a biological predisposition toward behavioral 

impulsivity is provided by the considerable comorbidity between attention-

deficit/hyperactivity disorder (ADHD) and conduct disorder. Research (Saner & 

Ellickson, 1996; Stouthamer-Loeber et al., 1993) indicates that symptoms of ADHD 

alone predict general delinquency and violent behavior. Frick (1998) also found that 
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most youth with conduct disorders (90% in many clinical samples) are also diagnosed 

with ADHD and have serious impulse control problems.  

As a new avenue of research, investigators focus on inhibitory control. 

Assessments of impulsiveness indicate one�s ability to inhibit cognition and behavior. 

Impulsivity has demonstrated predictive validity for a variety of negative outcomes, 

including antisocial behavior and violence. Loeber et al. (1998) found varying levels of 

impulsivity among offenders; however, chronic serious delinquents showed the highest 

levels of cognitive and behavioral impulsivity. Regarding the relationship between 

impulsivity and dangerousness, Rogers, Sewell, Ross, Ustad, and Williams (1995) found 

that impulsivity was among the highest correlates for non-release decisions in 

dangerousness hearings. In adolescents, elevated impulsivity has been linked to 

antisocial behavior, symptoms of psychopathology, and social/family problems (Vitacco, 

Neumann, Roberston, & Durrant, 2002).  

A developmental model for delinquency and related constructs (e.g., 

psychopathy) was provided by Lynam (1996), who proposed that hyperactivity, 

impulsivity, and attentional difficulties in combination predispose adolescents to 

negative outcomes. Studies (e.g., Lahey & Loeber, 1997; Lynam, 1997) have shown 

that youth characterized by hyperactivity, impulsivity, and inattention (HIA) are more 

likely than those without this dispositional style to exhibit antisocial behavior during 

adolescence and adulthood. Alternatively, Frick (1995) theorized that certain personality 

characteristics (i.e., callous, unemotional traits) exists a mediator between impulsivity 

and conduct problems, including psychopathy. 
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Vitacco and Rogers (2001) proposed several explanations for their finding that 

only impulsivity predicted conduct problems and psychopathy among chronic adolescent 

offenders. One hypothesis was that a symptomatic progression exists, with impulsivity 

and sensation-seeking providing the foundation for conduct symptoms, which 

subsequently contributes to psychopathy. A second hypothesis was that conduct 

problems overlap considerably with the behavioral factor (Factor 2) of psychopathy 

among chronic offenders. Other researchers (Maguin & Loeber, 1996; Stouthamer-

Loeber et al., 1993; Wiebush et al., 1998) speculate that behavioral factors linked to 

delinquency, such as substance abuse and educational failure, may reflect underlying 

problems of ADHD and impulsiveness.  

Some research (Biederman et al., 1996; Moffitt, 1990) suggests that increased 

risk for conduct disorder is correlated with early oppositional defiant behavior, rather 

than ADHD. In their analysis of more than 40 variables, Stouthamer-Loeber et al. 

(1993) found that symptoms of oppositional defiant behavior comprised a significant 

risk factor in the development of serious delinquency.  

Psychopathy. Psychopathy incorporates stable personality characteristics and 

behaviors associated with the risk for negative outcomes. Certain personality features 

are considered core to the concept of psychopathy, including lack of guilt and remorse. 

Loeber et al. (1998) determined that lack of guilt was the most important personality 

predictor of delinquency across all ages. Several other personality and attitudinal 

characteristics (see Hawkins, Lishner, Jenson, & Catalano, 1987; Loeber et al., 1998; 

Stouthamer-Loeber et al., 1993) are associated with the risk of recidivism and violence. 
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They include delinquent attitudes (e.g., alienation and rebelliousness) and a permissive 

attitude toward antisocial behavior. 

 The concept of psychopathy has a long history in clinical practice and research. 

Psychopathy (Forth & Burke, 1998) is comprised of affective, interpersonal, and 

behavioral characteristics. Traditional research on psychopathy (Hare et al., 1990) 

suggests two underlying dimensions essential to its classification. Factor 1 reflects 

interpersonal and affective features of psychopathy, such as egocentricity, callousness, 

and manipulativeness. Factor 2 reflects behavioral characteristics of psychopathy, such 

as impulsivity, delinquency, irresponsibility, and early behavior problems. These criteria 

incorporate past delinquent and criminal behavior, whereas the former encompass 

antisocial attitudes. The latter dimension was neither necessary nor sufficient for early 

clinical definitions of psychopathy (Cleckley, 1976). 

Commonly used psychopathy measures incorporate both Factor 1 and Factor 2 

criteria, providing continuous scores, which are often used to predict negative outcomes 

among offenders. Psychopathy is a risk factor among offenders for general criminality, 

violent criminality, recidivism, and poor treatment response. In fact, Hart and Hare 

(1996) reported that adult offenders classified as psychopathic commit more offenses 

and more types of offenses than do nonpsychopathic offenders, regardless of setting 

(i.e., community or institution). Because some psychopathic characteristics are directly 

related to crime, steps must be taken to determine whether psychopathy is predictive, 

or simply descriptive of past criminal behavior. Therefore, this review of psychopathy 

includes studies with both prospective and retrospective designs and is organized into 
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three subsections by external criteria: general recidivism, violence, and poor 

institutional behavior. 

Psychopathy as a predictor of general recidivism. In their meta-analytic review of 

psychopathy, Hemphill, Hare, and Wong (1998) found that the general recidivism rate 

among adult psychopaths was approximately three times higher than nonpsychopaths. 

Their results also indicated that Psychopathy Checklist-Revised� (PCL-R; Hare, 1991; 

copyrighted by Multi-Health Systems, Toronto, Ontario) scores contribute incrementally 

to the prediction of recidivism beyond that offered simply by criminal history. In 

general, Factor 2 of the PCL-R was more strongly correlated with recidivism than was 

Factor 1 (Zc = -5.53, p < .001). The effect of Factor 2 does not appear to be strong 

among adolescents. However, several adolescent studies (Forth, Hart, & Hare, 1990; 

Gretton, 1999; Toupin, Mercier, Déry, Côté, & Hodgins, 1996) have found that overall 

psychopathic traits served as a predictor of general recidivism.  

Psychopathy as a predictor of violence. Adult psychopathy is well-established as 

a predictor for violent behavior. In Hart�s review (1998), he concluded that psychopaths 

commit more violence and more types of violence than do nonpsychopaths. Hart 

asserted that psychopathy is such a �strong and robust risk factor� for violence that 

excluding it �may constitute professional negligence� (p. 133). Empirically, however, 

psychopathy demonstrates only moderate utility in predicting negative outcomes, such 

as violence. In a classic study, Harris, Rice, and Cormier (1991) found that psychopathy 

as the sole risk factor had an overall predictive accuracy of 78%.  
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In their meta-analytic review of psychopathy and violence among predominately 

adult offenders, Hemphill et al. (1998) determined an overall effect size of r = .27, 

which corresponds to a Cohen�s d of .56. These researchers utilized sample-specific 

effect sizes and limited their outcome variables to criminal records and institutional 

behavior. They found that psychopaths were four times more likely to reoffend violently 

than other offenders in the first year following prison release. In addition, PCL-R total 

scores were more correlated with violent recidivism than actuarial risk scales. 

In a more comprehensive meta-analysis of psychopathy, Salekin, Rogers, and 

Sewell (1996) reviewed a large number of studies incorporating the PCL-R. They 

obtained a moderate overall effect size of Cohen�s d = .79 for violence, as predicted by 

the PCL-R. Conclusions from the meta-analyses support the use of the PCL-R as a 

robust predictor of violence. 

Psychopathy�s ability to adequately predict violence is evidenced across several 

contexts of risk assessment. For example, Serin (1991) concluded that violent 

psychopaths are qualitatively different than violent nonpsychopaths, with a greater 

likelihood of using instrumental aggression, threats, and weapons. With respect to 

different types of aggressive and violent behavior among adolescent offenders, Forth et 

al. (1990) found that the Psychopathy Checklist: Youth Version (PCL:YV; Forth, Kosson, 

& Hare, in press) was significantly related to previous violent offenses, violent 

institutional behavior, and violent recidivism. Gretton, McBride, O�Shaughnessy, and 

Hare (1997) found that psychopathic adolescent sex offenders used more violence 

during the commission of their crimes than did nonpsychopathic sex offenders.  
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 Psychopathy as a predictor of institu ional behavior. Psychopathy among adults 

(Hare & McPherson, 1984; Serin, 1991, 1996) is an established risk factor for poor 

institutional behavior, including violence and other behavioral infractions. To a lesser 

degree, adolescent studies (Forth et al., 1990; Murdock Hicks, Rogers, & Cashel, 2000; 

Rogers, Johansen, Chang, & Salekin, 1997) have found only moderate correlations with 

institutional problems, including violent and nonviolent institutional infractions. In an 

adolescent detention setting, Cruise, Rogers, Neumann and Sewell (2000) reported that 

PCL:YV total scores were significantly correlated with institutional problems including 

noncompliance, misconduct resulting in seclusion, and lack of treatment progress. They 

found that Factor 1 predicted noncompliance with staff, while Factor 2 predicted poor 

progress. 

t

 Ogloff, Wong, and Greenwood (1990) found that psychopaths show poorer 

treatment participation than their nonpsychopathic counterparts. These researchers 

concluded that psychopaths in a therapeutic community program discontinued earlier, 

were less motivated, and showed less overall clinical improvement than other offenders. 

Other research by Rice and Harris (1992) suggested that prison treatment and 

resocialization programs may actually be associated with an increase in violent 

recidivism among psychopaths. 

Intellectual functioning and academic achievement. Low intellectual functioning 

and academic achievement are considered robust risk factors for juvenile delinquency. 

In fact, studies (Loeber et al., 1998; Lynam, Moffitt, & Stouthamer-Loeber, 1993; Quay, 

1987; Wilson & Hernstein, 1985) have frequently reported that delinquents score 8 to 
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10 IQ points lower than non-delinquents. Various interpretations of this finding have 

been proposed. For example, Masten and Coatsworth (1998) argued that delinquents 

score poorly on IQ tests and perform inadequately in school because of other 

personality and behavioral characteristics. Lynam et al. (1993) cited a mediating effect 

of IQ on academic achievement: low intellectual functioning promotes poor school 

achievement, which in turn is highly associated with delinquency. In contrast, White, 

Moffitt and Silva (1989) recommended examining interaction models to assess this 

relationship, instead of limiting research to the unidirectional effects (e.g., cognitive 

impairment on delinquency). 

Other underlying factors may be responsible for the effects of intellectual 

functioning on negative outcomes. In a review of the literature, Quay (1987) found 

evidence that delinquents� Wechsler Verbal IQ scores are lower than their Performance 

IQs. Furthermore, these researchers attributed the eight-point IQ deficit among 

delinquents to inferior word knowledge and deficits in verbal coding and verbal 

reasoning skills. It is possible that inadequate participation in education was operating 

as a mediating variable, as some research (White et al., 1989) indicates that intellectual 

functioning and academic achievement should be considered as individual yet 

interrelated risk factors.  

Auffrey et al. (1999) tested the separate contributions of IQ and academic 

achievement. They found that offenders with higher IQs were at slightly greater risk for 

violent behavior, while those with higher educational achievement were much less likely 

to have been arrested for a violent crime. These researchers postulated that violent 
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youth may have less educational success because of the potential social isolation arising 

from academic failure. 

Family Risk Factors 

Family economics and parental difficulties. Family variables, particularly parental 

difficulties, are included as risk factors for criminal behavior, recidivism, and poor 

treatment progress. Smith et al. (1997) found that individuals with five or more family 

risk factors were three times more likely to engage in serious delinquent acts than those 

with fewer of these problems. Family risk factors included: (a) low parent education 

level, (b) parental unemployment, (c) welfare family, (d) mother�s first child during 

adolescence, (e) frequent changes of residence, (f) family members in trouble with the 

law or abusing substances, (g) official record of child abuse, and (h) placement in foster 

care. Other research findings (Auffrey et al., 1999; Loeber et al., 1998; Stouthamer-

Loeber et al., 1993; Werner, 1989) confirm some of these family variables as risk 

factors. For example, Loeber et al. (1998) corroborated three of these risk factors (i.e., 

low parent education level, mother�s age at delivery of first child, and welfare family) in 

a longitudinal study with urban youth. Of all the family variables, their results indicated 

that the �family on welfare� variable was the greatest risk factor for delinquency across 

all ages.  

Loeber et al. (1998) also found that parental psychopathology may serve as a 

risk factor for juvenile delinquency. Specifically, the following factors predicted 

delinquency: parents� stress, anxiety, depression, substance use problems, and 
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unhappiness. General parental psychopathology and parental attitudes toward crime 

appear to be strong predictors.  

Some evidence exists for familial patterns of criminality. Researchers (Farrington 

& Hawkins, 1991; Hawkins et al., 1987; Robins, 1966; Rutter, 1979) have established 

that individuals whose parents or close family members (i.e., siblings) commit crime are 

more likely to engage in crime themselves. However, Farrington (1991) found that 

children who witness or are victims of violence perpetuated by their parents are more 

likely to become aggressive and violent themselves in adolescence and early adulthood. 

In a large National Institute of Mental Health (NIMH) supported study, Hann and Borek 

(2002) compiled and reviewed empirical support for several familial factors contributing 

to youths� delinquency. They concluded that modeling, poor parental discipline, and 

decreased monitoring are all predictive of negative outcomes in children. Importantly, 

what may be more important in contributing to adolescents� antisocial behavior is the 

parental attitude toward deviance. Gorman-Smith, Tolan, Loeber, and Henry, 1998) 

found parental antisocial attitudes to be highly related to youth offending. 

Relationships with parents. A number of aspects of family interaction can 

increase the risk for developing externalizing behavior problems from early childhood 

into early adulthood. Research (Forehand, Miller, Dutra, & Chance, 1997; Hoge et al., 

1996; Loeber et al., 1998; Robins, 1993; Yoshikawa, 1994) on family risk factors 

indicates that problems in family structure, such as inadequate parental supervision or 

lack of discipline, are predictors of delinquency. Some evidence exists for the lack of 

parental monitoring as a risk factor for delinquency during mid-adolescence. On this 
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point, Farrington and Hawkins (1991) and Patterson and Yoerger (1995) found that lack 

of monitoring was a stronger predictor of early arrests (prior to age 15) than of later 

arrests. A recent study (Jang & Smith, 1997) indicated a reciprocal relationship between 

monitoring and delinquency, such that weak monitoring encourages delinquency, which 

in turn, further undermines monitoring. 

Several parent-child relationship variables provide risk for negative outcomes. 

For example, Hoge et al. (1996) found that a strained relationship between parents and 

adolescents was a risk factor for reoffending among juveniles on probation. As a related 

issue, ineffective communication with parents emerged as a distinct risk factor; Loeber 

et al. (1998) replicated this finding in a longitudinal study of urban youth. Adolescents' 

perceptions of inadequate parental care and protection, particularly by their mothers, 

have been identified as specific risk factors for delinquency (Pedersen, 1994). Other 

research supports the youth�s relationship with the father as an important predictor of 

deviant behavior. For instance, Neighbors, Forehand, and Bau (1997) found that self-

reported antisocial behavior in young adulthood was related to youths� perceptions of 

the quality of the father-child relationship (i.e., conflict, communication, and 

emotionality). 

Child abuse is recognized as an important risk factor for many psychological and 

behavioral problems, including delinquency and antisocial behavior. Researchers 

(Farrington, 1991; Luntz & Widom, 1994; Yoshikawa, 1994) have consistently found as 

predictors for delinquency (a) emotional and physical abuse and (b) threats of such 

abuse. In a prospective-cohorts design study, Weiler and Widom (1996) found that the 
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predictive validity of childhood victimization may be mediated by psychopathy. Results 

indicated that childhood abuse and/or neglect places persons, regardless of gender or 

ethnicity, at an increased risk for psychopathy. However, childhood victimization by 

itself did not predict violence. 

