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Digital piracy is an emerging cybercrime subtype with overarching implications for 

administrators and researchers alike. Within this body of knowledge, it is unclear what 

individual-level factors are linked to digital piracy. Using a college-based sample, while focusing 

on gender, race, and age, this study identifies fundamental individual-level variables associated 

with digital piracy commission. After conducting multiple independent samples t-tests and a 

multivariate logistic regression, results found age and computer proficiency were significantly 

associated with the likelihood of engaging in digital piracy. These findings can help establish the 

foundational characteristics of digital pirates. By shifting the focus back to basic individual 

factors, universities can identify preventive efforts and researchers can better understand who 

engages in digital piracy. 
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CHAPTER 1 

INTRODUCTION 

A New Age 

The proliferation of computational technologies in recent decades has given birth to a 

new digital era. This period of global interconnectivity has fundamentally changed the way 

people communicate and interact with one another. These devices, ranging from smartphones to 

desktop personal computers, have become entrenched in the lives of most Americans. In 2015, 

78 percent of all United States households owned either a desktop or laptop and 7 percent had 

access to broadband Internet (U.S. Census Bureau, 2015). In a span of 15 years, from 2000 to 

2015, there was a 27 percent increase in household computer availability (Census Bureau, 2015; 

Census Bureau, 2000). This increase and inevitable reliance on computer technologies to 

facilitate personal and professional operations comes at a price. While undoubtedly useful for 

everyday life, computers and their applicable networks have helped breed a new type of crime: 

cybercrime.  

Cybercrime has evolved over the years. From nascent malware creation in the mid 1970s 

to phone phreaking in the early 1990s, hackers and cybercriminals have long since tested the 

boundaries of computer technologies (Brenner, 2010). With the advent of the Internet, criminals 

now have a powerful medium to perform adapted crimes or crimes exclusive to cybercrime (e.g., 

malicious malware deployment). One the most popular forms of cybercrime is digital piracy. In 

the 1980s and 1990s, this type of piracy was mostly used to pirate phone services and then sell 

those services to the public (Brenner, 2010). Currently, piracy evolves continuously as software 

and hardware cycles provide flexibility to computer users.  
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Digital Piracy Commission and Costs 

Digital piracy circumscribes a wide range of copyrighted digital information. Digital 

piracy traditionally involves illegally downloading digital files, primarily video, audio and 

software, without notification or permission from the owner of the copyright (Gopal, Sanders, 

Bhattacharjee, Agrawal, & Wagner, 2004). This is often done without paying for the digital 

information. People can illegally download computer operating systems, multimedia software 

(e.g., Adobe Photoshop, Final Cut Pro), games (e.g., ISOs, roms, native copies), and much more. 

It is clear the appealing nature of illegal downloading can attract specific types of people. Certain 

factors may be able to predict whether or not a person is more inclined to commit digital piracy.  

Morris, Johnson, and Higgins (2009) emphasize that digital piracy occurs in a different 

time and space compared to traditional, everyday crimes. Since digital piracy has a financially 

damaging aspect, it may be more appropriately categorized under the umbrella of white-collar 

crime. The white-collar categorization of digital piracy is crucial in understanding who illegally 

downloads electronic files. As is common for other white-collar offenses, the traits that make 

individuals proficient in the workplace and school may contribute to the capacity to engage in 

digital piracy (Scale, Polakowski, & Schneider, 1998; Piquero, 2005). When deciding which 

correlates to examine, one must consider characteristics that contribute to the capacity to engage 

in this behavior. Ultimately, studying what characteristics are associated with the crime may help 

minimize this type of theft (Piquero, 2005).  

 One global report estimates that approximately 24 percent of Internet traffic violates 

some copyright (Price, 2011). Since traffic is generally measured in the amount of data 

transferred (e.g., downloading/ uploading), to reach this large figure reveals something about 

how copyright infringers, knowingly or not, choose their files. Most media is inherently larger in 
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file size compared to other online activities. While digital information like a sent email can be a 

few kilobytes in size, a video file can be upwards of a few gigabytes in size depending on the 

codec or digital format. This is important because certain groups of downloaders may need 

quicker Internet connections, which varies across different areas and could impact the type of 

media pirated.  

Two of the most popular means of pirating are open-source torrent software and websites. 

These public sites give users easy access to all forms of free digital content, including video, 

music, and software. One of the Internet’s most popular torrent websites, The Pirate Bay, has had 

a long standing battle with law enforcement, suffering raids from Swedish police, as well as 

constant domain name changes (Li, 2009). Furthermore, streaming sites and sources can show 

anything from television programming (live or pre-recorded) to sports events. For example, the 

streams of the Floyd Mayweather versus Conor McGregor boxing match in August of 2017 

made up 3.5 percent of all Internet bandwidth, temporarily outpacing Facebook, Twitch, and 

Instagram all together (Ernesto, 2017). Naturally, there are substantial costs resulting from 

digital piracy behaviors.  

The financial cost of cybercrime has continued to climb. Many types of cybercrime near 

billion dollar estimates (Anderson et al., 2013). For example, a global estimate of banking fraud 

neared $1.7 billion in 2010. The cost of computer crime must be measured through direct and 

indirect costs. While phishing and malware attacks directly impact banks and clients, now 

companies and individuals must invest in a security infrastructure in all their devices and 

networks. The cost of improving security (e.g., advanced antivirus software, patches) was a 

staggering $25 billion dollars worldwide in 2012 (Anderson et al., 2013). This cost is 

undoubtedly compounded by digital piracy.  
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Downloading copyrighted material without permission has been a primary concern of 

many groups, like the Motion Picture Association of America (MPAA) and Recording Industry 

Association of America (RIAA). While debatably inflated, some groups have provided extensive 

estimates as to the true cost of digital piracy.  Some estimates place the cost of digital audio 

piracy around $12.5 billion to the United States economy (RIAA, 2007). This figure includes 

items like lost earnings through job loss as well as lost tax revenues. Piracy itself is often cited as 

a reason for dips in revenues. Despite the growth in music streaming revenue, traditional online 

music downloads were down over 20 percent compared to 2016 (IFPI, 2017). This growth 

reduction was attributed to digital piracy by the RIAA.  

 

Who Pirates Digital Files? 

Few studies draw emphasis onto the characteristics of digital pirates (e.g., Hagan & Kay, 

1990; Sims, Cheng & Teegen, 1996,). Individual-level characteristics are important to explore 

since understanding who an offender is can help explain their behavior. However, it is difficult to 

establish clear characteristics of digital pirates. Many individual correlates either lack support or 

show mixed results. Some industry associations claimed to have built proper profiles of digital 

pirates; for example, the MPAA states people that are between the ages of 16 and 24, male, and 

reside in an urban setting are more likely to pirate video and movies (MPAA, 2005). However, 

these figures are not based on peer-reviewed research.   

Nascent research focused on many of the characteristics that were studied in this thesis. 

In early research, some of the most studied factors were gender, school classification, and 

computer use (Piquero, 2005). Much of the research has shifted focus from who the offender is 

to why one would illegally download copyrighted files. While both are undoubtedly crucial focal 
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points, isolating who specifically engages in this behavior is necessary to properly address the 

crime. Unfortunately, other individual-level correlates are inconsistently explored throughout the 

literature. Even those that include control characteristics tend to lack discussion of their findings 

(e.g., Hinduja, 2001).  

The prevalence of digital piracy amongst college students was emphasized in early 

research (e.g., Sims, Cheng, & Teegen, 1996). Despite the lack of attention on individual-level 

characteristics, scholars have remained adamant about researching digital piracy in college 

environments and with justification; research has consistently shown that younger male students 

pirate more than older male students (Piquero, 2005).  This thesis aims to bring attention back to 

the foundational factors that lead to digital piracy in a college population.  

Moreover, drawing on the international perspective, Americans may be prone to 

downloading more illegal digital files than other nationalities. The United States is a significant 

player in the digital download scene. In a report that analyzed BitTorrent downloads, there were 

over 96 million unique digital music downloads originating in the United States over the course 

of only six months (Digital Music Index, 2012). This is more than double the amount of 

downloads compared to the country with the second highest downloads, the UK. While specific 

areas in South America and southwestern Asia have a high number of downloads relative to the 

number of IP addresses in the originating country, American audio downloads have a larger 

spread across the country. This suggests Americans generally download more media from more 

devices. The influence of Americans who have varying racial backgrounds is necessary to 

explore if researchers aim to isolate which characteristics predict digital piracy behaviors.    

The lack of availability of content is cited as a major reason some pirates download 

illegally (Holt & Copes, 2010).  For example, while MP3 may be the most recognizable audio 
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format, higher quality formats such as FLAC are difficult to acquire from traditional streaming 

or vendor platforms. In this context, this availability may influence certain demographics to 

digitally pirate. Furthermore, since digital pirating provides downloaders with media free of 

charge, this may influence those with fewer financial resources (e.g., students, low-income 

families) to illegally download digital files.  

Digital piracy often involves more computer-oriented processes. Major torrent and 

streaming services rely on various formats to deliver quality digital content to downloaders. The 

use of anonymous tools like Virtual Private Network (VPN) services and browsers (e.g., TOR) 

help mask a pirate’s digital footprint but ultimately require a further understanding of how this 

computer software operates. Under these circumstances, those who spend more time on the 

computer or have more computer skills may be inclined to digitally pirate more so than those less 

computer-inclined given the technical nature of some digital piracy (Holt, Burruss, & Bossler, 

2010).  

 

Research Questions 

Digital piracy has been a central focus in cybercrime research for the past two decades. 

While some studies have shown why people illegally download digital files, few researchers 

have attempted to identify individual characteristics of digital offenders. The present study aims 

to examine the differences in important demographic characteristics as well as identify key 

correlates of digital piracy. By analyzing a collegiate sample, this study answered the following 

research questions: 

1. Are there differences based on gender, race, and age in regard to digital piracy 
commission? 

2. What are the correlates of digital piracy?  
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The purpose of this study is to develop a clearer image of who pirates digital files and 

their particular characteristics. The following chapter describes correlates of digital piracy. This 

in-depth review of the literature provides an overview of what we know thus far about which 

individual-level factors can predict digital piracy. An examination of past studies and their 

results are also discussed. 
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CHAPTER 2 

REVIEW OF THE LITERATURE 

Introduction 

The purpose of this study is to help establish a foundation of basic characteristics that can 

predict digital piracy. Given the focus on demographic measures in past research, the primary 

focus of this thesis is on the gender, age, and race of individuals. This chapter begins with an 

overview of gender and its impact on engaging in digital piracy. Following gender, the emphasis 

shifts to age, race, and other related correlates (e.g., computer proficiency) and how past research 

has explored their effects.  

