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The primary focus of this study is to investigate the effects of social control 

mechanisms on public order crimes in Turkey. Supporting efforts of parochial control is 

a rising trend in crime control activities. Statements regarding the relationship between 

social disorganization variables, parochial control variables, and spatial distribution of 

crime have long been studied by researchers. Using the same assumptions in this study, 

I test their applicability to public order crimes in Turkey. The poverty and residential 

mobility variables had significant positive effect on public order crimes holding other 

structural and parochial variables constant. The number of public order crimes seems to 

be higher in provinces where there are more disrupted families. The number of public 

order crimes seems to be lower in provinces where there are more religious institutions.  

Overall, the results reveal that social structural variables and parochial control 

factors affect the institutional bases of provinces and partly affect the occurrence of 

public order crimes. Based on the study findings, several policy implications and 

recommendations for future research are suggested. 
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CHAPTER I  

INTRODUCTION 

Statement of the Problem 

The Republic of Turkey is a secular, republican parliamentary democracy 

established in 1923. According to the Turkish Statistical Institute (TSI), the total 

population is 70,586,256 and more than half of the overall population is younger than 

the age of 28. Interestingly enough, while 76% of the population was living in rural 

areas in 1927, more than 70.5% of the population lives in urban areas today (TSI 

Report, 2009).  

As a rapidly developing country Turkey has a dynamic economic structure, 

including both modern industry and trade sectors as well as an agricultural sector, 

which provides employment to 40% of the population (Atasoy, Baskan, and Ziyalar, 

2006).  

Despite its high urbanization rate, industrialization, rapid social change and an 

increase in overall population (Bahar and Fert, 2008), when compared to European 

countries such as France, Germany, Belgium and the United Kingdom, Turkey still has 

the lowest official crime rate (Atasoy et al., 2006).   

Law enforcement in Turkey is undertaken by the Turkish National Police (TNP). In 

terms of the statistical classification of crimes in Turkey, there are five groups of crime: 

public order crimes, traffic crimes, organized crimes, terror crimes, and riots/public 

demonstration events (Asayis Sucu Kavrami, 2008).  

Studies examining the causes of increasing crime rates in Turkey have been 
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primarily descriptive studies. In such descriptive studies some indicators, such as 

urbanization, industrialization, and population size (i.e., disorganization factors), have 

been emphasized as possible factors contributing to the increase in overall crime rates 

in Turkey (Bahar and Fert, 2008). This study, on the other hand, will go beyond those 

by examining the effects of social disorganization factors on public order crimes after 

controlling for parochial factors. 

 

Purpose of the Study 

The purpose of this study is to examine the effects of social disorganization 

factors on public order crimes in Turkey.  Public order crimes refer to homicide, 

kidnapping, abduction, extortion, arson, aggravated assault, rape, domestic violence, 

prostitution, sexual assault, hostage taking, robbery, burglary, fraud, gambling, 

corruption, and embezzlement. Social disorganization factors include those such as 

population heterogeneity, poverty, family disruption, unemployment, and residential 

mobility. 

This study controls for gender, population size, age, and parochial control 

factors.  Parochial control factors refer to voluntary associations, schools, and religious 

institutions. 

Parochial control factors have been most commonly viewed as the factors 

contributing most to crime and deviance in general.  This study proposes that it is social 

disorganization factors that are of most importance.  Therefore, it examines the impacts 

of social disorganization factors after taking into account the effects of parochial control 
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factors.  This allows us to see whether social disorganization factors contribute more or 

less to public order crimes than do parochial control factors.  

This study presents a contextual analysis of public order crimes in Turkey in which an 

empirical analysis of disorganization factors is considered.  Thus, the primary research 

questions are: (1) Does social disorganization explain the occurrence of public order 

crimes in Turkey after controlling for parochial control factors?  And (2) Does social 

disorganization explain more of the change in public order crime than do the parochial control 

factors?  

 

Organizational Map of the Study  

In this study, Chapter II provides a summary of the theoretical structure to be 

used in the course of this study. Chapter III reviews the available empirical research on 

crime in light of the proposed theoretical structure. In addition, the theoretical model of 

the study, including research questions and hypotheses are explained in this chapter. 

Chapter IV explains the research design, analytical strategy, the data used in this 

analysis, and measurement of variables. The results of bivariate and multivariate 

analyses are presented in Chapter V, after which the findings are discussed in the 

context of the theoretical structure and the specified hypotheses. A discussion of the 

theoretical and policy implications of the results, limitations of the study, and 

suggestions for future research are presented in Chapter VI. 
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CHAPTER II  

THEORETICAL FRAMEWORK 

Early studies of crime and deviance looked closely at individuals. However, rapid 

population increases in urban areas and increased crime rates directly influenced the 

research and caused many researchers to conduct studies on the causes of crime in 

society rather than in individuals. In contemporary criminology, the social 

disorganization approach is one of the most important macro level theories to have 

emerged from this tradition of approaching crime at a societal level.  

In this chapter, an explanation of the theory is given and the development of the 

theory is reviewed.  

 

Social Disorganization Approach: An Overview 

As the originators of the social disorganization concept, Thomas and Znaniecki 

described social disorganization as “a decrease of the influence of existing social rules 

of behavior upon individual members of the group” ([1918] 1920: 1128). Briefly, they 

mentioned increasing crime rates among Polish immigrants who immigrated from 

Poland to America at the beginning of the 20th century and argued that the diminishing 

impact of norms and values on a certain community causes disorganization in that 

society (Thomas and Znaniecki, [1918] 1920).  

Park and Burgess (1925) used the same ecological explanation of criminality and 

developed the human ecology model, or concentric zone theory. In their concentric 

zone theory model, Park and Burgess (1925) defined five different zones in Chicago. 
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The zone after the business center zone is defined as the transition zone, where 

delinquency primarily occurs. They (1925) argued that transition zones are unique in 

that, compared to other places across the city, they possess certain structural 

conditions: along with the high rate of delinquency, these living areas were 

characterized by poor housing, physical decay, heterogeneous population, disrupted 

families, poverty, and residential mobility (Akers, 2000). The transition zone becomes 

known not only as the most disorganized part of the city with these factors, but also 

that part where mechanisms of institutional social control are most lacking (Reid, 2000).  

According to Sampson and Groves (1989), if a community is unable to realize 

common values and maintain effective social controls among its residents, social 

disorganization exists. Elliot and Merrill (1961) stated that social disorganization occurs 

when there is a change in the equilibrium of forces, a breakdown of the social structure. 

Social disorganization is the process by which the relationships among members of a 

group are broken (Kramer, 1943).  

 

Social Disorganization Approach of Shaw and McKay 

The social disorganization theory was developed by the Chicago School 

researchers Clifford Shaw and Henry McKay. Shaw and McKay (1942) noted that 

juvenile delinquents tended to live in certain neighborhoods. According to Shaw and 

McKay’s model, crime is related to the neighborhoods in which it occurred, and a 

community’s inability to realize common objectives to solve the problems of its residents 

produces social disorganization (Short, 1976). Shaw and McKay (1942) maintained that 
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the structural characteristics of these neighborhoods are directly related to the 

frequency of both delinquency and crimes existing in those neighborhoods.  

Expanding upon that idea, Shaw and McKay (1969) examined the geographic 

distribution of juvenile delinquency rates in Chicago. As a booming industrial city 

increasingly populated by recent immigrants of different racial and ethnic backgrounds, 

the city of Chicago provided a social laboratory for the development of American 

criminology. Shaw and McKay (1942) stated that despite changing characteristics of 

residents in certain areas in the city of Chicago, the rate of delinquency remained stable 

in those areas. The finding of the study, that even though the areas were occupied 

mostly by minorities the crime rates remained stable, helped Shaw and McKay construct 

the social disorganization theory, which hypothesizes that rather than with individual 

characteristics such as biological or psychological traits, criminality in a society is 

associated with the structural and ecological characteristics of those communities 

(Cullen and Agnew, 2006). Shaw and McKay (1942) examined the effects of structural 

variables, specifically low economic status, ethnic heterogeneity and residential mobility, 

on the disruption of the social order of neighborhoods.  

Shaw and McKay (1942) analyzed community characteristics and rates of 

delinquency and found that delinquency rates were concentrated in commercial and 

industrial areas. Specifically, Shaw and McKay (1942) found that there was a 

relationship between delinquency rates and population size, welfare, median rentals, 

and home ownership. 

 Shaw and McKay (1942) posited that youths are delinquent because of 
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undesirable living conditions in their residential environment. As a result, structural 

variables, including low economic status, ethnic heterogeneity and residential mobility, 

contributed to the social disruption of neighborhoods.  

Furthermore, Shaw and McKay also argued that high poverty areas, ethnic 

heterogeneity, and greater rates of residential mobility are structural factors that 

produce conflicting norms and values; these conflicts weaken relationships among 

community members. Additionally, those structural factors create a community in which 

people neither know one another nor have a tendency to apply conventional norms and 

values, which, in turn, weakens the community’s social control. Consequently, higher 

crime rates in these kinds of areas are much more likely. Shaw and McKay (1942) 

concluded that there is a difference between communities that have high rates of 

delinquency and low rates of social and economic characteristics. Therefore, 

delinquency is theoretically correlated with the community itself.  

 

Development of Social Disorganization Theory:  
Informal Social Control 

 
One of the important expansions of the social disorganization theory is the 

contribution of the study of Sampson and Groves. According to Sampson and Groves, 

social disorganization is “the inability of a community structure to realize the common 

values of its residents and maintain effective social controls” (1989,777). By testing 

Shaw and McKay’s theory empirically, they (1989) first started to use “informal social 

control.” In order to explain this dimension, they stated that “the greater the density of 

networks among persons in a community, the greater the constraint on deviant 
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behavior within the purview of the social network” (Sampson and Groves, 1989, 779). 

In their study, they directly measured social disorganization with low organizational 

participation, sparse local friendship networks, and unsupervised youth groups 

(Lowenkamp, Cullen and Pratt, 2003).  

Sampson and Groves (1989) argued that in addition to certain structural factors, 

other variables intervening between community structure and delinquency should be 

used to measure the level of social disorganization of a community and its effects on 

delinquency. Sampson (1987) and Sampson and Groves (1989) have investigated the 

effects of guardianship, community attachment, and informal social control. As a related 

analysis, Bellair (2000) found that neighbors' informal surveillance of one another's 

property had a negative effect on some types of crime. Since disorganized communities 

are thought to support fewer local institutions, this theory would predict a negative 

relationship between disorganization and the prevalence of local organizations (Rose, 

2000).  

 

Social Control Types 

The term social control was first used by Edward A. Ross ([1901] 2002). Ross 

([1901] 2002) explained social control with synchronization and equilibrium created by 

social conditions in a society. According to Cooley (1909), social interactions and 

relationships keep the stability of social control. The effectiveness of these connections 

and relationships is very important for the stability of social control (Thomas and 

Znaniecki,1920).  
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Hunter (1985) mentions three types of social control: the private level, the public 

level, and the parochial level. All three levels of social control are mutually dependent.  

According to Hunter (1985), sentiment, social support, and esteem are the 

crucial building structures of the private level of social control. As the first level of social 

control, private level order refers to primary relationships such as family, kinship, and 

friendships (Bursik and Grasmick, 1993).  

Parochial control is the second level of social control between private and public 

levels of social control. Parochial control refers to the ability of the neighborhood to 

supervise the behaviors of its residents through local interpersonal networks and local 

institutions, such as schools, churches, and voluntary organizations (Bursik and 

Grasmick 1993; Hunter, 1985). As the most common agents of parochial social control, 

relations in parochial level control are based on local interpersonal networks (Bursik and 

Grasmick, 1993).  

According to Hunter, public level control, the third level of social control, is 

primarily found “in the formal, bureaucratic agencies of the state” (1985:234). Bursik 

and Grasmick stated that public level control “focuses on the ability of the community to 

secure public goods and services that are allocated by agencies located outside the 

neighborhood” (1993:17). Public level control consists of the use of power of the State 

against its citizens legitimately (Weber: 1978). 

 

Conclusion 

 As an explanation of the theory, an overview on social disorganization theory, 



10 

Shaw and McKay’s social disorganization concept, informal social control concept as an 

expansion of social disorganization theory, levels of social control, and relationship 

between social control and social disorganization concept was reviewed in this chapter. 

In addition, as the three main parochial control factors, the functions of religious 

institutions, schools, and voluntary organizations on social control and social 

organization were discussed. In the next chapter, studies on social disorganization 

indicators and crime relationship and the role of religious institutions, schools, and 

voluntary associations on crime are presented. Finally, the theoretical model and 

specific hypotheses to be tested are described. 
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CHAPTER III  

REVIEW OF LITERATURE 

In this chapter, specific indicators of social disorganization and crime are 

examined. In addition, the theoretical model and specific hypotheses to be tested are 

described. 

 

Social Disorganization and Crime  

Social disorganization theory comes from social structural theories. In terms of 

explaining the relationship between the structural features of social organizations and 

the frequency of criminal activities, several social structural characteristics and 

ecological factors (i.e., high residential mobility, neighborhoods with low socioeconomic 

status, population heterogeneity, unemployment, urbanization, and family disruption) 

have so far been examined by social disorganization theorists. Provided below is a 

review of the literature that has examined the relationship between social structural 

characteristics and crime. The social structural characteristics considered include: 

poverty, residential mobility, population heterogeneity, family disruption, and 

unemployment. 

 

Poverty  

The United Nations provides a broad definition of poverty. Poverty is defined as 

“a human condition characterized by the sustained or chronic deprivation of the 

resources, capabilities, choices, security and power necessary for the enjoyment of an 
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adequate standard of living and other civil, cultural, economic, political and social 

rights” (UN, 2001). Poverty is generally measured via the percentage of a city’s 

population living below the government’s established poverty level. Although there is a 

wide range of theoretical supports for the hypothesized positive relationship between 

economic inequality, poverty, and crime, the empirical evidence has been inconsistent.   