Community Risk Factors 

Social environment. Individuals function within a broader social environment, so 

it is important to incorporate community-level characteristics into risk assessments 

whenever possible. Studies (Farrington, 1991; Yoshikawa, 1994) have found that young 

people who live in economically deprived areas characterized by extreme poverty, poor 

living conditions, and high unemployment are more likely to engage in crime and 

violence than are adolescents from less deprived areas. Loeber et al. (1998) concluded 

that living in an �economically-deprived neighborhood,� as classified with United States 

Census information, tends to foster earlier development of deviant behavior. Individuals 

residing in economically-deprived neighborhoods engaged in delinquent activities at a 

significantly younger age than those from other neighborhoods, regardless of other 

demographic variables, such as ethnicity. 

Peer delinquency. Living in a poor and/or high-crime neighborhood is likely to 

create an environment in which adolescents often associate with youth engaging in 

criminal activity. Stouthamer-Loeber et al. (1993) found that peer delinquency emerged 

as a risk factor for criminal behavior, while the lack of peer deviance served to protect 

against criminality. More recently, Loeber et al. (1998) concluded that peer deviance 

may not increase the risk for criminal activity, but rather serves as an indicator of the 

27 



adolescent�s own delinquency. However, some support exists for the first explanation. 

For instance, Keenan, Loeber, Zhang, Stouthamer-Loeber, and van Kammen (1995) 

found that exposure to deviant peers was significantly followed by the initiation of one�s 

own delinquent behavior.  

Involvement in a gang often provides a delinquent peer group, and research by 

Bjerregaard and Smith (1993) has demonstrated a higher prevalence of delinquency 

among gang members than adolescents unaffiliated with a gang. Gang membership 

may also be a risk factor for violence. Research (Esbensen & Huizinga, 1993; 

Thornberry, Krohn, Lizotte, & Chard-Wierschem, 1993) has provided evidence that rates 

of delinquency, particularly violent, are substantially higher during gang membership 

than either before or after membership. 

Empirically Supported Protective Factors 

 Several researchers (e.g., Loeber et al., 1998; Rae-Grant et al., 1988; Rogers, 

2000; Rutter, 1979; Stouthamer-Loeber et al., 1993; Witt & Dyer, 1997) have 

recommended the examination of factors that might serve to protect high-risk 

individuals from exhibiting a negative outcome. These variables act directly or in 

interactions with risk factors on the specific outcome. Research (Garmezy, 1983; 

Hawkins et al., 1992; Rutter, 1987; Werner & Smith, 1982) indicates that protective 

factors fall into three major categories, including individual, family, and community. 

Individual Protective Factors 

 Factors may exist within an individual that serve to modify his or her response to 

a risk situation. Individual protective factors are characteristics of an individual, such as 

28 



intelligence or personality, which are distinguishable from family or community 

variables. Garmezy (1983) summarized these factors as positive personal dispositions, 

although the following research indicates that many other individual characteristics have 

protective effects. 

Intellectual functioning. According to Luthar and Zigler (1991), intellectual ability 

is one of the most widely investigated moderator variables in resilience research. Just 

as low intellectual functioning serves as a risk factor for criminality and recidivism, 

researchers (Fergusson & Lynskey, 1996; Loeber et al., 1998; Rutter, 1987; Werner & 

Smith, 1982) have found higher intellectual functioning to compensate for the risk of 

antisocial behavior. Beyond other protective effects (i.e., low impulsivity and high self-

esteem), Fergusson and Lynskey (1996) found that higher intelligence increased the 

resiliency of juveniles from high-risk backgrounds. Those individuals with at least 

average intelligence were significantly less likely to engage in delinquent behaviors than 

their less intelligent counterparts. 

Academic achievement. Whether exhibiting direct effects on positive outcomes or 

interacting with related variables such as intelligence, numerous studies (Auffrey et al., 

1999; Hoge et al., 1996; Masten & Coatsworth, 1998; Rae-Grant et al., 1988; Rutter, 

1979; Smith et al., 1997; Stouthamer-Loeber et al., 1999) have cited academic 

achievement as a protective factor for delinquency. Moreover, Smith et al. (1997) 

regarded school success as the most important protective factor for delinquency. 

Academic achievement is assessed in various ways, including standardized tests, self-

reports, teacher reports, and parent reports. 
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In their studies with high-risk youth, Rae-Grant et al. (1988) and Hoge et al. 

(1996) found significant direct effects of educational achievement on lower reoffending 

and better treatment compliance for individuals at both high and low levels of risk. 

Similarly, Stouthamer-Loeber et al. (1999) found academic achievement qualified as 

having both risk and protective effects. As a protective factor, their results indicated 

high achievement scores suppressed serious deviance. In examining differences 

between violent and nonviolent offenders, Auffrey et al. (1999) found that adolescents 

whose educational achievement was at or above grade level were unlikely to be 

arrested for a violent crime when compared to underachievers. Intervention research is 

needed to investigate the protective or compensatory effect of improving educational 

attainment to the appropriate grade level on adolescents at risk for delinquency or 

recidivism. 

 Prosocial behavior. Just as involvement with delinquent peers contributes to 

deviant behavior, researchers (Garmezy, 1983; Hoge et al., 1996; Rutter, 1990) have 

found that engaging in positive leisure activities may serve as a compensatory or 

protective factor in relation to delinquency. In their research with delinquent youths, 

Hoge et al. (1996) found that effective use of leisure time served as a compensatory 

factor for recidivism and compliance among adolescents ages 12 to 17, even for youth 

with risk variables, such as family structure and relationship problems. 

 Locus of control. An internal locus of control may serve a protective function 

among children, adolescents, and young adults (Luthar & Zigler, 1991). In a 

longitudinal study of stress-resistance, Werner (1987) found that internal locus of 
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control was correlated with resiliency for individuals at risk for engaging in criminal 

activity. In addition, Seifer et al. (1992) discovered that internal locus of control seemed 

to protect against negative outcomes, in comparison to a lower unknown locus of 

control (i.e., no source of control), which exhibited risk effects. Locus of control may 

also serve to counteract the risk of psychopathy, because it involves the acceptance of 

responsibility for one�s own actions. 

 Self-esteem. Most research (Fergusson & Lynskey, 1996; Rutter, 1987) attests to 

the importance positive self-perceptions and self-efficacy in reducing risk. The term 

most often used to describe such feelings of self-efficacy is �self-esteem.� However, 

viewing oneself in an unrealistically favorable light has been found to be a risk factor for 

aggressive boys (Hughes, Cavell, & Grossman, 1997). Specifically, aggressive children 

were more likely to rate personal competence in a perfect or idealized manner, and this 

tendency was associated with higher levels of aggression. In contrast, Fergusson and 

Lynskey (1996) found that high self-esteem was a protective factor among at-risk 

adolescents. Adolescents who were resilient longitudinally had higher self-esteem than 

the nonresilient group with conduct and substance abuse problems. 

Family Protective Factors 

Bonding, attachment and supervision. Greater involvement and higher levels of 

monitoring by parents are related to concomitant lower levels of delinquency and seem 

to offer protective effects for future delinquency (Farrington & Hawkins, 1991). 

Research lends support for the presence of at least one supportive, but not 

overbearing, parent in protecting against risk. Specifically, Fergusson and Lynskey 
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(1996) found that resilient adolescents reported significantly higher levels of paternal 

care and lower levels of maternal overprotection using the Parental Bonding Instrument 

(PBI; Parker, Tupling, & Brown, 1979). In addition, these researchers found a 

significant protective effect of parental attachment. Good parental relationships may 

protect adolescents from future delinquent behavior (see also Werner & Smith, 1982).  

A close bond with an effective parent is related to better outcomes for both 

healthy youth and those at risk for delinquency. Stouthamer-Loeber et al. (1993) found 

that the quality of parent-child relationships emerged as both a risk and protective 

factor. Increased parent-child communication was associated with lower delinquency. 

The mother-child relationship may be particularly important in providing protective 

effects. Barnes, Farrell, and Banerjee (1994) reported that adolescents� perceptions of 

mother support and positive communication with mother were associated with fewer 

delinquent behaviors at a one-year follow-up.  

Community Protective Factors 

Role models. According to Garmezy (1983), social bonding includes warm, 

supportive, affectionate relationships with family members or other adults. One of the 

most important ways to reduce risk of offending is to promote bonds with family 

members, teachers, and other important figures. These persons can provide positive 

role models and reinforce law-abiding behavior. Hirschi (1969) presented data that 

positive social attachments can actually neutralize risk factors. These role models must 

have clear and positive standards of behavior. A review by Masten and Coatsworth 

(1998) indicated support for the protective effect of extra-familial role models among 
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adolescents at risk. They concluded that these findings reflect the essential nature of 

attachment relationships between youth and their caregivers for human adaptation and 

development. Also addressing role models, Rae-Grant et al. (1988) found that among 

12- to 16-year olds, the presence of a confidant (e.g., trusted teacher) served as a 

significant compensatory factor for conduct disorders and ADHD. 

Peer affiliations. Bonding with prosocial people in the community is not limited to 

adolescents� relationships with adult role models. Researchers have also investigated 

positive peer relations for their protective effects. For example, Hoge et al. (1996) 

found that associating with nondelinquent peers was a compensatory factor among 

their sample of juveniles on probation. Fergusson and Lynskey (1996) indicated that 

resilient adolescents had fewer affiliations with delinquent peers, as assessed by both 

parental and self-report. The finding that peer affiliations contribute to adolescent 

resilience is consistent with a growing body of literature that emphasizes the role of 

positive peer relationships in reducing risk of delinquent behaviors. Quinton, Pickles, 

Maughan, and Rutter (1993) found that individuals with the most favorable outcomes 

had positive attachments to nondeviant peers. Interestingly, Rae-Grant et al. (1988) 

found that the effect of positive peer relations may be gender-specific. In their study, 

prosocial friendships were found to have a protective effect for female but not male 

adolescents. 
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Statement of the Problem 

Three Generations of Risk Assessment 

An overview of the three phases of risk assessment served to highlight the 

advantages and disadvantages of each approach. Unstructured clinical judgment is 

characterized by unstandardized procedures applied by individual decision makers. 

Structured clinical judgment has largely replaced its unstructured counterpart. Decisions 

are empirically guided, although accuracy in the structured judgments of both 

laypersons and clinicians appears comparable. In the final phase, actuarial scales are 

being widely employed by individuals in correctional facilities to replace idiosyncratic 

clinical judgment. 

Due to the extensive use of actuarial prediction in recent research, an expanded 

section was provided. Advantages of the actuarial risk assessment approach include 

simple administration, specific items, and explicit rationale for classification. However, 

the strengths of actuarial prediction are matched with equally compelling drawbacks. 

Hart (1998) has warned that actuarial risk assessments are biased and potentially 

unethical. In general, actuarial risk assessments are based on easily-observed risk 

factors that are stable, additive, and generalizable only to the specific outcome they 

predict. These criteria are often prioritized to the exclusion of other variables that may 

serve as compensatory, or protective factors.  

Providing Balance to Risk Assessment 

All balanced risk assessments should take into account risk and protective 

factors. Even among institutionalized adolescent psychopaths, routinely designated 
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highest risk for violence, only a small proportion accounts for repetitive infractions 

(Murdock Hicks et al., 2000). It is likely that other individual, family, and community 

factors modify the effects of psychopathy. In assessing youthful offenders, an effort 

must be made to identify the interactive mechanisms between these risk and protective 

factors, and their effects on problematic behaviors. Furthermore, understanding risk 

and protective mechanisms operating within the individual will likely reduce the 

inordinately high occurrence of false positives and consequently improve the 

effectiveness of resource allocation. 

Goals of the Current Study 

 A single study cannot encompass all of the risk and protective factors associated 

with institutional behavior for youthful offenders. Therefore, a subset of empirically-

supported risk and protective factors are selected that operate at the individual and 

family levels. On an individual basis, psychopathy incorporates well-established risk 

factors including age of onset and previous criminality. Its ability to predict violence has 

been called �unparalleled� in a recent meta-analytic review (Salekin et al., 1996). Adult 

psychopathy is a consistent risk factor for general criminality, violence, recidivism, and 

treatment failure. However, it produces only moderate effect sizes. Among adolescent 

populations, the role of psychopathy as a predictor has only recently been investigated.  

Several researchers (e.g., Saner & Ellickson, 1996; Stouthamer-Loeber et al., 

1993; Thompson, Riggs, Mikulich, & Crowley, 1996), particularly prominent in the 

developmental literature, cite the importance of ADHD as another important individual 

risk factor. Among adolescent offenders, the prevalence of ADHD is quite high (up to 
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90% in clinical samples; Frick, 1998). Furthermore, Lynam (1996) found that a 

combination of cognitive and behavioral impulsivity with ADHD symptoms predicts 

delinquency in adolescence and future criminal behavior throughout adulthood. 

Cognitive ability and school performance are often included in predictions of 

negative outcomes. Below average intellectual functioning and academic achievement 

are often cited (e.g., Lynam et al., 1993; Masten & Coatsworth, 1998; Quay, 1987; 

White et al., 1989) as risk factors for a variety of negative outcomes, including 

delinquency. Although the relation between these two interrelated variables is 

unknown, it is clear that innate cognitive ability and performance in traditional academic 

settings are important factors to consider in determining an adolescent offender�s level 

of risk. 

Family risk factors are considered selectively in the current study. They include 

parental criminality, substance abuse and overprotection. These variables have been 

incorporated into prospective studies of risk (e.g., Loeber et al., 1998); however, due to 

their likely multicollinearity, the unique predictive ability of each family risk factor has 

yet to be tested empirically.  

Providing support for Stouthamer-Loeber et al. (1993) assertion that risk and 

protective factors are opposite poles of the same variables, several of the 

aforementioned individual and family variables have exhibited potentially protective 

effects. Specifically, low levels of impulsivity (Vitacco et al., 2002) and average or above 

intelligence and academic achievement (e.g., Auffrey et al., 1999) have predicted 
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positive outcomes. Furthermore, high parental care and moderate parental protection 

seem to contribute to resiliency (Fergusson & Lynskey, 1996). 

A subset of risk and protective factors is tested as a two-factor model (i.e., 

individual and family) in relation to the four outcome indices: Total Infractions (TI), 

Nonviolent Infractions (NVI), Violent Infractions (VI), and Treatment Progress Index 

(TPI). Risk and protective factors are assessed in terms of their abilities to 

independently and in combination predict these four outcome indices. The following 

research questions are posed: 

1. What individual and family factors predict nonviolent institutional maladjustment? 

Does their predictive ability exceed that of background variables such as prior 

maladjustment or previous criminal behavior? 

2. What factors contribute to institutional violence? What variables add incremental 

validity to psychopathy in predicting future violence? 

3. According to the compensatory model, what variables predict treatment 

progress? How do risk and protective factors interact to predict positive and 

negative outcomes? 
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CHAPTER 2 

METHOD 

Design 

A quasi-experimental design was employed to test the various hypotheses, 

utilizing analyses for correlation and prediction. Independent variables were several 

variables classified as either individual or family factors (see Table 1). Dependent 

variables included the number of total nonviolent and violent infractions, and a 

measurement of treatment progress.  

