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With limited state and local funds as well as a growing student population, how elected 

decision makers allocate money to impact college readiness needs to be explored. The purpose of 

this research study was to explore the impact of instructional expenditures on educational 

outcomes. This multivariate multiple regression study specifically explored the impact of 

instructional expenditure ratios and per pupil instructional expenditures of every public school 

district in Texas on student performance college readiness indicators measured by state 

assessments (State of Texas Assessment of Academic Readiness [STAAR] Mathematics and 

English Language Arts [ELA] test scores) and national assessments (American College Test 

[ACT] and Scholastic Assessment Test [SAT] scores) over a 5-year period.  Fifteen different 

regression models were established with various significant predictors of expenditures and 

revenue funds.  These models explained up to 46% of the variance for college readiness scores 

over the 5-year period. 
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CHAPTER 1 

INTRODUCTION 

When the Texas legislature cut $5.4 billion from education in 2011, close to 600 school 

districts joined together to file suit claiming the current state funding system failed to produce an 

adequate education for students in Texas Taxpayers & Student Fairness Coalition, et al. v. 

Michael Williams, et al. (Smith, 2014).  State District Judge John Dietz recently ruled the state 

funding “system to be inequitable, unsuitable, and inadequate,” violating the Texas Constitution 

(Robertson, 2014).  While school officials had hoped the Texas Legislature would be forced to 

rework 30-year-old funding formulas and allocations (Beard, 2015), the state Supreme Court 

unexpectedly rejected the suit in May of 2016.  Court justices ruled the current school finance 

system meets baseline state constitutional standards, but also acknowledged the system is broken 

(Burnette, 2016).  According to Justice Don Willett, the funding system is “undeniably 

imperfect, with immense room for improvement . . . but it satisfies minimum constitutional 

requirements” (Collier, 2016, para. 3). 

Another justice, Eva Guzman, wrote that “good enough now . . . does not mean that the 

system is good or that it will continue to be enough,” adding that a lack of fiscal resources and 

accompanying student performance increases the risk of leaving behind a “perilously large 

number of students” (Collier, 2016, para. 5).  Justice Willett even went as far as shifting the 

responsibility for repair, saying it is not the job of the Texas Supreme Court to “issue edicts from 

on high increasing financial inputs in hope of increasing educational outputs” (Burnette, 2016, 

para. 2).  Essentially, the court system has passed the buck back to the state legislature to remedy 

a defective funding system and improve education for school children in Texas (Ramsey, 2016). 
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This recent controversial case reflected the trend of school finance reform experts making 

equity and adequacy based claims to bring about change.  While reformers historically focused 

on equitable school funding (i.e. more equal fiscal allocations for all districts regardless), the 

Texas Taxpayer lawsuit reflected the most recent approach of reformers seeking adequate 

funding (i.e. appropriate amounts of fiscal allocations that enable certain levels of academic 

performance) for Texas school children.  The emphasis on adequacy was a change from an 

emphasis on equity (i.e. the equal distribution of funds to all school districts regardless of district 

wealth and demographics) in public school funding.  Much of this transition from an equity-

focused context to the current focus on adequacy can be attributed to past litigation in state 

courtrooms (Springer, Liu, & Guthrie, 2009).  This shift began in the late 1980s with Rose v. 

Council for Better Education, Inc., (1989) and continues today with the massive 2013 Texas 

Taxpayers suit involving nearly 600 Texas Independent School Districts (ISDs).  While the 

recent Texas Taxpayers lawsuit is the latest in a long line of school funding litigation that has 

occurred over the past 40 years since Serrano v. Priest (1971) and San Antonio Independent 

School District (ISD) v. Rodriguez (1973), educational stake-holders have found modest 

movement from adequacy-driven reform for school finance, despite the ruling delivered by the 

state Supreme Court.  

During the past three decades, plaintiffs have filed several lawsuits against the state of 

Texas alleging school finance inequity.  Longtime school finance expert attorney David 

Thompson suggests the current litigation differs from former ones due to the larger and more 

diverse number of parties involved who are making “different arguments than the court’s ever 

dealt with previously” (Collier, 2015, para. 12).  These claims alleged the K-12 public education 

system was, for example, a public monopoly cutting out privately operated schools and an 
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“inefficient and over-regulated” unconstitutional system that fails to fund charter and public 

schools in the same manner (Collier, 2015, para. 13).  Despite this recent inclusion of 

privatization into the school funding puzzle, the last 25 years of school funding reform 

historically focused on adequacy and examined the connection between fiscal resource 

allocations and student achievement (Brimley, Verstegan, & Garfield, 2012; Corcoran & Evans, 

2008; Lockridge & Maiden, 2014; Odden & Picus, 2014). 

Recent Background 

While Texas has long been a force in the nation’s history of public school finance reform, 

this reform is not isolated to the litigation front (Collier, 2016).  Several factors have prompted 

the growing call for funding reform.  The reduction in revenue to public school programs during 

the national economic recession of 2008 strained school district budgets (Collier, 2016).  This 

reduction lead to new legislation blurring the focus of educational resource allocation.  Some 

states such as Ohio “have supported the establishment and expansion of entrepreneurial 

education enterprises such as voucher programs and charter schools.  The policies directly and 

indirectly divert resources away from traditional public schools” (Sweetland, 2014, p. 81). 

In Texas, current Lieutenant Governor Dan Patrick, who as a part of his duties sets the 

legislative agenda as leader of the Senate, is an outspoken advocate for using public tax dollars 

for private school vouchers.  Patrick was active in bringing pro-voucher bills to the senate floor 

in 2015 that would limit adequate fiscal resource allocation to public schools.  The biennial 

legislature in 2017 and 2019 most likely will continue to press forward in these same areas, thus 

potentially leaving fewer dollars for public school children.  The stance of former state attorney 

general and now-Governor Greg Abbott towards public school funding further complicates 

matters from both a political and practical perspective.  He argued that schools across Texas are 

3



in a better state than they were 5 years ago thanks to increased funding allocations in subsequent 

legislative sessions, stating that the “bulk of those cuts [since 2011] have been restored to district 

coffers” (Beard, 2015, para. 8).  Unfortunately, it is difficult to connect the restoring of public 

school funding to previous levels with matching results in the area of student performance.  

An important consequence stemming from the 2011 cuts that led to the current lawsuit 

are that those cuts have directly affected student learning.  Many districts either cut teaching 

positions, thus increasing student-teacher ratios, or were forced to return to a more cost-effective 

seven- or eight-period day, abandoning the block schedules that “provided 90-minute class 

periods for deeper dives into curriculum” (Beard, 2015, “Stimulus funds,” para. 8).  Bosworth 

(2014) is one of the most recent researchers to connect smaller class sizes to gains in 

achievement, while Deuel (1999) found similar results for block scheduling impacting high 

school student performance.  Positions for teachers and curriculum support specialists were lost 

as well, and only recently restored to pre-2011 levels, thanks mostly to increased local revenues. 

While the state has increased funding since 2011, most of the dollars used to bridge that gap have 

come from local taxpayers rather than adequate state-level increases to school funding 

allocations (Beard, 2015). 

The fiscal and performance progress claims of Governor Abbott were directly challenged 

by the plaintiffs in Texas Taxpayers (2013), who pointed to the fact that the “TEA [Texas 

Education Agency] has had to lower the bar for several passing scores on the State of Texas 

Assessments of Academic Readiness [STAAR] because a growing number of economically 

disadvantaged (ED) students have been unable to meet standards” (Beard, 2015, “Rich and 

poor,” para. 5).  There also are 90,000 new students coming to Texas schools each year, many of 

whom struggle with English language proficiency or come from low-socioeconomic situations. 
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The cost of educating English Language Learners (ELL) and low-socioeconomic students (SES) 

is typically more than the standard state allocation, thus adding more variables of complexity to 

the Texas public school funding issue (Beard, 2015). 

Educational Inputs and Outputs 

In an examination of the adequacy of school funding in Texas, this study quickly 

identified a key measurement tool of educational inputs over the past 15 years.  That tool has 

been the instructional expenditure ratio (IER), defined as the percentage of total operating 

expenditures a district or campus spends on instructional-related costs, including instructional 

staff salaries, instructional resources and media, curriculum, and library, and staff development 

costs (TEA, 2012).  One notable IER designation, the “65% rule,” especially started gaining 

ground in 2005 (Jones & Slate, 2010).  The 65% standard was established by Patrick Byrne, the 

founder of Overstock.com, who “began to advocate for the issue in 2005 . . . [suggesting] that 

schools need to reallocate their resources to increase classroom spending . . . to 65% of total 

operational budget” (Standard & Poor, 2005, p.1).  Since then educational decision makers 

across the country, including legislatures in Texas, began to adopt this measurement standard 

with the promise of increased student achievement. 

More recently, legislation in Texas called for better postsecondary readiness, mainly 

college readiness as an educational output.  This accompanied the constantly debated issue of 

resource allocation.  A new piece of legislation passed in 2013, House Bill 5, completely 

revamped the way high school students are prepared for postsecondary college and career 

opportunities by introducing the endorsement element to high school graduation requirements 

(TX HB 5, 2013).  All students now must complete 22 credits in the Foundation Program and 

select an endorsement, similar to a major in college, for the remaining credits in a specialized 

5



area of study.  The endorsement piece is intended to better prepare students planning to pursue a 

postsecondary education after high school (TEA, 2013). 

The federal government also furthered the cause for students to be better prepared for 

college or the workforce. The federal budget set by President Barack Obama for the 2013-2014 

fiscal year allocated more funds targeting college and career-readiness endeavors, including a 

reauthorized Carl D. Perkins Career and Technical Education Act that would “seek to ensure that 

all Career and Technical Education [CTE] programs become viable and rigorous pathways to 

postsecondary and career success” (Carl D. Perkins Career and Technical Education Act of 

2006).  Both state and federal decision-makers have also increased expectations for student 

performance measured by postsecondary readiness indicators (Career and Technical, 2013).  

The tension between educators being asked to do more in terms of increasing student 

performance with less in terms of resources is a growing reality (Collier & Ura, 2015).  This 

struggle has reached a tipping point, with a clear need for an updated and permanent remedy to 

funding an adequate education for students in Texas.  While Governor Abbott may claim there is 

no need for education finance reform due to increased funding allocations in the 2013 and 2015 

legislative sessions, the question remains whether these fiscal resources are adequately allocated 

in an impactful manner with regard to student performance.  

Problem of Study 

When lawmakers cut $5.4 billion from Texas public schools in 2011, education funding 

formulas demanded significant attention in subsequent legislative sessions and prompted 

litigation (Smith, 2014).  The implementation of No Child Left Behind’s (NCLB) federal 

replacement, the Every Student Succeeds Act (ESSA) in 2015, along with a newly expanded 

state accountability system in 2012 (TEA, 2014), increased scrutiny over fiscal expenditures and 
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student academic achievement.  Further complicating the student performance piece has been the 

recent addition of the A-F Accountability ratings in Texas.  These preliminary ratings, already in 

place in other states, sent mixed messages across the state, as districts and schools who met 

standard according to their report card were now labeled as D or F in some categories (Swaby, 

2017).  

Historically, it was important to note that Texas ranked in the bottom one-third of states 

when comparing per-pupil expenditures, despite a modest move from 46th to 38th in 2015 

(Stutz, 2015).  However, the slight upslope of this curve did not match the rising steepness of 

state accountability measures that progressed to the next phase in the fall of 2015.  Because 

educational success is defined by measures of student academic achievement (students’ 

performance on state and national standardized tests), a genuine need has arisen for adequate 

funding practices to support the future academic success of young people in Texas.  With limited 

state and local funds, a growing student population, increased state accountability standards, and 

a renewed emphasis on college readiness, it matters how elected decision makers allocate 

money. 

Purpose 

The process of how fiscal resources are allocated in Texas school districts to impact 

postsecondary success needs to be explored.  Specifically, research examining the convergence 

of lagging instructional expenditures in Texas ISDs with increased accountability and college 

readiness mandates is needed to inform state and local policy makers.  The purpose of this 

research study was to explore the impact of instructional expenditures on educational outcomes. 

This study specifically explored the effect of instructional expenditure ratios and per-pupil 

instructional expenditures of Texas public school districts on student performance college 
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readiness indicators on state assessments (STAAR Math and ELA [English Language Arts] test 

scores) and national assessments (American College Test [ACT] and Scholastic Assessment Test 

[SAT] scores).  This study also examined the difference between student performance college 

readiness indicators on state and national assessments as a function of Texas school district 

instructional spending over a five-year period.  In other words, this study explored how money 

allocation impacted student achievement.  

Research Questions 

This study addressed the following research questions:  

1. What is the impact of district-level instructional expenditures on student

performance outcomes as measured by national college readiness indicators on 

SAT and ACT assessments? 

2. What is the impact of district-level instructional expenditures on student

performance outcomes as measured by state college readiness indicators on 

STAAR Math and ELA assessments? 

Conceptual Framework 

The conceptual framework in this study focused on adequate resource allocation (see 

Figure 1.1).  The framework for this research grew out of the shift from equity-based finance 

reform to adequacy-based finance reform, much of which is derived from court litigation.  

Adequacy-based reform seeks to provide the necessary amount of resources so that students can 

be successful.  This reform is tied to cost function models that saw their genesis in the 1980s in 

state legislatures around the country.  The finance reformers involved sought to measure the 

impact of educational inputs on subsequent performance outputs. 
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This study was also greatly influenced by the work of Slate (Cullen, Jones, & Slate, 2011; 

Cullen, Polnick, Robles-Pina, & Slate, 2014; Jones & Slate, 2010; Schulte & Slate, 2011) 

connecting instructional expenditures with performance outcomes. With numerous studies done 

in this area, Slate focused specifically on instructional expenditure ratios (IER) and the 65% rule 

that set a benchmark for a certain portion of resources to be allocated toward direct instruction.  

Byrne first published this phenomenon (2005) before Schulte and Slate (2011) examined IER 

and college readiness for charter schools in Texas.  College readiness as a performance outcome 

has seen renewed attention, particularly due to the recent legislation mandating revised 

graduation plans for Texas high school students steering them toward postsecondary 

preparedness (TEA, 2013; Texas Higher Education Coordinating Board [THECB], 2010). 

However, there has been very little research on public schools’ instructional spending and 

college readiness in Texas.  
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Figure 1.1. Conceptual framework visual.

Studies from the field over the years justify this proposed study.  Researchers have shown 

that fiscal resources are limited and the allocation of these resources is not meeting the needs of a 

changing student population (Arrington, 2010; Diaz, 2008; Glenn, 2009; Houck, Rolle, & He, 

2010; Jimenez-Castellanos, 2010).  These resources historically have not been adequate to 

consistently produce increased student performance levels (Knoeppel, Verstegen, & Rinehart, 

2007; Lee, 2010; Odden, 2000).  
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Assumptions and Limitations 

For the purpose of this study, the researcher made the following assumptions: 

The methods detailed here included the most sensible and appropriate design for this 

particular study.  

For the purpose of this study, the researcher identified the following limitations: 

The study was limited to information collected from the literature review, collection 

instruments, and TEA data.  Some variables may be co-linear and track together once analysis 

was performed.  These included IER and instructional per-pupil expenditures, as well as ACT 

performance and SAT performance.  

Delimitations 

For the purpose of this study, the researcher identified the following delimitations:  

Only non-charter, public school districts in Texas were included in this study.  Data used 

in this study consisted of financial and student performance data from only the 2010-2011 school 

year to the 2014-2015 school year.  

Rationale 

Multiple studies in the last 17 years suggested an impact by instructional expenditures on 

educational outcomes (Alexander et al., 2000; Arrington, 2010; Diaz, 2008; Grissmer, Flanagan, 

Kawata, & Williamson, 2000; Houck et al., 2010; Jacques & Brorsen, 2002; Jaggia & 

Vachharajani, 2004; Jimenez-Castellanos, 2010; Knoeppel et al., 2007; Lance, Rodney, & 

Hamilton-Pennell, 2005; Lee, 2010; Pan, Rudo, Schneider, & Smith-Hansen, 2003; Ram, 2004; 

Rodriguez & Slate, 2009).  As recently as 2014, Jackson, Johnson, and Persico (2014) suggested: 

a 20 percent increase in per-pupil spending each year for all 12 years of public school for 

children from poor families leads to about 0.9 more completed years of education, 25 

percent higher earnings, and a 20 percentage-point reduction in the annual incidence of 

adult poverty. (p. 2) 
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Unfortunately, as of late, while Texas’s student performance accountability standards have 

increased, there has not been an increase in fiscal resources allocated to match.  Challenges with 

funding allocations included inflexibility for district categorical funds, building staff capacity, 

unexpected fluctuations in funding sources, difficulty to increase teacher pay, time as a scarce 

resource, and unfunded mandates from the state and federal level (Pan, et al., 2003). 

 Significance 

It is vital to examine if state and local decision makers, including legislators, local board 

members, and administrators, are efficiently and adequately allocating money in a way that 

affects student outcomes, specifically college readiness indicators.  In the world of education, 

legislatures and local school boards spend significant time focusing on two items: money and 

academic performance.  This study carefully looked at the significance on these two fronts, 

specifically between instructional expenditures and college readiness outcomes.  This study 

could potentially help inform these decision makers on where to specifically allocate dollars that 

may produce increases in college readiness achievement.  

Definitions 

Some key terms referenced in this study are defined as follows:  

Instructional expenditures – fiscal resources spent on direct instruction, including instructional 

and media services, curriculum development, staff development, instructional staff salaries, 

guidance and counseling services (Helvey, 2006). 

Instructional expenditure ratio – the percentage of total operating expenditures a district or 

campus spends on instructional-related costs, including instructional staff salaries, instructional 

resources and media, library, curriculum and staff development costs (TEA, 2012). 
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Per-pupil instructional expenditures – the amount of total operating expenditures a district of 

campus spends on instructional related costs for each student, including instructional staff 

salaries, instructional resources and media, library, curriculum and staff development costs 

(TEA, 2010). 

Student performance outcomes – data measuring student scores on state (the State of Texas 

Assessment of Academic Readiness [STAAR]) and national (SAT, ACT) assessments.  

College readiness – students who possess and can demonstrate “sufficient mastery of key 

cognitive strategies, key content knowledge, academic behaviors, and contextual knowledge” 

would be considered college ready (Conley, 2007 p.18). 

College readiness indicators – data measuring student scores on state (the State of Texas 

Assessment of Academic Readiness [STAAR]) and national (SAT, ACT) assessments. 

Financial adequacy – a working definition of adequacy has been found within the following 

basic parameters: a standard is established, then student skills needed to accomplish the standard 

are identified, and then the state must provide resources for the students to meet the standard 

with the appropriate skills (Boone, 2009).  Leading adequacy researchers Odden and Picus 

(2014) also stress the importance of considering the student population being affected by the 

resource allocation.  Financial adequacy means an appropriate amount of funding for all students 

to meet certain educational outcomes. 

Organization 

This study is organized into five chapters.  Chapter 2 examines existing literature and 

studies related to resource allocation, instructional expenditures, and educational outcomes.  The 

review of the literature included research on adequacy litigation reform, cost functioning models 

to determine adequacy in education finance, instructional expenditure ratios, specifically the 
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65% rule, and fiscal efficiency.  College readiness as a performance outcome was also discussed. 

Chapter 3 is the methods section and discusses the research design, a multivariate multiple 

regression approach to finding the impact of instructional expenditures on college readiness 

indicators over a 5-year period.  Chapter 4 includes the results of the multiple regression and 

analysis of variance statistical tests.  Finally, Chapter 5 discusses the results, conclusions, and 

implications of the study, as well as recommendations for future research. 
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CHAPTER 2 

REVIEW OF LITERATURE 

The purpose of this research proposal was to explore the impact of instructional 

expenditures on educational outcomes, namely instructional expenditure measures of local 

school districts and their impact on college readiness.  This chapter reviewed literature that 

synthesized previous research in four major areas.  First, it examined a history of education 

finance reform as shaped by adequacy litigation.  Next, the chapter provided an overview of cost 

function modeling and appropriate ways to assess adequate resource allocation.  Following this 

was an examination of instructional expenditure ratios for school districts, focusing specifically 

on the 65% Solution as a measure of fiscal efficiency (Will, 2005a).  Finally, this chapter 

considered college readiness and its function as a key performance outcome.  

History of Adequacy Litigation in Education Finance Reform 

Educational reformers historically focused on equitable school funding for all districts 

beginning with Serrano v. Priest (1971).  A shift began in the late 1980’s, as school finance 

reformers shifted their focus from equity to adequacy, where appropriate amounts of funds are 

allocated to facilitate a set level of student performance.  This shift has continued to play a role 

in the landscape of Texas school finance reform today. 

Waves of Equity 

Scrutinizing how education dollars should be spent to maximize the effect on student 

outcomes is really a function of fiscal adequacy.  A comprehensive examination of school 

finance reform must include a litigation piece as part of the context; therefore, it is important to 

examine how adequacy-focused court cases originated.  After the landmark case Brown v. Board 

of Education (1954) opened the door for discrimination suits, school finance litigation found its 

15



real birth with Serrano v. Priest (1971).  This ruling by the California Supreme Court was the 

first of its kind to declare a state formula for distributing school funds to be unconstitutional 

based on equal protection, particularly for low-income districts.  This case, which spanned 6 

years and involved three appearances before the state Supreme Court, brought to light glaring 

inequity between districts’ per-pupil expenditures, per-pupil tax values, and tax rates.  The target 

of the Serrano lawsuit was an inequitable funding system with higher tax rates on lower-valued 

properties in low-income districts that often produced less than half of the revenue wealthier 

districts could collect at lower tax rates (Brimley, Verstegen, & Garfield, 2012). Serrano was 

remanded to the California state Supreme Court and was found to have violated the state 

Constitution only, not the Fourth Amendment of the U.S. Constitution.  This case set in motion 

decades of finance litigation at the state level that has continued into the 21st century. 

In the midst of multiple Serrano (1971) cases, another case emerged as the first and only 

of its kind to be heard by the U.S. Supreme Court.  San Antonio ISD v. Rodriguez (1973) alleged 

that the funding system for Texas public schools violated the equal protection clause of the 14th 

Amendment of the U.S. Constitution.  The Texas school finance system in question relied 

heavily on local dollars collected by school district property taxes based on local property values. 

The taxable value on these properties included significant inequitable disparities from district to 

district, thus prompting the equal protection suit.  San Antonio ISD challenged the funding 

scheme by claiming its underprivileged student population received an unequal education based 

on the gap in property values and resulting per-pupil expenditures. 

In a 5-4 split decision, the U.S. Supreme Court ruled that the Texas system of education 

finance did not violate the U.S. Constitution (San Antonio ISD v. Rodriguez, 1973).  Justice 

Lewis F. Powell and the majority based their finding in two key areas.  First, education, is a right 
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not guaranteed by the U.S. Constitution and therefore not considered a fundamental right, is 

subject to state control.  Secondly, the Texas state funding system did not violate the equal 

protection clause because low-income school districts are not considered individual people, and 

therefore not a suspect class (San Antonio ISD v. Rodriguez, 1973).  Despite this maverick case’s 

rise to and eventual defeat in the U.S. Supreme Court, other states continued to challenge their 

respective state funding systems on the basis of equity until the late 1980s.   

A lack of specificity in determining the targeted resolution proved to be the primary 

limiting issue with equity litigation during this time. These lawsuits rarely stipulated actions that 

would have the capacity to impact student outcomes. The fiscal neutrality approach, an equity 

method, did little to impact educational outcomes, as seen in the Serrano decision following an 

unsuccessful Proposition 13 remedy (Yudoff, Kirp, Levin, & Moran, 2002).  Proposition 13 (Cal. 

Const. art. XIIIa, § 1-7) decreased property taxes and became part of the California Constitution 

in 1978 but did little to bring true equity to school finance reform.  Other concerns about equity 

include loss of local control in spending level decisions, political unreasonableness to raise 

poorer districts’ spending levels, the relationship between tax capacity and tax effort, and 

funding urban districts with greater percentages of students with disabilities.  Overall equity had 

a fairly narrow view, focused only on the inputs in the funding process while neglecting to 

connect reform to outcomes (Yudoff et al., 2002). 

Robinson v. Cahill (1973) preceded historical change in the focus of litigation away from 

equity.  This case was the first to feature an adequacy component in addition to its inequity 

claim.  The adequacy component was based on a clause in the New Jersey State Constitution that 

promised students a “thorough and efficient” education “necessary to fit it for the ordinary duties 

of citizenship [and] . . . provide the minimum education to all children” (Robinson v. Cahill, 
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1973, p. 532).  The state trial court ruled in favor of the plaintiffs that the school finance system 

did not provide enough funds to ensure a “thorough and efficient” education for students.  The 

state of New Jersey appealed, and the appellate court found “the constitutional demand had not 

been met and did so on the basis of discrepancies of dollar input per pupil” (Robinson v. Cahill, 

1973).  This case did little to further establish the adequacy argument because the state “never 

spelled out the content of the educational opportunity the constitution requires” mainly due in 

part to the existing “[weak] correlation between the educational needs of the school districts and 

their respective tax bases suggests any such efforts would likely fail” (Robinson v. Cahill, 1973, 

p. 464).

Subsequent Robinson lawsuits were filed mainly to address these remedies with specific 

timetables, though no meaningful implications resulted.  Some experts see the Robinson cases as 

agenda-setting rather than actually settled by the courts (Yudoff et al., 2002).  That is, these suits 

set the precedent for future cases, forcing the judicial and executive branches of government to 

increase the priority and value assigned to these very public issues in their respective political 

arenas (Yudoff et al., 2002).  After Serrano (1971), San Antonio ISD (1973), and Robinson 

(1973), most equity cases in the 1970s and 1980s prompted little to no progress in school 

funding reform.  The first 20 years of school finance equity-focused litigation gave some traction 

for improvement but with little significant or direct impact on students and outcomes. 

A Shift Toward Adequacy 

During the late 1980s, as fewer education finance suits appeared before the courts, three 

state judiciary systems handed down significant rulings in favor of striking down funding 

systems as unconstitutional at the state level.  All of these adequacy-driven cases focused more 

on the outcomes of funding rather than equalizing inputs.  A case in Texas challenged 
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constitutional language requiring an “efficient” educational protection in addition to claiming a 

violation of the equal protection clause, while the Kentucky Supreme Court utilized this 

emerging idea of educational adequacy as a basis for its school finance reform decision 

(Edgewood v. Kirby, 1989; Rose v. Council for Better Education, Inc., 1989). 

In Edgewood ISD v. Kirby (1989), the Texas Supreme Court found that more than half of 

the money used to fund education stemmed from local tax dollars, and the ratio of taxable 

property wealth across the state was overtly disproportionate.  The lawsuit uncovered that 

Edgewood ISD specifically carried $38,854 in property wealth per pupil while neighboring 

Alamo Heights ISD carried $570,109 in property wealth per pupil.  In Texas at this time, 

spending per pupil for property-poor districts compared to property-wealthy districts ranged 

from $2,112 to $19,333 per pupil, respectively. This disparity created a vicious cycle of higher 

tax rates for low-income districts that still operated with sub-standard educational programs and 

inequitable opportunities for students.  The Texas Supreme Court ruled that these inequities in 

educational spending violated the constitutional requirement to: 

Establish and make suitable provision for the support and maintenance of an efficient 

system of public free schools . . . [demanding there] be a direct and close correlation 

between a district’s tax effort and the educational resources available to it; in other 

words, districts must have substantially equal access to similar revenues per pupil at 

similar levels of tax effort. (Edgewood ISD v. Kirby, 1989, p. 9) 

The language from this ruling served as the baseline of the adequacy argument in school finance 

that made student results from resource allocation a greater priority above simply ensuring an 

equal distribution of funds.  

In 1991, the Texas Supreme Court found in Edgewood II (1991) that the state legislature 

had continued its use of the foundation program found unconstitutional in the 1989 suit.  The 

state argued it would be unreasonable to equalize all districts toward the levels of the wealthiest 
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districts, and if attempted, equalization would quadruple the state’s entire operating budget.  In 

Edgewood III (1992), the Texas Supreme Court overturned another new law attempting to 

establish a statewide property tax, per the Texas State Constitution (TX. Const. art. VIII, pt. 1e). 

Subsequent legislation, Senate Bill 7 (TX SB 7, 1993) or the “Robin Hood” bill, required the 

wealthiest districts to share their property wealth with poorer districts with some choice in the 

method to be used (Edgewood ISD v. Kirby III, 1992).  Wealthy and poorer districts both brought 

suits challenging Senate Bill 7, specifically claiming that the redistribution of funds and the 

continued gap between the two ISDs was unconstitutional.  This again refers to Article VII, 

section 1e of the Texas Constitution that prohibits a state property tax.  Districts filed suit and 

interpreted the Senate Bill 7 type of inter-district sharing as a de facto state property tax. It is 

important to note that in Edgewood IV (1995), the court clarified that an efficient system of 

education does not necessarily mean equal at every level (Edgewood ISD v. Kirby IV, 1995), an 

important distinction between equity-based and adequacy-based claims. 

The Kentucky Supreme Court case Rose v. Council for Better Education, Inc. (1989) 

proved to be yet another monumental adequacy case.  In this case, the court directed the state to 

make significant changes to the funding of the entire educational system.  The court determined 

the General Assembly (legislative branch) fell short of its most important function to provide 

students a proper and adequate education, and that the school system in Kentucky was deficient 

(Rose v. Council for Better Education, Inc., 1989).  The court went on to declare that in order for 

the state to meet its primary objective, the schools “must be adequately funded,” as the court 

ordered the state to “recreate and redesign a new system that will comply with the standards we 

have set out” (Rose v. Council for Better Education, Inc., 1989, p. 25).  Interestingly, the court’s 

remedy proved to ultimately be a deferment.  The court followed its order by stating that, 
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We do not instruct the [state] to enact any specific legislation.  We do not direct [the 

state] . . . to raise taxes.  It is [the state’s] decision how best to achieve efficiency.  We 

only decide the nature of the constitutional mandate…[and] the intent of the framers.  

Carrying out that intent is the duty of the [state]. (Rose v. Council for Better Education, 

Inc., 1989, p. 25)   

This case was the first suit of its kind to find an entire state education funding system 

unconstitutional based on the adequacy argument, as defined by students’ mastery of skills and 

the state’s responsibility to ensure this mastery is demonstrated.  Again, this case helped shift the 

focus from input-oriented, equity-based suits toward the outcome-oriented, adequacy-based ones. 