The association between crime rates and economic conditions has been variously 

accounted for in social disorganization theory (Shaw and McKay, 1942; Kornhauser, 

1978), strain theory (Merton, 1938), conflict theories (Taylor et al., 1973), and 

subcultural theories (Cloward and Ohlin, 1960). Kposawa et al. (1995) and Baron and 

Straus (1989) have found that communities with high proportions of both poor and rich 

citizens are likely to have high rates of property crime and rape. As a result, any 

attempt to explain variations in the levels of crime rates across geographical areas 

should take into account some measure of income difference. 

As the precursor of social disorganization, Shaw and McKay’s (1942) social 

disorganization theory proposes that poverty is predictive of high rates of crime in 

urban areas. The association between poverty and violent crime rates has been tested 

in different studies. While some of these (Simpson, 1985; DeFronzo, 1983; Blau and 

Blau, 1982; Allen, 1996; Hipp, 2007) do not report significant associations between 

violent crime rates and poverty, others indicate significant correlations, both positive 

and negative (Loftin and Hill, 1974; Smith and Parker, 1980; Messner, 1982; Williams, 

1984; Bailey, 1984; Sampson, 1985).  

Loftin and Hill (1974) studied this phenomenon at the state level and found a 
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significant relationship between homicide rates and poverty. In another state-level 

examination, Smith and Parker (1980) also found statistically significant associations 

between total and primary homicide rates and poverty. Huff-Corzine et al. (1986) also 

studied homicide crime rates at the state level and found that homicide rates both for 

the total population and for whites were influenced by poverty. Baron and Straus 

(1989) looked at 50 states’ homicide rates and found that poverty was significantly and 

positively associated with homicide rates.  

In his city-level study, Messner (1983) examined both southern and non-

southern cities (N = 91 southern, N = 256 non southern). He found that poverty only 

had a positive significant effect on homicide rates in non-southern cities. Bailey (1984) 

and Sampson (1985) also looked at 73 and 55 city's homicide crime rates, respectively, 

and found significant positive relationships between poverty and homicide rates.  After 

examining 299 cities, Parker (1989) states that poverty was the most important 

predictor for homicide rates.  

Messner (1982) and Williams (1984) used the standard metropolitan statistical 

areas (SMSAs) as a unit of analysis. While Messner (1982) found a significant negative 

relationship between poverty and homicide rates, Williams (1984) concluded that 

poverty had significant positive effects on homicide rates. In another SMSA-level study 

(N = 125), Simpson (1985) examined the significant positive relationship between 

poverty and rape rates. Smith and Bennett (1985) studied 88 SMSAs’ rape rates, and 

poverty was found to account for differences in rape rates in communities. On the other 

hand, Harer and Steffensmeier (1992) found a significant negative relationship between 
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overall poverty and rape rates in an SMSA-level study. In another SMSA-level 

examination, Fowles and Merva (1996) found that poverty had a significant positive 

relationship with all types of violent crimes. 

Messner and Tardiff (1986) used neighborhoods (N = 26) as their unit of analysis 

and found both positive and non-significant effects of poverty on rape. Patterson (1991) 

likewise used neighborhoods (N = 57) as the unit of analysis, finding that while poverty 

was more strongly related with violent crime rates, the relationship ultimately depended 

on the type of crime. Warner and Pierce (1993) also studied this phenomenon at the 

neighborhood level (N = 60) and found a significant positive relationship between 

poverty rates and assault and robbery rates. 

Kposowa et al. (1995) shows that poverty exerts the expected effects on the 

1980 homicide rates in the least populated 1681 counties. Kposowa et al. (1995) also 

found that poverty had a positive effect on homicide rate, but no effect on the property 

crime rate. Lee and Bartkowski (2004) used 3,099 counties in their study and concluded 

that poverty was significantly positively related to both juvenile and adult homicide 

rates. 

Williams and Flewelling (1988) studied homicide crime rates at the state level 

and found significant positive associations between poverty and the homicide rates. 

Krivo and Peterson (1996) used census tracts as the unit of analysis and found that in 

highly disadvantaged communities, poverty was significantly and positively related with 

violent crime rates. Warner and Wilcox Rountree (1997) studied 100 census tracts and 

found a significant positive relationship between poverty and assault rates. In their 
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seminal work, Blau and Blau (1982) similarly found that criminal violence was positively 

related to poverty. Income inequality increased the violence rate, and when income 

inequality was controlled, the positive association between poverty and violence 

disappeared. 

On the other hand, some other studies found no relationship between the two 

variables. For instance, DeFronzo (1983) examined the relationship between poverty, 

inequality and crime rates (homicide, aggravated assault, forcible rape, and robbery) in 

39 SMSAs. He did not find a significant relationship between income inequality indices 

and any of the violent crime rates. In addition, Allen (1996) stated that both poverty 

and economic inequality were not statistically significantly related to robbery rates. Hipp 

(2007) found that when the income inequality level was taken into consideration, 

poverty as a predictor of homicide and robbery crimes became insignificant.   

In another study, Messner (1983) looked at the regional differences in the 

economic correlates of the urban homicide rate. Both non-southern and southern cities 

were separately used as units of analysis in the study; the regression results did not 

support the hypothesis regarding income inequality as having stronger positive effects 

on southern cities’ homicide rates than non-southern cities’ homicide rates. According to 

Messner’s (1983) study results, income inequality did not have any statistically 

significant effect on a city's homicide rates.   

Bailey (1984) replicated and extended Messner’s (1982) absolute and relative 

economic deprivation study. He used cities instead of SMSA’s as units of analysis and 

looked at three years of homicide rates (1950, 1960, and 1970) instead of only one. 
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The Gini index of income inequality is used to measure relative economic deprivation; 

the relationship between economic inequality and homicide rates was examined. Like 

Messner (1982), Bailey (1984) did not find any significant association between relative 

economic deprivation and homicide rates.  

Parker (1989) looked at the relationship between city homicide and robbery rates 

and structural poverty indicators. Income inequality was measured with the Gini 

coefficient and used as a control variable in the model. Parker (1989) compared his 

results with Messner’s (1983) study results, finding no significant relationship between 

homicide and robbery rates and income inequality.  

Smith and Bennett (1985) conducted an empirical assessment of the theories 

regarding rape and the poverty/income inequality relationship. They analyzed rape 

rates in 88 SMSAs, finding that racial income inequality did not account for differences 

in rape rates in the SMSAs.   

Sampson and Groves (1989) reported that communities with a higher percentage 

of a high SES (socioeconomic status) population tended to have higher rates of 

burglary. Based on neighborhood data from seven U.S. cities, Sun et al. (2004) 

reported positive effects of SES on robbery and assault victimization. In short, findings 

from several research studies suggested that there was some relationship between 

poverty and crime. However, poverty alone was not a sufficient explanatory factor 

(Wong, 2007). 

In two studies of rural counties located in the South with no more than 20,000 

residents, neither Petee and Kowalski (1993) nor Osgood and Chambers (2000) found 
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poverty to have a significant impact on violent crime rates. Bursik (1988) noted that 

social disorganization theory, as originally presented by Shaw and McKay (1942), never 

implied a direct effect of poverty on crime. Instead, economic disadvantage was 

supposed to be related to higher levels of mobility and ethnic heterogeneity (Muftić, 

2006). 

 

Residential Mobility  

Residential mobility/instability is generally measured by looking at the percentage 

of persons’ ages 5 and over who have changed residences in the past five years. The 

results of studies about the relationship between crime and residential instability are 

mixed. For instance, Miethe and Meier (1994) found a statistically significant positive 

relationship between crime rates and residential stability.  

In another study, Miethe et al. (1991) found a relationship between residential 

mobility and robbery rates, but not with homicide rates. On the other hand, Vessey and 

Messner (1999) found no relationship between crime rates and residential stability. 

Warner and Pierce (1993) found both positive and negative relationships between crime 

rates and residential stability. In another study, Kubrin and Herting (2003) found a 

statistically significant positive relationship between residential stability and overall 

homicide rates. Stucky (2003) used 958 cities with 25,000 or more residents in 1990 

listed in the County and City Databook, 1994 as the units of analysis and did not find a 

significant relationship between crime rates and the percentage of population change. 

Still, a number of studies have revealed that mobility did not increase crime. 
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Sampson and Groves’ (1989) study showed that residential stability did not affect 

violence and property victimization. Lanier and Huff-Corzine (2006) reported that 

county-level mobility rates did not have any significant effect on the American Indian 

homicide rate. Wong (2007) stated that since mobility alone may not be observed as a 

consistent predictor of crime, the effect of mobility on crime has to be examined along 

with the other precursors of social disorganization. 

A high degree of population mobility may adversely affect the stability of 

friendship and kinship ties (Sampson, 1987). A mobile population is less favorable for 

the formation and maintenance of relationships, including marital relationships (Myers, 

2000; Shelton, 1987; South and Lloyd, 1995). People who have to move for 

employment, education, or for other reasons have a greater chance of separation from 

their spouse or family for a temporary or long period of time. The weak friendship and 

kinship ties in a mobile population also reduce the social and financial supports for its 

families, leading to a higher probability of divorce or separation. That is, it is reasonable 

to expect that mobility may increase the likelihood of family disorganization (Wong, 

2007). 

According to Sampson and Groves (1989), there is a relationship between 

residential stability and low rates of crime and victimization at the community level, 

fostered primarily through local friendship networks. Several studies based on 

metropolitan areas similarly report that migration exhibits positive effects on both 

violent and property crime rates (Crutchfield et al., 1982, Messner 1986, South 1987). 

Tittle and Paternoster (1988) indicate that residential mobility affects self-reported 
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criminal behavior indirectly through reduced commitments to conventional norms at the 

individual level; however, this effect apparently varies by type of crime. 

City-level studies have commonly found a correlation between crime and 

migration (Schuerman and Kobrin, 1986; Sampson and Wooldredge, 1986; Liska and 

Bellair, 1995; Liska et al., 1989; Alba et al., 1994). Residential mobility has been found 

to contribute to crime in different ways. Mobility creates isolated residential areas, 

lessens the degree of social integration among residents, and reduces the sense of 

commitment to a neighborhood (Sampson, 1991; Crutchfield, Geerken and Gove, 1982; 

Warner and Pierce, 1993). Accordingly, an area's level of mobility is believed to be a 

factor influencing the connection between neighborhood crime and the community's 

collective efficacy (Skogan, 1990; Sampson and Raudenbush, 1999; Sampson et al., 

1997). 

 

Population Heterogeneity  

The association between heterogeneity and crime varies from study to study. 

Sampson and Groves (1989) found that ethnic heterogeneity had significant effects on 

robbery and burglary victimizations. Gartner (1990) and Conklin and Simpson (1985) 

found considerable positive impact of ethnic and linguistic heterogeneity on violent 

crimes.  

Shaw and McKay’s (1942) social disorganization theory proposes that ethnic 

minority populations are predictive of high rates of crime in urban areas. Residents 

living with a high proportion of ethnic minority populations are less likely to develop 
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strong social networks due to the differences in their cultural backgrounds (Osgood and 

Chambers, 2000). The community is less able to control crime and deviance effectively 

or rein in its youths without strong social networks (Osgood and Chambers, 2000; 

Smith and Jarjoura, 1988). 

Osgood and Chambers (2000) observed that ethnic heterogeneity in rural 

communities increased youth violence, including robbery, weapons offenses, and simple 

assault. A number of other studies, such as Sampson et al. (1997) and Sun et al. 

(2004), also reported a positive effect of ethnic heterogeneity on crime. 

Rural areas are generally recognized as being more socially organized than urban 

areas because of population homogeneity. From a social disorganization perspective, 

since population in rural areas is more homogeneous, these areas have lower crime 

rates than urban areas (Muftić, 2006).   

 

Family Disruption  

Warner and Pierce (1993) found a positive relationship between robbery crime 

rates and family disruption. Blau and Blau (1982) used data for the 125 largest SMSAs 

in the US. They calculated percent divorced by dividing an SMSA’s population by the 

number of divorced and the number of separated over the age of 14. According to their 

OLS regression analysis results, the percentage of divorced adults was significantly 

positively associated with total violent, murder, rape, robbery, and assault crime rates. 

Williams (1984) also used percent divorced to measure family disruption, finding that it 

had significant positive effects on homicide rates. 
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Simpson (1985) used a logit transformation of percent divorced in his study and 

found a significant positive relationship between murder, rape, robbery, assault, and 

total violent crime rates and percent divorced in one model. Smith and Bennett (1985) 

and Blau and Golden (1986) examined SMSA-level data; their results revealed that the 

percentage of divorced adults was significantly and positively related to crime rates. 

Messner and Tardiff (1986) also found a significant positive association with rape rates 

and percent divorced at the neighborhood level. In a state-level study, Huff-Corzine et 

al. (1986) used the percentage of kids not living with both parents to measure family 

disruption. They found that family disruption is significantly positively related to 

homicide rates. 

Williams and Flewelling’s (1988) study used different units of analysis, such as 

cities (n = 168), metro areas (n = 25), and states (n = 50). They found a significant 

positive association between percent divorced and homicide rates. Baron and Straus 

(1989) used a “family integration index” to measure family disruption. They examined 

state-level data and found that without an economic inequality index variable, the 

family integration index was significantly related to state homicide rates. Land et al. 

(1990) used percent divorced as a variable in their analysis and found a significant 

relationship between homicide rates and family disruption in both cities and SMSAs in 

1960, 1970, and 1980. Patterson (1991) used interviews (N = 11,419) and examined 

serious violent crime rates at the neighborhood level (n = 57). He used the percentage 

of single parent households with children between ages 12 and 20. He did not find a 

significant association between violent crime rates and the percentage of single parent 
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households.   

Warner and Pierce (1993) studied 60 neighborhoods and examined the 

relationship between assault and robbery crimes, finding that family disruption was 

related to robbery rates. Looking at the relationship between violent crime rates and 

structural covariates, Kposawa et al. (1995) used percent divorced as a measure of 

family disruption, running  different OLS, multiple linear, and nonlinear models with 

different numbers of counties. Their regression results for counties having a population 

greater than 100,000, less than 25,000, and for southern counties showed positive 

significant associations between violent crime, homicide, and the percentage of 

divorced adults.  