Table 1 

Description of Independent Variables and Their Hypothesized Effects 

Variable Level  Measure Risk Protective 

Psychopathy Individual PCL:YV, APSD, SALE √  

Intelligence Individual TONI, WASI, KBIT √ √ 

Academic achievement Individual TABE scores √ √ 

Age at first arrest Individual Records √ √ 

ADHD Individual Diagnostic records √  

Impulsivity Individual BIS, Records √ √ 

Past delinquent 
behavior 

Individual Records √  

Gang membership Individual Self-report, records √  

Parental care Family PBI √ √ 

Parental protection Family PBI √ √ 

Family criminal history Family Self-report, records √  

Family substance abuse  Family Self-report, records √  

Note. PCL:YV = Psychopathy Checklist: Youth Version; APSD = Antisocial Process 
Screening Device; SALE = Survey of Attitudes and Life Experiences; TONI = Test of 
Nonverbal Intelligence; WASI = Wechsler Abbreviated Scale of Intelligence; KBIT = 
Kaufman Brief Intelligence Test; TABE = Test of Adult Basic Education; BIS = Barratt 
Impulsiveness Scale; PBI = Parental Bonding Instrument. 
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Project Approval 

 An Institutional Review Board (IRB) application was submitted to the University 

of North Texas (UNT) in July 2001, and approval was received on September 10, 2001. 

In addition, the Texas Youth Commission (TYC) IRB application was submitted on July 

17, 2001; final approval was granted on August 20, 2001. In accordance with IRB 

approval, participants were interviewed between September 2001 and April 2002, and 

file review was conducted for each participant three months after the interview date. 

Participants 

The sample consisted of 101 young male offenders in the Gainesville State 

School. This maximum-security residential facility of the Texas Youth Commission (TYC) 

detains young offenders with extensive delinquent histories and offers a variety of 

treatment, resocialization, and educational programs. Offenders are admitted to the 

Gainesville State School after processing through the TYC Orientation Unit in Marlin, 

Texas. The mean length of stay within the TYC prior to the beginning of the study was 

5.90 months (SD = 9.30).  

Criminal histories combined participants� self-reports with descriptive court 

documents. Information about the prevalence of several offenses included the 

following: theft (95.0%), probation violations (94.1%), drug possession and/or 

trafficking (91.1%), assault (86.1%), minor property offenses (82.2%), and weapon 

use (80.2%). Participants reported committing 2.50 violent crimes on average (SD = 

1.20). Court documents contained a mean number of 3.61 total adjudications (SD = 

2.11) for each participant.  
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The racial composition of the sample was 35 (34.7%) European Americans, 29 

(28.7%) African American, 23 (22.8%) Latino American or Hispanic, 1 (1.0%) Native 

American Indian, 2 (2.0%) Asian American, and 11 persons (10.9%) self-identified as 

bicultural. No differences were observed across ethnicity for Psychopathy Checklist: 

Youth Version (PCL:YV) scores or on any of the dependent measures (see Table 2). 

These findings are inconsistent with previous research by Murdock Hicks et al. (2000) 

conducted at the same site. 

Table 2 

Descriptive Information of the Total Sample and Ethnic Groups 

 
Total European African Latino 
Sample Americana Americanb Americanc 

 
Variable M SD M SD M SD M SD F 
Age 16.99 1.41 17.22 0.23 16.89 0.26 17.04 0.29 0.48 

Age at first arrest 13.70 1.42 14.16 0.24 13.36 0.26 13.60 0.29 2.77 

Prior adjudications 3.61 2.11 3.14 0.36 3.69 0.39 4.46 0.45 2.60 

Total infractions  14.33 15.85 14.43 2.76 18.83 3.03 11.48 3.41 1.35 

Violent infractions 1.73 2.30 1.63 0.41 2.07 0.45 1.83 0.50 0.27 

Nonviolent Infractions 12.91 14.00 13.06 2.43 17.21 2.67 9.74 3.00 1.76 

Treatment Progress 0.83 1.05 0.96 0.18 0.64 0.20 0.84 0.22 0.72 

PCL:YV Total score 20.60 6.66 21.26 1.14 21.66 1.25 18.44 1.40 1.71 

PCL:YV Factor 1 6.22 3.52 6.40 0.57 6.86 0.64 4.96 0.72 2.09 

PCL:YV Factor 2 10.88 3.02 11.20 0.53 10.83 0.58 10.39 0.65 0.47 

Note. All F ratios are nonsignificant; an = 35, bn = 29, cn = 23. 
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Measures and Materials 

Demographic Informa ion. Several variables were obtained from institutional 

files, including: (a) the age at which the participant was first arrested (i.e., �age of 

onset�), (b) the number and type of offenses for which the individual has been 

adjudicated, (c) ADHD diagnosis (past or current), (d) participants� IQ (as measured by 

standardized intelligence tests such as the Test of Nonverbal Intelligence-Third 

Edition� (TONI-3; Brown, Sherbenou, & Johnsen, 1997; copyrighted by PRO-ED, 

Austin, Texas), Wechsler Abbreviated Scale of Intelligence� (WASI; Wechsler, 1999; 

copyrighted by Psychological Corporation, San Antonio, Texas), or the Kaufman Brief 

Intelligence Test� (KBIT; Kaufman & Kaufman, 1990; copyrighted by AGS, Circle Pines, 

MN), (e) reading and math achievement on the Test of Adult Basic Education� (TABE; 

1987; copyrighted by CTB McGraw-Hill, Monterey, California), and (f) participants� self-

identified ethnicity. Participants were asked during the interview whether any of his 

immediate family members uses illicit substances or has been arrested or spent time 

incarcerated. This information was corroborated by institutional file review. 

t

PCL:YV. The Psychopathy Checklist: Youth Version (PCL:YV; Forth et al., in 

press) is a modified version of the PCL-R� (copyrighted by Multi-Health Systems, 

Toronto, Ontario) for use with adolescents. Item descriptions were adapted to take into 

account the limited life experience of adolescents. Scoring was also altered with an 

increased emphasis on relations with peers, family, and school adjustment. In a 

preliminary investigation of its factor structure, Forth (1995) found that the PCL:YV 

corresponds closely to the factor structure of the PCL-R. Cruise et al. (2000) provided 
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further support for the two-factor solution among adolescent offenders, with significant 

factor loadings on all but one item for the two factors. Item 9 (parasitic lifestyle) did not 

load into their factor analysis due to its unacceptable distribution. 

The PCL:YV is a 20-item rating scale that integrates a semi-structured interview 

and other collateral data. Each item is rated on a three-point scale (0, 1, and 2), on the 

degree to which a person matches the item description for the particular behavioral or 

personality characteristic. With adults, a total score of 30 or greater is the 

recommended cut score for a classification of psychopathy. With the absence of 

established cut scores for adolescents, this cut score is typically applied to adolescents. 

Current research (Forth & Burke, 1998) has indicated that the PCL-YV has excellent 

internal consistency (alphas from .83 to .90) and interrater reliability (rs from .90 to 

.98) in incarcerated settings. 

SALE. The Survey of Attitudes and Life Experiences (SALE; Rogers & Sewell, 

1994) is an 80-item self-report questionnaire administered to gather more information 

about adolescents� antisocial and psychopathic characteristics. It has simple reading 

comprehension (Flesch-Kincaid = 4.59). Items are rated on a four-point scale: 1 being 

�agree completely,� 2 is �agree somewhat,� 3 is �disagree somewhat,� and 4 is 

�disagree completely.� Its 24-item Psychopathy Screen (PS-24) has moderate internal 

consistency of .79 and effectively differentiates mixed/high and low levels of 

psychopathy (Cohen�s d = 1.02) among youthful offenders (Rogers, Vitacco, Cruise, 

Sewell, & Neumann, in press). Social desirability has only a modest effect (d = .48) on 
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PS-24 scores. The PS-24 seems to be more effective when adolescent offenders adopt a 

socially desirable presentation. 

APSD. The Antisocial Process Screening Device� (APSD; Frick & Hare, 2003; 

copyrighted by Multi-Health Systems, Toronto, Ontario) is a scale for the assessment of 

psychopathic traits. The APSD has separate forms for self-report, parental report, and 

teacher report. The self-report form was used in the present study. Items are ranked 

according to a three-point scale, 0 being �not at all true,� 1 is �sometimes true,� and 2 

is �definitely true.�  

The APSD has two dimensions: Impulsivity and Conduct Problems (I/CP) with ten 

items, Callous/Unemotional (CU), with six items. It was validated on children, based on 

the teacher and parent reports. Frick, O�Brien, Wootton, and McBurnett (1994) found 

that parent and teacher ratings on the APSD for a predominantly male, European 

American sample yielded alpha coefficients of .82 for the I/CP scale, and .73 for the CU 

scale. Additionally, the I/CP scale correlated more highly with several other measures of 

conduct problems than the CU scale. 

PBI. The Maternal and Paternal Care and Protection scales of the Parental 

Bonding Instrument (PBI; Parker, Tupling, & Brown, 1979) assess the adolescent�s 

parents� level of support, affection, and nurturing throughout his or her childhood. 

Internal consistency of the scale scores has been found to be strong, with alphas 

ranging from .85 to .91 (Fergusson & Lynskey, 1996). The validity of the PBI has been 

found to be adequate (Parker, 1989; Parker, Tupling, & Brown, 1979) with mothers 

perceived as slightly more caring and overprotective than fathers, independent of the 

43 



child's sex. Recent research (Cox, Enns, & Clara, 2000) indicates that the PBI has three 

underlying dimensions (i.e., Care, Protection, and Authoritarianism) in both clinical and 

community adult samples. 

BIS-11. The Barratt Impulsiveness Scale® (BIS-11; Barratt & Patton, 1983; 

copyrighted by E. S. Barratt & J. Patton, Galveston, Texas) is a 30-item self-report 

measure that focuses on various aspects of impulsivity. The BIS-11 is composed of 

three factors (i.e., Non-planning, Motor, and Attentional). These factors, organized into 

scales, have moderately high internal consistency (e.g., alphas range from .79 to .83). 

Although the BIS-11 has little validation with adolescents, three reasons support its use 

with this population. First, the BIS-11 has a very low reading grade level of 2.90. 

Second, it addresses issues pertinent to impulsive adolescent behavior (e.g., failure to 

plan ahead and restlessness). Third, the BIS-11 (particularly the nonplanning and 

attentional subscales) has demonstrated relationships with aggression and conduct 

problems in children and adolescents ages 11 to 17 (Harmon-Jones, Barratt, & Wigg, 

1997; Vitacco & Rogers, 2001). 

An earlier version of the currently published BIS-11 was used in this study 

consistent with earlier adolescent research (Vitacco & Rogers, 2001). This version did 

not conform to the factor structure of Barratt�s published BIS-11. Therefore, an 

exploratory factor analysis (EFA) was conducted, and a resulting two-factor solution 

was used in the present study (see Appendix A). Items loaded on two distinct aspects 

of impulsiveness. Factor 1 reflects cognitive impulsiveness, as indicated by non-

endorsement of items such as �I am a careful thinker� and �I plan for the future.� 
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Factor 2 items involve behavioral impulsiveness, such as �I do things without thinking� 

and �I act �on impulse�.� 

Outcome Measures. The institutional record review was conducted three months 

following each adolescent�s participation in the study. Three indices were compiled to 

corresponding to the participants� infractions committed in the Gainesville State School, 

as well as their progression through treatment phases over the three-month period. 

1. The Nonviolent Infraction Index (NVI) consisted of all nonviolent offenses 

(e.g., noncompliance, destruction of property, gang activity, and self-referrals).  

2. The Violent Infraction Index (VI) is comprised of assaults of students, assaults 

of staff, and danger to others.  

3. The Treatment Progress Index (TPI) was defined as the rate of phases 

completed per month incarcerated in Gainesville State School. 

Procedure 

 Newly admitted participants were asked for their voluntary participation in this 

study. The assessment was completed during each participant�s stay on the Gainesville 

State School orientation dorm, prior to enrollment in any specialized intervention 

program.  

Due to the age of adolescent participants (i.e., under 18 years), parental 

notification was required by the IRBs. Letters were sent to parents on the day of their 

child�s admittance to the Gainesville State School, containing information about the 

study and specific instructions for contacting the TYC if they did not consent to their 

child�s participation (see Appendix B). To ensure adequate time for parental response, 
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newly admitted adolescents were only assessed after the 10th day of their residence at 

the Gainesville State School.  

Additional inclusion criteria included the ability to read on the fourth grade level, 

because this reading level was required by most measures administered. The Test of 

Adult Basic Education (TABE; 1987) scores were retrieved from each participant�s 

computerized institutional file. The TABE is a writing, math, and reading assessment 

exam, often used to appropriately place individuals in career courses, GED preparation, 

and adult education classes. Qualified participants met individually with the researcher, 

who explained the general purpose of the study. In addition to parental notification, 

individual participants provided written, informed assent (see Appendix C). 

Interviews were conducted in two settings: (a) an all-purpose room within the 

psychology and visitation building, and (b) a group room on the orientation unit. During 

interviews, the door remained closed to protect the confidentiality of the participant. 

Interviews generally lasted two hours with breaks given as needed. 

 After informed consent was obtained, basic demographic information was 

gathered in an interview format, including birth date, family criminality and substance 

use, gang affiliation, current medications, and ethnicity. The PCL:YV was administered 

first in order to establish rapport and minimize bias, as the interviewer was masked 

completely to other test results. Following the administration of the PCL:YV, the self-

report measures (APSD, PBI-Mother, PBI-Father, BIS, and SALE) were administered in 

counterbalanced order to control for possible ordering effects. 
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Interrater reliability of the PCL:YV total scores was calculated based on 20 cases. 

Two advanced graduate students accompanied the principal investigator, providing 10 

independently-rated PCL:YV interviews each. A one-way random effects model was 

used for computation of the intraclass coefficient (ICC) for the PCL:YV total score 

between each pair of raters. The two pairs of raters had strong ICCs of .98 and .96. 

 An extensive review of internal records was conducted upon completion of all 

measures, both to confirm background information reported by participants and to 

obtain additional demographic information. Collateral information for scoring the PCL:YV 

was obtained, as recommended by its authors (Forth, Kosson, & Hare, in press). 

Information reviewed in institutional files included but was not limited to intake 

interviews, institutional treatment records, court documents, police reports, and 

psychiatric/psychological evaluations.  

Statistical Methods 

 Research questions were addressed using several correlation and multiple 

regression analyses. The relationship between each variable and dependent measure 

was determined. Significant predictors (alpha < .05, adjusted for family-wise error) 

were then entered into a regression analysis. Finally, a dominance analysis was 

conducted to establish the importance of each variable for the prediction model 

specified.  

 Dominance analysis was performed for each of the outcome indices. Dominance 

analysis improves upon traditional regression models by systematically examining all 

possible pairwise comparisons of predictors. According to Budescu (1993), dominance 
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analysis provides a method by which the relative importance of each variable can be 

determined through three conditions: (a) the �reduction of error� in each variable�s 

prediction of the criterion; (b) the direct comparison of each variable�s relative 

importance; and (c) an examination of each variable�s direct, total, and partial effects. 

One variable is described as the �dominant factor� if its predictive ability exceeds the 

others in all subset regressions.  

Analyses were conducted for each of the three outcomes on adolescents and 

then young adults, according to the following steps: 

1. The strength and direction of relationship between each of the independent 

variables and the four dependent variables was determined through Pearson r 

correlations.  

2. Correlations between predictors were examined for evidence of 

multicollinearity, or a high degree of overlap. A high correlation between two variables 

indicates that one predictor can itself be predicted by the other predictor in the model. 

Therefore, if two variables demonstrated at least moderate multicollinearity (i.e., r > 

.80), the variable exhibiting the strongest relationship with the outcome of interest 

entered into regression analysis, while the other was excluded.  

3. The remaining variables were entered into several regression analyses, with all 

possible combinations of significant predictors. Significant predictors were determined 

by using an adjusted p value, based on the family-wise error rate. This rate was 

calculated by dividing .05 by the number of predictors, and ranged from .008 to .025 

across prediction models. Variables that exhibited significant correlations with the 
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particular outcome were then considered for entry into regression analysis. The amount 

of variance explained by each prediction model is provided by R2.  