In a similar fashion, plaintiffs in a third breakthrough case heard by the New Jersey 

Supreme Court, Abbott v. Burke (1990), challenged the court to determine “whether [financing] 

was sufficient to support the entire systems and its goal of achieving a thorough and efficient 

education throughout the state” (Abbott v. Burke, 1990, p. 312). The New Jersey Supreme Court 

noted that more money, if not accompanied with legislative reform, would not accomplish this 

objective.  The court argued that “the remedy must be systematic,” so that significant social and 

economic reforms beyond the capacity of the school district are needed.  However, the court 

added, “even if not a cure, money will help, and that these students are constitutionally entitled 

to that help” (Abbott v. Burke, 1990, p. 374). The court primarily sought to increase funding 

where deficient, rather than equalize funding across districts. The New Jersey Supreme Court’s 

ruling proved to be far more detailed and direct than previous cases that approved legislative 

solutions.  Abbott required an explicit plan of expenditures, and new educational systems and 

criteria (Abbott v. Burke, 1990), again raising the standard with regards to the potential of 

adequacy suits to affect real change for students.  These suits, along with other cases over the 

past 25 years, have helped shift school finance reform from input-focused to output-focused 

litigation, centered on providing adequate funds to increase student achievement. 
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Establishing the Connection to Student Performance 

Several researchers validated the connection between adequacy litigation and student 

performance in the last 10 years.  Glenn (2006, 2009) conducted two studies authenticating some 

level of impact of adequacy litigation on student achievement.  His 2006 study focused 

specifically on the relationship between adequacy suits and performance outcomes for African 

American students and concluded adequacy-based legal action can contribute to improved 

academic results for this group (Glenn, 2006).  He cautioned not to solely lean on adequacy 

litigation but recommended coupling it with desegregation lawsuits to maximize effectiveness, as 

the court did in Sheff v. O’Neill (1996) in Connecticut.  Glenn’s (2006) study shows “the 

combination of increased resources and school integration might enable students to realize 

greater educational benefits than could be obtained by either approach operating in isolation” (p. 

75).  

In another study, Glenn (2009) sought to understand the value of waging war on funding 

through court reform.  This study examined the impact of adequacy lawsuits on student 

achievement in order determine the practical benefits of an approach of litigation for improving 

adequate funding, specifically the connection between student achievement and the results of a 

lawsuit from the plaintiff’s perspective.  Glenn (2009) used the Early Childhood Longitudinal 

Study, Kindergarten Cohort to gather data, and then conducted a linear regression model to 

compare increases in student achievement data by subgroup to litigation outcomes.  This study 

had results similar to previous studies, finding that adequacy litigation may promote improved 

outcomes for children specifically from low-socioeconomic status backgrounds when the 

plaintiffs were favored (Downes & Figlio, 1998; Glenn, 2006, 2008).  Glenn (2009) concluded 

that successful litigation is not an end-all solution to adequacy concerns but can be a critical 
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piece of a comprehensive approach to provide adequate funding for students to achieve 

appropriate outcome levels on state assessments and other progress-reporting measures when 

combined with other forms of reform. 

Warth (2012) conducted another study in Washington state to address levels of resource 

allocation and student outcome considerations after the state Supreme Court ruled in favor of the 

plaintiff in the adequacy case McCleary v. State (2012).  The state began a school prototype 

model of adequacy funding, and this study provided insight into litigation’s impact in terms of a 

certain degree of student performance that could be expected.  Warth’s (2012) research found 

that “courts and scholars alike have been careful to specify that the equality of outcomes 

associated with adequacy is an equality of opportunity for certain outcomes, not a guarantee of 

outcomes” (p. 15).  Warth (2012) also stated, “an adequate system should remove barriers to 

student achievement, but is still the individual student taking advantage of opportunities that 

determines the outcome” (p. 15).  In terms of measuring substantial impact on student outcomes, 

Rubenstein et al. (2007) and Iatarola and Stiefel (2003) observed that while schools with 

higher population of low-income, special education, or English Language Learners (ELL) 

status students may receive more funding, these extra funds often go towards smaller 

class sizes with less experienced and lower quality teachers, thus lessening the funds 

impact on student achievement. (Warth, 2012, pp. 34-35) 

In a similar study, Lockridge and Maiden (2014) found that adequacy litigation could 

impact the performance outcomes for certain minority populations but not typically students in 

low-socioeconomic situations.  Lockridge and Maiden’s (2014) study also highlighted adequacy 

litigation’s capacity for reform as more effective than legislative changes due to smaller amounts 

of risk from a political perspective.  The research of Boone (2009), a leading education finance 

expert, differed from these studies.  Boone (2009) found that while adequacy-based court reform 

impacted the shift in general philosophy and focus for education finance, the student 
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performance piece is typically a part of a larger, more complex social issue.  He found that 

allowing a court to decide the fate of state funding reform could prove to be deficient because 

finance reform that impacts student performance may require a more comprehensive course of 

action (Boone, 2009).  Boone (2009) concluded that adequacy litigation arguments are holding 

hostage the more thorough yet difficult legislative and executive branches where these types of 

decisions were intended to be made, and thus might be best reserved for processes outside of the 

legal system in order to produce increased student performance. 

At the end of more than four decades of school finance litigation, there has been 

considerable progress in reforming funding systems from a macro level.  As of November 2010, 

44 state supreme courts have heard challenges to their education funding system.  Overall, the 

high court in 27 of those states ruled for the plaintiffs (districts suing the state over inequitable or 

inadequate school funding), while 17 of those courts handed down rulings that favored the state. 

Kentucky, Massachusetts, and Vermont demonstrated the quickest turnarounds in response to an 

adequacy-based ruling, resulting in effective reform implementation to restructure adequate 

school finance systems (Brimley et al., 2012).  Simon-Kerr and Sturm’s (2009) research 

validates these historical outcomes, as they found that adequacy-based “litigation has achieved 

huge reforms in education funding across the country” (p. 3).  Corcoran and Evans’s (2008) 

research found similarly steady, though not immediate, and measureable impact over time, 

particularly in poorer school districts.  These districts saw an increased level of spending and 

per-pupil revenues mainly made up of state dollars (Corcoran & Evans, 2008). 

While many studies have examined the impact of adequacy litigation with varying 

results, overall, these types of lawsuits have generally produced more meaningful education 

finance reform with the potential to impact student outcomes than any equity litigation could in 
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the 20 years preceding 1989 (Buszin, 2012; Glenn, 2006; Glenn, 2009; Glenn & Picus, 2007). 

Most research concludes there is some level of impact from adequacy-based litigation on student 

achievement (Buszin, 2012; Dishman & Redish, 2010; Glenn, 2006; Glenn, 2008; Glenn, 2009; 

Lockridge & Maiden, 2014; Springer et al., 2009).  As education stakeholders move forward to 

await future state court rulings, it is clear the target for finance reform must stay output-focused 

on how more adequate dollars can produce greater performance. 

Measuring Adequacy in Context and Cost Function Models 

Determining an adequate threshold of funding is a critical piece of the school finance 

reform discussion.  Looking at the context for adequate funding levels and the variables precedes 

selecting a model.  There are several models used to determine adequate cost function as it 

relates to performance outcomes. 

Determining a Context for Adequacy 

Boone (2009) found a working context of adequacy in school finance reform within the 

following basic parameters: An academic standard is established, student skills needed to 

accomplish the standard are identified, and then the state must provide enough resources for the 

students to meet the standard with the appropriate skills.  Leading adequacy researchers Odden 

and Picus (2014) also stress the importance of considering the student population being affected 

by the resource allocation.  Basically, financial adequacy must exist in a context where an 

appropriate amount of funding allows students to meet certain educational outcomes.  Odden 

(2003) suggests that while: 

An “adequate for most” system may result in a horizontally equitable funding system, 

with equal revenue distribution, it will not achieve equal student outcomes . . . . An 

adequate system should achieve horizontal equity of student outcomes, or outputs, by 

providing vertically equitable inputs. (p. 126) 
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Simply equalizing inputs does not produce equally adequate levels of student achievement; the 

make-up of the tested population must be a determining factor for the impact level resource 

allocation has on student performance.  

Comparing different aspects of equity-based and adequacy-based studies could help 

determine the appropriate context for an adequacy-based allocation study.  Lee’s (2012) study, 

that targets the implications of equity and adequacy reform on achievement gaps, particularly 

national math standards, found that equity-based gaps are relative in nature due to smaller 

margins of resource amounts while adequacy-based gaps are considered absolute and much 

larger.  Odden (2003) affirms this research, as he found equity will likely improve as districts 

strive for adequacy when the emphasis is placed on equalized student outcomes rather than fiscal 

inputs. 

Another study by Sweetland (2014) showed that equity and adequacy could work against 

each other.  He found that when programs sought to increase adequacy in school funding, they 

simultaneously increased the equity gap between the haves and the have-nots (Sweetland, 2014). 

This has not always been the case, however, as seen in other states such as Ohio.  Pittner, 

Carleton, and Casto (2010) conducted a study in Ohio, which, much like Texas, provides no state 

money for facilities, leaving new school construction to fall squarely on the shoulders of local 

taxpayers.  While this equity-based case study related to local tax value and income level, an 

appropriate connection could be made related to the adequacy of educational opportunities and 

programs (Pittner, Carleton, & Casto, 2010).  Again, while there is some value in reform seeking 

equal levels of funding, adequate-focused change provides a more holistic impact on potential 

student performance, particularly when the target population is considered in determining 

resource allocation (Knoeppel et al., 2007; Rodriguez & Slate, 2009).   
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Adequacy Models Used to Determine Cost 

Once the overall context of examining adequacy in Texas education finance reform is set 

in place, the next step is to look at different models used to identify the cost of an adequate 

education for students.  Even though Boone (2009) suggests there is no dependable, non-

subjective method to identify an adequate cost for educating students successfully, there are 

several methods researchers and legislatures use to attempt a cost determination.  One model that 

has seen an increase in usage is the evidence-based model (EBM).  The EBM seeks to use tested 

strategies and interventions for select populations of students to achieve holistic campus 

improvement (Wood & Rolle, 2007).  In Ohio, however, several districts and studies examined 

the foundation-funding model that lacked a relationship between student educational needs and 

appropriate funding.  The DeRolph (1997) litigation consisted of four rounds of lawsuits from 

1997 to 2002, after which the state began to use the EBM to establish that connection between 

educational needs and resource allocation (Pittner et al., 2010). 

Until the 21st century, many states’ school finance formulas lacked both a concrete 

method for creating a system that meets the growing needs of all students as well as a reasonable 

way to determine the cost of meeting such needs.  The adequacy standard in the EBM model is 

based on eight components and seeks to fund based on educational need determined by district 

demographics.  Pittner et al.’s (2010) study assigned each school an educational challenge factor 

determined by three aspects: district per-pupil property value and adjusted income, district adult 

college attainment level, and the percentage of economically disadvantaged students.  Though 

still flawed with elements of assumed equitable proportions of disadvantaged student 

populations, the state is better off with the EBM rather than the previous foundation program 

27



(Pittner et al., 2010).  Odden’s research (2000, 2003) also favors evidence-based models that link 

spending on certain programs directly to student success.  

 The professional judgment model (PJM) is another closely related cost function model 

used to calculate an adequate amount of allocated funds set to produce certain levels of student 

achievement.  The PJM brings together a large sample of expert educators to establish school 

prototypes that are then used to set adequate funding amounts for all student to succeed. 

However, multiple researchers believe the PJM along with the EBM are flawed (Hanushek, 

2007; Wood & Rolle, 2007).  Hanushek (2007) points to the “chicken or the egg” dilemma as 

source of the shortcoming for these models because they often fail to properly identify the target 

of the reform.  If funding levels do not produce the desired student outcomes, Hanushek (2007) 

emphasizes that it could be unclear whether it is the level of funding or programs that need to be 

adjusted.  That is why he, along with Wood and Rolle (2007), found that PJMs also are 

potentially flawed.  These experts discovered that PJM models often use too few participants and 

question only a handful of educational leaders, instead of a vast majority.  However, when a pre- 

and post-survey panel of experts accompanies a PJM, there is typically an increase in validity, 

higher spending, and a greater potential impact on student performance (Wood & Rolle, 2007). 

Two other models used to determine the cost of an adequate education for students 

include the statistical analysis model (SAM) and the successful schools model (SSM).  The SAM 

looks at educational resources and the cost of achieving specific targeted outcomes, thus making 

it necessary for policymakers to establish and work with “explicit, measurable outcome goals” 

(Wood & Rolle, 2007, p. 51).  The SSM assumes that some schools are able to perform at high 

levels with a particular level of funds, and then applies an adequate spending level based on a 

cohort of schools to student outcome data such as attendance, test scores, and dropout rates 
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(Wood & Rolle, 2007).  Wood and Rolle (2007) rated SSM as the best model, followed closely 

by SAM, mainly due to applicability for state law-makers reforming funding formulas.  Wood 

and Rolle (2007) particularly like SSM and SAM because “a state legislature could produce a 

targeted expenditure that should be sound and reflect the present state of knowledge in funding 

public [education]” (p. 53). 

This type of legislating falls directly in line with the aim of adequacy-based finance 

reform, targeting appropriate levels of allocation based on producing pre-determined levels of 

student performance.  However, researchers caution the SSM and SAM models must not be 

driven by available resources but by overall student need (Wood & Rolle, 2007).  Again, this 

research emphasizes the concept of output-focused finance reform rather than input-focused 

reform. 

A few limitations exist in terms of the implementation of different cost function models. 

First, all education finance formulas assume that resource allocations can close the gaps in 

socioeconomic levels of students, and thus seek to find the right balance between student needs 

and community resources (Wood & Rolle, 2007).  Second, actual calculation of an increase 

needed to meet adequate spending and learning levels shows just how much education finance 

reform has to grow.  Lee (2012) found that to meet the national math proficiency standards 

according to the National Assessment of Educational Progress (NAEP), per-pupil spending 

needed to increase nearly 11%, a significant jump for any state or local school district budget to 

recover. 

Another multi-district cost study by Verstegen and Whitney (2007) discovered the 

complexity of implementation as the third limitation.  This study identified numerous variables at 

play when accurately determining adequate levels of funds needed to produce learning outcomes. 
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These variables include: school district enrollment, teacher pay, district staff professional 

development, preschool programs, and the existence of community social services (Verstegen & 

Whitney, 2007). 

Even with these limitations and variables in effect, it remains important for legislatures 

and educational leaders to consider utilizing aspects of all four models.  Instead of choosing just 

one model that will support increased state educational spending, the aim continues to be to 

implement a cost function model that will positively impact student performance (Wood & 

Rolle, 2007).  Examining different models to determine adequate fiscal allocations that could 

potentially affect student college readiness is an important step for policy makers to consider. 

Instructional Expenditures and the 65% Solution 

Many state legislatures and local school districts have begun to pay close attention to how 

they specifically allocate funds in light of adequacy-driven litigation and specific cost function 

models used to determine adequate spending levels.  The connection between resource allocation 

and student performance outcomes emerged as a natural progression of these lines of studies.  

Several standards have been used over the years to benchmark funding levels and their 

subsequent impact on student achievement.  

Instructional Expenditures and Student Performance 

A growing number of studies in the last 15 years have explored the relationship between 

instructional allocations and student performance.  Pan and colleagues (2003) helped build the 

foundation with an extensive study for the Southwest Educational Development Lab that sought 

to connect spending to student achievement.  They found higher performance levels when 

districts “reallocated resources away from administrative and non-instructional areas” (Pan et al., 

2003, p. v), and were able to implement “creative and effective application and allocation of 
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monetary, staff, time, physical, and parent/community resources” (Pan et al., 2003, p. vii).  Best 

practice resource allocation strategies include: (a) effectively allocating monetary resources with 

a needs-based, site-based prioritized and targeted spending; (b) increasing the capacity of the 

staff’s knowledge and skills, willingness, and ability to adapt; (c) time is crucial to improving 

student outcomes in the areas of professional training and collaboration time for staff; (d) 

physical resources (technology and facilities) indirectly impact student performance; and (e) 

growing parent/community involvement can impact school and student performance (Pan et al., 

2003).  This was one of the first studies to detail specific areas resources should be allocated to 

maximize the impact on student achievement (Pan et al., 2003).   

Nguyen-Hoang (2014) took a little different take on instructional expenditures, as one of 

the first to examine how school district income tax revenues were allocated as instructional 

expenditures in Ohio over a 20-year period from 1990 to 2010.  This study utilized a reduced-

form expenditure function and found that over that time period, about a fifth of revenue was 

designated for operations with the rest for capital projects and/or reducing property tax rates 

(Nguyen-Hoang, 2014).  The study was then able to break down the 20% designated for 

operations funds and found the state “spent four-fifths of this $0.20 on instructional services that 

are likely to induce gains in student achievement” (Nguyen-Hoang, 2014, p. 38).  Though this 

was not solely an analysis of instructional expenditure, the instructional spending proportion 

component of this tax revenue breakdown supports the concept of valuing targeted instructional 

expenditures and potential academic gains. 

Another study by Baker and Levin (2014) made a significant contribution to the literature 

with an evaluation of Pennsylvania’s education finance system.  They found significant gaps 

between current public school spending levels and what the state defines as adequate while 
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comparing high poverty districts with low poverty districts (Baker & Levin, 2014).  Not only do 

resource gaps exist, but they also are connected to gaps in student performance, specifically in 

fourth- and eighth-grade math and reading NAEP scores (Baker & Levin, 2014).  There was a 

“200-point deficit in SAT scores,” along with lower math and reading proficiency rates on state 

tests (Baker & Levin, 2014, p.14).  Four other researchers point toward a growing connection 

between instructional spending and an impact on state-level student outcomes (Arrington, 2010; 

Houck, et al., 2010; Jimenez-Castellanos, 2010; Lee, 2010), while two significant national 

studies showed the same connection across multiple states (Pan, et al., 2003; Ram, 2004).  

Della Sala and Knoeppel (2015) produced significant research examining the alignment 

between state finance systems and state accountability systems measuring student performance.  

Concerned at the lack of alignment between these two structures, this study found a lack of 

equity in nine states studied regarding financial inputs and student performance outputs.  This 

“opportunity gap” label they created continues to plague multiple states even after years of 

education finance reform (Della Sala & Knoeppel, 2015).  

Beginnings of the 65% Solution 

In 2005, Texas began to report school districts’ instructional expenditure ratios on their 

annual accountability ratings shortly after passing into law a requirement for districts to move 

toward a certain instructional expenditure threshold (TEA, 2014).  State lawmakers saw value in 

requiring districts to spend at least 65% of their expenses on instruction, convinced there were 

academic benefits tied to the standard.  This proportion is referred to as the instructional 

expenditure ratio (IER). 

The IERs became a popular aspect of education finance due in large part to 

Overstock.com CEO Patrick Byrne in 2005.  Byrne was the first to suggest a redistribution of 
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public school dollars where at least 65% of available funds were directed toward instructional 

expenditures (Standard and Poor, 2005).  Scholar George Will, though, was the first to coin the 

term “the 65% solution” in The Washington Post later that year (Will, 2005a) as he attached the 

promise of improved achievement as a result (Will, 2005b).  Many states began to take notice, 

including Texas.  Former Texas Governor Rick Perry introduced legislation in 2005 giving 

school districts in Texas a 3-year window to implement this fiscal allocation benchmark. 

Unfortunately, in 2009 the mandate was removed because “many districts never reached the 65% 

standard over the course of the 3-year phase-in period . . . . in fact, the same number of school 

districts, 153, had 65% or higher IER in 2006 than in 2010, when the mandate was removed” 

(Cullen et al., 2014, p. 20). 

Only 18% of the 800 districts analyzed met the standard.  This is most likely due to lack 

of consequences for not meeting the standard, while a large portion of districts with high student 

achievement results failed to meet the 65% level (Cullen et al., 2014).  Even though this mandate 

was officially removed from the Texas Education Code in 2009, the 65% standard is still 

considered an acceptable practice in districts across the state. The updated accountability rating 

system introduced in 2014 continues to include IER as a piece of the required reporting, as many 

districts still seek to land somewhere near the 65% threshold (TEA, 2014). 

Instructional Expenditure Ratios Impact on Outcomes 

There are several studies that specifically looked at how IERs impact educational 

outcomes.  Helvey (2006) set out to determine the relationship between Texas Assessment of 

Knowledge and Skills (TAKS) scores and three different measurements of instructional 

expenditures: the instructional staff percent (ISP) for Texas’s instructional expenditure ratio 

(TIER), and the National Center for Education Statistics [NCES] instructional expenditure ratio 
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(NIER).  Helvey (2006) found that low to moderate correlation existed between ELA TAKS 

scores and the ISP and TIER, at both recommended and commended performance levels.  In all 

tests, a significant relationship existed between ISP and TIER with TAKS results, while the 

NIER had low correlation and statistical insignificance in three of four analyses.  Helvey (2006) 

noted that the ISP and TIER were the only ratios that included instructional staff development, 

curriculum development, guidance and counseling, and instructional media services.  These 

appear to be critical components of the two most significant measurement pieces (Helvey, 2006). 

Another study by Slate (Rodriguez & Slate, 2009) found a connection between instructional 

expenditures and Texas accountability ratings of higher performance, a broader measurement of 

student achievement.  

Another study sought to determine the extent to which student achievement might differ 

as a function of district instructional expenditure ratios, specifically in core subject areas, and 

how consistent student achievement was in these content areas across ethnic groups. Jones and 

Slate (2010) used Texas Academic Excellence Indicator System (AEIS) data from the 2007-2008 

school year and found a statistically significant difference in achievement in the core tested areas 

for schools spending at a 60% IER or higher than those spending less than that level.  They also 

found a clear relationship between sub-population student performance and expenditure ratios 

for instruction (Jones & Slate, 2010).  The findings of this study differed from previous studies 

that used a flat 65% IER threshold for comparing achievement impact (Jones & Slate, 2010). 

Those studies found little correlation between those two factors.  However, those 

previous studies did not look as closely at sub-populations, ethnic groups, and individual core 

subject area test results (Jones & Slate, 2010).  Jones and Slate (2010) specifically measured 

three different levels of spending ratios (below, at, and above 65%) and how they impacted 
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student performance across ethnic populations.  Statistically significant differences were 

recorded for schools that spend greater than 60% of their resources on instruction in their student 

performance, compared to those who spend below that level (Jones & Slate, 2010).  The poorest 

passing rates for all ethnic groups were found when less than 60% of expenditures were tied to 

instruction (Jones & Slate, 2010). Effect sizes ranged from small to moderate, again suggesting 

that 60% might be a better standard for an instructional expenditure ratio than the 65% 

benchmark, particularly with sub-group populations (Jones & Slate, 2010). 

Cullen, Jones, and Slate (2011) expanded on those previous studies when they suggested 

the 65% ratio possibly was too high.  Their study looked closely at the IER’s impact on state 

assessment passing rates across ethnic groups and found that districts that spent less than 60% of 

their budget on instructional related expenditures had statistically significant lower scores than 

districts with an IER of 65% or more except for Hispanic students on their reading scores (Cullen 

et al., 2011).  The greatest difference of means was found in white students taking science, math, 

and social studies.  Based on these findings, it is possible the 60% benchmark may be a better 

standard than the previously touted 65% ratio (Cullen et al., 2011). 

In fact, this study’s findings are consistent with Jones and Slate’s (2010) findings, and 

thus provide added support to the notion that “monies allocated for instructional expenditures are 

related to student achievement” (Jones & Slate, 2010, p. 14).  These studies marked a growing 

trend in the last 6 years to measure instructional spending as an IER when seeking to quantify the 

impact on student academic performance.  This same period also has seen more specificity in 

targeting certain areas of student performance.    
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While college and career readiness have functioned as aspects of student performance for 

some time, recent research and legislation has brought them into more focused areas of 

measurable achievement outcomes.  A report by the College Board showed that the United States 

slipped from first to 12th in ranking 25- to 34-year-old adults with postsecondary degrees (J.W. 

Lee, 2010).   Another study showed opportunities for employment increase dramatically with a 

college degree, and cut the volume of unemployed or underemployed adults in half from 2007 to 

2010 when compared to individuals with just a high school degree (Greenstone & Looney, 

2011).  A study by Owen and Sawhill (2013) connected college degrees earned and individual 

earned income, showing great capacities in potential income earned for college degree holders 

compared to non-degree holders.  Median earnings for those with a college degree also have 

shown to increase to a much greater degree than those without that degree (National Center for 

Educational Statistics, 2011).  The potential impact of a college-degreed workforce has caused 

states to examine the college preparation occurring at the K-12 level.  

While Texas has always been a leader in the academic accountability movement, the state 

began to narrow its focus toward college readiness in the last decade (TEA, 2004).  In 2006, 

Governor Rick Perry signed into law a college readiness program purposed to ensure Texas 

students were college ready and prepared to excel in a global economy (Texas Administrative 

Code [TAC], 2006).  The state pursued this end through increasing the rigor of high school 

curriculum by requiring all students beginning in 2007-2008 to take an additional year of science 

and math, thus decreasing the number of students needing to enroll in first-year college leveling 

courses that did not apply to degree hours (Office of the Governor Rick Perry, 2008). 

In addition to this legislation, the Texas Higher Education Coordinating Board (THECB) 

and the TEA created new College Readiness Standards (CRS) in 2008.  These standards set out 

College Readiness as a Performance Outcome 
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to properly align high school and higher education curricula, as well as raise expectations and 

achievement potential for Texas high school students (THECB, 2010).  Furthermore, House Bill 

5 from the 2013 legislative session added the endorsement piece as a graduation requirement 

with the intent of increasing college readiness (TEA, 2013).  House Bill 5 (Texas HB, 2013) 

requires students essentially to choose a major in high school that will focus their course 

selection into a postsecondary career pathway. 

Connecting Expenditures and College Readiness 

While there is increasing literature on college readiness, unfortunately there is not much 

literature concerning the connection between instructional expenditures and college readiness of 

public schools as an educational outcome.  Moreover, even fewer studies quantify instructional 

spending as IER.  In fact, Schulte and Slate (2011) produced one of the few empirical studies on 

resource allocation that included IER along with college readiness as a dependent variable. 

These researchers wanted to determine whether charter school expenditures were related to 

college readiness rates in ELA and math across various levels of instructional expenditure ratios 

(<60%, 60-65%, and >65%) and demographics (Schulte & Slate, 2011).  Their study produced 

important educational findings of note, none more important than a statistically significant 

relationship between the different instructional expenditure ratios and college readiness in ELA, 

math, and both subjects (Schulte & Slate, 2011). 

While there was no statistically significant relationship between ratios and college 

readiness for African American or white students, there was a statistically significant relationship 

found to exist between expenditures and Hispanic student ELA and math college readiness rates, 

but not both (Schulte & Slate, 2011).  The same relationship was found for economically 

disadvantaged students, with a statistical significance in the areas of ELA and math, but not both 
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(Schulte & Slate, 2011).  As for at-risk students, there was a statistically significant relationship 

found between instructional expenditure ratios and ELA college readiness only (Schulte & Slate, 

2011).  The authors noted there was very little research on targeted spending for certain functions 

and the ensuing effect on non-tested results (i.e. college readiness) thus creating a great need for 

more research in this area (Schulte & Slate, 2011).  

With scarce empirical research in this area, there also have been only a few dissertations 

written in the years since Schulte and Slate’s (2011) study looking at the connection between 

instructional expenditures and college readiness.  Franklin’s (2012) research analyzed 

instructional spending’s impact on college readiness indicators.  She examined per-pupil 

expenditures for most K-12 public school districts and the resulting percentage of students 

meeting college readiness standards on state assessments (Franklin, 2012).  Although no 

statistically significant relationship was found between these two variables, the research still 

validated a need for further studies on college readiness implications (Franklin, 2012).  Lamers 

(2014) specifically looked at per-pupil spending and its impact on ELLs, low SES students, and 

students with high mobility rates through a campus comparison analysis.  No clear connection 

between resource allocation and student achievement was shown, but the research did suggest 

other variables may have a greater influence on performance outcomes (Lamers, 2014).  

Cullen’s (2012) dissertation research set the stage for her participation in future studies 

examining expenditures and student performance.  Part of this statewide Texas study sought to 

determine whether there was an impact on student achievement based on school district 

instructional expenditure ratios (Cullen, 2012).  Setting the pattern for much of her other 

published research, this study used IER as the independent variable and suggested statistically 

significant results of increased student performance in five content areas (Cullen, 2012).  Effect 
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sizes related to IER increases and subsequent impact on achievement ranged from small to large 

over a 5-year period (Cullen, 2012). 

McGee (2015) continued to expand the research field by examining Texas Early College 

High Schools (TECHS) per-pupil expenditures and instructional expenditures’ impact on the 

percentage of college-ready graduates at those schools.  He found a statistically significant 

negative relationship between the two expenditure variables and their student outcomes (McGee, 

2015).  While these four studies examined different variables, none of them looked specifically 

at the connection and differences between instructional expenditures and college readiness 

measured by state and national assessments over a 5-year period in Texas.  There is even less 

literature that examines instructional spending’s connection to performance on national 

standardized tests like the SAT and ACT.  Yet these four recent studies do validate the need for 

further examination into connecting spending to college readiness as a performance outcome.         

Summary 

The culture of education in Texas is following other states and witnessing the impact of 

an adequacy-focused financial reform, with the potential for significant impact on student 

outcomes.  As state demographics shift, particularly with an increasing number of minority and 

low-socioeconomic students (Collier & Ura, 2015), and accountability increases, it is necessary 

for Texas to continue developing a system of school funding that is adequate.  Moving forward, 

adequacy will continue to play a major role in identifying appropriate levels of resources to 

ensure accountability for the learning of all students in Texas.  Furthermore, as demands for 

accountability and college readiness continue to increase, instructional expenditure decisions 

must be informative and effective.  This study examined the relationship and differences between 

instructional spending and college readiness over a 5-year period.  Utilizing a regression and 
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comparative method approach, the study measured the impact of instructional expenditures on 

student college readiness performance from state (STAAR math and ELA) and national (ACT 

and SAT) assessments for all non-charter public school districts in Texas from 2010-2011 to the 

2014-2015 school year.  
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CHAPTER 3 

METHOD 

The overall purpose of this research study was to explore the impact of instructional 

expenditures on educational outcomes.  Specifically, this study explored the impact of 

instructional expenditure ratios as well as the per-pupil instructional expenditures of Texas 

school districts on student performance college readiness indicators as measured by state 

(STAAR Mathematics and ELA areas) and national (ACT and SAT scores) assessments.  In 

addition, this study also examined the difference between student performance college readiness 

indicators on state (STAAR Mathematics and ELA areas) and national (ACT and SAT scores) 

assessments as a function of Texas public school district instructional spending over a 5-year 

period. 