Krivo and Peterson (1996) studied 177 census tracts and found that in highly 

disadvantaged communities, female-headed households were significantly positively 

related to violent crime rates. On the other hand, Parker and McCall (1999) examined 

the percentage of divorced males and the percentage of children not living with both 

parents in order to measure family disruption. They did not find a significant 

relationship between the percentage of divorced males and their disaggregated 

homicide models. In another study, Kubrin and Herting (2003) likewise found no 

significant association between disaggregated homicide counts and the percentage of 

divorced males in his neighborhood-level study.  

Baller et al. (2001) studied county homicide rates as a dependent variable for the 

decennial years between 1960 and 1990. They found a significant positive relationship 
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between percentage divorced and county homicide rates in their spatial lag examination 

for all years examined.  

Browning et al. (2004) integrated the percent of families headed by females 

variable into a concentrated disadvantage scale in their neighborhood-level study (N = 

343). They found a significant positive relationship between logged concentrated 

disadvantage and neighborhood homicide rates. 

Lee and Bartkowski (2004) used divorce rates as a control variable in their 

analysis and found a significant positive relationship between county homicide rates and 

divorce rates. Then, they used female-headed households as an additional variable and 

found a significant association between juveniles and adults’ homicide rates and family 

disruption.  

Hipp (2007) computed the proportion of divorced families in the census tracts (N 

= 3,047) and found a significant association between aggravated assault, robbery rates, 

and family disruption. In another study, Miethe and Meier (1994) also found a 

significant relationship between crime rates and family disruption. Osgood and 

Chambers (2000) found that female-headed households were correlated with youth 

violence. Kierkus and Baer (2002) reported a connection between family disruption and 

delinquency.  

In Wong’s (2007) study, the percentages of population married, population 

divorced, and single-parent families were examined as three family-related variables. A 

strong relationship was found between the percentage of single-parent families and the 

crime rate. These results reinforce the intuitive notion that, compared to single-parent 
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families, two-parent families provide more effective supervision of the neighbors’ 

children (Wong, 2007). 

 

Unemployment   

Unemployment is usually measured by using the unemployment rate, which is 

defined as the percentage of those in the labor force who are unemployed. A variety of 

studies have found a relationship between unemployment and crime rates. On the other 

hand, some studies regarding the relationship between violent crime and 

unemployment show inconsistent findings. In terms of this examination of the 

relationship between unemployment and crime, here are some study findings from the 

literature showing negative, positive, and no relationship. 

A significant  amount  of  research   examining  the  direct  effects  of 

 unemployment  on  crime  finds  that  unemployment  has  a  huge  positive  effect  on 

 overall  crime,  property  crime,  and violent  crime ( Raphael and Ebmer, 2001). By 

examining the crime statistics across England and the regions of Galler having the 

highest unemployment rate, Wells (1995) found a strong relationship between 

unemployment and property crimes. In other words, if a certain region has a high 

unemployment rate, it will have a high crime rate as well (Croall, 1998).  

DeFronzo (1983) studied SMSAs as a unit of analysis and found a significant 

positive relationship between the percentage of unemployment and rape rates. Carroll 

and Jackson (1983) used the average unemployment rates for each city (N = 93). They 
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found a moderately positive relationship between personal crime rates and 

unemployment.    

Land et al. (1990) examined the structural covariates of homicide rates and 

found that unemployment had a significant effect on those rates. Stack and Kanavy 

(1983) found a significant positive association between state rape rates and 

unemployment. Krivo and Peterson (1996) found that male unemployment was both 

significantly and positively related to violent crime rates. Allen (1996) also found a 

statistically significant positive relationship between unemployment and robbery rates. 

Browning et al. (2004) looked at homicide rates at the neighborhood level using 

different sample sizes and including the percentage of unemployment in a concentrated 

disadvantage variable; they found a significant positive association between 

concentrated disadvantage and homicide rates. 

In terms of negative relationship studies, Baller et al. (2001) found a significant 

negative association between unemployment and county homicide rates in 1970, 1980, 

and 1990 in their spatial lag model. In another study, Lee and Bartkowski (2004) also 

found a significant negative association between homicide rates and unemployment.  In 

a more narrow investigation, Sampson (1985) found a negative relationship between 

non-white homicide rates and unemployment.  

In terms of no-relationship studies, Hipp (2007) did not find a significant 

relationship between violent crime rates and unemployment. Kposowa et al. (1995) also 

did not find any significant relationship between homicide rates and unemployment. 

Williams and Drake’s (1980) study results showed a non-significant relationship 
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between percent unemployed and violent crime rates using only official data. On the 

other hand, they found a significant positive association between unemployment and 

forcible rape when they used both victimization and official data in their model. 

 

Parochial Control and Crime 

Hunter (1985) states that the supporting efforts of parochial control are 

becoming a rising trend in crime control activities. The importance of local institutions 

as parochial control factors is highlighted in Bursik and Grasmick's study (1993), in 

which they merge social disorganization theories to explain neighborhood crime. 

Many of the studies examining the relationship between ecological factors and 

criminality have not gone beyond examining the effects of traditional structural 

variables on criminality in a society. Bursik and Grasmick (1993) assumed that one of 

the reasons for a high rate of criminality is the ineffectiveness of the parochial control 

institutions (religious institutions, voluntary associations, schools, etc.). Provided below 

is a review of the literature that has examined the relationship between parochial 

control indicators and crime. The parochial control indicators considered include 

religious institutions, schools, and voluntary organizations. 

Sociologists and criminologists have long recognized the potential links between 

religious belief and crime. In all kinds of societies, religious institutions are essential 

elements of the local organizational base (Rose, 2000). One of the primary conceptual 

components of the macro-level associations between the function of religious 

institutions and crime, specifically those regarding the former as mechanisms of 
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parochial control, is the ability of religious institutions to generate a religious 

environment in their societies. In terms of the effects of religiosity on criminality and 

the relationship between religious ecology and criminality, most of the previous studies 

(Hirschi and Stark, 1969; Burkett and White, 1974; Higgins and Albrecht, 1977; Stark et 

al., 1982; Elifson et al., 1983; Starket al., 1985; Burkett and Warren, 1987; Grasmick et 

al., 1991; Evans et al, 1995) are based on individual responses and individual level 

religiosity. Many of these studies disregard the essential function of religious institutions 

as agents of social control, in particular parochial control (Hunter, 1985; Bursik and 

Grasmick, 1993).   

A later approach has examined the community's capacity for local social control. 

According to this approach, crime and deviance are less likely in more religious areas. 

Because community level religiosity represents social solidarity, it is thought to be a 

mechanism of social control (Bainbridge, 1989). Rose (2000) stated that community 

religious institutions can function as agents of social control through parochial control. 

According to Lee (2006), religious institutions play an important role as agents of social 

control through the creation of social interaction, the transmission of norms, and the 

promotion of a sense of community via the creation of social networks. 

As Rose (2000) argued, because religious institutions are a unique type of social 

institution, their frequency would be considered an indicator of the level of community 

organization in a society. As a result, it would not be incorrect to assume that religious 

institutions affect crime rates. 

As religious institutions in different societies are crucial elements of local 
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organizations, Bayat (2007) states that religious institutions also function as parochial 

control agents in countries in which a majority of the population is Muslim. Regarding 

the role of Islamic religious institutions and their role in community life, Bayat (2007) 

argues that Islamic rituals and institutions offer a sense of moral community and a 

sense of belonging to a larger society, especially for migrants who move from rural to 

urban areas.  

Religious institutions are also more likely to operate as multi-functional 

institutions for the local community. Most religious institutions provide for the many 

basic needs of the local community by, for example, offering educational services and 

organizing social and traditional events in society (Rose, 2000; Lee, 2006).  

Religious institutions also maintain the solidarity of social structures by promoting 

other community organizations and project communities (Rose, 2000). Voluntary 

associations are important to community life. Voluntary associations promote integrity 

to build social organization in a society (Rose, 2000). Voluntary associations support 

public control to achieve resources for collective needs of the society.  

Sampson and Groves (1989) argue that the number of voluntary organizations 

should be used to measure the level of social disorganization of a society and its effects 

on delinquency. In his macro level study, Basibuyuk (2008) found that number of 

religious institutions and voluntary associations have negative impacts on terror crimes 

in Turkey, holding other variables constant. Kose (2010) also examined a significant 

negative relationship between civic participation and the number of organized crimes in 

Turkey.  
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As the last parochial control indicator used in this study, the schools which 

encourage people to develop skills and acquire knowledge and training are essential 

elements of a local organizational base. There are number of theoretical explanations 

for why education may have an effect on crime. According to the existing literature, 

there are several potential channels (i.e. income effects, parenting, peer group effects, 

and pleasure) through which education may have an effect on criminal behavior 

(Feinstein, 2002). On the other hand, Grogger (1998) finds no relationship between 

completed schooling years and crime after controlling for individual wage rates. In 

addition, Witte and Tauchen (1994) find no significant relationship between education 

and crime after controlling for a number of individual characteristics.  

Lochner (2004) states that an increase in the level of education considerably 

reduces subsequent violent and property crime. Individuals who desire more schooling 

might also connect in fewer criminal behaviors despite their education level. According 

to Lochner, aside from funding law enforcement, funding good public schools is an 

essential task for governments aiming to reduce crime (Lochner, 2007). Lochner and 

Moretti (2004) also find a negative association between improved high school 

graduation rates and crime.  

Following the previous studies that have used religious institutions (Rose, 2000; 

Basibuyuk, 2008; Kose, 2010), voluntary organizations (Sampson and Groves, 1989; 

Putnam, 2000; Rodrigues, 2006; Basibuyuk, 2008), and schools (Lochner and Moretti, 

2004; Lochner, 2007)  as three important agents of parochial control in a society, this 

study assumes that these three as factors of the level of social control in provinces of 
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Turkey have a negative impact on public order crime and have adequate content 

validity. 

The theoretical model to be examined in this study is as follows: 

          Independent Variables                 Dependent Variable  
         

  

 

    

    

 
 
 
 
 
 
Figure 3.1. A theoretical model explaining public order crimes in provinces (N = 81). 
 
 

Research Questions and Hypotheses 

This study has been conducted based on the following two research questions 

and their accompanying hypotheses:  

1. Does social disorganization explain the occurrence of public order crimes in 

Turkey after controlling for parochial control factors?  2. Do parochial control factors explain more 

of the change in public order crime than do the social structural variables?  

H1a: Population heterogeneity positively affects the occurrence of public order 
crimes in provinces, holding other variables constant.  

H1b: Poverty positively affects the occurrence of public order crimes in provinces, 
holding other variables constant. 
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H1c: Residential mobility positively affects the occurrence of public order crimes in 
provinces, holding other variables constant. 

H1d: Family disruption positively affects the occurrence of public order crimes in 
provinces, holding other variables constant. 

H1e: Unemployment positively affects the occurrence of public order crimes in 
provinces, holding other variables constant.  

H2a:  The number of religious institutions negatively affects the occurrence of public order 
crime.  

H2b: The number of voluntary organizations negatively affects the amount of public order 
crime. H2c: The number of schools negatively affects the occurrence of public order crime.  

 

Conclusion 

As social disorganization theory posits, unemployment, population heterogeneity, 

residential mobility, family disruption, and poverty increase the crime rate and 

delinquency in a society and prevent people from supporting institutional structures that 

connect them to positive roles in that society (Peterson, Krivo, and Harris, 2000). These 

structural characteristics of provinces create a favorable environment for the growth of 

crime. In addition, provinces characterized by fewer religious institutions, schools, and 

voluntary associations are predicted to have more crime. In the next chapter, the 

descriptions of variables, and collection procedures for the data used to examine the 

research questions and hypotheses presented above are outlined.  
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CHAPTER IV 

DATA AND METHODOLOGY 

Chapter IV describes the variables and collection procedures of the data used to 

examine the research questions and hypotheses. More specifically, this chapter clarifies 

the unit of analysis of this study, describes the variables used in the study, provides a 

brief description of the data collection process and the data sources, and describes the 

statistical methods and descriptive statistics of variables used for the analyses.  

 

Unit of Analysis and Sample 

The unit of analysis is the “province” within Turkey. There are currently 81 

provinces in Turkey. Since the country is governed by a centralized administration, all 

administrative policies, including crime prevention strategies, are primarily determined 

by the central administration. Security services in Turkey are provided by two 

institutions. Local police units take responsibility for security services in urban areas, 

including the municipalities. In rural areas, Gendarmeries, a division of Military, take 

responsibility for security services. Since social disorganization theory mostly concerns 

city-level structural characteristics and, in turn, has generally been tested in urban 

areas, the data used in this study show only the public order crime rates in urban areas 

in all provinces.  

 

Data 

The dataset used in this study is constructed by using different data derived from 
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several sources. The first source of data is the Turkish National Police (TNP) Central 

Command and Control Department, which is responsible for collecting all crime data for 

the country. The data collection process is nationwide and works as follows: the 

primary source of the information about the crime is the local unit at the crime scene, 

the police patrol or the officer from the local police station; this information is gathered 

and categorized at the level of Command and Control Units of police departments; 

finally, all these crime statistics are collected and processed by the Central Command 

and Control Department. 

The second dataset used in this study was obtained from the Presidency of 

Religious Affairs and Ministry of Interior. Data from the Presidency of Religious Affairs 

and Ministry of Interior include the number of mosques, churches, and synagogues in 

all provinces.  

The third dataset was obtained from the Turkish Statistical Institute (TSI) based 

on the 2000 census. It includes socio-economic indicators such as divorce rate as a 

measure of family disruption, and the population, migration, employment, age, and 

marriage statistics of the provinces.  

The fourth source of data comes from Ministry of Interior Department of 

Associations and General Directorate of Foundations of the Republic of Turkey. It 

includes the number of the civil society institutions, such as voluntary associations and 

charitable organizations in all provinces.  

The fifth dataset comes from the Ministry of the Interior. These data include the 

number of officially recognized minorities and foreigners. One of the proposed aims of 
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this study is to understand the effects of population heterogeneity on the crime rate, 

and in order to examine this relation, the number of officially recognized minorities is 

used.  