 

Gender and Digital Piracy 

Gender has been a variable of interest in much of past digital piracy research (e.g., Hagan 

& Kay, 1990; Hollinger, 1993; Simpson, Banerjee, & Simpson, 1994; Sims, Cheng, & Teegen, 

1996; Hinduja, 2003; Higgins, 2004; Higgins, 2006; Hinduja & Ingram, 2008; Morris, Johnson, 

& Higgins, 2009; Gunter, Higgins, & Gealt, 2010; Moon, McCluskey, McCluskey, Lee, 2013; 

Tjiptono, Arli, & Viviea, 2016). The gender of a digital pirate is important in compiling what 

groups of people are more likely to engage in various forms of piracy (e.g., software, video, 

music).  The criminogenic differences between men and women have an extensive history in 

criminology (see Lanctôt & Le Blanc, 2002); however, how this extends into the cyber arena has 

yet to be fully explored.  

Many studies have found that males engage in digital piracy more than females (Hagan & 

Kay, 1990; Hollinger, 1993; Sims et al., 1996; Skinner, & Fream, 1997; Moores & Dhillon, 

2000; Rahim, Seyal, & Rahman, 2001; Hinduja, 2003; Higgins, Wilson, & Fell, 2005; Higgins, 
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2006; Higgins, Fell, & Wilson, 2006; Higgins, 2007; Hinduja & Ingram, 2008; Fetscherin, 2009; 

Hinduja & Ingram, 2009; Morris & Higgins, 2009; Gunter et al., 2010; Moon, McCluskey, & 

McCluskey, 2010; Morris & Higgins, 2010; Hinduja, & Higgins, 2011; Moon et al., 2013; Miller 

& Morris, 2016). Many of these studies incorporate gender as a control variable and use 

theoretical models to explain piracy. Gender may be the most commonly included demographic 

correlate in the digital piracy literature.   

Early studies gravitated towards a male inclination to commit digital piracy, more 

specifically, software piracy. Hagan and Kay (1990) concluded copying and transferring 

computer software across computer systems was more likely to be completed by men than 

women. Another early study gathered a sample of 340 postgraduate and undergraduate students 

and found that men were more likely to pirate across all software types compared to women 

(Sims et al., 1996). Furthermore, using a sample that asked undergraduate students about their 

behavior in the past four months, Hollinger (1993) found men were three times more likely to 

receive or give someone else a copy of pirated software. Another study also found being male 

was a predictive factor in participating in the acquirement of illegal digital files (Skinner & 

Fream, 1997). 

Recent studies also heavily favor the association between males and digital piracy. One 

study analyzed this apparent gender gap. Utilizing a sample of 392 undergraduate students, 

survey findings showed male students were significantly more likely to engage in a software 

piracy (Higgins, 2006). Higgins (2006) found that this gender gap could be reduced through self-

control measures, however, it could not account for the entirety of the gap. Higgins (2007) 

explained the gender gap by conducting a short-term longitudinal study with a sample of 338 

students from a university based in the eastern United States. Analyses showed men were 
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significantly more likely to pirate various types of digital files but only through initial stages of 

the 4-week time frame. Gender had a smaller effect size compared to measures of self-control.  

It is clear that much research about digital piracy and gender focuses on younger 

populations. Similar to Moon et al. (2013), Malin and Fowers (2009) focused on minors and their 

attitudes about digital piracy. Derived from a sample of 200 high school students from the New 

York metropolitan area, researchers found more males held attitudes favorable towards movie 

and music piracy. While Moon et al. (2010) also found a positive association between adolescent 

boys and piracy, further analyses in their longitudinal study revealed that if a boy had engaged in 

software piracy at wave one, they were much more likely to commit the same crime at a later 

date. This suggests past participation in this crime could lead to future participation.  

Studies with samples based in other countries have also reached similar conclusions. 

Analyzing data from the Korean Youth Survey, a sample comprised of over 2500 Korean middle 

school students, researchers studied the effects of self-control, opportunity factors, and other 

predictors of computer crime. Results showed adolescent boys were more likely to illegally 

download software from the Internet, despite girls having more access to computers (Moon et al., 

2013). In another study based on a sample of students from Indonesia, males were more likely to 

hold attitudes favorable towards digital piracy (Tjiptono et al., 2016). This study is of particular 

interest since Indonesia has one of the highest digital piracy rates in the world.  

In addition to the studies listed previously, it is worth emphasizing the role of Asian 

populations in digital piracy engagement as they relate to gender. For example, a study using 

computing students from Brunei Darussalam found men had higher intentions to commit 

software piracy (Rahim et al., 2001). Furthermore, a study based on a sample of business 

students from a Hong Kong university, found men were significantly more likely to purchase 
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pirated software (Moores & Dhillon, 2000). Given the high cost of software and availability of 

pirated copies, consumers may feel less inclined to access this software through legitimate 

markets (Moores & Dhillon, 2000). This finding not only suggests men engage in piracy 

practices more than women but that men are more willing to expend resources to acquire 

illegitimate software. This is notable because most associate digital piracy with free access to 

digital files. However, it is clear participation in this crime can encompass different forms. Even 

amongst the different methods of engaging in digital piracy, evidence suggests men are still more 

likely to participate in it.  

There is a dearth of studies that show a positive relationship between women and digital 

piracy. In a study conducted by Moores and Esichaikul (2011) using a sample of 213 masters 

level students in Thailand, researchers measured software piracy through the propensity to buy 

and share copyrighted software. Results showed that while males were more likely to buy pirated 

software, women were more inclined to share this software within their social group. This 

distinction in pirating behavior is a notable inclusion since it offers alternative methods of 

measuring piracy. Furthermore, Smallridge (2012) found females were more willing to engage in 

music piracy than men; however, researchers did acknowledge this might have been due to an 

underrepresentation of men in the acquired sample.  

There does exist an array of studies that do not indicate any significant effect of gender; 

rather, many studies conclude gender has a limited effect on digital piracy (Higgins, 2004; 

Higgins & Makin, 2004b; Higgins & Wilson, 2006; Mishra, Akman, & Yazici, 2006; Higgins, 

Fell, & Wilson, 2007; Wolfe, Higgins, & Marcum, 2008; Morris et al., 2009; Moores & 

Esichaikul, 2011; Jackman & Lorde, 2014). Using a sample of 585 undergraduate students from 

two universities, Morris et al. (2009) studied movie and music piracy. Researchers found when 
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other factors were controlled for, there was no significant difference between men and women in 

willingness to engage in digital piracy. Higgins (2004) had similar results; studying digital piracy 

through a hypothetical scenario, Higgins (2004) found no statistical difference between gender 

and software piracy. Another study based in Barbados also concluded that gender made little 

difference when considering intention to pirate (Jackman & Lorde, 2014).  

Overall, the literature suggests that men illegally download digital files more than 

women. It is important to emphasize that some studies found no effect of gender and only one 

study found a significant relationship between women and the outcome variable. These findings 

may vary because some studies measure digital piracy and sharing differently (see Moore & 

Esichaikul, 2011) and others may lack an equal representation of men and women in the sample 

(see Smallridge, 2012).   

 

Age and Digital Piracy 

Age is another important predictor of digital piracy. Unlike gender, age and piracy 

findings are mixed. Some studies found young adults pirate more than any other age group 

(Higgins, Wolfe, & Ricketts, 2009; Miller & Morris, 2016; Cockrill & Goode, 2012; Fetscherin, 

2009; Mishra et al., 2006; Malin & Fowers, 2009) and others found there to be no significant 

effect (Hinduja, 2003; Higgins, 2004; Higgins & Makin, 2004a; Higgins & Makin, 2004b). The 

extent to which age predicts digital piracy can depend on various factors. Results can depend on 

how researchers measure this relationship or even the sample used. For example, some studies 

examine this predictor by measuring age continuously or dichotomously (e.g., Hinduja, 2003).   

The following provides an overview of literature highlighting the association between how old 

someone is and their inclination towards various forms of digital piracy.  
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Higgins et al. (2009) measured intended and actual music piracy using a sample of 353 

undergraduate students from three universities in the United States. Results revealed age to be a 

significant factor in digital piracy, finding a significant association between younger students and 

digital piracy engagement. In another study, Ingram and Hinduja (2008) gathered data on over 

2000 undergraduate students to study techniques of neutralization as a framework for explaining 

music piracy. While these techniques were found to be weakly associated with piracy, those 21 

and younger were significantly more likely to participate in music piracy than other age groups.  

Miller and Morris (2016) studied the mediating effects of social learning constructs 

between select variables and crime (e.g., digital piracy and traditional offenses). From a sample 

of 454 undergraduates, the researchers found a relationship between age and digital piracy. 

Before the introduction of social learning variables, there was a direct significant relationship 

between age and engagement in various digital piracy forms; younger people were statistically 

more likely to illegally download digital software, videos, and music files. This significant but 

weakened relationship held after the introduction of social learning factors.   

Moreover, one particular study analyzed multiple predictors of DVD piracy (i.e., video 

piracy) and subgroups (Cockrill & Goode, 2012). These subgroups consisted of angels, receivers, 

chancers, and devils. A participant is categorized depending on how much they engage in DVD 

piracy. Members in the group with the highest video piracy levels, the ‘devils,’ engaged in 

pirating behaviors at least twice a month. Using a sample of 482 university students and UK 

residents, results showed the majority of members in the devil subgroup were male. Additionally, 

73 percent of those in this group were between the ages 18 to 25. It is important to note that the 

participants who did not engage in video piracy were significantly older and less likely to be 

students. The impact of youth on video piracy may be more inclusive than initially thought.  
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From an international standpoint, the assumed relationship between youth and digital 

piracy may extend beyond the American context. Comparing university students from 

Switzerland and the United States, Fetscherin (2009) used individual-level data to examine the 

relationship between risk variables and music piracy. Across both nationalities, engaging in 

illegal digital pirating activities dropped significantly in older participants. This is consistent 

with the curvilinear relationship between age and crime, widely regarded as one the few 

constants in criminal justice research (Hirschi & Gottfredson, 1983). Results in the Fetscherin 

(2009) study also revealed younger students were more likely to have more pirated music in their 

musical libraries.  

Moving beyond undergraduate populations, one study surveying IT professionals in 

Turkey analyzed a number of predictors (e.g., demographics, income, work experience) on 

software piracy (Mishra et al., 2006). While gender had no effect on piracy, researchers found 

younger professionals (i.e., those under 30) were significantly more likely to use pirated 

software. In a similar fashion, Gopal and Sanders (1997) found younger M.B.A. students were 

significantly more likely to engage in digital piracy compared to older students.   