4. Dominance analysis provided the increase in variance explained (R2) as a 

result of each variable�s addition to the prediction model. This value was obtained by 

calculating the amount of R2 provided by each predictor in the context of the others. 

For example, to obtain the additional contribution amount for the third variable in a 

model (v3) in the context of the two other variables (v1 and v2), the R2 provided by v1,v2 

is subtracted from the R2 provided by all three variables (v1, v2, and v3). 

5. The average amount of variance explained by each of the predictors, based on 

their additional contribution to the prediction model, was calculated through a simple 

quantitative analysis. The values across M(Cxi) represent the mean additional 

contribution of each predictor, which are provided by dominance analysis procedures 

(see Step 3 above). Finally, the percent of total variance explained by each predictor is 

indicated and sums to the full model�s R2. The variable that explains most of the 

variance in the prediction model overall (i.e., highest R2) is considered to be the 

dominant predictor of the specified outcome. 
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CHAPTER 3 

RESULTS 

Descriptive Data 

The participants had a mean age of 16.99 years (SD = 1.41) at the time of the 

assessment. Although the age range of adolescents is technically limited to 10 to 17 

years, many of the participants were readmitted to the TYC as adults, due to their 

violating juvenile parole. Therefore, the ages ranged from 14.0 to 20.55 years. The 

mean age at first arrest was 13.70 (SD = 1.42).  

Table 3 contains descriptive information on several background and independent 

variables. Adolescents and young adults differed significantly in their success at 

progressing through the four-step resocialization program. Adolescents completed a 

significantly smaller proportion of their treatment (47.8%), while young adults 

completed 62.3%. The rate of progression was also faster for young adults, as 

indicated in Table 4. 

A small group of participants (n = 16) were either transferred to the Gainesville 

State School from another TYC facility or recommitted to the TYC system due to a 

revocation of parole. This group did not differ significantly on time spent in the TYC 

system or on any of the dependent measures (p > .05), so separate analyses were not 

warranted (see Appendix D).  
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Table 3 

Descriptive Information of Predictors for Adolescents and Young Adults 

Background Variables Adolescents Young Adults  

 M SD M SD t

 

/X2

Age at first arrest 13.52 1.26 13.90 1.58 -1.34

Past adjudications 3.50 2.26 3.74 1.95 -0.56

Months in TYC 5.01 6.93 6.97 11.51 -1.06

Highest Phase 1.91 1.08 2.49 1.13 -2.62**

Full Scale IQ 94.00 11.99 92.89 14.02 0.43

TABE reading 7.61 2.37 7.86 3.11 -0.44

TABE math 7.41 2.79 7.71 3.20 -0.49

PCL:YV Total 20.47 5.84 20.70 7.60 -0.17

PCL:YV Factor 1 6.31 3.47 6.11 3.62 0.27

PCL:YV Factor 2 10.82 2.61 10.96 3.48 -0.23

BIS Total 39.50 9.29 40.20 9.99 -0.36

BIS Factor 1 13.46 5.79 12.79 5.12 0.59

BIS Factor 2 12.29 4.77 12.58 5.21 -0.29

Gang membership n (%) 31 (56.4) 20 (43.5) 1.66

ADHD n (%) 23 (41.8) 20 (43.5) 0.03

Substance Abuse n (%) 
Substance Dependence n (%) 

16 (29.1)
31 (56.4)

10 (21.7) 
26 (56.5) 

1.25

Family criminal history n (%) 46 (83.6) 34 (73.9) 1.44

Family substance abuse n (%) 38 (69.1) 25 (54.3) 2.32

Achievementc > expected grade n (%) 
 

16 (29.1) 9 (19.6) 0.78

Note. a n = 55, bn = 46; c Achievement in math and reading; TYC = Texas Youth 
Commission; TABE = Test of Adult Basic Education; PCL = Psychopathy Checklist: Youth 
Version; **p < .01. 
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Prediction models varied significantly in this sample, depending on participants� 

ages. Age at the time of the study emerged as a significant predictor for each 

dependent variable when regressions were initially calculated. Therefore, separate 

analyses were conducted for adolescents and young adults, based on a cut score of 17 

years (i.e., the state�s legal age of adult criminal responsibility). This cut score 

approximates the sample�s median age of 16.80. Therefore, adolescents and young 

adults were split into comparable groups, with 55 adolescents and 46 young adults. 

Significant mean differences on the dependent measures are presented in Table 4 by 

age groups. 

Table 4 

Differences Between Adolescents (< 17 years) and Young Adults (> 17 years) on 

Dependent Measures 

 
Variable Adolescentsa Young Adultsb t d 
 
Total infractions 
 M 17.89 10.07 2.54* .51 
 SD 18.14 11.36 

Violent infractions 
 M 2.09 1.30 1.73 .35 
 SD 2.44 2.05 

Nonviolent infractions 
 M 15.89 9.35 2.39* .48 
 SD 16.15 9.95 

Treatment progress 
 M 0.62 1.09 -2.30* .46 
 SD 0.41 1.45 
Note. *p < .05; an = 55, bn = 46. 
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Research Question #1 

 The first research question sought to address the factors that predict poor 

institutional adjustment, and to determine whether their predictive utility exceeds that 

of past behavior. 

Nonviolent Infractions 

 Prediction of nonviolent infractions for adolescents. Correlations with nonviolent 

infractions (see Table 5) were significant for PCL:YV Total score, PCL:YV Factor 2, 

ADHD diagnosis, and PCL:YV Factor 1. At Step 2, multicollinearity between PCL Total 

score and Factor 1 (r = .88), and PCL Total score and Factor 2 (r = .81) resulted in the 

exclusion of PCL:YV Factors 1 and 2 from subsequent regression analyses.  

Table 5 

Significant Correlations Between Predictors and Nonviolent Infractions Among 

Adolescents (< 17 years) 

Variable Pearson r p     

PCL:YV Total score .46 .001 

PCL:YV Factor 2 .45 .001 

ADHD diagnosis .43 .001 

PCL:YV Factor 1 .39 .003 

Past nonviolent infractions .37 .006 

 

BIS® (copyrighted by E. S. Barratt & J. Patton, Galveston, Texas) Factor 2, 

family substance abuse, and PCL:YV Factor 1 explained 44.9% of the variance in 

adolescents� nonviolent infractions (see Table 6). ADHD (16.0%) and PCL Total score 
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(15.1%) demonstrated relatively equal dominance in the prediction of adolescents� 

nonviolent misconduct. 

Table 6 

Variables that Predict Nonviolent Infractions for Adolescents (< 17 years) 

                           Dominance Analysis                                            

      Additional contribution of  

Variables R2 Adj R2 v1 v2 v3  

v1 .211 .196 - .150 .053  

v2 .181  .165 .180 - .084    

v3 .135  .119 .129 .130 -  

v1, v2 .361  .337 - - .028  

v1, v3 .264 .236 - .125 -  

v2, v3 .265 .237 .124 - -  

v1, v2, v3 .389  .353 - - -  

M(Cxi) .151 .160 .081 
  
Note. v1 = PCL:YV Total score, v2 = ADHD diagnosis, v3 = Past nonviolent infractions; 
M(Cxi) = mean contribution of each variable. 
 
 Prediction of nonviolent infractions for young adults. In contrast to the predictors 

of nonviolence for adolescents, correlations between nonviolent infractions and BIS 

Factor 2, family substance abuse, and PCL:YV Factor 1 emerged for young adults.  
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Table 7 

Significant Correlations Between Predictors and Nonviolent Infractions Among Young 

Adults (> 17 yea s)r  

Variable Pearson r p        

BIS Factor 2 .35 .017 

Family substance abuse .35 .017 

BIS Total score .35 .032 

PCL:YV Factor 1 .34 .026 

 

Multiple regression analyses (Table 8) indicated that 30.1% of the variance in 

adults� nonviolent infractions is accounted for by BIS Factor 2, family substance abuse, 

and PCL:YV Factor 1. These variables entered the dominance analysis; results revealed 

that family substance abuse was the dominant predictor of nonviolent infractions 

among young adults, uniquely accounting for 14.5% of the variance in this model. 

Importantly, PCL Factor 1 contributed 8.9%, while BIS Factor 2 contributed 6.8% of the 

variance in nonviolent infractions. 
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Table 8 

Variables that Predict Nonviolent Infractions for Young Adults (> 17 yea s)r  

                           Dominance Analysis                                            

      Additional contribution of  

Variables R2 Adj R2 v1 v2 v3  

v1 .125 .105 - .113 .012  

v2 .124  .104 .114 - .167  

v3 .113  .092 .024 .178 -  

v1, v2 .238  .202 - - .063  

v1, v3 .137 .094 - .164 -  

v2, v3 .291 .256 .010 - -  

v1, v2, v3 .301  .247 - - -  

M(Cxi) .068 .145 .089  
 
Note. v1 = BIS Factor 2, v2 = Family substance abuse, v3 = PCL:YV Factor 1; M(Cxi) = 
mean contribution of each variable.  

 

Research Question #2 

 The second research question explored the predictors of institutional violence. 

Specifically, it was investigated what variables provide incremental validity to 

psychopathy in predicting violence. 

Violent Infractions 

 Prediction of violent infractions for adolescents. Table 9 shows PCL:YV Factor 2 

as having the strongest relationship with adolescents� violent infractions, followed by 

adjudications, PCL:YV Total score, and ADHD.  
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Table 9 

Significant Correlations Between Predictors and Violent Infractions Among Adolescents 

(< 17 years) 

Variable Pearson r p     

PCL:YV Factor 2 .51 .001 

Adjudications .37 .006 

PCL:YV Total score .35 .010 

ADHD diagnosis .36 .006 

 

In accordance with Step 2, PCL:YV Total score was eliminated from further 

analyses because of its correlation with Factor 2 (r = .81). PCL:YV Factor 2, 

adjudications, and ADHD (see Table 11) explained 51.1% of the total variance in violent 

infractions among adolescents. Dominance analysis revealed that for adolescents, the 

behavioral component of psychopathy (Factor 2) appears to be the most important 

predictor of violent infractions, individually accounting for 23.5% of the variance in 

violent infractions. 
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Table 10 

Variables that Predict Violent Infractions for Adolescents (< 17 years) 

                           Dominance Analysis                                            

      Additional contribution of  

Variables R2 Adj R2 v1 v2 v3  

v1 .255 .241 - .115 .041  

v2 .137  .121 .233 - .159  

v3 .132  .116 .235 .164 -  

v1, v2 .370  .346 - - .141  

v1, v3 .367 .342 - .144 -  

v2, v3 .296 .268 .215 - -  

v1, v2, v3 .511  .482 - - -  

M(Cxi) .235 .140 .124 
 
Note. v1 = PCL:YV Factor 2, v2 = Adjudications, v3 = ADHD diagnosis; M(Cxi) = mean 
contribution of each variable. 
 
 Prediction of violent infractions for young adults. BIS Factor 2, gang 

membership, BIS Total score, PCL:YV Total score, PCL:YV Factor 1, and APSD� 

(copyrighted by Multi-Health Systems, Toronto, Ontario)  Total score were significantly 

correlated with violent infractions among the young adult group. At Step 2, BIS Total 

score was excluded from the dominance analysis procedures, due to its relationship 

with BIS Factor 2 (r = .85).  
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Table 11 

Significant Correlations Between Predictors and Violent Infractions Among Young Adults 

(> 17 years) 

Variable Pearson r p     

BIS Factor 2 .43 .004 

Gang membership .41 .005 

BIS Total score .41 .010 

PCL:YV Total score .39 .008 

PCL:YV Factor 1 .36 .016 

 

BIS Factor 2, gang membership, and PCL:YV Total score were important for 

predicting violent infractions among young adults, as their regression explained 35.1% 

of the variance in violent infractions among young adults (see Table 12). No single 

predictor uniquely contributed more to violence than the others. The contributions of 

gang membership and BIS Factor 2 were relatively equal for young adults� violent 

infractions, each providing approximately 13.3% of the variance in the model. 

Psychopathy only uniquely contributed 8.4% to the variance in young adults� violent 

infractions. 
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Table 12 

Variables that Predict Violent Infractions for Young Adults (> 17 years) 

                           Dominance Analysis                                            

      Additional contribution of  

Variables R2 Adj R2 v1 v2 v3  

v1 .182 .163 - .142 .060  

v2 .167  .148 .157 - .087  

v3 .151  .132 .091 .103 -  

v1, v2 .324  .292 - - .027  

v1, v3 .242 .206 - .109 -  

v2, v3 .254 .220 .097 - -  

v1, v2, v3 .351  .303 - - -  

M(Cxi) .134 .133 .084  
 

Note. v1 = BIS Factor 2, v2 = Gang membership, v3 = PCL:YV Total score; M(Cxi) = 
mean contribution of each variable. 
 

Research Question #3 

 The third research question sought to determine which variables predict 

treatment progress and to what extent they are merely polarities or opposites of risk 

variables. 

Positive Outcomes � Treatment Progress 

 Prediction of treatment progress for adolescents. The compensatory model 

(Garmezy, 1984) suggests that certain variables exist to promote positive outcomes 

among high-risk individuals, independent of risk factors. Therefore, it was important to 

examine what factors contribute to individuals� progress through the resocialization 
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treatment program at Gainesville State School. Adolescents� treatment progress was 

predicted by ADHD diagnosis, PCL:YV Total score, PCL:YV Factor 1, PCL:YV Factor 2, 

and age at first arrest (see Table 13). PCL:YV Factors 1 and 2 were excluded from 

regression analyses due to their overlap with PCL:YV Total score (rs = .88 and .81).  

Table 13 

Significant Correlations Between Predictors and Treatment Progress Among Adolescents 

(< 17 years) 

Variable Pearson r p        

ADHD diagnosis -.51 .001 

PCL:YV Total score -.42 .001 

Age at first arrest .32 .016 

 

The remaining three variables accounted for 46.7% of the variance in 

adolescents� treatment progress (see Table 14). The absence of ADHD is the dominant 

predictor of treatment progress among adolescents, as it individually accounted for 

24.4% of the variance. Thus, protective factors appear to be the absence of risk 

factors. 
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Table 14 

Variables that Predict Treatment Progress for Adolescents (< 17 years) 

                           Dominance Analysis                                            

      Additional contribution of  

Variables R2 Adj R2 v1 v2 v3  

v1 .263 .250 - .143 .096  

v2 .176  .161 .230 - .064  

v3 .104  .087 .255 .136 -  

v1, v2 .406  .384 - - .061  

v1, v3 .359 .335 - .108 -  

v2, v3 .240 .201 .227 - -  

v1, v2, v3 .467  .436 - - - 

M(Cxi) .244 .141 .082  
 
Note. v1 = ADHD diagnosis, v2 = PCL:YV Total score, v3 = Age at first arrest; M(Cxi) = 
mean contribution of each variable. 
 
 Prediction of treatment progress for young adults. Both academic variables 

emerged as predictors of treatment progress among adults: TABE� (copyrighted by 

CTB McGraw-Hill, Monterey, California) reading score and TABE math score, in addition 

to IQ score at or above average.  
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Table 15 

Significant Correlations Between Predictors and Treatment Progress Among Young 

Adults (> 17 years) 

Variable Pearson r  p   

TABE reading score .37 .020  

TABE math score .32 .043 

IQ ≥ average .32 .032 

Note. TABE = Test of Adult Basic Education. 