Chapter 2 contains a review of current literature regarding adequacy litigation reform, 

cost functioning models used to determine adequacy in education finance, instructional 

expenditure ratios, specifically the 65% rule, fiscal efficiency, and college readiness as a 

performance outcome.  The methodology discussed in this chapter included: research design, 

research questions, background, population, sample, instrumentation, data collection, data 

analysis, summary, and references.  Due to limited empirical research seeking to connect 

instructional spending and college readiness, this study expanded on research by Schulte and 

Slate (2011), Cullen (2012) and Cullen et al. (2014) to include IER, per-pupil instructional 

expenditures, college readiness indicators measured on state assessments (STAAR mathematics 

and ELA areas), and college readiness indicators measured on national assessments (ACT and 

SAT scores).  
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The research contained two areas of analysis.  The study featured a regression approach 

as well as a comparative approach, analyzing data previously collected from all Texas public 

ISDs through TEA’s Texas Academic Performance Report (TAPR) and Academic Excellence 

Indicator System (AEIS) databases over a 5-year period.  The study examined the impact and 

differences of school district expenditures for instruction on student performance in terms of 

college readiness indicators from national and state assessments.  The proposed analysis 

followed Schulte and Slate (2011) comparing the impact of the 65% instructional expenditure 

ratio for Texas charter schools on college readiness.  However, the model employed for this 

study differed in that it included only traditional, non-charter Texas public school districts and 

include per-pupil instructional expenditures.  A similar analysis to Cullen (2012) and Cullen et 

al. (2014) was utilized for this study to examine the differences in school district IER and student 

performance on state assessments over a 5-year period.  The current study also included per-

pupil instructional expenditures reported across multiple program and sub-population categories. 

Research Questions 

This study addressed the following research questions:  

1. What is the impact of certain state instructional expenditure measures (IER and

per-pupil spending) on student performance outcomes as measured by ACT and 

SAT scores? 

2. What is the impact of certain state instructional expenditure measures (IER and

per-pupil spending) on student performance outcomes as measured by 

mathematics and ELA STAAR scores? 

Research Design 
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Background 

In 1993, Senate Bill 7 was passed in Texas with the intent of equalizing school funding 

through a recapture provision of local property taxes in property wealthy districts (TX SB 7, 

1993).  This “Robin Hood” recapture, as it became known, began to reallocate funds to low-

income districts throughout the state, yet increased academic performance failed to follow 

(Carpenter & Sparkman, 1994).  The state legislature was not adequately allocating funds to all 

districts in Texas to meet the growing academic needs of students.  In fact, by 2003 after more 

than $1.2 billion had been reallocated, nearly 700 local districts had to raise tax levels to the 

maximum amounts just to keep pace with the rising costs and accountability of education 

(Coalition to invest in Texas schools, 2012).  This trend continues to today with the majority of 

school districts in Texas raising local tax rates to supplement an inadequate amount of state 

educational dollars.   

Historically, Texas schools have managed to respond to rising expectations of state 

assessment standards that accompany new assessments (i.e. Texas Assessment of Academic 

Skills [TAAS], Texas Assessment of Knowledge and Skills [TAKS], STAAR, etc.).  Each new 

assessment indicates a drop in performance initially before schools respond and student scores 

improve.  While this process is often repeated over and over as Texas schools learn more about 

any one state assessment, national standardized tests like the SAT and ACT are seeing a much 

flatter progression of student performance (Miller, 2003).  Standards for both state and national 

assessments will continue to rise, but adequate funding has not risen with them.  The problem 

this presents educational decision-makers is not just a growing need for more financial resources, 

but for a more efficient and impactful way of allocating these resources to impact student 

performance, namely college readiness on state and national exams.  
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Population and Sample 

This research proposal examined data from all public school districts in Texas, excluding 

charter schools, as reported to TEA.  This includes over 1,020 districts with enrollments ranging 

from less than 300 students to more than 50,000 students.  This study sought to eliminate outliers 

identified with descriptive statistics to help control for variation.  The sample utilized a normal 

distribution free of positive or negative skewness caused by a small number of public school 

districts with extremely high or extremely low per-pupil instructional spending (Huck, 2012).  

The financial data and AEIS data for the 2010-2011 and 2011-2012 school years, along with 

financial data and TAPR data for the 2012-2013, 2013-2014, and 2014-2015 school years was 

analyzed in this investigation.  The 2010-2011 and 2011-2012 data included 1029 public school 

districts, the 2012-2013 data included 1026 public school districts, the 2013-2014 data included 

1025 public school districts, and the 2014-2015 data included 1024 public school districts.  

Instrumentation 

Quantitative data was collected from TEA’s financial data, AEIS, and TAPR for the 5 

school years selected at the district level. Data included district instructional expenditures and 

district student performance in terms of college readiness.  The dependent variable was student 

performance college readiness data.  Indicators were measured by student performance on the 

state assessment, STAAR, in the areas of mathematics and ELA college readiness levels.  These 

included college-ready graduate indicators in ELA, math, and both subjects from 2010 to 2015; 

STAAR postsecondary readiness standards in reading, math, and writing from 2014 and 2015; 

STAAR advanced standards in reading, math, and writing from 2013 to 2015; and TAKS 

commended standard in reading, math, and writing from 2010 to 2012.  Student performance on 

national ACT and SAT assessments was also included as a dependent variable for college 
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readiness, including scores broken down by ELA and math.  All student performance data that 

served as dependent variables included sub-population categories by ethnicity, race, gender, 

socioeconomic status, program, special education, and at-risk.  

The district-level instructional spending measured by district IER and by per-pupil 

instructional expenditures were the independent variables.  Subsets of per-pupil instructional 

spending measured in program categories were also used, and included bilingual education 

(BIL), career and technical education (CTE), gifted and talented education (GT), students with 

disabilities education (SD), accelerated education (ACE), alternative education (AEP), at-risk 

education (AR), athletics/related activities education (ATH), and prekindergarten education 

(PRK). 

Data Collection 

The research accessed TEA’s summarized financial data from 2011 to 2015, along with 

AEIS and TAPR data from the 2010-2011 through 2014-2015 school years in an Excel 

spreadsheet format.  This data included all Texas public school districts’ financial, student 

performance, and college readiness records from the 5-year period.  The study accessed the 

student performance data from TEA’s Performance Reporting Division by selecting the TAPR or 

AEIS school year.  The study accessed the data by selecting data download, then selected TAPR 

or AEIS data in Excel, then selected district download, then selected the appropriate district 

reference information category.  Data was selected from the district reference category, student 

information category, staff information category, college admissions category, college-ready 

graduates category, advanced courses/dual enrollment category, advanced courses category, 

AP/IB (Advanced Placement/International Baccalaureate) results category, non-STAAR/TAKS 

performance info (Texas Institution of Higher Education or IHE data) category, STAAR 
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postsecondary readiness standard category, and STAAR advanced standard/TAKS commended 

category.  

The study accessed district financial data from the TEA website under Finance and 

Grants, State Funding, and State Funding Reports and Data.  The study selected the 2000-2015 

Summarized Public Education Information System (PEIMS) Actual Financial Data (Excel) file.  

Specific data from outside the 2011 to 2015 school years was eliminated, and charter schools 

were also removed from both data sets.  TEA coded district names with a number system to 

ensure anonymity.  The Excel spreadsheet data from the TEA will then be downloaded as .dat 

files and uploaded to the Statistical Package for the Social Sciences (SPSS)--Version 22 to 

proceed with statistical calculations. 

Data Analysis 

The research considered descriptive statistics by determining underlying assumptions for 

normality with skewness and kurtosis, and sought to eliminate potential outliers and skewness 

for a normal distribution (Huck, 2012).  The research then used a multiple regression approach to 

determine which instructional spending variables impact college readiness the most and explain 

how much weight those variables have in their impact (Huck, 2012).  A multiple regression 

model was used to analyze each variable in each research question.  The researcher also ran a 

univariate analysis of variance (ANOVA) procedure to measure statistical significance and effect 

size across reporting categories (Huck, 2012).  More specifically, the ANOVA and post hoc 

analysis helped determine at what level those expenditure variables impacted college readiness.  

The ANOVA procedure was similar to the analysis performed by Cullen (2012), where 

instructional spending and student performance were examined over a 5-year period.  

46



All of the quantitative data used in this research proposal came from TEA. According to 

Schulte and Slate (2011), because demographic, financial, student performance, and college 

readiness data is either reported by districts to the state or calculated by the state, “traditional 

reliability and validity score estimates are not germane to the variables analyzed in this study. 

Any errors that affect score reliability and validity are assumed to be minimal” (p. 7).  Data was 

also assumed valid because districts are required by the state to report accurate and timely data 

each year.  The data was also subject to scrutiny of ethics and reliability alike.  Bogdan and 

Biklen (2007) describe reliability as a concern for “the accuracy and comprehensiveness of [the] 

data . . . [and] a fit between what they record as data and what actually occurs” (p. 40).  Thus, it 

was imperative to check the research process systematically from design phase to data collection 

and analysis as a way of establishing and maintaining integrity in the study. 

Limitations 

One limitation considered was the possibility of multicollinearity of variables.  These 

measures were checked using Mertler and Vannatta’s (2010) recommended process for screening 

data and cleaning outliers.  These researchers determined tolerance statistics to check for 

collinearity.  Another limitation addressed the potential for declining participation in SAT and 

ACT tests.  The participation percentage was included in student performance variable data set to 

measure any potential change that could skew the results.  

Summary 

The purpose of this research study was to explore the impact and the differences of 

instructional expenditures on college readiness outcomes for public school districts in Texas over 

a 5-year period.  Careful consideration was given to ensure school district data is protected and 

anonymity maintained.  Chapter 4 provides the results of the data analysis. 
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        CHAPTER 4 

RESULTS 

The purpose of this research study was to explore the impact and the differences of 

instructional expenditures on college readiness outcomes for public school districts in Texas over 

a 5-year period.  For this study, a multiple regression analysis technique was used, as well as an 

ANOVA test.  Statistical analyses were conducted using SPSS, Version 22.  Chapter 4 includes 

descriptive statistics, the results of the multiple regression analysis, and the answer to the 

research question in this study.  The chapter concludes with a summary of the results. 

Descriptive Statistics 

The data used in this study include TEA financial and college readiness data from every 

public school district in Texas, excluding charter schools, over a 5-year period.  While the total 

number of public school districts in Texas only decreased by a few from the 2010-2011school 

year to the 2014-2015 school year, the total number of students grew from just 4.9 million to 

more than 5.2 million over 5 years, as seen in Table 1.  Table 1 also represents some of the key 

percentages of student demographic sub-populations from 2010-2011 to 2014-2015. 

Table 1 

Texas Public School Demographic Data, 2010-2011 to 2014-2015 

2010- 2011 2011- 2012 2012-2013 2013- 2014 2014-2015 

Number of Public 

School Districts 1029 1028 1026 1025 1024 

Total Students 4,912,385 4,978,120 5,058,939 5,135,880 5,215,282 

Economically 

Disadvantaged % 59.20% 60.40% 60.40% 60.20% 58.80% 

English Language 

Learner % 16.90% 16.80% 17.10% 17.50% 18.20% 

At-Risk % 46.30% 45.40% 44.70% 49.90% 51.20% 

African American % 12.90% 12.80% 12.70% 12.70% 12.60% 

Hispanic % 50.30% 50.80% 51.30% 51.80% 52.00% 

White % 31.20% 30.50% 30.00% 29.40% 28.90% 
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State-level summary financial data is included in Table 2 and Table 3, including averages 

and standard deviations for key variables.  These include averages for local tax rate, property tax 

value per student, local tax and state revenue percentages and per-student amounts, IER, and 

total expenditures per student by object, program, and function.  Table 4 features state-level 

student performance summary data for college readiness.  These include average ACT and SAT 

scores, percentage of students taking the SAT and ACT, and the percentage of TAKS/STAAR 

college-ready students.  Descriptive statistics were used to quantitatively characterize the 

features of the sample data. 

Table 2 

TEA Key Financial Variable Data, State Average, 2010-2011 to 2014-2015 

2010 AVG 2011 AVG 2012 AVG 2013 AVG 2014 AVG 

Tax Rate 1.235 1.244 1.2463 1.2538 1.2638 

Tax Value $350,222 $350,982 $346,920 $358,703 $375,792 

Local Tax 

Revenue % 41.50% 40.70% 44.22% 44.05% 45.04% 

Local Tax 

Revenue per 

Student $4,291 $4,205 $4,379 $4,584 $4,852 

State Revenue % 42.30% 43.40% 40.48% 41.38% 40.64% 

State Revenue per 

Student $4,369 $4,490 $4,009 $4,305 $4,379 

IER 65.30% 64.80% 63.70% 63.70% 63.80% 

Total Operating 

Expenditure by 

Program per 

Student $6,656 $6,559 $6,232 $6,493 $6,765 

Total 

Expenditures by 

Object per 

Student $11,543 $11,146 $10,549 $10,971 $11,704 

Total Operating 

Expenditures by 

Function per 

Student $8,802 $8,717 $8,327 $8,692 $9,065 
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Table 3 

TEA College Readiness Data, State Level, 2010 to 2014 

2010 2011 2012 2013 2014 

ACT Average 

Score 20.5 20.5 20.5 20.6 20.6 

ACT/SAT % of 

Students Tested 62.6% 68.9% 66.9% 63.8% 66.3% 

SAT Average 

Score 985 976 1425 1422 1417 

TAKS/STAR % 

of College Ready 

Students  52% 52% 57% 56% 54% 

Expenditure Impact on College Readiness 

To answer the questions about the impact of expenditures on college readiness measured 

by national and state assessments, a multiple linear regression was employed to determine which 

of the independent variables collected from TEA could be used to predict scores. 

2014 ACT Regression Model 

Initial review indicated many of the variables could not be included in the regression 

model and were automatically eliminated by the software program. The remaining 147 financial 

variables produced an adjusted R2 of .505 (F(146,745) = 7.227, p < .001) for the prediction of 

2014 ACT scores. Independent variables with high non-significant values (p > .299) were 

eliminated from the regression model. The remaining 24 financial variables produced an adjusted 

R2 of .305 (F(24, 868) = 18.026, p < .001) for the prediction ACT 2014.  

The lowest non-significant predictor coefficient was removed 11 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS-COST 

OF STUD INSTR MEDIA SERV EXP, FCT12,  = .054, t = 1.603, p = .109) was removed and 

another regression analysis was conducted which had an adjusted R2 of .301 (F(12, 879) 9= 

32.971, p < .001). 
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Therefore, the regression equation, including all predictors, is:  2014 ACT college 

readiness =  .053 (2014 Finance: Instructional Expenditures Ratio) + 0.04 (GEN FUNDS-% OF 

OTHER LOC & INTERMEDIATE REV) + - 0.0534 (GEN FUNDS-% OF FEDERAL 

REVENUE) + 0.004 (GEN FUNDS-COST PER STUD FEDERAL REVENUE) + 0.124( GEN 

FUNDS-% OF INSTRUC + TRANSFER EXPEND-FCT11,95) + - 0.001 (GEN FUNDS-COST 

OF STUD INSTRUC+TRANS EXP-FCT11,95) + - 0.003 (GEN FUNDS-COST OF STUD 

INSTR LEADERSHIP EXP, FCT21) + - 1.738 (GEN FUNDS-% OF DATA PROCESS 

SERVICES EXP) + 0.018 (GEN FUNDS-COST PER STUD OF DATA PROCESS SERV EXP) 

+ 2.055 (ALL FUNDS-% OF DATA PROCESS SERVICES EXP) + - 0.017 (ALL FUNDS-

COST PER STUD OF DATA PROCESS SERV EXP) + 0.001 (GEN FUNDS-COST PER 

STUDENT OF REG PROGRAM EXP) + 11.419 

The predictors in this equation account for 30.1% of the explained variance. 
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Table 4 

Regression Model for Variables Predicting 2014 ACT College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 11.419 0.934 12.223 0 

2014 Finance: Instructional 

Expenditures Ratio 
0.053 0.023 0.116 2.305 0.021 

GEN FUNDS-% OF OTHER LOC & 

INTERMEDIATE REV 
0.04 0.015 0.083 2.67 < .001 

GEN FUNDS-% OF FEDERAL 

REVENUE 
-0.534 0.067 -0.97 -7.981 < .001 

GEN FUNDS-COST PER STUD 

FEDERAL REVENUE 
0.004 0.000 0.892 7.473 < .001 

GEN FUNDS-% OF INSTRUC + 

TRANSFER EXPEND-FCT11,95 
0.124 0.022 0.292 5.58 < .001 

GEN FUNDS-COST OF STUD 

INSTRUC+TRANS EXP-FCT11,95 
-0.001 0.000 -0.566 -7.467 < .001 

GEN FUNDS-COST OF STUD 

INSTR LEADERSHIP EXP, FCT21 
-0.003 0.001 -0.103 -3.51 < .001 

GEN FUNDS-% OF DATA 

PROCESS SERVICES EXP 
-1.738 0.335 -1.147 -5.191 < .001 

GEN FUNDS-COST PER STUD OF 

DATA PROCESS SERV EXP 
0.018 0.004 1.363 5.107 < .001 

ALL FUNDS-% OF DATA 

PROCESS SERVICES EXP 
2.055 0.38 1.262 5.407 < .001 

ALL FUNDS-COST PER STUD OF 

DATA PROCESS SERV EXP 
-0.017 0.004 -1.362 -4.897 < .001 

GEN FUNDS-COST PER STUDENT 

OF REG PROGRAM EXP 
0.001 0.000 0.481 6.955 < .001 

2014 SAT Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2014 SAT scores. Again, initial review indicated 

many of the variables could not be included in the regression model and were automatically 

eliminated by the software program. The remaining 146 financial variables produced an adjusted 

R2 of .465 (F(146,559) = 5.203, p < .001) for the prediction SAT 2014. Independent variables 

with high non-significant values (p > .299) were eliminated from the regression model. The 
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remaining 36 financial variables produced an adjusted R2 of .432 (F(36, 669) = 15.867, p < .001) 

for the prediction SAT 2014. 

The lowest non-significant predictor coefficient was removed 18 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (GEN FUNDS % OF 

BILINGUAL PROGRAM EXPENDITURES,  = .309, t = 1.152, p = .250) was removed and 

another regression analysis was conducted which had an adjusted R2 of .426 (F(17, 688) = 

31.807, p < .001).  Therefore, the regression equation, including all predictors, is:  2014 SAT 

college readiness =  - 1.020 (ALL FUNDS-COST PER STUD OF BILINGUAL PGM EXP) + - 

0.088 (GEN FUNDS-COST OF STUD CAMPUS ADM EXPEND, FCT23) +  - 5.522 (GEN 

FUNDS-% OF OTHER LOC & INTERMEDIATE REV) + 0.184 (GEN FUNDS-COST PER 

STUD FEDERAL REVENUE) + - 4.792 (GEN FUNDS-% OF INTERGOVERN CHARGES 

EXP) + 0.000 (GEN FUNDS-SECURITY/MONITORING SERVICE EXPEND, FCT52) + 

7.059 (2014 Finance: Instructional Expenditures Ratio) + 0.014 (ALL FUNDS-COST PER 

STUDENT OF TOT PGM OPER EXPEND) + 11.046 (ALL FUNDS-% OF OTHER LOC & 

INTERMEDIATE REV) + - 0.007 (GEN FUNDS-COST PER STUD TOT OPERATING 

REVENUE) + - 0.067 (ALL FUNDS-COST PER STUD FEDERAL REVENUE) + 0.000 (ALL 

FUNDS-STATE REVENUE) + 0.000 (ALL FUNDS-TOTAL EXPENDITURES BY OBJ--NO 

90S) + - 15.674 (GEN FUNDS-% OF FEDERAL REVENUE) + 0.000 (ALL FUNDS-PLANT 

MAINTENANCE/OPERA EXPEND, FCT51) + 0.000 (GEN FUNDS-TOTAL OPERATING 

REVENUE) +  0.928 (GEN FUNDS-COST PER STUD OF BILINGUAL PGM EXP) + 

1057.737 

The factors in this equation account for 42.6 % of the explained variance. 
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Table 5 

Regression Model for Variables Predicting 2014 SAT College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

 (Constant) 1057.737 73.005 14.489 < .001 

2014 Finance: Instructional Expenditures Ratio 7.059 1.093 .255 6.457 < .001 

GEN FUNDS-TOTAL OPERATING REVENUE .000 .000 2.093 6.273 < .001 

GEN FUNDS-COST PER STUD TOT OPERATING 

REVENUE -.007 .003 -.141 -2.887 < .001 

GEN FUNDS-% OF OTHER LOC & INTERMEDIATE 

REV -5.522 1.854 -.130 -2.978 < .001 

ALL FUNDS-% OF OTHER LOC & INTERMEDIATE 

REV 11.046 1.734 .306 6.371 < .001 

ALL FUNDS-STATE REVENUE .000 .000 -.519 -6.717 < .001 

GEN FUNDS-% OF FEDERAL REVENUE -15.674 3.853 -.535 -4.068 < .001 

GEN FUNDS-COST PER STUD FEDERAL REVENUE .184 .029 .866 6.374 < .001 

ALL FUNDS-COST PER STUD FEDERAL REVENUE -.067 .008 -.472 -8.279 < .001 

ALL FUNDS-TOTAL EXPENDITURES BY OBJ--NO 

90S .000 .000 -.895 -3.731 < .001 

GEN FUNDS-COST OF STUD CAMPUS ADM 

EXPEND, FCT23 -.088 .036 -.099 -2.455 .014 

ALL FUNDS-PLANT MAINTENANCE/OPERA 

EXPEND, FCT51 .000 .000 -.471 -3.268 .001 

GEN FUNDS-SECURITY/MONITORING SERVICE 

EXPEND, FCT52 .000 .000 -.354 -3.250 .001 

GEN FUNDS-% OF INTERGOVERN CHARGES EXP -4.792 2.044 -.074 -2.344 .019 

ALL FUNDS-COST PER STUDENT OF TOT PGM 

OPER EXPEND .014 .005 .151 2.695 .007 

GEN FUNDS-COST PER STUD OF BILINGUAL PGM 

EXP .928 .364 .931 2.550 .011 

ALL FUNDS-COST PER STUD OF BILINGUAL PGM 

EXP -1.020 .351 -1.076 -2.907 .004 

2014 STAAR College Readiness Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2014 STAAR College Readiness scores. Again, 

initial review indicated many of the variables could not be included in the regression model and 

were automatically eliminated by the software program.  Independent variables with high non-

significant values (p > .299) were eliminated from the regression model. The remaining 23 
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financial variables produced an adjusted R2 of .230 (F(23, 936) = 13.484, p < .001) for the 

prediction STAAR College Readiness 2014. 

The lowest non-significant predictor coefficient was removed 14 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (GENERAL FUNDS 

COST PER STUDENT OF ACCELERATED EDUCATION PROGRAM EXPENDITURES,  

= - .049, t = - 1.678, p = .094) was removed and another regression analysis was conducted 

which had an adjusted R2 of .229 (F(8, 951)= 36.683, p < .001).  Therefore, the regression 

equation, including all predictors, is:  

2014 STAAR College Readiness =  0.003 (ALL FUNDS-COST PER STUDENT OF 

GENERAL ADM EXP) + - 0.019 (ALL FUNDS-COST OF STUD GUID & COUN SER EXP, 

FCT31) + 0.009 (GEN FUNDS-COST PER STUD FEDERAL REVENUE) + - 0.706 (GEN 

FUNDS-% OF OTHER LOC & INTERMEDIATE REV) + 0.496 (ALL FUNDS-% OF 

INSTRUC + TRANSFER EXPEND-FCT11,95) + - 1.509 (ALL FUNDS-% OF FEDERAL 

REVENUE) + 0.957 (ALL FUNDS-% OF OTHER LOC & INTERMEDIATE REV) + 4.121 

(ALL FUNDS-% OF GUID & COUNSELING SER EXP, FCT31) + 26.233 

The factors in this equation account for 22.9% of the explained variance.  
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Table 6 

Regression Model for Variables Predicting 2014 STAAR College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

 (Constant) 26.233 7.046 3.723 < .001 

GEN FUNDS-% OF OTHER LOC & 

INTERMEDIATE REV -.706 .190 -.203 -3.726 < .001 

ALL FUNDS-% OF OTHER LOC & 

INTERMEDIATE REV .957 .199 .268 4.815 < .001 

GEN FUNDS-COST PER STUD 

FEDERAL REVENUE .009 .001 .307 8.394 < .001 

ALL FUNDS-% OF FEDERAL 

REVENUE -1.509 .111 -.549 -13.539 < .001 

ALL FUNDS-% OF INSTRUC + 

TRANSFER EXPEND-FCT11,95 .496 .116 .139 4.282 < .001 

ALL FUNDS-% OF GUID & 

COUNSELING SER EXP, FCT31 4.121 .947 .460 4.353 < .001 

ALL FUNDS-COST OF STUD GUID & 

COUN SER EXP, FCT31 -.019 .007 -.288 -2.774 .006 

ALL FUNDS-COST PER STUDENT 

OF GENERAL ADM EXP .003 .001 .091 2.025 .043 

2013 ACT Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2013 ACT scores. Again, initial review indicated 

many of the variables could not be included in the regression model and were automatically 

eliminated by the software program.  Independent variables with high non-significant values (p > 

.299) were eliminated from the regression model. The remaining 37 financial variables produced 

an adjusted R2 of .447 (F(37, 856) = 19.968, p < .001) for the prediction ACT 2013.  

The lowest non-significant predictor coefficient was removed 12 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

GIFTED/TALENTED PROGRAM EXPENDITURES,  = .052, t = 1.953, p = .051) was 

removed and another regression analysis was conducted which had an adjusted R2 of .442 (F(24, 

869) = 30.437, p < .001).  Therefore, the regression equation, including all predictors, is:  
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2013 ACT are defined by the factors = 0.003 (GEN FUNDS-COST PER STUD OF 

ACCELERATED ED PGM EXP) + 0.932 (ALL FUNDS-% OF INSTRUC RES MEDIA SERV 

EXP, FCT12) + 0.000 (GEN FUNDS-COST PER STUD OTHER LOC & INTERMED REV) + 

- 0.010 (GEN FUNDS-COST OF STUD CURR/STAFF DEVEL EXP, FCT13) + 0.066 (ALL 

FUNDS-% OF REGULAR PROGRAM EXP) + 0.000 (ALL FUNDS-INSTRUC LEADERSHIP 

EXPEND, FCT21) + 0.104 (ALL FUNDS-% OF DATA PROCESS SERVICES EXP) + 0.002 

(GEN FUNDS-COST PER STUD FEDERAL REVENUE) + - 0.060 (ALL FUNDS-% OF 

TOTAL OTHER EXPENDITURES) + 0.000 (ALL FUNDS-COST PER STUD TOT EXP BY 

OBJ--NO 90S) + - 0.159 (ALL FUNDS-% OF GENERAL ADM EXP) + 0.060 (GEN FUNDS-

% OF INSTRUC + TRANSFER EXPEND-FCT11,95) + 0.229 (ALL FUNDS-% OF OTHER 

LOC & INTERMEDIATE REV) + 0.000 (ALL FUNDS-STATE REVENUE) + - .0109 (GEN 

FUNDS-% OF OTHER LOC & INTERMEDIATE REV) + 0.008 (GEN FUNDS-COST OF 

STUD INSTR MEDIA SERV EXP, FCT12) + 0.002 (GEN FUNDS-COST PER STUDENT OF 

GENERAL ADM EXP) + 0.000 (ALL FUNDS-PLANT MAINTENANCE/OPERA EXPEND, 

FCT51) + 0.854 (GEN FUNDS-% OF CURRICULUM/STAFF DEVEL EXP, FCT13) + - 0.335 

(GEN FUNDS-% OF FEDERAL REVENUE) + - 0.427 (GEN FUNDS-% OF GENERAL ADM 

EXP) + - 0.014 (ALL FUNDS-COST OF STUD INSTR MEDIA SERV EXP, FCT12) + 0.000 

(GEN FUNDS-TOTAL OPERATING REVENUE) + 0.226 (GEN FUNDS-% OF 

ACCELERATED ED PGM EXP) + 14.136     

The predictors in this equation account for 44.2% of the explained variance.  
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Table 7 

Regression Model for Variables Predicting 2013 ACT College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 14.136 1.210 11.682 < .001 

GEN FUNDS-TOTAL OPERATING REVENUE .000 .000 .794 5.381 < .001 

GEN FUNDS-% OF OTHER LOC & 

INTERMEDIATE REV -.109 .030 -.238 -3.612 < .001 

GEN FUNDS-COST PER STUD OTHER LOC 

& INTERMED REV .000 .000 -.153 -2.666 .008 

ALL FUNDS-% OF OTHER LOC & 

INTERMEDIATE REV .229 .024 .486 9.471 < .001 

ALL FUNDS-STATE REVENUE .000 .000 -.357 -6.271 < .001 

GEN FUNDS-% OF FEDERAL REVENUE -.335 .066 -.597 -5.072 < .001 

GEN FUNDS-COST PER STUD FEDERAL 

REVENUE .002 .000 .550 4.697 < .001 

ALL FUNDS-COST PER STUD TOT EXP BY 

OBJ--NO 90S .000 .000 -.111 -2.881 .004 

ALL FUNDS-% OF TOTAL OTHER 

EXPENDITURES -.060 .014 -.156 -4.389 < .001 

GEN FUNDS-% OF INSTRUC + TRANSFER 

EXPEND-FCT11,95 .060 .016 .144 3.684 < .001 

GEN FUNDS-COST OF STUD INSTR MEDIA 

SERV EXP, FCT12 .008 .003 .333 2.784 .005 

ALL FUNDS-% OF INSTRUC RES MEDIA 

SERV EXP, FCT12 .932 .238 .326 3.914 < .001 

ALL FUNDS-COST OF STUD INSTR MEDIA 

SERV EXP, FCT12 -.014 .003 -.599 -4.279 < .001 

GEN FUNDS-% OF CURRICULUM/STAFF 

DEVEL EXP, FCT13 .854 .295 .373 2.893 .004 

GEN FUNDS-COST OF STUD CURR/STAFF 

DEVEL EXP, FCT13 -.010 .003 -.397 -3.054 .002 

ALL FUNDS-INSTRUC LEADERSHIP 

EXPEND, FCT21 .000 .000 -.263 -3.143 .002 

GEN FUNDS-% OF GENERAL ADM EXP 
-.427 .094 -.618 -4.536 < .001 

GEN FUNDS-COST PER STUDENT OF 

GENERAL ADM EXP .002 .001 .327 3.170 .002 

ALL FUNDS-% OF GENERAL ADM EXP 
.226 .080 .308 2.832 .005 

ALL FUNDS-PLANT 

MAINTENANCE/OPERA EXPEND, FCT51 .000 .000 -.318 -2.514 .012 

ALL FUNDS-% OF DATA PROCESS 

SERVICES EXP .104 .045 .063 2.286 .022 

ALL FUNDS-% OF REGULAR PROGRAM 

EXP .066 .007 .260 8.886 < .001 

GEN FUNDS-% OF ACCELERATED ED PGM 

EXP -.159 .071 -.336 -2.245 .025 

GEN FUNDS-COST PER STUD OF 

ACCELERATED ED PGM EXP .003 .001 .371 2.476 .013 
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2013 SAT Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2013 SAT scores. Again, initial review indicated 

many of the variables could not be included in the regression model and were automatically 

eliminated by the software program.  Independent variables with high non-significant values (p > 

.299) were eliminated from the regression model. The remaining 23 financial variables produced 

an adjusted R2 of .349 (F(26, 678) = 15.543, p < .001) for the prediction 2013 SAT scores.  