However, not all research is unified in this youth-piracy association. With age 

continuously coded, Higgins (2004) and Higgins, Fell, and Wilson (2006) concluded age was not 

a statistically significant variable in software piracy. Additionally a study using a sample of 382 

undergraduate students also found a non-significant effect between age (open-ended) and 

pirating illegal software (Higgins et al., 2005). This support extends into many more studies 

throughout the literature (Hinduja, 2003; Higgins, 2004; Higgins & Makin, 2004a; Higgins & 

Makin, 2004b; Higgins & Wilson, 2006; Hinduja & Ingram, 2008, Wolfe et al., 2008; Jackman 

& Lorde, 2014). It is important to note many of the findings related to age in these studies near 
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significance but to a lesser extent than a significant relationship. In other words, there was a 

negative association between age and the outcome variable.  

An apparent limitation of many of these studies is the use of college populations. While 

encompassing a wide range of age groups, post-secondary education primarily consists of young 

adults. The majority of studies that incorporate undergraduate students into their sample will 

naturally have their results influenced by a bevy of young participants. Some studies have 

addressed this limitation by gathering data from college students and other populations, such as 

the general public (see Cockrill & Goode, 2012). Other studies focus on specific groups or 

professional affiliations to gather data from (see Mishra et al., 2006). Regardless of the 

propensity to use specific populations to study such a widespread crime, there is inherent value 

in using these groups as a starting point as evident in many of the results discussed. This 

limitation is expanded upon further in chapter 5.  

Though studies have shown this effect to vary, much of the research points to younger 

individuals engaging in this behavior to some degree. This variation may be due to measurement 

strategies as some studies measure age continuously and some measure age in groups (e.g., 

Moores & Dhillon, 2000; Hinduja, 2003). The sample population may also play a role in the 

findings. Overall, the literature reveals age to be a notable characteristic that may be able to 

predict digital piracy. Based on the research, age should be considered a fundamental 

characteristic of an online pirate.   

 

Race and Digital Piracy 

The relationship between race and digital piracy has yet to be fully examined. Some 

studies conclude a propensity to illegally download digital files in Asian adults, while other 
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studies reveal whites engage in digital piracy more than other racial groups. The picture is further 

muddled by unspecific measures of racial designation (e.g., selecting ‘white’ or ‘other’ for race).  

 Some studies show non-whites as the typical perpetrators of those who engage in 

digital piracy. Comparing students from one major American university to students from the 

National University of Singapore, Swinyard, Rinne, and Kau (1990) found Asian students were 

more inclined to illegally download copies of computer software than American students. 

However, it is worth noting this study focused on attitudes of software piracy as opposed to 

measuring the actual prevalence of the crime. Moreover, another study found non-whites were 

significantly more likely to illegally download video media (Morris & Higgins, 2009). Since race 

was measured by having participants select either white or non-white, the aforementioned 

conclusion was rather vague. Similarly, using a sample of over 2000 undergraduate students, 

Hinduja and Higgins (2011) found that the typical pirate was neither white, Asian, nor African 

American. This means that the most likely racial group to digitally pirate was categorized as 

‘other’ in the data.  

Gathering data from a sample of students from two universities in Florida, Chiang and 

Assane (2009) found an association between whites and Asians and engaging in digital piracy. 

Since these racial groups were less likely to be willing to pay for legitimate music, this suggests 

whites and Asians could be more inclined to pirate music than other groups. This particular study 

is useful because it approaches this particular crime through the lens of various economic 

principles. The rational underpinnings of these economic modalities (e.g., cost-benefit analysis) 

provide criminologists with another outlook on digital piracy. 

  The connection between early teenagers and digital piracy also varies between racial 

lines. Using data from the Delaware School Survey (DSS), Gunter et al., (2010) studied digital 
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piracy amongst eighth and eleventh graders. This study sought to examine existing correlates 

between adolescent youth and music piracy. For both grade levels, researchers concluded Asian 

youth were more likely to engage in music piracy than any other race.  

Predictably, samples in much of the existing research that include measures of race were 

derived from college populations. An important study carried out by Hinduja (2003) examined 

the patterns and correlates of digital piracy. Primarily focusing on software piracy, researchers 

gathered self-report data from 433 university students. Amongst a host of other key findings, 

results revealed Asian students were more likely to engage in software piracy. On the other hand, 

Wolfe and Higgins (2009) found white college students were more likely to pirate software; 

however, when theoretical variables were incorporated (e.g., low self-control, social learning 

theory and definitions, etc.), the mediating effect reduced the effect of race. Ingram and Hinduja 

(2008) focused on college students and also found a positive association between being white 

and pirating digital music files. It is clear there are no definitive findings between race and 

digital piracy commission.  

In general, the race and digital piracy literature is mixed. There is no consensus on which 

race illegally downloads digital files more than others. This may be because of how race is 

conceptualized and measured differently across studies. Many American-based studies used 

generic categories (e.g., White, Non-white, Asian) to indicate the race of the participant. Some 

cross-national studies improve on this by comparing digital piracy engagement across countries. 

However race is measured, it is important to consider race as a key characteristic of digital 

pirates.  
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Other Correlates and Digital Piracy 

Beyond the aforementioned demographic features, there are a variety of other correlates 

throughout the digital piracy literature. These predictors range from internal factors, like religion, 

to more behavioral measures, like computer proficiency. These correlates are discussed in this 

section.  

Two discussed predictors are computer proficiency and computer use. Higgins and Makin 

(2004b) explored the impact of self-control and deviant peers on digital piracy. This particular 

study incorporated the frequency of computer use into its analytical models. The researchers 

found that on its own, computer use did not hold any significant impact on software piracy and 

only became so once other theoretical measures were included. Another study examined a 

purposive sample of college students and concluded computer proficiency was positively 

associated with software and video piracy (Holt, Burruss, & Bossler, 2010). This direct effect 

also occurred when social learning measures were included. Similarly, Sims et al. (1996) 

revealed college students who spent more hours on a computer system were significantly more 

likely to illegally copy software without paying for it. Moon et al. (2013) suggested another link; 

if a person was male they were also more likely to pirate software as well as use a computer 

more.  

Miller and Morris (2016) included computer knowledge as a control measure. This 

measured the computer skill level of a participant; choices ranged from “I am comfortable using 

a computer” and “I am comfortable manipulating or writing computer programming.” Miller and 

Morris (2016) concluded computer knowledge had a direct effect on digital piracy and no effect 

on traditional deviance. Correspondingly, Hinduja and Ingram (2008) concluded having 
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advanced Internet proficiency, quick Internet connection, and being male were positively 

correlated with music piracy involvement.  

One study identified a link between religiosity and digital piracy. The study by Simpson 

et al. (1994) garnered attention because it was one of the first studies to examine motivating 

factors behind software piracy. Using a convenience sample of 209 undergraduate business 

students, regression analyses revealed those who indicated a religious preference had a higher 

propensity towards software piracy.  

Some studies incorporate elements of higher education into predictors of digital piracy. A 

study measuring the intention to pirate digital movies was conducted using a sample of 338 

American university students (Higgins et al., 2007). The researchers found major and class rank 

had no significant effect on movie piracy, in addition to sex, age, and family income. Introduced 

previously, Jackman and Lorde (2014) analyzed data from the general Barbados population and 

acquired different results; despite the null effect of gender and age on intention to digitally pirate, 

higher education was associated with increased intention to pirate. Another study (Wolfe et al., 

2008) concluded that in addition to major, researchers found gender, age, race and income had 

no significant direct effect on digital piracy.  

Other correlates of digital piracy have been seldom researched in this type of cybercrime. 

The literature points to preliminary factors associated with digital piracy, like computer use and 

skill, but even these are rarely included in studies. From the few studies that included education-

related factors, many of these showed mixed results. While not as fundamental as gender, age, 

and race, these other correlates are necessary to help capture who engages in digital piracy.  
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State of the Literature 

Unfortunately, most studies include many of these individual-level characteristics as 

control variables but concentrate on theoretical outcomes. Perhaps digital piracy researchers may 

believe many of these correlates are not pertinent to their subject of interest and thus do not feel 

the need to draw attention to them. There is inherent value in a null finding, which undoubtedly 

contributes to who does or does not illegally download software, music, or video.  

There is strong support for the association between digital piracy and men (e.g., Sims et 

al., 1996; Hinduja, 2003; Hinduja & Ingram, 2008; Morris et al., 2009), as well as young adults 

(e.g., Higgins et al, 2009; Fetscherin, 2009; Malin & Fowers, 2009). However, it is difficult to 

conclude that one particular racial group is more inclined to this specific cyber offense. Some 

studies have shown Asians are more inclined (e.g., Gunter, 2010), whites are more inclined (e.g., 

Wolfe & Higgins, 2009), or some other variation (e.g., Chiang & Assane, 2009). Historically, 

African Americans have been disproportionately involved in traditional crime (Welch, 2007), yet 

there is nearly no mention of black involvement in illegally downloading digital files.  

Furthermore, beyond the emphasized three demographic factors, other correlates are 

spread throughout the literature through no consistent pattern. Some studies include measures 

related to school since many studies use collegiate samples. One notable predictor is computer 

skill. While not highlighted in many studies, this is a correlate that could help characterize digital 

piracy offenders.  

 

Conclusion 

The present study seeks to capture the essential traits of a digital pirate. Many assume 

that digital pirates are simply young males who are technologically inclined. However, given the 
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limitations of this research (e.g., focus on college populations) due to its nascent development, 

this assumption is premature. There may be other relevant characteristics that compose this type 

of offender. Many recent studies explain digital piracy through theoretical constructs but it is 

difficult to capture the ‘why’ of the crime if the ‘who’ is neglected.  

Past literature has identified correlates of digital pirates with varying degrees of success. 

Appendix A shows a broad list of these digital piracy studies. As suggested in the literature, 

gender, race, and age may be the only correlates with a notable impact. The reality of the matter 

points to the lack of importance placed on these predictors of piracy. Many studies include these 

correlates as control variables, find significant or relevant effects, and fail to discuss how they 

relate to key dependent variables (see Hinduja, 2001; Limayem, Khalifa, & Chin, 2004; Moores 

& Dhaliwal, 2004). This thesis seeks to fill this gap by identifying these individual-level 

characteristics of cyber offenders. Examining and drawing attention to which correlates 

contribute to digital piracy can help identify particular subsets of offenders and establish a 

baseline for whom to focus efforts on in prevention policy as well as future studies.   

