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Abstract

The authors investigated the differential effect of retention on the development of academic

achievement from grade one to five on children retained in first grade over six years. Growth

Mixture Model (GMM) analyses supported the existence of two distinct trajectory groups of

retained children for both reading and math among 125 ethnically and linguistically diverse

retained children. For each achievement domain, a low intercept/higher growth group (Class 1)

and a high intercept/slower growth group (Class 2) were identified. Furthermore, Class 1 children

were found to score lower on several measures of learning related skills (LRS) variables and were

characterized by having poorer self-regulation and less prosocial behaviors, compared to the other

group. Findings suggest that some children appear to benefit more from retention, in terms of

higher reading and math growth, than others. Study findings have implications for selecting

children into retention intervention and early intervention.
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1. Introduction

Grade retention is a common educational practice in US schools, despite a body of empirical

evidence that offers limited evidence that repeating a grade improves the academic

achievement of low-achieving children (Allen, Chen, Wilson, & Hughes, 2009; Jimerson,

2001, Wu, West, & Hughes, 2008a; Moser, West, & Hughes, 2012). Whereas earlier studies

on the effects of grade retention compared the achievement of retained and comparably low-

achieving, promoted children at specific points in time post-retention (e.g., Reynolds, 1992;

Pierson & Connell, 1992), recent studies analyze latent achievement growth trajectories of

retained children (Moser et al., 2012; Hong & Raudenbush, 2005; Wu et al., 2008a).

Analysis of growth trajectories has the advantage of examining patterns of growth in the

years following the retention intervention, permitting the identification of differential short-
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term and longer-term growth in achievement for groups of retained and promoted children

(Wu et al., 2008a). However, the modeling techniques adopted in studies analyzing growth

trajectories of retained and promoted children are based on the assumption that all the

retained children had homogeneous developmental patterns over time and follow one single

average developmental trajectory. The current study tests this assumption by answering two

sets of research questions: 1) are there latent subgroups of retained children following

distinct developmental trajectories for reading and math achievement? If so, how many

subgroups are there among the retained children? 2) If latent trajectory subgroups are

identified, do certain child and family variables differ between the subgroups? The

identification of a group of retained children whose rate of academic achievement growth

following retention is faster, relative to that of other retained children, would have

implications for selecting children into this intervention.

To the best of the authors’ knowledge, no published study identifies classes of retained

children who evince different achievement growth trajectories. However, extant empirical

findings and theoretical perspectives suggest that there might be latent groups among the

retained children, with some responding positively to the retention process and some not.

Specifically, several lines of evidence, reviewed in a subsequent section, support the

proposition that, among retained children, those with poor learning related skills (e.g.,

attention, behavioral and emotional self-regulation, social skills) may increase in

achievement at a faster rate subsequent to retention than children with better learning related

skills. In the following section, learning related skills are defined and their role in early

school achievement is described.

1.1 Learning Related Skills

Learning related skills (LRS), sometimes referred to as learning approaches, refer to a

cluster of self-regulatory skills (e.g., ability to attend, persist in the face of challenges, plan,

cooperate with others, inhibit impulsive responses, and respond with flexibility to changes in

one’s environment) that facilitate efficient engagement in learning (Fantuzzo, Bulotscky-

Sheare, Fusco, & McWayne, 2005; Matthews, Kizzie, Rowley, & Cortina, 2010). LRS are

thought to reflect differences in the temperamental construct of effortful control and involve

the ability to voluntarily direct and manage one’s behavior and attention in learning

situations and to respond flexibly and appropriately (Blair & Razza, 2007). Next, key

dimensions of LRS are defined and described.

1.1.1 Effortful control—Effortful control, defined as the ability or capacity to voluntarily

inhibit a dominant response to activate a subdominant response, allows for the development

from more reactive to more self-regulative behavior (Rueda, Posner, & Rothbart, 2005).

Children high in effortful control voluntarily control their attention and behavior as needed,

including focusing and shifting attention, persisting on tasks in the face of challenges, and

delaying gratification. Thus they achieve higher accuracy on paper and pencil tasks

requiring attention to detail and monitoring one’s performance against a criterion

(Kochanska, Murray, and Harlan, 2000). Inhibitory control and task accuracy reflect good

effortful control. Individual differences in the ability to effortfully control or regulate

behavior are hypothesized to reflect biologically based, temperamental variation among
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children (Posner & Rothbart, 1998). However, experience also affects development of these

skills; poor and minority children perform more poorly than middle-class and white children

on measures of effortful control and self-regulation (Blair 2010; Matthews et al., 2010). The

development of effortful control occurs most rapidly during the preschool years (Kochanska

& Knaack, 2003), although children continue to show rapid development in effortful control

and related self-regulatory skills throughout the early school years (Kochanska et al., 2000).

1.1.2 Hyperactivity—Children with hyperactivity also demonstrate poor behavioral

inhibition and regulation (Barkley, 1997). Hyperactivity includes motor restlessness and

fidgeting, difficulty staying in one’s seat, difficulty remaining still or playing quietly, and

appearing to always be “on the go.” Higher levels of hyperactivity have been linked to lower

level of school readiness (Fantuzzo et al., 2005) and lower level of academic achievement

(Blair & Razza, 2007; Matthews et al., 2010; McClelland, Cameron, Connor, Farris, Jewkes,

& Morrision, 2007).

1.1.3 Ego resiliency—The psychological construct of ego resiliency captures the flexible,

adaptive aspect of LRS (Block & Block, 1980). For example, a child with high ego-

resiliency could easily adapt and be flexible with unexpected or uncontrollable changes in

the classroom schedule, whereas a child with low ego-resiliency might become flustered and

“fall apart” under similar circumstances. A child who adapts and “bounces back” after

challenges is more likely to persist or persevere than a child who “falls apart” and gives up

on long-term and challenging goals. Ego-resiliency is associated with psychosocial

adjustment and academic achievement in childhood (Dreke, 2009; Kwok, Hughes, & Luo,

2007; Shonk & Cicchetti, 2001).

1.1.4 Conscientiousness—The psychological construct of conscientiousness is also

thought to reflect differences in children’s temperament (Graziano & Ward, 1992; John,

Caspi, Robins, Moffitt, & Stouthamer-Loeber, 1994). Conscientiousness is the child’s

dependability, task interest, will to achieve, impulse control, constraint, control, and work

persistence (Digman, 1989; John & Srivastava, 1999). Children who are high in

conscientiousness are more likely to cope with classroom stressors better, persist in the face

of challenges, and achieve more in school (Digman, 1989: Barbaranelli, Capara, Rabasca, &

Pastorelli, 2003; Kwok et al., 2007).

1.1.5 Prosocial skills—Both effortful control and ego-resiliency are associated with peer

acceptance and positive social behaviors (Block & Block, 1980; van Aken, van Lieshout,

Scholte, & Haselager, 2002), presumably because children who can delay gratification,

inhibit impulsive response (e.g., wait their turn), and respond adaptively to changing social

situations (e.g., work cooperatively with others) have better social skills. Furthermore,

children who are rated by teachers or peers as high on prosocial skills achieve more than do

children rated lower on these skills (Wentzel, 1991, 1993). Importantly, when measures of

prosocial and antisocial engagement in the classroom are considered together, only prosocial

engagement uniquely predicts gains in achievement, suggesting the unique role of prosocial

engagement in children’s learning (Hughes, Luo, Kwok, & Loyd, 2008).
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1.2 Correlates of LRS in the Early Grades

In preschool and elementary grades, a number of demographic variables are associated with

LRS. Boys score lower than girls on measures of effortful control, including attention,

inhibitory control, and behavioral regulation, and on measures of prosocial skills (Birch &

Ladd, 1998; Matthews, Ponitz, & Morrison, 2009). African American and poor children also

score lower on measures of effortful control and prosocial skills than do non-African

American and children from more advantaged home environments (Hamre & Pianta, 2001;

Meehan, Hughes, & Cavell, 2003). The association between poverty and poor effortful

control is thought to be a result, in part, of the deleterious effects of poverty-related stress on

aspects of brain development and functions that promote or impede the development of self-

regulation (Blair, 2010).

Gender and racial group differences in LRS are thought to contribute to gender and ethnic

group differences in achievement in the elementary grades. In a study with a national

dataset, LRS explained, to a large extent, the achievement gaps between African American

boys and their White and female counterparts at school entrance and in growth in

achievement across the elementary grades (Matthews et al., 2010).