The sixth data have been obtained from the Ministry of Health of Turkey. These 

data include the proportion of the population holding green cards in each province 

between the years 2000 and 2005 which has been used as a measure of poverty. In a 

number of earlier studies, the proportion of the population holding green cards in each 

province has been used as a measure of poverty level in Turkey (Koseli, 2006; 

Basibuyuk, 2008; Karakus, 2008). The green card system is aimed at helping the people 

who live below the poverty line.  

Finally, the seventh dataset comes from Ministry of National Education. Since 

some areas are much larger than others, these data will be used to calculate the 

number of schools per 10,000 population. These data include the number of schools, 

adopted as a measure of the education level. The number of schools variable is 

measured by using the number of public and private elementary, middle and high 

schools in the province, for the 2000 - 2001 school year.  

 

Measurement of the Concepts 

Dependent Variable: Public Order Crimes 

A dependent variable is what is measured in the experiment and what is affected 

during the experiment. The dependent variable responds to the independent variable. 
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In this study, the dependent variable is the distribution of public order crimes among 81 

provinces in Turkey.  

In terms of the statistical classification of crimes in Turkey, there are five groups 

of crime. These include public order crimes, traffic crimes, organized crimes, terror 

crimes, and riots/public demonstration events (Asayis Sucu Kavrami, 2008). This study 

is concerned solely with public order crimes.  

Official crime reports, which are the only source of public order crime rates in the 

country, were used in this study. Data from these official crime reports were obtained 

from the Central Database at the General Headquarters of the TNP in Ankara. Crimes 

that are identified as public order crimes are homicide, kidnapping, abduction, 

extortion, arson, aggravated assault, rape, domestic violence, prostitution, sexual 

assault, hostage-taking, robbery, burglary, fraud, gambling, corruption, and 

embezzlement. 

The specific measure of public order crime is the number of public order crimes 

per unit of population, in this case per 10,000. The rate of public order crime in 2006 

was computed as follows:  

Public Order Crime rate (n) = [Number of Public Order Crime (n) ÷ population (n)] 
×10,000            
 
Where n = province 

 

Independent Variables 

The independent variable is the variable that is varied or manipulated by the 

researcher in an experiment. An independent variable is the presumed cause. In this 
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study, there are two subcategories of independent variables: social disorganization 

variables and parochial control variables. The social disorganization variables are family 

disruption, population heterogeneity, poverty, residential mobility, and unemployment. 

The parochial control variables are the number of religious institutions, the number of 

schools, and the number of voluntary organizations. The following section outlines in 

detail the social disorganization variables examined in this study. 

 

Family Disruption 

Family disruption has been measured with different variables in different studies. 

For example, researchers have included the percentage of divorced, single parenthood, 

or female-headed households with children to measure family disruption. At the macro-

sociological level, a number of studies (Bachman, 1991; Osgood and Chambers, 2000; 

Sampson and Groves, 1989; Smith and Jarjoura, 1989; Veysey and Messner, 1999; 

Warner and Pierce, 1993) have used the divorce rate and the percentage of single-

parent families or the percentage of female-headed households. At the individual level, 

divorced status of the parents and whether the child lives with both parents have been 

used as measures of family disruption (Smith and Jarjoura, 1989; Yang and Hoffmann, 

1998). Liska and Bellair (1995) measured family disruption using the number of 

divorces per 10,000 people, and the number of female-headed households in a 

geographic area. Following this last method, this study will use the number of divorces 

per 10,000 people as a measure of family disruption. These data were obtained from 

the 2000 Turkey census. 
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Population Heterogeneity 

Population heterogeneity refers to the variation in minority and foreigner 

populations within a community. To assess the heterogeneity of province populations, 

the percentage of officially recognized minority populations (Armenians, Greeks, and 

Jews) and foreigners for each province were used. These data were obtained from the 

Ministry of the Interior. 

 

Poverty 

Poverty is generally measured as the proportion of the population living under 

the poverty line in a geographic area. However, this measure of poverty is not available 

in Turkey. Similar to a number of earlier studies, the proportion of the population 

holding green cards in each province has been used as a measure of poverty in Turkey 

(Koseli, 2006; Simsek, 2006; Basibuyuk, 2008; Karakus, 2008). The green card system 

is aimed at helping the people who live below the poverty line. Green card in Turkey is 

very similar to Medicaid program in the United States. Some studies use the number of 

people using Medicaid as an indicator for poverty (Rauh et al., 2001; Sullivan, 1993). 

Accordingly, the number of green card holders was used as a valid measure of poverty. 

The rate of poverty for the year 2000 was calculated as follows: 

Poverty rate = [Total number of greencard holders ÷ population] x10,000 

 

Residential Mobility 

The percentage of residents who have not lived in the same residence for a 
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certain number of years (mostly five or ten) is generally used as an indicator of 

residential mobility (Eitle et al, 2006). For this study, the total number of the residents 

who have not lived in the same residence for the past ten years was used to measure 

residential mobility. These numbers include only Turkish citizens who originally settle in 

a rural or an urban area and move to another urban area in Turkey. As a result, data do 

not include foreign-nationals and immigrants. These data were obtained from the 2000 

Turkey census data. 

  

Unemployment 

The unemployment rate for each province was obtained from the 2000 Turkey 

census. The specific measure of unemployment is the number of unemployed persons 

per unit of population, in this case per 10,000. Therefore, the number of unemployed 

people per 10,000 was used as a measure of unemployment. 

The following three variables constitute the parochial control indicators examined 

throughout this study. The variables within this category represent the level of parochial 

control in the provinces. Parochial control refers to the ability of the neighborhood to 

supervise the behaviors of its residents through broader-level local interpersonal 

networks and institutions such as schools, churches, and voluntary organizations (Bursik 

and Grasmick, 1993; Hunter, 1985).  

In this study, three variables have been used to measure the level of parochial 

control: the number of religious institutions, the number of voluntary associations, and 

the number of schools in each province. 
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Rate of Religious Institutions 

The number of religious institutions includes the numbers of churches, 

synagogues, and mosques in each province. These numbers have been obtained from 

the Presidency of Religious Affairs and Ministry of Interior. The rate of religious 

institutions (total number of churches, synagogues and mosques) was calculated as 

follows:  

Rate of Religious Institutions = [Total number of religious institutions ÷ 

population] ×10,000        

 
Rate of Voluntary Associations 

The number of voluntary associations in 2003 was obtained from the General 

Directorate of Foundations of the Republic of Turkey, Ministry of Interior, and the 

Department of Associations. Voluntary organizations are mostly established to address 

regional and cultural solidarity, human rights, mosque building activities, charity issues, 

westernization, and so on (Keyman and Icduygu, 2003; Basibuyuk, 2008). In  order  to  

prevent  the  effect  of  population size,  the number  of  voluntary associations  per  

10,000  has  been  computed as follows: 

Rate of Voluntary Associations = [Total number of voluntary associations ÷ 

population] ×10,000 

 

Rate of Schools 

Information about the number of public and private elementary, middle and high 

schools in 2000 was obtained from the Ministry of National Education.  The rate of 
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schools (total number of public and private elementary, middle and high schools) was 

calculated as follow:  

Rate of Schools = [Total number of schools ÷ population] ×10,000  

 

Control Variables 

Three control variables were included in this analysis: age, gender, and 

population size. 

The proportion of the population between the ages of 25 and 34 was used as a 

control variable. According to the reports of the Turkish Statistical Institute, the largest 

age group in terms of criminality is between 25 and 34. As a result, the population 

between the ages of 25 and 34 was used as a control variable for this study. Information 

about the age groups in the provinces was retrieved from the 2000 census. 

The Turkish Statistical Institute provides information about the size of the population 

living in each province. These data were aggregated for each province. Since population is not 

normally distributed, log-transformed values were used for the analysis.  

In addition to age and population size, gender was utilized as a control variable 

in this study. According to the reports of the Turkish Statistical Institute, criminality 

among males is considerably higher than criminality among females. Consistent with this 

argument, males were included in the analysis to control for the effects of being male 

on the number of public order crime. Information about the gender distribution of the 

population for each province was retrieved from the 2000 census.   
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Analytic Strategy   

In order to  identify the effects of the structural and parochial control variables 

on  public order crimes,  a  correlation  matrix  was  first estimated to examine bivariate 

 relationships.  Then, the multivariate statistical analysis was carried out. The 

dependent variable, the number of public order crimes, is continuous. As a result, the 

ordinary least squares regression technique  was  applied using  SPSS version  16.0. As 

the main assumptions of OLS regression, normality, linearity, and multicollinearity were 

tested before the analysis.  As the hypotheses  were  directional, one-tailed  tests  were 

 used in this study. 

In the first model, the number of public order crimes was regressed on the 

control variables (population size, age “24-35”, and gender “Male”). In the second 

model, the number of public order crimes was regressed on the parochial control 

variables and control variables to examine the effect of the parochial control variables 

(religious institutions, voluntary organizations, and schools) and control variables on the 

dependent variable. In the third model, the number of public order crimes was 

regressed on the structural variables (poverty, population heterogeneity, residential 

mobility, unemployment, and family disruption), parochial control variables (religious 

institutions, voluntary organizations, and schools), and the control variables (age “24-

35”, gender “male”, and population size) in order to see whether the structural 

 variables   contribute significantly to understanding  of  the  distribution of public order 

crime, holding other variables constant. More specifically, it was aimed to see whether 

the disorganization variables provide a significant and substantial amount of added 
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explanation for the change of the public order crimes beyond what the control variables 

and parochial variables provide.  

The individual impact of each hypothesized  structural  characteristic  on  the 

 number of  public order crimes was  estimated  while  controlling  for  the  impacts  of 

 all  other  independent  variables. The dataset contains no missing  values for the 

variables used in this analysis. 

 

Testing the Assumptions of Ordinary Least Squares (OLS) 

The use of OLS requires that the assumptions of OLS are met. Therefore, tests 

were conducted to determine whether the assumptions were met and, if not, 

appropriate transformation of the data were performed. Before performing an OLS 

regression analysis, one of the first problems that should be considered is 

multicollinearity. This problem occurs when variables are so highly correlated with each 

other that it is difficult to come up with reliable estimates of their individual regression 

coefficients. When two variables are highly correlated, they are basically measuring the 

same phenomenon or construct. In other words, when two variables are highly 

correlated, they both express essentially the same information. If the correlation 

coefficient is higher than .70, it is assumed that there is multicollinearity among the 

predictor variables.  Multicollinearity can also be assessed through statistical 

procedures, looking at tolerance and variance inflation factor (VIF) values. The value of 

tolerance ranges from 0 to 1, and the value of VIF should be less than 10. 

Another requirement of OLS regression is the controlling of multivariate outliers. 
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These can be identified through a statistical procedure, namely Mahalanobis distance. 

Citing Tabachnick and Fidell (2001), Mertler and Vannatta (2005: 29) define 

Mahalanobis distance as “the distance of a case from the centroid of the remaining 

cases where the centroid is the point created by the means of all the variables.” 

Mahalanobis distance is determined by checking the multivariate outliers based on chi-

square statistics and degrees of freedom under the number of variables in the analysis.  

The criterion value for Mahalanobis distance is identified at the significant level p<.001.  

If the obtained value from the Mahalanobis distance assessment is greater than the 

criterion value, that value is assumed to be an outlier and is removed from the analysis. 

Still another requirement of the OLS regression is the providing of normality, 

which assumes normal distribution of the variables. There is a statistical procedure for 

evaluating normality, known as the Skewness and kurtosis coefficients. “[S]kewness is a 

quantitative measure of the degree of symmetry of a distribution about the mean; 

kurtosis is quantitative measure of degree of peakedness of a distribution. When a 

distribution is normal, the values for Skewness and kurtosis are both equal to zero” 

(Mertler and Vannatta, 2005: 30).  Skewness and kurtosis values can be determined by 

the SPSS tool under the tab of descriptive statistics. If the data is not normal, the data 

can be transformed. Transformation is applied through mathematical procedures to 

make the data normal. These data transformations include square root, inverse, and log 

transformations, all of which are carried out by the SPSS tool. 

Finally, linearity and homoscedasticity assumptions are assessed through the 

residuals scatter plot. “If the assumptions of linearity, normality, and homoscedasticity 
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are tenable, we would expect to see the points cluster along the horizontal line” and it 

would show a somewhat rectangular shape (Mertler and Vannatta, 2005:173). The 

residual scatter plot is performed using the SPSS tool. After testing for the assumptions 

of regression, it was determined that the following variables required a log 

transformation: number of public order crimes, population heterogeneity, residential 

mobility, population size, number of religious institutions, and number of schools. The 

log transformation should be used when data is not normally distributed. 

 

Descriptive Statistics 

 Descriptive data, calculated from the data gathered for each of the 81 provinces, 

is displayed in Table 4.1. Table 4.1 shows the dependent, independent, and control 

variables before and after their being logged. The descriptive statistics presented in 

Table 4.1 indicate that the average number of public order crimes was 86.23 per 10,000 

people, ranging from 17.47 to 266.25. The average number of religious institutions was 

17.9 per 10,000 people, with a minimum number of 3.31 and a maximum number of 

67.38. 