The lowest non-significant predictor coefficient was removed six times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (GENERAL COST 

PER STUDENT OF PLANT MAINTENANCE/OPERATION EXPENDITURES,  = - .120, t = 

- 1.123, p = .262) was removed and another regression analysis was conducted which had an 

adjusted R2 of .349 (F(19, 685) = 20.905, p < .001).  Therefore, the regression equation, 

including all predictors, is:  

2013 SAT = 0.189 (GEN FUNDS-COST PER STUD WITH DISABIL PGM EXP) + - 12.392 

(ALL FUNDS-% OF PLANT MAINT/OPERA EXP, FCT51) + - 7.485 (ALL FUNDS-% OF 

SECURITY/MONITORING SERV EXP) + - 0.297 (ALL FUNDS-COST OF STUD INSTR 

MEDIA SERV EXP, FCT12) + - 6.181 (ALL FUNDS-% OF FEDERAL REVENUE) + 0.000 

(ALL FUNDS-PLANT MAINTENANCE/OPERA EXPEND, FCT51) + - 0.565 (ALL FUNDS-

% OF STATE REVENUE) + - 0.076 (ALL FUNDS-COST OF STUD CAMPUS ADM 

EXPEND, FCT23) + - 5.571 (GEN FUNDS-% OF TOTAL OTHER EXPENDITURES) + - 

0.047 (GEN FUNDS-COST PER STUD TOT PAYROLL EXPENDITURES) + 4.303 (2013 

Finance: Instructional Expenditures Ratio) + 0.000 (ALL FUNDS-STATE REVENUE) + 0.000 

(GEN FUNDS-INSTRUC RESOURCE MEDIA SERVICE EXP, FCT12) + 0.411 (GEN 
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FUNDS-COST OF STUD INSTR MEDIA SERV EXP, FCT12) + 0.000 (GEN FUNDS-

SECURITY/MONITORING SERVICE EXPEND, FCT52) + 0.112 (ALL FUNDS-COST PER 

STUDENT OF PLANT MAINT/OPERA EXP) + - 11.711 (GEN FUNDS-% OF STUDENTS 

WITH DISABIL PGM EXP) + 0.000 (GEN FUNDS-TOTAL OPERATING REVENUE) + 

0.000 (ALL FUNDS-INSTRUC RESOURCE MEDIA SERVICE, FCT12) + 1705.579 

The predictors in this equation account for 34.9% of the explained variance.  
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Table 8 

Regression Model for Variables Predicting 2013 SAT College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 1705.579 149.652 11.397 < .001 

2013 Finance: Instructional 

Expenditures Ratio 4.303 1.413 .150 3.046 .002 

GEN FUNDS-TOTAL OPERATING 

REVENUE .000 .000 .916 4.064 < .001 

ALL FUNDS-STATE REVENUE .000 .000 -.500 -5.691 < .001 

ALL FUNDS-% OF STATE 

REVENUE -.565 .210 -.095 -2.687 .007 

ALL FUNDS-% OF FEDERAL 

REVENUE -6.181 .697 -.301 -8.862 < .001 

GEN FUNDS-COST PER STUD TOT 

PAYROLL EXPENDITURES -.047 .010 -.424 -4.593 < .001 

GEN FUNDS-% OF TOTAL OTHER 

EXPENDITURES -5.751 .909 -.303 -6.328 < .001 

GEN FUNDS-INSTRUC RESOURCE 

MEDIA SERVICE EXP, FCT12 .000 .000 -1.347 -2.570 .010 

GEN FUNDS-COST OF STUD 

INSTR MEDIA SERV EXP, FCT12 .411 .149 .237 2.764 .006 

ALL FUNDS-INSTRUC RESOURCE 

MEDIA SERVICE, FCT12 .000 .000 1.513 2.877 .004 

ALL FUNDS-COST OF STUD 

INSTR MEDIA SERV EXP, FCT12 -.297 .137 -.184 -2.169 .030 

ALL FUNDS-COST OF STUD 

CAMPUS ADM EXPEND, FCT23 -.076 .037 -.083 -2.059 .040 

ALL FUNDS-PLANT 

MAINTENANCE/OPERA EXPEND, 

FCT51 
.000 .000 -.361 -2.036 .042 

ALL FUNDS-% OF PLANT 

MAINT/OPERA EXP, FCT51 -12.392 4.213 -.287 -2.941 .003 

ALL FUNDS-COST PER STUDENT 

OF PLANT MAINT/OPERA EXP .112 .034 .407 3.258 .001 

GEN FUNDS-

SECURITY/MONITORING 

SERVICE EXPEND, FCT52 
.000 .000 -.404 -3.211 .001 

ALL FUNDS-% OF 

SECURITY/MONITORING SERV 

EXP 
-7.485 3.764 -.063 -1.989 .047 

GEN FUNDS-% OF STUDENTS 

WITH DISABIL PGM EXP -11.711 4.642 -.357 -2.523 .012 

GEN FUNDS-COST PER STUD 

WITH DISABIL PGM EXP .189 .071 .391 2.654 .008 

61



2013 STAAR College Readiness Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2013 STAAR College Readiness scores. Again, 

initial review indicated many of the variables could not be included in the regression model and 

were automatically eliminated by the software program.  Independent variables with high non-

significant values (p > .299) were eliminated from the regression model. The remaining 23 

financial variables produced an adjusted R2 of .158 (F(23, 933) = 8.808, p < .001) for the 

prediction STAAR College Readiness 2013. 

The lowest non-significant predictor coefficient was removed 13 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS 

STATE REVENUE,  = - .050, t = - 1.498, p = .134) was removed and another regression 

analysis was conducted which had an adjusted R2of .158 (F(9, 947) = 20.893, p < .001).  

Therefore, the regression equation, including all predictors, is:  

2013 STAAR College Readiness = - 0.995 (ALL FUNDS-% OF SECURITY/MONITORING 

SERV EXP) + - 1.639 (GEN FUNDS-% OF PLANT MAINT/OPERA EXP, FCT51) + 0.012 

(GEN FUNDS-COST OF STUD INSTR MEDIA SERV EXP, FCT12) + 0.010 (ALL FUNDS-

COST OF STUD GUID & COUN SER EXP, FCT31) + - 0.105 (ALL FUNDS-% OF STATE 

REVENUE) + - 0.475 (GEN FUNDS-% OF TOTAL OTHER EXPENDITURES) + - 0.765 

(ALL FUNDS-% OF FEDERAL REVENUE) + - 0.003 (GEN FUNDS-COST PER STUD TOT 

PAYROLL EXPENDITURES) + 0.011 (GEN FUNDS-COST PER STUDENT OF PLANT 

MAINT/OPERA EXP) + 101.247 

The predictors in the equation account for 15.8% of the explained variance.  
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Table 9 

Regression Model for Variables Predicting 2013 STAAR College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 101.247 8.014 12.634 < .001 

ALL FUNDS-% OF STATE REVENUE -.105 .024 -.138 -4.392 < .001 

ALL FUNDS-% OF FEDERAL 

REVENUE -.765 .090 -.285 -8.474 < .001 

GEN FUNDS-COST PER STUD TOT 

PAYROLL EXPENDITURES -.003 .001 -.293 -3.548 < .001 

GEN FUNDS-% OF TOTAL OTHER 

EXPENDITURES -.475 .105 -.188 -4.515 < .001 

GEN FUNDS-COST OF STUD INSTR 

MEDIA SERV EXP, FCT12 .012 .006 .067 2.101 .036 

ALL FUNDS-COST OF STUD GUID 

&amp; COUN SER EXP, FCT31 .010 .002 .138 4.175 < .001 

GEN FUNDS-% OF PLANT 

MAINT/OPERA EXP, FCT51 -1.639 .478 -.288 -3.425 .001 

GEN FUNDS-COST PER STUDENT 

OF PLANT MAINT/OPERA EXP .011 .004 .310 2.402 .016 

ALL FUNDS-% OF 

SECURITY/MONITORING SERV EXP -.995 .458 -.066 -2.173 .030 

2012 ACT Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2012 ACT scores. Again, initial review indicated 

many of the variables could not be included in the regression model and were automatically 

eliminated by the software program.  Independent variables with high non-significant values (p > 

.299) were eliminated from the regression model. The remaining 41 financial variables produced 

an adjusted R2 of .432 (F(41, 859) = 17.724, p < .001) for the prediction 2012 ACT scores.  

The lowest non-significant predictor coefficient was removed 19 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS 

TOTAL DISBURSEMENTS,  = .278, t = 1.792, p = .073) was removed and another regression 
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analysis was conducted which had an adjusted l-2 of .435 (l-(21, 879) = 34.032, l- < .001).  

Therefore, the regression equation, including all predictors, is:  

2012 ACT = - 0.029 (ALL FUNDS-COST PER STUD OF BILINGUAL PGM EXP) + 0 .075 

(ALL FUNDS-% OF STUDENTS WITH DISABIL PGM EXP) + 0.201 (GEN FUNDS-% OF 

ACCELERATED ED PGM EXP) + - 0.001 (ALL FUNDS-COST OF STUD CAMPUS ADM 

EXPEND, FCT23) + - 0.072 (ALL FUNDS-% OF TOTAL OTHER EXPENDITURES) + 0.000 

(ALL FUNDS-REGULAR PROGRAM EXPEND—11) +  - 0.002 (ALL FUNDS-COST OF 

STUD INSTR LEADERSHIP EXP, FCT21) + 0.001 (GEN FUNDS-COST PER STUD 

CAREER & TECH PGM EXP) + - 0.133 (ALL FUNDS-% OF INSTRUC + TRANSFER 

EXPEND-FCT11,95) + 0.087 (ALL FUNDS-% OF REGULAR PROGRAM EXP) + 0.000 

(GEN FUNDS-COST PER STUD TOT OTHER EXPENDITURES) + 0.000 (GEN FUNDS-

BILINGUAL PROGRAM EXPEND—25) + 0.72 (2012 Finance: Instructional Expenditures 

Ratio) + 0.000 (GEN FUNDS-COST OF STUD INSTRUC+TRANS EXP-FCT11,95) + 0.002 

(ALL FUNDS-COST PER STUD OF ACCELERATED ED PGM EXP) + 0.111 (GEN FUNDS-

% OF INSTRUC + TRANSFER EXPEND-FCT11,95) + - 0.003 (GEN FUNDS-COST PER 

STUD OF ACCELERATED ED PGM EXP) + - 0.187 (ALL FUNDS-% OF ACCELERATED 

ED PGM EXP) + 0.000 (GEN FUNDS-TOTAL RECEIPTS) + 0.028 (GEN FUNDS-COST PER 

STUD OF BILINGUAL PGM EXP) + 0.000 (GEN FUNDS-TOTAL OPERATING REVENUE) 

+ 14.180 

The predictors in the equation account for 43.5% of the explained variance.  
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Table 10 

Regression Model for Variables Predicting 2012 ACT College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 14.180 1.346 10.535 < .001 

2012 Finance: Instructional Expenditures Ratio .072 .021 .151 3.372 .001 

GEN FUNDS-TOTAL OPERATING 

REVENUE .000 .000 -4.986 -7.997 < .001 

GEN FUNDS-TOTAL RECEIPTS .000 .000 3.333 6.473 < .001 

GEN FUNDS-COST PER STUD TOT OTHER 

EXPENDITURES .000 .000 .106 2.219 .027 

ALL FUNDS-% OF TOTAL OTHER 

EXPENDITURES -.072 .013 -.186 -5.540 < .001 

GEN FUNDS-% OF INSTRUC + TRANSFER 

EXPEND-FCT11,95 .111 .028 .273 3.947 < .001 

GEN FUNDS-COST OF STUD 

INSTRUC+TRANS EXP-FCT11,95 .000 .000 -.184 -3.384 .001 

ALL FUNDS-% OF INSTRUC + TRANSFER 

EXPEND-FCT11,95 -.133 .031 -.277 -4.328 < .001 

ALL FUNDS-COST OF STUD INSTR 

LEADERSHIP EXP, FCT21 -.002 .001 -.147 -4.550 < .001 

ALL FUNDS-COST OF STUD CAMPUS 

ADM EXPEND, FCT23 -.001 .000 -.116 -3.485 .001 

ALL FUNDS-REGULAR PROGRAM 

EXPEND--11 .000 .000 1.547 4.828 < .001 

ALL FUNDS-% OF REGULAR PROGRAM 

EXP .087 .010 .361 8.295 < .001 

GEN FUNDS-COST PER STUD CAREER 

&amp; TECH PGM EXP .001 .000 .110 2.953 .003 

ALL FUNDS-% OF STUDENTS WITH 

DISABIL PGM EXP .075 .013 .237 5.948 < .001 

GEN FUNDS-% OF ACCELERATED ED 

PGM EXP .201 .080 .441 2.510 .012 

GEN FUNDS-COST PER STUD OF 

ACCELERATED ED PGM EXP -.003 .001 -.397 -2.383 .017 

ALL FUNDS-% OF ACCELERATED ED 

PGM EXP -.187 .064 -.561 -2.915 .004 

ALL FUNDS-COST PER STUD OF 

ACCELERATED ED PGM EXP .002 .001 .548 3.020 .003 

GEN FUNDS-BILINGUAL PROGRAM 

EXPEND--25 .000 .000 .227 3.329 .001 

GEN FUNDS-COST PER STUD OF 

BILINGUAL PGM EXP .028 .006 1.572 4.886 < .001 

ALL FUNDS-COST PER STUD OF 

BILINGUAL PGM EXP -.029 .005 -1.694 -5.268 < .001 
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2012 SAT Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2012 SAT scores. Again, initial review indicated 

many of the variables could not be included in the regression model and were automatically 

eliminated by the software program.  Independent variables with high non-significant values (p > 

.299) were eliminated from the regression model. The remaining 42 financial variables produced 

an adjusted R2 of .381 (F(42, 674) = 11.494, p < .001) for the prediction 2012 SAT scores.  

The lowest non-significant predictor coefficient was removed 27 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS COST 

PER STUDENT OF ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = .007, 

t = .198, p = .843) was removed and another regression analysis was conducted which had an 

adjusted R2 of .349 (F(14, 702) = 28.363, p < .001).  Therefore, the regression equation, 

including all predictors, is:  

2012 SAT = 0.041 (ALL FUNDS-COST PER STUDENT OF REG PROGRAM EXP) + 35.823 

(ALL FUNDS-% OF CAMPUS ADMINISTRATION EXPEND, FCT23) + 7.027 (2012 

Finance: Instructional Expenditures Ratio) + 25.197 (ALL FUNDS-% OF OTHER LOC & 

INTERMEDIATE REV) + 0.679 (GEN FUNDS-% OF LOCAL TAX) + 17.592 (ALL FUNDS-

% OF INSTRUC LEADERSHIP EXPEND, FCT21) + 0.000 (GEN FUNDS-

SECURITY/MONITORING SERVICE EXPEND, FCT52) + 0.292 (ALL FUNDS-COST OF 

STUD GUID & COUN SER EXP, FCT31) + 0.009 (GEN FUNDS-COST PER STUD TOT 

OTHER EXPENDITURES) + - 0.410 (ALL FUNDS-COST OF STUD CAMPUS ADM 

EXPEND, FCT23) + - 0.317 (ALL FUNDS-COST OF STUD INSTR LEADERSHIP EXP, 

FCT21) + 0.000 (GEN FUNDS-TOTAL DISBURSEMENTS) + - 0.141 (ALL FUNDS-COST 
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PER STUD OTHER LOC & INTERMED REV) + - 25.806 (ALL FUNDS-% OF GUID & 

COUNSELING SER EXP, FCT31) + 756.312 

The predictors in the equation account for 34.9% of the explained variance.  

Table 11 

Regression Model for Variables Predicting 2012 SAT College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 756.312 74.521 10.149 < .001 

2012 Finance: Instructional Expenditures Ratio 7.027 1.133 .247 6.202 < .001 

GEN FUNDS-% OF LOCAL TAX .679 .167 .130 4.054 < .001 

ALL FUNDS-% OF OTHER LOC &amp; 

INTERMEDIATE REV 25.197 3.896 .763 6.467 < .001 

ALL FUNDS-COST PER STUD OTHER 

LOC &amp; INTERMED REV -.141 .027 -.669 -5.257 < .001 

GEN FUNDS-COST PER STUD TOT 

OTHER EXPENDITURES .009 .003 .126 3.227 .001 

ALL FUNDS-% OF INSTRUC 

LEADERSHIP EXPEND, FCT21 17.592 8.357 .175 2.105 .036 

ALL FUNDS-COST OF STUD INSTR 

LEADERSHIP EXP, FCT21 -.317 .091 -.311 -3.482 .001 

ALL FUNDS-% OF CAMPUS 

ADMINISTRATION EXPEND, FCT23 35.828 6.856 .324 5.226 < .001 

ALL FUNDS-COST OF STUD CAMPUS 

ADM EXPEND, FCT23 -.410 .060 -.577 -6.872 < .001 

ALL FUNDS-% OF GUID &amp; 

COUNSELING SER EXP, FCT31 -25.806 11.469 -.363 -2.250 .025 

ALL FUNDS-COST OF STUD GUID &amp; 

COUN SER EXP, FCT31 .292 .100 .499 2.931 .003 

GEN FUNDS-SECURITY/MONITORING 

SERVICE EXPEND, FCT52 .000 .000 -.507 -4.509 < .001 

GEN FUNDS-TOTAL DISBURSEMENTS .000 .000 .384 3.261 .001 

ALL FUNDS-COST PER STUDENT OF 

REG PROGRAM EXP .041 .007 .329 6.261 < .001 

2012 STAAR College Readiness Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2012 STAAR College Readiness scores. Again, 

initial review indicated many of the variables could not be included in the regression model and 
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were automatically eliminated by the software program.  Independent variables with high non-

significant values (p > .299) were eliminated from the regression model. The remaining 37 

financial variables produced an adjusted R2 of .204 (F(37, 922) = 7.639, p < .001) for the 

prediction STAAR College Readiness 2012. 

The lowest non-significant predictor coefficient was removed 15 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (GENERAL FUNDS 

% OF CURRICULUM/STAFF DEVELOPMENT EXPENDITURES, FUNCTION 13,  = .028, 

t = .907, p = .365) was removed and another regression analysis was conducted which had an 

adjusted R2 of .207 (F(21, 938) = 12.920, p < .001).   

Therefore, the regression equation, including all predictors, is:  

2012 STAAR = - 0.144 (ALL FUNDS-COST PER STUD OF BILINGUAL PGM EXP) + - 

0.001 (ALL FUNDS-COST PER STUD TOT PAYROLL EXPENDITURES) + 1.201 (ALL 

FUNDS-% OF INSTRUC RES MEDIA SERV EXP, FCT12) + - 4.711 (GEN FUNDS-% OF 

CAMPUS ADMINISTRATION EXPEND, FCT23) + - 0.881 (ALL FUNDS-% OF 

SECURITY/MONITORING SERV EXP) + 0.021 (ALL FUNDS-COST OF STUD INSTR 

LEADERSHIP EXP, FCT21) + 0.755 (ALL FUNDS-% OF OTHER LOC & INTERMEDIATE 

REV) + - 0.001 (GEN FUNDS-COST PER STUD STATE REVENUE) + - 0.548 (ALL 

FUNDS-% OF INSTRUC + TRANSFER EXPEND-FCT11,95) + 0.000 (ALL FUNDS-TOTAL 

OTHER EXPENDITURES) + 0.000 (GEN FUNDS-COST PER STUD TOTAL RECEIPTS) + - 

0.028 (GEN FUNDS-COST OF STUD INSTR LEADERSHIP EXP, FCT21) + 5.150 (ALL 

FUNDS-% OF GENERAL ADM EXP) +  - 0.002 (GEN FUNDS-COST PER STUD OTHER 

LOC & INTERMED REV) + - 0.002 (GEN FUNDS-COST PER STUD TOT OTHER 

EXPENDITURES) + 0.729 (GEN FUNDS-% OF INSTRUC + TRANSFER EXPEND-
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FCT11,95) + 0.000 (ALL FUNDS-INSTRUC LEADERSHIP EXPEND, FCT21) + 3.598 (ALL 

FUNDS-% OF CAMPUS ADMINISTRATION EXPEND, FCT23) + 0.000 (GEN FUNDS-

TOTAL RECEIPTS) + 0.142 (GEN FUNDS-COST PER STUD OF BILINGUAL PGM EXP) + 

- 4.435 (GEN FUNDS-% OF GENERAL ADM EXP) + 61.556 

The predictors in the equation account for 20.7% of the explained variance. 
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Table 12 

Regression Model for Variables Predicting 2012 STAAR College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 61.556 9.054 6.799 < .001 

GEN FUNDS-COST PER STUD OTHER 

LOC &amp; INTERMED REV -.002 .001 -.111 -2.290 .022 

ALL FUNDS-% OF OTHER LOC &amp; 

INTERMEDIATE REV .755 .171 .206 4.402 < .001 

GEN FUNDS-COST PER STUD STATE 

REVENUE -.001 .000 -.093 -2.877 .004 

GEN FUNDS-TOTAL RECEIPTS .000 .000 .621 3.880 < .001 

GEN FUNDS-COST PER STUD TOTAL 

RECEIPTS .000 .000 .157 3.879 < .001 

ALL FUNDS-COST PER STUD TOT 

PAYROLL EXPENDITURES -.001 .000 -.142 -3.183 .002 

GEN FUNDS-COST PER STUD TOT 

OTHER EXPENDITURES -.002 .001 -.187 -2.737 .006 

ALL FUNDS-TOTAL OTHER 

EXPENDITURES .000 .000 -.281 -2.085 .037 

GEN FUNDS-% OF INSTRUC + 

TRANSFER EXPEND-FCT11,95 .729 .219 .247 3.331 .001 

ALL FUNDS-% OF INSTRUC + 

TRANSFER EXPEND-FCT11,95 -.548 .249 -.157 -2.197 .028 

ALL FUNDS-% OF INSTRUC RES 

MEDIA SERV EXP, FCT12 1.201 .572 .063 2.101 .036 

GEN FUNDS-COST OF STUD INSTR 

LEADERSHIP EXP, FCT21 -.028 .009 -.129 -3.009 .003 

ALL FUNDS-INSTRUC LEADERSHIP 

EXPEND, FCT21 .000 .000 -.310 -2.890 .004 

ALL FUNDS-COST OF STUD INSTR 

LEADERSHIP EXP, FCT21 .021 .006 .177 3.510 < .001 

GEN FUNDS-% OF CAMPUS 

ADMINISTRATION EXPEND, FCT23 -4.711 1.175 -.416 -4.009 < .001 

ALL FUNDS-% OF CAMPUS 

ADMINISTRATION EXPEND, FCT23 3.598 1.313 .283 2.740 .006 

GEN FUNDS-% OF GENERAL ADM EXP -4.435 1.234 -1.266 -3.595 < .001 

ALL FUNDS-% OF GENERAL ADM EXP 5.150 1.373 1.379 3.751 < .001 

ALL FUNDS-% OF 

SECURITY/MONITORING SERV EXP -.881 .429 -.061 -2.055 .040 

GEN FUNDS-COST PER STUD OF 

BILINGUAL PGM EXP .142 .046 1.058 3.094 .002 

ALL FUNDS-COST PER STUD OF 

BILINGUAL PGM EXP -.144 .044 -1.123 -3.234 .001 
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2011 ACT Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2011 ACT scores. Again, initial review indicated 

many of the variables could not be included in the regression model and were automatically 

eliminated by the software program.  Independent variables with high non-significant values (p > 

.299) were eliminated from the regression model. The remaining 50 financial variables produced 

an adjusted R2 of .424 (F(50, 850) = 14.264, p < .001) for the prediction 2011 ACT scores.  

The lowest non-significant predictor coefficient was removed 30 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS 

TOTAL EXPENDITURES BY OBJECT, NO 90S,  = .151, t = 1.573, p = .116) was removed 

and another regression analysis was conducted which had an adjusted R2 of .428 (F(19, 881) = 

36.511, p < .001).  Therefore, the regression equation, including all predictors, is:  

2011 ACT college readiness =  0.049 (ALL FUNDS-% OF STUDENTS WITH DISABIL PGM 

EXP) + - 0.002) (ALL FUNDS-COST OF STUD INSTRUC+TRANS EXP-FCT11,95) + - 0.092 

(ALL FUNDS-% OF SECURITY/MONITORING SERV EXP) + 0.158 (ALL FUNDS-% OF 

INSTRUC + TRANSFER EXPEND-FCT11,95) + 0.167 (ALL FUNDS-% OF 

GIFTED/TALENTED PROGRAM EXP) + 0.000 (ALL FUNDS-FEDERAL REVENUE) + - 

0.003 (GEN FUNDS-COST OF STUD INSTR LEADERSHIP EXP, FCT21) + - 0.116 (GEN 

FUNDS-% OF OTHER LOC & INTERMEDIATE REV) + 0.001 (GEN FUNDS-COST PER 

STUD WITH DISABIL PGM EXP) + - 0.007 (ALL FUNDS-COST PER STUD OF DATA 

PROCESS SERV EXP) + 0.080 (ALL FUNDS-% OF REGULAR PROGRAM EXP) + - 0.002 

(ALL FUNDS-COST OF STUD CAMPUS ADM EXPEND, FCT23) + 0.000 (GEN FUNDS-

COST PER STUD LOC TAX) + - 0.119 (ALL FUNDS-% OF GUID & COUNSELING SER 
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EXP, FCT31) + 0.178 (ALL FUNDS-% OF OTHER LOC & INTERMEDIATE REV) + 0.000 

(ALL FUNDS-DATA PROCESSING SERVICES, FCT53) + 0.000 (GEN FUNDS-COST PER 

STUD TOT PAYROLL EXPENDITURES) + 0.001 (ALL FUNDS-COST PER STUDENT OF 

TOT PGM OPER EXPEND) + 0.008 (GEN FUNDS-COST PER STUD OF DATA PROCESS 

SERV EXP) + 6.694 

The predictors in this equation account for 42.8% of the explained variance.  

Table 13 

Regression Model for Variables Predicting 2011 ACT College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 6.694 1.139 5.875 < .001 

GEN FUNDS-COST PER STUD LOC TAX .000 .000 .186 5.407 < .001 

GEN FUNDS-% OF OTHER LOC &amp; 

INTERMEDIATE REV 
-.116 .027 -.199 -4.319 < .001 

ALL FUNDS-% OF OTHER LOC &amp; 

INTERMEDIATE REV 
.178 .028 .310 6.269 < .001 

ALL FUNDS-FEDERAL REVENUE .000 .000 -.310 -5.272 < .001 

GEN FUNDS-COST PER STUD TOT PAYROLL 

EXPENDITURES 
.000 .000 .313 3.083 .002 

ALL FUNDS-% OF INSTRUC + TRANSFER 

EXPEND-FCT11,95 
.158 .021 .298 7.674 < .001 

ALL FUNDS-COST OF STUD 

INSTRUC+TRANS EXP-FCT11,95 
-.002 .000 -1.067 -6.999 < .001 

GEN FUNDS-COST OF STUD INSTR 

LEADERSHIP EXP, FCT21 
-.003 .001 -.084 -3.081 .002 

ALL FUNDS-COST OF STUD CAMPUS ADM 

EXPEND, FCT23 
-.002 .000 -.119 -3.180 .002 

ALL FUNDS-% OF GUID &amp; COUNSELING 

SER EXP, FCT31 
-.119 .055 -.094 -2.180 .029 

ALL FUNDS-% OF SECURITY/MONITORING 

SERV EXP 
-.092 .043 -.054 -2.121 .034 

GEN FUNDS-COST PER STUD OF DATA 

PROCESS SERV EXP 
.008 .003 .574 3.038 .002 

ALL FUNDS-DATA PROCESSING SERVICES, 

FCT53 
.000 .000 .256 4.319 < .001 

ALL FUNDS-COST PER STUD OF DATA 

PROCESS SERV EXP 
-.007 .003 -.550 -2.909 .004 

ALL FUNDS-COST PER STUDENT OF TOT 

PGM OPER EXPEND 
.001 .000 .570 4.144 < .001 

ALL FUNDS-% OF REGULAR PROGRAM EXP .080 .009 .331 8.461 < .001 

ALL FUNDS-% OF GIFTED/TALENTED 

PROGRAM EXP 
.167 .045 .100 3.688 < .001 

GEN FUNDS-COST PER STUD WITH DISABIL 

PGM EXP 
.001 .000 .112 2.966 .003 

ALL FUNDS-% OF STUDENTS WITH DISABIL 

PGM EXP 
.049 .018 .153 2.767 .006 
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2011 SAT Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2011 SAT scores. Again, initial review indicated 

many of the variables could not be included in the regression model and were automatically 

eliminated by the software program.  Independent variables with high non-significant values (p > 

.299) were eliminated from the regression model. The remaining 44 financial variables produced 

an adjusted R2 of .371 (F(44, 672) = 10.616, p < .001) for the prediction 2011 SAT scores.  

The lowest non-significant predictor coefficient was removed 22 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS 

FEDERAL REVENUE,  = - 186, t = - 1.570, p = .117) was removed and another regression 

analysis was conducted which had an adjusted R2 of .364 (F(21, 695) = 20.556, p < .001).  