 For young adults, reading score added the most unique variance to treatment 

progress (41.1%), followed by IQ in the average or above range (25.9%) and math 

score (21.5%). These variables emerged as distinct protective factors, not simply the 

absence of risk factors. 
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Table 16 

Variables that Predict Treatment Progress for Young Adults (> 17 years) 

                           Dominance Analysis                                            

      Additional contribution of  

Variables R2 Adj R2 v1 v2 v3       

v1 .138 .115 - .003 .020  

v2 .104  .080 .037 - .025  

v3 .101  .080 .057 .028 -  

v1, v2 .141  .093 - - .017  

v1, v3 .158 .111 - .000 -  

v2, v3 .129 .082 .029 - -  

v1, v2, v3 .158  .086 - - - 

M(Cxi) .065 .034 .041  
 
Note. v1 = TABE reading score, v2 = TABE math score, v3 = IQ > average; M(Cxi) = 
mean contribution of each variable.  
 
Negative Outcomes � Violence 

In order to address the specific risk-protective mechanisms operating in the 

present sample, a composite score was created based on a small group of risk and 

protective factors (see Table 17). When present, protective factors were coded �1, and 

risk factors were coded +1. This calculation allows for a direct assessment of the ability 

of certain protective factors to reduce the overall level of risk for violence. 
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Table 17 

Variables Entered into Composite Score for Predicting Violence 

Risk Factors Protective Factors 

PCL:YV > 30 IQ > average 

ADHD diagnosis Academic achievement > expected grade level 

Family criminal history Low impulsivity 

Family substance abuse High maternal care 

Gang membership Moderate parental protection 

 

 The incidence of violence at each composite score level is presented in Table 18. 

Negative numbers indicate protective factors outweigh risk factors, whereas positive 

numbers demonstrate that risk surpass protective effects. Results indicate that a trend 

exists such that greater proportion of protective factors to risk factors is associated with 

a lower incidence of violence.  
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Table 18 

Incidence of Violence at Each Level of Risk-Protective Composite Score 

Composite Score Violent 
% (n) 

Nonviolent 
% (n) 

<-2 28.5 (2) 71.5 (5) 
 

-2 
 
30 (3) 

 
70 (7) 

 
-1 

 
47 (9) 

 
53 (10) 

 
0 

 
56 (10) 

 
44 (8) 

 
1 

 
65 (13) 

 
35 (7) 

 
2 

 
82 (14) 

 
18 (3) 

 
3 

 
71 (5) 

 
29 (2) 

 
>3 

 
100 (2) 

 
0 (0) 

   
Note. Age groups were collapsed for odds ratio due to small cell size.  
 
 Variability existed in the number of risk and protective factors across the sample. 

Participants had a mean of 2.47 risk factors and 2.23 protective factors. The average 

composite risk-protective factor score was .22, indicating that protective factors were 

operating for most participants. The composite score was trichotomized to examine its 

ability to distinguish between low, intermediate, and high-risk individuals. Odds ratio 

results indicate that high-risk individuals were 2.75 times more likely to commit violence 

than those at low risk. 
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Table 19 

Likelihood of Violence at Each Level of Risk-Protective Composite Score 

 
Risk Category 

 
n 

 
Likelihood of Violent Infractions 

% (n) 
 

Low Risk 
 

 
17 

 
29.4 (5) 

Intermediate 57 56.1 (32) 
 

High Risk 
 

26 
 

80.8 (21) 
   

Note. Low risk = < 1; Intermediate risk = 0 or 1; High risk = > 1. 
 

Supplementary Analyses 

The psychometric properties of the PCL:YV were explored for this sample. Using 

the recommended cut score of > 30 for psychopaths (Hare, 1991), 12 (11.9%) 

participants in the sample met the criteria for a classification of psychopathy. 

PCL:YV items were analyzed via confirmatory factor analysis (CFA) in an effort to 

test the two- and three-factor models found with adult samples (see Table 20). Results 

of the CFA indicate that the two-factor models is a marginally acceptable fit for the 

PCL:YV data, RCFI = .89, RMSEA = .07. The three-factor solution offered by Cooke and 

Michie (2001) resulted in a similarly expected marginal fit, with RCFI = .89, and RMSEA 

= .08. A statistical comparison of the factor solution offered by each model was 

nonsignificant, X2 (57) = 72.48, p > .05. Due to its extensive clinical use with external 

correlates, and the established validity with adolescent offender populations, Hare�s 

(1991) two-factor model was selected for the present study. Factor structure 

specifications for the two- and three-factor models can be found in Appendix E. In 
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addition, Appendix F contains PCL:YV factor loadings for the Hare (1991) two-factor 

model, while Appendix G summarizes factor loadings for the Cooke and Michie (2001) 

three-factor model. 

Table 20 

Goodness of Fit Estimated for Hare (1991) and Cooke and Michie (2001) Models 

CFA Model Factors X2 NFI NNFI CFI RCFI RMR RMSEA 

Hare (1991) 2 164.10 .677 .849 .871 .888 .033 .065 

Cooke and 

Michie (2001) 

3   91.62 .748 .849 .886 .891 .033 .075 

Note. p values for the X2 were both < .01; NFI = Normative Fit Index; NNFI = 
Nonnormed Fit Index; CFI = Comparative Fit Index; RCFI = Robust Comparative Fit 
Index; RMR = Root Mean Squared Residual; RMSEA = Root Mean Squared Error of 
Approximation. 
 
Predictive Validity of PCL:YV 

Psychopathy has demonstrated its ability to act as a �robust risk factor� (Hart, 

1998) for negative outcomes among adults. However, Murdock et al. (2000) and Rogers 

et al. (1997) found only moderate correlations among adolescents between 

psychopathy and negative outcomes, specifically for institutional behavior. The current 

results indicate that psychopathy is an important predictor of institutional behavior, but 

its unique contribution was often surpassed by other important individual and family 

variables (see Tables 22 and 23). Furthermore, significant differences emerged in the 

PCL:YV�s ability to predict outcomes among the separate age groups. 
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Table 21 

Comparison of Correlations Between Psychopathy and Institutional Infractions 

 r  Adolescentsa Young Adultsb z

Violent infractions 

PCL:YV Total score 

PCL:YV Factor 1 

PCL:YV Factor 2  

  

.35** 

.23 

.51** 

 

.39** 

.36* 

.35* 

 

0.24 

-0.70 

0.92 

Nonviolent infractions 

PCL:YV Total score 

PCL:YV Factor 1 

PCL:YV Factor 2 

  

.46** 

.39** 

.45** 

 

.31* 

.34* 

.22 

 

0.87 

0.32 

1.31 

Note. an = 55; bn = 46; *p < .05; **p < .01. All zr  statistics were nonsignificant. 

PCL:YV Total score was important in predicting total infractions and violent 

infractions for both age groups. However, its predictive ability was exceeded by its two 

factors, as well as by impulsivity, ADHD, family substance abuse, and past 

adjudications. PCL:YV Total score remained in analyses only for young adults� violent 

infractions, and contributed only an additional 8.4% variance, compared to 26.7% 

provided by BIS Factor 2 and gang membership. 

Among young adults, PCL:YV Factor 1 was an important predictor for all 

infraction outcomes. However, family substance abuse dominated the prediction model 

for total and nonviolent infractions, and BIS Factor 2 contributed more of the variance 

in violence. PCL:YV Factor 1 uniquely contributed only 7.9% of the variance in 

adolescents� total infractions, dominated by ADHD. 
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PCL:YV Factor 2 emerged as a significant predictor among adolescents only. It 

demonstrated a strong relationship with overall poor institutional behavior among 

adolescents; however, ADHD dominated this prediction model. Importantly, Factor 2 

seems to be especially important in contributing to the prediction of violence among 

adolescents, as it emerged as the dominant predictor for violent infractions. 

Table 22 

A Summary of Predictors with Unique Variance [M(Cxi)] by Age Groups for Institutional 

Behavior 

Adolescentsa 

 
 Young Adultsb

Violent infractions 

PCL:YV Factor 2 

Adjudications 

ADHD  

 

.235 

.140 

.124 

Violent infractions 

BIS Factor 2 

Gang membership 

PCL:YV Total score  

 

.134 

.133 

.084 

Nonviolent infractions 

ADHD 

PCL:YV Total score 

Past nonviolent infractions 

 

.160 

.151 

.081 

Nonviolent infractions 

Family substance abuse 

PCL:YV Factor 1 

BIS Factor 2 

 

.145 

.089 

.068 

Treatment Progress 

Absence of ADHD 

Low PCL:YV Total score 

Higher age at first arrest 

 

.244 

.141 

.082 

Treatment Progress 

TABE reading score 

IQ > average 

TABE math score 

 

.065 

.041 

.034 

 

Note. an = 55, bn = 46. 

Overall, psychopathy was a significant predictor of all infractions, particularly for 

adolescents. To determine the effects of psychopathy across ages, PCL:YV Total scores 

were trichotomized. The high and midrange psychopathy scores were collapsed into the 
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mixed/psychopathic group, according to a cut score > 18. Psychopathy effectively 

identified individuals who committed significantly more violent and nonviolent 

infractions, as indicated by its large effect sizes (see Table 23). 

Table 23 

Differences Between the Mixed/Psychopath Group (PCL:YV ≥ 18) Versus Non-

Psychopaths for Mean Infraction Rates 

  
 Mixed/Psychopath Groupa Non-Psychopathsb 
 (PCL:YV > 18) (PCL:YV < 18) t d 
 ____________________________________________________  

 M SD M SD 

Total infractions 18.70 17.24 6.09 7.96 4.09* 0.86 

Violent infractions 2.30 2.55 0.66 1.14 3.63* 0.76 

Nonviolent infractions 16.55 15.29 6.06 7.48 3.82* 0.80 

Note. an = 66; bn = 35; *p < .05. 
 

Importantly, no differences emerged between the mixed/psychopathic group and 

nonpsychopathic groups on treatment progress. Specifically, psychopathic individuals 

progressed through the resocialization program at an equal rate to nonpsychopathic 

individuals. Even when the traditional cut score of 30 on the PCL:YV is used, 

psychopathy had no effect on treatment progress, t (99) = .40, p > .05. 
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Table 24 

Differences Between Mixed/Psychopath Group (PCL:YV ≥ 18) Versus Non-Psychopaths 

for Rate of Treatment Progress 

 

 Mixed/Psychopath Groupa Non-Psychopathsb 
 (PCL:YV > 18) (PCL:YV < 18) t d 
 ____________________________________________________  

 M SD M SD 

Treatment Progress 0.82 1.24 0.85 0.53 0.13 0.03 

 
 Psychopath Groupc Non-Psychopathsd 
 (PCL:YV > 30) (PCL:YV < 30) t d 
 ____________________________________________________  

 M SD M SD 

Treatment Progress 0.95 2.06 0.81 0.85 -0.22 0.13 

Note. an = 66; bn = 35; cn = 12; dn = 89. 
 

Concurrent Validity of PCL:YV and SALE PS-24 

The SALE is a new measure of antisocial attitudes that incorporates a 24-item 

screen for psychopathic traits. Correlational analysis revealed significant relationships 

between the SALE PS-24 and PCL:YV scores (see Table 25). The SALE PS-24 

demonstrated moderate correlations with PCL:YV Total score (r = .45) and PCL:YV 

Factor 2 (r = .45), with a lower correlation for Factor 1 (r = .37).  
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Table 25 

Concurrent Validity o  the SALE PS-24 and APSD with the PCL:YV f

 
PS-24 APSD

 
I/CP CU

PCL:YV  .45** .37** .28** .39**

F1 .37** .29** .24* .33**

F2 .36** .26* .40**

PS-24 .33** .29** .38**

APSD .90** .70**

I/CP  .43**

Note. PCL:YV = PCL:YV Total score; F1 = PCL:YV Factor 1; F2 = PCL:YV Factor 2; PS-
24 = SALE PS-24; APSD = APSD Total score; I/CP = APSD I/CP Factor; CU = APSD CU 
Factor. *p < .05. **p < .01. 

 

PCL:YV Total scores were trichotomized for the entire sample, and differences 

between the three groups on the PS-24 were analyzed by analysis of variance (ANOVA). 

The PS-24 demonstrated its ability to discriminate between low, medium, and high 

psychopathy groups, (F [2, 97] = 10.26, p < .001; see Table 26). Post hoc analysis 

revealed that the PS-24 performed well in distinguishing low (M = 54.53) from high (M 

= 61.62) psychopathy groups. Although the PS-24 also discriminated low from medium 

(M = 55.35) levels of psychopathy, their mean score difference is trivial.  
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Table 26 

Descriptive Data on the SALE PS-24 by Psychopathy Group 

  
SALE PS-24 

 

 

Psychopathy Group M   SD F
 
Low (0-17)a 

Medium (18-22) b 

High (23-38) c 

 
54.53 

55.65 

61.62 

 
6.73 

6.46 

7.75 

 
10.26** 

Note. an = 35, bn = 31, cn = 35; **p < .01. 
     
 The high and medium psychopathy groups were again conducted to determine 

the discriminative utility of the SALE PS-24. Table 27 reveals an overall classification 

rate of 61.0%, indicating that the PS-24 accounts for a modest amount of the variance 

in PCL:YV Total scores. In particular, the PS-24 correctly identified 63.1% of those in 

the mixed/psychopathic group and 57.1% of nonpsychopaths. 
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Table 27 

Effectiveness of the SALE PS-24 in Classifying Individuals as Mixed/Psychopathic (Cut 

Score > 18) via Discriminant Function Analysis 

 
Predicted Group n Actual group membership 

   Mixed/Psychopathic Nonpsychopathic 

Mixed/Psychopathic 66 41 (63.1%) 24 (36.9%)  

Nonpsychopathic 35 15 (42.9%) 20 (57.1%)  

Overall hit rate is 61.0% 

Note. Lambda = .932; Canonical r = .26, p = .009.  

Predictive Validity of the APSD and PCL:YV 

The APSD is a commonly used screen for psychopathy, particularly with children 

and younger adolescents. In the current study, APSD self-reports indicated significant 

relations (see Table 25) with the PCL:YV Total score (r = .37), PCL:YV Factor 1 (r = 

.29), and PCL:YV Factor 2 (r = .36). Its strongest relationships were with PCL:YV Total 

score and Factor 2; however, these correlations accounted for only a modest 

percentage of the variance.  

Based on the trichotomized PCL:YV Total scores, the APSD Total score, was 

effective at differentiating between low, medium, and high psychopathy groups, (F [2, 

90] = 5.93, p = .004). Scheffe�s post hoc analysis revealed differences on the APSD 

total score only between low and high psychopathy groups. Specifically, the high 

psychopathy group scored significantly higher on the APSD (M = 19.41) than the low 

group (M = 15.10). 
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Table 28 

Descriptive Data on the APSD by Psychopathy Group 

  
APSD Total score 

 

 

Psychopathy Group M SD F 
 
Low (0-17) 

Medium (18-22) 

High (23-38) 

 
15.10 

16.47 

19.41 

 
5.91 

4.95 

4.26 

 
5.93** 

Note. an = 35, bn = 31, cn = 35; **p < .01. 
 

The APSD demonstrated a modest ability to distinguish between individuals in 

the mixed/psychopathic and psychopathic groups (see Table 29). The APSD�s 

effectiveness as a screen for psychopathy is comparable to that of the SALE PS-24, as 

indicated by its overall classification rate of 62.4%. However, the APSD correctly 

identified 61.3% of individuals in the mixed/psychopathic range of the PCL:YV and 

35.5% identified as nonpsychopathic. 
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Table 29 

Effectiveness of the APSD in Classifying Individuals as Mixed/Psychopathic (Cut Score > 

23) via Discriminant Function Analysis 

 
Predicted Group n Actual group membership 

  Mixed/Psychopathic Nonpsychopathic 

Mixed/Psychopathic group 66 38 (61.3%) 24 (38.7%)  

Nonpsychopathic group 35 11 (35.5%) 20 (64.5%)  

Overall hit rate is 62.4% 

Note. Lambda = .926; Canonical r = .27, p = .007. 