1.3 Relation between LRS and Achievement in the Early Grades

In preschool and early elementary grades, LRS predict growth in achievement, above IQ and

family adversity. In a coordinated analysis of six longitudinal data sets, Duncan and

colleagues (2007) found that kindergarteners’ attention-related skills (e.g., task persistence,

attention control, and cooperative participation in the classroom) predicted their reading and

math achievement at 3rd grade, above measures of externalizing behaviors. In a sample of

379 kindergarten and first grade children from low SES backgrounds, LRS (i.e., works

independently, seeks challenges, accepts responsibility, tunes in to classroom activity)

predicted literacy gains, even with prior literacy skills held constant (Stipek, Newton, &

Chudgar, 2010). McClelland and colleagues (2007) found that measures of behavioral self-

regulation (inhibitory control, attention, and working memory) were significantly associated

with early math and literacy skills, above cognitive ability. Furthermore, gains in behavioral

self-regulation predicted gains in emergent literacy above family background variables.

Matthews et al. (2010) found LRS had the strongest effect on achievement in kindergarten

and for achievement development through 5th grade, in comparison to other social and

behavioral variables. The authors concluded that LRS are more proximal influences on the

achievement of African American boys than are behavioral variables such as externalizing

problems. Overall, the strength of these associations/effects is small to moderate.

Several processes may explain why children with poor LRS show lower achievement

growth. Children who have poor LRS may benefit less from instructional supports than

children with good LRS. For example, early reading places a premium on effortful control

because early readers must attend to individual phoneme patterns and have patience to self-

monitor and correct miscues as well as to work independently despite feeling angry or

frustrated or the presence of distractions (Li-Grining, Votruba-Drzal, Maldonado-Carreño,

& Haas, 2010). Because self-regulated learners and prosocial children elicit more supportive

and responsive instruction from their teachers (Birch & Ladd, 1997) and are viewed by their
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classmates as more capable and socially preferred (Realmuto, August, Sieler, & Pessoa-

Brandao, 1997), they may develop more positive perceptions of their academic competence,

leading to more active engagement in learning (Liew, Barrois, McTigue, and Hughes, 2008).

1.4 Learning Related Skills and Grade Retention

Research on LRS and grade retention is sparse. Interviews with elementary teachers reveal

that the large majority of teachers believe that retention in the early grades is effective for

“immature” children (Tomchin & Impara, 1992). Although immaturity was not defined in

this study, the term is often used by educators to refer to poor learning-related behaviors

such as impulsivity, inattentiveness, and poor social skills. Self-regulatory skills such as

attention and inhibitory control continue to develop in the primary grades (Posner &

Rothbart, 2000; Kochanska et al., 2000). For children with delayed self-regulatory skills, the

extra year of maturation that retention in first grade affords may allow these children to

benefit more from instruction the following year, thereby gaining the foundation necessary

for future learning. The importance of mastery of the first grade curriculum to one’s

achievement throughout the elementary grades was demonstrated by Pianta, Belsky,

Vandergrift, Houts, and Morrison (2008). Using data from the NICHD Early Child Care and

Youth Development study, these researchers reported that 93% of the growth in reading and

76% of the growth in math between kindergarten and fifth grade takes place by the end of

first grade. Other researchers also report that lagging behind one’s classmates as one leaves

first grade forecasts long-term poor achievement (Alexander, Entwisle, & Horsey, 1997;

Stipek, 2001). The extra year of maturation that grade retention affords may be a more

appropriate intervention for low achieving first grade children who lag behind their

classmates than for low achieving children with better developed LRS.

Some empirical support for the view that a group of children with poor LRS may show

faster growth following retention, compared to children with better LRS, comes from a

study investigating moderators of the effects of being retained in first grade on subsequent

growth in achievement (Wu, West, & Hughes, 2008b). Using samples of children either

retained or promoted in first grade that were matched on their propensity to be retained, Wu

et al. investigated several possible moderators of the impact of retention in first grade on

reading and math achievement trajectories over the following 3 years. Retention was more

beneficial for children who had poorer behavioral self-regulation (defined in terms of

teacher-rated conduct problems) than for children with better self-regulation. The

researchers reasoned that children with poor behavioral self-regulation lacked the LRS

necessary to successfully meet the challenges of encountering a more advanced curriculum,

if promoted. Although the Wu et al. study suggests that retention may be more beneficial

than promotion to children with poor behavioral self-regulation, her study did not address

heterogeneity in achievement trajectories among the retained group.

2. The Current Study

The first purpose of the current study was to determine if subsets of children retained in first

grade exist whose achievement growth trajectories over six years deviate from the overall

growth trajectory of retained children. The second purpose is to test whether there are

systematic differences in LRS between growth trajectory classes among grade-retained
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children. Specifically, we expect differences in LRS will be associated with differential

patterns of growth in reading and math, such that a trajectory class with faster growth will

evince poorer LRS and achievement at baseline, relative to other trajectory classes. The

predicted negative relation between rate of growth in achievement and LRS in Year 1 is

contrary to the positive relations between these variables among samples comprised

primarily of promoted students (Li-Grining et al., 2010; Matthews et al., 2010). Our

expectation is based on the reasoning that among children retained in first grade, those

children with the poorest learning related skills will benefit the most (or be harmed the least)

from the additional year of growth in learning related skills that repeating a grade entails.

Differences between achievement trajectory classes on selected demographic variables

(family SES, child’s ethnicity, and gender) will also be investigated, based on research

finding an association between these variables and measures of LRS. Although we expect

these variables will be correlated with LRS at Time 1 (i.e., when children were in first grade

for the first time), we make no predictions regarding their association with membership in

different growth classes.

We apply growth mixture modeling with unknown groups (Muthén, 2004) to concurrently

model individual and possibly group-related trajectories of math and reading development

over six years, beginning when children were in first grade for the first time. Thus the

growth trajectories cover the elementary school years (1st grade to 5th grade). The decision

to model reading and math trajectories separately rather than using a composite measure of

achievement was based on previous research using longitudinal data from a large, national

study of elementary children that found support for two latent trajectory classes for reading

but only one latent trajectory class for math (Pianta, et al., 2008).

3. Method

3.1 Participants

Participants were 125 (61% male) first-grade children attending one of three school districts

(1 urban, 2 small city) in southeast and central Texas, selected from a sample of 784

children participating in a longitudinal study examining the impact of grade retention on

academic achievement. Participants were recruited across two sequential cohorts in first

grade during the fall of 2001 and 2002. The composition of first grade classrooms in these

three school districts was 42% Caucasian, 25% African American, 27% Hispanic, and 5%

Other; 44% were eligible for free or reduced lunch, and 53 % were male. Children were

eligible to participate in the larger longitudinal study if they scored below the median score

for their school district on a state approved, district-administered measure of literacy, spoke

either English or Spanish, were not receiving special education services, and had not been

previously retained in first grade (i.e., were in 1st grade for the first time at the beginning of

the study). School records identified 1,374 children as eligible to participate. Parent

permission to participate was obtained for 784 of the eligible children. Analyses on a broad

array of demographic variables, scores on a district-administered measure of early literacy,

and school context variables did not indicate any difference between the 784 children with

consent and the 590 children without consent.
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Of these 784 participants, 165 were retained in first grade, of whom 125 (76%) met the

following additional criteria for participation in the current study: (1) had at least one wave

of data on Woodcock–Johnson III Broad Reading and Broad Mathematics tests (Woodcock,

McGrew, & Mather, 2001), and (2) were still active in the study at Year 6. These 125

children did not differ from the 40 children who did not meet inclusion criteria on any

demographic variables, scores on a district-administered test of literacy, or study variables at

baseline (Year 1). At entrance to first grade (Year 1), these children’s mean age was 6.47

(SD = 0.27) years. The ethnic composition for these 125 children was 44 African American,

34 Hispanic, 44 Caucasian, and 3 other. Participants’ age-standard scores on the Woodcock–

Johnson III Broad Reading and Broad Mathematics tests (Woodcock et al., 2001) at Year 1

were 87.39 (SD = 15.68) and 96.74 (SD = 14.00), respectively. On the basis of family

income, 70.1% of participants were eligible for free or reduced lunch. At Year 1, these 125

children were nested within 68 classrooms and 29 schools.

3.2 Data Collection

Measures of math and reading achievement were individually administered at school

annually for six years, beginning when participants were in first grade for the first time

(Year 1). A minimum of 8 months separated each annual assessment. At Year 1, classmates

reported on children’s externalizing behaviors, children were individually administered

performance measures of effortful control (i.e., inhibitory control and task accuracy), and

teachers reported on children’ externalizing behaviors, ego resiliency, prosocial behaviors,

and conscientiousness. Teachers received $25.00 for completing and returning each student

questionnaire.

If children or their parents spoke any Spanish in Year 1, children were individually

administered the Woodcock-Munoz Language Test (Woodcock & Munoz-Sandoval, 1993)

by bilingual (English/Spanish) examiners to determine the child’s baseline academic

language proficiency in English and Spanish. All measures were administered in the

language in which the child demonstrated greater language proficiency. If the child

demonstrated equal or greater academic language proficiency in English for three

consecutive years, subsequent tests were administered in English. Among the 125 children,

four were tested in Spanish initially and three shifted to English later.