The average number of voluntary organizations was 10.33 per 10,000, with a 

minimum of 2.21 and a maximum number of 21.77. The average number of schools 

was 8.15 per 10,000 people, with a minimum number of 2.15 and a maximum number 

of 18.57. The average number of religious institutions was 17.99 per 10,000, with a 

minimum of 3.31 and a maximum number of 67.38. 
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Table 4.1  

Descriptive Statistics (N = 81) 

Variables Min Max Mean SD Skew Kurtosis 

Dependent 
variables 

Public Order Crime (**) 17.47 266.25 86.23 46.59 1.12 1.80 
Public Order Crime (*) 1.24 2.44 1.87 0.25 -0.45 0.16 

Independent 
variables 

Religious Institutions (**) 3.31 67.38 17.99 10.12 2.15 6.95 
Religious Institutions (*) 0.52 1.83 1.19 0.21 0.37 0.93 
Voluntary Organizations (**) 2.21 21.77 10.33 4.5 0.35 -0.25 
Number of Schools (**) 2.15 18.57 8.15 3.26 1.08 1.57 
Number of Schools (*) 0.33 1.27 0.87 0.17 -0.26 0.70 
Residential Mobility (**) 0.01 3.80 0.36 0.50 4.66 28.89 
Residential Mobility (*) -2.00 0.58 -0.68 0.45 -0.17 0.50 
Family Disruption 0.21 13.07 4.60 2.84 0.50 0.28 
Population Heterogeneity 2.00 173271 5168 23611 6.20 40.36 
Population Heterogeneity (*) 0.30 5.26 2.65 0.82 0.48 1.60 
Unemployment (**) 181 533 326 89 0.47 -0.64 
Poverty (**) 0.20 0.13 0.04 0.56 1.31 0.59 

Control 
variables 

Population Size (*) 4.97 7.00 5.73 0.37 0.49 0.71 
Population Size 93584 10018735 837085.5 1231462.02 5.6 39.431 
Age (25-34) (**) 1194 1933 1503 149.6 0.27 0.53 
Gender (Male) (**) 4735 5826 5088 160.67 1.47 5.09 

(*)    = LOG (Transformed) 
(**)  = (Per 10K People) 
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The average indicator of residential mobility, as measured by resident change in 

households during the years between 1990 and 2000, was 0.36% per 10,000 people, 

ranging from 0.01 to 3.80. Family disruption had an average of 4.60 persons per 

10,000, with a range of 0.21 to 13.07. Population heterogeneity had an average of 

5,168, with a minimum number of 2 and a maximum number of 73,271.  

Unemployment had an average of 326 persons per 10,000, with a range of 181 to 533. 

The average indicator of poverty, as measured by the percentage of people who are 

green card beneficiaries was 0.20% per 10,000 people, ranging from 0.04 to 0.56. 

The average number of people aged within the range of 25 to 34 was 1,503 per 

10,000, with a range of 1,194 to 1,933. Finally, the average number of males was 5,080 

per 10,000, with a minimum number of 4,735 and a maximum number of 5,826. 
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CHAPTER V  

ANALYSIS AND FINDINGS 

Effects of Structural and Parochial Variables on Public Order Crime 

By using the traditional structural variables identified by social disorganization 

theory, this study analyzes which structural variables affect the occurrence of public 

order crimes. In addition, this research reveals whether voluntary organizations, 

religious institutions, and schools have a negative effect on the frequency of public 

order crimes. This chapter presents the bivariate results, which represent the 

correlations among the variables, followed by the multiple regression results, which 

reveal the association between the independent variables and the dependent variable. 

The most important purpose of the analysis is to determine whether the structural 

variables provide any additional explanation for crime beyond what the control and 

parochial variables provide. 

 

Univariate Distributions 

 Before carrying out the correlation analyses, the distribution of the variables was 

tested. This univariate analysis showed that the dependent variable, the number of 

public order crimes per 10,000 people, and some independent variables (population 

heterogeneity, poverty, residential mobility, religious institutions and voluntary 

organizations) were not normally distributed. Therefore, to make the distribution of 

these variables normal, log transformations were performed (Mertler and Vannatta, 

2005).  
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 As a result, all the variables required the log transformation except 

unemployment and family disruption. In previous chapter, Table 4.1 displays the new 

values after taking their log. As seen from Table 4.1, the skewness and kurtosis values 

(derived from the transformed variables) show that the distributions of the variables 

were nearly normal.  

 

Bivariate Analysis 

Correlation analyses among the dependent, independent, and control variables 

were performed using the results displayed in Table 5.1. As shown in Table 5.1, family 

disruption, population heterogeneity, residential mobility, number of voluntary 

associations, age, and population have significant positive correlation with the number 

of public order crimes. On the other hand, number of schools, number of religious 

institutions, poverty, and gender have significant negative correlation with the number 

of public order crimes. No significant relationship was found between unemployment 

and public order crimes. 

There is a statistically significant negative correlation between the number of 

religious institutions and the number of public order crimes at the p ≤ .01 level. This 

supports hypothesis (H2a) that the number of religious institutions negatively affects 

the occurrence of public order crimes. That is, when the number of religious institutions 

increases, the number of public order crimes decreases. The number of schools also has 

a significant negative effect on the number of public order crimes. This finding supports 

hypothesis that the number of schools negatively affects the amount of public order 
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crimes. That is, when the number of schools increases, the number of public order 

crimes decreases. On the other hand, contrary to the research hypothesis (H2b) in this 

study, there is a statistically significant positive correlation between the number of 

voluntary organizations and the number of public order crimes at the p ≤ .01 level. That 

is, when the number of voluntary organizations increases, the occurrence of public 

order crimes increases as well. 

There is a statistically significant positive correlation between family disruption 

and public order crimes. This supports hypothesis (H1d) that family disruption positively 

affects the occurrence of public order crimes in these provinces after controlling for parochial 

control factors. That is, when the proportion of disrupted families increases, the number 

of public order crimes also increases. Population heterogeneity also has a positive 

significant effect on the number of public order crimes at the p ≤ .01 level. This 

supports hypothesis (H1a) that population heterogeneity positively affects the 

occurrence of public order crimes in these provinces after controlling for parochial control 

factors. That is, when the population heterogeneity increases, the number of public 

order crimes also increases as well. As one of the structural variables, residential 

mobility also has a positive significant effect on the number of public order crimes at 

the p ≤ .01 level. This also supports hypothesis (H1c) that residential mobility positively 

affects the occurrence of public order crimes in these provinces. That is, when the 

residential mobility increases in a certain province, the number of public order crimes 

also increases. On the other hand, contrary to the research hypothesis (H1b) in this 

study, there is a statistically significant negative correlation between poverty and the 
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number of public order crimes at the p ≤ .01 level. That is, when the level of poverty 

increases, the occurrence of public order crimes decreases. 

There is a statistically significant positive correlation between age (25-34) and 

public order crimes. That is, when the proportion of the age group between 25 and 34 

increases, the number of public order crimes per 10,000 also increases. Population also 

has a significant positive effect on the number of public order crimes at the p ≤ .01 

level. That is, when the population increases, the number of public order crimes per 

10,000 also increases. As one of the control variables, gender has a significant negative 

effect on the number of public order crimes at the p ≤ .01 level. That is, when the 

proportion of the male population increases, the number of public order crimes per 

10,000 decreases. 

Bivariate analysis also provides the level of intercorrelations between the 

independent variables. If a correlation coefficient between two independent variables is 

higher than 0.70, it can affect the accuracy of the measurement by causing the 

problems associated with multicollinearity (Gujarati, 2003). Berry and Feldman (1985) 

propose that multicollinearity should not be considered a problem unless correlations 

exceed 0.80. Except for the two correlations between age (r = 0.733) and number of 

schools (r = -0.757), all of the bivariate coefficients are less than 0.70 (see Table 5.1).  

 

Test for the Assumptions of Regression and Findings 

Three multiple regression analyses were performed. The first regression 

examined the effects of the control variables on the frequency of public order crimes.  
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Table 5.1 
 
Bivariate Analysis 
 

 1 2 3 4 5 6 7 8 9 10 11 

1. Freq of Public Order Crime —           

2. Age (25-34) .733** —          

3. Gender (Male) -.286** -.068 —         

4. Population .352** .430* -.228* —        

5. Number of Schools -.574** -.757** -.081 -.592** —       

6. Number of Voluntary Associations .480** .560** -.164 -.084 -.328** —      

7. Number of Religious Institutions -.296** -.420* -.314** -.610** .671** .224* —     

8. Unemployment -.034 .080 .179 .398** -.333** -.360** -.519** —    

9. Family Disruption .527** .459** -.314** .056 -.345** .518** -.015 -.352** —   

10. Population Heterogeneity .375** .548** .098 .657** -.625** .073 -.602** .274** .115 —  

11. Residential Mobility .396** .483** .391** -.197* -.363** .537** -.067 -.220* .384** .248* — 

12. Poverty -.560** -.699** .227* -.221* .486** -.737** .020 .383** -.655** -.278** -.512** 

**Correlation is significant at the 0.01 level (1-tailed); *Correlation is significant at the 0.05 level (1-tailed).



52 

The second regression examined the effects of the parochial control factors (number of 

voluntary organizations, the number of religious institutions, and the number of 

schools) on the occurrence of public order crimes, including the control variables.The 

third regression incorporated the traditional social structural variables and their effect 

on the occurrence of public order crimes, in addition to the parochial variables and the 

control variables.  

Table 5.2 shows the OLS regression results. In order to choose the best model 

we compare adjusted R2s. Whichever model has the highest adjusted R2 score is the 

best. In this case, Model 3 is the best fitting model according to these scores. In all 

three models, Ns are almost the same.  

The Mahalanobis distance analysis showed that no value exceeded 18.47 (df = 4 

p ≤ .001= 18.472). Hence, it was judged that there were no multivariate outliers in the 

first model. In Model 1, no problem with normality, linearity, and homoscedasticity was 

discovered after logging the aforementioned variables. Thus, it can be said that the 

assumptions of OLS regression for Model 1 were satisfied. The results of the residual 

scatterplot reveal that the residuals created an approximately rectangular distribution 

and that they are almost evenly distributed. Since there is no VIF value greater than 10 

(Stevens, 2002), multicollinearity does not seem to be a problem in Model 1. 

The first model included the control variables – gender, population size, and age. 

The baseline equation for Model 1 is as follows:  

E(Y) = α+ BX(Gender)−BX (Population Size)+ BX(Age)  

The first model explains 57.7% of the variance in the frequency of public order 
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crimes across 81 provinces in Turkey. The overall F statistic (F (3, 77) = 37.371, p 

<.001) shows that the value of F is large and significant; thus, there is a meaningful 

relationship between the independent variables and dependent variable. 

  The coefficient table from Table 5.2 for Model 1 presents the results for the 

power and significance of the variables. According to this table, for Model 1, gender and 

age had a significant effect on the occurrence of public order crimes. Provinces with 

higher number of males were more likely to have fewer public order crimes after 

controlling for population size and age, 25-34, as indicated by the standardized 

coefficients value (β = -.239, p < .05). On the other hand, age had a positive effect on 

the distribution of public order crimes once controlling for the other variables in the 

model (β = .722, p ≤. 001). That is, provinces with a higher number of people between 

25 and 34 years old were more likely to have a higher number of public order crimes. 

However, population size had no statistically significant effect on the number of public 

order crimes after controlling for the other variables in the model. 

Model 2 incorporated parochial variables, the number of voluntary organizations, 

the number of schools, and religious institutions, in addition to the variables of Model 1. 

Before performing the OLS analysis, outliers were checked through Mahalanobis 

distance.  After determining chi square values at p ≤ .001 based on degree of freedom, 

Mahalanobis distance analysis showed that no value exceeded 24.32 (df = 7 p < .001= 

24.32). Thus, no multivariate outlier occurred in the second model. 

After checking for outliers, normality, linearity, and homoscedasticity 

assumptions were examined through a residual scatter plot. The residual scatter plot 
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indicated that all these assumptions were met since most of the residuals were evenly 

distributed and created an approximately rectangular shape. The results of the second 

model indicated that all variables included in Model 2 account for 59% of the variance 

in the distribution of public order crimes across all 81 provinces in Turkey. While 

adjusted R² was 57.7% in Model 1, the adjusted R² was 59% in Model 2. There was an 

increase of 1.3%. This result indicated that adding parochial control variables 

contributed substantially to the second model’s accuracy. Namely, the adjusted R² was 

notably increased in Model 2, which includes both sets of control and parochial factors. 

Also, multicollinearity is not a problem in Model 2 because no VIF score was larger than 

10 (Gujarati, 2003; DeMaris, 2004). 

The overall F statistic (F 6, 74) = 20.166, p ≤ .001) shows that the regression 

coefficients in the second model are not equal to zero. In the second model, of the six 

variables, four contributed substantially to the model: gender, age, voluntary 

organization, and religious institutions.  Gender, as measured by the number of males 

in the provinces, had a negative and statistically significant effect on the occurrence of 

public order crimes once controlling for the other variables in the model (β = -.337, p ≤ 

.001). That is, when the number of males in provinces increases, the number of public 

order crimes decreases.  

On the other hand, age had a statistically significant positive effect on the 

frequency of public order crimes after controlling for the other variables in the model (β 

= .528, p ≤ .001). Provinces characterized by a high number of people between the 

ages of 25 and 34 tend to have more public order crimes. 
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In this study, it was hypothesized that there would be a negative relationship 

between the number of voluntary organization and the number of public order crimes. 

However, the coefficient table showed that there was a significant positive relationship 

between the number of voluntary organizations and public order crimes once controlling 

for the other variables in the model (β = .160, p ≤ .1). This finding means that the 

number of public order crimes seems to increase where the number of voluntary 

organizations is higher. 

On the other hand, as seen from the coefficient table, the religious institution 

variable had a statistically significant negative effect on the occurrence of public order 

crimes once controlling for the other variables in the model (β = -.259 p ≤ .05). That is 

to say, the number of public order crimes seems to be lower in provinces where there 

are more religious institutions.  