Additional analyses were conducted to assess how the APSD personality 

(Callous/Unemotional) and behavioral (Impulsivity/Conduct Problems) factors map onto 

PCL:YV affective (Factor 1) and behavioral (Factor 2) components. As expected, the 

APSD CU Factor was significantly related to PCL:YV Factor 1 (r = .33); however, a 

stronger association between the CU Factor and PCL:YV Factor 2 emerged (r = .40). In 

addition, the CU Factor was more predictive of PCL:YV Total score than of Factor 1.  

The CU Factor was able to distinguish between the three levels of psychopathy, 

low, medium, and high psychopathy groups, (F [96] = 5.53, p = .005). Specifically, the 

CU Factor discriminated between low and high psychopathic groups. Participants 

scoring low on the PCL:YV had significantly lower scores (M = 3.83) on the APSD CU 

Factor than those in the high range of psychopathy (M = 5.15), p = .008. 

Similarly, the I/CP Factor of the APSD was effective in discriminating between 

levels of psychopathy, (F [96] = 3.93, p = .02). Individuals in the high psychopathy 
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group scored significantly higher (M = 10.50) on the I/C Factor than those in the low 

psychopathy group (M = 8.61). 

Table 30 

Descriptive Data on the APSD Factors by Psychopathy Group 

  
APSD CU Factor 

 

 
APSD I/CP Factor 

Psychopathy Group M SD F M SD F 
 
Low (0-17) 

Medium (18-22) 

High (23-38) 

 
15.10 

16.47 

19.41 

 
5.91 

4.95 

4.26 

 
5.93**

 
8.61 

8.77 

10.50 

 
3.39 

3.19 

2.14 

 
3.93* 

Note. an = 35, bn = 31, cn = 35; **p < .05, **p < .01. 
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CHAPTER 4 

DISCUSSION 

 The methods of risk assessment and its applications continue to be a source of 

heated debate in the violence prediction literature. In fact, dissension is observed even 

in the very nature of defining �risk.� Some researchers (Gendreau et al., 1996) describe 

risk as any factor predictive of a negative outcome, while others (Gottfredson et al., 

1998; Monahan & Steadman, 1996) offer more specific definitions of risk as it relates to 

future harm. Among offenders, assessments of risk are often formally assessed and 

then explicitly linked to future dangerousness (e.g., HCR-20; Webster, Douglas, Eaves, 

& Hart, 1997; copyrighted by Mental Health Law and Policy Institute, Burnaby, Canada) 

or violence (e.g., VRAG; Harris et al., 1995; copyrighted by American Psychological 

Association, Washington, DC).  

Little systematic research has been conducted on risk assessments of adolescent 

offenders. In fact, one early study by Barton and Gorsuch (1989) reviewed the 

prevalence of the different approaches to risk assessment within juvenile justice 

programs. No recent data are available to document the efficacy of any particular risk 

assessment used with youthful offenders. Wiebush et al. (1998) attempted to cross-

validate the risk instruments currently used by juvenile correction agencies. Striking 

differences emerged in the instruments� incorporation of site-specific variables and 

decision guidelines. Their findings underscore the need for a systematic evaluation of 

risk assessment approaches available to clinicians, particularly when assessing risk 

among youthful offenders.  
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Risk Assessment Models 

Several formal risk assessment tools are available for use with incarcerated 

populations. Early research by Barton and Gorsuch (1989) revealed striking diversity in 

the risk assessment approaches employed by juvenile justice agencies. Their results 

indicated that a majority (53%) of juvenile correctional agencies used methods of 

assessment and classification other than actuarial prediction. However, the actuarial 

approach is most often examined in current research. Despite its benefits, opponents of 

the actuarial approach caution against abandoning risk assessment methods that are 

rooted in structured clinical judgment. 

Comparison of Commonly Used Methods 

The reliance on statistical prediction in forensic practice and research appears 

widespread. Three reviews of the benefits of actuarial prediction (Hanson, 2000; Harris 

et al., 1998; Wiebush et al., 1998) concur that this approach provides a formal and 

reliable classification system, based on the incorporation of empirically-validated risk 

factors, and guided by explicit decision rules. Strict adherents to the actuarial model 

(Grove & Meehl, 1996; Harris et al., 1998; Monahan, 1995; Wiebush et al., 1998) call 

for the eradication of unstructured approaches to risk assessment and advocate for 

clinicians� complete reliance on actuarial decision-making. 

Criticized as �unethical,� and �irrational� by proponents of the actuarial approach 

(Grove & Meehl, 1996, p. 320), structured clinical approaches rely on the evaluator�s 

determination of risk based on the �totality of the circumstances� (Hart, 1998, p. 126). 

The proponents of this approach emphasize the advantage of such instruments lacking 
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cut scores: they allow for flexibility in the evaluator�s decision-making and for the 

incorporation of important case-specific factors. Additionally, instruments such as the 

HCR-20 (Webster et al., 1997) provide clinicians with both static and dynamic variables 

relevant to predicting future behavior. 

An increasingly common perspective in the risk assessment literature involves 

the utilization of a combination of actuarial and structured clinical judgment 

approaches. Advocates (Boer, Hart, Kropp, & Webster, 1997; Hanson, 1999; Hanson & 

Harris, 2000; Hart, 1998; Webster et al., 1994) of this comprehensive approach 

generally support the predictive utility of actuarial risk assessments, but emphasize the 

need for evaluators to include case-specific variables and to incorporate those that 

change in the individual over time. Recently, Hart (2002) provided an alternative 

�anchored narrative approach,� which combines elements of statistical prediction with a 

more subjective analysis of an individual�s important dynamic risk factors. 

Despite the empirical evidence demonstrating the superiority of actuarial 

instruments compared to first-generation unstructured clinical judgment (Grove & 

Meehl, 1996), these prediction tools have many shortcomings. On the whole, actuarial 

risk assessments exclude potentially significant case-specific, dynamic variables while 

relying on pre-determined cut scores to establish an individual�s level of risk. As those 

supporting a more comprehensive approach suggest, actuarial predictions may be most 

useful when accompanied by an examination of the presence and relations between 

specific variables operating within the individual. 
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Tested Model of Risk Assessment 

 In accordance with the treatment implications highlighted by Wiebush et al. 

(1998), this study sought to identify offenders� risk levels according to important risk 

factors for institutional misconduct. Pre-selected risk factors allowed for the consistent 

evaluation of risk across all participants. Parallel to actuarial methods, these factors 

were chosen because of their empirical support and ability to be clearly operationalized 

(Borum, 1996; Wiebush et al., 1998).  

Researchers (Garmezy, 1983; Hawkins et al., 1992; Mulvey et al., 1993; Rutter, 

1987; Werner & Smith, 1982; Wiebush et al. 1998) have advocated for the broadening 

of risk factors to encompass three levels of variables: individual, family, and community. 

Also, despite repeated calls for dynamic factors, stable characteristics of individuals 

such as past behavior and/or psychological constructs like psychopathy, still 

predominate clinical practice and forensic research. Furthermore, second generation 

actuarial tools (e.g., Static-99; Hanson & Thornton, 1999; no copyright) relied 

exclusively on these static variables, often limited to an individual�s criminal history.  

In order to enhance the prediction model, and to address the concerns of 

structured clinical judgment proponents, two of the three levels (i.e., individual and 

family) of risk and protective factors were assessed in the current study. In addition, 

both types of risk and protective variables (static and dynamic) were included in the 

current study. Compatible with the actuarial model, static background factor (e.g., 

adjudications, past infractions, age of onset, number of violent crimes, IQ, and 

academic achievement) were incorporated into the risk-assessment model for this 
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sample of youthful offenders. Unlike static variables, dynamic variables, which are 

primarily continuous in nature (e.g., psychopathy), were assessed based on the clinical 

judgment of the evaluator.  

To provide a balanced risk-assessment model, protective factors were 

incorporated to identify important individual and family variables that diminish the 

effects of risk. This method improves upon measures identified as third-generation 

(Bonta, 1996) by increasing the predictive utility of established measures and by 

highlighting important variables in the prevention and intervention of youthful 

offenders. Before examining this balanced model of risk assessment, the role of age 

was examined. The results of several retrospective studies (e.g., Hoge et al., 1998; 

Loeber et al., 1998) have identified vastly different predictors for younger and older 

adolescent offenders. 

The Effect of Age on Risk Models 

 Markedly different prediction models emerged for adolescents and young adults 

in the current study. Surprising results indicate that risk and protective variables 

operate quite differently for youthful offenders. Unique predictors exist for their 

institutional infractions and success, depending on their age while incarcerated.  

The �early starter� hypothesis (Patterson et al., 1992) provides a theoretical 

framework for conducting research with delinquent youth. Specifically, individuals who 

engage in early criminal activity are hypothesized to be at a high risk for continuing 

these behaviors into adulthood (Kazdin, 1990; Wiebush et al., 1998) Although �early 

starters� comprise only 4-11% of all delinquents (Moffitt, 1993), empirical support 
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exists for the early starter hypothesis within the current sample. Specifically, adolescent 

offenders (ages 14 to 16.99) produced more management problems over the three-

month period than their older counterparts. Moderate effect sizes were obtained 

between ages on all indices of institutional violations, as adolescents accounted for 

more overall infractions and violence (see Table 4) than young adults. Thus, initial 

results of the current study seem to provide support for the �early starter� hypothesis. 

Further analyses, however, questioned this supposition, revealing that no differences 

existed between the age groups on the age at first arrest (d = .27). 

An alternative explanation, also offering potential support to the �early starter� 

hypothesis, is that the majority (if not all) of the participants in the current study qualify 

for this distinction. According to Smith et al. (1997), base rate information indicates that 

age 15 should be used to distinguish �early starters.� Accordingly, because the 

participants in this sample tended to be younger than 15 years (M = 13.67) when they 

were first arrested, most could be considered �early starters.� Theoretically, this 

distinction would elevate them to a higher risk status than other young offenders.  

Role of Risk Factors 

 According to Garmezy (1984), risk factors exhibit compensatory effects if they in 

isolation or combination predict negative outcomes. Several potential risk variables 

entered prediction models separately, and their unique contributions by age group are 

presented in Table 31. 
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Table 31 

Unique Contribution of Predictors of Violent and Nonviolent Infractions 

  
Nonviolence 

 
Violence 

 
 

Predictor 

 
Adolescentsa 

M(Cxi) 

 
Young Adultsb 

M(Cxi) 

 
Adolescentsa 

M(Cxi) 

 
Young Adultsb 

M(Cxi) 
PCL:YV Total score .151 - - .084

PCL:YV Factor 1 - .089 - -

PCL:YV Factor 2 - - .235 -

ADHD .160 - .124 -

BIS Factor 2 - .068 - .134

Adjudications - - .140 -

Gang membership - - - .133

Past infractions .081 - - -

Family substance abuse - .145 - -

Note. Data is presented for variables that entered dominance analysis for each group; an = 
55, bn = 46. 
 
 Three major domains of risk factors emerged as significant predictors of 

institutional infractions. In concordance with the literature, psychopathy and behavioral 

dysregulation processes were important individual risk variables. Additionally, certain 

family and peer variables uniquely contributed to prediction models, particularly for 

young adults. It is clear that distinct developmental processes are operating for each of 

the two age groups. These results are reviewed, followed by a discussion of the 

implications for evaluation and treatment of both adolescent and young adult offenders. 

Psychopathy 
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Consistent with previous studies (Cruise et al., 2000; Forth et al., 1990; Rogers 

et al., 1997), psychopathy emerged as an important predictor of institutional 

misconduct among young offenders. Psychopathy is an individual, likely stable construct 

that effectively discriminated levels of institutional misconduct within the sample. 

Specifically, the mixed/psychopathic group committed 2.7 more nonviolent infractions 

on average than the nonpsychopathic group (d = .80). Psychopathy also predicted 

violence; those in the mixed/psychopathic group (PCL:YV > 17) committed an average 

of 3.5 more violent infractions than the nonpsychopathic group (see Table 23), which 

included danger to others, and assaults on staff or peers. The obtained d value of .76 

corresponds to the overall effect size in Salekin et al.�s (1996) PCL-R� (copyrighted by 

Multi-Health Systems, Toronto, Ontario) meta-analysis. However, further analyses 

revealed that the effects of psychopathy were only significant among adolescent 

offenders, as PCL scores accounted for less than 10% of the variance in predictions of 

infractions among young adults. 

Nonviolent infractions. Research (Forth et al., 1990; Murdock Hicks et al., 2000; 

Rogers et al., 1997) has demonstrated a modest relation between psychopathy and 

nonviolent institutional infractions among youthful offenders. Brandt, Kennedy, Patrick, 

and Curtin (1997) supported the use of the PCL in predicting all types of infractions 

among adolescents. However, results from an earlier study at Gainesville State School 

(Murdock et al., 2000) indicated that psychopathy was unrelated to offenders� behavior, 

both violent and nonviolent. The current results concur with those of Brandt et al. 
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(1997); psychopathy was an important variable to consider when predicting institutional 

infractions for the adolescent age group.  

Cruise et al. (2000) divided nonviolent infractions into several categories for 

adolescents in a long-term detention program. They found that PCL:YV Total score was 

important for predicting noncompliance (r = .62)and seclusion (r = .47). Results of the 

current study correspond with their findings; psychopathy predicted a summative index 

of nonviolent infractions (r = .46). However, dominance analysis expanded on these 

simple associations, revealing that the unique contribution of PCL Total score (15.1%) 

was similar to that of ADHD diagnosis (16.0%). Importantly, a combination of PCL:YV 

Total score and ADHD diagnosis provided 36.1% of the variance in nonviolent 

infractions among adolescents.  

Results reveal that the use of psychopathy in predicting nonviolent institutional 

behavior has important developmental considerations. In general, the predictive ability 

of psychopathy diminished as participants matured. The unique contribution of 

psychopathy to nonviolent infractions among adolescents is virtually twice that for 

young adults. One significant difference between the age groups emerged with the PCL 

Factor scores. Factor 1 characteristics may be operating for the adolescent group, as 

they are included in the Total score. Among young adults, the interpersonal and 

affective characteristics (Factor 1) were the only component of psychopathy important 

for explaining nonviolent misconduct. However, their Factor 1 scores uniquely 

contributed only 8.9% of the variance. Furthermore, the predictive ability of Factor 1 
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was exceeded by that of family substance abuse, which individually explained 14.5% of 

the variance.  

Violent infractions. Past research (Forth et al., 1990, Hare & McPherson, 1984; 

Harris et al., 1991) used psychopathy to predict institutional violence. Current results 

revealed that PCL:YV Total score and Factors 1 and 2 loaded differently in predictions of 

violent infractions for adolescents and young adults. Similar to the predictions of 

nonviolent infractions, psychopathy was less important in predicting violence for young 

adults. Specifically, psychopathy was significantly related to the commission of violent 

infractions for both age groups. However, dominance analysis revealed that 

psychopathy explained relatively little of the variance in young adults� institutional 

violence (8.4%) as compared with adolescents� violent infractions (23.5%). 

For adolescents, PCL:YV Factor 2 was particularly useful in predicting violence. 

Factor 2 was a better predictor than past adjudications and ADHD, uniquely accounting 

for 23.5% of the variance in adolescents� violent infractions (see Table 10). Due to the 

high intercorrelation between the PCL Factors and Total score, however, Factor 2 was 

the only measure of psychopathy entered into subsequent analyses for adolescents.  

Interpersonal and affective traits representing core features of psychopathy 

seem to add to the prediction of violence among young adults. PCL Factor 1 was 

significantly correlated with their violent infractions (r = .36), but Factor 1 was removed 

from regression analysis due to its overlap with PCL Total score, which was a stronger 

predictor (r = .39). However, either measure of psychopathy accounts for less than 

10% of the variance in young adults� violence. Behavioral impulsiveness and peer 
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factors were much better predictors for violence within this age group. This result is 

similar to that of Murdock Hicks et al. (2000), who found that Factor 1 was significantly 

related to institutional violence but failed to add significantly to the prediction model 

when entered after Factor 2. 