3.3 Measures of Academic Achievement

The WJ-III Tests of Achievement (Woodcock et al., 2001) is an individually administered

measure of academic achievement for individuals ages 2 to adulthood. The WJ-III Broad

Reading W Scores (Letter-Word Identification, Reading Fluency, Passage Comprehension

subtests) and the WJ-III Broad Math W Scores (Calculations, Math Fluency, and Math

Calculation Skills subtests) were used. The Reading and Math W scores are based on the

Rasch measurement model, yielding an equal interval scale, which facilitates modeling

growth in underlying latent achievement (Khoo, West, Wu, & Kwok, 2005). The reliability

and construct validity of the WJ-III and its predecessors are well established (Woodcock &

Johnson, 1989; Woodcock, et al., 2001).

Chen et al. Page 7

Elem Sch J. Author manuscript; available in PMC 2014 April 23.

N
IH

-P
A

 A
uthor M

anuscript
N

IH
-P

A
 A

uthor M
anuscript

N
IH

-P
A

 A
uthor M

anuscript



Children tested as more proficient in Spanish than in English were administered the Batería

Woodcock-Muñoz: Pruebas de aprovechamiento – Revisada (Woodcock & Munoz-

Sandoval, 1996), which is the comparable Spanish version of the Woodcock-Johnson Tests

of Achievement—Revised (WJ-R; Woodcock & Johnson, 1989). The Woodcock

Compuscore (Woodcock & Muñoz-Sandoval, 1996) program yields scores for the Batería-R

that are comparable to scores on the WJ-R. The Broad Reading and Broad Mathematics W

Scores were used in this study.

3.4 Measures of Learning Related Skills

3.4.1 Teacher report of hyperactivity—Teachers completed the Strengths and

Difficulties Questionnaire (SDQ; Goodman, 1997), a 25-item screening measure for

psychopathology. Each item is rated on a 0–2 scale (i.e., not true, somewhat true, certainly

true). The SDQ yields five scales comprised of 5 items (conduct problems, emotional

symptoms, hyperactivity, peer problems, and prosocial behaviors). Scores on the SDQ have

demonstrated good construct and predictive validity (Goodman, 2001; Hill & Hughes,

2007). Only the Hyperactivity and Prosocial scales were used in the current study. The

Hyperactivity scale assesses children’s impulsive, inattentive, and hyperactive behaviors.

For our sample, the coefficient alpha for Hyperactivity was .89.

3.4.2 Peer nomination of hyperactivity—Peers’ perceptions of classmates’

hyperactivity were obtained in individual interviews using peer nominations procedures

(Realmuto et al., 1997). After reading all classamates’ names, the interviewer asked the

child to nominate as few or as many classmates as they wished who fit each descriptor. The

hyperactivity item reads: “Some kids do strange things and make a lot of noise. They bother

people who are trying to work.” The number of nominations received was standardized

within classrooms. Written parent consent was obtained for each child who participated in

the sociometric interview. However, all children in a classroom were eligible to be rated or

nominated. The mean rate of classmate participation in the sociometric administrations was .

65 (range .40 to .95). Children as young as first grade are reliable reporters of classmates’

behavioral traits (Hughes, Zhang, & Hill, 2006).

3.4.3 Teacher-rated ego resiliency—The 7-item measure of ego resiliency is adapted

from California Child Q-Set (Block & Block, 1980). On a 1–5 scale, teachers rated

children’s adaptability, resourceful, stress resistance, and confidence (Kwok et al., 2007).

The resulting alpha for this 7-item scale for the study sample was .85.

3.4.4 Teacher-rated prosocial behaviors—Teachers completed the 5-item prosocial

scale of the Strengths and Difficulties Questionnaire (Goodman, 1997, described above).

Example items include “Considerate of other people’s feelings” and “Shares readily with

other children, for example, toys, treats, and pencils.” The alpha for the scale for the current

sample was .93.

3.4.5 Teacher-rated conscientiousness—Teachers completed the 8-item

conscientious scale of the Big Five Inventory (BFI; John & Srivastava, 1999). Scales on the

BFI have demonstrated good internal consistency and both factorial and predictive validity
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(John & Srivastava, 1999). Teachers indicate their agreement or disagreement to each item

on a 5-point Likert-type scale. Example items include “Does a thorough job”, “Is a reliable

worker”, and “tends to be disorganized” (reverse scored). The alpha for the sample was .94.

3.4.6 Effortful control: Inhibitory control and task accuracy—To assess two

aspects of effortful control (i.e., inhibitory control and task accuracy), trained research

assistants individually administered four tasks from a behavioral battery designed to assess

effortful control (Murray & Kochanska, 2002). Children’s responses on each task were

observed first without, and then with instructions to voluntarily slow or inhibit their

behaviors, with the former considered baseline responses. The four tasks were Walk-a-Line,

Star, Telephone Poles, and Circle. In Walk-a-Line, children were asked to walk along a (12

ft long by 2.5 in wide) ribbon that was taped onto the floor. In Star, Circle, and Telephone

Poles, children were asked to trace geometric figures using a pencil without going outside

the lines of the figures (i.e., Star and Circle) or to draw a line connecting two dots (i.e.,

Telephone Poles).

Scores for inhibitory control were represented by the duration (in seconds) that it took

children to complete the tasks when they were told to do them as slowly as possible, after

taking into account children’s baseline duration. Scores for task accuracy were represented

by the reversed score of the number of times children traced outside the lines on the Star

and/or Circle (i.e., reversed score of number of errors committed on tasks) under instructions

to go slow, taking into account the number of errors on the baseline (for scoring details, see

Liew, Chen, & Hughes, 2010).

3.5 Demographic variables

Information about children’s gender, and ethnicity were obtained from the participating

schools. SES was defined as the standardized mean (based on the 784 sample) of the highest

adult occupational level (coded as 1- 9) and highest occupational code (coded 1–9) of any

adult in the home, as reported by parents.

3.6 Analyses Overview

Data analyses proceeded in three steps. First, descriptive statistics were conducted. Second,

unconditional growth mixture models (GMM) were fitted to explore the latent classes.

Lastly, we examined if there were differences on learning related skills and selected

demographic variables among the extracted latent classes. Because children are nested

within classrooms and schools, we investigated the design effect, which indicates how much

the standard errors are underestimated in a single level analysis (Kish, 1965). The design

effects for reading at the classroom and school levels are 1.12 and 1.33 while the design

effects for math at the classroom and school levels are 1.92 and 1.06, respectively.

Therefore, the GMM analyses we have conducted were likely to be unbiased (Muthén &

Satorra, 1995).

3.6.1 Growth Mixture Modeling—As a person-centered statistical approach, GMM can

be used to address the unobserved heterogeneity within data by extracting the number of

latent classes and calculating the posterior probability of class membership for each
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individual (Muthén & Muthén, 2000). The number of latent classes is determined by

utilizing a combination of both statistical and substantive model checking routines (Muthén,

2003). As indicated by Nylund and colleagues (2007) as well as Tofighi and Enders (2008),

the two most recommended model selection statistics for GMM are: (1) the information-

based criteria, including: Akaike’s information criterion (AIC; Akaike, 1987), Bayesian

information criterion (BIC; Schwartz, 1978), and sample size adjusted BIC (SABIC; Sclove,

1987), and (2) the nested model likelihood ratio tests, including: the Vuong-Lo-Mendell-

Rubin likelihood ratio test (VLMR; Lo, Mendell, & Rubin, 2001), the adjusted Lo-Mendell-

Rubin likelihood-ratio test (ALMR; Lo et al., 2001), and the bootstrap likelihood ratio test

(BLRT; McLachlan & Peel, 2000).

As suggested by Petras and Masyn (2010) and Ram and Grimm (2009), we conducted

growth mixture model analyses in four steps, repeated for reading and for math. First we

examined individual growth trajectories for the presence of outliers. Second, we fitted a

single-class latent growth curve model to determine whether growth was best described by

linear or nonlinear models. Third, we identified the optimal number of latent trajectory

classes that best described heterogeneity of growth trajectories. Fourth, we examined the

type and extent of differences between and within the latent groups. All analyses conducted

in this study employed Mplus 6.1 (Muthén & Muthén, 1998–2010). Overall 9.6% of the data

were shown to have properties in line with the missing completely at random (MCAR)

condition according to the attrition analyses. To address the missingness, we analyzed the

model using the full information maximum likelihood (FIML) with robust standard errors

method under Mplus.

4. Results

4.1 Descriptive and correlational results

Descriptive statistics of WJ-III reading and math achievement scores are presented in Table

1. The variables were screened for normality and outliers. All variables were within the

normal range according to the cutoff values of 2 for skewness and 7 for kurtosis (West,

Finch, & Curran, 1995). As shown in the table, both reading and math achievement scores

increased from Year 1 to Year 6. Correlation analyses indicated that the one year stability

for both reading and math scores was high, ranging from .77 to .94, and .76 to .88

respectively. The within-wave correlations between reading and math scores were moderate,

ranging from .49 to .74.