Therefore, the regression equation, including all predictors, is:  

2011 SAT college readiness = 0.070 (ALL FUNDS-COST PER STUD OF ACCELERATED 

ED PGM EXP) + - 0.165 (ALL FUNDS-COST OF STUD CURR/STAFF DEVEL EXP, 

FCT13) + 0.003 (ALL FUNDS-COST PER STUDENT OF TOTAL DISPURSEMENTS) + 

3.535 (ALL FUNDS-% OF OTHER LOC & INTERMEDIATE REV) + 0.043 (GEN FUNDS-

COST PER STUD WITH DISABIL PGM EXP) + 0.014 (ALL FUNDS-COST PER STUD 

STATE REVENUE) + 0.000 (GEN FUNDS-FEDERAL REVENUE) + 0.131 (GEN FUNDS-

COST PER STUD FEDERAL REVENUE) + 0.000 (GEN FUNDS-LOCAL TAX) + 21.219 

(ALL FUNDS-% OF GENERAL ADM EXP) + 0.041 (GEN FUNDS-COST PER STUDENT 

OF REG PROGRAM EXP) + 0.140 (GEN FUNDS-COST OF STUD CURR/STAFF DEVEL 

EXP, FCT13 + - 0.001 (ALL FUNDS-COST PER STUD TOTAL RECEITPS) + - 0.038 (GEN 

FUNDS-COST PER STUD TOT OTHER EXPENDITURES) + - 0.004 (ALL FUNDS-COST 
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PER STUD TOT EXP BY OBJ--NO 90S) + 0.000 (ALL FUNDS-SECURITY/MONITORING 

SERVICE EXPEND FCT51) + - 0.038 (GEN FUNDS-COST PER STUDENT OF TOT PGM 

OPER EXPEND) + 1.877 (ALL FUNDS-% OF LOCAL TAXES) + - 4.284 (ALL FUNDS-% 

OF ACCELERATED ED PGM EXP) + - 13.090 (GEN FUNDS-% OF FEDERAL REVENUE) 

+ - 21.855 (GEN FUNDS-% OF GENERAL ADM EXP) + 911.451 

The predictors in the equation account for 36.4% of the explained variance. 
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Table 14 

Regression Model for Variables Predicting 2011 SAT College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 911.451 34.550 26.381 < .001 

GEN FUNDS-LOCAL TAX .000 .000 .432 5.429 < .001 

ALL FUNDS-% OF LOCAL TAXES 1.877 .472 .453 3.976 < .001 

ALL FUNDS-% OF OTHER LOC 

&amp; INTERMEDIATE REV 
3.535 .814 .155 4.344 < .001 

ALL FUNDS-COST PER STUD STATE 

REVENUE 
.014 .004 .349 3.211 .001 

GEN FUNDS-FEDERAL REVENUE .000 .000 .114 2.508 .012 

GEN FUNDS-% OF FEDERAL 

REVENUE 
-13.090 3.257 -.666 -4.019 < .001 

GEN FUNDS-COST PER STUD 

FEDERAL REVENUE 
.131 .030 .686 4.311 < .001 

ALL FUNDS-COST PER STUD 

TOTAL RECEITPS 
-.001 .000 -.147 -2.890 .004 

ALL FUNDS-COST PER STUD TOT 

EXP BY OBJ--NO 90S 
-.004 .001 -.203 -3.622 < .001 

GEN FUNDS-COST PER STUD TOT 

OTHER EXPENDITURES 
-.038 .007 -.319 -5.487 < .001 

GEN FUNDS-COST OF STUD 

CURR/STAFF DEVEL EXP, FCT13 
.140 .064 .107 2.174 .030 

ALL FUNDS-COST OF STUD 

CURR/STAFF DEVEL EXP, FCT13 
-.165 .043 -.204 -3.848 < .001 

GEN FUNDS-% OF GENERAL ADM 

EXP 
-21.855 6.354 -.667 -3.440 .001 

ALL FUNDS-% OF GENERAL ADM 

EXP 
21.219 7.263 .568 2.922 .004 

ALL FUNDS-

SECURITY/MONITORING SERVICE 

EXPEND, FCT5 

.000 .000 -.538 -6.282 < .001 

ALL FUNDS-COST PER STUDENT 

OF TOTAL DISPURSEMENTS 
.003 .001 .250 3.579 < .001 

GEN FUNDS-COST PER STUDENT 

OF TOT PGM OPER EXPEND 
-.030 .008 -.414 -4.028 < .001 

GEN FUNDS-COST PER STUDENT 

OF REG PROGRAM EXP 
.041 .008 .423 5.339 < .001 

GEN FUNDS-COST PER STUD WITH 

DISABIL PGM EXP 
.043 .013 .135 3.338 .001 

ALL FUNDS-% OF ACCELERATED 

ED PGM EXP 
-4.284 2.110 -.344 -2.031 .043 

ALL FUNDS-COST PER STUD OF 

ACCELERATED ED PGM EXP 
.070 .030 .409 2.348 .019 
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2011 TAKS College Readiness Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2011 TAKS College Readiness scores. Again, 

initial review indicated many of the variables could not be included in the regression model and 

were automatically eliminated by the software program.  Independent variables with high non-

significant values (p > .299) were eliminated from the regression model. The remaining 48 

financial variables produced an adjusted R2 of .245 (F(48, 914) = 7.503, p < .001) for the 

prediction TAKS College Readiness 2011. 

The lowest non-significant predictor coefficient was removed 21 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (GENERAL FUNDS 

COST PER STUDENT WITH DISABILITIES PROGRAM EXPENDITURES,  = .062, t = 

1.778, p = .076) was removed and another regression analysis was conducted which had an 

adjusted R2 of .244 (F(26, 936) = 12.944, p < .001).  Therefore, the regression equation, 

including all predictors, is: 

2011 TAKS College Readiness = - 0.230 (ALL FUNDS-% OF ACCELERATED ED PGM 

EXP) + 0.011 (GEN FUNDS-COST PER STUD OF INTERGOVERN CHARGES EXP) + 

0.034 (GEN FUNDS-COST OF STUD GUID & COUN SER EXP, FCT31) + 0.002 (ALL 

FUNDS-COST PER STUD STATE REVENUE) + 0.000 (ALL FUNDS-DATA PROCESSING 

SERVICES, FCT53) + 1.262 (ALL FUNDS-% OF OTHER LOC & INTERMEDIATE REV) + - 

0.069 (ALL FUNDS-COST PER STUD OF DATA PROCESS SERV EXP) + - 0.012 (ALL 

FUNDS-COST OF STUD CURR/STAFF DEVEL EXP, FCT13) + - 0.024 (GEN FUNDS-

COST OF STUD INSTR LEADERSHIP EXP, FCT21) + 0.449 (GEN FUNDS-% OF INSTRUC 

+ TRANSFER EXPEND-FCT11,95) + 0.664 (GEN FUNDS-% OF CAREER & 
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TECHNOLOGY PGM EXP) + - 0.935 (ALL FUNDS-% OF GUID & COUNSELING SER 

EXP, FCT31) + 0.011 (GEN FUNDS-COST PER STUDENT OF REG PROGRAM EXP) + 

0.273 (GEN FUNDS-% OF TOT PAYROLL EXPENDITURES) + 0.007 (GEN FUNDS-COST 

PER STUD OTHER LOC & INTERMED REV) + 0.000 (GEN FUNDS-OTHER LOCAL &; 

INTERMEDIATE REVENUE) + - 1.849 (GEN FUNDS-% OF INTERGOVERN CHARGES 

EXP) + 0.000 (ALL FUNDS-STATE REVENUE) + 0.000 (ALL FUNDS-OTHER LOCAL & 

INTERMEDIATE REVENUE) + - 0.237 (GEN FUNDS-% OF STATE REVENUE) + - 0.006 

(GEN FUNDS-COST PER STUD TOT PAYROLL EXPENDITURES) + - 2.207 (GEN 

FUNDS-% OF OTHER LOC & INTERMEDIATE REV) + 0.000 (ALL FUNDS-TOTAL 

RECEIPTS) + - 0.005 (ALL FUNDS-COST PER STUDENT OF REG PROGRAM EXP) + 

0.076 (GEN FUNDS-COST PER STUD OF DATA PROCESS SERV EXP) + 0.000 (GEN 

FUNDS-DATA PROCESSING SERVICES EXPEND, FCT53) + 19.849  

The predictors in the equation account for 24.4% of the explained variance. 
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Table 15 

Regression Model for Variables Predicting 2011 TAKS College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 19.849 7.808 2.542 .011 

GEN FUNDS-OTHER LOCAL &amp; 

INTERMEDIATE REVENUE .000 .000 .281 3.836 < .001 

GEN FUNDS-% OF OTHER LOC &amp; 

INTERMEDIATE REV -2.207 .399 -.537 -5.523 < .001 

GEN FUNDS-COST PER STUD OTHER LOC &amp; 

INTERMED REV .007 .002 .296 3.607 < .001 

ALL FUNDS-OTHER LOCAL &amp; 

INTERMEDIATE REVENUE .000 .000 -.201 -2.341 .019 

ALL FUNDS-% OF OTHER LOC &amp; 

INTERMEDIATE REV 1.262 .247 .313 5.098 < .001 

GEN FUNDS-% OF STATE REVENUE -.237 .070 -.311 -3.392 .001 

ALL FUNDS-STATE REVENUE .000 .000 -.300 -3.780 < .001 

ALL FUNDS-COST PER STUD STATE REVENUE .002 .001 .253 2.673 .008 

ALL FUNDS-TOTAL RECEIPTS .000 .000 .397 2.529 .012 

GEN FUNDS-% OF TOT PAYROLL EXPENDITURES .273 .084 .133 3.262 .001 

GEN FUNDS-COST PER STUD TOT PAYROLL 

EXPENDITURES -.006 .001 -.669 -6.910 < .001 

GEN FUNDS-% OF INSTRUC + TRANSFER 

EXPEND-FCT11,95 .449 .128 .147 3.518 < .001 

ALL FUNDS-COST OF STUD CURR/STAFF DEVEL 

EXP, FCT13 -.012 .004 -.086 -2.764 .006 

GEN FUNDS-COST OF STUD INSTR LEADERSHIP 

EXP, FCT21 -.024 .007 -.106 -3.273 .001 

GEN FUNDS-COST OF STUD GUID &amp; COUN 

SER EXP, FCT31 .034 .006 .207 5.561 < .001 

ALL FUNDS-% OF GUID &amp; COUNSELING SER 

EXP, FCT31 -.935 .329 -.107 -2.842 .005 

GEN FUNDS-DATA PROCESSING SERVICES 

EXPEND, FCT53 .000 .000 -.821 -2.948 .003 

GEN FUNDS-COST PER STUD OF DATA PROCESS 

SERV EXP .076 .022 .814 3.518 < .001 

ALL FUNDS-DATA PROCESSING SERVICES, 

FCT53 .000 .000 .636 2.455 .014 

ALL FUNDS-COST PER STUD OF DATA PROCESS 

SERV EXP -.069 .021 -.741 -3.217 .001 

GEN FUNDS-% OF INTERGOVERN CHARGES EXP -1.849 .397 -.256 -4.658 < .001 

GEN FUNDS-COST PER STUD OF INTERGOVERN 

CHARGES EXP .011 .003 .211 3.661 < .001 

GEN FUNDS-COST PER STUDENT OF REG 

PROGRAM EXP .011 .003 .789 4.070 < .001 

ALL FUNDS-COST PER STUDENT OF REG 

PROGRAM EXP -.005 .002 -.412 -2.149 .032 

GEN FUNDS-% OF CAREER &amp; TECHNOLOGY 

PGM EXP .664 .205 .114 3.248 .001 

ALL FUNDS-% OF ACCELERATED ED PGM EXP -.230 .068 -.101 -3.393 .001 
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2010 ACT Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2010 ACT scores. Again, initial review indicated 

many of the variables could not be included in the regression model and were automatically 

eliminated by the software program.  Independent variables with high non-significant values (p > 

.299) were eliminated from the regression model. The remaining 23 financial variables produced 

an adjusted R2 of .224 (F(46, 907) = 6.992, p < .001) for the prediction 2010 ACT scores.  

The lowest non-significant predictor coefficient was removed 32 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

CURRICULUM/STAFF DEVELOPMENT EXPENDITURES, FUNCTION 13,  = - .058, t = - 

1.883, p = .060) was removed and another regression analysis was conducted which had an 

adjusted R2 of .224 (F(13, 940) = 22.189, p < .001). 

Therefore, the regression equation, including all predictors, is: 

2010 ACT college readiness =  0.001 (ALL FUNDS-COST PER STUD WITH DISABIL PGM 

EXP) + - 0.167 (GEN FUNDS-% OF TOTAL OTHER EXPENDITURES) + 0.028 (GEN 

FUNDS-% OF LOCAL TAX) + 0.133 (GEN FUNDS-% OF OTHER LOC & INTERMEDIATE 

REV) + - 0.533 (ALL FUNDS-% OF CAMPUS ADMINISTRATION EXPEND, FCT23) + - 

0.233 (GEN FUNDS-% OF REGULAR PROGRAM EXPEND) + - 0.004 (GEN FUNDS-COST 

OF STUD INSTRUC+TRANS EXP-FCT11,95) + 0.137 (2010 Finance: Expenditure-

Instructional Expenditures Ratio) + - 2.406 (GEN FUNDS-% OF GENERAL ADM EXP) + 

0.001 (GEN FUNDS-COST PER STUD TOT OTHER EXPENDITURES) + 0.141 (ALL 

FUNDS-% OF REGULAR PROGRAM EXP) + 0.003 (GEN FUNDS-COST PER STUDENT 

OF REG PROGRAM EXP) + 2.195 (ALL FUNDS-% OF GENERAL ADM EXP) + 29.579 
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The predictors in the equation account for 22.4% of the explained variance. 

Table 16 

Regression Model for Variables Predicting 2010 ACT Scores College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 29.579 5.117 5.780 < .001 

2010 Finance: Expenditure-Instructional 

Expenditures Ratio .137 .052 .100 2.648 .008 

GEN FUNDS-% OF LOCAL TAX .028 .010 .089 2.853 .004 

GEN FUNDS-% OF OTHER LOC 

&amp; INTERMEDIATE REV .133 .047 .088 2.861 .004 

GEN FUNDS-% OF TOTAL OTHER 

EXPENDITURES -.167 .065 -.142 -2.588 .010 

GEN FUNDS-COST PER STUD TOT 

OTHER EXPENDITURES .001 .000 .233 2.843 .005 

GEN FUNDS-COST OF STUD 

INSTRUC+TRANS EXP-FCT11,95 -.004 .001 -.816 -5.810 < .001 

ALL FUNDS-% OF CAMPUS 

ADMINISTRATION EXPEND, FCT23 -.533 .175 -.100 -3.051 .002 

GEN FUNDS-% OF GENERAL ADM 

EXP -2.406 .483 -1.455 -4.978 < .001 

ALL FUNDS-% OF GENERAL ADM 

EXP 2.195 .545 1.234 4.026 < .001 

GEN FUNDS-% OF REGULAR 

PROGRAM EXPEND -.233 .079 -.261 -2.967 .003 

GEN FUNDS-COST PER STUDENT 

OF REG PROGRAM EXP .003 .001 .533 3.366 .001 

ALL FUNDS-% OF REGULAR 

PROGRAM EXP .141 .056 .204 2.498 .013 

ALL FUNDS-COST PER STUD WITH 

DISABIL PGM EXP .001 .000 .131 3.040 .002 

2010 SAT Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2010 SAT scores. Again, initial review indicated 

many of the variables could not be included in the regression model and were automatically 

eliminated by the software program.  Independent variables with high non-significant values (p > 
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.299) were eliminated from the regression model. The remaining 46 financial variables produced 

an adjusted R2 of .372 (F(46, 818) = 12.147, p < .001) for the prediction 2010 SAT scores.  

The lowest non-significant predictor coefficient was removed 25 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS COST 

PER STUDENT STATE REVENUE,  = .047, t = .844, p = .399) was removed and another 

regression analysis was conducted which had an adjusted R2 of .365 (F(20, 844) = 25.833 p < 

.001).  Therefore, the regression equation, including all predictors, is: 

2010 SAT college readiness = 2.341 (ALL FUNDS-COST PER STUD OF BILINGUAL PGM 

EXP) + 58.022 (ALL FUNDS-% OF DATA PROCESS SERVICES EXP) + 0.356 (GEN 

FUNDS-COST PER STUD OF ACCELERATED ED PGM EXP) + - 52.951 (GEN FUNDS-% 

OF STUDENTS WITH DISABIL PGM EXP) + - 0.258 (GEN FUNDS-COST OF STUD 

CAMPUS ADM EXPEND, FCT23) + 24.283 (ALL FUNDS-% OF GIFTED/TALENTED 

PROGRAM EXP) + 0.331 (ALL FUNDS-COST OF STUD CURR/STAFF DEVEL EXP, 

FCT13) + 29.207 (ALL FUNDS-% OF INSTRUC LEADERSHIP EXPEND, FCT21) + 0.032 

(GEN FUNDS-COST PER STUD LOC TAX) + 8.461 (GEN FUNDS-% OF INSTRUC + 

TRANSFER EXPEND-FCT11,95) + - 124.071 (GEN FUNDS-% OF GENERAL ADM EXP) + 

- 35.457 (GEN FUNDS-% OF REGULAR PROGRAM EXPEND) + - 0.247 (GEN FUNDS-

COST OF STUD INSTRUC+TRANS EXP-FCT11,95) + - 11.041 (ALL FUNDS-% OF 

ACCELERATED ED PGM EXP) + - 65.965 (GEN FUNDS-% OF DATA PROCESS 

SERVICES EXP) + 1.127 (GEN FUNDS-COST PER STUD WITH DISABIL PGM EXP) + 

0.720 (GEN FUNDS-COST PER STUDENT OF REG PROGRAM EXP) + 116.680 (ALL 

FUNDS-% OF GENERAL ADM EXP) + - 2.339 (GEN FUNDS-COST PER STUD OF 
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BILINGUAL PGM EXP) + - 0.524 (GEN FUNDS-COST PER STUDENT OF TOT PGM 

OPER EXPEND) + 3954.121 

The predictors in the equation account for 36.5% of the explained variance. 

Table 17 

Regression Model for Variables Predicting 2010 SAT College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) 3954.121 880.034 4.493 < .001 

GEN FUNDS-COST PER STUD LOC TAX .032 .006 .211 5.449 < .001 

GEN FUNDS-% OF INSTRUC + 

TRANSFER EXPEND-FCT11,95 8.461 3.741 .099 2.262 .024 

GEN FUNDS-COST OF STUD 

INSTRUC+TRANS EXP-FCT11,95 -.247 .061 -.634 -4.071 < .001 

ALL FUNDS-COST OF STUD 

CURR/STAFF DEVEL EXP, FCT13 .331 .126 .080 2.624 .009 

ALL FUNDS-% OF INSTRUC 

LEADERSHIP EXPEND, FCT21 29.207 11.631 .079 2.511 .012 

GEN FUNDS-COST OF STUD CAMPUS 

ADM EXPEND, FCT23 -.258 .105 -.110 -2.468 .014 

GEN FUNDS-% OF GENERAL ADM EXP -124.071 29.758 -1.073 -4.169 < .001 

ALL FUNDS-% OF GENERAL ADM EXP 116.680 31.901 .942 3.658 < .001 

GEN FUNDS-% OF DATA PROCESS 

SERVICES EXP -65.965 26.463 -.192 -2.493 .013 

ALL FUNDS-% OF DATA PROCESS 

SERVICES EXP 58.022 29.379 .152 1.975 .049 

GEN FUNDS-COST PER STUDENT OF 

TOT PGM OPER EXPEND -.524 .145 -1.709 -3.621 < .001 

GEN FUNDS-% OF REGULAR 

PROGRAM EXPEND -35.457 11.001 -.571 -3.223 .001 

GEN FUNDS-COST PER STUDENT OF 

REG PROGRAM EXP .720 .173 1.747 4.160 < .001 

ALL FUNDS-% OF GIFTED/TALENTED 

PROGRAM EXP 24.283 9.078 .077 2.675 .008 

GEN FUNDS-% OF STUDENTS WITH 

DISABIL PGM EXP -52.951 18.590 -.453 -2.848 .005 

GEN FUNDS-COST PER STUD WITH 

DISABIL PGM EXP 1.127 .284 .714 3.971 < .001 

GEN FUNDS-COST PER STUD OF 

ACCELERATED ED PGM EXP .356 .065 .282 5.472 < .001 

ALL FUNDS-% OF ACCELERATED ED 

PGM EXP -11.041 3.195 -.175 -3.455 .001 

GEN FUNDS-COST PER STUD OF 

BILINGUAL PGM EXP -2.339 1.035 -.789 -2.259 .024 

ALL FUNDS-COST PER STUD OF 

BILINGUAL PGM EXP 2.341 .983 .834 2.381 .017 
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2010 TAKS College Readiness Regression Model 

The same multiple regression approach was used to examine which independent variables 

from TEA could be used to predict impact on 2010 TAKS College Readiness scores. Again, 

initial review indicated many of the variables could not be included in the regression model and 

were automatically eliminated by the software program.  Independent variables with high non-

significant values (p > .299) were eliminated from the regression model. The remaining 44 

financial variables produced an adjusted R2 of .279 (F(44, 913) = 9.428, p < .001) for the 

prediction 2010 TAKS college readiness. 

The lowest non-significant predictor coefficient was removed 21 times and the model 

reanalyzed.  The final predictor with the lowest non-significant coefficient (ALL FUNDS COST 

PER STUDENT STATE REVENUE,  = .167, t = 1.839, p = .066) was removed and another 

regression analysis was conducted which had an adjusted R2 of .277 (F(22, 935) = 17.639, p < 

.001). Therefore, the regression equation, including all predictors, is: 

2010 TAKS College Readiness = 0.010 ALL FUNDS-COST PER STUD OF ACCELERATED 

ED PGM EXP) + 0.006 (GEN FUNDS-COST PER STUD FEDERAL REVENUE) + 3.246 

(ALL FUNDS-% OF PLANT MAINT/OPERA EXP, FCT51) + 0.000 (ALL FUNDS-OTHER 

LOCAL & INTERMEDIATE REVENUE) + 0.001 (GEN FUNDS-COST PER STUD OTHER 

LOC & INTERMED REV) + - 1.527 (ALL FUNDS-% OF CAMPUS ADMINISTRATION 

EXPEND, FCT23) + 0.010 (ALL FUNDS-COST OF STUD GUID & COUN SER EXP, 

FCT31) + - 1.529 (GEN FUNDS-% OF INSTRUC LEADERSHIP EXPEND, FCT21) + - 0.088 

(ALL FUNDS-% OF STATE REVENUE) + 3.364 (ALL FUNDS-% OF GENERAL ADM 

EXP) + 0.347 (ALL FUNDS-% OF REGULAR PROGRAM EXP) + - 0.014 (GEN FUNDS-

COST OF STUD INSTRUC+TRANS EXP-FCT11,95) + 1.193 (GEN FUNDS-% OF INSTRUC 

83



+ TRANSFER EXPEND-FCT11,95) + 0.000 (ALL FUNDS-TOTAL DISBURSEMENTS) + - 

0.007 (ALL FUNDS-COST PER STUD FEDERAL REVENUE) + - 3.218 (GEN FUNDS-% OF 

PLANT MAINT/OPERA EXP, FCT51) + - 0.024 (ALL FUNDS-COST PER STUDENT OF 

PLANT MAINT/OPERA EXP) + 0.005 (ALL FUNDS-COST PER STUDENT OF TOT PGM 

OPER EXPEND) + - 0.809 (ALL FUNDS-% OF ACCELERATED ED PGM EXP) + - 2.2769 

(GEN FUNDS-% OF GENERAL ADM EXP) + 0.034 (GEN FUNDS-COST PER STUDENT 

OF PLANT MAINT/OPERA EXP) + 0.000 (ALL FUNDS-TOTAL EXPENDITURES BY OBJ-

-NO 90S) + - 0.884 

The predictors in the equation account for 27.7% of the explained variance. 
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Table 18 

Regression Model for Variables Predicting 2010 TAKS College Readiness 

Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. B Std. Error Beta 

(Constant) -.884 13.430 -.066 .948 

GEN FUNDS-COST PER STUD 

OTHER LOC &amp; INTERMED REV .001 .001 .078 2.499 .013 

ALL FUNDS-OTHER LOCAL &amp; 

INTERMEDIATE REVENUE .000 .000 .182 2.780 .006 

ALL FUNDS-% OF STATE REVENUE -.088 .027 -.098 -3.212 .001 

GEN FUNDS-COST PER STUD 

FEDERAL REVENUE .006 .002 .165 3.122 .002 

ALL FUNDS-COST PER STUD 

FEDERAL REVENUE -.007 .002 -.373 -4.396 < .001 

ALL FUNDS-TOTAL 

EXPENDITURES BY OBJ--NO 90S .000 .000 -.952 -2.728 .006 

GEN FUNDS-% OF INSTRUC + 

TRANSFER EXPEND-FCT11,95 1.193 .192 .374 6.221 < .001 

GEN FUNDS-COST OF STUD 

INSTRUC+TRANS EXP-FCT11,95 -.014 .002 -.938 -7.216 < .001 

GEN FUNDS-% OF INSTRUC 

LEADERSHIP EXPEND, FCT21 -1.529 .517 -.093 -2.959 .003 

ALL FUNDS-% OF CAMPUS 

ADMINISTRATION EXPEND, FCT23 -1.527 .415 -.111 -3.680 < .001 

ALL FUNDS-COST OF STUD GUID 

&amp; COUN SER EXP, FCT31 .010 .003 .143 3.444 .001 

GEN FUNDS-% OF GENERAL ADM 

EXP -2.769 1.270 -.641 -2.181 .029 

ALL FUNDS-% OF GENERAL ADM 

EXP 3.364 1.370 .723 2.455 .014 

GEN FUNDS-% OF PLANT 

MAINT/OPERA EXP, FCT51 -3.218 1.145 -.575 -2.810 .005 

GEN FUNDS-COST PER STUDENT 

OF PLANT MAINT/OPERA EXP .034 .009 1.095 3.635 < .001 

ALL FUNDS-% OF PLANT 

MAINT/OPERA EXP, FCT51 3.246 1.245 .570 2.608 .009 

ALL FUNDS-COST PER STUDENT 

OF PLANT MAINT/OPERA EXP -.024 .008 -.822 -2.844 .005 

ALL FUNDS-TOTAL 

DISBURSEMENTS .000 .000 .790 2.300 .022 

ALL FUNDS-COST PER STUDENT 

OF TOT PGM OPER EXPEND .005 .001 .564 4.579 < .001 

ALL FUNDS-% OF REGULAR 

PROGRAM EXP .347 .078 .195 4.440 < .001 

ALL FUNDS-% OF ACCELERATED 

ED PGM EXP -.809 .373 -.342 -2.171 .030 

ALL FUNDS-COST PER STUD OF 

ACCELERATED ED PGM EXP .010 .005 .332 2.051 .041 
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Summary 

Chapter 4 describes the result of the multiple regression analysis used to answer the 

research question that guided this study.  For the 2010-1011 school year, the resulting regression 

model of certain financial predictors accounted for 22.4% of the variance in ACT scores, 36.5% 

of the variance in SAT scores, and 27.7% of the variance in TAKS college readiness scores.  In 

the 2011-2012 school year, the resulting regression model of certain financial predictors 

accounted for 42.8% of the variance in ACT scores, 36.4% of the variance in SAT scores, and 

24.4% of the variance in TAKS college readiness scores.  For the 2012-1013 school year, the 

resulting regression model of certain financial predictors accounted for 43.5% of the variance in 

ACT scores, 34.9% of the variance in SAT scores, and 20.7% of the variance in TAKS college 

readiness scores.  

In the 2013-2014 school year, the resulting regression model of certain financial 

predictors accounted for 44.2% of the variance in ACT scores, 34.9% of the variance in SAT 

scores, and 15.8% of the variance in TAKS college readiness scores.  In the 2014-2015 school 

year, the resulting regression model of certain financial predictors accounted for 30.1% of the 

variance in ACT scores, 42.6% of the variance in SAT scores, and 22.9% of the variance in 

TAKS college readiness scores.  This means that using the multiple regression model and 

resulting financial variable predictors can significantly predict, with more than 40% accuracy, 

students’ performance on national and state assessments in terms of college readiness.  The 

implications of these findings are discussed in Chapter 5. 
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CHAPTER 5 

DISCUSSION 

The overall purpose of this research study was to explore the impact of instructional 

expenditures on educational outcomes.  Specifically, this study explored the impact of 

instructional expenditure ratios as well as the per-pupil instructional expenditures of Texas 

school districts on student performance college readiness indicators as measured by state (TAKS 

and STAAR Mathematics and ELA areas) and national (ACT and SAT scores) assessments.  In 

addition, this study also examined the difference between student performance college readiness 

indicators on state (TAKS and STAAR Mathematics and ELA areas) and national (ACT and 

SAT scores) assessments as a function of Texas public school district instructional spending over 

a 5-year period. 

Financial and college readiness data from more than 1,025 public school districts in 

Texas were included in the analysis.  Financial data used in the study included TEA district 

expenditure and revenue percentages and per-pupil amounts.  Student performance data used in 

the study included SAT and ACT scores, and college readiness scores from TAKS and STAAR. 

The TEA financial data and the SAT, ACT, and state college readiness scores used were from 

the 2010-2011 through the 2014-2015 academic years.   A multiple regression research design 

was used to answer the following research questions:  

1. What is the impact of certain state instructional expenditure measures (IER and

per-pupil spending) on student performance outcomes as measured by ACT and 

SAT scores? 
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2. What is the impact of certain state instructional expenditure measures (IER and

per-pupil spending) on student performance outcomes as measured by 

mathematics and ELA TAKS and STAAR scores? 

This chapter provides the major findings, relationship to the research, implications, limitations, 

and recommendations for future research. 

Major Findings 

Chapter 5 presents quantitative evidence that answers the research question that guided 

this study.  Evidence seemed to indicate that there is a stronger impact from certain expenditures 

on student performance on national assessments as opposed to state assessments.  In almost all 5 

years of this study, the impact on SAT and ACT scores was significantly higher than the impact 

of expenditures and revenue on TAKS or STAAR college readiness scores.  Only once, with the 

2010 ACT scores, did the regression model fail to explain more than 30% or 40% of the variance 

(it was 22.4%).  On the other hand, the STAAR/TAKS college readiness scores went from 

15.8% to 27.7% of explaining the variance. 

On average, ACT scores over the 5-year period explained 36.6% of the variance with a 

range of more than 19%.  SAT scores during the same period of time averaged explaining 37.1% 

of the variance with a range of only 7.7 percentage points.  College readiness on STAAR and 

TAKS during the 5-year period only averaged explaining 18.3% of the variance with a range of 

11.9 percentage points.  This study seemed to show a statistically significant percentage of the 

variability of  SAT, ACT, and some TAKS and STAAR scores can be explained by certain 

common expenditures and revenues.  