The following chapter discusses the methodology of this study. Using secondary data 

analysis, the study gathered data from a purposive sample of undergraduate students from a 

southern university. The data gathered includes demographic and other individual level variables 

as well as a general measure of digital piracy. Chapter 3 discusses the methods conducted to 

complete the analysis.  
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CHAPTER 3 

METHODOLOGY 

Introduction 

This thesis examined the predominant individual-level characteristics of digital piracy 

offenders. Using a college sample, the relationship between multiple variables and digital piracy 

were studied. In addition to this, the effects of gender, race, and age on anticipated digital piracy 

were expanded upon. This study addressed two research questions.  

1. Are there differences based on gender, race, and age in regard to digital piracy 
commission? 

The first research question examines if there are differences based on three demographic 

variables in relation to engaging in digital piracy. Past research suggests men and women may 

vary regarding illegally downloading digital files. Moreover, younger students are widely cited 

as the primary engagers in digital piracy behaviors and their inclusion is necessary to build the 

foundational structure of the digital pirate. This study expects to find that men are more likely to 

engage digital piracy than women and younger individuals are more likely to commit digital 

piracy than older individuals.      

Since the prior literature is mixed, it is important to examine how different racial groups 

compare to one another when determining which groups are more likely to commit this crime. 

This study utilizes two measurements of race. The first operationalization compared whites to 

non-whites in digital piracy commission. Based on prior literature, this study expects to find 

whites pirate more than non-whites.  

The second operationalization examines if digital piracy engagement differs from white 

and Asian individuals to non-whites and non-Asians. This measurement strategy explores the 

influence of Asian propensity towards digital piracy. This additional measure of race was 
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included as some studies suggest individuals of Asian descent may engage in digital piracy more 

than other racial groups (Swinyard et al., 1990; Hinduja, 2003; Chiang & Assane, 2007; Chiang 

& Assane, 2009) and to improve upon studies that utilize limited measurements of race (e.g., 

Morris et al., 2009; Hinduja & Ingram, 2009; Morris & Higgins, 2010). This study expects to 

find whites and Asians pirate more than non-whites and non-Asians. This analysis could reveal 

important effects shared by Asian and white populations.  

2. What are the correlates of digital piracy? 

The second research question examines general correlates of digital piracy. Certain 

variables may also predict the likelihood of engaging in illegal downloading behavior. In a 

digital piracy study using a college sample, these include education-related variables like 

academic classification and computer-related variables like computer skill level. These variables 

are important to examine since isolating particular correlates can help identify at-risk offender 

groups.  

The first section of this chapter provides an overview of the data and sample used for this 

study. Next, various measures will be discussed as well as their coding. This chapter concludes 

with a data analysis plan.  

 

Data and Sample 

Data for this study were obtained from a southern university in the spring of 2010. With 

the permission of class instructors, eleven undergraduate classes from a variety of majors, 

including social and physical sciences, were surveyed. Students filled out self-administered 

questionnaires in class and submitted them to the researcher once completed. Students were 

advised before beginning the survey that participation was entirely voluntary and their 
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information was confidential. This purposive sample consisted of 460 surveys; however, since 

surveys included missing data, the final sample consisted of 392 completed cases after listwise 

deletions.  

 

Dependent Variable Measure: Anticipated Digital Piracy 

The primary outcome variable is anticipated digital piracy. This was measured by asking 

participants to indicate the likelihood that they will download software, video, or music instead 

of purchasing it in the following 12 months. This was measured dichotomously (i.e., 0=no 

likelihood of participating in digital piracy in the next 12 months, 1=likelihood of participating in 

digital piracy in the next 12 months). This measure focused on potential digital piracy 

commission. Digital piracy in this study is defined as the illegal downloading of computer 

software, digital music, and/or video.  

This thesis used a different operationalization of digital piracy compared to most 

available research. Digital piracy is traditionally measured by surveying the past behaviors of the 

participant. This study used a measure of anticipation, more specifically the likelihood to engage 

in digital piracy behaviors over the next 12 months. Only a handful of studies have used a similar 

method. Some studies have used likelihood of having copyrighted music to predict digital piracy 

(see Chiang & Assane, 2007), while others have used willingness or intentions to engage in 

different forms of digital piracy as an operationalization (see Morris & Higgins, 2009; Morris et 

al., 2009; Smallridge, 2012). One benefit of taking this approach is it may serve as a reflection 

for continuing offending behaviors (Morris & Higgins, 2009).  

While this study did not include a measurement of past behavior, some findings (e.g., 

computer skill level) were consistent with studies that utilized these actual behavior models (e.g., 
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Hinduja & Higgins, 2011).  While this is not indicative of actual digital piracy commission, 

exploring potential future criminal behavior is valuable. Anticipated digital piracy provides more 

latitude for participants to report more instances of a potential crime. 

 

Independent Variable Measures 

Demographics 

At the end of the survey, students were asked a number of demographic questions. 

Dichotomously coded (0=Female, 1=Male), gender was measured by asking students whether 

they were male or female. Next, students were asked what their age was at their last birthday. 

This question was posed in this manner to minimize ambiguous interpretations of age. In this 

study, Age was divided into two categories in order to complete an independent t-test and 

multivariate logistic regression analysis. For the independent t-test, this was dichotomously 

coded by splitting participants into younger (twenty and under) and older (twenty one and older) 

categories. This split is consistent with past research, which allows for comparability across 

studies (see Hinduja, 2003). For the multivariate logistic regression analysis, age was a 

continuously coded variable. Participants were then asked to indicate their racial background. 

The available options were: White, African American, Hispanic, Asian, and Other. In order to 

conduct two t-tests involving race, this variable was duplicated and coded differently two times 

(0=non-white, 1=white; 0=non-white; non-Asian, 1=white and Asian).  

 

Educational Covariates 

The current study included educational covariates related to digital piracy participation: 

academic classification, GPA, and status as an international student. Academic classification 
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measures include selecting between freshman, sophomore, junior, senior, and other. GPA was 

measured continuously and participants indicated if they were an international student (1=yes, 

0=no). 

 

Computer-Related Covariate 

The sole computer-related measure was computer proficiency. Computer proficiency was 

an interval measure with five options. Each option reflected a skill level. This spectrum ranged 

from low skill, less than moderate skill, moderate skill, more than moderate skill, and high skill.  

While this study did not explore the characteristics of offenders based on digital piracy 

types (e.g., video piracy, music piracy), this thesis provided a multitude of correlates as they 

relate to a general measure of digital piracy; additionally, exploring differences within three 

important variables (i.e., gender, age, race) will provide a better understanding of who engages in 

digital piracy. Tables 3.1 and 3.2 provide a list of the independent variables used in this study 

and how they were coded for each analysis. 

Table 3.1. Variable List for Independent t-Tests 

Variable Category Variable Coding 

Demographic Variables 

Gender 0=Female, 1=Male 

Race 
0=Non-White, 1= White; 
0=Non-White and Non-Asian, 
1=White and Asian 

Age 0=Younger (20 and Under), 
1=Older (21 and Over)  

Dependent Variable Anticipated Digital Piracy 

0=No likelihood of participating 
in digital piracy in the next 12 
months, 1=Likelihood of 
participating in digital piracy in 
the next 12 months 
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Table 3.2. Variable List for Multivariate Logistic Regression 

Variable Category Variable Coding 

Demographic Variables 

Gender 0=Female, 1=Male 

Race 0=Non-White, 1= White 

Age Continuous   

   

Education-related Variables 

Academic Classification 1=Freshman, 2=Sophomore, 
3=Junior, 4=Senior, 0=Other 

GPA Continuous  

International Student 
Status 0=No, 1=Yes 

   

Computer-related Variables Computer Proficiency 

1= Low skill, 2=Less than 
moderate skill, 3=Moderate 
skill, 4=More than moderate 
skill, 5= High skill  

   

Dependent Variable Anticipated Digital Piracy 

0=No likelihood of participating 
in digital piracy in the next 12 
months, 1=Likelihood of 
participating in digital piracy in 
the next 12 months 

 

Analysis Plan 

In addition to sample descriptive statistics, the analyses in this study determined any 

statistical differences within three factors (gender, age, race) as well as examined any significant 

correlates of digital piracy. First, to study differences within the three key demographic 

variables, an Independent Samples t-Test was conducted for gender, race, and age. While these 

three variables were also included in our multivariate regression analysis, it was important to 

explore any significant differences in each of these key variables in relation to digital piracy. For 

example, a significant t-score could reveal significant differences between males and females in 

relation to anticipated digital piracy. Additionally, since the main outcome measure of this thesis 
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was measured dichotomously, we used multivariate logistic regression to estimate the potential 

relationship between the independent and dependent variables. Regression analysis was useful 

since we used each independent variable to predict the probability of our digital piracy variable 

while holding the impact of the other variables constant. This multivariate analysis provided 

further insight into what specific variables predicted the likelihood of engaging in this crime.  

 

Conclusion 

This thesis compiled and examined common correlates of the digital pirate and 

differences within important demographic characteristics. These characteristics may reveal 

insights into the commonalities of offenders within this cybercrime category. The analyses and 

discussion provided in this text may provide a better outlook on who engages in illegal 

downloading. Furthermore, the findings contribute to a body of evidence overlooked in recent 

digital piracy literature. Chapter 4 provides findings from the t-tests and multivariate analyses to 

better understand the underpinnings of this type of offender.  Chapter 5 includes discussion of 

these results and potential policy implications. 
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CHAPTER 4 

RESULTS 

Introduction 

Previous research suggests there are prevailing characteristics of digital pirates. Many 

studies have shown men are more likely to engage in digital piracy (Hagan & Kay, 1990; 

Hollinger, 1993; Higgins, 2004; Tjiptono et al., 2016). With more mixed findings than gender, 

the literature suggests younger individuals are more likely to engage in this behavior than older 

individuals (Mishra et al., 2006; Fetscherin, 2009; Higgins, Wolfe, & Ricketts, 2009; Malin & 

Fowers, 2009; Miller & Morris, 2016). Prior literature exhibits mixed findings between a host of 

non-theoretical factors and digital pirating, including race (see chapter 2). Though the extant 

literature has grown in the last twenty-five years, the research has shifted focus. With the 

exception of a handful of studies (e.g., Higgins, 2006), digital piracy literature has sporadically 

included fundamental factors like race in their analyses. It is imperative to establish a foundation 

for the essential traits of these offenders. The goal of this thesis is to fill this gap in the literature 

and help build on the foundational characteristics of the digital pirate.  