Table 2 shows the descriptive statistics and correlations of all Year 1 Learning Related

Skills (LRS) variables, demographic variables and Year 1 reading and math scores. Overall,

the pattern of correlations shows that African American status, lower family SES, more

peer-rated hyperactivity (for math only), lower inhibitory control, lower ego resiliency,

lower conscientiousness at work, and lower prosocial behaviors were associated with lower

reading and math achievement. A positive association between LRS variables and academic

achievement is consistent with prior research conducted with non-select community samples

of children. In addition, between the demographic and LRS variables, boys were more

hyperactive, less conscientious at work, and less prosocial. Compared to their peers, African

American kids had lower family SES, were more hyperactive according to their peers, and
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were lower on inhibitory control, task accuracy, ego resiliency, conscientiousness at work,

and prosocial behaviors. Additionally, children’s family SES was positively correlated with

inhibitory control.

Within the LRS variables, peer-rated and teacher-rated hyperactivity were moderately

correlated, and both variables were negatively associated with children’s ego resiliency,

conscientiousness at work, and prosocial behaviors. Inhibitory control and task accuracy

were positively correlated, and inhibitory control was positively correlated with ego

resiliency. Ego resiliency, conscientiousness at work, and prosocial behaviors were

positively correlated with each other. The pattern of correlations among the measures of

LRS assessed using multiple sources provides support for the construct validity of the

measures.

4.2 Identifying the number of latent classes

Growth mixture models (GMM) were fitted to reading and math achievement scores

separately to examine the developmental patterns of each outcome for the retained children.

We first screened the data by plotting the observed reading and math scores and identified 4

and 2 outlier children1 for reading and math, respectively, which were excluded for the

following analyses. The sample size for reading and math GMM were 121 and 123,

respectively.

We then plotted the achievement trajectories for both reading and math. As was true for the

larger longitudinal sample (Wu et al., 2008a), the developmental trajectories for the retained

sample were nonlinear. To approximate the nonlinear growth trajectories, we freely

estimated the time-specific factor loadings of waves2 3 to 6 as this is a relatively simpler

alternative method of approximating a nonlinear growth trajectory compared to the approach

of estimating a quadratic term (Kwok, Luo & West, 2010; McArdle, 1988; Meredith &

Tisak, 1990).

Four different class solutions have been examined and the corresponding model fit statistics

are presented in Table 3. Both IC indices and LRTs suggested that the 2-class solution fit the

data better than the other solutions3.

4.3 Description of the two latent classes

Table 4 presents the parameter estimates for two latent classes for reading and math

achievement respectively. In addition, Figures 1a and 1b shows the estimated mean

trajectories4 for Class 1, Class 2, as well as the age-equivalent average WJ score based on

the standardization sample for the WJ (Woodcock et al., 2001). The age equivalent norm

scores are included merely as a point of reference for interpreting the growth trajectories for

the two classes of retained children. For both reading and math, Class 1 has lower intercept

and faster growth (Iread = 412.22, Sread=22.24; Imath = 449.58, Sread = 11.40), whereas Class

2 has higher intercept and slower growth (Iread = 444.97, Sread=15.26; Imath = 465.54, Sread

= 8.41). More children belonged to Class 1 for reading than for math.

1These outlier children were low on the reading or math scores by a minimum of three standard deviations for at least two waves.
Furthermore, visual analysis of the growth trajectories for these children confirmed their outlier status.
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The estimated slope loadings for reading from Years 3 to 6 were 2.07, 2.79, 3.33, and 3.82

respectively. Specifically, the estimated time 4 (2.79), time 5 (3.33) and time 6 (3.82)

loadings were all smaller than the hypothesized time loadings (i.e., 3, 4, and 5 respectively)

for a linear growth model, meaning that the real change or gain in the reading achievement

from time 3 became smaller than expected (or hypothesized) which resulted in a nonlinear

(decelerated) growth trend as presented in Figure 1a.

Similarly, the estimated slope loadings for math from Years 3 to 6 also revealed the

nonlinear growth trajectories. Specifically, there is a noticeable reduction in the magnitude

of the time-specific loadings at Year 6 (i.e., 4.79), indicating a deceleration of the change in

math scores between Years 5 and 6 (see Figure 1b). In other words, the real change or gain

in math scores is smaller than the expected gain in math score between Years 5 and 6.

The variances of intercepts for both latent classes for both reading and math were

significantly different from zero. Only the slope variance for Class 1 for reading is

significantly different from zero (Svar = 20.72, Z = 4.956, p < .001). The Intercept-Slope

covariance for Class 1 for reading is negative and significantly different from zero (I-Scov =

−35.83, Z = −2.781, p = .005), indicating that for Class 1, higher beginning reading scores

were associated with lower growth. The Intercept-Slope covariances for Class 1 and Class 2

2The original time frame for the linear latent growth model is 0, 1, 2, 3, 4, 5 years, and the original factor loading matrix is shown in
equation 1. In order to improve the model fit and approximate the nonlinear developmental trajectories, we allowed the time-specific
factor loadings between the linear growth factor and time 3–6 (i.e., * in equation 2) to be free for estimation.

(1)

(2)

If all the loading estimates in equation (2) are exactly the same as the ones in equation (1), a linear growth model will be obtained. If
any one of the loading estimates in equation (2) is not the same as the ones in equation (1), a non-linear growth model will be
obtained. For example, if the estimated time 3 loading in equation 2 is smaller (e.g. 1.5) than the original (expected) time loading (i.e.,
2 as shown in equation 1), it means that the real change or gain in academic achievement at time 3 is smaller than expected (or
originally hypothesized) and thus indicates a deceleration of academic achievement growth between the 2nd and 3rd time points. On
the other hand, if the estimated loading is larger than the expected loading (e.g., the estimated time 3 loading is 2.5 instead of 2), it
means that the change or gain in the academic achievement at time 3 is larger than expected and thus indicates an accelerated growth
rate between the 2nd and 3rd time points. Additional details for this method can be found at Kwok, Luo and West (2010) as well as
McArdle (1988) and Meredith and Tisak (1990).
3For the Information Criterion (IC) indices (i.e., AIC, BIC, SABIC), we used the “elbow criterion” suggested by Petras and Masyn
(2010) to determine the optimal number of classes. Specifically we graphed the values of IC indices against the increasing number of
classes, and looked for the pronounced angle in the plot where the decrease of IC value dropped. For the likelihood-ratio tests (LRTs)
(VLMR, ALMR, BLRT), we looked at the p values of 2-class, 3-class, and 4-class models to determine the optimal number of classes.
They test the null hypothesis that the restricted model with k-1 classes fits the data as well as the less restricted model with k classes.
When these indices have p ≤ .05, the k-class model would be selected over the (k-1)-class model; otherwise there is a lack of evidence
for significant improvement and the more parsimonious model (i.e., (k-1)-class model) is selected.
4Estimated wavei outcome mean = mean intercept + mean slope * wavei slope loading
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for math are the same and are positive and significantly different from zero, (I-Scov = 3.32, Z

= 2.018, p = .04), indicating that higher beginning math scores were associated with faster

growth within each latent class.

The association of membership for reading and math was significant (χ2(1) = 6.31, p = .

012). The estimated odds of being in math Class 1 for children belonging to reading Class 1

is 3.611 times the estimated odds for children belonging to reading Class 2. In other words,

the estimated odds of being in math class 1 were 261% higher for the reading class 1

children.

4.4 Class Differences on LRS

The class membership of the children for reading and math scores were saved and 20

logistic regression analyses were conducted to see if the LRS variables and demographic

variables predict the membership. In order to reduce the probability of Type II error due to

small sample size, one-tailed tests were used to test our a priori directional hypotheses on

LRS variables. Following Thompson’s (2006) recommendation, we also report the effect

size statistic (i.e., Cohen’s d converted from odds ratio based on Chinn’s (2000) method) for

each significant test result to show the magnitude of difference between the two latent

classes. We also adopted the Benjamini-Hocbberg (BH) correction (Benjamini & Hochberg,

1995) as recommended by the WWC (2008) to control for the potential inflated type I error

rate mainly due to the multiple comparisons. Based on the WWC’s (2008) recommendation,

we report: (1) comparisons that are statistically significant after the BH correction, and (2)

effects that are greater than .25 but not statistically significant as “substantively important”

(p. 23). The test results indicate that six out of eight significant effects remain significant

after applying BH correction; furthermore, all effect sizes are larger than 0.25 except for

African American status, indicating substantive importance of these effects.

In Table 5, we reported the p values from the logistic regression analyses and the Cohen’s d

when a significant difference was found, as well as the means and standard deviations for

the two latent classes for each academic achievement. The test results for LRS were all in

the expected direction of the effects (i.e., Class 1/Lower Start Faster Growth, relative to

Class 2/Higher Start Slower Growth, was expected to be composed of children with lower

LRS). As shown in Table 5, for reading, children with lower ego-resiliency (B = 0.55, Z =

1.91, p1-tail = .028, Odds Ratio = 1.74) and conscientiousness (B = 0.93, Z = 2.08, p1-tail = .