For all 5 years of the ACT models, there were 12 common expenditure variables and six 

common revenue variables.  One finance variable, ALL FUNDS - % OF REGULAR 
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PROGRAM EXPENDITURES, was included as a predictor in four of the ACT models, 2010, 

2011, 2012, and 2013.  Three variables were included as predictors in three of the ACT models:  

GENERAL FUNDS – COST PER STUDENT OF INSTRUCTION & TRANFER 

EXPENDITURES, FUNCTION 11 AND 95 in the years 2010, 2012, and 2014; IER in the years 

2010, 2012, and 2014; and GENERAL FUNDS - % OF INSTRUCTIONAL & TRANSFER 

EXPENDITURES, FUNCTION 11 AND 95 in 2012, 2013, and 2014.  Eight finance variables 

were common in ACT models for 2 of the 5 years, including GENERAL FUNDS - % OF 

GENERAL ADMINISTRATION EXPENDITURES, GENERAL FUNDS – COST PER 

STUDENT OF REGULAR PROGRAM EXPENDITURES, GENERAL FUNDS – COST PER 

STUDENT OF ACCELERATED EDUCATION PROGRAM EXPENDITURES, GENERAL 

FUNDS - % OF ACCELERATED EDUCATION PROGRAM EXPENDITURES, ALL FUNDS 

- % OF INSTRUCTIONAL & TRANSFER EXPENDITURES, FUNCTION 11 & 95, ALL 

FUNDS - % OF STUDENTS WITH DISABILITY PROGRAM EXPENDITURES, ALL 

FUNDS - % OF TOTAL OTHER EXPENDITURES, and ALL FUNDS - % OF DATA 

PROCESS SERVICES EXPENDITURES.  

One revenue fund, GENERAL FUNDS - % OF OTHER & LOCAL INTERMEDIATE 

REVENUE, was common in four of the ACT models for 2010, 2011, 2013, and 2014.  The other 

five revenue funds were predictors in two of the ACT model years, and included GENERAL 

FUNDS – TOTAL OPERATING REVENUE, GENERAL FUNDS - % OF FEDERAL 

REVENUE, GENERAL FUNDS – COST PER STUDENT FEDERAL REVENUE, ALL 

FUNDS - % OF OTHER LOCAL AND INTERMEDIATE REVENUE, and GENERAL 

FUNDS - % OF OTHER LOCAL AND INTERMEDIATE REVENUE.  
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For all 5 years of the SAT models, there were 16 common expenditure variables and five 

common revenue variables. Three variables were included as predictors in three of the ACT 

models:  GENERAL FUNDS – SECURITY & MONITORING SERVICE EXPENDITURES, 

FUNCTION 52 in the years 2012, 2013, and 2014; IER in the years 2012, 2013, and 2014; and 

GENERAL FUNDS – COST PER STUDENT WITH DISABILITIES PROGRAM 

EXPENDITURE in 2010, 2011, and 2013.  Thirteen finance variables were common in ACT 

models for 2 of the 5 years, including ALL FUNDS – COST PER STUDENT OF BILINGUAL 

PROGRAM EXPENDITURES, GENERAL FUNDS – COST PER STUDENT OF 

BILINGUAL PROGRAM EXPENDITURES, GENERAL FUNDS – % OF GENERAL 

ADMINISTRATION EXPENDITURES, ALL FUNDS – % OF GENERAL 

ADMINISTRATION EXPENDITURES, GENERAL FUNDS – % OF STUDENT WITH 

DISABILITIES PROGRAM EXPENDITURE, GENERAL FUNDS – COST PER STUDENT 

OF REGULAR PROGRAM EXPENDITURES, ALL FUNDS – PLANT 

MAINTENANCE/OPERATION EXPENDITURES, FUNCTION 51, ALL FUNDS – %  OF 

ACCELERATED EDUCATION PROGRAM EXPENDITURES, GENERAL FUNDS – 

COSTER PER STUDENT OF TOTAL OTHER EXPENDITURES, ALL FUNDS – COST PER 

STUDENT OF CURRICULUM/STAFF DEVELOPMENT EXPENDITURES, FUNCTION 13, 

GENERAL FUNDS, COST PER STUDENT OF CAMPUS ADMINISTRATION 

EXPENDITURES, FUNCTION 23, ALL FUNDS = COST PER STUDENT OF CAMPUS 

ADMINISTRATION EXPENDITURES, FUNCTION 23, and ALL FUNDS - % OF 

INSTRUCTIONAL LEADERSHIP EXPENDITURES, FUNCTION 21.  

One revenue fund, ALL FUNDS - % OF OTHER & LOCAL INTERMEDIATE 

REVENUE, was common in three of the ACT models for 2011, 2012, and 2014.  The other four 
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revenue funds were predictors in two of the ACT model years, and included GENERAL FUNDS 

– TOTAL OPERATING REVENUE, GENERAL FUNDS – COST PER STUDENT FEDERAL

REVENUE, GENERAL FUNDS - % OF FEDERAL REVENUE, and ALL FUNDS – STATE 

REVENUE.  

For all 5 years of the college readiness percent on TAKS/STAAR models, there were 12 

common expenditure variables and seven common revenue variables. Two variables were 

included as predictors in three of the TAKS/STAAR models:  GENERAL FUNDS – % OF 

INSTRUCTIONAL & TRANSFER EXPENDITURES, FUNCTION 11 & 95 in the years 2010, 

2011, and 2012; and ALL FUNDS – COST PER STUDENT GUIDANCE & COUNSELING 

SERVICE EXPENDITURE, FUNCTION 31 in 2010, 2013, and 2014.  Ten finance variables 

were common in TAKS/STAAR models for 2 of the 5 years, including GENERAL FUNDS – 

COST PER STUDENT PLANT MAINTENANCE/OPERATIONS EXPENDITURES, ALL 

FUNDS – % OF GENERAL ADMINISTRATION EXPENDITURES, GENERAL FUNDS – 

COST PER STUDENT OF TOTAL PAYROLL EXPENDITURES, GENERAL FUNDS – % 

OF GENERAL ADMINISTRATION EXPENDITURES, GENERAL FUNDS – % OF PLANT 

MAINTENANCE/OPERATIONS EXPENDITURES, FUNCTION 51, ALL FUNDS - % OF 

INSTRUCTIONAL & TRANSFER EXPENDITURES, FUNCTION 11 & 95, ALL FUNDS - % 

OF CAMPUS ADMINISTRATION EXPENDITURES, FUNCTION 23, ALL FUNDS - % OF 

GUIDANCE & COUNSELING SERVICE EXPENDITURES, FUNCTION 31, GENERAL 

FUNDS – COST PER STUDENT OF INSTRUCTIONAL LEADERSHIP EXPENDITURES, 

FUNCTION 21, and ALL FUNDS - % OF SECURITY/MONITORING SERVICE 

EXPENDITURES.  
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Two revenue funds, ALL FUNDS - % OF OTHER & LOCAL INTERMEDIATE 

REVENUE for 2011, 2012, and 2014, and GENERAL FUNDS – COST PER STUDENT OF 

OTHER & LOCAL INTERMEDIATE REVENUE for 2010, 2011, and 2012, were common 

predictors in the TAKS/STAAR models.  The other five revenue funds were predictors in two of 

the TAKS/STAAR model years, and included:  GENERAL FUNDS – % OF OTHER & LOCAL 

INTERMEDIATE REVENUE, ALL FUNDS - % OF FEDERAL REVENUE, ALL FUNDS - 

OTHER & LOCAL INTERMEDIATE REVENUE, GENERAL FUNDS – COST PER 

STUDENT OF FEDERAL REVENUE, and ALL FUNDS - % OF STATE REVENUE.  

Furthermore, these regression model predictors may provide insight for state policy 

makers and local decision makers, including district-level administrators and school boards.  

This information may be used to potentially increase college readiness on national and state 

assessments, as decision makers at all levels gain insights into how resources should be allocated 

to maximize student performance.  

Relationship to Research 

The results of this research seem to follow similar outcomes of previous studies that 

found fiscal resource impact on student performance (Arrington, 2010; Baker & Levin, 2014; 

Houck, et al., 2010; Jimenes & Castellanos, 2010; Lee, 2010; and Nguyen-Hoang, 2014).  More 

specifically, IER was a significant predictor variable in several years of this study, particularly 

with the ACT and SAT models.  This would seem to affirm research done by Helvey (2006), 

Rodriguez and Slate (2009), and Jones and Slate (2009) that found IER impacted student 

performance.  

IER’s significance in previous research and policy making dates back more than a 

decade.  The findings of research that centered on IER starting back in 2006 is what initiated this 
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study, with particular interest spurred by Schulte and Slate’s (2011) inclusion of college 

readiness as the performance variable.  This study seems to reinforce the importance of public 

school districts in Texas paying attention to their IER.  It also seems to validate Texas policy 

makers’ decision to continue to report IER as a key financial variable on state accountability 

reports. 

While this study produced models that showed impact on college readiness, there seems 

to be a connection with a few other trailblazing studies that examined college readiness as a 

performance outcome impacted by expenditure variables.  Schulte & Slate (2011), Cullen 

(2012), and Cullen, et al. (2014) all produced research similar to this study where college 

readiness was measured as an output variable, and the results showed a significant level of 

impact by the certain financial variables.  

The research results seem to provide consistent and stronger predictors of college 

readiness from the ACT and SAT models.  This comes in light of trends where the ACT has 

become the more popular test nationwide, but elite college admittance still sees more SAT scores 

submitted than ACT, though admissions departments will say either is fine (Adams, 2015).  

Policy makers are also making current decisions that connect to this study.  The results of the 

research seem to indicate some predictor variables that may impact college readiness.  This 

coincides with the recent trend of a growing emphasis on preparing high school graduates who 

are postsecondary ready.  In the spring of 2017, the THECB is assembling a team of educators to 

review and update the college and career readiness standards for math and ELA (Booker, 2017). 

Another connection to research may be in the area of targeting fiscal adequacy and 

efficiency as objectives.  Research by Glenn (2006, 2008, & 2009) showed the court’s ability to 

impact adequacy in school funding, and this research seems to suggest that the allocation of 
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funds may be manipulated to impact the efficient outcome of those funds on performance.  

Boone (2009) and Odden and Picus (2014) also conducted research that this study seems to 

affirm in regards to the need for consideration for resource allocation that adequately impacts 

student performance.  

The most common expenditure predictors in the models, particularly the ACT and SAT 

models, were IER and those oriented by function with instruction and by program with the 

regular program.  Several specific program expenditures also were common among the models, 

including bilingual and students with disabilities.  These findings are in line with much of the 

previous research listed in this section that found an impact of fiscal resource allocation on 

student performance.  

Implications 

The results of the statistical analysis indicate that some regression models of expenditure 

and revenue variables can predict SAT and ACT scores, along with college readiness on TAKS 

and STARR.  These predictors explained an average of 30.6% of the variability over all 5 years 

of data collected.  Because of these findings, this study may suggest a focus on specific 

expenditures and revenues for resource allocation at specific times that may predict measurable 

success for student college readiness on national and state assessments.  

For the ACT models, three expenditure variables and two revenue variables seemed to 

matter the most.  ALL FUNDS - % OF REGULAR PROGRAM EXPENDITURE carried a 

standardized coefficient beta weight of .260 with a significance level of .000 over 4 of the last 5 

years.  GENERAL FUNDS – COST PER STUDENT OF INSTRUCTIONAL & TRANSFER 

EXPENDITURE, FUNCTION 11 & 95 carried a standardized coefficient beta weight of -.184 

with a significance level of .001 over 3 of the last 5 years.  IER carried a standardized coefficient 
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beta weight of .151 with a significance level of .001 over 3 of the last 5 years.  For revenue 

funds, GENERAL FUNDS - % OF OTHER LOCAL & INTERMEDIATE REVENUE carried a 

standardized coefficient beta weight of -.238 with a significance level of .000 over 4 of the last 5 

years.  GENERAL FUNDS – TOTAL OPERATING REVENUE carried a standardized 

coefficient beta weight of .794 with a significance level of .000 over 2 of the last 5 years.  For 

ACT models, the expenditure funds districts have the most control over are INSTRUCTIONAL 

& TRANSFER and IER.  The revenue funds that districts have the most control over are 

OTHER LOCAL & INTERMEDIATE and OPERATING REVENUE.  

For the SAT models, four expenditure variables and two revenue variables seemed to 

matter the most.  GENERAL FUNDS – SECURITY/MONITORING SERVICE 

EXPENDITURE, FUNCTION 52 carried a standardized coefficient beta weight of -.404 with a 

significance level of .001 over 3 of the last 5 years.  IER carried a standardized coefficient beta 

weight of .150 with a significance level of .002 over 3 of the last 5 years.  GENERAL FUNDS – 

COST PER STUDENT WITH DISABILITY PROGRAM EXPENDITURES carried a 

standardized coefficient beta weight of .135 with a significance level of .001 over 3 of the last 5 

years.  ALL FUNDS – COST PER STUDENT OF BILINGUAL PROGRAM EXPENDITURES 

carried a standardized coefficient beta weight of .834 with a significance level of .017 over 2 of 

the last 5 years.  For revenue funds, ALL FUNDS - % OF OTHER LOCAL & 

INTERMEDIATE REVENUE carried a standardized coefficient beta weight of .155 with a 

significance level of .000 over 3 of the last 5 years.  GENERAL FUNDS – TOTAL 

OPERATING REVENUE carried a standardized coefficient beta weight of .916 with a 

significance level of .000 over 2 of the last 5 years.  For SAT models, the expenditure funds 

districts have the most control over are IER and DISABILITY & BILINGUAL PROGRAM. 
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The revenue funds that districts have the most control over are OTHER LOCAL & 

INTERMEDIATE and TOTAL OPERATING.  

For the TAKS/STAAR models, two expenditure variables and two revenue variables 

seemed to matter the most.  GENERAL FUNDS - % OF INSTRUCTIONAL & TRANSFER 

EXPENDITURE carried a standardized coefficient beta weight of .374 with a significance level 

of .000 over 3 of the last 5 years.  ALL FUNDS – COST PER STUDENT OF GUIDANCE & 

COUNSELING SERVICE EXPENDITURE, FUNCTION 31 carried a standardized coefficient 

beta weight of .143 with a significance level of .001 over 3 of the last 5 years.  For revenue 

funds, ALL FUNDS - % OF OTHER LOCAL & INTERMEDIATE REVENUE carried a 

standardized coefficient beta weight of .313 with a significance level of .000 over 3 of the last 5 

years.  GENERAL FUNDS – COST PER STUDENT OF OTHER LOCAL & INTERMEDIATE 

REVENUE carried a standardized coefficient beta weight of .296 with a significance level of 

.000 over 3 of the last 5 years.  For College Readiness % of TAKS/STAAR models, the 

expenditure fund districts have the most control over are INSTRUCTIONAL & TRANSFER.  

The revenue funds that districts have the most control over are OTHER LOCAL & 

INTERMEDIATE. 

Although state education funding totals have seen recent overall increases in the last few 

legislative sessions, the percentage of state versus local contribution has grown to lean more on 

local funds.  It is important for districts to be wise and intentional in efficient resource allocation 

that may impact student performance.  Using the results from this data analysis could prove 

helpful for districts seeking to measure their fiscal efficiency.   Particular attention to the 

common predictor areas of IER, instruction, and the regular school program as key variables 

could make an impact on college readiness.  Moreover, these tools can be used to help state 

96



lawmakers set policy and fiscal targets that assist districts in moving towards improved college 

readiness for students.  

Limitations  

In research design, there may be influences affecting internal and external validity.  

Internal validity is how changes in the dependent variable impact the independent variable 

without influence from another variable.  Examples include data collector characteristics, data 

collector bias, location, instrumentation, testing, regression, and implementation.  External 

validity is how applicable the research results are to other situations or research settings 

(Fraenkel Wallen, & Hyun, 2012). 

Another limitation is using the mean scores of ACT and SAT.  Mean can be considered a 

weak measure of central tendency, as it does not factor in outliers pulling it up or down.  This, 

coupled with the fact that a higher number of students taking are taking the ACT over the SAT, 

could be a limitation (Adams, 2015).  Probably the most significant limitation is measuring 

college readiness on state assessments as a percent rather than a score. 

Recommendations for Future Research 

There are several different opportunities for future research.  Further study is needed to 

analyze student performance by sub population to see how resource allocations affect different 

groups of students.  This could be further enhanced by narrowing down the expenditure and 

revenue variables to more specific categories or groups.  Furthermore, an additional replicate 

study in this area could focus on district demographics, particularly socioeconomic status and 

English language learners.  Including non-financial variables could strengthen this type of study 

and further expand the research on identifying factors impacting college readiness.  
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Another area of research opportunity may be found in comparing fixed versus variable 

costs in school finance.  Separating programs and funds that are generally set each year from 

those areas where more local discretion can be applied could offer some interesting insight.  

Narrowing in on funding areas and how they are impacted during significant budget shortfalls 

and gains could be prove to be an important study.  

Bringing a qualitative methodology piece to this study could also provide insight for 

policy and decision makers.  Looking carefully at intra-district variation through a case study 

model may provide insights into how certain schools with certain demographic and financial 

factors are experiencing success.  This could be done across the state in numerous ways, 

examining again non-financial variables that are positively impacting student performance.  

Additionally, further examining the college readiness piece of this study has the potential 

to bring significant insight into this area of research.  It could be wise to examine what Texas 

defines college readiness as versus what ETS and the College Board define college readiness as. 

There are different data elements that may be used to measure success at the postsecondary level, 

including retention rates and percentage of students taking remedial courses.  Further analysis in 

this particular area using different data could provide more insight for educational leaders. This 

could also include looking at the discrepancy between national ACT/SAT scores and state 

college readiness percentages.  The researcher recommends looking at the correlation between 

SAT/ACT and college readiness on TAKS/STAAR. 

Summary 

The purpose of this research study was to explore the impact of instructional expenditures 

on educational outcomes.  Specifically, this study explored the impact of instructional 

expenditure ratios as well as the per-pupil instructional expenditures of Texas school districts on 
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student performance college readiness indicators as measured by state (TAKS and STAAR 

Mathematics and ELA areas) and national (ACT and SAT scores) assessments.  In addition, this 

study also examined the difference between student performance college readiness indicators on 

state (TAKS and STAAR Mathematics and ELA areas) and national (ACT and SAT scores) 

assessments as a function of Texas public school district instructional spending over a 5-year 

period.  Fifteen different regression models were established with various significant predictors 

of expenditures and revenue funds.  These models explained up to 46% of the variance for 

college readiness scores over the 5-year period. 

Through the analysis of the data, the study makes a significant contribution to the body of 

research in regards to financial variable impact on college readiness.  This research affirms 

previous studies that money does impact student performance, particularly the research 

connecting funding to college readiness.  Outcomes produced from the data analysis may provide 

state and local decision makers insight on how to allocate funds that may increase college 

readiness achievement.  
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For the ACT regression model, the predictor with the lowest, non-significant regression 

coefficient (2014 Finance: Instructional Expenditures Ratio,  = - .008, t = - .267, p = .790) was 

removed and another regression analysis was conducted which had an adjusted R2 of .306 

(F(22,869) = 18.863, p < .001). The predictor with the lowest, non-significant regression 

coefficient (ALL FUNDS-INSTRUCTION + TRANSFER EXPEND-FCT11, 95,  = -.058, t = 

.328, p = .743) was removed and another regression analysis was conducted which had an 

adjusted R2 of .307 (F(20, 870) = 20.774, p < .001). The predictor with the lowest, non-

significant regression coefficient (ALL FUNDS-COST PER STUD TOTAL RECEITPS  = - 

.028, t = - .829, p = .407) was removed and another regression analysis was conducted which had 

an adjusted R2 of .308 (F(19,872) = 21.839, p < .001).  

The predictor with the lowest, non-significant regression coefficient (ALL FUNDS-% OF 

INSTRUC + TRANSFER EXPEND-FCT11, 95,  = - .060 t = - .907, p = .365) was removed 

and another regression analysis was conducted which had an adjusted R2 of .308 (F(18,872) = 

23.001, p < .001). The predictor with the lowest, non-significant regression coefficient (GEN 

FUNDS-% OF TOT PAYROLL EXPENDITURES,  = .038 t = 1.035, p = .301) was removed 

and another regression analysis was conducted which had an adjusted R2 of .301 (F(17, 874)= 

23.578, p < .001. The predictor with the lowest, non-significant regression coefficient (ALL 

FUNDS-DATA PROCESSING SERVICES, FCT53,  = .020, t = .361, p = .718) was removed 

and another regression analysis was conducted which had an adjusted R2 of .301 (F(16, 

875)=25.032, p < .001).  

The predictor with the lowest, non-significant regression coefficient (ALL FUNDS-

COST OF STUD INSTR MEDIA SERV EXP, FCT12,  = .050, t = 1.488, p = .137) was 

removed and another regression analysis was conducted which had an adjusted R2 of .302 
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(F(14,877)=28.556, p < .001). The predictor with the lowest non-significant regression 

coefficient (GEN FUNDS-% OF TOT PAYROLL EXPENDITURES,  = .035, t = .948, p = 

.343) was removed and another regression analysis was conducted which had an adjusted R2 of 

.302 (F(13,878)= 30.687, p < .001). 

For the SAT regression model, the predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF CAMPUS ADMINISTRATION EXP, FCT 23,  = .027, t = .243, p =.808) 

was removed and another regression analysis was conducted which had an adjusted R2 of .432 

(F(35, 670)= 16.332, p<.001).  The predictor with the lowest non-significant coefficient (ALL 

FUNDS % OF CAMPUS ADMINISTRATION EXP, FCT 23,  = .028, t = .256, p =.798) was 

removed and another regression analysis was conducted which had an adjusted R2 of .433 (F(34, 

671)= 16.834, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

DATA PROCESSING SERVICES, FCT 53,  = .067, t = .619, p =.536) was removed and 

another regression analysis was conducted which had an adjusted R2 of .434 (F(33, 672)= 

17.348, p<.001). 

The predictor with the lowest non-significant coefficient (GEN FUNDS STATE 

REVENUE,  = .704, t = .667, p =.505) was removed and another regression analysis was 

conducted which had an adjusted R2 of .434 (F(32, 673)= 17.891, p<.001).  The predictor with 

the lowest non-significant coefficient (GEN FUNDS COST PER STUDENT TOTAL 

PAYROLL EXPENDITURES,  = .090, t = .831, p =.406) was removed and another regression 

analysis was conducted which had an adjusted R2 of .434 (F(31, 674)= 18.454, p<.001).  The 

predictor with the lowest non-significant coefficient (ALL FUNDS COST PER STUDENT 

ACCELERATED ED PGM EXPENDITURES,  = .026, t = .836, p =.404) was removed and 
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another regression analysis was conducted which had an adjusted R2 of .434 (F(30, 675)= 

19.055, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST OF 

STUDENT INSTRUCTIONAL LEADERSHIP EXPENDITURES, FCT 21,  = .170, t = .913, p 

=.362) was removed and another regression analysis was conducted which had an adjusted R2 of 

.435 (F(29, 676)= 19.688, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF INSTRUCTIONAL LEADERSHIP EXPENDITURES, FCT 21,  = -.025, 

t = -.642, p = .521) was removed and another regression analysis was conducted which had an 

adjusted R2 of .435 (F(28, 677)= 20.394, p<.001).  The predictor with the lowest non-significant 

coefficient (GEN FUNDS COST PER STUDENT OF GENERAL ADMINISTRATION 

EXPENDITURES,  = .149, t = .970, p = .333) was removed and another regression analysis 

was conducted which had an adjusted R2 of .435 (F(27, 678)= 21.116, p<.001). 

The predictor with the lowest non-significant coefficient (GEN FUNDS COST PER 

STUDENT OF GENERAL ADMINISTRATION EXPENDITURES,  = .149, t = .970, p = 

.333) was removed and another regression analysis was conducted which had an adjusted R2 of 

.435 (F(27, 678)= 21.116, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF DATA PROCESS SERVICES EXPENDITURES,  = -.180, t = -1.074, p 

= .283) was removed and another regression analysis was conducted which had an adjusted R2 of 

.434 (F(26, 679)= 21.834, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF DATA PROCESS SERVICES EXPENDITURES,  = -.174, t = -1.041, p 

= .298) was removed and another regression analysis was conducted which had an adjusted R2 of 

.434 (F(25, 680)= 22.661, p<.001). 
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The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF DATA PROCESS SERVICES EXPENDITURES,  = .030, t = .948, p = .343) 

was removed and another regression analysis was conducted which had an adjusted R2 of .435 

(F(24, 681)= 23.571, p<.001).  The predictor with the lowest non-significant coefficient (ALL 

FUNDS % OF FEDERAL REVENUE,  = -.141, t= -.953, p = .341) was removed and another 

regression analysis was conducted which had an adjusted R2 of .435 (F(23, 682)= 24.560, 

p<.001).  The predictor with the lowest non-significant coefficient (GEN FUNDS % OF 

CAMPUS ADMINISTRATION EXPENDITURES, FCT 23,  = .129, t = 1.645, p = .100) was 

removed and another regression analysis was conducted which had an adjusted R2 of .433 (F(22, 

683)= 25.489, p<.001). 

The predictor with the lowest non-significant coefficient (GEN FUNDS GUIDANCE & 

COUNSELING SERVICES EXPENDITURES, FCT 31,  = .255, t = 1.641, p = .101) was 

removed and another regression analysis was conducted which had an adjusted R2 of .432 (F(21, 

684)= 26.509, p<.001).  The predictor with the lowest non-significant coefficient (GEN FUNDS 

INSTRUCTIONAL LEADERSHIP EXPENDITURES, FCT 21,  = -.123, t = -1.349, p = .178) 

was removed and another regression analysis was conducted which had an adjusted R2 of .431 

(F(20, 685)= 27.710, p<.001).  The predictor with the lowest non-significant coefficient (GEN 

FUNDS COST PER STUDENT OF INTERGOVERN CHARGES EXPENDITURES,  = .147, 

t = 1.932, p = .054) was removed and another regression analysis was conducted which had an 

adjusted R2 of .429 (F(19, 686)= 28.857, p<.001). 

For the STAAR college readiness regression model, the predictor with the lowest non-

significant coefficient (GENERAL FUNDS ACCELERAED ED PROGRAM 

EXPENDITURES, FCT 24,  = -.001, t = -.020, p = .984) was removed and another regression 
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analysis was conducted which had an adjusted R2 of .231 (F(22, 937)= 14.098, p<.001).  The 

predictor with the lowest non-significant coefficient (GENERAL FUNDS ACCELERAED ED 

PROGRAM EXPENDITURES, FCT 24,  = -.002, t = -.046, p = .963) was removed and another 

regression analysis was conducted which had an adjusted R2 of .232 (F(21, 938)= 14.784, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

ACCELERAED ED PROGRAM EXPENDITURES, FCT 24,  = -.002, t = -.038, p = .970) was 

removed and another regression analysis was conducted which had an adjusted R2 of .233 (F(20, 

939)= 15.539, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

ACCELERAED ED PROGRAM EXPENDITURES, FCT 24,  = .000, t = -.008, p = .994) was 

removed and another regression analysis was conducted which had an adjusted R2 of .233 (F(19, 

940)= 16.374, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

% OF DATA PROCESS SERVICES EXPENDITURES,  = .023, t = .751, p = .453) was 

removed and another regression analysis was conducted which had an adjusted R2 of .234 (F(18, 

941)= 17.241, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

COST PER STUDENT OF SECURITY/MONITORING SERVICE ,  = -.134, t = -.593, p = 

.554) was removed and another regression analysis was conducted which had an adjusted R2 of 

.234 (F(17, 942)= 18.248, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT OF SECURITY/MONITORING SERVICE ,  = .036, t = .269, p = .788) was 

removed and another regression analysis was conducted which had an adjusted R2 of .235 (F(16, 

943)= 19.403, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

% OF DATA PROCESS SERVICES EXPENDITURES ,  = .019, t = .643, p = .520) was 
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removed and another regression analysis was conducted which had an adjusted R2 of .235 (F(15, 

944)= 20.681, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

OTHER LOCAL & INTERMEDIATE REVENUE ,  = .031, t = .911, p = .363) was removed 

and another regression analysis was conducted which had an adjusted R2 of .235 (F(14, 945)= 

22.101, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS OTHER LOCAL 

& INTERMEDIATE REVENUE ,  = .032, t = .961, p = .337) was removed and another 

regression analysis was conducted which had an adjusted R2 of .236 (F(13, 946)= 23.732, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

STUDENTS WITH DISABILITIES PROGRAM EXPENDITURES ,  = -.048, t = -1.574, p = 

.116) was removed and another regression analysis was conducted which had an adjusted R2 of 

.234 (F(12, 947)= 25.464, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS COST PER STUDENT OTHER LOCAL & INTERMEDIATE 

REVENUE,  = -.099, t = -1.585, p = .113) was removed and another regression analysis was 

conducted which had an adjusted R2 of .233 (F(11, 948)= 27.506, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS % OF GENERAL 

ADMINISTRATION EXPENDITURES,  = -.134, t = -1.651, p = .099) was removed and 

another regression analysis was conducted which had an adjusted R2 of .232 (F(10, 949)= 

29.930, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

% OF SECURITY/MONITORING SERVICE EXPENDITURES,  = -.046, t = -1.452, p = 

.147) was removed and another regression analysis was conducted which had an adjusted R2 of 

.231 (F(9, 950)= 32.982, p<.001).  
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For the ACT regression model, the predictor with the lowest non-significant coefficient 

(GENERAL FUNDS % OF INSTRUCTIONAL RESOURCE MEDIA SERVICE 

EXPENDITURE, FUNCTION 12,  = -.059, t = -.241, p = .809) was removed and another 

regression analysis was conducted which had an adjusted R2 of .448 (F(36, 857)= 21.117, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

INSTRUCTIONAL RESOURCE MEDIA SERVICE EXPENDITURE, FUNCTION 12,  = -

.068, t = -.279, p = .780) was removed and another regression analysis was conducted which had 

an adjusted R2 of .448 (F(35, 858)= 21.741, p<.001).  The predictor with the lowest non-

significant coefficient (ALL FUNDS COST PER STUDENT GIFTED/TALENTED PROGRAM 

EXPENDITURE,  = -.116, t = -.644, p = .519) was removed and another regression analysis 

was conducted which had an adjusted R2 of .449 (F(34, 859)= 22.384, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

INSTRUCTIONAL & TRANSFER EXPENDITURE, FUNCTION 11, 95,  = .067, t = 1.072, p 

= .284) was removed and another regression analysis was conducted which had an adjusted R2 of 

.449 (F(33, 860)= 23.023, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS INSTRUCTIONAL LEADERSHIP EXPENDITURE, FUNCTION 21,  = 

.215, t = 1.323, p = .186) was removed and another regression analysis was conducted which had 

an adjusted R2 of .448 (F(32, 861)= 23.668, p<.001).  The predictor with the lowest non-

significant coefficient (ALL FUNDS COST PER STUDENT OF INSTRUCTIONAL 

LEADERSHIP EXPENDITURE, FUNCTION 21,  = .164, t = 1.306, p = .192) was removed 

and another regression analysis was conducted which had an adjusted R2 of .449 (F(31, 862)= 

24.444, p<.001). 
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The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF INSTRUCTIONAL LEADERSHIP EXPENDITURE, FUNCTION 21,  = .164, 

t = 1.309, p = .191) was removed and another regression analysis was conducted which had an 

adjusted R2 of .448 (F(30, 863)= 25.181, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS % OF INSTRUCTIONAL LEADERSHIP EXPENDITURE, 

FUNCTION 21,  = -.022, t = -.648, p = .517) was removed and another regression analysis was 

conducted which had an adjusted R2 of .449 (F(29, 864)= 26.052, p<.001).  The predictor with 

the lowest non-significant coefficient (GENERAL FUNDS COST PER STUDENT TOTAL 

RECEIPTS,  = .049, t = 1.375, p = .169) was removed and another regression analysis was 

conducted which had an adjusted R2 of .448 (F(28, 865)= 26.887, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT TOTAL PAYROLL EXPENDITURES,  = -.127, t = -1.834, p = .067) was 

removed and another regression analysis was conducted which had an adjusted R2 of .447 (F(27, 

866)= 27.683, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 

FUNDS % OF GIFTED/TALENTED PROGRAM EXPENDITURES,  = -.728, t = -1.872, p = 

.061) was removed and another regression analysis was conducted which had an adjusted R2 of 

.445 (F(26, 867)= 28.530, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS COST PER STUDENT OF BILINGUAL PROGRAM EXPENDITURES,  = -

.050, t = -1.796, p = .073) was removed and another regression analysis was conducted which 

had an adjusted R2 of .444 (F(25, 868)= 29.467, p<.001). 