This chapter addresses the research questions presented in chapters one and three. First, 

the text examines descriptive statistics related to the sample. This primarily discusses the 

composition of the sample used in this study. Next, the focus shifts to the results of the four 

independent t-tests used to find differences between groups in each of the three demographic 

variables. Chapter 4 concludes with a multivariate logistic regression analysis and its 

accompanying results.  
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Summary of Descriptive Statistics 

Shown in Table 4.1, the sample yielded 392 participants with complete entries for the 

relevant variables. In regard to gender, the sample was comprised of 223 (57 percent) men and 

169 (43 percent) women. The first racial group was 45 percent non-White (n=178) and 55 

percent White participants (n=214). The second racial group was 76 percent white and Asian 

(n=296) and 24 percent non-white and non-Asian (n=96). For the sample, the specific racial 

breakdown follows: 55 percent White, 5 percent African American, 13 percent Hispanic, 21 

percent Asian, and 6 percent students from other races. The mean age of students was 21.82 with 

a standard deviation of 4.91 and a range of 17 to 75. Age groups were almost evenly distributed 

with students 20 and under representing 49 percent of the sample and those 21 and over with 51 

percent.  

The academic classification of students were split by the following percentages: 24 

percent freshman, 16 percent sophomore, 29 percent junior, 30 percent senior, and 1 percent 

other. Student GPA’s averaged 2.86 out a 4.0 scale with a standard deviation of 1.26 and a range 

of 0 to 4. International students only comprised 5 percent of the sample. Moreover, computer 

skill level was distributed by the following: 2 percent low skill, 21 percent less than moderate 

skill, 44 percent moderate skill, 18 percent more than moderate skill, and 15 percent high skill. 

Finally, in regard to anticipated digital piracy, 29 percent (n=114) of participants indicated they 

were not likely to engage in digital piracy in the next 12 months; 71 percent (n=278) indicated 

there was a likelihood they would engage in digital piracy in the next 12 months.  
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Table 4.1. Descriptive Statistics (N = 392) 

Variable Mean/% S.D. Range n 

Gender 0.57 -- 0-1 392 
Race1 0.55 -- 0-1 392 
Race2 0.76 -- 0-1 392 
Age 21.82 4.91 17-75 392 
 Academic Classification -- -- -- 392 
Freshman 24% -- -- 92 
Sophomore 16% -- -- 64 
Junior 29% -- -- 113 
Senior 30% -- -- 119 
    Other 1% -- -- 4 
GPA 2.86 1.26 0-4 392 
International Student 0.05 -- 0-1 392 
Computer Skill Level -- -- -- 392 
Low 2% -- -- 8 
Less than moderate 21% -- -- 84 
Moderate 44% -- -- 172 
More than moderate 18% -- -- 70 
High 15% -- -- 58 
Anticipated Digital Piracy 0.71 -- 0-1 392 

Values are rounded to the nearest one hundredth of a percentage point. Race1 refers to the first dichotomized 
measurement of race comparing non-whites (0) to whites (1). Race2 refers to the second dichotomized measurement 
of race comparing non-whites and non-Asians (0) to whites and Asians (1). 

 

Differences between Groups 

The first analyses of interest examines if there are key differences and associations 

between gender, race, and age in digital piracy likelihood. Table 4.2 presents the results of four 

separate independent samples t-tests. Table 4.2 assesses the difference in digital piracy between 

males and females, nonwhites and whites, nonwhites and non-Asians with Whites and Asians, 

and younger (twenty years old or younger) and older students (twenty one years old or older).  
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There was no significant difference between men and women in their likelihood of 

engaging in digital piracy as confirmed by the first t-test, which indicated no statistically 

significant differences in the means at the .05 level (t=-1.540, p=.124). However, this finding 

approached significance at the .10 level. Moreover, there was no significant difference between 

non-whites and whites. This was confirmed by the second t-test, which indicated no significant 

differences in the means at the .05 level (t=-.052, p=.958).   

Since some studies suggest whites and Asians pirate at higher rates (e.g., Chiang & 

Assane, 2009), this study also conducted an independent t-test dividing nonwhites and non-

Asians in one category and whites and Asians in another. Using this additional measurement, a 

subsequent t-test found no significant difference between non-whites and non-Asians compared 

to whites and Asians in their likelihood of engaging in digital piracy. This t-test indicated no 

significant differences in the means at the .05 level (t=-1.574, p=.116). Similar to gender, this 

relationship approached marginal significance.  

Table 4.2. Differences in Anticipated Digital Piracy by Demographic Variables (n=392) 

  % t-value p 

Gender 
Men 74% 

-1.540 .124 
Women 67% 

Race 

Nonwhite 71% 
-.052 .958 

White 71% 

Nonwhite/ Non-Asian 65% 
-1.574 .116 

White/Asian 73% 

Age 
Younger 76% 

2.357** .019 
Older 66% 

Two-tailed: *p < .10, **p < .05, ***p < .01 
 

The final independent samples t-test revealed our first significant finding. Confirmed by a 

t-test indicating significant differences in the means at the .05 level (t=2.357, p=.019), there was 
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a significant difference between age groups in the likelihood they will engage in digital piracy. 

This suggests digital piracy behaviors differ between individuals who are 20 years and younger 

and individuals who are 21 and older.   

 
Multivariate Analysis 

The second analysis examines any significant associations amongst the three independent 

variables of interest (gender, race, and age) and the other included variables on engagement of 

digital piracy.  

2. What are the correlates of digital piracy?  

Table 4.3 presents the results from a multivariate logistic regression model of relevant 

predictors of digital piracy. A multivariate logistic regression was conducted to examine 

significant associations between the key demographic variables, as well examine other pertinent 

variables. There were two significant findings.  

First, of the three main demographic variables age was found to be highly significant 

(OR= .853, p < .01). The regression model found that for every year increase in age, engaging in 

digital piracy was significantly less likely. This negative association suggests that the older a 

person is, the less likely they are to download software, video, or music without purchasing it.   

Secondly, computer skill level was significantly associated with the outcome variable. 

Those with higher skill levels were significantly more likely to engage in digital piracy 

(OR=1.405, p < .05). Specifically, for every one increase in an individual’s skill level there was a 

41 percent increase in reported likelihood of engaging in digital piracy.  

The analysis showed race was not significantly associated with digital piracy (OR=.920, 

p > .05). In the displayed regression analysis, we used non-white and white as the included racial 

categorization. An additional regression analysis was completed using the same categorization 
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seen in table 4.2 C. (i.e., race examined as non-white/non-Asian to white/Asian). This was 

completed to measure a different dimension of the race. Since some previous research suggests 

Asians engage in digital piracy at higher rates (Swinyard et al., 1990; Hinduja, 2003; Chiang & 

Assane, 2009; Gunter, 2010), we expected to find a relationship between white and Asian 

students and digital piracy. However, results from that analysis showed no discernable difference 

compared to the analysis shown on table 4.3. Contrary to our expectation, there was no 

significant association between race and digital piracy regardless of how it was measured.  

The multivariate regression analysis found no statistically significant association between 

gender and digital piracy (OR= 1.157, p > .05). Given the prominence of the relationship 

between gender and digital piracy in the literature (e.g., Hinduja, 2003; Higgins et al., 2005; 

Higgins, 2006; Higgins et al., 2006), this result was contrary to our expectations. Additionally, 

there was no finding indicating a significant relationship between academic classification 

(OR=1.105, p > .05), GPA (OR=1.117, p > .05), and international student status (OR=3.095, p > 

.05) in regard to digital piracy.  

This study initially included two additional computer-related variables: time spent on the 

computer and time spent playing video games. A correlation matrix revealed correlations 

between these two factors and computer skill level, suggesting there may have been 

multicollinearity between variables. As a result, these two additional variables were dropped. 

Computer skill was retained, as it is an established measure for computer proficiency and has 

been used in previous studies (Hinduja, 2003; Hinduja & Ingram, 2008; Ingram & Hinduja, 

2008; Hinduja & Ingram, 2009; Holt et al., 2010; Burruss et al., 2013; Miller & Morris, 2016).  
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Table 4.3. Multivariate Logistic Regression of Digital Piracy (n=392) 

  B OR 
(SE) 

Demographic Variables 

Gender .146 1.157 
(.261) 

Race -.083 .920 
(.245) 

Age -.157 .855 *** 
(.039) 

Education-related Variables 

Academic Classification .081 1.105 
(.091) 

GPA .100 1.117 
(.092) 

International Student 1.130 3.095 
(.790) 

Computer-related Variable Computer Skill Level .407 1.503 *** 
(.136) 

Two-tailed: *p < .10, **p < .05, ***p<.01 
 

Conclusion 

This chapter analyzed factors related to the potential commission of digital piracy. The 

three fundamental variables analyzed were gender, race, and age. These factors are important as 

they represent three core characteristics of offenders. While gender and age were found to have 

no significant effect, the regression model found age was significantly negatively associated with 

anticipated digital piracy. The independent t-test confirmed a significant difference between 

younger and older students on the outcome variable. Furthermore, the multivariate logistic 

regression analysis found a significant relationship between computer skill level and anticipated 

digital piracy. Education-related variables were found to be non-significant.  
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The final chapter discusses the findings of this thesis in a broader context. Secondly, the 

policy implications of this research will be presented. Next, the text proposes suggestions for 

future research. Chapter 5 closes with a discussion of limitations.  
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CHAPTER 5 

DISCUSSION AND CONCLUSIONS 

Analysis of Measurements and Findings  

This study examined characteristics of digital piracy offenders. There was an emphasis 

on demographics as to establish key fundamental traits in potential digital pirates. More 

specifically, this thesis examined the effects of gender, race, and age and their effects on the 

reported likelihood to engage in digital piracy. Contrary to the prior literature, independent t-tests 

found no significant differences in gender and race. Even with different operationalizations of 

race in analyses, race was not found to have a significant effect on piracy. The independent t-test 

and logistic regression model both found that age was a significant factor. The older a person 

was, the less likely they were to engage in illegally downloading digital files.  

Only one factor from the education and computer-related variables was significantly 

associated with digital piracy: computer skill level. Past literature supports this relationship 

(Hinduja & Higgins, 2011; Holt et al., 2010; Burruss et al., 2013). Overall, the rest of the 

variables including academic classification, GPA, and international student status were not 

factors related to anticipated digital piracy.   

The first research question aimed to find key differences between gender, race, and age 

groups. This study found a significant difference between younger and older students. This 

suggests younger individuals have different pirating behaviors compared to older individuals. 