019, Odds Ratio = 2.52) had higher odds of belonging to Class 1 than Class 2. For math,

children with more peer-reported hyperactive behaviors (B = −0.44, Z = −1.93, p1-tail = .027,

Odds Ratio = 0.64, Cohen’s d = 0.36), lower inhibitory control (B = 0.04, Z = 1.88, p1-tail = .

030, Odds Ratio = 1.04, Cohen’s d = 0.57), lower teacher reported ego resiliency (B = 0.50,

Z = 1.98, p1-tail = .024, Odds Ratio = 1.64, Cohen’s d = 0.90), and lower teacher-reported

prosocial behaviors (B = 0.60, Z = 1.66, p1-tail = .049, Odds Ratio = 1.83, Cohen’s d = 1.01)

had higher odds of belonging to Class 1 than Class 2. The resulting effect size ranged from

medium (0.36) to large (1.39), indicating practical significance of class differences on LRS.

The two latent classes did not differ significantly on demographic variables, except for

children with lower family SES (B = 0.55, Z = 1.97, p = .049, Odds Ratio = 1.73, Cohen’s d
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= 0.95) and African American status (B = −1.54, Z = −3.76, p < .001, Odds Ratio = 0.21,

Cohen’s d = 0.12) had higher odds of belonging to Math Class 1 than Math Class 2.

5. Discussion

Latent class trajectory analyses supported the existence of two distinct trajectory groups for

both reading and math. For each achievement domain, a low intercept/higher growth group

(Class 1) and a high intercept/slower growth group (Class 2) were identified. The overlap in

class membership across achievement domains was statistically significant, with the

expected odds of being in math Class 1 for reading Class 1 children 3.611 times higher than

for reading class 2 children. The finding of similar growth classes for reading and for math

and the overlap in class membership across reading and math suggest that among retained

children, some children appear to benefit more, in terms of higher reading and math growth,

than others.

5.1 LRS and Class Membership

As expected, the faster growth groups for reading and for math scored lower on several

measures of LRS. The direction of effect was in the expected direction for all 7 measures of

LRS, for both reading and math. Statistically significant effects were found for only 2 of the

7 measures for reading (i.e., teacher-reported resiliency and prosocial behavior), compared

to 4 of 7 measures for math (i.e., the same two measures as for reading plus peer-rated

hyperactive and observed inhibitory control). The Cohen’s d for these effects falls in the

moderate (.36) to large (1.39) range.

All children retained in first grade are expected to improve in LRS and academic

competencies over the course of their repeat year. Thus they are expected to improve their

standing on these competencies, relative to their new, younger, classmates during their

repeat year. In a study on the effects of retention in first grade on performance on measures

of social and academic competencies during the post-retention year that was conducted with

this same longitudinal sample (Wu, West & Hughes, 2010), repeaters, but not low-achieving

promoted peers, made substantial gains relative to their (younger) classmates in their repeat

year of first grade on teacher-report and peer-report measures of social and academic

competence. For example, whereas retained and subsequently promoted children were

equally low in peer-rated academic competence during their first year of first grade (with

scores of retained and promoted children surpassing 40.1 and 38.6 percent of their

classmates in year 1, respectively), during their second year of first grade, retained children’

peer-rated academic competence scores surpassed 61.4 percent of their classmates, whereas

promoted peers’ scores surpassed only 42.5 percent of their classmates). Teacher-rated

classroom achievement and engagement showed similar benefits of retention, with retained

children improving by more than 1 standard deviation, whereas promoted children’ scores

stayed virtually the same.

Although short-term academic and social benefits of grade retention diminish over time for

the “average” retained child (Wu et al., 2008a; Wu et al., 2010; Moser et al., 2012), the

current study suggests the existence of a class of retained children for whom the short-term

benefits of retention may be more durable. Specifically, those children with the poorest LRS
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and academic achievement in their first time in first grade may have the most to gain by

repeating first grade, both academically and socially. The opportunity for children most

poorly prepared for the academic and social challenges of first grade to repeat the grade puts

these children on a more equal footing with their (younger) classmates, academically and

socially. Their quite low performance on measures of LRS in Year 1 may have hampered

their ability to benefit from instruction; however, with a year’s growth in LRS they were

better prepared to attain the foundational skills needed for success in the future, as reflected

in their more rapid rate of growth over the next 5 years.

5.2 Reading and Math Differences in LRS

The finding of more consistent effects of LRS on math class membership than reading class

membership may be due to differences in reading and math instruction in the early grades.

Much more time is spent in reading than in math in the primary grades (NICHD EERC

2002; Pianta et al., 2008). Furthermore, teacher emotional quality and support to children is

a stronger predictor of reading growth than of math growth in the elementary grades (Pianta

et al., 2008). Some researchers have reported that reading instruction involves more teacher-

student interaction and small group instruction than math instruction (Chorzempa &

Graham, 2006; Mason & Good, 1993). If this is true, self-regulated learning skills may be

more important to math than to reading achievement in the early grades.

5.3 Demographic Differences on LRS

In this sample of retained children, being male was associated with poorer LRS but not with

lower achievement, whereas low SES was associated with lower achievement, but generally

not with lower LRS. On the other hand, African American status was associated with both

poor LRS and low achievement at time 1. These group differences at baseline are reflected

in statistically significant differences in class membership for math, with African American

status and low SES associated with membership in the low intercept/high growth class for

math.

5.4 Study Limitations

Although our assessment of LRS included more sources of assessment information (teacher,

peers, observed) than most other researchers, our assessment was still limited in scope. It is

possible that a more complete assessment of LRS including, for example, observations of

children’ approaches to learning in the classroom, would have resulted in stronger prediction

of class membership. Additionally, because our assessment of LRS occurred only at

baseline, we were not able to determine if growth in LRS variables predicted class

membership.

We only examined child characteristics as predictors of growth trajectories. It is important to

note that retention effects likely differ based on how this policy is implemented in schools.

For example, effects may differ in schools that implement progress monitoring and early

intervention to children who struggle than in schools with fewer supports. Most retained

children are exposed to the same material and instructional resources as used in the previous

year (Peterson & Hughes, 2011; Stone & Engel, 2007). However, retained children who are

provided supplemental, individualized resources and supports during the repeat year
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increase more in achievement than do children not provided such supports (Karweit, 1999;

Stone & Engel, 2007). Such intensive interventions may begin to prepare retained children

to meet the academic challenges beyond the repeat year, regardless of their LRS, when they

encounter novel material.

The study sample was small, with as few as 34 children in some trajectory classes. Thus the

study had insufficient power to detect small effects even using one-tail significance tests,

introducing the possibility of Type II errors. Because the sample was drawn from a larger

sample of children who scored below their school district’s median on a measure of literacy

at the end of kindergarten or at the beginning of first grade, children who were retained for

reasons other than low literacy performance (e.g., boys being retained for purposes of

greater athletic prowess in later grades), were not included, and results cannot generalize to

these children. Despite these limitations, the study offers the first examination of

heterogeneity in growth trajectories of retained children and the characteristics that are

associated with differential growth patterns, among retained children.

5.5 Implications

5.5.1 Selecting children into retention—Because class membership and Year 1

reading and math are confounded, one is not able to identify a unique effect of LRS on

differential growth in the two classes of retained children. That is, the differential growth

rate observed between the two classes could be a result solely of differences in their baseline

reading and math skills or to their LRS. Given prior research demonstrating that LRS predict

reading and math in the early grades, it is not surprising that among a sample of children

who were retained in first grade, those children with the poorest LRS also had the lowest

reading and math scores. These results suggest that grade retention is likely to be more

beneficial (or less harmful) to children with the lowest academic achievement and LRS.

Because the current study did not include a sample of children promoted to first grade who

were matched to the retained children on probability of being selected for retention, one

cannot conclude from these findings that the children in the low intercept/faster growth

group benefitted from retention, relative to promotion. Questions of the effect of retention

have been addressed in previously published studies with the larger sample of children

retained or promoted after their first year in first grade. These studies used propensity

matching procedures to control for pre-retention differences between retained and promoted

children and same-grade comparisons and found that retention had a short-term positive

impact on children’s achievement that dissipated by grade 5 (Wu et al., 2008a; Moser et al.,

2012). Those studies assumed a single trajectory characterized the growth of retained

children. The current findings show that within the retained children a subgroup

characterized by low baseline LRS and low achievement had faster growth subsequent to

retention, relative to a somewhat larger subgroup of children. Thus, the typically found

positive association with LRS and growth in achievement does not hold for children retained

in first grade. The inclusion in Figures 1a and 1b of the average reading and math scores for

the standardization sample for the Woodcock Johnson III at the same average age as

participants in the current study shows that the low intercept/faster growth class were more
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successful than the high intercept/slower growth group at narrowing the gap in achievement,

relative to the normative sample, by Year 6.