For the second model, the baseline equation is as follows:  

E(Y)= α+ BX(Gender)−BX (Population Size)+ BX(Age) + BX(Voluntary Organizations)−BX (Religious 

Institutions) −BX (Education) 

Model 3 incorporated the traditional structural variables (unemployment, 

residential mobility, poverty, heterogeneity, and family disruption) in addition to the 

variables of Model 2. Before performing the OLS analysis, outliers were checked 

through Mahalanobis distance. After determining χ2 values at p < .001 based on degree 

of freedom, the Mahalanobis distance analysis showed that no value exceeded 32.91 

(df = 12 p ≤ .001= 32.91). Thus, no multivariate outlier occurred in the third model. 
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Table 5.2  

Structural and Parochial Factors Affecting Public Order Crimes 

     Model 1      Model 2     Model 3   

    B  β VIF  B  β VIF  B  β VIF  

(Constant)   2.000***    3.992***    2.228***  

Control Variables                  

Population   -.008  -.012 1.289  -.082*  -.124 2.594  .082  .124 4.279 

Age (25-34)   .001***  .722 1.228  .001***  .528 3.428  .001***  .507 4.369 

Gender (Male)   .000***  -.239 1.056  .000***  -.337 1.646  .000***  -.437 2.724  

Independent Variables                 

(Parochial Variables) 

Voluntary Organizations  ---  --- ---  .009*  .160 2.710  .006  .118 3.459 

Religious Institutions  ---  --- ---  -.294**  -.259 4.018  -.305**  -.268 4.367 

Schools    ---  --- ---  -.069  -.048 4.329  .000  .000 4.905 

(Structural Variables) 

Family Disruption   ---  --- ---  ---  --- ---  .009  .102 2.319 

Unemployment   ---  --- ---  ---  --- ---  .000  -.100 2.335 

Poverty    ---  --- ---  ---  --- ---  .524**  .279 5.081 

Residential Mobility  ---  --- ---  ---  --- ---  .596***  .374 3.317 

Heterogeneity   ---  --- ---  ---  --- ---  -.034  -.111 2.666 

   

Model F    37.371     20.166     13.550 

Model Adjusted R²  .577     .590     .633 

N    81     81     81     

*p ≤ 0.1; **p ≤ 0.05; ***p ≤ 0.001 (One tailed test) 
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After checking for outliers, normality, linearity, and homoscedasticity 

assumptions were examined through a residual scatter plot. The residual scatter plot 

indicated that all these assumptions were met since most of the residuals were evenly 

distributed and created an approximately rectangular shape. The results of the third 

model indicated that all variables included in Model 3 account for 63.3% of the variance 

in the distribution of public order crimes across all 81 provinces in Turkey. While 

adjusted R² was 59% in Model 2, the adjusted R² was 63.3% in Model 3. This result 

indicated that adding traditional social disorganization variables contributed notably to 

the third model. Namely, the adjusted R² increased in Model 3, which included 

structural variables, in addition to both sets of control and parochial factors. That is to 

say, the disorganization variables provide a substantial amount of added explanation in 

the change of the dependent variable, the number of public order crimes, beyond what 

the controls and parochial variables provided. Also, multicollinearity is not a problem in 

Model 3 because no VIF score was larger than 10. 

For the third model, the baseline equation is as follows:  

E(Y)= α+ BX(Gender)−BX (Population Size)+ BX(Age) + BX(Voluntary Organizations)−BX (Religious 

Institutions) + BX (Education) + BX(Family Disruption) + BX(Residential Mobility) + BX(Poverty) + 

BX(Unemployment) -BX (Heterogeneity) 

The standardized coefficients in Table 5.2 indicate which variables predict 

variance in the occurrence of public order crime and how strong the effect is. Indeed, 

compared to the parochial variables, residential mobility and poverty were the strongest 

predicting variables in Model 3 because both variables had the largest standardized 
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coefficients (0.374 and 0.279, respectively). However, the religious institution variable 

had a smaller standardized coefficient value (-0.268) than the two aforementioned 

structural variables. 

The residential mobility variable had a statistically significant positive effect on 

the frequency of public order crimes after controlling for the other variables in the 

model (β = .374, p < .001). Provinces characterized by a higher rate of mobility tended 

to have more public order crimes. This finding corroborates what social disorganization 

theory hypothesizes. For every level of increase in residential mobility, the number of 

public order crimes increases by .596 levels, holding all other variables constant. This 

also supports Hypothesis (H1c) that residential mobility positively affects the occurrence 

of public order crimes in these provinces after controlling for all other variables. That is, 

the higher the level of residential mobility, the higher the occurrence of public order 

crimes in these provinces. 

Poverty, as measured by the number of people holding a green card, had a 

positive and statistically significant effect on the occurrence of public order crimes in 

terms of the unstandardized correlation coefficients holding other variables constant in 

the model (β = .279, p ≤ .001). This supports Hypothesis (H1b) that poverty positively 

affects the occurrence of public order crimes in these provinces, holding all other 

variables constant. That is, the higher the level of poverty, the higher the occurrence of 

public order crimes in these provinces.  For every level increase in poverty, the amount 

of public order crimes increases by .524 levels, controlling for other variables. This 

finding supports what social disorganization theory assumes. 
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As seen in the third model, the religious institution variable had a negative and 

statistically significant effect on the occurrence of public order crimes once controlling 

for the other variables in the model (β = -.268, p ≤ .05). That is to say, the number of 

public order crimes seemed to be lower in the provinces where there were more 

religious institutions. According to the standardized correlation coefficient (β), the 

number of religious institutions is the most important predictor among the parochial 

variables based on magnitude. For every level increase in the number of religious 

institutions, the amount of public order crimes decreases by .268 levels, all other 

variables being controlled for. This finding supports research Hypothesis (H2a) and 

corroborates what social disorganization theory assumes. Of the parochial variables, 

neither the number of schools nor the number of voluntary organizations had a 

statistically significant effect on the number of public order crimes. 

Gender had a negative and statistically significant effect on the frequency of 

public order crimes once controlling for the other variables in the model (β = -.437, p ≤ 

.001). Provinces characterized by a high number of males tended to have fewer public 

order crimes. On the other hand, age (25-34) had a positive and statistically significant 

effect on the frequency of public order crimes holding other variables constant in the 

model (β = .507, p ≤ .05). That is, provinces with a higher number of people between 

the ages of 25 and 34 were more likely to have a higher level of public order crimes.  

While family disruption had a positive effect on the number of public order 

crimes, this relationship was not statistically significant once controlling for the other 

variables in the model (p ≤ 0.1). The significance value (0.153) was very close to the 
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appropriate significant level (p ≤ 0.1). In this case, the positive relationship between 

family disruption and the number of public order crimes may be considered marginally 

significant holding other variables constant in the model. That is to say, the number of 

public order crimes seemed to be higher in the provinces where there were more 

disrupted families.  

The results of Model 3 showed that including these traditional structural variables 

significantly improved the second regression model, allowing it to explain a greater 

proportion of the variation in the occurrence of public order crimes in Turkey (adjusted 

R²=63.3%). The incorporation of these structural variables into Model 3 increased the 

explained variance in the dependent variable by 5.6%. 

The social disorganization variables, poverty, residential mobility, and family 

disruption, provided a significant or substantial amount of added explanation in the 

change of the dependent variable, number of public order crimes, beyond what the 

control and parochial variables provided. 
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CHAPTER VI 

DISCUSSION AND IMPLICATIONS 

In this chapter, the two research questions and their related hypotheses are 

discussed. Next, the implications for theory and policy regarding the observed results 

and findings are examined. Finally, the limitations of this study and suggestions for 

future research are reviewed. 

Social disorganization theory comes from social structural theories explaining the 

relationship between the structural features of social organization and the frequency of 

criminal activities (Smith, 1988; Burke, 2001). In terms of the causal relationship 

between crime and ecological factors, crime is a result, a reaction, and a response to 

the social environment. Regarding the effects of certain structural factors on crime in 

general, the social disorganization approach proposes that structural factors impact the 

social order and stability in a society (Shaw and McKay, 1942; Sampson and Groves, 

1989). As the originators of the social disorganization concept, Thomas and Znaniecki 

(1920) stated that the diminishing impact of norms and values on certain communities 

causes disorganization. Park and Burgess (1925) used the same ecological explanation 

of criminality to develop the human ecology model in which they defined different living 

zones in Chicago as characterized by high rates of delinquency, poor housing, 

heterogeneous population, disrupted families, poverty, and residential mobility. Shaw 

and McKay (1942) maintain that the structural characteristics of these neighborhoods 

are directly related to the frequency of both delinquency and crimes in those 
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neighborhoods. Consequently, delinquency is theoretically correlated with the 

community itself.  

Thomas and Znaniecki (1920) argued that the society is constructed by a set of 

social groups. Social control consists of effective linkages among these groups. 

According to Thomas and Znaniecki (1920), the continuity of social control depends on 

the effectiveness of the connections between these elements. Hunter (1985) specifies 

this claim somewhat by introducing the notion of parochial-level social control, which 

refers to the ability of the neighborhood to supervise the behaviors of its residents 

through local interpersonal networks and local institutions, such as schools, voluntary 

organizations, and religious institutions (Bursik and Grasmick 1993). Hunter (1985) 

states that the supporting efforts of parochial control are becoming a rising trend in 

crime control activities. The importance of local institutions and parochial control is 

highlighted in Bursik and Grasmick's (1993) study in which they merge social 

disorganization theories to explain neighborhood crime. As the essential elements of the 

local organizational base, schools, voluntary organizations, and religious institutions are 

used as indicators of the level of social organization in a society (Rose, 2000).  

Bursik and Grasmick (1993) assumed that one of the reasons for a high rate of 

criminality is the ineffectiveness of the parochial control institutions. As Rose (2000) 

argued, because religious institutions are a unique type of social institution, their 

frequency could be considered an indicator of the level of community organization in a 

society. As religious institutions in different societies are crucial elements of local 

organizations, Bayat (2007) stated that religious institutions also function as parochial 
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control agents in countries in which the majority of the population is Muslim.  

These aforementioned statements regarding the relationship between social 

disorganization variables, parochial control variables and spatial distribution of crime 

have long been studied by researchers. The same assumptions were used in this study 

to test their applicability to public order crimes in Turkey. In the first part of this 

research, the statistical analyses produced findings important to understanding the 

effects of structural and parochial control variables on the distribution of public order 

crimes.  

 

Theoretical Implications 

According to the results of the multivariate analysis, the number of public order 

crimes seems to be lower in provinces where there are more religious institutions 

(Hunter, 1985; Hirschi and Stark, 1969; Higgins and Albrecht, 1977; Rose, 2000). The 

religious institutions in all kinds of societies are essential elements of the local 

organizational base. As Rose (2000) argued, since religious institutions are a unique 

type of social institution, their frequency could be considered an indicator of the level of 

community organization in a society. As a result, it would not be incorrect to assume 

that religious institutions should affect crime rates. 

In this study, poverty has a statistically significant positive effect on the 

occurrence of public order crimes, controlling for all other variables. In this research 

context, the number of public order crimes is more common in provinces where poverty 

is more widespread. More specifically, provinces with a higher level of poverty tend to 
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have a higher number of public order crimes.  The results are consistent with the 

assumptions of social disorganization theory proposing that poverty is predictive of high 

rates of crime in urban areas (Shaw and McKay, 1942).  

Residential mobility has a statistically significant positive effect on the occurrence 

of public order crimes. City-level studies have commonly found a correlation between 

crime and migration (Schuerman and Kobrin, 1986; Alba et al., 1994). Residential 

mobility has been found to contribute to crime in different ways. Mobility creates 

isolated residential areas, lessens the degree of social integration among residents, and 

reduces the sense of commitment to a neighborhood (Sampson, 1991; Warner and 

Pierce, 1993). Accordingly, an area's level of mobility is believed to be a factor 

influencing the connection between neighborhood crimes (Sampson et al., 1997). 

As another structural variable examined in this macro-sociological level study, 

family disruption does not have a statistically significant effect on the occurrence of 

public order crimes, controlling for all other variables. In the bivariate analysis, family 

disruption has a significant positive impact on the number of public order crimes. This 

significant impact disappeared when the parochial variables and control variables were 

introduced into the final regression model, although the association remained positive. 

In fact, the significance value (0.153) was very close to the appropriate significance 

level (p ≤ 0.1). In this case, the positive relationship between family disruption and the 

number of public order crimes may be considered marginally significant. That is to say, 

the number of public order crimes seemed to be higher in the provinces where there 

were more disrupted families. Blau and Blau (1982) found a significant positive 
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association between the percentage of divorced households and the total crime rates 

for violence, murder, rape, robbery, and assault. On the other hand, some other 

scholars (Parker and McCall, 1999; Kubrin, 2003) did not find a significant association 

between family disruption and crime.  

Contrary to the assumptions of social disorganization theory (Bursik and 

Grasmick, 1993; Rose, 2000; Sampson and Groves, 1989), the number of public order 

crimes seems to be higher where the number of voluntary organizations is higher. The 

effectiveness of these civic associations should be improved to reduce crime, as Bursik 

and Grasmick (1993) argued.  

Because of the potential simultaneity problem in the statistical analysis, it might 

appear that the number of public order crimes is higher where the number of voluntary 

organizations is higher. The simultaneity problem states that the value of one variable is 

determined by the value of a second variable, while at the same time, the value of the 

second variable is determined by the value of the first variable. In the context of the 

relationship between the number of voluntary associations and the occurrence of public 

order crime, the number of voluntary associations is dependent upon the amount of 

public order crime, but the amount of public order crime is determined by the number 

of voluntary associations. In terms of finding the exact direction of the causal 

relationship between public order crimes and the number of voluntary organizations, it 

can be concluded that the high crime rate in a certain community may lead people to 

form more local voluntary organizations.  

Additionally, the importance of local institutions and parochial control is 
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highlighted in Bursik and Grasmick's (1993) study in which they merge social 

disorganization theories to explain neighborhood crime. That is to say, had this study 

been a neighborhood-level rather than macro-level study, the results would be 

consistent with the assumptions of social disorganization theory. 

In this study, contrary to what social disorganization theory proposed, the 

number of schools did not have a statistically significant effect on the occurrence of 

public order crimes. While the number of schools has a significant negative impact on 

the number of public order crimes in the bivariate analysis, this significant impact 

disappeared when the parochial variables and control variables were introduced into the 

regression model. 

While a variety of studies observed significant positive relationships between 

unemployment and crime rates, in this study, unemployment does not have a 

statistically significant effect on the occurrence of public order crimes.  As mentioned 

previously, this is a city-level study. Had it been a neighborhood-level rather than 

macro-level study, the results would be consistent with the assumptions of social 

disorganization theory. 

The association between population heterogeneity and crime has varied from 

study to study. While Shaw and McKay’s (1942) social disorganization theory proposes 

that an ethnic minority population is predictive of high rates of crime in urban areas, 

the findings of this study indicate that population heterogeneity did not have a 

statistically significant effect on the occurrence of public order crimes. While population 

heterogeneity had a significant positive impact on the frequency of public order crimes 
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in the bivariate analysis, this significant impact disappeared when the parochial 

variables and control variables were introduced into the regression model.  