This finding is in line with previous research (Moore & Dhillon, 2000; Mishra et al., 2006; 

Higgins et al., 2009; Fetscherin, 2009; Malin & Fowers, 2009; Wolfe & Higgins, 2009; Cockrill 

& Goode, 2012; Miller & Morris, 2016). As Higgins and colleagues (2009) suggest, age is a 

distinguishing measure for digital piracy. Newer generations are growing up in the digital era. 
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The more everyday behavior transitions into the online environment, the greater exposure 

younger individuals have to digital piracy. This relationship could exist because the prominence 

of the Internet and computer technologies may be desensitizing youth to online crimes (Morris & 

Higgins, 2010). Accessing digital files illegally may be viewed as normative behavior amongst 

developing youth. This generational effect could impact how younger individuals engage digital 

crime.  

This relationship could be explained by a general desistance from crime as a person ages. 

For many traditional crimes, there is a general decline in offending over time (Steffensmeier, 

Allan, Harer, & Streifel, 1989). Just as Steffensmeier and colleagues (1989) explicate, this trend 

can persist across different crime types. This suggests that this phenomenon may be applicable to 

different forms of cybercrime, including digital piracy.   

While age emerged as a key factor, gender did not. Surprisingly, there were no significant 

differences between men and women in their participation in digital piracy. This is contrary to 

findings in prior literature (Hagan & Kay, 1990; Hollinger, 1993; Simpson et al. 1994; Sims et 

al., 1996; Hinduja, 2003; Higgins, 2004; Higgins, 2006; Hinduja & Ingram, 2008; Morris et al., 

2009; Gunter et al., 2010; Moon et al., 2013; Tjiptono et al., 2016). This finding could be 

partially explained the effects of engaging in crime in a digital environment. As Morris and 

colleagues (2009) explain, digital piracy may represent a departure from traditional notions of 

gendered differences in crime. The digital space where piracy behaviors are expressed could be 

diminishing any gendered effects on illegal downloading. This newfound environment may 

subdue underlying factors typically associated with male and female engagement in crime, which 

may ultimately lead to similar pirating behaviors. 
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Furthermore, this finding may be attributed to this study’s measure of digital piracy. 

Inconsistent findings related to gender and digital piracy may be partially explained by how 

digital piracy is operationalized. For example, Moores and Esichaikul (2011) found gender 

produced two different effects on digital piracy based on how piracy was measured. This is 

important as this study measured anticipated digital piracy. Much of the literature measures past 

participation in digital piracy in establishing the relationship between gender and digital piracy 

(e.g., Moores & Dhillon, 2000; Rahim et al., 2001; Higgins, 2007; Moon et al., 2013). However, 

there is little research to suggest this effect holds steady for future intentions to digitally pirate. It 

is possible that men and women do not vary greatly in reporting that they will engage in illegal 

downloading, but rather, the differences lay in the actual commission of digital piracy. There 

may be gendered differences between past piracy and anticipated piracy (Smallridge, 2012).  

This study also found no significant relationship between race and digital piracy. While 

the extent of the relationship between race and digital piracy has yet to be fully explored, this 

finding was surprising. Much of the literature suggests whites or Asians are more likely to 

engage in this crime compared to other racial groups (Swinyard et al., 1990; Hinduja, 2003; 

Ingram & Hinduja, 2008; Chiang & Assane, 2009; Wolfe & Higgins, 2009; Gunter et al., 2010).  

Despite the additional measurement strategy, the results showed little difference between 

racial categories in either measurement.  

Like gender, this may be partially explained by understanding where digital piracy takes 

place. Digital piracy is conducted in a contemporary digital landscape, which may change how 

crime is facilitated. This digital environment may be insulated from cultural differences that have 

historically linked race and traditional crime (Morris & Higgins, 2010). Engaging in this 
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behavior online may serve as a buffer that mitigates the effect of race. In this context, race may 

have little overall effect on digital piracy commission. 

This study added another measurement of race (e.g., whites and Asians compared to non-

whites and non-Asians) because prior literature showed support for Asians in digital piracy 

engagement, to improve on typical measurements of race from prior literature, and to explore 

another dimension of race. Despite this additional measurement, there was no significant 

relationship between race and digital piracy. This finding could have been an artifact of Asian 

representation within the sample; the proportion of Asian participants in the data may not have 

been sufficient to discern any notable effects on digital piracy.  

Our measurement strategies may have further impacted the effect of race. There is a trend 

in the literature where studies utilize traditional measurements of race to examine digital piracy 

(e.g., Ingram & Hinduja, 2008; Morris et al., 2009; Hinduja & Ingram, 2009; Morris & Higgins, 

2010), where measurements do not generally extend beyond dichotomous categorizations. 

Considering the transnational attractiveness of digital piracy, participant race may require more 

comprehensive measurement. By considering more detailed survey items – like variables related 

to family background and ethnic affiliation – we may develop a clearer and more consistent 

relationship between race and digital piracy.  

The second research question addressed correlates of digital piracy. In addition to gender, 

race, and age, this study examined the results of other factors related to digital piracy 

engagement, like computer skill level. This provided a clearer view of the relationship between 

the included individual-level variables and digital piracy. The first significant finding involved 

computer skill.  
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The significant relationship found between computer skill level and digital piracy is in 

line with prior literature (Hinduja, 2003; Hinduja & Ingram, 2008; Ingram & Hinduja, 2008; 

Hinduja & Ingram, 2009; Holt et al., 2010; Burruss et al., 2013). Considering this crime is 

generally committed online, this relationship is reasonable. This relationship is notable because 

many forms of cybercrime have barriers related to skill and capacity, similar to some white-

collar crime (Piquero, 2005).  While some would suggest that digital piracy requires little 

expertise (see Morris & Higgins, 2010), there is still some level of technical ability to be able to 

engage in digital piracy. Knowing how to illegally download digital files is an important 

individual-level factor that sensibly contributes to digital piracy commission.  

Education-related variables had little impact on digital pirating behaviors. Like to the 

explanation put forth by Mishra and colleagues (2006), the similarity of student backgrounds 

may diminish the effects of academic level, GPA, and international student status. In other 

words, education specific factors could play a limited role compared to the overshadowing 

impact of general involvement in higher education. This could account for the lack of variation 

in digital piracy commission.  

Although gender and race had little effect on digital piracy, age and computer skill 

emerged as distinguished factors that can inform policy and future research. Age and computer 

skill level can serve as reference points for researchers and criminal justice professionals alike 

when considering key factors that contribute to illegal downloading. The aim was to emphasize 

the importance of incorporating highly relevant variables in all theoretical models related to 

digital piracy. As digital piracy research slowly mounts, it is imperative age becomes a 

prominent demographic element in explaining pirating behaviors. Furthermore, including 
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computer-related factors in models can help account for extraneous influences impacting digital 

piracy.    

 

Policy Implications 

Digital piracy is a considerable problem in the United States and establishing who 

engages in this behavior is key to preventing it. With one global estimate exceeding $150 million 

in direct costs, illegally downloading digital files hurts companies and individuals (Anderson, 

2013). Prior literature has helped uncover some characteristics that can be used to identify 

problem populations. However, without considering specific traits of offenders (e.g., age), it will 

be difficult to combat these efforts.  

One policy recommendation involves educating potential offender populations. Since 

research suggests younger individuals tend to pirate more, targeting students could be beneficial. 

Morris and Higgins (2009) suggest that educators could incorporate the risks of digital piracy 

into curricula. Universities may use incoming freshman orientation programs to educate students 

about safe Internet practices, the legal repercussions of digital piracy, and how to avoid engaging 

in cybercrime. Similarly, universities could provide literature related to digital piracy and its 

associated dangers (Higgins et al., 2005). It is important to target younger students, as they may 

be those most likely to engage in the behavior.  

Furthermore, universities may be able to curb digital piracy by offering free and paid 

content (Morris & Higgins, 2009). By doing so, it mitigates the importance of computer 

proficiency by potentially reducing the attractiveness of acquiring digital files through 

illegitimate sources. For example, universities could grant students access to paid music and 

video streaming services. University administration could promote the construction of media 
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libraries, which generally offer a free repository of digital files and increase legitimate access to 

digital information.  

Ultimately, there is still much to learn about digital piracy. Prior literature and the 

findings from this study reveal there is disagreement between which individual-level factors 

contribute to piracy. Piquero’s (2005) asserts there is no better time for private and public groups 

to invest in this type of research. Even organizations with strong lobbying arms, like the RIAA 

and MPAA, could stand to gain from objective and impartial research in this field. Public 

organizations like the National Institute of Justice (NIJ) should have a vested interest in funding 

digital piracy research as it represents a new medium of deviancy.   

 

Suggestions for Future Research 

Age appears to be a commonly found predictor of digital piracy thus far. This factor was 

supported in this study as well as past research (e.g., Piquero, 2005; Piquero & Piquero, 2006; 

Higgins, Wolfe, & Ricketts, 2009; Fetscherin, 2009; Miller & Morris, 2016). Within our 

regression model, younger individuals were much more likely to engage in digital pirating than 

older individuals. Since the majority of piracy studies utilize cross-sectional designs (e.g., 

Simpson et al., 1994; Hinduja, 2001; Higgins 2004; Hinduja & Ingram, 2008; Wolfe & Higgins, 

2009), researchers should begin implementing longitudinal designs to study changes in digital 

piracy behaviors over time. Additionally, it may be best to begin emphasizing theoretical 

approaches that examine the changes in criminal inclinations as a person ages, like life course 

perspectives (Piquero, 2005).  

Moreover, a significant relationship between increased computer proficiency and digital 

piracy is a telling association often disregarded in the literature. This particular finding supports 
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past studies (e.g., Holt, Burruss, & Bossler, 2010; Hinduja & Higgins, 2011; Burruss, Bossler, & 

Holt, 2013) and represents another potential avenue for research. While it is sensible to assume 

those who are more technologically inclined are more capable of engaging in a crime facilitated 

by computer software, this does not capture the whole picture. The excessive infringement of 

intellectual property and rapid development of digital piracy was made possible by computer 

technologies. In the early days of DVD and file sharing, much of the sharing and sales were 

primarily done in person. This crime then transitioned almost entirely into an online medium. 

This digital transition has assuredly made its way over into more traditional crimes, imploring 

the importance of the widespread use of computer-related variables in criminological research 

where applicable.  

The findings in this study suggest gender and race are less prominent factors than initially 

anticipated. Past literature has shown that gender (e.g., Simpson et al., 1994; Sims et al., 1996; 

Hinduja, 2003; Higgins, 2004; Higgins, 2006; Hinduja & Ingram, 2008; Morris et al., 2009; 

Gunter et al., 2010) and race (e.g., Hinduja, 2003; Wolfe & Higgins, 2009) have an effect on 

digital piracy. The primary demographic variables were selected for this study because of their 

broad but inconsistent use throughout the literature. It is necessary for criminologists to build 

necessary demographic variables into digital piracy models. Without doing so, it increases the 

risk of spurious findings. While future studies could include gender and race as control variables, 

age should be considered an important factor moving forward.   