5.5.2 Early intervention—Race differences in baseline LRS variables and achievement

found among the current sample of retained children and in studies of representative samples

of kindergarten children have implications for early intervention. The effects of poverty on

the development of emerging self-regulation, effects that are both mediated and moderated

by disrupted parent-child interactions and low stimulation, are well established (Blair,

2010). Also amply documented are the beneficial effects of early parenting and

compensatory education programs on children’s cognitive development (Bogard &

Takanishi, 2005; Masse & Barnett, 2002; Reynolds, Ou, & Topitzes, 2004). For poor

African American children, access to such programs would be expected to buffer children

from the negative effects of poorly resourced communities on both cognitive and self-

regulatory skills, thereby decreasing race-based achievement disparities that are present at

school entrance (Matthews et al., 2010).

Interventions that support elementary school teachers in creating a positive social-emotional

classroom context may also improve children’s LRS and buffer poorly regulated children

from low achievement. For example, close and supportive teacher-student relationships

buffer children with poor inhibitory control from low gains in achievement from grade 1 to

grade 2 (Liew et al., 2010). Also, the positive effect of a supportive teacher-student

relationship on gains in achievement are mediated by the effect of the teacher-student

relationship on gains in children’s engagement in classroom learning activities and positive

academic self-views (Hughes et al., 2008; Hughes & Chen, 2011). Recent studies of teacher

professional development interventions and classroom curricula designed to improve

teacher-student relationships and the social-emotional climate of the classroom have found

positive effects on children’ social and behavioral skills associated with achievement

(Capella, Hamre, Kim, Henry, Frazier, Atkins, & Schoenwald, 2012; Domitrovich, Cortes,

& Greenberg, 2007; Freiberg, Huzinec, & Templeton, 2009). In a randomized control

design, Raver and colleagues (2009, 2011) evaluated effects of a teacher-directed training in

classroom management and emotional regulation strategies in Head Start classrooms.

Intervention effects were found for classroom management and social-emotional climate as

well as for children’s executive functioning skills (i.e., attention and inhibitory control) and

academic skills. Importantly, intervention effects on children’s executive functioning skills

largely accounted for intervention effects on achievement.

6. Conclusion

Whereas prior studies of the effect of grade retention on children’ growth in achievement

have assumed that children retained in grade are drawn from a single population with a

common set of growth parameters, results of the current study challenge that assumption.

Among children retained in first grade, two growth trajectory classes across six years were

identified for both reading and math. The trajectory class with faster growth across the six

years of elementary school had poorer academic skills and learning related skills during their

first year in first grade. Grade retention may be a more appropriate intervention for children
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with the poorest academic and learning related skills than for children whose deficits in first

grade are less severe.

Acknowledgments

This research was supported by a grant to Jan Hughes from the National Institute of Child Health and Human
Development (R01 HD3936), and a Junior Faculty Summer Research Fellowship to Qi Chen from the University of
North Texas.

References

Akaike H. Factor analysis and AIC. Pscyhometrika. 1987; 52:317–332.10.1007/BF02294359

Alexander KL, Entwisle DR, Horsey CS. From first grade forward: Early foundations of high school
dropout. Sociology of Education. 1997; 70:87–107.10.2307/2673158

Allen C, Chen Q, Willson V, Hughes JN. Quality of design moderates effects of grade retention on
achievement: A meta-analytic, multi-level analysis. Educational Evaluation and Policy Analysis.
2009; 31:480–499.10.3102/0162373709352239 [PubMed: 20717492]

Barbaranelli C, Caprara GV, Rabasca A, Pastorelli C. A questionnaire for measuring the big five in
late childhood. Personality and Individual Differences. 2003; 34:645–664.10.1016/
S0191-8869(02)00051-X

Barkley RA. Behavioral inhibition, sustained attention, and executive functions: Constructing a
unifying theory of ADHD. Psychological Bulletin. 1997; 121:65–94.10.1037/0033-2909.121.1.65
[PubMed: 9000892]

Benjamini Y, Hochberg Y. Controlling the false discovery rate: A practical and powerful approach to
multiple testing. Journal of the Royal Statistical Society, Series B (Methodological). 1995; 57(1):
289–300.10.2307/2346101

Birch SH, Ladd GW. The teacher-child relationship and children’s early school adjustment. Journal of
School Psychology. 1997; 35:61–80.10.1016/S0022-4405(96)00029-5

Birch SH, Ladd GW. Children’s interpersonal behaviors and the teacher-child relationship.
Developmental Psychology. 1998; 24:934–946.10.1037/0012-1649.34.5.934 [PubMed: 9779740]

Blair C. Stress and the development of self-regulation in context. Child Development Perspectives.
2010; 4(3):181–188.10.1111/j.1750-8606.2010.00145.x [PubMed: 21779305]

Blair C, Razza RP. Relating effortful control, executive function, and false belief understanding to
emerging math and literacy ability in kindergarten. Child Development. 2007; 78(2):647–
663.10.1111/j.1467-8624.2007.01019.x [PubMed: 17381795]

Block, JH.; Block, J. The role of ego-control and ego-resiliency in the organization of behavior. In:
Collins, WA., editor. Development of cognition, affect, and social relations: The Minnesota
symposia on child psychology. Vol. 13. Hillsdale, NJ: Erlbaum; 1980.

Bogard K, Takanishi R. PK-3: An aligned and coordinated approach to education for children 3 to 8
years old. SRCD Social Policy Reports. 2005; 19(3):1–23.

Cappella E, Hamre BK, Kim HY, Henry DB, Frazier SL, Atkins MS, Schoenwald SK. Teacher
consultation and coaching within mental health practice: Classroom and child effects in urban
elementary schools. Journal of Consulting and Clinical Psychology. 2012; 80:597–610.10.1037/
a0027725 [PubMed: 22428941]

Chinn S. A simple method for converting an odds ratio to effect size for use in meta-analysis. Statistics
in Medicine. 2000; 19:3127–3131.10.1002/1097-0258(20001130)19:22<3127::AID-
SIM784>3.0.CO;2-M [PubMed: 11113947]

Chorzempa BF, Graham S. Primary-grade teachers’ use of within-class ability grouping in reading.
Journal of Educational Psychology. 2006; 98:529–541.10.1037/0022-0663.98.3.529

Digman JM. Five robust trait dimensions: Development, stability, and utility. Journal of Personality.
1989; 57:195–214.10.1111/j.1467-6494.1989.tb00480.x [PubMed: 2671337]

Domitrovich CE, Cortes RC, Greenberg MT. Improving Young Children’s Social and Emotional
Competence: A Randomized Trial of the Preschool “PATHS” Curriculum. Journal of Primary
Prevention. 2007; 28(2):67–91.10.1007/s10935-007-0081-0 [PubMed: 17265130]

Chen et al. Page 18

Elem Sch J. Author manuscript; available in PMC 2014 April 23.

N
IH

-P
A

 A
uthor M

anuscript
N

IH
-P

A
 A

uthor M
anuscript

N
IH

-P
A

 A
uthor M

anuscript



Dreke, LL. Doctoral dissertation. Texas A&M University; College Station, TX: Aug. 2009 A
conceptual model of the mechanisms by which ego resiliency impacts academic engagement and
achievement: Social relatedness as a mediator. (http://hdl.handle.net/1969.1/ETD-
TAMU-2009-12-7286)

Duncan GJ, Dowsett CJ, Claessens A, Magnuson K, Huston AC, Klebanov P, Pagani LS, Feinstein L,
Engel M, Brooks-Gunn J, Sexton H, Duckworth K, Japel C. School readiness and later
achievement. Developmental Psychology. 2007; 43:1428–1446.10.1037/0012-1649.43.6.1428
[PubMed: 18020822]

Fantuzzo JW, Bulotsky-Sheare R, Fusco RA, McWayne C. An investigation of preschool classroom
behavioral adjustment problems and social-emotional school readiness competencies. Early
Childhood Research Quarterly. 2005; 20(3):259–275.10.1016/j.ecresq.2005.07.001

Freiberg HJ, Huzinec CA, Templeton SM. Classroom management-a pathway to student achievement:
A study of fourteen inner-city elementary schools. The Elementary School Journal. 2009; 110:63–
80.10.1086/598843

Goodman R. The strengths and difficulties questionnaire: A research note. Journal of Child
Psychology and Psychiatry. 1997; 38(5):581–586.10.1111/j.1469-7610.1997.tb01545.x [PubMed:
9255702]

Goodman R. Psychometric properties of the Strengths and Difficulties Questionnaire. Journal of Child
Psychology and Psychiatry. 2001; 40(5):791–799.10.1097/00004583-200111000-00015 [PubMed:
10433412]