For the SAT regression model, the predictor with the lowest non-significant coefficient 

(GENERAL FUNDS COST OF STUDENT CAMPUS ADMINISTRATION EXPENDITURES, 

 = -.007, t = -.044, p = .965) was removed and another regression analysis was conducted which 
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had an adjusted R2 of .350 (F(25, 679)= 16.189, p<.001).  The predictor with the lowest non-

significant coefficient (GENERAL FUNDS % OF CAREER & TECHNOLOGY PROGRAM 

EXPENDITURES,  = .004, t = .120, p = .904) was removed and another regression analysis 

was conducted which had an adjusted R2 of .351 (F(24, 680)= 16.887, p<.001).  The predictor 

with the lowest non-significant coefficient (ALL FUNDS % CAMPUS ADMINISTRATION 

EXPENDITURES, FUNCTION 23,  = .067, t = .507, p = .612) was removed and another 

regression analysis was conducted which had an adjusted R2 of .352 (F(23, 681)= 17.629, 

p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

TOTAL PAYROLL EXPENDITURES,  = .057, t = 1.131, p = .258) was removed and another 

regression analysis was conducted which had an adjusted R2 of .352 (F(22, 682)= 18.364, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

TOTAL PAYROLL EXPENDITURES,  = .058, t = 1.151, p = .250) was removed and another 

regression analysis was conducted which had an adjusted R2 of .351 (F(21, 683)= 19.167, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

PLANT MAINTENANCE/OPERATION EXPENDITURES, FUNCTION 51,  = .272, t = 

1.680, p = .093) was removed and another regression analysis was conducted which had an 

adjusted R2 of .350 (F(20, 684)= 19.931, p<.001). 

For the STAAR college readiness regression model, the predictor with the lowest non-

significant coefficient (GENERAL FUNDS % OF STUDENTS WITH DISABILITIES 

PROGRAM EXPENDITURE,  = -.017, t = -.145, p = .885) was removed and another 

regression analysis was conducted which had an adjusted R2 of .159 (F(22, 934)= 9.217, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 
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GUIDANCE & COUNSELING SERVICE EXPENDITURE, FUNCTION 31,  = .031, t = .255, 

p = .799) was removed and another regression analysis was conducted which had an adjusted R2 

of .160 (F(21, 935)= 9.662, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF GUIDANCE & COUNSELING SERVICE EXPENDITURE, FUNCTION 

31,  = .029, t = .244, p = .807) was removed and another regression analysis was conducted 

which had an adjusted R2 of .161 (F(20, 936)= 10.152, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS CAREER & 

TECHNOLOGY PROGRAM EXPENDITURE, FUNCTION 22,  = .087, t = .662, p = .508) 

was removed and another regression analysis was conducted which had an adjusted R2 of .161 

(F(19, 937)= 10.670, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS INSTRUCTIONAL RESOURCE MEDIA SERVICE EXPENDITURE, 

FUNCTION 12,  = -.289, t = -.544, p = .586) was removed and another regression analysis was 

conducted which had an adjusted R2 of .162 (F(18, 938)= 11.255, p<.001).  The predictor with 

the lowest non-significant coefficient (GENERAL FUNDS % OF CAREER & TECHNOLOGY 

PROGRAM EXPENDITURE,  = -.024, t = -.704, p = .482) was removed and another 

regression analysis was conducted which had an adjusted R2 of .162 (F(17, 939)= 11.894, 

p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF PLANT MAINTENANCE/OPERATION EXPENDITURE,  = -.165, t = -.793, 

p = .428) was removed and another regression analysis was conducted which had an adjusted R2 

of .163 (F(16, 940)= 12.603, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF PLANT MAINTENANCE/OPERATION EXPENDITURE, FUNCTION 

51,  = .081, t = .292, p = .770) was removed and another regression analysis was conducted 
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which had an adjusted R2 of .163 (F(15, 941)= 13.451, p<.001).  The predictor with the lowest 

non-significant coefficient (GENERAL FUNDS COST OF STUDENT GUIDANCE & 

COUNSELING SERVICE EXPENDITURE, FUNCTION 31,  = -.039, t = -1.019, p = .309) 

was removed and another regression analysis was conducted which had an adjusted R2 of .163 

(F(14, 942)= 14.337, p<.001).  

The predictor with the lowest non-significant coefficient (ALL FUNDS COST OF 

STUDENT INSTRUCTIONAL MEDIA SERVICE EXPENDITURE, FUNCTION 12,  = -

.103, t = -1.070, p = .285) was removed and another regression analysis was conducted which 

had an adjusted R2 of .163 (F(13, 943)= 15.349, p<.001).  The predictor with the lowest non-

significant coefficient (ALL FUNDS INSTRUCTIONAL MEDIA SERVICE EXPENDITURE, 

FUNCTION 12,  = .109, t = 1.619, p = .106) was removed and another regression analysis was 

conducted which had an adjusted R2 of .162 (F(12, 944)= 16.382, p<.001).  The predictor with 

the lowest non-significant coefficient (GENERAL FUNDS COST PER STUDENT WITH 

DISABILITY PROGRAM EXPENDITURE,  = -.052, t = -1.590, p = .112) was removed and 

another regression analysis was conducted which had an adjusted R2 of .160 (F(11, 945)= 

17.613, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

% OF TOTAL PAYROLL EXPENDITURE,  = .077, t = 1.685, p = .092) was removed and 

another regression analysis was conducted which had an adjusted R2 of .159 (F(10, 946)= 

19.053, p<.001). 
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For the ACT regression model, the predictor with the lowest non-significant coefficient 

(ALL FUNDS COST PER STUDENT CAREER & TECHNICAL PROGRAM 

EXPENDITURE,  = -.019, t = -.080, p = .936) was removed and another regression analysis 

was conducted which had an adjusted R2 of .433 (F(40, 860)= 18.188, p<.001).  The predictor 

with the lowest non-significant coefficient (ALL FUNDS COST PER STUDENT CAREER & 

TECHNICAL PROGRAM EXPENDITURE,  = -.016, t = -.068, p = .946) was removed and 

another regression analysis was conducted which had an adjusted R2 of .434 (F(39, 861)= 

18.675, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS COST 

PER STUDENT CAREER & TECHNICAL PROGRAM EXPENDITURE,  = -.021, t = -.087, 

p = .931) was removed and another regression analysis was conducted which had an adjusted R2 

of .434 (F(38, 862)= 19.188, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT CAREER & TECHNICAL PROGRAM EXPENDITURE,  = -.027, t = -.115, p = 

.908) was removed and another regression analysis was conducted which had an adjusted R2 of 

.435 (F(37, 863)= 19.729, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF DATA PROCESS SERVICES EXPENDITURE,  = -.009, t = -.313, p = 

.754) was removed and another regression analysis was conducted which had an adjusted R2of 

.436 (F(36, 864)= 20.295, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS COST OF STUDENT CAMPUS ADMINISTRATION EXPENDITURE, 

FUNCTION 23,  = -.060, t = -.390, p = .696) was removed and another regression analysis was 

conducted which had an adjusted R2 of .436 (F(35, 865)= 20.891, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST OF 

GUIDANCE & COUNSELING SERVICE EXPENDITURE, FUNCTION 31,  = .038, t = .440, 
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p = .660) was removed and another regression analysis was conducted which had an adjusted R2 

of .437 (F(34, 866)= 21.509, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS % OF GUIDANCE & COUNSELING SERVICE EXPENDITURE, 

FUNCTION 31,  = .034, t = .393, p = .695) was removed and another regression analysis was 

conducted which had an adjusted R2 of .437 (F(33, 867)= 22.178, p<.001).  The predictor with 

the lowest non-significant coefficient (GENERAL FUNDS COST OF STUDENT GUIDANCE 

& COUNSELING SERVICE EXPENDITURE, FUNCTION 31,  = -.018, t = -.557, p = .577) 

was removed and another regression analysis was conducted which had an adjusted R2 of .438 

(F(32, 868)= 22.178, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

OTHER LOCAL & INTERMEDIATE REVENUE,  = .019, t = .692, p = .489) was removed 

and another regression analysis was conducted which had an adjusted R2 of .438 (F(31, 869)= 

23.616, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

TOTAL RECEIPTS,  = -.277, t = -.928, p = .354) was removed and another regression analysis 

was conducted which had an adjusted R2 of .438 (F(30, 870)= 24.379, p<.001).  The predictor 

with the lowest non-significant coefficient (GENERAL FUNDS % OF BILINGUAL 

PROGRAM EXPENDITURES,  = -.077, t = -.949, p = .343) was removed and another 

regression analysis was conducted which had an adjusted R2 of .438 (F(29, 871)= 25.191, 

p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

INSTRUCTIONAL LEADERSHIP EXPENDITURES, FUNCTION 21,  = .075, t = 1.026, p = 

.305) was removed and another regression analysis was conducted which had an adjusted R2 of 

.438 (F(28, 872)= 26.051, p<.001).  The predictor with the lowest non-significant coefficient 
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(GENREAL FUNDS % OF STUDENTS WITH DISABILITIES PROGRAM 

EXPENDITURES,  = -.046, t = -1.298, p = .195) was removed and another regression analysis 

was conducted which had an adjusted R2 of .438 (F(27, 873)= 26.933, p<.001).  The predictor 

with the lowest non-significant coefficient (GENREAL FUNDS COST PER STUDENT OF 

PLANT MAINTENANCE/OPERATION EXPENDITURES,  = .276, t = 1.178, p = .239) was 

removed and another regression analysis was conducted which had an adjusted R2 of .437 (F(26, 

874)= 27.903, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF PLANT MAINTENANCE/OPERATION EXPENDITURES,  = -.073, t = -

.972, p = .331) was removed and another regression analysis was conducted which had an 

adjusted R2 of .437 (F(25, 875)= 28.983, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS % OF PLANT MAINTENANCE/OPERATION 

EXPENDITURES, FUNCTION 51,  = -.070, t = -1.200, p = .230) was removed and another 

regression analysis was conducted which had an adjusted R2 of .437 (F(24, 876)= 30.116, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS % OF PLANT 

MAINTENANCE/OPERATION EXPENDITURES, FUNCTION 51,  = .027, t = .784, p = 

.433) was removed and another regression analysis was conducted which had an adjusted R2 of 

.437 (F(23, 877)= 31.412, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF TOTAL PAYROLL EXPENDITURES,  = .047, t = 1.408, p = .159) was 

removed and another regression analysis was conducted which had an adjusted R2 of .437 (F(22, 

878)= 32.713, p<.001). 

For the SAT regression model, the predictor with the lowest non-significant coefficient 

(ALL FUNDS GUIDANCE 7 COUNSELING SERVICES EXPENDITURES, FUNCTION 31, 
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 = -.023, t = -.050, p = .960) was removed and another regression analysis was conducted which 

had an adjusted R2 of .382 (F(41, 675)= 11.792, p<.001).  The predictor with the lowest non-

significant coefficient (GENERAL FUNDS % OF STUDENTS WITH DISABILITIES 

PROGRAM EXPENDITURES,  = .003, t = .090, p = .929) was removed and another 

regression analysis was conducted which had an adjusted R2 of .383 (F(40, 676)= 12.104, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

ACCELERATED EDUCATION PROGRAM EXPENDITURES, FUNCTION 24,  = .008, t = 

.105, p = .916) was removed and another regression analysis was conducted which had an 

adjusted R2 of .384 (F(39, 677)= 12.433, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS DATA 

PROCESSING SERVICES, FUNCTION 53,  = .066, t = .617, p = .537) was removed and 

another regression analysis was conducted which had an adjusted R2 of .384 (F(38, 678)= 

12.762, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

STATE REVENUE,  = -.154, t = -.610, p = .542) was removed and another regression analysis 

was conducted which had an adjusted R2 of .385 (F(37, 679)= 13.109, p<.001).  The predictor 

with the lowest non-significant coefficient (ALL FUNDS % OF CURRICULUM/STAFF 

DEVELOPMENT EXPENDITURE, FUNCTION 13,  = .057, t = .929, p = .353) was removed 

and another regression analysis was conducted which had an adjusted R2 of .385 (F(36, 680)= 

13.451, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT CURRICULUM/STAFF DEVELOPMENT EXPENDITURE, FUNCTION 13,  = -

.026, t = -.745, p = .456) was removed and another regression analysis was conducted which had 

an adjusted R2 of .385 (F(35, 681)= 13.829, p<.001).  The predictor with the lowest non-
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significant coefficient (GENRAL FUNDS % OF GIFTED/TALENTED PROGRAM 

EXPENDITURE,  = .033, t = 1.018, p = .309) was removed and another regression analysis 

was conducted which had an adjusted R2 of .364 (F(34, 682)= 13.046, p<.001).  The predictor 

with the lowest non-significant coefficient (GENRAL FUNDS % OF STATE REVENUE,  = 

.188, t = .654, p = .513) was removed and another regression analysis was conducted which had 

an adjusted R2 of .364 (F(33, 683)= 13.440, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT FEDERAL REVENUE,  = .016, t = .353, p = .724) was removed and another 

regression analysis was conducted which had an adjusted R2 of .365 (F(32, 684)= 13.874, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

SECURITY/MONITORING SERVICE EXPENDITURES, FUNCTION 52,  = .532, t = 1.137, 

p = .256) was removed and another regression analysis was conducted which had an adjusted R2 

of .365 (F(31, 685)= 14.273, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS COST PER STUDENT TOTAL PAYROLL EXPENDITURES,  = .235, t = 

1.123, p = .262) was removed and another regression analysis was conducted which had an 

adjusted R2 of .364 (F(30, 686)= 14.681, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT TOTAL PAYROLL EXPENDITURES,  = .226, t = 1.078, p = .281) was removed 

and another regression analysis was conducted which had an adjusted R2 of .364 (F(29, 687)= 

15.143, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

% OF GIFTED/TALENTED PROGRAM EXPENDITURES,  = .039, t = 1.202, p = .230) was 

removed and another regression analysis was conducted which had an adjusted R2 of .364 (F(28, 

688)= 15.622, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 
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FUNDS % OF BILINGUAL PROGRAM EXPENDITURES,  = -.055, t = -1.486, p = .138) 

was removed and another regression analysis was conducted which had an adjusted R2 of .363 

(F(27, 689)= 16.091, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS 

ACCELERATED EDUCATION PROGRAM, FUNCTION 24,  = .064, t = 1.285, p = .199) 

was removed and another regression analysis was conducted which had an adjusted R2 of .362 

(F(26, 690)= 16.631, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS GUIDANCE & COUNSELING SERVICES EXPENDITURES, 

FUNCTION 31,  = -.165, t = -1.384, p = .167) was removed and another regression analysis 

was conducted which had an adjusted R2 of .361 (F(25, 691)= 17.175, p<.001).  The predictor 

with the lowest non-significant coefficient (ALL FUNDS % OF DATA PROCESS SERVICES 

EXPENDITURES,  = -.008, t = -.256, p = .798) was removed and another regression analysis 

was conducted which had an adjusted R2 of .362 (F(24, 692)= 17.912, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT TOTAL PAYROLL EXPENDITURES,  = -.204, t = -1.306, p = .192) was 

removed and another regression analysis was conducted which had an adjusted R2 of .361 (F(23, 

693)= 18.597, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 

FUNDS GUIDANCE & COUNSELING SERVICES EXPENDITURES, FUNCTION 31,  = -

.164, t = -1.372, p = .171) was removed and another regression analysis was conducted which 

had an adjusted R2 of .360 (F(22, 694)= 19.333, p<.001).  The predictor with the lowest non-

significant coefficient (GENERAL FUNDS % OF CAMPUS ADMINISTRATION 

EXPENDITURES, FUNCTION 23,  = -.199, t = -1.571, p = .117) was removed and another 
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regression analysis was conducted which had an adjusted R2 of .359 (F(21, 695)= 20.093, 

p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT CAMPUS ADMINISTRATION EXPENDITURES, FUNCTION 23,  = .296, 

t = 1.469, p = .142) was removed and another regression analysis was conducted which had an 

adjusted R2 of .358 (F(20, 696)= 20.955, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS COST PER STUDENT TOTAL EXPENDITURES BY OBJECTIVE, 

NO 90S,  = -.073, t = -1.692, p = .091) was removed and another regression analysis was 

conducted which had an adjusted R2 of .356 (F(19, 697)= 21.849, p<.001).  The predictor with 

the lowest non-significant coefficient (ALL FUNDS COST PER STUDENT OF GENERAL 

ADMINISTRATION EXPENDITURE,  = -.365, t = -1.821, p = .069) was removed and 

another regression analysis was conducted which had an adjusted R2 of .354 (F(18, 698)= 

22.803, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

TOTAL OTHER EXPENDITURES,  = -.112, t = -1.623, p = .105) was removed and another 

regression analysis was conducted which had an adjusted R2 of .353 (F(17, 699)= 23.933, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT TOTAL OTHER EXPENDITURES,  = -.184, t = -1.889, p = .059) was 

removed and another regression analysis was conducted which had an adjusted R2 of .350 (F(16, 

700)= 25.114, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

% OF ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = -.345, t = -1.925, p 

= .055) was removed and another regression analysis was conducted which had an adjusted R2of 

.348 (F(15, 701)= 26.439, p<.001). 
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For the STAAR college readiness regression model, the predictor with the lowest non-

significant coefficient (ALL FUNDS % OF GUIDANCE & COUNSELING SERVICE 

EXPENDITURES, FCT 31,  = -.017, t = -.334, p = .738) was removed and another regression 

analysis was conducted which had an adjusted R2 of .205 (F(36, 923)= 7.856, p<.001).  The 

predictor with the lowest non-significant coefficient (ALL FUNDS COST PER STUDENT 

CAREER & TECHNICAL PROGRAM EXPENDITURES,  = -.016, t = -.393, p = .694) was 

removed and another regression analysis was conducted which had an adjusted R2 of .205 (F(35, 

924)= 8.083, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

COST PER STUDENT INSTRUCTIONAL & TRANSPORTATION EXPENDITURES, 

FUNCTION 11&95,  = .112, t = .467, p = .640) was removed and another regression analysis 

was conducted which had an adjusted R2 of .206 (F(34, 925)= 8.321, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT CAMPUS ADMINISTRATION EXPENDITURES, FUNCTION 23,  = .081, t = 

.586, p = .558) was removed and another regression analysis was conducted which had an 

adjusted R2 of .207 (F(33, 926)= 8.569, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS COST PER STUDENT OF PLANT 

MAINTENANCE/OPERATIONS EXPENDITURES,  = -.107, t = -.785, p = .433) was 

removed and another regression analysis was conducted which had an adjusted R2 of .207 (F(32, 

927)= 8.821, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 

FUNDS COST PER STUDENT OF GENERAL ADMINISTRATION EXPENDITURES,  = 

.220, t = .868, p = .386) was removed and another regression analysis was conducted which had 

an adjusted R2 of .207 (F(31, 928)= 9.084, p<.001). 
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The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT OF GENERAL ADMINISTRATION EXPENDITURES,  = .054, t = .323, p = 

.747) was removed and another regression analysis was conducted which had an adjusted R2 of 

.208 (F(30, 929)= 9.392, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS % OF PLANT MAINTENANCE/OPERATIONS EXPENDITURES, 

FUNCTION 51  = -.052, t = -.855, p = .393) was removed and another regression analysis was 

conducted which had an adjusted R2 of .208 (F(29, 930)= 9.694, p<.001).  The predictor with the 

lowest non-significant coefficient (GENERAL FUNDS COST PER STUDENT OF PLANT 

MAINTENANCE/OPERATIONS EXPENDITURES,  = .046, t = .735, p = .463) was removed 

and another regression analysis was conducted which had an adjusted R2 of .209 (F(28, 931)= 

10.025, p<.001). 

The predictor with the lowest non-significant coefficient (2012 Finance: Instructional 

Expenditures Ratio,  = .060, t = .962, p = .337) was removed and another regression analysis 

was conducted which had an adjusted R2 of .209 (F(27, 932)= 10.363, p<.001).  The predictor 

with the lowest non-significant coefficient (ALL FUNDS TOTAL RECEIPTS,  = .228, t = 

1.170, p = .242) and another regression analysis was conducted which had an adjusted R2 of .208 

(F(26, 933)= 10.705, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS COST PER STUDENT GUIDANCE & COUNSELING SERVICES 

EXPENDITURES, FUNCTION 31,  = -.104, t = -1.185, p = .236) was removed and another 

regression analysis was conducted which had an adjusted R2 of .208 (F(25, 934)= 10.705, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

GUIDANCE & COUNSELING SERVICES EXPENDITURES, FUNCTION 31,  = .031, t = 
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.853, p = .394) was removed and another regression analysis was conducted which had an 

adjusted R2 of .208 (F(24, 935)= 11.507, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT OF ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = -

.040, t = -1.309, p = .191) was removed and another regression analysis was conducted which 

had an adjusted R2 of .208 (F(23, 936)= 11.923, p<.001).  The predictor with the lowest non-

significant coefficient (GENERAL FUNDS COST PER STUDENT OF CURRICULUM/STAFF 

DEVELOPMENT EXPENDITURES, FUNCTION 13,  = -.064, t = -1.376, p = .169) was 

removed and another regression analysis was conducted which had an adjusted R2 of .207 (F(22, 

937)= 12.367, p<.001).  
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For the ACT regression model, the predictor with the lowest non-significant coefficient 

(ALL FUNDS GUIDANCE 7 COUNSELING SERVICES EXPENDITURES, FUNCTION 31, 

 = -.020, t = -.109, p = .914) was removed and another regression analysis was conducted which 

had an adjusted R2 of .425 (F(49, 851)= 14.572, p<.001).  The predictor with the lowest non-

significant coefficient (ALL FUNDS GUIDANCE 7 COUNSELING SERVICES 

EXPENDITURES, FUNCTION 31,  = -.019, t = -.104, p = .917) was removed and another 

regression analysis was conducted which had an adjusted R2 of .425 (F(48, 852)= 14.882, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT OF REGULAR PROGRAM EXPENDITURES,  = -.030, t = -.119, p = .906) 

was removed and another regression analysis was conducted which had an adjusted R2 of .426 

(F(47, 853)= 15.216, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS GUIDANCE & 

COUNSELING SERVICES EXPENDITURES, FUNCTION 31,  = -.023, t = -.123, p = .902) 

was removed and another regression analysis was conducted which had an adjusted R2 of .427 

(F(46, 854)= 15.564, p<.001).  The predictor with the lowest non-significant coefficient (ALL 

FUNDS OTHER LOCAL & INTERMEDIATE REVENUE,  = -.020, t = -.211, p = .833) was 

removed and another regression analysis was conducted which had an adjusted R2 of .427 (F(45, 

855)= 15.927, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 

FUNDS % OF INTERGOVERNMENTAL CHARGES EXPENDITURES,  = .006, t = .199, p 

= .842) was removed and another regression analysis was conducted which had an adjusted R2 of 

.428 (F(44, 856)= 16.306, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

ACCELERATED EDUCATION PROGRAM EXPENDITURES, FUNCTION 24,  = .025, t = 
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.623, p = .534) was removed and another regression analysis was conducted which had an 

adjusted R2 of .428 (F(43, 857)= 16.687, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS OTHER LOCAL & INTERMEDIATE REVENUE,  = .032, t 

= .567, p = .571) was removed and another regression analysis was conducted which had an 

adjusted R2 of .429 (F(42, 858)= 17.085, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS ACCELERATED EDUCATION PROGRAM 

EXPENDITURES, FUNCTION 24,  = .023, t = .587, p = .557) was removed and another 

regression analysis was conducted which had an adjusted R2 of .429 (F(41, 859)= 17.505, 

p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

ACCELERATED EDUCATION PROGRAM EXPENDITURES, FUNCTION 24,  = .024, t = 

.598, p = .550) was removed and another regression analysis was conducted which had an 

adjusted R2 of .430 (F(40, 860)= 17.947, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS COST PER STUDENT OF PLANT 

MAINTENANCE/OPERATIONS EXPENDITURES,  = -.071, t = -.616, p = .538) was 

removed and another regression analysis was conducted which had an adjusted R2 of .430 (F(39, 

861)= 18.411, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 

FUNDS % OF STUDENTS WITH DISABILITIES PROGRAM EXPENDITURES,  = -.092, t 

= -.700, p = .484) was removed and another regression analysis was conducted which had an 

adjusted R2 of .430 (F(38, 862)= 18.894, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF REGULAR PROGRAM EXPENDITURES,  = -.188, t = -.937, p = .349) was 

removed and another regression analysis was conducted which had an adjusted R2 of .430 (F(37, 
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863)= 19.379, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

COST PER STUDENT OF REGULAR PROGRAM EXPENDITURES,  = -.170, t = -.850, p = 

.395) was removed and another regression analysis was conducted which had an adjusted R2 of 

.430 (F(36, 864)= 19.896, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF CAMPUS ADMINISTRATION EXPENDITURES, FUNCTION 23,  = 

.026, t = .322, p = .748) was removed and another regression analysis was conducted which had 

an adjusted R2 of .431 (F(35, 865)= 20.483, p<.001).   

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

CAMPUS ADMINISTRATION EXPENDITURES, FUNCTION 23,  = -.020, t = -.456, p = 

.648) was removed and another regression analysis was conducted which had an adjusted R2 of 

.432 (F(34, 866)= 21.099, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS COST PER STUDENT FEDERAL REVENUE,  = -.025, t = -.852, p = 

.395) was removed and another regression analysis was conducted which had an adjusted R2 of 

.432 (F(33, 867)= 21.723, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS COST PER STUDENT OF REGULAR PROGRAM EXPENDITURES,  = -

.175, t = -.882, p = .378) was removed and another regression analysis was conducted which had 

an adjusted R2 of .432 (F(32, 868)= 22.383, p<.001).   

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

INSTRUCTIONAL LEADERSHIP EXPENDITURES, FUNCTION 21,  = .129, t = .896, p = 

.370) was removed and another regression analysis was conducted which had an adjusted R2 of 

.432 (F(31, 869)= 23.084, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS COST PER STUDENT OF PLANT MAINTENANCE/OPERATIONS 

EXPENDITURES,  = .054, t = .929, p = .353) was removed and another regression analysis 
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was conducted which had an adjusted R2 of .432 (F(30, 870)= 23.829, p<.001).  The predictor 

with the lowest non-significant coefficient (GENERAL FUNDS % OF CURRICULUM/STAFF 

DEVELOPMENT EXPENDITURES, FUNCTION 13,  = .030, t = 1.133, p = .258) was 

removed and another regression analysis was conducted which had an adjusted R2 of .432 (F(29, 

871)= 24.590, p<.001).  

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

GIFTED/TALENTED PROGRAM EXPENDITURES,  = -.102, t = -1.194, p = .233) was 

removed and another regression analysis was conducted which had an adjusted R2 of .432 (F(28, 

872)= 25.419, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 

FUNDS % OF ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = .006, t = 

.234, p = .815) was removed and another regression analysis was conducted which had an 

adjusted R2 of .432 (F(27, 873)= 26.387, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS % OF GIFTED/TALENTED PROGRAM EXPENDITURES,  

= -.102, t = -1.204, p = .229) was removed and another regression analysis was conducted which 

had an adjusted R2 of .432 (F(26, 874)= 27.332, p<.001).   

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

CURRICULUM/STAFF DEVELOPMENT EXPENDITURES, FUNCTION 13,  = .033, t = 

1.251, p = .211) was removed and another regression analysis was conducted which had an 

adjusted R2 of .432 (F(25, 875)= 28.344, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS % OF REGULAR PROGRAM EXPENDITURES,  = -.082, t 

= -1.220, p = .223) was removed and another regression analysis was conducted which had an 

adjusted R2 of .431 (F(24, 876)= 29.447, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS FEDERAL REVENUE,  = .056, t = 1.471, p = .142) was 
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removed and another regression analysis was conducted which had an adjusted R2 of .431 (F(23, 

877)= 30.593, p<.001).  

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OTHER LOCAL & INTERMEDIATE REVENUE,  = -.245, t = -1.367, p = .172) 

was removed and another regression analysis was conducted which had an adjusted R2 of .430 

(F(22, 878)= 31.867, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS COST PER STUDENT OTHER LOCAL & INTERMEDIATE 

REVENUE,  = .066, t = .891, p = .373) was removed and another regression analysis was 

conducted which had an adjusted R2 of .430 (F(21, 879)= 33.354, p<.001).  The predictor with 

the lowest non-significant coefficient (GENERAL FUNDS INSTRUCTIONAL LEADERSHIP 

EXPENDITURES, FUNCTION 21,  = -.132, t = -1.471, p = .142) was removed and another 

regression analysis was conducted which had an adjusted R2 of .429 (F(20, 880)= 34.867, 

p<.001). 