In summary, results provide only modest support for the claim that 

psychopathy�s ability to predict violence is �unparalleled� (Salekin et al., 1996). While 

effect sizes were comparable to past research (d = .76), psychopathy has a diminishing 

effect on institutional violence as adolescents enter young adulthood. The behavioral 

component of psychopathy was especially important for predicting violence among 

adolescents, but the predictive utility of psychopathy became much less dramatic as 

offenders age. Other individual, family, and peer variables emerged as better predictors 

of violence committed by young adults.  

Behavioral Dysregulation 

New developments in the literature (e.g., Lynam, 1996; Offord et al., 1991; 

Vitacco et al., 2002; Witt & Dyer, 1997) provide evidence for an underlying inhibitory 

deficiency among delinquents. Loss of inhibitory control explains the independent 

contributions and overlap of impulsivity, inattention, and hyperactivity to their negative 

outcomes. Additionally, several developmental models offer explanations for the high 

prevalence of ADHD and impulsivity among conduct-disordered youth.  

The theoretical model proposed by Lynam (1996) suggests that the presence of 

ADHD in combination with impulsivity would likely predict negative outcomes, 

particularly among adolescents. Vitacco and Rogers (2001) examined the predictive 
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validity of ADHD, impulsivity, and conduct problems at the same correctional facility. 

They found that ADHD did not predict psychopathy, while impulsivity was only modestly 

related, suggesting that a mediating pathway exists between impulsivity and conduct 

disorder.  

Impulsivity is a well-supported risk factor for antisocial behavior (Loeber et al., 

1998; Vitacco et al., 2002), whether incorporated into Lynam�s (1996) HIA 

developmental model or investigated as a distinct construct. In the current study, 

cognitive and behavioral impulsivity were important for predicting violent and 

nonviolent misconduct only among young adults. Behavioral impulsiveness predicted 

young adults� nonviolent infractions but contributed only 6.8% of the variance. 

However, behavioral impulsiveness was the dominant predictor for young adults� 

violence, which lends support to Rogers et al. (1995), who found impulsivity to be 

among the highest contributors to non-release decisions in dangerousness hearings. In 

the current sample, anecdotal information from older participants suggests that two 

processes may be acting simultaneously to contribute to behavioral impulsiveness: (a) 

antisocial attitudes and behaviors are becoming more entrenched in a certain lifestyle, 

and (b) the individual has less at stake as they approach age 21 (i.e., the age for 

mandatory release from the TYC). Individuals who adopt these ideas may become less 

concerned with engaging in institutionally-sanctioned behaviors and therefore may 

commit more violations. After all, what have they got to lose? 

The current results question Vitacco and Rogers (2001)�s finding that impulsivity 

is able to predict adolescent conduct problems and psychopathy. Impulsivity, as 
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assessed by the BIS® (copyrighted by E. S. Barratt & J. Patton, Galveston, Texas), was 

unrelated to all of the outcome measures for adolescents in this study. Furthermore, 

impulsiveness was not related to psychopathy (r = .10) or ADHD (r = .03). Notably, 

these results do not preclude support for Lynam�s (1996) HIA model for adolescent 

offenders. Results indicate that attentional difficulties, as assessed by ADHD diagnosis, 

were much more predictive of adolescents� institutional behavior than impulsivity. 

Nearly half (41.8%) of the adolescent sample had past or current diagnoses of ADHD. 

Importantly, ADHD dominated predictions of adolescents� nonviolent infractions. 

Results for young adults lend support to the developmental hypothesis offered 

by Vitacco and Rogers (2001), even though the current sample was much older. Among 

young adults, behavioral impulsiveness was particularly important in predicting violence. 

Its predictive ability surpassed that of all other individual, family, and peer variables, 

including psychopathy. Moreover, behavioral impulsiveness was predictive of 

psychopathy (r = .37). In accordance with Vitacco and Rogers (2001), impulsivity may 

generate young adults� conduct problems, which later facilitate the development of 

traits associated with psychopathy. 

Actuarial Predictions Based on Past Behavior 

Klassen and O�Connor (1994) asserted the importance of using past criminal 

behavior in risk assessments for violence by stating that �virtually any measure of past 

offending can be expected to predict future violence� (p. 233). Consistent with their 

claim, many actuarial risk instruments (e.g., HCR-20) are heavily weighted with items 

related to past violent or criminal behavior. Empirical evidence provided by Wiebush et 
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al. (1998) also corroborated this view, as prior arrests and the breadth of antisocial 

behavior contributed to recidivism among adolescents. 

This study sought to test the hypothesis that past violent behavior predicts 

future violence. More generally, the study assessed whether any past offending was 

related to violence among youthful offenders. It is important to consider official criminal 

history and the offender�s self-report of antisocial behavior in order to gather the most 

information possible for such a prediction. This information was gathered (via the 

PCL:YV) in combination with extensive file review.  

For offenders, past criminal behavior is one risk factor that is likely considered in 

all clinical judgments and invariably appears on most actuarial measures (see Moffitt, 

Caspi, Dickson, Silva, & Stanton, 1996). In this study, past delinquent behavior was 

assessed through several variables: (1) past adjudications, (2) past nonviolent 

infractions, (3) past violent infractions, (4) commission of violent crimes, and (5) 

PCL:YV criteria, such as juvenile delinquency. PCL Factor 2 emerged as a significant 

predictor on both violent and nonviolent infractions committed by adolescents, 

confounding the possible unique contribution of past behavior. However, the predictive 

effects of Factor 2 were unchanged by the removal of three items of past behavior 

(e.g., juvenile delinquency, serious violations of conditional release, and criminal 

versatility) for both adolescents and young adults. Therefore, non-criminal variables 

(e.g., need for stimulation, lack of goals, irresponsibility) may be more important to the 

prediction of institutional maladjustment than past criminal behavior 
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Further analyses provide support for the effects of the non-criminal variables of 

Factor 2. Factor 2 and adjudications were virtually unrelated (r = .04) for adolescents, 

indicating that non-criminal variables may be more important to the prediction of 

violence than past criminal behavior. It is also important to assess for the presence of 

ADHD when predicting violence among adolescents; ADHD and past adjudications 

contributed equally to violent infractions. 

Auffrey et al. (1999) found that adolescents� past violent behavior dramatically 

predicted future violence. Violent offenders were 54 times more likely to be 

subsequently arrested for a violent crime. However, their study was retrospective in 

nature, limited to predictions of adolescents� prior commissions of violence. In the 

current study, past violent behavior was not predictive of institutional behavior. In fact, 

adolescents� violent behavior in Gainesville State School was more influenced by the 

number of adjudications on court record.  

In short, the results of the current study indicate that important behavioral 

processes are operating within young offenders, particularly ages 14 to 17, which 

extend far beyond a simple assessment of prior criminal involvement. The dominance of 

ADHD and PCL Factor 2 criteria offer alternative explanations for Klassen and 

O�Connor�s (1994) emphasis on past behavior to predict future criminal behavior. For 

young adults, family and peer variables were more important than any measure of past 

behavior. Therefore, it would be unwise to target the most severe interventions and 

resources to certain individuals based solely on the extent of their past behavior. 
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Family and Peer Variables 

Familial patterns of criminality that exist among the current sample are 

consistent with those in previous research (Farrington & Hawkins, 1991; Hawkins et al., 

1987; Loeber et al., 1998; Robins, 1996; Rutter, 1979; Smith et al., 1997), including 

family substance abuse. This variable contributed more unique variance (14.5%) to 

young adults� nonviolent infractions than any internal factors. Importantly, the 

predictive ability of family substance abuse was independent of participant�s own 

substance abuse or dependence.  

Results offered by Loeber et al. (1998) support the contribution of parental 

substance abuse to future delinquency. Genetic factors and/or disruptive family patterns 

may account for this effect; and, as several researchers (Gorman-Smith et al., 1998; 

Loeber et al., 1998) have suggested, the internalization of familial antisocial attitudes is 

highly predictive of youth offending. In fact, Witt and Dyer (1997) describe older 

delinquents as particularly vulnerable to familial substance abuse and other external 

stressors. They suggest that the effects of socialization may grow stronger as 

adolescents enter early adulthood and develop entrenched value systems supported by 

their family members. 

A deviant peer group (i.e., gang), in combination with a predisposition to 

behavioral impulsivity, were assessed with minimal effort and offered a better 

explanation for violence than psychopathy. These results appear to support research 

(Esbensen & Huizinga, 1993; Thornberry et al., 1993) indicating that gang membership 
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has a high association with violence. The current study did not test their finding that 

current gang membership is most important to consider. 

Role of Protective Factors 

Masten and Coatsworth (1998) defined resilience in terms of an individual�s 

ability to adapt in the presence of disadvantage. Protective factors are those specific 

variables that promote resiliency among high-risk individuals. According to Garmezy 

(1984), protective factors may act directly on an outcome or interact with risk factors to 

produce an unexpectedly positive outcome. Current results revealed that the clinical 

characteristics of individuals who exhibited positive outcomes (i.e., treatment progress 

and nonviolence) are complex and provide insight into the specific variables operating 

at the individual and family levels. However, outcome data was focused specifically on 

institutional infractions and the circumscribed outcome of treatment progress. 

 According to Garmezy et al. (1984) and Luthar (1993), compensatory effects are 

exhibited through main effect, or positive correlations. Protective factors exert a direct 

effect on the outcome of interest. In the current study, separate analyses for 

adolescents and young adults revealed vastly different prediction models. Important 

compensatory effects for IQ and academic achievement were found for young adults. 

Among adolescents, main effects for ADHD and psychopathy emerged as the absence 

of risk factors; however, older age of onset seemed to exhibit true compensatory 

effects.  

 

 

95 



Compensatory Effects 

Adolescents. Among adolescents, the absence of ADHD was predictive of 

treatment progress. The absence of a past or current ADHD diagnosis uniquely 

explained 24.4% of the variance in their progression through treatment. In addition, 

ADHD diagnosis was an important predictor of infractions. Using ADHD diagnosis as a 

dichotomous variable (i.e., presence/absence) allowed it to emerge as a predictor of 

both positive and negative outcomes. 

Similar to the absence of ADHD, lower PCL:YV Total score predicted adolescents� 

faster progression through the phases of treatment. This finding provides partial 

support for Cruise et al. (2000). Factor 2 interfered with treatment progress, suggesting 

that low levels of the behavioral components of psychopathy may promote 

advancement. For this young sample, both the affective and behavioral factors of 

psychopathy were important in predicting treatment success.  

These results could be interpreted as support for the assertion by Stouthamer-

Loeber et al. (1993) in their longitudinal study in children, that protective factors are 

merely opposites of risk factors. However, as suggested by several researchers 

(Garmezy, 1983; Luthar, 1993; Rogers, 2000; Rutter, 1987), conclusions about the 

specific risk or protective effects of variables should be approached with caution. In this 

study, it would be erroneous to suggest that the lack of certain risk factors, such as 

ADHD or psychopathy, provides clear evidence for protective effects. 

Age at first arrest offered unambiguous compensatory effects for adolescents, as 

it did not emerge as a risk factor. Older age of onset was likely protective only for a 
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small proportion of adolescents, as most of the sample could be considered �early 

starters.� This finding corresponds with that of Witt and Dyer (1997), who concluded 

that �late starters� are less at risk than early starters to engage in continued antisocial 

behavior. The lack of similar results among young adults suggests that this 

compensatory effect is applicable only to adolescent offenders. Likewise, several other 

protective factors exerted compensatory effects exclusive to young adults as they 

progress through treatment.  

 Young adults. As suggested by several researchers (e.g., Auffrey et al., 1999; 

Fergusson & Lynskey, 1996) we hypothesized that individual protective factors, such as 

intelligence and academic achievement, would predict positive outcomes. Results were 

analyzed with intelligence and academic achievement as continuous and dichotomized 

(i.e., below and at or above average/expected grade level). The presence of academic 

achievement promoted a faster progression through the treatment program for young 

adults. Specifically, reading score was significantly associated with treatment progress 

among young adults. Math score and average or above IQ were also significantly 

correlated.  

The current results parallel those of Rae-Grant et al. (1988) and Hoge et al. 

(1996), who found that adolescents� educational achievement exerted a direct effect on 

their treatment compliance. However, the current results apply only to young adults. 

White et al. (1989) hypothesized that participation in education may operate as a 

mediating variable. The young adults in the current sample may be more involved in 

preparation for GED or college courses. In addition, each step of the resocialization 
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program requires academically-oriented tasks, such as writing a life story. Perhaps the 

older age group completed these steps more quickly because they entered the facility 

achieving at a level closer to their expected grade, or more quickly excelled in academic 

programs. Another important consideration is that young adults were involved in 

significantly fewer rule violations, including violence, than adolescents. However, this 

occurrence does not appear to explain the age difference in treatment progress. Among 

young adults, treatment success was unrelated to both nonviolent and violent 

infractions (rs = -.20, -.04, ps > .05); for adolescents, progression through treatment 

was significantly related to both nonviolent (r = .51, p < .01) and violent infractions (r 

= .36, p < .01). 

Protective factors in isolation seem to operate better for young adults. This 

finding extends to the effects of protective factors in combination. A protective factor 

composite was significantly correlated with fewer violent infractions (r = -.31) among 

young adults. Therefore, the combination of a few key protective factors served to 

compensate for their risk for committing institutional violence. This application of the 

protective model (Garmezy et al., 1984) expanded on the predictive utility of protective 

factors in isolation. It is likely that several important protective factors were identified in 

this study that moderate the effects of risk both individually and in combination. 

Moderating Effects 

Prominent researchers (e.g., Garmezy et al., 1984; Luthar, 1993) emphasize the 

difference between main effect (compensatory) and interaction (protective) models. At 

any given time, variables are acting simultaneously to predict behavior. Expanding upon 
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the suggestion made by Luthar (1993), the best approach identifying resilient 

individuals may be through the use of composite indices. Furthermore, investigations of 

isolated protective factors among high-risk populations would likely limit conclusions 

about individual variations in response to risk factors. As an empirical example, 

Fergusson and Lynskey (1996) found that the likelihood of resiliency among high-risk 

adolescents increased with number of protective factors. They advocated for the 

inclusion of individual and composite risk and protective factors, in all research 

exploring resilience among high-risk individuals. 

 As a direct assessment of the potential interaction effects between risk and 

protective factors, a composite was created, and the incidence of violent infractions was 

compared across scores. Individuals whose protective factors outweighed their risk 

factors by at least one were 2.75 times less likely to commit violence, lending support 

to the protective model (Garmezy et al., 1984). Therefore, some important protective 

factors were operating within the sample. Their cumulative effects are more clearly 

demonstrated by the protective model, as they perform only modestly (especially for 

adolescents) in isolation. 

Effectiveness of Self-Report Measures 

Administration of the PCL:YV places onerous demands on correctional facilities. It 

provides important information about an individual�s past behavior and current 

attitudes, but requires trained professionals to administer the lengthy interview. The 

PCL should be considered in ascertaining an individual�s level of risk and in subsequent 

determinations of treatment, because of its robustness in a variety of settings. While 
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brief self-report measures alleviate the resource burden on an institution, results reveal 

that the available self-reports are not clinically applicable as screens for the current 

circumscribed group. 