Graziano WG, Ward D. Probing the Big Five in adolescence: Personality and adjustment during a
developmental transition. Journal of Personality. 1992; 60:425–439.10.1111/j.
1467-6494.1992.tb00979.x [PubMed: 1635049]

Hamre BK, Pianta RC. Early teacher-child relationships and the trajectory of children’s school
outcomes through eighth grade. Child Development. 2001; 72:625–638.10.1111/1467-8624.00301
[PubMed: 11333089]

Hill CR, Hughes JN. An examination of the convergent and discriminant validity of the Strengths and
Difficulties Questionnaire. School Psychology Quarterly. 2007; 22:380–406.10.1037/t00540-000
[PubMed: 18843384]

Hong G, Raudenbush SW. Effects of kindergarten retention policy on children’s cognitive growth in
reading and mathematics. Educational Evaluation and Policy Analysis. 2005; 27(3):205–
224.10.3102/01623737027003205

Hughes JN, Chen Q. Reciprocal effects of student–teacher and student–peer relatedness: Effects on
academic self efficacy. Journal of Applied Developmental Psychology. 2011; 32:278–
287.10.1037/t05338-000 [PubMed: 21927528]

Hughes JN, Luo W, Kwok O, Loyd L. Teacher-student support, effortful engagement, and
achievement: A 3-year longitudinal study. Journal of Educational Psychology. 2008; 100:1–
14.10.1037/0022-0663.100.1.1 [PubMed: 19578558]

Hughes JN, Zhang D, Hill CR. Peer Assessments of Normative and Individual Teacher-Student
Support Predict Social Acceptance and Engagement Among Low-Achieving Children. Journal of
School Psychology. 2006; 43:447–463.10.1016/j.jsp.2005.10.002 [PubMed: 20411044]

Jimerson SR. Winning the battle and losing the war: Examining the relation between grade retention
and dropping out of high school. Psychology in the Schools. 2001; 39:441–457.10.1002/pits.
10046

John OP, Caspi A, Robins R, Moffitt TE, Stouthamer-Loeber M. The “Little Five”: Exploring the
nomological network of the five-factor model of personality in adolescent boys. Child
Development. 1994; 65:160–178.10.2307/1131373 [PubMed: 8131645]

John, OP.; Sirvastava, S. The big five trait taxonomy: History, measurement, and theoretical
perspectives. In: Pervin, LA.; John, OP., editors. Handbook of Personality: Theory and Research.
New York, NY: The Guilford Press; 1999. p. 102-138.

Karweit, N. Grade Retention: Prevalence, Timing, and Effects. Baltimore: Johns Hopkins University,
Center for Research on Students Placed at Risk; 1999.

Chen et al. Page 19

Elem Sch J. Author manuscript; available in PMC 2014 April 23.

N
IH

-P
A

 A
uthor M

anuscript
N

IH
-P

A
 A

uthor M
anuscript

N
IH

-P
A

 A
uthor M

anuscript



Khoo, S.; West, SG.; Wu, W.; Kwok, O. Longitudinal methods. In: Eid, M.; Diener, E., editors.
Handbook of psychological measurement: A multimethod perspective. Washington, DC: APA;
2006. p. 301-317.

Kish, L. Survey Sampling. New York: Wiley; 1965.

Kochanska G, Knaack A. Effortful control as a personality characteristic of young children:
Antecedents, correlates, and consequences. Journal of personality. 2003; 71(6):1087–
1112.10.1111/1467-6494.7106008 [PubMed: 14633059]

Kochanska G, Murray KT, Harlan ET. Effortful control in early childhood: Continuity and change,
antecedents, and implications for social development. Developmental Psychology. 2000; 36:220–
232.10.1037/0012-1649.36.2.220 [PubMed: 10749079]

Kwok O, Hughes JN, Luo W. The role resilient personality on lower achieving first grade students’
current and future achievement. Journal of School Psychology. 2007; 45:61–82.10.1016/j.jsp.
2006.07.002 [PubMed: 18084626]

Kwok O, Luo W, West SG. Using modification indices to detect turning points in longitudinal data: A
Monte Carlo study. Structural Equation Modeling. 2010; 17:216–
240.10.1080/10705511003659359

Liew J, Barrois L, McTigue E, Hughes J. Adaptive and effortful control and academic self-efficacy
beliefs on achievement: A longitudinal study of 1st through 3rd graders. Early Childhood Research
Quarterly. 2008; 23:515–526.10.1016/j.ecresq.2008.07.003 [PubMed: 19169387]

Liew J, Chen Q, Hughes JN. Child effortful control, teacher-student relationships, and achievement in
academically at-risk children: Additive and interactive effects. Early Childhood Research
Quarterly. 2010; 25:51–64.10.1016/j.ecresq.2009.07.005 [PubMed: 20161421]

Li-Grining CP, Votruba-Drzal E, Maldonado-Carreño C, Haas K. Children’s early approaches to
learning and academic trajectories through fifth grade. Developmental Psychology. 2010;
46:1062–1077.10.1037/a0020066 [PubMed: 20822223]

Lo Y, Mendell NR, Rubin DB. Testing the number of components in a normal mixture. Biometrika.
2001; 88:767–778.10.1093/biomet/88.3.767

McArdle, JJ. Dynamic but structural equation modeling of repeated measures data. In: Nesselroade,
JR.; Cattell, RB., editors. Handbook of Multivariate Experimental Psychology. 2. New York:
Plenum; 1988. p. 561-614.

Mason DA, Good TL. Effects of two-group and whole-class teaching on regrouped elementary
students’ mathematics achievement. American Educational Research Journal. 1993; 30:328–
360.10.2307/1163239

Masse, LN.; Barnett, WS. A Benefit-Cost Analysis of the Abecedarian Early Childhood Intervention.
New Brunswick, NJ: National Institute for Early Education Research; 2002.

Matthews JS, Kizzie KT, Rowley SJ, Cortina K. African Americans and boys: Understanding the
literacy gap, tracing academic trajectories, and evaluating the role of learning-related skills.
Journal of Educational Psychology. 2010; 102:757–771.10.1037/a0019616

Matthews JS, Ponitz CC, Morrison FJ. Early gender differences in self-regulation and academic
achievement. Journal of Educational Psychology. 2009; 101:689–704.10.1037/a0014240

McLachlan, G.; Peel, D. Finite mixture models. Wiley; New York: 2000.

Meredith W, Tisak J. Latent curve analysis. Psychometrika. 1990; 55:107–122.10.1007/BF02294746

McClelland MM, Cameron CE, Connor CM, Farris CL, Jewkes AM, Morrison FJ. Links between
behavioral regulation and preschoolers’ literacy, vocabulary, and math skills. Developmental
Psychology. 2007; 43(4):947–959.10.1037/0012-1649.43.4.947 [PubMed: 17605527]

Meehan BT, Hughes JN, Cavell TA. Teacher-student relationships as compensatory resources for
aggressive children. Child Development. 2003; 74:1145–1157.10.1111/1467-8624.00598
[PubMed: 12938710]

Moser S, West SG, Hughes JN. Trajectories of math and reading achievement in low-achieving
children in elementary school: Effects of early and later retention in grade. Journal of Educational
Psychology. 2012; 104(3):603–621.10.1037/a0027571 [PubMed: 23335818]

Murray KT, Kochanska G. Effortful control: Factor structure and relation to externalizing and
internalizing behaviors. Journal of Abnormal Child Psychology. 2002; 30:503–514.10.1023/A:
1019821031523 [PubMed: 12403153]

Chen et al. Page 20

Elem Sch J. Author manuscript; available in PMC 2014 April 23.

N
IH

-P
A

 A
uthor M

anuscript
N

IH
-P

A
 A

uthor M
anuscript

N
IH

-P
A

 A
uthor M

anuscript



Muthén B. Statistical and substantive checking in growth mixture modeling: Comment on Bauer and
Curran 2003. Psychological Methods. 2003; 8(3):369–377.10.1037/1082-989X.8.3.369 [PubMed:
14596497]

Muthén, B. Latent variable analysis: Growth mixture modeling and related techniques for longitudinal
data. In: Kaplan, David, editor. The sage handbook of quantitative methodology for the social
sciences. Thousand Oaks, CA: Sage; 2004.

Muthén BO, Muthén LK. Integrating person-centered and variable-centered analyses: Growth mixture
modeling with latent trajectory classes. Alcoholism: Clinical and Experimental Research. 2000;
24(6):882–891.10.1111/j.1530-0277.2000.tb02070.x

Muthén, LK.; Muthén, BO. Mplus User’s Guide. 6. Los Angeles, CA: Muthén & Muthén; 1998–2010.

Muthén, B.; Satorra, A. Complex sample data in structural equation modeling. In: Marsden, P., editor.
Sociological Methodology. Oxford, England: Blackwell; 1995. p. 216-316.