 

Limitations 

There are limitations present in this study. One limitation is the sample population. This 

study used secondary data originally collected from a group of undergraduate college students. 
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Many past studies have used a college sample based in the United States to study digital piracy 

(see Higgins, 2006; Gunter et al., 2010; Hollinger, 1993; Sims et al., 1996; Hinduja, 2003; 

Morris et al., 2009; Hinduja, 2001; Fetscherin, 2009; Higgins & Makin, 2004a; Higgins & 

Makin, 2004b; Higgins et al., 2006; Higgins et al., 2007; Higgins & Wilson, 2006; Higgins, 

2007; Hinduja & Ingram, 2008; Higgins et al., 2009; Hinduja & Ingram, 2009; Morris & 

Higgins, 2009; Wolfe & Higgins, 2009; Morris & Higgins, 2010; Smallridge, 2012; Burruss et 

al., 2013; Miller & Morris, 2016; Higgins et al., 2005; Wolfe et al., 2008; Higgins et al., 2008; 

Ingram & Hinduja, 2008; Hinduja & Higgins, 2011; Chiang, & Assane, 2009; Cockrill & Goode, 

2012; Swinyard et al., 1990; Chiang & Assane, 2007). Despite this widespread use, it is difficult 

to generalize beyond this population. Digital piracy is not a crime solely committed by university 

students as the accessibility to the Internet extends to others with more diverse demographics. 

Since this thesis utilizes a sample of undergraduate students from only one university, it is 

difficult to generalize beyond this specific context. Despite this, student populations are often 

regarded as appropriate groups to sample since much evidence suggests digital piracy is more 

prevalent in an academic setting (Hinduja, 2001). Furthermore, as Piquero (2005) explains, this 

population is also easier for researchers to gather data on. These justifications are valid, but it is 

important that digital piracy is viewed and studied in a larger context.   

This study assumed any reported likelihood of digital piracy to be an indicator of future 

criminality. Though some studies have found a significant link between previous and future 

digital piracy engagement (see Wolfe, Higgins, & Marcum, 2008), this does not necessarily 

mean they will actually engage in the behavior. Moreover, this thesis does not explore the extent 

to which a person is likely to engage in the crime. Some individuals may be more likely to pirate 
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than others. The characteristics of casual downloaders may differ greatly than those who engage 

in the behavior seriously.     

This study does not explore a comprehensive set of variables. The data were collected as 

a part of a larger research project and thus did not include many measures specific to digital 

piracy offending. For example, parental income and employment measures could reveal 

financially related characteristics of digital offenders that could help explain underlying 

motivations (Hinduja, 2001). A complete compilation of digital pirate characteristics requires 

researchers to include a full range of traits and measures. 

 

Conclusion 

This thesis examined basic characteristics of digital pirates using a college-based sample. 

To combat the financial and legal dangers of digital piracy, it is necessary to establish who 

engages in this crime. With an emphasis on gender, race, and age, this thesis analyzed factors 

associated with digital piracy commission. The analyses found age and computer skill level had 

important effects on anticipated digital piracy but other factors (i.e., gender and race) were found 

to be non-significant.  

Digital piracy research aims to find the root causes of illegal downloading behaviors. 

Though theory-based studies examine the underpinnings of this crime, they do not emphasize 

core individual-level features of offenders. In addition to other pertinent factors (e.g., computer 

proficiency), these characteristics are important to establish as understanding who engages in 

digital piracy helps to facilitate why they engage in the behavior. Despite its limitations, this 

study should serve as a foundational effort to promote research that includes necessary and 

relevant individual-level factors. These inclusions can help find direct and potential mediating 
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effects of previously understated variables. Moreover, the preventative benefits are clear in 

higher education. There is value in emphasizing factors like age and computer skill as they serve 

as identifiable factors that can ultimately help explain who engages in digital piracy and why 

they do so.  
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Author, Year Sample DV IV Control Findings 

Swinyard, Rinne, & 
Kau (1990) 

N= 371, 2 universities, a 
major western university in 
US and the National 
University of Singapore  

Software 
piracy 

Cognition/knowledge toward 
pirating software, attitude towards 
copyright laws 

 

Asian students are significantly more likely to pirate 
software than American students; Singaporean students 
more likely to make pirated copies of software.     
 

Simpson, Banerjee, 
& Simpson (1994) 

N= 209, convenience 
sample, business students 

Software 
piracy 13 potential motivating factors 

Demographics (age, 
gender, major, 
religion), 

Gender is significantly related to propensity to engage in 
software piracy. Participants with religious affiliations 
were significantly more likely to pirate software. 
Additionally, males were more likely than women to 
engage in this behavior.  

Sims, Cheng, & 
Teegen (1996) 

N= 340, mix of postgraduate 
and undergraduate, business 
students 

Software 
Piracy 

Correlate study: Gender, age, 
undergrad vs. grad, hours on pc  

Results indicate men more likely to pirate across all 
software types. Additionally, older and graduate level 
students were more likely to pirate than younger and 
undergraduate students. Students who spent more hours 
on computer were more likely to pirate.  

Moores & Dhillon 
(2000) 

N= 243, survey, business 
students at a Hong Kong 
university 

Software 
piracy Gender   

Males between the ages of 21-25 were significantly 
more likely to engage in software piracy compared to 
older age groups. 

Hinduja (2001) 
N=433, undergraduate 
students from large 
midwestern university  

Software 
piracy 

“Overall online pirating behavior,” 
High speed online access in a 
university setting, CD ROM piracy 

Gender, race, age, 
education level, 
discipline, parental 
income, employment 
in hrs  

Evidence suggests a significant correlation between 
high-speed internet access and digital piracy. 
Furthermore, buying, receiving, and borrowing pirated 
software was common through the use of CDRs.  

Rahim, Seyal, & 
Rahman (2001) 

N= 205, computing students 
from Brunei Darussalam  

Software 
piracy 
intention 

 

Gender, income, pc 
ownership, pc 
experience, faculty 
remarks, institutional 
monitoring 

Overall, men reported higher levels of intentions to 
pirate when compared to women.  

Hinduja (2003) N= 507, large midwestern 
university 

Software 
piracy 

Correlate study: Gender, race, 
employment in hrs, age (17-20, 21 
and older), educational level, 
major/discipline 

 

Evidence suggests those who are more technologically 
proficient were more likely to digitally pirate. Asians 
were more likely to pirate. Employment had a null 
effect. There is no significant difference between age 
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Author, Year Sample DV IV Control Findings 

groups. Students classified as seniors were likely to 
pirate more than juniors. Men reported higher scores of 
engaging in piracy compared to women.  

Higgins (2004) N= 318, eastern university Software 
piracy 

Low self-control, moral attitudes, 
software pirating peers/attitudes 

Computer use, age, 
gender 

Multiple regression analysis showed age and gender 
were not statistically significant correlates for engaging 
in software piracy.  

Higgins & Makin 
(2004a)  

N= 318, undergraduates 
from eastern university 

Software 
piracy 

Self-control, attitudes towards soft 
piracy, moral beliefs towards 
software piracy 

Computer use, gender, 
age 

Multiple regression analysis found a significant 
relationship between computer use and software piracy 
but did not find a significant effect for gender/age on 
digital piracy.  

Higgins & Makin 
(2004b)  N= 302, university students Software 

piracy 
Low self-control, moral attitudes, 
software pirating peers/attitudes  

Computer use, gender, 
age 

Bivariate and multiple regression analyses found that 
gender, age, and computer use did not significantly 
impact software piracy.  

Higgins, Wilson, & 
Fell (2005) 

N= 382, undergrads at 
southeastern university from 
fall 2004 

Software 
piracy 

Deterrence (extra legal sanctions), 
low self-control  

Friends that pirate, 
gender, race, age  

Results from OLS regression analysis showed females 
were significantly less likely to pirate than males and 
age and ethnicity variables had no significant effect on 
software piracy. 

Higgins (2006) 
N= 392, self questionnaire, 
college undergraduates, 
eastern university,  

Software 
piracy Low self-control, DA, Definitions,  Gender 

Support for the existence of a gender gap. Men were 
more likely to engage in software piracy than women. 
There is evidence for moderating variables between 
gender and software piracy (e.g., social learning theory).  

Higgins & Wilson 
(2006)  

N= 318 students, eastern 
university from 2003 

Software 
piracy 

Self-control, belief, differential 
association, attitudes 

Gender, age, computer 
knowledge, race, 
major 

Gender, age, computer knowledge, race, and major were 
not shown to have a significant relationship with 
software piracy.  

Mishra, Akman, & 
Yazici (2006) 

N= 162, IT professionals in 
Turkey 

Software 
piracy 

Gender, age, income, education, 
work experience  

Evidence suggests that gender had no significant impact 
on the use and copy of pirated software. Younger IT 
professionals were significantly more likely to use 
illegally downloaded software. Moreover, education and 
work experience had no significant effect on pirating.  
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Author, Year Sample DV IV Control Findings 

Chiang & Assane 
(2007) 

N= 472, two large 
universities in Florida and 
Nevada from 2003/2004 
school year  

Music from 
file sharing 
(i.e., total, 
new) 

Risk variables, university variables, 
risk variables, utility variables, 
innate variables 

Gender, school 
classification, race 

Being male and white or Asian was significantly 
correlated with the likelihood of having copyrighted 
music in their music collection.  

Higgins (2007) 
N= 292, undergraduate 
students from eastern 
university 

Digital 
piracy 
(general 
measure of 
piracy over 
time) 

Low self-control, intentions to 
pirate, gender Peer association  

This longitudinal study revealed men were significantly 
more likely to digitally pirate than women during the 
early stages of the digital piracy process.  

Higgins, Fell, & 
Wilson (2007)  

N= 338 students, eastern 
university  

Intention to 
pirate digital 
movies 
(AKA video 
piracy or 
movie 
piracy) 

Low self-control, differential 
association, definitions, moral 
beliefs,  

Perception of costs of 
movies, previous 
movie piracy 
behavior, and 
demographics (gender, 
age, major, class rank, 
race, and family 
income) 

Multiple regression analysis found age, gender, college 
major, race, and family income did not have significant 
effects on intentions to pirate digital video.  