For the SAT regression model, the predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF DATA PROCESS SERVICES EXPENDITURES,  = -.045, t = -.122, p = 

.903) was removed and another regression analysis was conducted which had an adjusted R2 of 

.372 (F(43, 673)= 10.878, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS REGULAR PROGRAM EXPENDITURES, FUNCTION 11,  = .102, t = .284, p 

= .776) was removed and another regression analysis was conducted which had an adjusted R2 of 

.373 (F(42, 674)= 11.147, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS REGULAR PROGRAM EXPENDITURES, FUNCTION 11,  = .106, t = .295, p 

= .768) was removed and another regression analysis was conducted which had an adjusted R2 of 

.374 (F(41, 675)= 11.432, p<.001). 
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The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

TOTAL OTHER EXPENDITURES,  = .044, t = .444, p = .657) was removed and another 

regression analysis was conducted which had an adjusted R2 of .374 (F(40, 676)= 11.692, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS DATA 

PROCESS SERVICES EXPENDITURES, FUNCTION 53,  = -.004, t = -.031, p = .975) was 

removed and another regression analysis was conducted which had an adjusted R2 of .375 (F(39, 

677)= 12.010, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 

FUNDS % OF TOTAL OTHER EXPENDITURES,  = -.004, t = -.031, p = .975) was removed 

and another regression analysis was conducted which had an adjusted R2 of .376 (F(38, 678)= 

12.336, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

FEDERAL REVENUE,  = -.077, t = -.996, p = .320) was removed and another regression 

analysis was conducted which had an adjusted R2 of .376 (F(37, 679)= 12.642, p<.001).  The 

predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF BILINGUAL 

PROGRAM EXPENDITURES,  = -.045, t = -1.197, p = .232) was removed and another 

regression analysis was conducted which had an adjusted R2 of .375 (F(36, 680)= 12.945, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS TOTAL 

DISBURSEMENTS,  = -.886, t = -1.429, p = .154) was removed and another regression 

analysis was conducted which had an adjusted R2 of .374 (F(35, 681)= 13.237, p<.001).  

The predictor with the lowest non-significant coefficient (ALL FUNDS TOTAL 

RECEIPTS,  = .130, t = .540, p = .590) was removed and another regression analysis was 

conducted which had an adjusted R2 of .375 (F(34, 682)= 13.632, p<.001).  The predictor with 

the lowest non-significant coefficient (ALL FUNDS INTERGOVERNMENT CHARGES 
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EXPENDITURES,  = -.085, t = -1.426, p = .154) was removed and another regression analysis 

was conducted which had an adjusted R2 of .374 (F(33, 683)= 13.962, p<.001).  The predictor 

with the lowest non-significant coefficient (GENERAL FUNDS % OF GIFTED/TALENTED 

PROGRAM EXPENDITURES,  = .045, t = 1.405, p = .161) was removed and another 

regression analysis was conducted which had an adjusted R2 of .373 (F(32, 684)= 14.316, 

p<.001).  

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

DATA PROCESS SERVICES EXPENDITURES,  = -.182, t = -1.455, p = .146) was removed 

and another regression analysis was conducted which had an adjusted R2 of .372 (F(31, 685)= 

14.686, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

COST PER STUDENT OF DATA PROCESS SERVICES EXPENDITURES,  = .011, t = .337, 

p = .736) was removed and another regression analysis was conducted which had an adjusted R2 

of .373 (F(30, 686)= 15.191, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS COST PER STUDENT OF GENERAL ADMINISTRATION EXPENDITURES, 

 = -.203, t = -1.273, p = .203) was removed and another regression analysis was conducted 

which had an adjusted R2 of .372 (F(29, 687)= 15.597, p<.001).

  The predictor with the lowest non-significant coefficient (ALL FUNDS TOTAL 

EXPENDITURES BY OBJECT, NO 90S,  = .226, t = .844, p = .399) was removed and another 

regression analysis was conducted which had an adjusted R2 of .372 (F(28, 688)= 16.135, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF GENERAL ADMINISTRATION EXPENDITURES,  = -.209, t = -1.325, p = 

.186) was removed and another regression analysis was conducted which had an adjusted R2 of 

.371 (F(27, 689)= 16.650, p<.001).  The predictor with the lowest non-significant coefficient 
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(ALL FUNDS COST PER STUDENT GUIDANCE & COUNSELING SERVICE 

EXPENDITURES, FUNCTION 31,  = .046, t = 1.174, p = .241) was removed and another 

regression analysis was conducted which had an adjusted R2 of .371 (F(26, 690)= 17.227, 

p<.001).

The predictor with the lowest non-significant coefficient (ALL FUNDS LOCAL TAXES, 

 = -.820, t = -1.826, p = .068) was removed and another regression analysis was conducted 

which had an adjusted R2 of .369 (F(25, 691)= 17.723, p<.001).  The predictor with the lowest 

non-significant coefficient (ALL FUNDS LOCAL TAXES,  = -.820, t = -1.826, p = .068) was 

removed and another regression analysis was conducted which had an adjusted R2 of .369 (F(25, 

691)= 17.723, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

ACCELERATED EDUCATION PROGRAM, FUNCTION 24,  = .078, t = 1.590, p = .112) 

was removed and another regression analysis was conducted which had an adjusted R2 of .367 

(F(24, 692)= 18.287, p<.001).

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT OF GUIDANCE & COUNSELING SERVICE EXPENDITURES, FUNCTION 

31,  = -.016, t = -.486, p = .627) was removed and another regression analysis was conducted 

which had an adjusted R2 of .368 (F(23, 693)= 19.093, p<.001).  The predictor with the lowest 

non-significant coefficient (ALL FUNDS ACCELERATED EDUCATION PROGRAM, 

FUNCTION 24,  = .084, t = 1.702, p = .089) was removed and another regression analysis was 

conducted which had an adjusted R2 of .366 (F(22, 694)= 19.775, p<.001). 

For the TAKS college readiness regression model, the predictor with the lowest non-

significant coefficient (ALL FUNDS % OF GENERAL ADMINISTRATION 

EXPENDITURES,  = .015, t = .138, p = .890) was removed and another regression analysis 
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was conducted which had an adjusted R2 of .246 (F(47, 915) = 7.670, p<.001).  The predictor 

with the lowest non-significant coefficient (ALL FUNDS % OF INSTRUCTIONAL & 

TRANSFER EXPENDITURES, FUNCTION 11, 95,  = -.011, t = -.162, p = .872) was removed 

and another regression analysis was conducted which had an adjusted R2 of .247 (F(46, 916) = 

7.844, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS COST 

PER STUDENT OF ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = .025, 

t = .137, p = .891) was removed and another regression analysis was conducted which had an 

adjusted R2 of .247 (F(45, 917) = 8.023, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = .022, t = 

.119, p = .905) was removed and another regression analysis was conducted which had an 

adjusted R2 of .248 (F(44, 918) = 8.214, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS TOTAL EXPENDITURES BY OBJECT, NO 90S,  = .172, t = .332, 

p = .740) was removed and another regression analysis was conducted which had an adjusted R2 

of .249 (F(43, 919) = 8.407, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS TOTAL EXPENDITURES BY OBJECT, NO 90S,  = .168, t = .324, p = .746) 

was removed and another regression analysis was conducted which had an adjusted R2 of .249 

(F(42, 920) = 8.613, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS LOCAL 

TAX,  = -.141, t = -.391, p = .696) was removed and another regression analysis was conducted 

which had an adjusted R2 of .250 (F(41, 921) = 8.827, p<.001).  The predictor with the lowest 

non-significant coefficient (ALL FUNDS COST PER STUDENT OF GENERAL 

ADMINISTRATION EXPENDITURES,  = -.036, t = -.575, p = .566) and another regression 

133



analysis was conducted which had an adjusted R2 of .251 (F(40, 922) = 9.046, p<.001).  The 

predictor with the lowest non-significant coefficient (ALL FUNDS COST PER STUDENT 

CAREER & TECHNICAL PROGRAM EXPENDITURES,  = -.067, t = -.626, p = .531) was 

removed and another regression analysis was conducted which had an adjusted R2 of .251 (F(39, 

923) = 9.274, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

CURRICULUM/STAFF DEVELOPMENT EXPENDITURES, FUNCTION 13,  = -.034, t = -

.720, p = .472) was removed and another regression analysis was conducted which had an 

adjusted R2 of .252 (F(38, 924) = 9.509, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS TOTAL EXPENDITURES BY OBJECT, NO 90S,  = .238, t 

= .727, p = .467) was removed and another regression analysis was conducted which had an 

adjusted R2 of .252 (F(37, 925) = 9.757, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS SECURITY/MONITORING SERVICE,  = -.068, t = -.643, p 

= .520) was removed and another regression analysis was conducted which had an adjusted R2 of 

.252 (F(36, 926) = 10.023, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

FEDERAL REVENUE,  = -.027, t = -.883, p = .377) was removed and another regression 

analysis was conducted which had an adjusted R2 of .253 (F(35, 927) = 10.289, p<.001).  The 

predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

INSTRUCTIONAL LEADERSHIP EXPENDITURES, FUNCTION 21,  = .191, t = 1.205, p = 

.228) was removed and another regression analysis was conducted which had an adjusted R2 of 

.252 (F(34, 928) = 10.544, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS COST PER STUDENT OF ACCELERATED EDUCATION PROGRAM 
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EXPENDITURES,  = -.148, t = -1.152, p = .250) was removed and another regression analysis 

was conducted which had an adjusted R2 of .252 (F(33, 929) = 10.820, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = .011, t = .237, p = .813) 

was removed and another regression analysis was conducted which had an adjusted R2 of .253 

(F(32, 930) = 11.167, p<.001).  The predictor with the lowest non-significant coefficient (ALL 

FUNDS TOTAL DISBURSEMENTS,  = -.444, t = -1.496, p = .135) was removed and another 

regression analysis was conducted which had an adjusted R2 of .252 (F(31, 931) = 11.440, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

INTERGOVERNMENT CHARGES EXPENDITURES,  = .118, t = 1.464, p = .143) was 

removed and another regression analysis was conducted which had an adjusted R2 of .251 (F(30, 

932) = 11.736, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT INTERGOVERNMENT CHARGES EXPENDITURES,  = -.116, t = -1.600, p = 

.110) was removed and another regression analysis was conducted which had an adjusted R2 of 

.250 (F(29, 933) = 12.032, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS COST PER STUDENT WITH DISABILITIES PROGRAM 

EXPENDITURES,  = .065, t = 1.883, p = .060) was removed and another regression analysis 

was conducted which had an adjusted R2 of .247 (F(28, 934) = 12.295, p<.001).  The predictor 

with the lowest non-significant coefficient (ALL FUNDS COST PER STUDENT OF TOTAL 

DISPURSEMENTS,  = .080, t = 1.744, p = .081) was removed and another regression analysis 

was conducted which had an adjusted R2 of .246 (F(27, 935) = 12.610, p<.001) 
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APPENDIX E 

2010 PREDICTORS REMOVED WITH LOWEST NON-SIGNIFICANT REGRESSION 

COEFFICIENTS 
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For the ACT regression model, the predictor with the lowest non-significant coefficient 

(ALL FUNDS COST PER STUDENT OF CAMPUS ADMINISTRATION EXPENDITURES, 

FUNCTION 23,  = .005, t = .048, p = .962) was removed and another regression analysis was 

conducted which had an adjusted R2 of .225 (F(45, 908) = 7.155, p<.001).  The predictor with the 

lowest non-significant coefficient (GENERAL FUNDS COST PER STUDENT TOTAL 

PAYROLL EXPENDITURES,  = -.032, t = -.157, p = .875) was removed and another 

regression analysis was conducted which had an adjusted R2 of .226 (F(44, 909) = 7.325, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

STATE REVENUE,  = -.025, t = -.159, p = .874) was removed and another regression analysis 

was conducted which had an adjusted R2 of .227 (F(43, 910) = 7.503, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

GENERAL ADMINISTRATION EXPENDITURES, FUNCTION 41, 80, 92,  = -.123, t = -

.234, p = .815) was removed and another regression analysis was conducted which had an 

adjusted R2 of .228 (F(42, 911) = 7.683, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS COST PER STUDENT CAREER & TECHNICAL PROGRAM 

EXPENDITURES,  = .012, t = .280, p = .780) was removed and another regression analysis 

was conducted which had an adjusted R2 of .228 (F(41, 912) = 7.877, p<.001).  The predictor 

with the lowest non-significant coefficient (GENERAL FUNDS % OF CAMPUS 

ADMINISTRATION EXPENDITURES, FUNCTION 23,  = .035, t = .329, p = .742) was 

removed and another regression analysis was conducted which had an adjusted R2 of .229 (F(40, 

913) = 8.077, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

CAMPUS ADMINISTRATION EXPENDITURES, FUNCTION 23,  = .036, t = .336, p = 

137



.737) was removed and another regression analysis was conducted which had an adjusted R2 of 

.230 (F(39, 914) = 8.284, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS % OF CAMPUS ADMINISTRATION EXPENDITURES, FUNCTION 

23,  = .035, t = .328, p = .743) was removed and another regression analysis was conducted 

which had an adjusted R2 of .230 (F(38, 915) = 8.498, p<.001).  The predictor with the lowest 

non-significant coefficient (GENERAL FUNDS % OF CAMPUS ADMINISTRATION 

EXPENDITURES, FUNCTION 23,  = .047, t = .452, p = .652) was removed and another 

regression analysis was conducted which had an adjusted R2 of .231 (F(37, 916) = 8.730, 

p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

BILINGUAL PROGRAM EXPENDITURES,  = .018, t = .503, p = .615) was removed and 

another regression analysis was conducted which had an adjusted R2 of .231 (F(36, 917) = 8.971, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

BILINGUAL PROGRAM EXPENDITURES,  = .017, t = .490, p = .624) was removed and 

another regression analysis was conducted which had an adjusted R2 of .232 (F(35, 918) = 9.228, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

REGULAR PROGRAM EXPENDITURES,  = .101, t = .589, p = .556) was removed and 

another regression analysis was conducted which had an adjusted R2 of .228 (F(34, 919) = 9.295, 

p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS TOTAL 

PROGRAM OPERATING EXPENDITURES,  = -.316, t = -.526, p = .599) was removed and 

another regression analysis was conducted which had an adjusted R2 of .229 (F(33, 920) = 9.576, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 
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PER STUDENT INSTRUCTIONAL LEADERSHIP EXPENDITURES, FUNCTION 21,  = -

.028, t = -.567, p = .571) was removed and another regression analysis was conducted which had 

an adjusted R2 of .230 (F(32, 921) = 9.872, p<.001).  The predictor with the lowest non-

significant coefficient (ALL FUNDS CURRICULUM/STAFF DEVELOPMENT 

EXPENDITURES, FUNCTION 13,  = .063, t = .606, p = .545) was removed and another 

regression analysis was conducted which had an adjusted R2 of .230 (F(31, 922) = 10.186, 

p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

GENERAL ADMINISTRATION EXPENDITURES, FUNCTION 41, 80, 92,  = .075, t = .662, 

p = .508) was removed and another regression analysis was conducted which had an adjusted R2

of .231 (F(30, 923) = 10.517, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS COST PER STUDENT OF PLANT MAINTENANCE/OPERATION 

EXPENDITURES,  = -.098, t = -.663, p = .507) was removed and another regression analysis 

was conducted which had an adjusted R2 of .231 (F(29, 924) = 10.870, p<.001).  The predictor 

with the lowest non-significant coefficient (GENERAL FUNDS PLANT 

MAINTENANCE/OPERATION EXPENDITURES, FUNCTION 51,  = -.020, t = -.435, p = 

.664) was removed and another regression analysis was conducted which had an adjusted R2 of 

.232 (F(28, 925) = 11.261, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT OF PLANT MAINTENANCE/OPERATION EXPENDITURES,  = -.086, t = 

-.592, p = .554) was removed and another regression analysis was conducted which had an 

adjusted R2 of .232 (F(27, 926) = 11.673, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS % OF PLANT MAINTENANCE/OPERATION 
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EXPENDITURES, FUNCTION 51,  = .026, t = .614, p = .539) was removed and another 

regression analysis was conducted which had an adjusted R2 of .233 (F(26, 927) = 12.116, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF INSTRUCTIONAL LEADERSHIP EXPENDITURES, FUNCTION 21,  = 

.061, t = .785, p = .432) was removed and another regression analysis was conducted which had 

an adjusted R2 of .233 (F(25, 928) = 12.548, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF INSTRUCTIONAL LEADERSHIP EXPENDITURES, FUNCTION 21,  = 

.064, t = .824, p = .410) was removed and another regression analysis was conducted which had 

an adjusted R2 of .233 (F(24, 929) = 13.047, p<.001).  The predictor with the lowest non-

significant coefficient (ALL FUNDS % OF INSTRUCTIONAL LEADERSHIP 

EXPENDITURES, FUNCTION 21,  = -.031, t = -.826, p = .409) was removed and another 

regression analysis was conducted which had an adjusted R2 of .233 (F(23, 930) = 13.590, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = -.149, t = -.964, p = .335) 

was removed and another regression analysis was conducted which had an adjusted R2 of .233 

(F(22, 931) = 14.166, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = .063, t = 

1.008, p = .314) was removed and another regression analysis was conducted which had an 

adjusted R2 of .233 (F(21, 932) = 14.792, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS COST PER STUDENT OF ACCELERATED EDUCATION 

PROGRAM EXPENDITURES,  = -.018, t = -.596, p = .551) was removed and another 
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regression analysis was conducted which had an adjusted R2 of .234 (F(20, 933) = 15.525, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS % OF TOTAL 

PAYROLL EXPENDITURES,  = -.041, t = -1.239, p = .216) was removed and another 

regression analysis was conducted which had an adjusted R2 of .233 (F(19, 934) = 16.252, 

p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT OF GENERAL ADMINISTRATION EXPENDITURES,  = -.220, t = -1.489, 

p = .137) was removed and another regression analysis was conducted which had an adjusted R2

of .232 (F(18, 935) = 17.009, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS COST PER STUDENT OF TOTAL OTHER EXPENDITURES,  = -.080, t = -

1.529, p = .127) was removed and another regression analysis was conducted which had an 

adjusted R2 of .231 (F(17, 936) = 17.847, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS GIFTED/TALENTED PROGRAM EXPENDITURES,  = -.054, t = -

1.582, p = .114) was removed and another regression analysis was conducted which had an 

adjusted R2 of .230 (F(16, 937) = 18.776, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT OF GIFTED/TALENTED PROGRAM EXPENDITURES,  = .049, t = 1.606, 

p = .109) was removed and another regression analysis was conducted which had an adjusted R2

of .229 (F(15, 938) = 19.822, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS % OF CURRICULUM/STAFF DEVELOPMENT EXPENDITURES, 

FUNCTION 13,  = .064, t = 1.924, p = .055) was removed and another regression analysis was 

conducted which had an adjusted R2 of .226 (F(14, 939) = 20.913, p<.001). 
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For the SAT regression model, the predictor with the lowest non-significant coefficient 

(ALL FUNDS CAMPUS ADMINISTRATION EXPENDITURES, FUNCTION 23,  = -.121, t 

= -.526, p = .599) was removed and another regression analysis was conducted which had an 

adjusted R2 of .373 (F(45, 819) = 12.419, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS CAMPUS ADMINISTRATION EXPENDITURES, FUNCTION 23, 

 = -.007, t = -.054, p = .957) was removed and another regression analysis was conducted which 

had an adjusted R2 of .374 (F(44, 820) = 12.717, p<.001).  The predictor with the lowest non-

significant coefficient (GENERAL FUNDS % OF SECURITY/MONITORING SERVICE 

EXPENDITURES,  = .018, t = .611, p = .541) was removed and another regression analysis 

was conducted which had an adjusted R2 of .374 (F(43, 821) = 13.014, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

INSTRUCTIONAL LEADERSHIP EXPENDITURES, FUNCTION 21,  = -.076, t = -.740, p = 

.460) was removed and another regression analysis was conducted which had an adjusted R2 of 

.375 (F(42, 822) = 13.318, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS FEDERAL REVENUE,  = .067, t = .598, p = .550) was removed and another 

regression analysis was conducted which had an adjusted R2 of .375 (F(41, 823) = 13.645, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

FEDERAL REVENUE,  = -.020, t = -.565, p = .572) was removed and another regression 

analysis was conducted which had an adjusted R2 of .376 (F(40, 824) = 13.990, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS DATA 

PROCESSING SERVICES, FUNCTION 53,  = -.273, t = -.800, p = .424) was removed and 

another regression analysis was conducted which had an adjusted R2 of .376 (F(39, 825) = 

14.338, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

142



DATA PROCESSING SERVICES, FUNCTION 53,  = .010, t = .185, p = .854) was removed 

and another regression analysis was conducted which had an adjusted R2 of .377 (F(38, 826) = 

14.732, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS COST 

PER STUDENT OF DATA PROCESSING SERVICES EXPENDITURES,  = .132, t = .752, p 

= .452) was removed and another regression analysis was conducted which had an adjusted R2 of 

.377 (F(37, 827) = 15.123, p<.001).  The predictor with the lowest non-significant coefficient 

(ALL FUNDS % OF GUIDANCE & COUNSELING SERVICE EXPENDITURES, 

FUNCTION 31,  = -.082, t = -.784, p = .434) was removed and another regression analysis was 

conducted which had an adjusted R2 of .377 (F(36, 828) = 15.533, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF ACCELERATED EDUCATION PROGRAM EXPENDITURES,  = .126, t = 

.821, p = .412) was removed and another regression analysis was conducted which had an 

adjusted R2 of .377 (F(35, 829) = 15.964, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS COST PER STUDENT OF GIFTED/TALENTED PROGRAM 

EXPENDITURES,  = -.890, t = -.903, p = .367) was removed and another regression analysis 

was conducted which had an adjusted R2 of .377 (F(34, 830) = 16.403, p<.001).  The predictor 

with the lowest non-significant coefficient (ALL FUNDS COST PER STUDENT OF 

GIFTED/TALENTED PROGRAM EXPENDITURES,  = .097, t = .767, p = .443) was 

removed and another regression analysis was conducted which had an adjusted R2 of .378 (F(33, 

831) = 16.890, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS COST 

PER STUDENT OF DATA PROCESS SERVICES EXPENDITURES,  = -.100, t = -1.209, p = 

.227) was removed and another regression analysis was conducted which had an adjusted R2 of 
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.377 (F(32, 832) = 17.363, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS BILINGUAL PROGRAM EXPENDITURES, FUNCTION 25,  = .987, t 

= 1.207, p = .228) was removed and another regression analysis was conducted which had an 

adjusted R2 of .377 (F(31, 833) = 17.866, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS BILINGUAL PROGRAM EXPENDITURES, FUNCTION 25,  = -

.024, t = -.666, p = .506) was removed and another regression analysis was conducted which had 

an adjusted R2 of .377 (F(30, 834) = 18.459, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT GUIDANCE & COUNSELING SERVICE EXPENDITURES, FUNCTION 31,  = 

.054, t = 1.492, p = .136) was removed and another regression analysis was conducted which had 

an adjusted R2 of .377 (F(29, 835) = 18.991, p<.001).  The predictor with the lowest non-

significant coefficient (ALL FUNDS % OF INSTRUCTIONAL RESOURCE MEDIA 

SERVICE EXPENDITURES, FUNCTION 12,  = -.053, t = -1.726, p = .085) was removed and 

another regression analysis was conducted which had an adjusted R2 of .375 (F(28, 836) = 

19.517, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS COST 

PER STUDENT OF TOTAL DISPURSEMENTS,  = .091, t = 1.711, p = .087) was removed 

and another regression analysis was conducted which had an adjusted R2 of .374 (F(27, 837) = 

20.085, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS COST PER 

STUDENT OF SECURITY/MONITORING SERVICE,  = -.062, t = -1.723, p = .085) was 

removed and another regression analysis was conducted which had an adjusted R2 of .372 (F(26, 

838) = 20.695, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 

FUNDS % OF LOCAL TAX,  = -.310, t = -1.811, p = .071) was removed and another 
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regression analysis was conducted which had an adjusted R2 of .370 (F(25, 839) = 21.333, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

GIFTED/TALENTED PROGRAM EXPENDITURES,  = -.129, t = -1.731, p = .084) was 

removed and another regression analysis was conducted which had an adjusted R2 of .369 (F(24, 

840) = 22.045 p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS % OF STATE 

REVENUE,  = -.217, t = -1.927, p = .054) was removed and another regression analysis was 

conducted which had an adjusted R2 of .367 (F(23, 841) = 22.768 p<.001).  The predictor with 

the lowest non-significant coefficient (ALL FUNDS COST PER STUDENT TOTAL 

OPERATING REVENUE,  = -.078, t = -1.136, p = .256) was removed and another regression 

analysis was conducted which had an adjusted R2 of .367 (F(22, 842) = 23.736 p<.001).  The 

predictor with the lowest non-significant coefficient (GENERAL FUNDS COST PER 

STUDENT STATE REVENUE,  = -.503, t = -1.866, p = .062) was removed and another 

regression analysis was conducted which had an adjusted R2 of .365 (F(21, 843) = 24.628 

p<.001). 

For the TAKS college readiness regression model, the predictor with the lowest non-

significant coefficient (GENERAL FUNDS COST PER STUDENT OF BILINGUAL 

PROGRAM EXPENDITURES,  = -.003, t = -.073, p = .941) was removed and another 

regression analysis was conducted which had an adjusted R2 of .280 (F(43, 914) = 9.658, 

p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

GIFTED/TALENTED PROGRAM EXPENDITURES,  = .006, t = .212, p = .832) was 

removed and another regression analysis was conducted which had an adjusted R2 of .281 (F(42, 

915) = 9.897, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL 
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FUNDS % OF INSTRUCTIONAL RESOURCE MEDIA SERVICE EXPENDITURES, 

FUNCTION 12,  = -.006, t = -.211, p = .833) was removed and another regression analysis was 

conducted which had an adjusted R2 of .282 (F(41, 916) = 10.148, p<.001).  The predictor with 

the lowest non-significant coefficient (GENERAL FUNDS ACCELERATED EDUCATION 

PROGRAM EXPENDITURES, FUNCTION 24,  = -.010, t = -.244, p = .808) was removed and 

another regression analysis was conducted which had an adjusted R2 of .282 (F(40, 917) = 

10.410, p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS 

ACCELERATED EDUCATION PROGRAM EXPENDITURES, FUNCTION 24,  = -.011, t = 

-.255, p = .799) was removed and another regression analysis was conducted which had an 

adjusted R2 of .283 (F(39, 918) = 10.685, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS 

CURRICULUM/STAFF DEVELOPMENT EXPENDITURES, FUNCTION 13,  = -.024, t = -

.254, p = .799) was removed and another regression analysis was conducted which had an 

adjusted R2 of .284 (F(38, 919) = 10.976, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS ACCELERATED EDUCATION PROGRAM 

EXPENDITURES, FUNCTION 24,  = -.012, t = -.301, p = .764) was removed and another 

regression analysis was conducted which had an adjusted R2 of .284 (F(37, 920) = 11.281, 

p<.001).  The predictor with the lowest non-significant coefficient (GENERAL FUNDS TOTAL 

DISBURSEMENTS,  = .106, t = .421, p = .674) was removed and another regression analysis 

was conducted which had an adjusted R2 of .285 (F(36, 921) = 11.600, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS CAREER 

& TECHNOLOGY PROGRAM EXPENDITURES, FUNCTION 22,  = -.075, t = -.684, p = 

.494) was removed and another regression analysis was conducted which had an adjusted R2 of 
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.285 (F(35, 922) = 11.925, p<.001).  The predictor with the lowest non-significant coefficient 

(GENERAL FUNDS % OF TOTAL OTHER EXPENDITURES,  = .051, t = .806, p = .420) 

was removed and another regression analysis was conducted which had an adjusted R2 of .286 

(F(34, 923) = 12.261, p<.001).  The predictor with the lowest non-significant coefficient (ALL 

FUNDS COST PER STUDENT WITH DISABILITIES PROGRAM EXPENDITURES,  = -

.166, t = -.940, p = .347) was removed and another regression analysis was conducted which had 

an adjusted R2 of .286 (F(33, 924) = 12.607, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

GUIDANCE & COUNSELING SERVICE EXPENDITURES, FUNCTION 31,  = -.096, t = -

.847, p = .397) was removed and another regression analysis was conducted which had an 

adjusted R2 of .286 (F(32, 925) = 12.983, p<.001).  The predictor with the lowest non-significant 

coefficient (ALL FUNDS % OF STUDENTS WITH DISABILITIES PROGRAM 

EXPENDITURES,  = .041, t = .802, p = .422) was removed and another regression analysis 

was conducted which had an adjusted R2 of .286 (F(31, 926) = 13.386, p<.001).  The predictor 

with the lowest non-significant coefficient (GENERAL FUNDS COST PER STUDENT LOCAL 

TAX,  = .100, t = 1.013, p = .311) was removed and another regression analysis was conducted 

which had an adjusted R2 of .286 (F(30, 927) = 13.798, p<.001). 

The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

CURRICULUM/STAFF DEVELOPMENT EXPENDITURES, FUNCTION 13,  = -.044, t = -

1.369, p = .171) was removed and another regression analysis was conducted which had an 

adjusted R2 of .286 (F(29, 928) = 14.195, p<.001).  The predictor with the lowest non-significant 

coefficient (GENERAL FUNDS % OF TOTAL PAYROLL EXPENDITURES, FUNCTION 13, 

 = .091, t = 1.662, p = .097) was removed and another regression analysis was conducted which 

147



had an adjusted R2 of .284 (F(28, 929) = 14.576, p<.001).  The predictor with the lowest non-

significant coefficient (GENERAL FUNDS COST PER STUDENT TOTAL EXPENDITURES 

BY OBJECT, NO 90S,  = .137, t = 1.443, p = .149) was removed and another regression 

analysis was conducted which had an adjusted R2 of .283 (F(27, 930) = 15.021, p<.001). 

The predictor with the lowest non-significant coefficient (GENERAL FUNDS % OF 

SECURITY/MONITORING SERVICE EXPENDITURES,  = -.046, t = -1.623, p = .105) was 

removed and another regression analysis was conducted which had an adjusted R2 of .282 (F(26, 

931) = 15.470, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS 

COST PER STUDENT INSTRUCTIONAL & TRANSFER  EXPENDITURES, FUNCTION 

11, 95,  = .485, t = 1.795, p = .073) was removed and another regression analysis was 

conducted which had an adjusted R2 of .280 (F(25, 932) = 15.922, p<.001).  The predictor with 

the lowest non-significant coefficient (ALL FUNDS % OF INSTRUCTIONAL & TRANSFER  

EXPENDITURES, FUNCTION 11, 95,  = -.093, t = -1.164, p = .245) was removed and 

another regression analysis was conducted which had an adjusted R2 of .279 (F(24, 933) = 

16.403, p<.001).  The predictor with the lowest non-significant coefficient (ALL FUNDS % OF 

INSTRUCTIONAL & TRANSFER EXPENDITURES, FUNCTION 11, 95,  = -.086, t = -

1.083, p = .279) was removed and another regression analysis was conducted which had an 

adjusted R2 of .279 (F(23, 934) = 17.062, p<.001). 
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