National Institute of Child Health, Development Early Child Care Research Network . The relation of
global first grade classroom environment to structural classroom features, teacher, and student
behaviors. Elementary School Journal. 2002; 102:367–387.10.1086/499709

Nylund KL, Asparouhov T, Muthén BO. Deciding on the number of classes in latent class analysis and
growth mixture modeling: A Monte Carlo simulation study. Structural Equation Modeling. 2007;
14(4):535–569.10.1080/10705510701575396

Peterson LS, Hughes JN. The differences between retained and promoted children in educational
services received. Psychology in the Schools. 2011; 48:156–165.10.1002/pits.20534 [PubMed:
21331347]

Petras, H.; Masyn, K. General growth mixture analysis with antecedents and consequences of change.
In: Piquero, AR.; Weisburd, D., editors. Handbook of quantitative criminology. New York, NY:
Springer; 2010. p. 69-100.

Pianta RC, Belsky J, Vandergrift N, Houts R, Morrison FJ. Classroom effects on children’s
achievement trajectories in elementary school. American Educational Research Journal. 2008;
45:365–397.10.3102/0002831207308230

Pierson LH, Connell JP. Effect of grade retention on self-system processes, school engagement and
academic performance. Journal of Educational Psychology. 1992; 84:300–
307.10.1037/0022-0663.84.3.300

Posner, MI.; Rothbart, MK. Cognitive neuroscience of attention: A developmental perspective.
Mahwah, NJ, US: Lawrence Erlbaum Associates Publishers; 1998.

Posner MI, Rothbart MK. Developing mechanisms of self-regulation. Development and
Psychopathology. 2000; 12:427-427–441.10.1017/S0954579400003096 [PubMed: 11014746]

Ram N, Grimm KJ. Growth mixture modeling: A method for identifying difference in longitudinal
change among unobserved groups. International Journal of Behavioral Development. 2009;
33:565–576.10.1177/0165025409343765 [PubMed: 23885133]

Raver CC, Jones SM, Li-Grining C, Zhai F, Bub K, Pressler E. CRSP’s impact on low-income
preschoolers’ preacademic skills: Self-regulation as a mediating mechanism. Child Development.
2011; 82:362-362–378.10.1111/j.1467-8624.2010.01561.x [PubMed: 21291447]

Raver CC, Jones SM, Li-Grining C, Zhai F, Metzger MW, Solomon B. Targeting children’s behavior
problems in preschool classrooms: A cluster-randomized controlled trail. Journal of Consulting
and Clinical Psychology. 2009; 77:302–316.10.1037/a0015302 [PubMed: 19309189]

Realmuto GM, August GJ, Sieler JD, Pessoa-Brandao L. Peer assessment of social reputation in
community samples of disruptive and nondisruptive children: Utility of the revised class play
method. Journal of Clinical Child Psychology. 1997; 26:67–76.10.1207/s15374424jccp2601_7
[PubMed: 9118177]

Reynolds AJ. Grade retention and school adjustment: An explanatory analysis. Educational Evaluation
& Policy Analysis. 1992; 14:101–121.10.2307/1164496

Reynolds AJ, Ou S, Topitzes J. Paths of effects of early childhood intervention on educational
attainment and delinquency: A confirmatory analysis of the Chicago Child-Parent Centers. Child
Development. 2004; 75:1299–1328.10.1111/j.1467-8624.2004.00742.x [PubMed: 15369516]

Chen et al. Page 21

Elem Sch J. Author manuscript; available in PMC 2014 April 23.

N
IH

-P
A

 A
uthor M

anuscript
N

IH
-P

A
 A

uthor M
anuscript

N
IH

-P
A

 A
uthor M

anuscript



Rueda MR, Posner MI, Rothbart MK. The development of executive attention: Contributions to the
emergence of self-regulation. Developmental Neuropsychology. 2005; 28:573–594.10.1207/
s15326942dn2802_2 [PubMed: 16144428]

Schwartz G. Estimating the dimension of a model. The Annals of Statistics. 1978; 6:461–
464.10.1214/aos/1176344136

Sclove LS. Application of model-selection criteria to some problems in multivariate analysis.
Psychometrika. 1987; 52:333–343.10.1007/BF02294360

Shonk SM, Cicchetti D. Maltreatment, competency deficits, and risk for academic and behavioral
maladjustment. Developmental Psychology. 2001; 37:3–17.10.1037/0012-1649.37.1.3 [PubMed:
11206431]

Stipek, DJ. Pathways to constructive lives: The importance of early school success. American
Psychological Association; Washington, DC: 2001.

Stipek D, Newton S, Chudgar A. Learning-related behaviors and literacy achievement in elementary
school-aged children. Early Childhood Research Quarterly. 2010; 25:385–395.10.1016/j.ecresq.
2009.12.001

Stone S, Engel M. Same old, same old? students’ experiences of grade retention under Chicago’s
ending social promotion policy. American Journal of Education. 2007; 113:605–
634.10.1086/518490

Thompson, B. Research synthesis: Effect sizes. In: Green, J.; Camilli, G.; Elmore, PB., editors.
Handbook of complementary methods in education research. Washington, DC: American
Education Research Association; 2006. p. 583-603.

Tofighi, D.; Enders, CK. Identifying the correct number of classes in a growth mixture models. In:
Hancock, GR.; Samuelsen, KM., editors. Advances in latent variable mixture models. Greenwich,
CT: Information Age; 2008. p. 317-341.

Tomchin EM, Impara JC. Unraveling teachers’ beliefs about grade retention. American Educational
Research Journal. 1992; 29:199–123.10.3102/00028312029001199

van Aken, MAG.; van Lieshout, CFM.; Scholte, RHJ.; Haselager, GJT. Personality types in
childhoood and adolescence: Main effects and person-relationship transactions. In: Pulkkinen, L.;
Caspi, A., editors. Paths to successful development: Personality in the life course. New York, NY:
Cambridge University Press; 2002. p. 129-156.

Wentzel KR. Relations between social competence and academic achievement in early adolescence.
Child Development. 1991; 62:1066–1078.10.2307/1131152 [PubMed: 1756656]

Wentzel KR. Does being good make the grade? Social behavior and academic competence in middle
school. Journal of Educational Psychology. 1993; 85:357–364.10.1037/0022-0663.85.2.357

West, SG.; Finch, JF.; Curran, PJ. Structural equation models with nonnormal variables: Problems and
remedies. In: Hoyle, RH., editor. Structural equation modeling: Concepts, issues and applications.
Thousand Oaks, CA: Sage; 1995. p. 56-75.

What Works Clearinghouse. Procedures and standards handbook, version 2.0. 2008. [Electronic
Version]. Retrieved from http://ies.ed.gov/ncee/wwc/pdf/
wwc_procedures_v2_standards_handbook.pdf

Woodcock, RW.; Johnson, MB. Woodcock-Johnson tests of achievement: standard and supplemental
batteries. TX: DLM Teaching Resources; 1989.

Woodcock, RW.; McGrew, KS.; Mather, N. WJ-III Tests of Achievement. Itasca, IL: Riverside
Publishing; 2001.

Woodcock, RW.; Munoz-Sandoval, AF. Woodcock-Munoz Language Survey. Riverside, CA:
Riverside Publishing; 1993.

Woodcock, RW.; Munoz-Sandoval, AF. Batería Woodcock-Munoz: Pruebas de aprovechamiento-
Revisada. Itasca, IL: Riverside; 1996.

Wu W, West SG, Hughes JN. Effect of retention in first grade on children’s achievement trajectories
over four years: A piecewise growth analysis using propensity score matching. Journal of
Educational Psychology. 2008a; 100:727–740.10.1037/a0013098 [PubMed: 19337582]

Wu W, West SG, Hughes JN. Short-term effects of grade retention on the growth rate of Woodcock-
Johnson III Broad Math and Reading Scores. Journal of School Psychology. 2008b; 46:85–
105.10.1016/j.jsp.2007.01.003 [PubMed: 19083352]

Chen et al. Page 22

Elem Sch J. Author manuscript; available in PMC 2014 April 23.

N
IH

-P
A

 A
uthor M

anuscript
N

IH
-P

A
 A

uthor M
anuscript

N
IH

-P
A

 A
uthor M

anuscript



Wu W, West SG, Hughes JN. Effect of grade retention in first grade on psychosocial outcomes and
school relationships. Journal of Educational Psychology. 2010; 102:135–152.10.1037/a0016664
[PubMed: 20448829]

Chen et al. Page 23

Elem Sch J. Author manuscript; available in PMC 2014 April 23.

N
IH

-P
A

 A
uthor M

anuscript
N

IH
-P

A
 A

uthor M
anuscript

N
IH

-P
A

 A
uthor M

anuscript



Figure 1.
Figure 1a. Estimated mean trajectories of latent classes for reading compared with the age equivalent average WJ scores from

national norm.

Figure 1b. Estimated mean trajectories of latent classes for math compared with the age equivalent average WJ scores from

national norm.
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