It might be argued that the reasons for the inconsistent relationship between 

population heterogeneity and crime are that the  heterogeneous population across the 

provinces in Turkey is extremely small; therefore, instead of examining the relationship 

between variables in the macro level, neighborhood-level data may provide a significant 

relationship. Based on these findings, the following policy implications are suggested. 

 

Policy Implications 

The findings of this study present several implications for the development of 

new policies regarding public order crimes. The results show that poverty and 

residential mobility have a statistically significant positive effect on the occurrence of 

public order crimes. In addition, religious institutions have a negative effect on the 

occurrence of public order crimes.  

The religious institutions in all societies are essential elements of the local 

organizational base. As one of the variables examined in this study, religious institutions 

can operate as mechanisms of informal social control in a particular city. If religious 

institutions are effective, the capacity of residents to supervise each other increases. 

Religious institutions integrate residents into the society. As Rose (2000) argued, 

religious institutions can also provide services to the residents, such as child care 

services, food pantries, and after-school programs. These actions bring people together 

to solve problems. Specific to Turkey, several other activities can be added to these, 
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such as charity activities and building a religious institution. As a distinctive 

characteristic, rather than drawing upon governmental resources, the mosque-building 

process is organized and financed through civic engagement. Consequently, religious 

institutions provide an essential basis for informal social control and develop primary 

relationships among people, which make it easier to achieve common goals. 

In fact, as Bursik and Grasmick (1993) argued, one of the reasons for a high rate 

of criminality is the ineffectiveness of the parochial control institutions (religious 

institutions, voluntary associations, schools, etc.). Public administrators in each province 

should encourage religious institutions to be more active in fighting criminal activities. 

Religious institutions should be included in crime prevention programs and provide 

assistance to their communities. In addition, religious institutions promote normative 

behaviors through establishing positive social relations among local residents (Rose, 

2000; Evans et al., 1995). In Turkey, mosque prayer leaders are officially responsible 

for being familiar with their neighborhoods in addition to preaching and other religious 

services. They must be aware of needy people and try to solve their problems by 

establishing connections between them and wealthy individuals. In addition, if needed, 

they must contact the appropriate state agencies and civic organizations to guide them.  

According to this study’s results, residential mobility had a significant positive 

effect on public order crimes in Turkey. Interestingly enough, residential mobility was 

the strongest and the most important predictor among the social structural variables 

based on the magnitude of the standardized correlation coefficient (β). In rural areas, 

along with other factors, the high level of poverty and unemployment and inadequate 
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educational opportunities push people to migrate from rural to urban areas in Turkey. 

In order to decrease the level of residential mobility, the government should support 

private investments and increase the number and the quality of public schools in rural 

areas.  

As one of the major push factors for internal immigration from rural to urban 

areas in Turkey, unemployment, specifically in rural areas, should be reduced though it 

did not have a statistically significant direct effect on the number of public order crimes. 

The number of governmental job opportunities should be increased, especially in rural 

areas, to reduce residential mobility. The government should also produce larger 

governmental projects, such as building bays, highways, and houses and rehabilitating 

rivers, in order to create new jobs for unemployed people in both urban and rural 

areas.  

Ermisch and Jenkins (1999) find that residential mobility is highly correlated with 

changes in the individual or household situation regarding financial circumstances. As a 

result of the poor economic conditions in rural areas, the majority of the citizens live in 

a poor housing neighborhood. People immigrating from rural to urban areas are mostly 

private renters, who are typically found to have the most residential mobility. According 

to recent housing strategies, home-ownership reduces residential mobility, contributing 

to higher levels of unemployment. Creating low- and medium-income social housing, 

facilities and infrastructure, and a model framework for quality low-cost housing in rural 

areas decrease residential mobility from rural to urban areas. The Housing Development 

Administration of Turkey, as a governmental organization which offers hope to millions 
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of Turkish citizens who would not otherwise have an opportunity to own their home or 

live in a neighborhood with modern schools, business areas, hospitals, mosques and 

libraries, should offer more rural housing opportunities to decrease the pressure to 

migrate to urban areas.  

Economic conditions must be improved to decrease the level of public order 

crimes. Rather than traditional poverty lessening policies, such as income supports and 

other welfare programs (i.e. health insurance for the poor), creating more wealth and 

eliminating the size of government can be considered rational options to reduce 

poverty. Giving wealth away does not appear to permanently eliminate the problem of 

poverty. In Turkey, while local governments have been providing funds to poor people, 

these supports only provide temporary results. Providing employment opportunities 

through motivating private investments in the provinces may be an effective poverty-

alleviating program. Accordingly, policy makers should seek to provide permanent 

solutions that will decrease the level of poverty across the country, both in rural and 

urbanized areas. 

While family disruption did not have a statistically significant positive effect on 

the number of public order crimes, the significance value (0.153) was very close to the 

appropriate significance level (p ≤ 0.1). In this case, the positive relationship between 

family disruption and the number of public order crimes may be considered marginally 

significant. As Osgood and Chambers (2000) found, female-headed households cause 

youth violence. In a certain area, if the divorce rate is high, the number of unsupervised 

youth groups is possibly high. In fact, as one of the direct measurements of social 
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disorganization, Sampson and Groves (1989) used unsupervised youth groups to 

construct social disorganization. In order to protect the youth groups from bad habits 

such as alcohol use, drug addiction, and gambling, some programs should be 

coordinated with the families of divorced households. To do this, related governmental 

and civic organizations responsible for family structure should be informed regarding 

the significant relationship between crime and the number of divorced households. The 

government should support those divorced households and pay, at least partly, for the 

educational expenses of their children. As a governmental organization in Turkey, the 

Society for the Protection of Children was established in 1980. Today, there is at least 

one orphanage, as an affiliated organization of the Society for the Protection of 

Children, in each province in Turkey. Children whose families are disrupted or divorced 

are in need of protection, both for their mental and for their moral development; they 

are placed in those orphanages in an attempt to keep them away from bad habits and 

illegal activities, such as prostitution, begging, alcohol and drugs. These needy children 

should be investigated and the Society for the Protection of Children notified of their 

existence by the appropriate local and governmental authorities, health institutions, 

village headmen and general law enforcement. On the other hand, so far, it is hard to 

say whether those orphanages have been working effectively and ideally. The policies, 

programs, job training programs and current applications in orphanages should be 

revised, updated and improved. Government should spend more money and increase 

the wealth transfer for those organizations. 

The government should also discover effective solutions for reducing the divorce 
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rate. To do this, it is important to pay particular attention to the cultural and moral 

education of people while providing for the support of cultural and educational 

programs. People should come psychologically prepared to the decision to marry. Thus, 

psychological courses for couples that are going to marry should be organized. In fact, 

it is even possible to use the experience of the preparation of parents to bear children 

to influence the decision to marry or divorce. Despite the difficulty of this problem, the 

divorce rate should be decreased in order to reduce public order crime in Turkey.  

To address the social causes of crime and produce adequate and effective 

solutions, contemporary police approaches focus on collaborative action and 

cooperation with the community. The community policing method is currently followed 

by police organizations. The community policing method emphasizes a high level of 

concern in addressing the causes of crime and relies on partnerships with different 

parts of the community. The community policing method emphasizes the importance of 

community engagement in recognizing problems and their solutions. Therefore, police 

forces should create partnerships with civic organizations to find solutions to common 

problems in the fight against crime. 

It is suggested that police agencies employ the Problem-Oriented Policing 

approach in problematic areas having a high crime rate. Problem-Oriented Policing 

emphasizes a broader level of concern in addressing the causes of crime and relies on 

partnerships with different segments of the community. In particular, in order to 

decrease crime rates, police agencies should communicate with other agencies and 

community members about problems and solutions because all of them are directly 
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affected by this situation. This kind of wide participation in the crime-solving process 

would help police agencies focus on the root causes of problems. Consequently, since 

crime-solving not only engages police agencies, but also individuals, businesses, and 

other organizations, public administrators and policy makers in urban areas should 

consider the benefits of using the problem-oriented policing approach. As a result, by 

involving religious institutions, civic organizations, community members, and the 

criminal justice system, problem-oriented policing may contribute significantly to the 

lessening of public order crime in urban areas. 

Police agencies in Turkey should implement new policing tactics in addition to 

community-oriented policing. In order to solve the problems associated with crime, 

police agencies should look for alternative approaches rather than always using the 

criminal justice system. In particular, police agencies should encourage community 

organizations, individuals, businesses, and other organizations to become part of the 

solution to reducing crime. Solving crime problems requires a broad range of responses 

in addition to the use of the criminal justice system (Goldstein, 2001; Eck and Spelman, 

1987).  

 

Limitations of the Study 

Aside from the explanatory potential of the findings illustrated in the previous 

sections and their overall corroboration of prior research, especially that guided by the 

assumptions of social disorganization theory, this study was subject to some limitations.   

As this research is a cross-sectional study, it has a limited ability to generate 
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causal inferences and generalize findings regarding the relationship between social 

disorganization variables and the distribution of public order crimes. In studies such as 

this, it is difficult to observe the reciprocal relationships, temporal order and the 

causality between dependent and independent variables. In fact, in order to make valid 

claims about such reciprocal relationships, studies must be examined repeatedly.  

If more appropriate measurement of certain social disorganization indicators 

(population heterogeneity, family disruption and unemployment) had been found, this 

study may have more consistent results. For instance, if the composition of population 

heterogeneity (officially recognized minorities and legal foreigners) had been enriched 

by including cultural differences based on the multicultural structure, regional 

differences, and the uniqueness of the social structure of Turkey, this study may have 

more consistent findings. Because the data used in this study were drawn from 

different government agencies, the accuracy and validity of the data depended on the 

reliability of the official statistics obtained by those agencies.  

Moreover, civic participation was measured using the number of voluntary 

associations. However, these numbers alone do not mean that these associations will 

provide social services and contribute to the social capital in their respective provinces. 

On the other hand, as a functional indicator of community involvement, measuring the 

number of voluntary associations in those cities did provide an estimate of the potential 

resources available to those provinces (Rose, 2000; Putnam, 2000).  

In addition, all the varying types of crime are placed into the public order crime 

category while, in reality, they are very different with some being violent crimes and 
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others not. Therefore, the various types of crime should be broken out by type of crime 

rather than placing them all under the category “public order crimes”. This would help 

us to better understand these various types of crime. 

Despite these limitations, the empirical results of this study were theoretically 

consistent. In addition, the ability to measure social organization at the province level in 

Turkey demonstrates an important step in testing social disorganization theory.  

 

Recommendations for Future Research 

Building upon this study, future research should identify and use more accurate 

indicators of social organization in provinces, or else be conducted at the community or 

neighborhood level to test social disorganization theory. Specifically, future research 

needs more neighborhood level analyses or qualitative research to better understand 

some of the relationship such as the effects of volunteer organization. While the 

relationship between voluntary organizations and public order crime is positive, there is 

a negative association between the number of religious institutions and the occurrence 

of public order crime. Perhaps, this is linked to qualitative elements and therefore, 

future qualitative analysis is needed to better understand why this difference exists. 

Moreover, for future research, the religious voluntary associations should be separated 

out from non-religious ones so their independent effects can be determined.  

Direct relationships were only tested by using OLS analyses in this study. 

However, in light of the contemporary expansion of social disorganization theory, 

indirect or mediating associations between the variables should be examined in order to 
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find more statistically significant effects on the frequency of public order crime. That is 

to say, the social disorganization factors may have indirect effects through the parochial 

variables.   

In addition, these data only include officially recognized minorities and legal 

foreigners in all provinces in measuring population heterogeneity. For future research, 

data on the composition of population heterogeneity should be gathered by including 

cultural differences based on the multicultural structure, regional differences, and 

uniqueness of the social structure of Turkey in order to obtain results more consistent 

with the assumptions of social disorganization theory.  

Finally, similar studies should focus on rural communities across the country. In 

so doing, the prevailing theories can be tested for rural communities which, in turn, 

may provide different and special observations to augment and improve the social 

disorganization theory. 
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DESCRIPTION OF VARIABLES
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Distribution of variables by province (N=81), (*) Per 10K, (**) Logged 
 

  Dep.Var. Structural Variables Parochial Variables Control Variables 

  Province P.O.C.** Pvrty* P.Heter.* F.Disrup.* Unemp.* R.Mobil.** V.Assoc.* Religion** School** Popul.** Male* Age* 