SALE PS-24. The SALE PS-24 was designed for use with adolescent offenders to 

assess their antisocial attitudes toward various areas, including family, school, and 

peers. Previous research indicates that the SALE is effective in differentiating between 

levels of psychopathy (Rogers et al., in press). For the purposes of this study, the PS-24 

was correlated with other measures of psychopathy (see Table 25), and found to be 

significantly related to PCL:YV Total score and Factor 2, followed by APSD� 

(copyrighted by Multi-Health Systems, Toronto, Ontario)  CU Factor, PCL:YV Factor 1, 

APSD Total score, and APSD I/CP Factor. The PS-24 demonstrated its ability to 

discriminate between gradations of psychopathy on the PCL:YV. However, it performed 

only modestly in differentiating between low and high psychopathy groups.  

 APSD. The APSD offers a 20-item self-report assessment of psychopathy. 

Concurrent validity was demonstrated through significant correlations between the 

APSD Total score and other measures of psychopathy, including the PCL:YV Total score, 

Factor 1 and Factor 2, and the PS-24. The strongest relationship existed between the 

APSD and PCL:YV Total scores. Further analysis was conducted on the APSD�s ability to 

discriminate between levels of psychopathy, as assessed by the PCL:YV. The APSD 

performed modestly well in distinguishing between low and high psychopathy groups. 
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Limitations 

 An enduring challenge for clinicians is to offer information crucial to the provision 

of ethical assessment and effective management of youthful offenders, at every level of 

processing through the correctional system. The current study is valuable in examining 

the various factors important to predictions of institutional behavior. Importantly, 

expanded prediction models were identified for adolescent and young adult offenders. 

In addition, results provide insight into certain mechanisms operating to reduce the 

likelihood of young offenders� exhibiting negative outcomes, including poor treatment 

progress, institutional maladjustment, and violence.  

A great deal of information about the participants in this study was obtained 

through interview, self-report, and record review. To enhance the reliability of self-

reports, interview responses were corroborated by record information whenever 

possible. However, an incorporation of all the important individual and family factors 

was not feasible. A potential shortcoming of this study is the failure to examine other 

important factors, such as community or environmental risk and protective factors, 

important for predicting participants� institutional behavior. Many empirically-validated 

risk and protective variables were not considered, such as socioeconomic status (Loeber 

et al., 1998) and the presence of role models (Garmezy, 1983). 

The second limitation of this study is limited generalizability. The current sample 

was extreme, considering the baseline for risk among the participants. Due to their 

overall young age of onset, breadth of past criminal behavior, and the current level of 

security, the sample was limited to chronic, serious young offenders. The risk and 
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protective factors identified as important may be limited to the highest risk offenders; 

the same effects may not occur with young offenders at other levels of risk. However, 

results highlight the fact that protective mechanisms operate even among high-risk 

offenders to moderate risk and promote resiliency.  

A third limitation to the current study involves the time-limited outcome 

measures. Participants were assessed within their first month at Gainesville State 

School, and follow-up data was collected after a relatively brief period of three months. 

It is possible that different risk and protective factors function at later stages through 

treatment, as the participants had completed only 2.17 phases (of four) on average. 

What may be more important to consider are the predictors for young offenders� 

successful completion of treatment. 

A fourth limitation of this research is that different predictors may be important 

for different types of treatment. In the current study, treatment response was defined 

as progression through a resocialization curriculum, and does not include other 

important components of treatment, such as substance abuse, vocational, or other 

therapeutic interventions. This limited range of treatment modalities and programs 

reduces the generalizability of results, even within the Gainesville State School. It is 

likely that other factors are operating within the resocialization treatment program, 

increasing or decreasing the risk of an individual�s participation in institutional 

delinquency and/or therapeutic interventions. 

Finally, the current study was unable to evaluate gender differences in predicting 

offenders� institutional infractions and treatment progress. Whenever possible, research 
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should target individual, family, and community factors within males and females, in an 

effort to determine whether risk factors for delinquency and treatment failure among 

girls are the same or distinct from those of boys.  

Future Directions 

The current study shed light on some of the mechanisms that interact to produce 

positive and negative outcomes among adolescent and young adult offenders. Results 

demonstrate the importance of considering the potential mediating and moderating 

effects of empirically-supported risk and protective factors, in addition to their direct 

effects on an outcome of interest. Importantly, potential areas of strength were 

revealed high-risk individuals, imploring clinicians and researchers not to limit 

assessments to investigations into the presence of risk factors.  

Future studies may benefit from simple adjustments to risk and protective 

variables to add substantially to their predictive utility. For example, although academic 

achievement was not predictive for adolescents, improving educational attainment to 

the appropriate grade level may emerge as an important protective factor. Certainly, 

these effects are likely to vary across contexts, particularly when the focus of treatment 

is on academic advancement. Similarly, the predictive ability of family factors, such as 

parental care and protection, could be enhanced through the incorporation of more 

objective measures of these constructs. The current study relied on participants� 

perceptions of these important relationships. The ability of increased parent-child 

communication to moderate risk (Barnes et al., 1994; Stouthamer-Loeber et al., 1993) 

may outweigh any effect of the child�s assessment of parental affection and monitoring.  
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Furthermore, as the current results indicate, the relationships among variables 

are complex and may change across development. The effects of psychopathy on 

negative outcomes attenuate as adolescents enter young adulthood, accompanied by 

an increased influence of family and peer factors. Notable, the protective effects 

identified in this study were stronger for young adult offenders. Results lend support for 

a developmental model of the mechanisms operating between risk and protective 

factors. Certain individual characteristics moderated the effects of risk. However, other 

important processes were likely overlooked, particularly within the family and broader 

social context. Dynamic processes across individual, family, and environmental variables 

must be examined in the context of development and targeted for treatment 

intervention. Future research should explore how protective factors change to moderate 

or mediate risk among young offenders at various stages throughout development, 

including childhood.  

Future empirical opportunities exist for cross-situationally testing the current risk-

protective model. Increased generalizability depends on the ability of the results to be 

replicated across samples and contexts. This study identified variables that may be 

functioning to provide risk and protective effects in other contexts, such as probation or 

parole. The potential causality of some risk and protective factors should be 

investigated by partnering them with intervention research on related outcomes.  

Finally, results indicate that it is important to broaden the scope of risk variables 

to incorporate other family and environmental factors, which may contribute to negative 

outcomes, including violence. It is clear that family and peer processes are more 
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influential in late adolescence/early adulthood; the reasons for this difference are yet to 

be explored. It was not feasible to collect information about community and broader 

societal factors that may contribute to negative outcomes for youthful offenders. Future 

research should investigate which environmental variables exert risk and protective 

effects for adolescents and young adults at risk, and target interventions and 

prevention programs accordingly. 

Summary 

 Syndeham�s criteria (Murphy et al., 1974) for evaluating a disorder offer a guide 

for determining important variables to consider in evaluations of risk. The current study 

indicated inclusion criteria representing two types (static and dynamic) of variables 

operating within the individual and across external factors, including family and peer 

influences. Risk and protective factors core to understanding youthful offenders� 

institutional behavior are markedly different depending on age. These differences 

underscore the need for clinicians to consider distinct groups based on age, particularly 

due to the diminishing impact of internal factors (e.g., psychopathy), as adolescent 

offenders enter adulthood.  

 Critical placement and release decisions are often made as a result of high-risk 

determinations. Psychopathy is often utilized to classify individuals as �high risk� to the 

extent that other important predictors are completely disregarded. Two meta-analyses 

(Hemphill et al. 1998; Salekin et al., 1996) support the use of psychopathy, but their 

moderate effect sizes indicate that exclusion criteria must be established. Current 

results indicate that the effect of psychopathy on negative outcomes decreases with 
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development. Certainly, then, it would be imprudent to condemn a young offender as 

chronically antisocial and untreatable based an early assessment of psychopathic traits.  

Importantly, protective factors interact with the risk associated with psychopathy 

and other variables. It is crucial that these attributes are targeted for development in 

attempts to prevent adolescent delinquency and continued adult criminal involvement. 

Protective mechanisms should be incorporated into treatment programs, with an 

emphasis on the most important factors for children, adolescents, and adults at various 

stages in their development. 

 The life course of offenders includes several opportunities for the examination of 

outcome criteria. Whether assessments are conducted for placement or release 

decisions, evaluators must look beyond the individual for important processes 

functioning within the family system and the broader environmental context. Finally, 

because delinquency is considered normative among adolescents (Lynam, 1997), 

prevention programs should incorporate several protective factors targeted toward very 

young adolescents. Perhaps with the precise combination of individual, family, and 

community resources, we can help to reduce their likelihood of an early onset to serious 

offending.
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Appendix A 

Table 32 

BIS-11 Factor Loadings Generated by Exploratory Factor Analysis 

BIS-11 Items Factor 1 Factor 2 

1 .60  

2 .53 

5 .46  

7 .56  

8 .63  

9 .44 

10 .72  

12 .56 

13 .46  

15 . .67 

16 .43 

17 .41  

18 .70 

19 .70  

21 .44 

22 .47  

25 .55 

28 .41 

                                             30 .54  

Note. Good factor loadings (> .55) are presented in bold type. Comrey and Lee (1992) 
suggest that loadings greater than .71 are excellent, .63 very good, .55 good, .45 fair, 
and .32 poor. 
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Appendix B 

Improved Assessment of Adolescents in Gainesville State School 
Texas Youth Commission/University of North Texas 

Parental Notification Form  
 

The University of North Texas and the Texas Youth Commission are conducting a 
research project to investigate the behaviors, beliefs and attitudes of adolescents in the 
Gainesville State School. Your child is eligible for participation in this project because he 
is a current resident of the Gainesville State School. 
 
The project will consist of one session and last about two hours. Your child will be 
interviewed and will complete six paper and pencil tests that will ask him questions 
about his thoughts and behaviors regarding himself, family, school, and peers. Your 
child�s legal status and progress through the Texas Youth Commission will be reviewed 
as part of the research project. 
 
All information about your child will be kept confidential. Neither your family�s nor your 
child�s name will appear on any forms used by the researchers. Information obtained in 
the study will be provided to the Texas Youth Commission upon completion of data 
collection. All data used by the researchers will be assigned a confidential research 
number to guarantee that no identifying information concerning your child will leave the 
Texas Youth Commission.  
 
Your child will be included in the research project at the Gainesville State School if both 
you and your child agree to participate. If you choose not to allow your child to 
participate in the project, please contact TYC�s Research Director, Dr. Chuck Jeffords, at 
(512) 424-6251 by __/__/01a. Your choice will not affect your child�s legal status, length 
of stay, or treatment in the Texas Youth Commission. 
 
This research project was reviewed and approved by the University of North Texas 
Committee for the Protection of Human Subjects and the Director of Research at the 
Texas Youth Commission. Questions about the program evaluation can be addressed to 
Mary A. Martin or Dr. Richard Rogers, who can be reached at (940) 565-2671. 
Questions about the project may also be directed to Dr. Jim Chambers at Gainesville 
State School, (940) 665-0701, Dr. Chuck Jeffords at the Texas Youth Commission, 
(512) 424-6251 or the University of North Texas Institutional Review Board (940) 565-
3940. 
 
a This date was entered as 10 days from the date on which the notification was mailed 
by GSS staff.  
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Appendix C 

Improved Assessment of Adolescents in Gainesville State School 
Youth Assent/Consent Form  

 
I, ______________________________ (name), understand that the University of North 
Texas and the Texas Youth Commission are conducting a research project to 
investigate the behaviors, beliefs and attitudes of adolescents in the Gainesville State 
School. As a current resident of the Gainesville State School, I understand that I may be 
included in this project if I choose to do so. 
 
I understand that the project will consist of one session and last about 2 hours. I am 
aware that I will be interviewed and will complete six paper and pencil tests that will 
ask me questions about my thoughts and behaviors regarding myself, my family, my 
school, and my peers. I understand that information from my file at the Gainesville 
State School will also be used for the project. 
 
I understand that all the information I provide and information from my file will be kept 
confidential. This means that any information about me will be assigned a code number 
and will not include my name or other identifying information. 
 
I understand that my choice is voluntary. This means that I can choose not to 
participate in the study at any time. I understand that my choice does not have an 
effect on my legal status, length of stay, or my treatment at the Gainesville State 
School or the Texas Youth Commission. 
 
I understand that a copy of this assent form will be placed in my file at the Gainesville 
State School. I understand that the information I provide will be available to the 
Research Department of the Texas Youth Commission upon completion of the study. 
However, none of the data collected about me will be given in any form or shown in 
any form or reported in any individually identifiable form to any Gainesville staff 
member, law enforcement agency or official unless I disclose knowledge about crimes 
committed, being committed, or about to be committed. I understand that I can 
request further information about this assent form and the study from Dr. Jim 
Chambers, at Gainesville State School, Dr. Chuck Jeffords at the Texas Youth 
Commission, (512) 424-6130 or the University of North Texas Institutional Review 
Board (940) 565-3940. 
__________________________________  ____________________ 
Youth�s Signature      Date 
__________________________________  ____________________ 
Witness       Date 
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Appendix D 

Table 33 

T-test Differences Between New Admission and Repeat Admission on Outcome 

Measures  

 
 New Admissiona Repeat   
   Admissionb tc d 
_________________________________________________________________ 

 M SD M SD 

Months in TYC 8.80 11.72 5.36 8.75 1.37 .30 

Total infractions 9.63 12.04 15.21 16.37 1.30 .44 

Violent infractions 1.56 2.58 1.76 2.26 0.32 .08 

Nonviolent infractions 9.00 10.55 13.65 14.49 1.22 .41 

Treatment Progress 1.09 1.64 0.78 0.90 1.08 .20 

Note. an = 85, bn = 16. cAll p values are > .05. 
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PCL:YV Factor Structure Specifications for Confirmatory Factor Analysis 
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Appendix E 

Table 34 

Hare (1991) and Cooke and Michie (2001) PCL:YV Factor Structure Specifications for 

Confirmatory Factor Analysis 

Item Hare Cooke and Michie 

1 Factor 1 Factor 1 

2 Factor 1 Factor 1 

3 Factor 2 Factor 3 

4 Factor 1 Factor 1 

5 Factor 1 Factor 1 

6 Factor 1 Factor 2 

7 Factor 1 Factor 2 

8 Factor 1 Factor 2 

9 Factor 2 Factor 3 

10 Factor 2

12 Factor 2

13 Factor 2 Factor 3 

14 Factor 2 Factor 3 

15 Factor 2 Factor 3 

16 Factor 1 Factor 2 

18 Factor 2

19 Factor 2
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APPENDIX F 

PCL:YV Factor Loadings Testing the Hare (1991) Model of Psychopathy 
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Appendix F 

Table 35 

PCL:YV Factor Loadings (Factor Loading/Error Term) Generated by Confirmatory Factor 

Analysis Testing the Hare (1991) Model of Psychopathy 

Item Factor 1 Factor 2 Error Term 

1 .50  .87 

2 .56  .83 

3  .63 .78 

4 .52  .85 

5 .78  .62 

6 .63  .78 

7 .57  .82 

8 .61  .79 

9  .26 .97 

10  .67 .74 

12  .59 .81 

13  .46 .88 

14  .50 .87 

15  .40 .92 

16 .42  .91 

18  .44 .90 

19  .11 .99 

Note. Substantial loadings (> .60) are presented in bold type. 
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APPENDIX G 

PCL:YV Factor Loadings Testing the Cooke and Michie (2001)  

Model of Psychopathy 
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Appendix G 

Table 36 

PCL:YV Factor Loadings (Factor Loading/Error Term) Generated by Confirmatory Factor 

Analysis Testing the Cooke and Michie (2001) Model of Psychopa hy t

Item Factor 1 Factor 2 Factor 3 Error 
Term 

1 .54   .84 

2 .58   .81 

3   .65 .76 

4 .52   .86 

5 .85   .53 

6  .70  .71 

7  .57  .82 

8  .64  .77 

9   .34 .94 

13   .49 .87 

14   .56 .83 

15   .49 .87 

16  .45  .89 

Note. Substantial loadings (> .60) are presented in bold type.
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