Hinduja & Ingram 
(2008)  

N= 2,032, survey, 
undergraduate students from 
midwest university 
 

Music piracy Low self-control, ethical beliefs, 
imitation 

Gender, race, age, 
high speed internet 
connection, internet 
proficiency 

Results suggest that males, high-speed internet 
connections, and internet proficiency were significantly 
associated with engaging in music piracy. Age had no 
significant effect.  

Ingram & Hinduja 
(2008) 

N= 2,032, undergraduate 
students from midwest 
university in Fall 2003 

Music piracy Techniques of neutralization 

Peer association, 
attitudes towards 
pirating, gender, age, 
ethnicity, major, 
internet speed, internet 
proficiency  

Researchers found multiple significant bivariate 
relationships between engagement in music piracy and 
the relevant control variables; men, whites, students 
under 21, engineering and communication majors.  

Wolfe, Higgins, & 
Marcum (2008) 

N= 260, college students 
from multiple universities in 
southeastern US  

Intention to 
engage in 
music piracy 

Extra-legal sanctions, deterrence 
responses, low self-control 

Age, sex, race, major 
family total income, 
previous music 
privacy 

Bivariate analysis results found that age, gender, race, 
college major, and family total income did not have a 
significant impact on music piracy. Previous music 
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piracy engagement did statistically predict intentions to 
pirate.    

Chiang & Assane 
(2009) 

N= 472, two large 
universities in Florida and 
Nevada 

Willing-ness 
to pay 
(WTP) for 
digital music  

 
Age, male, ethnicity, 
peer effects, estimates 
of ethics 

Using willingness to pay as a proxy for engaging in 
digital piracy, researchers found that men were 
significantly less willing to pay for music compared to 
women. In regard to race, being white was significantly 
correlated with music piracy.  

Fetscherin (2009) 
N= 785, survey from 
multiple universities in US 
and Switzerland 

Music piracy Risk variables, cultural variables 
Economic variables, 
Demographics (gender 
and age) 

Results showed multiple cross-national comparisons. In 
general, results showed that men were significantly 
associated with increased levels of digital piracy. In 
addition to these findings, age had a significant negative 
correlation with music piracy.  

Hinduja & Ingram 
(2009) 

N= 2,032, survey, undergrad 
students from midwest 
university 

Music piracy 
Social learning variables (offline 
peers and media, online peers and 
media) 

Gender, race, age, 
major, employment, 
internet proficiency, 
internet, variety, 
internet speed 

Bivariate analysis showed being male, white, majoring 
in Communications and Engineering, having higher 
levels of internet proficiency, variety, and connection 
speeds were significantly correlated with music piracy 
engagement.  

Higgins, Wolfe, & 
Ricketts (2009)  

N= 353, self-report survey, 
undergraduate students from 
3 universities in southeastern 
US 

Intended 
digital 
piracy, actual 
music piracy  

Theoretical measures, attitudes 
towards piracy 

Sex, race, major, 
family total income 

Age was a distinguishing feature between actual music 
piracy and hypothetical, scenario based piracy.  

Malin and Fowers 
(2009)  

N= 200, high school 
students from NY 
metropolitan area 

Attitudes 
towards 
movie and 
music piracy 

Self-control, deviant peers Sex, grade 
classification 

Evidence suggests that males were more likely to have 
attitudes favorable to movie piracy and music piracy 
than females.  

Morris & Higgins 
(2009)  N= 585 

Retrosp-
ective digital 
piracy, 
willing-ness 
to engage in 
digital piracy 

Neutralization, social learning, 
microanomie, and self-control 
measures 

Gender, race, 
employment, 
university location, 
parents income level, 
parental education 
level 

Being male was significantly associated with past 
engagement in video piracy (i.e., more illegal 
downloads). This association is also reflected in being 
non-white.  No control measures were associated with 
willingness to engage in digital piracy. 
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Morris, Johnson, & 
Higgins (2009) 

N= 585, Undergraduates 
from 2 universities  

Willing-ness 
to engage in 
digital piracy 
(movie and 
music 
piracy) 

3 main correlates: gender, race, age  

differential 
association, attitudinal 
self-control, 
microanomie (i.e., 
strain stemming from 
self-enhancing values 
over self-transcending 
values), and 
techniques of 
neutralization.  

Results found that there was no significant difference 
between men and women engaging in digital piracy 
when other factors are controlled for. Moreover, 
theoretical models (i.e., differential association, 
techniques of neutralization, microanomie, and self-
control theory) are not moderated by gender. Non-
whites were significantly linked with anticipated piracy. 
Age is controlled for but not discussed.  

Wolfe & Higgins 
(2009)  

N= 337, students from one 
eastern university  

Software 
piracy 

Differential association measures, 
low self-control, ethical 
predisposition  

Age, sex, ethnicity, 
class rank, major 

Men, whites, and respondents closer to 18 than over 25 
were significantly associated with digitally pirating 
software more times in the past month. 

Holt, Burruss, & 
Bossler (2010)  

N= 580, survey 
questionnaire  

Software 
piracy, video 
piracy, 
Cyber 
deviance 

Social learning, differential 
association 

Sex, race, employment 
status, computer skill 
level, class year 
classification  

This study found a significant negative correlation 
between computer skills and gender; this suggests those 
with low computer skills and women are less likely to 
pirate software and video. 
Additionally, students further into their education were 
significantly more likely to pirate compared to those 
with less education. Being Black was negatively 
associated with cybercrime, including digital piracy.  

Moon, McCluskey, 
& McCluskey (2010)  

N= 2571, Korean Youth 
Survey 

Software 
piracy 

Low self-control, opportunity 
measures 

Gender, parental 
income, class rank, 
parental attachment, 
prior computer crimes 

Using negative binomial regression, this study found 
males were significantly more likely to commit 
computer crime and software piracy. Additionally, 
academic rank statistically predicted engagement in 
digital piracy; students with better academic rankings 
were significantly more likely to engage in illegally 
downloading of software online.  

Morris & Higgins 
(2010)  

N= 585, sample collected 
from 2 universities in 
Southern and Eastern US 

Video piracy Social learning definitions, 
neutralization variables  

Gender, age, race, 
academic 
classification, 
university region 

Bivariate analysis revealed non-whites were more likely 
to report engaging in digital piracy (i.e., video piracy). 
Evidence suggests a link between being age and this 
crime, where younger students report more video 
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pirating than older students. Females were also less 
likely to report video pirating.  

Hinduja & Higgins 
(2011) 

N= 2,032, undergraduates 
from large university in 
midwestern United States 

Online music 
piracy 

Sex, race, employment in hrs, age 
(19 or younger, 20 or older), 
education level, living situation, 
internet connection at home, major 

 

Evidence suggests online music pirates are significantly 
more likely to be male, an ethnicity outside of white, 
Asian, or black, and have higher internet speeds. 
Moreover, music pirates were more likely to major in 
the communication, arts, and sciences. Results also 
showed those with higher computer skills and used the 
internet to complete more of their tasks.  

Moores & Esichaikul 
(2011) 

N= 213, Masters level 
students in Thailand 

Buy, share, 
and use of  
pirated 
software  

Gender, age, work experience PC use 

Results showed younger students were significantly 
more likely to share than older students. In regard to 
gender, men were more likely to buy digitally pirated 
software while women are more likely to share 
software. Amongst those with relatively low work 
experience, men were more likely to buy pirated 
software.  

Cockrill & Goode 
(2012) 

N= 482, two subsamples, 1 
combined sample of 
university students in South 
Wales and UK residents 
from general population 

Video piracy  
Behavioral intentions, perceived 
value, perceived harm, ethics, fair 
price 

Gender, age, ethnic 
origin, occupation, 
education, household 
income, marital status, 
number of children 

Linear regression results showed no significant 
correlation between any of the control variables and 
video piracy. However, cluster analysis revealed 
significant differences amongst subgroups; of those 
most serious pirates that pirate at least twice a month, 
73% are between 18-25 and 58% male.  

Smallridge (2012) N= 356, college students 
from 2 universities  

Digital 
piracy 
(softwa-re, 
movie, 
music, and 
PC game) 

Social learning variables 
(differential association, imitation, 
differential reinforcement, 
definitions) 

Gender, employment, 
internet speed, internet 
variety, internet 
proficiency 

Logistic and OLS regression analysis revealed mixed 
results for the gender variable. Women were more 
willing to engage in music piracy compared to men; 
males were more likely to be involved in non-music 
forms of digital piracy than female participants. While 
internet proficiency was not significant, internet use was 
found to have a significant relationship on illegally 
downloading digital files.  
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Author, Year Sample DV IV Control Findings 

Burruss, Bossler, & 
Holt (2013)  

N= 574, large southeastern 
university in 2006 

Software 
piracy  

Social learning theory variables, 
low self-control  

Gender, race, 
employment, age, 
income, computer skill  

Examining direct effects of control variables on 
software piracy, being female was statistically 
negatively correlated with piracy. Moreover, computer 
skill was significantly positively associated with piracy.    

Moon, McCluskey, 
McCluskey, & Lee 
(2013) 

N= 2571, Korean Youth 
Survey 

Software 
piracy 

Self control measures, opportunity 
factors 

Gender, Academic 
performance, parental 
attachment, prior 
computer crime 

Boys were significantly more likely to engage in more 
computer crime, including software piracy 
(downloading illegal software) and illegal use of 
resident registration number. Boys were more likely to 
use a computer more but girls had more access to 
computer technologies.  

Jackman & Lorde 
(2014) 

N= 390, participants from 
Barbados, 15 yrs and older, 
structured questionnaire 

Rate of 
piracy  

Attitudes, perceived consequences, 
education, relativism, income, 
perceived importance  

Age, gender 

OLS regression showed gender and age did not have 
any statistical influence on intentions to pirate. 
Additionally, the more educated a person, the more 
willingly a person was to pirate. 

Miller & Morris 
(2016)  

N= 454 Purposive sample of 
undergraduate students from 
midsize southern university. 
Email survey.   

Digital 
piracy 
(General 
measure) 

Differential associations with online 
peers, definitions, imitation, 
reinforcement with online peers. 
differential associations with 
traditional peers, reinforcement 
with online peers 

Gender, race, 
computer skill  

Gathered from the results of structural equation 
modeling, researchers found being male and younger 
were significantly associated with higher levels of 
digital piracy engagement.  

Tjiptono, Arli, & 
Viviea (2016) 

N= 223 students from 
Indonesia from 4 different 
universities 
 

Attitudes 
towards 
digital piracy 

Gender  

Cognitive beliefs, 
Affective beliefs, 
Perceived importance, 
Moral judgment, 
Machiavellianism  

Using an independent samples t-test, males were found 
to be significantly more likely to favor aptitudes towards 
digital pirating than females.  
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