1 ADANA 2,2 1726,0 3,7 2,0 514,7 2,7 7,9 0,9 0,7 6,3 4974,4 1597,3 

2 ADIYAMAN 1,8 4409,7 2,3 2,0 419,0 2,5 5,6 1,1 1,1 5,8 5023,3 1425,7 

3 AFYON 1,7 1166,0 2,6 5,7 236,3 2,6 13,3 1,2 0,9 5,9 5038,2 1497,1 

4 AGRI 1,7 4901,1 2,8 0,6 386,7 2,7 3,4 1,2 1,1 5,7 5180,1 1194,8 

5 AMASYA 1,7 1368,6 2,4 4,5 215,9 2,9 9,6 1,3 0,9 5,6 5081,6 1425,3 

6 ANKARA 2,1 548,6 3,9 5,5 423,1 3,0 19,5 0,9 0,5 6,6 5057,8 1774,8 

7 ANTALYA 2,4 886,2 5,1 5,9 377,1 3,0 9,8 1,1 0,7 6,2 5150,9 1885,5 

8 ARTVIN 1,7 1617,7 2,7 3,4 316,6 2,9 15,4 1,5 1,1 5,3 5032,9 1479,7 

9 AYDIN 1,9 1003,1 3,5 6,5 276,1 2,9 11,2 1,1 0,8 6,0 5004,6 1501,1 

10 BALIKESIR 2,1 1035,8 3,0 6,8 233,9 2,9 13,2 1,2 0,8 6,0 5041,9 1497,6 

11 BILECIK 1,8 540,7 2,6 6,7 217,3 3,1 16,2 1,3 0,9 5,3 5244,7 1587,8 

12 BINGOL 1,7 5600,8 2,1 1,7 391,0 2,7 4,9 1,3 1,0 5,4 5180,1 1407,3 

13 BITLIS 1,4 3428,6 2,0 0,4 445,7 2,8 5,1 1,2 1,0 5,6 5295,4 1329,1 

14 BOLU 1,9 598,4 2,4 6,3 234,9 3,0 17,4 1,6 0,8 5,4 5067,5 1536,5 

15 BURDUR 2,0 1136,4 2,2 8,4 211,8 2,8 12,9 1,3 0,9 5,4 5023,6 1524,9 

16 BURSA 2,2 507,7 4,3 1,9 399,1 2,9 12,4 0,9 0,5 6,3 5009,4 1734,6 

17 CANAKKALE 2,0 640,8 3,1 5,1 190,7 3,0 16,4 1,3 0,8 5,7 5216,2 1483,3 

18 CANKIRI 1,8 1027,4 2,4 3,9 267,8 2,9 13,8 1,4 0,9 5,4 5191,4 1512,6 

19 CORUM 1,9 2404,0 2,1 4,7 237,9 2,7 8,9 1,4 1,1 5,8 4852,4 1392,6 

20 DENIZLI 2,2 576,7 3,1 7,8 211,8 2,8 15,1 1,2 0,7 5,9 5013,7 1641,4 

21 DIYARBAKIR 1,9 3535,7 2,7 0,9 484,1 2,7 3,4 1,1 0,8 6,1 5079,3 1402,3 

22 EDIRNE 2,0 1150,4 3,0 7,6 256,3 3,0 11,8 1,0 0,8 5,6 5308,5 1492,6 

23 ELAZIG 2,0 2465,4 2,3 3,1 409,4 2,8 6,4 1,2 0,9 5,8 5050,5 1537,5 

24 ERZINCAN 1,8 968,0 1,3 3,9 309,2 3,0 9,0 1,3 0,9 5,5 5335,4 1513,2 

25 ERZURUM 1,8 3015,5 2,0 1,3 344,9 2,7 6,1 1,2 1,1 6,0 5144,1 1403,1 

26 ESKISEHIR 2,2 675,3 3,1 8,0 318,5 2,9 12,9 1,1 0,7 5,8 4989,5 1613,6 

27 GAZIANTEP 2,1 1850,0 2,9 4,7 374,9 2,7 6,0 0,9 0,7 6,1 5025,1 1549,0 

28 GIRESUN 1,8 1834,1 2,1 4,3 397,2 2,8 10,9 1,4 0,9 5,7 5027,4 1384,5 

29 GUMUSHANE 1,3 2147,0 1,4 3,3 292,3 2,9 9,2 1,5 1,1 5,3 5075,0 1456,8 

30 HAKKARI 1,4 5340,5 2,5 0,2 450,0 2,8 4,5 1,2 1,0 5,4 5523,8 1252,2 

31 HATAY 1,7 1980,7 4,1 5,9 297,1 2,6 6,5 0,9 0,8 6,1 4957,3 1530,5 

32 ISPARTA 1,9 933,6 2,2 6,3 296,0 2,9 13,6 1,2 0,8 5,7 5271,4 1522,9 

33 ICEL 2,3 1480,6 3,1 7,5 424,0 2,9 7,0 0,9 0,6 6,2 5024,5 1636,0 

34 ISTANBUL 2,3 393,9 5,2 6,5 504,9 3,0 13,3 0,5 0,3 7,0 5079,0 1933,1 

35 IZMIR 2,3 536,5 4,2 13,1 460,3 3,0 10,9 0,7 0,6 6,5 5039,7 1680,8 

36 KARS 1,7 3116,9 2,6 0,5 280,7 2,9 6,5 1,2 1,1 5,5 5200,6 1375,6 

37 KASTAMONU 1,8 1653,2 2,6 4,2 189,7 2,8 12,4 1,8 1,2 5,6 4834,2 1267,4 

38 KAYSERI 2,2 1317,4 2,8 2,9 322,2 2,8 10,1 1,1 0,8 6,0 4994,0 1587,4 

39 KIRKLARELI 2,0 711,6 2,9 5,5 271,7 3,0 14,2 1,0 0,8 5,5 5242,3 1553,3 

40 KIRSEHIR 1,9 1995,5 2,3 8,5 335,8 2,9 8,4 1,3 0,9 5,4 4925,7 1504,2 

41 KOCAELI 2,2 574,3 3,5 4,4 378,7 3,0 15,9 1,0 0,5 6,1 5184,6 1787,2 

42 KONYA 1,8 1105,3 3,0 6,2 287,0 2,7 9,2 1,2 0,7 6,3 5040,8 1524,2 

43 KUTAHYA 1,8 813,6 2,3 7,0 226,3 2,8 14,8 1,3 0,9 5,8 5058,0 1502,8 

44 MALATYA 1,9 1643,6 2,4 4,3 358,6 2,8 7,4 1,1 1,0 5,9 5089,8 1556,8 

45 MANISA 1,9 1442,7 2,8 6,4 214,5 2,8 10,7 1,1 0,9 6,1 5001,2 1555,2 
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46 K.MARAS 1,9 2991,7 1,7 3,1 321,9 2,5 6,2 1,1 1,0 6,0 5094,5 1512,2 

47 MARDIN 1,5 3639,6 3,3 1,2 452,2 2,6 2,6 1,1 0,9 5,8 5136,4 1361,0 

48 MUGLA 2,2 624,5 4,2 4,8 246,9 3,1 12,5 1,2 0,8 5,9 5265,8 1798,2 

49 MUS 1,3 3565,2 2,6 0,3 305,4 2,5 2,8 1,1 1,0 5,7 5206,9 1251,0 

50 NEVSEHIR 1,9 1221,6 3,3 7,5 235,5 2,9 11,6 1,4 0,9 5,5 4939,7 1590,3 

51 NIGDE 2,0 2250,3 2,3 6,1 181,7 2,9 9,0 1,1 0,9 5,5 4951,9 1511,4 

52 ORDU 1,6 2456,1 2,7 3,3 373,1 2,6 9,1 1,4 1,0 5,9 4972,6 1479,2 

53 RIZE 1,9 842,8 2,9 3,5 463,2 2,8 16,3 1,5 0,9 5,6 4951,7 1669,8 

54 SAKARYA 2,0 981,4 2,6 3,5 317,5 2,8 17,1 1,2 0,9 5,9 5080,1 1623,6 

55 SAMSUN 2,1 2331,0 2,7 3,9 296,9 2,7 11,0 1,4 1,0 6,1 4844,4 1449,1 

56 SIIRT 1,5 4825,6 2,4 1,1 351,9 2,8 6,6 1,3 1,1 5,4 5221,8 1239,1 

57 SINOP 1,6 1365,4 1,4 8,6 233,4 2,9 12,5 1,7 1,3 5,4 4861,6 1196,0 

58 SIVAS 2,0 1927,1 2,7 6,3 306,4 2,8 8,8 1,3 1,0 5,9 5075,6 1426,0 

59 TEKIRDAG 2,0 601,0 3,6 6,0 325,0 3,2 11,3 0,9 0,6 5,8 5234,2 1750,0 

60 TOKAT 1,7 1747,3 2,4 4,3 282,4 2,6 6,1 1,2 0,9 5,9 5058,5 1414,4 

61 TRABZON 1,7 1357,3 3,2 3,1 380,2 2,7 11,4 1,3 0,8 6,0 4993,7 1557,9 

62 TUNCELI 1,8 2615,4 2,5 3,8 313,1 3,2 8,9 1,0 0,9 5,0 5826,7 1542,3 

63 SANLIURFA 1,3 2928,9 2,9 1,2 504,0 2,4 3,5 1,0 1,0 6,2 5188,6 1380,4 

64 USAK 2,1 745,9 1,7 8,5 260,4 2,8 15,6 1,2 0,9 5,5 4958,0 1578,3 

65 VAN 1,6 5163,0 3,3 0,4 383,5 2,6 4,9 1,1 0,9 5,9 5105,7 1253,4 

66 YOZGAT 1,6 1994,2 2,4 4,8 302,0 2,7 5,7 1,2 1,0 5,8 5019,2 1439,6 

67 ZONGULDAK 2,0 762,6 2,0 4,8 250,7 2,7 14,7 1,4 0,9 5,8 4884,3 1533,1 

68 AKSARAY 1,8 2166,0 2,8 7,5 281,8 2,7 6,6 1,2 0,9 5,6 4944,0 1541,2 

69 BAYBURT 1,8 2120,1 0,3 3,7 212,4 2,8 13,8 1,4 1,2 5,0 5036,6 1429,7 

70 KARAMAN 2,1 1669,2 2,1 8,7 275,2 2,7 10,7 1,3 0,9 5,4 4973,4 1561,7 

71 KIRIKKALE 2,0 895,1 2,0 3,8 453,8 2,8 10,0 1,0 0,7 5,6 5121,9 1553,1 

72 BATMAN 1,8 5267,0 1,3 0,3 507,8 2,6 3,5 1,1 0,9 5,7 5051,3 1316,7 

73 SIRNAK 1,2 3169,6 2,7 0,5 371,2 2,9 2,2 1,1 0,8 5,5 5479,5 1222,3 

74 BARTIN 1,9 1503,8 1,0 10,3 215,9 2,7 10,4 1,6 1,0 5,3 4735,1 1423,9 

75 ARDAHAN 1,7 2940,1 2,7 1,9 272,2 2,8 6,7 1,3 1,3 5,1 5220,9 1325,8 

76 IGDIR 1,9 3115,3 3,2 2,9 373,5 2,9 12,0 1,1 1,0 5,2 5164,0 1413,6 

77 YALOVA 2,1 1244,7 3,0 12,8 382,5 3,1 19,8 1,0 0,7 5,2 5264,2 1681,3 

78 KARABUK 2,1 805,5 1,7 7,4 302,7 2,8 21,8 1,6 0,8 5,4 4946,2 1538,0 

79 KILIS 2,0 2947,9 1,8 0,7 222,1 2,8 8,1 1,4 1,1 5,1 4975,5 1417,3 

80 OSMANIYE 1,9 3875,2 1,9 4,0 533,9 2,7 9,0 1,1 0,8 5,7 5040,7 1540,1 

81 DUZCE 1,7 1134,7 2,3 1,5 285,5 2,9 21,8 1,4 0,8 5,5 5152,5 1687,5 
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Model Summaryb 

Model R R Square 
Adjusted R 

Square 
Std. Error of 
the Estimate 

1 .770a .593 .577 .16126 

 
ANOVAb 

Model 
Sum of 
Squares df  F Sig. 

1 Regression 2.916 3  37.371 .000a 

Residual 2.002 77    

Total 4.918 80    

 
Coefficientsa 

Model 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

Collinearity 
Statistics 

B Std. Error Beta Tolerance VIF 

1 (Constant) 2.000 .708  2.824 .006   

male 
.000 .000 -.239 

-
3.204 

.002 .947 1.056 

population -.008 .055 -.012 -.147 .883 .776 1.289 

age .001 .000 .722 8.956 .000 .815 1.228 

 

 
Residuals Statisticsa 

 
Minimum Maximum Mean 

Std. 
Deviation N 

Predicted Value 1.3925 2.3784 1.8713 .19090 81 

Residual -.55221 .22974 .00000 .15821 81 

Std. Predicted 
Value 

-2.508 2.656 .000 1.000 81 

Std. Residual -3.424 1.425 .000 .981 81 
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Charts 
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Model Summaryb 

Model R R Square 
Adjusted R 

Square 
Std. Error of the 

Estimate 

2 .788a .621 .590 .15881 

 
ANOVAb 

Model Sum of Squares df Mean Square F Sig. 

2 Regression 3.052 6 .509 20.166 .000a 

Residual 1.866 74 .025   

Total 4.918 80    

 
Coefficientsa 

Model 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

 Sig. 

Collinearity 
Statistics 

B Std. Error Beta Tolerance VIF 

2 (Constant) 3.992 1.244   .002   

male .000 .000 -.337  .000 .608 1.646 

population -.082 .076 -.124  .286 .386 2.594 

age .001 .000 .528  .000 .292 3.428 

association .009 .006 .160  .178 .369 2.710 

religion -.294 .163 -.259  .075 .249 4.018 

school -.069 .214 -.048  .748 .231 4.329 

 
Residuals Statisticsa 

 Minimum Maximum Mean Std. Deviation N 

Predicted Value 1.3945 2.4124 1.8713 .19531 81 

Residual -.49348 .24845 .00000 .15274 81 

Std. Predicted Value -2.441 2.771 .000 1.000 81 

Std. Residual -3.107 1.564 .000 .962 81 
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Charts 
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Model Summaryb 

Model R R Square Adjusted R Square 
Std. Error of 
the Estimate 

3 .827a .684 .633 .15018 

 
ANOVAb 

Model Sum of Squares df  F Sig. 

3 Regression 3.362 11  13.550 .000a 

Residual 1.556 69    

Total 4.918 80    

 
Coefficientsa 

Model 

Unstandardized 
Coefficients 

Standardized 
Coefficients 

t Sig. 

Collinearity 
Statistics 

B 
Std. 
Error Beta  VIF 

3 (Constant) 2.228 1.401  1.590 .116   

male .000 .000 -.437 -3.906 .000  2.724 

population .082 .093 .124 .885 .379  4.279 

age .001 .000 .507 3.583 .001  4.369 

religion -.305 .161 -.268 -1.896 .062  4.367 

school .000 .215 .000 -.002 .999  4.905 

heterogeneity -.034 .033 -.111 -1.004 .319  2.666 

unemployment .000 .000 -.100 -.968 .336  2.335 

disruption .009 .009 .102 .990 .326  2.319 

R. mobility .596 .196 .374 3.036 .003  3.317 

poverty 5.241E-
5 

.000 .279 1.831 .071  5.081 

v. association .006 .007 .118 .938 .352  3.459 
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Residuals Statisticsa 

 
Minimum 

Maximu
m Mean 

Std. 
Deviation N 

Predicted Value 1.3745 2.4614 1.8713 .20499 81 

Residual -.52206 .23965 .00000 .13947 81 

Std. Predicted 
Value 

-2.424 2.879 .000 1.000 81 

Std. Residual -3.476 1.596 .000 .929 81 

 

 

Charts 
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